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The main purpose of this study is to empiricallyrifye the
applicability of Kozinets” model on an interest,tiety or
lifestyle based online community, in order to depehn adaptive
segmentation approach for segmenting online comtnegni

This research is deductive by nature, cross-seditioyp design
and undertakes a quantitative approach using eeiftetion
questionnaire as a part of a web survey to cotleetempirical
data needed.

The main theories guiding our work and supportimg findings
of this study include: market segmentation (desieepand
behavioural) and communities (consumer communitesl
online communities).

A web survey with self-completion questionnaire duse gather
empirical data from members of interest, activity lifestyle
based online communities.

This study took the specific characteristic®woline communities
into more consideration than previous researchligerdture has
done and also recognized that an adaptive segnmnggiproach
is needed, depending on the communities of studgtdfs such
as motivation, attitude, communication forms anderimal
community influence, were identified as highly imgamt factors
when considering an adaptive approach towards segtien of
online communities.
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Foreword

I'm pleased to write a few reflective comments @efmenting Online Communities,” the Master’s
thesis work of Hjalti Hjaltason and Marie Vernenmssat Lund University in Sweden. They have
undertaken in a very clear and concise manneydy shat seeks to empirically test the model oframnl

community segments that | first proposed in arclarin theEuropean Management Jourrial 1999.

That article, and the model in it, have achievedsaerable popularity as a way to understand sdme o
the different segments of online community membdéie article has been cited 190 times (according to
Google scholar), and the model's quadrants andjoags of the mingler, tourist, devotee, and insate

commonly featured in books, including many consubwravior and e-commerce textbooks around the

world.

Yet as Hjalti and Marie write in their introductida this research, the article’s influential agsext and
model have rarely been subject to empirical scyutiind that's where this team of Swedish and

Icelandic scholars comes in.

Using a large sample (they aimed for an N=1000yrdine poker players active on the Facebook, they
administered a questionnaire that asked them arpatf questions about themselves and their online
behaviors. For their theory-testing purposes, cambng these questions were queries that asked abou
their identification with the consumption practices poker, and with their affiliation with the onk

community of poker players.

Their findings were quite interesting, and a bitpsising. In my 1999 article, | had speculated that
following the Pareto rule that seemed to dictatedpcer-like behavior in the offline world, we might
expect only about 20% of online consumers to berasgy the more active, producerly roles of the
devotee and the insider. However, Hjaltason andh&fsson instead found that Devotees (at a whopping
36%) and Insiders (at 25%) together account for Gif%heir entire sample. Tourists (at 33%) and

Minglers (at a paltry 6%) account together for aonity of online consumers, at only 39 percent.

The results themselves are interesting, and mtsteisting, | believe, because they open up thia tre
further investigation and questioning. Now, in Hane interest of science, | had to ask myself wkgé
results were so different from my own speculatighisd | came up with several reasons that mightstissi

further refinement and investigations of thesedspi

First, | think that we must be very cautious abetibosing field sites that are supposed to be
representative of the entire phenomenon of onlerercunities. When | originally wrote my 1999 article

almost all of my research had been based in newpgror bulletin boards, which were the main form of
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online community for over two decades, pretty musihce the inception of the Internet. In those
speculations of mine, | was including the many éuskwho pass by bulletin boards without ever pgstin

on them.

In conclusion, it has been enjoyable to read winege students have done with this model. We need mo
solid studies like this one to get the conversatimving about what is actually going on among &ll o

these interesting, consumption-based online comimrgniWe need more scholarship like this work on
“Segmenting Online Communities,” by Hjalti Hjaltasand Marie Vernersson to help us to understand

and really “crack the code” of online community nmrship and behavior.

May 20, 2008.

Robert Kozinets
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- CHAPTER ONE -

Introduction

In this chapter we will offer the reader with an insight in our topic of research. Here the background to our research
area will be presented followed by the research problem within this area. Finally our research question and the
purpose with this study are presented.

1.1 Background

For as long as we can remember, people with sinmitarests, habits or lifestyles have gatheredttuge

in groups, these groups of people are often rafdoe@s communities. Cova and Cova (2002: 598ndefi
community as “a group of people with something mmeon e.g. the district of residence, the
occupational interest”. The worbmmunityis derived from the Latin wordommunitagmeaning “the
same”) which in turn derives frooommunisalso from Latinwhich means “common, public, and shared
by all or many” (Routledge.com 2008). The literathias discovered many types of communities, such as
geographic communities and communities of cultur@ many communities are associated with a certain
type of consumer behaviour. Muniz and O'Guinn (200&ite about communities built specifically
around certain brands, or brand communities, whrehassociated with consumption of a certain tyfjpe o
good or service. They refer to these communitiesasumer communitie€onsumer communities
contribute to the thinking behind marketing. Szmigt al. (2005) argue that members in consumer
communities are involved in and can obtain mearfiogn the discussion that takes place in the
community. This develops bonds between the memhbleich then can influence the consumer behaviour
of the members. Marketers have identified the p@kn of different communities as they mean
customers with similar needs, an attractive tagyetip for marketing purposes. Moreover and due to
globalization, new communities are emerging arotivel world and as these communities are getting

bigger and more globally spread, new opportunfoesnarketers to find potential customers are gsin

The concept of community as such has a long histarywhat is new though, is how members within a
community can communicate with each other dueaamtbdern communications technology (Hagal.
2004). With the technology of the World Wide Webmajor opportunity for communities to develop has
occurred. The technology of the Internet has gied to thousands of communities where people find
each other, communicate and collaborate aroune@hiaterests or goals. Today you can see that,evher
there is an interest, there is a community. Ondiommunities have existed since the beginning of the
Internet, but they are now growing of importance rfarketers since these social online networks have

exploded in numbers over the last couple of yeSebgr 2007). Online communications bring great
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social changes and group people together withauctmsideration of geography and time, but instead
they are drawn to each other’'s common interestsjittes and lifestyles, forming various types aflioe
social groups and/or communities. The members eftiline community almost never physically meet
but the diverse and full social interactions ofim@lconsumers has revealed that the online envieabm

can, under many circumstances, be used as a medlisn@aningful social exchange (Kozinets 1999).

Online communities also allow and encourage comfienss to happen and as these communities can
exist beyond the boundaries of location and tirhey toffer far-ranging promise both for consumers to
talk to one another, but also for marketers to talkcustomers (Szmigin 2005). Online community
members can interact, share interests and expnesssélves with others and as they are involved in
conversations that take place within the communibey are influencing each other’'s behaviour
(Kozinets 1999). Hoget al. (2004) argue that there is evidence that partigpah online communities
can have significant impact on consumer knowledy@ laehaviour. The motivation for a member to
participate in an online community is accordingh\tmstrong and Hagel (1996: 111 in Hsu and Lu 2007:
1644) to satisfy needs such as transaction, iriieisastasy and relationship. Here there is an esden
difference between traditional communities and renlicommunities as the membership of online
communities is voluntary, while in traditional comanities, membership may be imposed by chance of
birth, proximity of residence, etc. (Bagozzi anddl¥kia 2002 in Hogget al. 2004:3). Since the
membership in online communities is voluntary, thembers are highly involved and more likely to be
motivated to communicate with others and to exchaimjormation (Mathwick 2002 in Hoggt al.
2004:3).

Due to the emergence of online communities theam imcreased need among marketers to identifgthes
online communities and segment them, in order llg tunderstand them and the marketing opportunities
that they bring. The increasing importance of theernet and of consumers who are active in online
communities, is leading to new opportunities fompanies to create a competitive advantage. Maketer
who take this into consideration, can learn abbeirtbehaviour, lifestyles, and attitudes, take pathe
conversation and learn how people decide on whichlyrts to consume and how they actually are
consuming (Kozinets, 1999). For example, the influeeof the so called opinion leader on other member
of the virtual community can be severe. His actiansl consumption can influence the actions and
consumption of many others within the communitylaRenship marketing theory has mainly been
focusing on one-to-one marketing strategy for anlaonsumers. Online consumers are truly a part of
their communities and therefore influenced by titual community. Marketers target a group rather

than individuals, when dealing with online commiegst This means that marketers should try their
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utmost to share information and encourage involvegroéthe opinion leaders within online communities
(Ibid).

