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Background Methods

In recent years, model predictive control (MPC) has been shown to outper-
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a crucial component affecting significantly the system performances.
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FIGURE 1: Representative patient data vs. Time [min]. Top Plasma glucose concentration [mg/dL]; Center Meal ACkHOWled gmen‘ts
carbohydrates [g]; Bottom Insulin doses [IU]: basal (blue), bolus (red), correction (green) and Blood insulin concentrations . _ ' .
[mIU/L]: basal (blue), bolus (red), total (cyan) This research was supported by the European project DIAdvisor '™ [4].
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