It is very important for marketing managers to édes both virtual communities and community
participation. Consumers in virtual communities arere active and discerning, less accessible te one
on-one process and provide a wealth of valuablen@llinformation. Ways to target virtual commuegti
are interaction based segmentation, fragmentatimed segmentation, opting communities, paying for

attention and building networks by giving produatgay (Kozinets 1999).

Online communities bring great potentials for méirige purposes and therefore addressing them is

crucial to develop effective ways of segmentingstghenique markets.

1.2 Research area

The main purpose of market segmentation is to di@certain market into homogenous sub markets, or
segments. By segmenting markets, marketers can ftremulate product strategies that will fit the
demands of these homogenous submarkets (Lin 208)2:3¢veral approaches towards segmentation
have been identified in the literature and différexsearchers argue for different approaches. Tdteor
such as Hassaat al. (2003) write about segmentation based on desceipdispects. This type of
segmentation segments markets based on demogfaptocs (e.g. age, gender, education, income) and
geographic factors (e.g. country, region, city kifecusing on a country-to-country bases for azialy
“macro” segments. But this traditional method, sing only the conventional demographic aspects as a
bases for market segmentation, would not be coreidas the most applicable when it comes to
segmenting online communities as they are congidayeshare psychographic factors (e.g. interests,
opinions, activities,) rather than demographic gedgraphic factors. Due to the emergence of online
communities, marketers need to better understamédivantages of using psychographic segmentation,
which bases segmentation on behavioural aspecis.i§fooked upon as a non-conventional wisdom-
approach to segmentation, which rather focusesbawioural factors as a bases for analysis. Thame
that geographic location, age, gender, educatiaioarincomes are not the only important factors
anymore, but rather the behavioural factors ofcthresumers, such as lifestyle and personality (Hesisa

al. 2003). Still, researchers such as Hassiaal. (2003) and Neal and Wurst (2001) argue that lookihg
the world as one single market is not realistic Hretefore a combination of these two approachses ha
been considered the most effective way of segmgntiarkets. However, the authors argue that this
approach of segmentation still would not be fulbpkcable on online communities as it does not labk

the specific characteristics of an online communiyen though behavioural segmentation looks at
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aspects such as interest, lifestyle and motivattien are the main foundations of online communities

there are more important characteristics of amerdommunity that this approach ignores.

Online communities are about communication andu@rfting other members’ behaviour. As Kozinets
(2002:61) argues, more and more choices about ldaads and products one uses, originate from the
“computer-mediated communication taking place witharious online communities”. The many forms
of media-related recreation (e.g. movies, musid,@mputer games), sports and various consumeisgood
and services “are discussed in online communitiesse importance is being increasingly recognized by
contemporary marketers” (e.g. Armstrong and Had®61 Bulik 2000; Hagel and Amstrong 1997;
Kozinets 1999; Muniz and O"Guinn 2001; White 19B9Kozinets 2002:61). Previous research has not
fully explored this in order for present segmemtatitheory to be completely applicable on online
communities. Though, one interesting research ganggsegmentation of online communities is the one
conducted by Robert Kozinets (1999). In his rededfozinets discovered the segmentation potential o
online communities. Through his research, Kozirddseloped a model which segments members of
online communities based on their level of: (1f-sehtrality of consumption activity and (2) socieds

to the community (Kozinets 1999: 254, 255).

1.3 Research problem

The literature indicates that segmentation shoelddsed on relevant macro-factors such as ageegend
and location as well as appropriate micro-factoichsas lifestyle and personality (Neal and Wur€i120
Hassanet al. 2003). With the emergence of online communitidere is a need for an adaptive
segmentation approach in order to identify targetigs within online communities. The main problem
lies in identifying what aspects of segmentatioeotly to include in this new approach towards
segmenting online communities. Many researchere teeyplored online communities (Kozinets 1999;
Neal and Wurst 2001; Hoget al. 204; Rubel 2007) and there is extensive researcbegmentation
(Rao and Wang 1995; Botschenhal. 1999; Cova and Cova 2002; Vynche 2002; Hassaal. 203;
Szmiginet al. 205) but current segmentation theory is not fufiplacable on online communities as it

does not fully consider the special characterigifasnline communities.

Robert Kozinets (1999) is one researcher that Ieowvkred the potential of online communities. As
stated above, Kozinets developed a model which setgnmembers of online communities based on their
level of activity and social commitment within tikemmunity. However, this model he developed for
segmenting online communities has not been emplyitested yet. That means that even though this
model is considered to have theoretical relevabo#) to segmentation and communities, it has nbt ye

been proved to have theoretical and practical aglee when it comes to segmentation of online
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communities. Empirically verifying the applicabjlibf this model on online communities could therefo
contribute both to the theoretical literature adlvas better understanding what practical aspetts o
segmentation and communities to include when setingeonline communities. This leads us to the

research question of our study.

< What aspects of segmentation and communities ast retevant for an adaptive approach for

segmenting online communities?

1.4 Research purpose

Drawn from the research problem presented eathermain purpose of this study was to empirically
verify the applicability of Kozinets” model on amtérest, activity or lifestyle based online comntiasi,
in order to adapt a segmentation approach for segngeonline communities. To help achieve this

purpose, three main objectives must be accomplished

+ Segment members of the online communities in thidysaccording to Kozinets” model.

= Further analyse the four segments of the modelrdowpto relevant segmentation aspects (e.g.

descriptive and behavioural).

"

Identify what aspects of segmentation and comnesiitire considered most relevant for an

adaptive approach for segmenting online communities

Hjaltason & Vernersson | 12
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- CHAPTER TWO -

Theoretical framework

In this chapter, the relevant theories for this research will be presented as well as Kozinets” model for segmenting
online communities, which applicability is being empirically tested here.

2.1 Market segmentation: A literature review

There has been extensive research done on markeestation (Rao and Wang 1995; Botscleéml.
1999; Cova and Cova 2002; Vyncke 2002; Hasstal. 203; Szmiginet al. 205). Lin (2002:249)
argues that the purpose of market segmentatiord dmukseen as “to identify the taxonomy of consumer
patterns by dividing a market into homogenous sukats”. By segmenting markets, marketers can
formulate product strategies that will fit the derda of these homogenous sub markets (Ibid). A wevie
on previous market segmentation literature indedtegat there are two main prominent approaches
towards segmentation. The first approach, whickeen as the traditional way of segmentation, isgusi
descriptiveaspects, looking at demographic (age, gender,atidnd and geographic (country, region,
climate) aspects. The second approach is the “iveay’ of segmenting markets and usehavioural
aspects, looking on psychographic (lifestyle, peasity) aspects and benefits from using the praluct
(see picture 1).

Descriptive segmentation aspects Behavioural segmentation aspects

Demographic segmentation Psychographic segmentation

® Gender o Lifestyles
® Age ® Psychological variables

e Education - Personality

® Income - Self-image

® Occupation Potential
market

Geographic segmentation Benefit segmentation

e Country ® Expected benefits from product use
® Region
® Population density

e Climate

Picture 1: Commonly used bases for market segmentation (Source: Author’s own design)

Hjaltason & Vernersson | 13
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2.1.1 Descriptive aspects

One can find two main kinds of segmentation thasudescriptive aspects as bases for segmentation;
demographic segmentation and geographic segmeantatiassanet al. (2003) refer to this as the
conventional wisdom approach towards market segatient which is focusing on country-to-country
bases for analyzing “macro” segments. Macro segatient or the grouping of national markets,
generally involves characteristics associated with market itself rather than the individual consum
The objective when using macro segmentation isr¢@rize markets around the world into categories
from which a firm may select countries that bestife company’s objective and product offering. The
main benefits of this approach are that comparaedbeiild on earlier success in one or several ci@snt
However, problems could lie in inadequacies in uheitging the diffusion patterns of new products and
overlooking cross-country market similarities. Thygroach provides little insight into the meanscivh
consumers in those markets may respond to markattigities. Researchers such as Withlock (1987)
and Hassan and Katsanis (1991 in Hagtaal. 2003) argue that if companies want to succeed thifr
global operation, they should focus on consumerradteristics rather than country characteristics
(Hassaret al. 203).

Hassanet al. (2003) argue that the traditional way of segmentmarkets is not fully applicable on
contemporary markets. Even though age, gender ezwpation could be seen as important factors, there
are several other factors that also need to beidemesl. Traditional segmentation does not provide t
depth of understanding needed to give a clear ngictéi a target audience (Schoenwald 2001). Even
though individuals in a specific demographic catggshare common characteristics, they may be
different when it comes to their values, motivateomd beliefs. As online communities are built acbun
interests and lifestyle and disregard limitationshsas geography and time (Kozinets 1999), an agpro
towards segmentation that focuses on factors ssidifeatyle and personality would be consideredemor

suitable for this type of target audience.

2.1.2 Behavioural aspects

There are two main types of segmentation using \lehal aspects as bases for segmentation;
psychographic segmentation and benefit segmentafisronline communities are considered to share
psychographic factors rather than demographic facthis type of segmentation would be considered
more suitable for segmenting online communitiesrdaponse to the accelerating trend of consumer
communities, Hassagt al. (2003) argue that cross-national consumer segni@mtiatincreasingly used.

This is an approach that looks for similaritiescasrworld markets, looking at consumer charactesist
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rather than country characteristics (lbid). Theghegraphic segmentation divides consumers intopgou
on the bases of lifestyle and personality. Consandefine their lifestyle, for example, by the produ
they consume and lifestyles can therefore be deéfopgantitatively and used as a group identity for
market segmentation (Lin 2002). Haley (1968) andd\{1973) (in Botschert al. 1999) argue that
psychographic segmentation works very well statidlif. Psychographic segmentation is considered to
be an effective type of segmentation in order &mitdy sub-market profiles and targeting consunfkeis
2002). Benefit segmentation focuses on what benefitustomer is expecting from a product usage. The
basic idea of this type of segmentation is theebedhat the benefits which people are seeking in
consuming a given product are the true reason fmaiket segment. This type of segmentation has come
to be the preferred technique when it comes to ymbgdositioning, new product introduction, pricing,
advertising and distribution. The methods usedtfos type of segmentation are normally in-depth

interviews and/or focus groups (Botscletral. 1999).

Using behavioural aspects as a bases for marketesggtion would be considered more realistic when
segmenting online communities as it looks uponodi@csuch as lifestyle, attitude and motivation af.w

But still one should not completely ignore demodmamnd geographic aspects as they also can play an
important role when segmenting online communitiégen though factors such as lifestyle would be
considered more important, it is still of utmostpontance to find out for example where members are
located and how old they are. Researchers suchaasaHet al. (2003), write about the integrated

approach to segmentation, an approach that comtiindg/o formerly mentioned approaches.

2.1.3 Integrated segmentation

Numerous studies have been made, were segmentatiased on either one or the other of the formerly
mentioned approaches towards segmentation (Sethi Bheth 1986; Kotler 1986; Wind 1986; Withlock
1987; Hassan and Katsanis 1991) in Hastaal. 2003). Treating each country as a totally homogeseo
market is not realistic and it would also be uristial to assume the existence of a single worlaresyg

that homogeneously responds to standardized magkptiograms, even though researchers have been
known to argue for exactly that (e.g. Levitt 198Bherefore an integrated approach to segmentadion i
considered to be more realistic. According to Hagsaal. (2003), effective global segmentation should
be based on relevant macro-factors as well as pppte micro-factors. This approach is the one most
likely to offer companies a competitive advantagjace this approach leads to standardized produncts
communication, targeting one single global markéte basic ideas of this approach are that it assume
that there is some degree of heterogeneity asasetiomogeneity among consumers around the world.

Any degree of preference heterogeneity can be aseldeby introducing adaptive variations of the
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marketing program. As well, any degree of prefeeehomogeneity can be addressed by introducing

standardized variations in the marketing program.

Neal and Wurst (2001) write about the multi-dimensil segmentation which is based on a
notion similar to Hassaet al. (2003). They argue that most researchers haveaisewle set of
bases variables when segmenting markets. Limihegoises for segmentation to only one type
of variable is ill advised, when actually there arany criteria determining consumers’ response
to different offers in the market. “These critedge multidimensional, encompassing attitudes,
needs, values, benefits, means, occasions, and gxperiences, depending on the product or
service category and the buyer”. To segment marketsed on multiple dimensions of
segmentation, is far more useful and flexible faiding a successful marketing strategy (Neal
and Wurst 2001: 15).

According to Hassaat al.(2003), the advantages of using an integrated agprto segmentation are the

following:

+ It integrates country variables with behaviour @ats

+ It is not based on assumed total homogeneity ofdatry segment

+ It acknowledge the existence of a degree of siitylacross national boundaries
+« |t consider the bases of segmentation to be dynammature

+ It defines market globalization as a matter of degr

This approach would, according to Hassaal. (2003), segment markets based on (1) similar nievel

factors (i.e. lifestyle and behavioural) and (29wing countries to belong to different clusters

Researchers have realized that using only thetitvadl approach towards segmentation is not réalist
today, as well as understood the importance ofit@plt behavioural aspects as well. But still, when
segmenting online communities there are furtheeetspto take into consideration which is not dane i
these mentioned approaches. Heath (1995) arguepayehographic segmentation is the most effective
way to get to the core of what drives consumersaheinto discover attitudes, interests, opinions and
emotions motivating consumers. Looking at onlinexstoners, one can state that in order for this
approach towards segmentations to be more effectieespecific characteristics of online commusitie
need to be taken into more consideration. As conit@gnare about communication, bonding and

influencing each other in the community, an appno@evards segmenting online communities needs to
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look upon this interaction between the membershefdnline community. Robert Kozinets (1999) has

identified the opportunities of online communitaesd has developed a model for segmenting them.

2.2 Kozinets’ online community research

Kozinets (1999) developed a model which segmentalmes of online communities based on their level
of: (1) self-centrality of consumption activity aif@) social ties to the community (Kozinets 199542
255). According to Kozinets (1999: 254), “the fotina of lasting identification as a member of awé
community of consumption depends largely on two-imaiependent factors”. These two factors are, as
mentioned above; the level of self-centrality oe@nconsumption and the level of social ties one tha

the community. These two factors often interrekae “are separated enough that they can guide our
understanding of four different member types witthiea community”. These four member types are; (1)
tourist, (2) mingler, (3) devoteeand (4)insider. Below, Kozinets” segmentation model for an online
community is depicted (see picture 2):

High Self-Centrality of
Consumption Activity

A

Devotee Insider

Weak Social Ties - Strong Social Ties
hal .
to Community to Community

v

Tourist Mingler

v

Low Self-Centrality of
Consumption Activity

Picture 2: Kozinets” (1999) model of online community segmentation

Further explanation of Kozinets” model and catemgion of the formerly mentioned online community

segments is offered below:
+ The vertical axes of the model relate to the lefehctivity involvement within the community
(how central is the consumption activity to onesgghological self-image?)

+ The horizontal axes of the model relate to thellefesocial involvement within the community

(how intense is the social relationship one pogsea#th other members of the community?)
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The online community members are divided into fdiffierent segments by Kozinets (1999). These four

segments are further defined below:

i+

Insider: Strong activity and social involvementhiit the community

% Devotee: Strong activity involvement and weak ddoiolvement within the community
< Mingler: Weak activity involvement and strong sddievolvement within the community

<+ Tourist: Weak activity and social involvement wittthe community

Primarily, this study focuses on the activity lexaid social commitment level aspects of Kozinets
model, as the authors considered these two asfebis the most relevant ones for the purpose af thi
study. The complete theory supporting Kozinets” ehad far more complex and will not be further

scrutinized in this particular study.

With this theoretical foundation, the authors estiethe next phase of this project, which was tasbo
the appropriate method design that would help anghe research question and fulfil the research
purpose of this study.
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- CHAPTER THREE -

Methodology

In this chapter we will present a discussion for our chosen methodology which will help us to fulfil the purpose and
aim of this research.

3.1 Philosophical foundation

Within social science research, there are diffevéaws on how a study should be conducted. Twagtro
views that are discussed in the literature aretipissh and social constructionism. These have been
elevated into two stereotypes. Easterby-Srattlal. (2006:28) argue that “the key idea of positivism is
that the social world exists externally and that groperties should be measured through objective
methods, rather than being inferred subjectivelpubh sensation, reflection or intuition”. One big
assumption of this view is that reality is exteraal objective, it exist independent from us. Casttto

this view, the view of constructionism focuses be ways people make sense of the world. Here e id
is that reality is determined by people rather than objective and external factors. The social
constructionist view of a research will let thegaxher’s thoughts, emotions, knowledge and imjmess
play a big role when interpreting the empiricaldiimgs. Even though each one is associated with
methodological implications and assumption, thareno researcher who completely holds one or the
other views. Usually, a researcher from one side produces ideas that are more associated with the
view of the other side. It is important to undenstdhat one cannot hold consistently to one viewher
other (Ibid).

The purpose of this study was to empirically verihe applicability of Kozinets” model of online
community segmentation, in order to develop an idagegmentation approach for segmenting online
communities. The authors aim was to be objectivktarbe able to make generalisations, in ordether
adaptive segmentation approach to be applicablenore than the online communities in this study.
When entering this phase, the authors agreed hiegt ield a more positivistic view of social science

research, which guided the authors to the chos¢natigresented later in this chapter.

3.2 The approach: Inductive vs. deductive

There are two general approaches when it comeartducting a research. One is the inductive approach
and the other is the deductive approach. Whenearelser is using the inductive approach, he/shtssta

with an empirical study of some kind and the ressatle then compared to theories of relevance ierord
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to relate the results with a certain area of engaird at last, generate a research problem. Wteen th
researchers use the deductive approach on thelwher he/she already has some knowledge regarding
the research area and the relevant theories ifielldeand then uses that knowledge to test theanekin
some cases, generate new theories or approachesnbycting their own research (Bryman and Bell
2007: 11, 12). The authors have previously read stndied a great deal of literature on different
segmentation approaches and also studied literatgarding different consumer communities. From
this, the authors formulated the research purpasempirically verify the applicability of the forenly
mentioned model by Kozinets on an interest, agtiuit lifestyle based online community, in order to
develop an adaptive segmentation approach for sgigrgeonline communities. Due to these facts, the

authors believed that this research has to be derexi a deductive one by nature.

3.3 Choosing the relevant method

Even though the purpose of this study was cleaptoe extent, the authors also had to identify Hiara

of empirical data and what method of data collecti@s needed to complete this study. Consideriag th
the purpose of this study was of a somewhat inyaste nature, a cross-sectional design, invohang
web survey with a quantitative self-completion disesaire (no open ended questions), was believed t
be highly beneficial for gathering the empiricatadaeeded for this study. Furthermore and as oo

by Easterby-Smitret al. (2002: 135), “the main purpose of a survey is btam information from, or
about, a defined set of people, or population”. SThsing a survey approach could contribute tollinlf

the purpose of the study. Another method desigoase study involving participant observation and
unstructured interviews was also considered byatitbors as a strong candidate to perform this &ind
study in order to fulfil the formerly mentioned pose of the study. A case study of this naturerefée
gualitative method of gathering the data neededHisr study. In this specific case, the authors ldiou
argue that observing members of certain commuriiti¢seir natural and actual setting and interviggyvi
them one-to-one, in order to gain deeper insigtd their consumer behaviour could also be of great

interest to both academics and practitioners.

The formerly mentioned research designs, offeledsifit approaches to the object of study but both ma
help the researcher to fulfil the purpose and afnthe study. However, after reviewing both designs
carefully and considering the purpose and objestudy, the authors decided to chose the crossoratt

design, involving a web survey with a quantitatsedf-completion questionnaire, for this study. The
cross-sectional design and furthermore the webeguapproach, aligned neatly with the purpose of the
study, to empirically verify the applicability of dginets” model on online communities. Moreover,

choosing this specific method design fitted welthivi the time frame intended for this project (18eks
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in all), it also enabled the authors to gatherrgdevant empirical data needed at a relativelyrictset

student budget.

3.4 Cross-sectional design

The cross-sectional design has mainly been comsider be of a quantitative research nature, even
though qualitative research frequently involvestracture of cross-sectional design (Bryman and Bell
2007: 59). Also, and according to Bryman and B2UQ7: 55), the cross-sectional design is commonly
referred to as a social survey design and theretwngly related to the use of questionnaires and
structured interviews. The authors would argue thatstructure of the cross-sectional design, tlveak
survey and the quantitative aspects of it, aligmetl with both the object of study as well as thegose

of the study.

3.5 Empirical data collection and community of choice

The empirical data needed for this specific stweys collected by directing participants to a wetvey
containing a quantitative self-completion questanmn After a lot of consideration and researcHinen
poker players were considered to be the most stiagecommunity (revolving around a certain intéres
activity or lifestyle) to study for the purposetbfs research. Entertainment communities, suchnéseo
poker communities, have seldom been addressea ilitéhature (Lobecke and Powell 2002 in Hsu and
Lu 2007). Since digital entertainment has beeniggiground and since the trend is expected to keep
growing (Ibid), this type of online community wasnsidered especially interesting by the authorghiln
case, online poker players might be looked upor asb-community within the community of poker
players, or a target group within a target groupatve mean by this is that their interests, aidisiand

lifestyles might reflect to some extent, the podaryer community as a whole.

Played by an estimated 60-80 million Americans stedeotypically over beer, whiskey and cigars, poke
has most commonly been “suffused with macho, Wildst\sexiness” (The San Francisco Chronicle:
Bulwa 2003). Poker players in general have beewiggpimmensely in numbers over the last decade or
so, mainly because of the improved coverage ofeggibnal poker tournaments on live television. The
growing popularity of poker on television is mairdipe to the “eye-hole” cameras or the “lipstick”
cameras, used first by documentary filmmaker Steépecomb, who launched a televised coverage of the
“World Poker Tour” in 2003 on th&ravel Channel These cameras show the audience at home which
cards each player is dealt and the audience ispatsoded with graphics explaining the odds of each
player winning the game (The San Francisco ChreniBulwa 2003; The San Diego Union-Tribune:

Sauer 2004). Another important factor behind thesban the number of poker players, both amatedr an
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professional, is the ever growing popularity ofinalgambling. An estimated 1.7 million players are
active online and about 150,000 people play pokdine on an average day, according to Poker-
Pulse.com. Online poker accounts for the majoritthts growth and more and more non-professionals

are playing poker online (Bary 2005: 21).

3.6 The target group

The ideal venues for this study were considerethbyauthors to be within the ever growing number of
online poker communities and groups. An exampleswoéh an online community is the recently

developed social network Faceboaknw.facebook.command the many different gambling websites (e.g.

888.com, Unibet.com) which contain their specifak@ communities and groups. Also, there are variou
gambling websites mainly devoted to online pokeg.(&ww.pokerstars.com, www.partypoker.com).
The only prerequisite for the respondents was &y ploker online and be at least 18 years old. There
were two main reasons for the minimum age requirgr(@) people who have reached 18 years of age
are most commonly no longer considered minors ahdgdmbling related poker websites require people
to be at least 18 years of age to open up an ateodnstart playing poker online (Pokerstars.co®820
Partypoker.com 2008). After a considerable reseamthvarious online poker communities, it was
concluded that the primary target group for thiseeech were members of online poker communities
located within the social network Facebook. Fackbbas over 500 poker related groups and/or

communities within their online social network (gaeture 3).

Profile edit  Friends v  Networks v

facebook

:‘-“ ch e S
Search v poker ) Peafile Sezrch
All Results
Applications edit —— =
8] Photos Show results from |MyNetworks || Show Mare Filters
2L Groups . .
E 2o Displaying 1 - 10 out of over 500 group results for; poker 17 3 MNext
vents sk
Marketplac =
() Marketoiace Addicted to poker!1if View Group
e What's My Chinese Global

Name? 3,186 members
Movies Sports & Recreation - Gambling

21 More Members, 1 Board TD|;i(, 7 Wall Posts
v more

Picture 3: Poker related groups on Facebook (Source: Screenshot from the author’s Facebook account).

The social network Facebook was launched in Febr2@04 and has over 22 million active users, across
47,000 networks. This webpage is the sixth-modtitked site in the United States and the number on
photo-sharing site, according to ComScore stasisitven more fascinating is the reality that twiodth

of its members visit the website daily (Lashinskp2).
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The Icelandic base®okernetwebsite (www.pokernet.iy was chosen as a secondary venue to reach

online poker players. Pokernet is a website deglitab poker and offers poker related news,

chats/forums, articles, lessons, poker rules, \W@aew reviews about poker books (Pokernet.is 2008).

The chosen venues offer a relatively easy accesyast number of online poker players and entbtssia
which have formed various poker related communiti¥#ghin Facebook, these communities are most
often referred to agroups. The specific target groups chosen within Facebdok,the purpose of
collecting the empirical data needed for this stuadlyhave more than 1,000 members within eachggrou
The authors contacted the responsible parties widdch of the chosen Facebook poker groups,
informing them of the intentions and the purposetto$ research and they agreed to assist. Their
assistance entailed posting a link on the websltenging to each group, which directed the paréictp

to the web survey, as well as their personal pranoof the survey. The authors also contacted the
administrators of Pokernet and they promoted timeesuby posting an announcement about the study on

their front page and encouraged people to takeip#ne survey.

3.7 The web survey

As mentioned above, a web survey containing a gaéwé questionnaire was used to gather the
empirical data needed for this research. This fipaeisearch method was considered best suitetidy t
authors, considering that online poker playersbast reached in this kind of internet-based enwviremt.
Also, as pointed out by Yun and Trumbo (2000 inrBay and Bell 2007: 681), “the electronic-only
survey is advisable when resources are limitedthedarget population suits an electronic survég.

the sake of performing an online web survey todayariety of web survey software is available (e.g.
QuestionPro.com, SpeedSurvey.com). In this spec#fée, the authors chose to use web survey software
from QuestionPro According to QuestionPro, their web survey off&adull suite of tools for creating
surveys, sending email invitations, and analyziayey data” (QuestionPro.com 2008). As pointed out
by Bryman and Bell (2007: 676), web survey softwaffers the researcher easy how-to lessons, atyarie
of design layouts (e.g. colours, templates, foritis@red questions (where respondents are takestitly

to the next appropriate question if their answeesamthey have to skip certain questions) and dfso o
one of the most dynamic forms of data collectiod analysis available today. Web surveys have also

proved to offer higher response rates than, fomge, postal surveys and/or email surveys.

The web survey had an informed consent at the begin where participants were informed of the
purpose of the research, the fact that participaadisto be at least 18 years old and that thefrcgaation
was anonymous. After reading the informed congentjcipants either agreed and accepted to paateip

in the survey, or disagreed and not accepted ®akt in the survey. This option was formulatedunh
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a way that if one chose to disagree with the infmmonsent, one could not move on and participate i
the survey. Also, the survey was programmed to albw one completion of the survey from the same
computer (IP address) and finally the survey hadompletion-quota, which prevented further

participation if and when the number of completed/sys reached 1,000.

3.8 Quantitative self-completion questionnaires

According to Bryman and Bell (2007: 240), “teelf-completion questionnailie sometimes referred to
as aself-administered questionnairé/ith a self-completion questionnaire, respondemswver questions
by completing the questionnaire themselves”, intiamt to when an interviewer ticks boxes accordang
the interviewee’s answers in a structured interviewthis study, the questionnaire contained 28eido
questions. The questionnaire was based on theetfieadrunderpinnings behind Kozinets” model and als
considered to reflect different aspects of bothrsagation and online communities as much as peassibl
Gaining information from these different segmemtataspects would most certainly assist in gaining a

deeper understanding of the online poker commumiti¢his study.

3.9 Sampling

The main aim of sampling “is to construct a sulmdehe population, which is fully representativetime
main areas of interest” (Easterby-Snethal. 202: 135). The sample chosen for this study wenainees
belonging to a few of the many poker related groapd communities within the Facebook social
network and those who visit the Icelandic pokeaterd website Pokernet, without any consideration of
nationality, gender, level of current educationamy other criteria. This specific type of sampliisg
referred to as grobability sample A probability sample means that each and every inna certain
population has a known chance of being selectea isample (Bryman and Bell 2007: 182). By
conducting the study among members of such a glmtdaie community as Facebook, the heterogeneity
of the participants is secured at least to somenéxBryman and Bell (2007: 196) argue that “theatgr

the heterogeneity of a population, the larger trape will need to be2.

3.10 Validity and reliability

For a study to be taken seriously the method uasddhave a certain validity and reliability. Asinged

out by Easterby-Smitht al. (2002: 135), validity can refer to measuremenitigl internal and external
validity and refers to how accurately the instrumehosen, measures the features intended to be
measured. Whereas reliability pertains to stabitityat is, does a particular research design arttiade
always give the same results, regardless of diffesecasions? Also, and according to Easterby-Setith

al. (2002: 135), “ideally, tests for validity and wmdhility should be made at the pilot stage of an
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investigation, before the main phase of data ctilet A critical issue concerning this type of diuis
the fact that the respondent cannot ask questioestlgt if something is unclear with the questioinaeas
they could in a structured interview. In order ¢sttthe validity and reliability of this study ataltry to
secure that the questions would be interpretedigie way by the respondents, the authors perforened

pilot study among a group of friends and fellowdstnts who play poker online.

3.10.1 The pilot study

The outcome of this pilot study was very useful aridrmative. Participants were asked to give feaitb
and comments about the web survey and the questivolved, for the authors to see if any alteradion
were needed before the actual execution of the suelry. It resulted in 14 completed surveys and the
participants were generally positive towards thenfand structure of the survey. Some participaats h
suggestions regarding what type of questions cbeldadded to the survey, the scaling of options in
answers and also in which order the questions dhmeil The authors took this all into consideratod

made some minor modifications to the final verssbthe web survey.
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- CHAPTER FOUR -

Empirical findings and analysis

In this chapter, the empirical results of the research are presented and analysed according to Kozinets” model of
online community segmentation and the theoretical framework presented in chapter two.

4.1 A tool for analysis

A slightly adapted version of Kozinets” mo for segmenting online communitié$999, was used for
the segmenting obnline poker communitic in this study.This adapted version Kozinets” model
segments online community members based or level of; (1) activity involvement (high/low) an@)

social involvement (weak/strong) win the community (see picture 4).

High activity involvement
within the community

Weak social involvement Strong social involvement
within the community within the community

Low activity involvement
within the community

Picture 4: The author’s adaptation of Kozinets” model

+ The vertical axes of the model relate to the lefehctivity involvement within the communi

(e.g.how much time community members spend plaand learningpoker online

+ The horizontal axes of the model relate to the lefedocial involvement within the communi
(the community member’s participation in other camal activities; e.g. chat rooms, forur
discussion boards, etc.)

The online community members are divideco four different segments. These four segments tae
same names as used by Kozinets (1999) and areffultfined belov

<+ Insider: High activity and strong social involverhevithin the community
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il

Devotee: High activity involvement and weak soaiblvement within the community

Mingler: Low activity involvement and strong socialolvement within the community

=

= Tourist: Low activity and weak social involvemenithin the community

4.2 Statistical summary

The respondents in this study consisted of membEsgarious poker groups within the online social
network Facebook and visitors of the Icelandic HaBekernet website. In total, 94 respondents older
than 18 years of age participated in the surveylduof them did not answer all 28 questions of the
guestionnaire. Therefore the end result was 83 txieg surveys, where all questions were answered.
Male respondents were dominant or 82 (98,8%) oth®®83, which means that only one respondent was
female (1,2%). The respondents” age was betweemd &0 years old, most belonged to the age groups
18-20 years old (30,1%=N25 ) and 21-25 years ddd9%=N24). The mean age of participants was from
21-25 years old. Single respondents were the laigyesip participating in the survey (55,4% =N46).
Respondents were of 17 different nationalities, twesre from Iceland (51,8%=N43) and The United
States of America (14,4%=N12).

When looking at these results one has to considhert type of online communities were being studied.
Since the communities of study are poker commuwitiee high percentage of male respondents could be
explained. The fact that completed results frony ame female respondent was collected, coincidés wi
the stereotypical image of poker players, masculineferably smoking and sipping on a beer or aggla
of whiskey (The San Francisco Chronicle: Bulwa 20&¥en though our sample is small the fact cannot
be overlooked that almost 99 percent of our respotzdwere males. However, the actual male-female
ratio within the groups of study was far from beitigs much male-dominant and the authors were
therefore surprised that the female respondents welly 1,2 percent as they expected this numbbeto
higher, even with this type of communities. Finalthe fact that only 83 completed surveys were
collected in this study limits the reliability armlmost excludes any ability to generalise from the
empirical results. The following analysis of theprital results of this study derived from the auti

own interpretations and should be construed as such

4.3 Community segments according to Kozinets” model

The first objective, towards achieving the purpoempirically verifying the applicability of Kozets”
model on online communities, was to segment theoredents in this study according to his model. As
mentioned earlier, the model consists of four d#f¢ segments; (Iourists (2) Minglers, (3) Devotees

and (4)Insiders Answers from three questions (questions 10-12fed to the activity involvement and
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three questions (questions 18} related to the social involvement within thdirse communit, resulted

in the following segmentatioof participant (see picture 5):

High activity involvement
within the community

| Devotee |
—
Weak social Strong social
involvement within involvement within the
the community S communitv
[— Tourist |

Low activity involvement
within the community

Picture 5: Online community segments of the study according to behavioural aspects

The former two optionfor questions 1-12 defines respondents as having low activity lvemment anc

the latter two defines respondents as having highiy involvement (see questionnaire in apperi.

The same method applies for the former two optifmmsquestions 1-15 and defines respondents
having weak social involvement and the latter twefirles respondents as having strong sc

involvement (see questionnaire in appendi»

The empirical findingsaccording to this set of questiorsuggestedhat the two mo: active segments
within the online community according to Kozinet999), Insiders and Devotees, combined accour
61 percent (N=51df the whole group. This contradicts Kozinets™ ifogiion regarding the applicabili
of the Pareto Rule within onlir@mmunities(Kozinets 1999: 255).

When answers to a single question (question 2@)cerming respondents” own opinion on their pers
involvement within the online community we analysed,a considerably different categorion of
community members appeargste picture):
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High activity involvement
within the community
[ SevaTa| i

Weak social Strong social
involvement within involvement within the
the community - aE— community
-lmyn‘- -m‘ning
[ — [

Low activity involvement
within the community

Picture 6: Online community segments of the study according to attitude aspects

These findings are based on attitude related aspeckt suggest that the two most active segmentén
the online community, Devotees arnsiders, account for 70 percent (N=%8)the whole group. Thi
also contradicts Kozinétsmplication that the Pareto rule applies alswimual markets as within mo

other marketsFurthermore and even though attitude is sometinoesidered to expln behaviour at
least to some extent, Wicker (1969: 65 in Smith &mdnyard, 1983) and Smith and Swinyard (1¢

258) point out that the direct connection betwettitude and behaviour is not considered compatiole

to lack of correlation between thetwo factors. In this case, what people say andktisinotally different

from what they actually do.

4.4 Each segment within the model analysed

The second objective of the resei purpose was to further analyze the four segmenthefmode
according to degiptive and behavioural segmentation aspeAny referralto the four segments
Kozinets” model hencefortlwill be according to segmentation of respondentshia study based ¢
behavioural aspects (see picture 5).

4.4.1 Insiders

The “Insiders” are the mbsactive segment within the online community. Thene the ones mo
involved in the activity and also the ones with gtengest social connection with other memberthe
community (Kozinets 1999).
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4.4.1.1 Descriptive segmentation aspects

Since Insiders are the most involved segment witencommunity, both related to the activity and th
social commitment, it was a bit surprising thathis study they were all males. Considering thaiders

are strongly connected socially within the commyrtite social commitment and communication aspects
were expected, by the authors, to attract more leeatsention within the communities in this studye

fact that Insiders in this study were of relativglyung age and single, was rather anticipated. &ad
highly involved within the community as Insidere drelieved to be, it probably does not coincidel wel
with having a family (a spouse and children) anskeeous career. Nonetheless, Insiders were the only
segment with a “professional” employment statusatThight be because some of them are poker players
by profession, either partly or full-time. The I&éwé disposable income among Insiders in this stwdg
rather low (below $500), which could be explaingdteir young age and also because one-third ofi the
were students. According to this study, Insiderseweather well educated, 43 percent of them had
completed a university degree at undergraduatel. ldusiders in this study were of 10 different
nationalities, most of them from Iceland and residieeland, which is explained by the high peregst

of Icelandic respondents in this survey. Below,rtiegor empirical findings of this study belongirggthe

Insider segment and related to descriptive aspécisgmentation are depicted in table 1.

Insider: Descriptive segmentation aspects Percentage  Frequency
1. Age?
21-25 47,62% 10
2. Gender?
Male 100,00% 21

3. Marital status?

Living with someone 33,33% 7

Single 52,38% 11

4. Nationality?

Iceland 42,86% 9

5. Current country of residence?

Iceland 47,62% 10

6. Highest level of completed education?

University (undergraduate degree: Bachelor or equivalent) 42,86% 9

7. Current employment status?

Student 33,33% 7

28. In which category does your monthly disposable income in US dollars ($) best fit?

Below $500 38,10% 8

Table 1: Insiders: Major descriptive segmentation aspects
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4.4.1.2 Behavioural segmentation aspects

It is interesting to see that Insiders in this gtwgere for the most part motivated to start playpaier

online due their interest in learning the gameakgy and recommendations from friends or familyeirh
motivation for continuing playing poker online, weng to improve their poker skills and playing poke
online for money, might be interpreted as wantimgniprove their ability to profit from playing poke

online (see table 2).

Insider: Behavioural segmentation aspects Percentage Frequency

8. Which of the following best describes your personal motivation for why you started playing poker online?

Recommendation by friend or family member 33,33% 7

Interested in learning the game 38,10% 8

9. Which of the following best describes your personal motivation for continuing playing poker online?

| wanted to improve my poker playing skills 42,86% 9

| only play poker online for money 23,81% 5

Table 2: Insiders: Activity motivation

The authors expected that Insiders in this stuidy to influence how and where other members of the
community play poker online, since they are beliet@ be the opinion leaders within the community.

Their overall involvement within the community, éxims why Insiders in this study were somewhat torn
when it came to deciding whether playing poker manlivas more, equally or less important than the
social interaction within the community. What wéiglgly unexpected though, was the facts that lesd

in this study themselves were rather influencednigmbers within the community than professional

poker players, when it came to how and where thaye poker online. It is not considered common tha

opinion leaders are influenced by the “general iglibl

According to this study, Insiders” choice of praduand services was mainly influenced by friends or
family. That might be explained to some extent tgirt young age and the fact that they were primaril
single. The fact that Insiders in this study mosthnsumed non-alcoholic beverages and only a small
portion of them used nicotine and/or consumes aliohbeverages while playing poker online,

contradicts the formerly mentioned stereotypicage of poker players (see table 3).

Insider: Behavioural segmentation aspects Percentage Frequency
27. While playing poker online, what do you usually consume? (Tick all options that apply!)
Non-alcoholic beverages (e.g. water, coffee, soft drink, energy drink) 26,15% 17
Alcoholic beverages (e.g. beer, wine, spirit) 7,69% 5
Nicotine (cigarettes, cigars, pipe tobacco, oral tobacco, pharmaceutical) 15,38% 10

Table 3: Insiders: General consumption choices
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4.4.2 Devotees

The “Devotees” are highly involved in the activagpects of the online community but have weak socia

connection with other members of the community (Kets 1999).

4.4.2.1 Descriptive segmentation aspects

The Devotees are considered more involved in theahcactivity aspect rather than the social
commitment aspect within the community. With thatmind it is not that surprising that in this study
they were all males, since poker has long beenidersl as a male-dominant activity. Devotees ia thi
study were also largely young and/or single. Thellef monthly disposable income among Devotees in
this study was mainly below $500, which was a biargge, considering that over half of them were
general employees. The level of completed educationong Devotees in this study might explain this
low income, only 33 percent with a completed ursitgrdegree at undergraduate level. A contrastiag) f
was that Devotees were the segment in this stuttythve biggest share belonging to the highest npnth
disposable income category ($4,000+). This faagnhast likely explained by the high level of general
employees within this segment. Devotees in thiglystuere of 6 different nationalities, most of them

from Iceland (57%), which is explained by the hggrcentage of Icelandic respondents in this survey.

Devotees: Descriptive segmentation aspects Percentage  Frequency

1. Age?

21-25 26,67% 8
2. Gender?

Male 100,00% 30
3. Marital status?

Single 60,00% 18
4. Nationality?

Iceland 56,67% 17

5. Current country of residence?

Iceland 56,67% 17

6. Highest level of completed education?

High school 33,33% 10
College 30,00% 9
University (undergraduate degree: Bachelor or equivalent) 33,33% 10

7. Current employment status?

Student 40,00% 12

General employee 53,33% 16

28. In which category does your monthly disposable income in US dollars ($) best fit?

Below $500 43,33% 13

Table 4: Devotees: Major descriptive segmentation aspects
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4.4.2.2 Behavioural segmentation aspects

In this study, the Devotees’ motivation for stagtiplaying poker online mainly related to their et in
learning the game of poker. Their motivation fontouing playing poker online might also be seemas
logical next-step, wanting to improve their pokkills and playing poker online for money. To impeov

the poker skills will only increase the ability poofit from playing poker online (see table 5).

Devotees: Behavioural segmentation aspects Percentage Frequency

8. Which of the following best describes your personal motivation for why you started playing poker online?

Interested in learning the game 50,00% 15

9. Which of the following best describes your personal motivation for continuing playing poker online?

| wanted to improve my poker playing skills 50,00% 15

Table 5: Devotees: Activity motivation

The fact that Devotees in this study did not tryirtftuence how and where other community members
play poker online was rather expected by the asthgince they are not considered as opinion leaders
within the community (Kozinets 1999). When decidimgether playing poker online was more, equally
or less important than the social interaction, mMasvotees in this study believed that playing pdker

more important. Their level of activity involvemdatthe most logical explanation for this.

When it comes to how and where they play pokemenlDevotees in this study could not decide whether
they were influenced by professional poker playsrsiot. The same split decision applied regarding i
they were being influenced by members within theammnity. Influence by friends and family, when it
came to how and where they played poker online, natieer opposed to among Devotees in this study.
From this, Devotees might be considered as indegrendth regards to their online poker playing hsbi

In this study, Devotees” choice of products andises seemed not to be influenced by anyone but
themselves, which was quite odd, considering th@img age. Devotees in this study mostly consumed
non-alcoholic beverages and only a small portiorth&fm used nicotine and/or consumed alcoholic
beverages while playing poker online. This alsoti@mticts the formerly mentioned stereotypical image

of poker players (see table 6).

Devotees: Behavioural segmentation aspects Percentage  Frequency

27. While playing poker online, what do you usually consume? (Tick all options that apply!)
Non-alcoholic beverages (e.g. water, coffee, soft drink, energy drink) 31,17% 24
Alcoholic beverages (e.g. beer, wine, spirit) 11,69% 9
Nicotine (cigarettes, cigars, pipe tobacco, oral tobacco, pharmaceutical) 9,09% 7

Table 6: Devotees: General consumption choices
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4.4.3 Minglers

The “Minglers” is the segment who has low activityolvement but strong social involvement withire th

community (Kozinets 1999).

Looking at the Minglers in this study of online golcommunities, one could see that they were aypret
small group of people, only 6 percent (N=5) of mwgents. According to Kozinets (1999) most of the
respondents would be Minglers and Tourists. Sirfie study was conducted in a way that the
respondents themselves chose to participate oromet,could think that most respondents answering
would be Insiders and Minglers, since they weredhes with strongest social involvement, alongside
Insiders. However, since only 6 percent turned toube Minglers, this could indicate that the social
involvement was not as high as with the Insideis that they would be even less socially involveahth
Tourists and Insiders, but considering how few thayin this study, these are just speculationsenhgd

the authors.
4.4.3.1 Descriptive aspects

All five Minglers in this study were men, explainég what type of online communities were being
studied and most of them (60%) were between 182dh@nd either single, living with someone or
engaged. Looking at their education, 60 percethed had a college degree while others had contplete
high school or had a university degree at undergrtdlevel. Students accounted for 60 percent laad t

other 40 percent were general employees. MosteolMimglers came from Iceland (see table 7).

Minglers: Descriptive segmentation aspects Percentage  Frequency
1. Age?
18-20 60,00% 3
2. Gender?
Male 100,00% 5

3. Marital status?

Engaged 40,00% 2

Single 40,00% 2

4. Nationality?

Iceland 60,00% 3

6. Highest level of completed education?

College 60,00% 3

7. Current employment status?

Student 60,00% 3

General employee 40,00% 2

Table 7: Minglers: Major descriptive segmentation aspects
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4.4.3.2 Behavioural aspects

When they started playing poker online, most Mingleere motivated by learning the game and their
motivation for keeping playing poker online was niaito improve their poker skills (see table 8).

Minglers: Behavioural segmentation aspects Percentage Frequency

8. Which of the following best describes your personal motivation for why you started playing poker online?

Interested in learning the game 60,00% 3

9. Which of the following best describes your personal motivation for continuing playing poker online?

| wanted to improve my poker playing skills 60,00% 3

Table 8: Minglers: Activity motivation

This could mean that this group of people who hatt@ng social involvement within the community but
low activity involvement, actually wanted to leammore about poker in order for their activity to be

stronger which later could make them “Insiders”.

Majority of the Minglers in this study tried to loEnce how other members of the online poker
community played poker by giving them advice (60983Nrhis result could be explained by their high
social involvement. Something that also could bglared by their high social involvement and thet fa
that they were interested in learning more aboetghme was that most of the respondents (80%=N4)
saw playing poker as equally important as intengcivith other members of the online poker community
This contradicts what Kozinets (1999) argues, $itate the Minglers™ activity level was low and sbci
involvement strong, they would think that interagtiwith other members would be more important than
playing poker.

On the questions if they were influenced by opisi@nd recommendations from professional poker
players, other members of the online poker commuwnitfriends and families, most of them were unsure
on all three questions except the first questionene just as many respondents disagreed, or sgrongl
disagreed as were unsure, which made Minglersfiaudifgroup to analyze on this aspect. However one
could see that more respondents answered disdgnea@gree on all three questions which would indica

that they were not influenced by professional pglayers, members within the community or friends

and family.

The fact that how Minglers in this study played @olvas not influenced by anyone could be explained
by their low activity involvement. However, thissult was to the authors somewhat surprising simce
this study, Minglers also answered that they waieachprove their poker playing skills. To do thase
would think that they should listen to others opits and recommendations.
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Since Minglers are assumed to have a strong siosiallvement within the community, one could expect
that in this study, they would be more influencgdbinions and recommendations when it comes to the
choice of products and services they buy. But asam tell from the results, this was not clearerkEv
more Minglers disagreed on these questions thath@rprevious three which would make them even

harder to influence on this point.

Minglers in this study mostly consumed non-alcahbléverages and only a small portion of them used

nicotine and/or consumed alcoholic beverages vwiéging poker online (see table 9).

Minglers: Behavioural segmentation aspects Percentage  Frequency

27. While playing poker online, what do you usually consume? (Tick all options that apply!)
Snack (e.g. chips, nuts, cookies) 30,00% 3
Non-alcoholic beverages (e.g. water, coffee, soft drink, energy drink) 20,00% 2
Alcoholic beverages (e.g. beer, wine, spirit) 20,00% 2

Table 9: Minglers: General consumption choices

4.4.4 Tourists

“Tourists” are the group of people with low actiwvaind weak social involvement within the community,
which would make them the least active within tinire poker community (Kozinets 1999), both when
it came to playing poker as well when it came ternacting with other members.

4.4.4.1 Descriptive aspects

When looking at the Tourists within the online ppkemmunities of this study, one could see thay the
were a pretty general group of people except omgémeler aspect, as all respondents but one weesmal
However, it was as well within this group the ofdynale was found. This otherwise general grougdcou
be explained by the fact that they were an indéffiérgroup when it came to playing poker as well as

interacting with other members.

Looking at demographics one could see that thesrwas between 18 and 40 years old, but somewhat
more between 18 and 20 (33%=N9) and 31 and 35 (R&%=The only female respondent who
completed this survey belonged to the Tourist segrimethis study. The vast majority of Touriststlris
study were single (56%=N15). Looking at their edigorg 33 percent (=N9) had completed high school,
30 percent (=N7) had completed college and 30 peiedN7) had a university degree at undergraduate
level. Tourists (7%=N2) were the only ones of aél tespondents in this study to have a universigyrek

at postgraduate level. Most of them were stud8n%=N10) or general employees (41%=N11) and 15

percent (=N4) owned their own business.
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The majority of the Tourists came from Iceland (52¢44) just as the majority of all the respondemd a

the second country with most Tourists is Unitedetaf America (15%=N4).

Tourists: Descriptive segmentation aspects Percentage  Frequency
1. Age?
18-20 33,33% 9
31-35 25,93% 7
2. Gender?
Female 3,70% 1
Male 96,30% 26

3. Marital status?

Single 55,56% 15

4. Nationality?

Iceland 51,85% 14

United States of America 14,81% 4

6. Highest level of completed education?

High school 33,33% 9

College 29,63% 8

University (undergraduate degree: Bachelor or equivalent) 29,63% 8

University (postgraduate degree: Master, PhD or equivalent) 7,41% 2
7. Current employment status?

Student 37,04% 10

General employee 40,74% 11

Table 10: Tourists: Major descriptive segmentation aspects
4.4.4.2 Behavioural aspects

Looking at what motivated them into starting playipoker, 37 percent answered that they were
interested in learning the game. The rest of th&i§ts answered pretty equally between recommenrdati
by friend or family, televised coverage of pokeurttaments and seeking thrill and excitement. To why

they kept on playing poker online, most of themygsiayed poker for fun (see table 11).

Tourists: Behavioural segmentation aspects Percentage Frequency

8. Which of the following best describes your personal motivation for why you started playing poker online?

Interested in learning the game 37,04% 10

9. Which of the following best describes your personal motivation for continuing playing poker online?

I simply like playing poker for fun 44,44% 12

Table 11: Tourists: Activity motivation
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These answers could be explained by their low igtigvel of playing poker, though 33 percent (N=9)
answered that they wanted to improve their pokayipg skills, which could indicate that some of the

Tourists actually wanted to increase their leveddtivity involvement.

On the question if they tried to influence how otimeembers play poker, by giving them advice or
recommendations, most of the Tourists in this stadswered unsure and disagree or strongly disagree.
This as well could be explained by their low adgivievel and weak social involvement within the
community. More of the Tourists in this study agreban disagreed that playing poker was more
important than their social interaction with othreembers of the community which could indicate that

their activity level was not as low as their soomfolvement was weak.

When asking them if how they play poker was infleesh by opinion and recommendations from
professional poker players, other members of thenaonity or by friends or families, Tourists in this
study answered pretty equally between agree aradydis on all three questions, which would here as
well, make them a general group of people withendhline poker community.

When it came to their general consumption behayione could tell from the Tourists” answers in this
study, that they were more influenced by friendd tamily than by professional poker players andeoth

members of the online poker community, explainahee they had low social involvement within the
online poker community. Tourists in this study weery general as well, when looking at what they
consumed while playing poker. As the results shotieg answered pretty equally between all options

except the consumption of non-alcoholic beveragbg;h was somewhat higher (see table 12). This also

contradicts the formerly mentioned stereotypicage of poker players.

Tourists: Behavioural segmentation aspects Percentage  Frequency
27. While playing poker online, what do you usually consume? (Tick all options that apply!)
Non-alcoholic beverages (e.g. water, coffee, soft drink, energy drink) 29,51% 18
Alcoholic beverages (e.g. beer, wine, spirit) 11,48% 7
Nicotine (cigarettes, cigars, pipe tobacco, oral tobacco, pharmaceutical) 11,48% 7

Table 12: Tourists: General consumption choices
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- CHAPTER FIVE -

Discussions

In this chapter, the major empirical findings of this research will be discussed and compared to both Kozinets’
model and existing theory on communities and segmentation.

5.1 Discussions

This study departed from a positivistic standpa@nt with the intention of objectively measuring the
external social world, in this case, online pokemmunities. During the process of this study, this
philosophical foundation evolved into a more camdipnist form. As the low number of respondents
made it hard for the authors to make any valid gdisations from the empirical results of this stud
they interpreted the results to the best of thewedge, in order to make implications regardiogvh
online communities could behave. This social camsionist view allowed the author’s thoughts,
emotions, knowledge and impressions, to play ardligg when the empirical findings of this study were
interpreted. As pointed out by Easterby-Sndthal. (2006:28), usually, a researcher from one sides, al
produces ideas that are more associated with #ve @f the other side and it is important to undardt

that one cannot hold consistently to one view erdtner.

5.1.1 Empirical results versus Kozinets” model

The fact that respondents who completed the suirveitis study were relatively few (N=83), mostly
rules out the ability to generalise from these ltestdiowever, these results allow for some implorad
and speculations to be made towards the applitabiliKozinets” model on online communities, which

up to this point and as far as the authors wereeawfahad not yet been empirically tested.

When the empirical results of this study are coragdo Kozinets” model and the theoretical founaetio
supporting it, there are some obvious discrepanasgisle. First of all, the size of each segmertoading

to the empirical results of this study is totall§fetent from what Kozinets has argued for. Kozeet
(1999:255) assumes that the two most active segmetitin online communities, Insiders and Devotees,
combined account for 20 percent of each online comiy. According to this study, these two segments
combined account for 61 percent (N=51) of the @alsommunities. This also means that the two
remaining segments, Minglers and Tourists, makdupercent (N=32) of the online communities in this

study. According to Kozinets (1999:255), these sggments should come together as 80 percent of each
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online communityThe results from this stucalsocontradict Kozinets™ notion regarding the applitiak

of the Pareto rule in online communi/markets (Kozinets 1999:255).

When each segment in this study ' further analysed, it is quite astonishihgt all respondents, but ot
were males. The fact that Kozinets did not considerdbader aspect of t online communit, when
formulating his model, excludes all comparisonliis tcase. The focus of his research was more o
behavioural and communicatiorespects of the online community and especiallyhencommunicatiol
and the level of social comtnient within the communit The behavioural aspects of the segmen
this study werejuite similar to what thewere assumetb be in Kozinets” model. The opinion lead
within the communities in this stuwwere Insiders. They started to get involvedhia activity aspect ¢
the community mainly because they were interestddadrning the game and along with Minglers, t
to influene other members of the communi the most. Devotees and Tourists in this study iaisally
got involved in the aotity aspect because they were interested in lagrthe game but they were 1
trying to influence other members of the commusiti@ll this was in accordamcto what Kozinet
(1999) has argued regarditize social involvement of the groups. Insidel this study found the pok
activity equally important as the social involvernevithin the online communities and were the c
segment with that opinion.

After having analysed the segments in this studypared them to the original segments in Kcts”
model and considered the theoretical foundationgp@ting it, the authors have slightly adag

Kozinets” model by re-namir(griginal names in brackets) and re-defineach segme (see picture 7).

High activity involvement
within the communitv

Expert | ‘k
(Devotee) ‘

within the community
Maverick Novice
(Tourist) (Mingler)

Strong social involvement
within the community

Low activity involvement
within the community

Picture 7: The author’s adaptive segmentation model for online communities
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+ The vertical axes of the model relate to the I@¥elctivity involvement within the community.
= The horizontal axes of the model relate to thellef/social involvement within the community.

As with the original model, the online community migers are divided into four different segments.

These four segments of the new model are furthiamestbbelow:

+ Pro: Highly interested in the activity and spenasiderable amount of time on both practicing
and discussing everything that relates to the itiRossibly professional players, both part-time

and full-time.

=

Expert: Highly interested in and spend considerani®munt of time practicing the activity but

don’t really care that much about what others sdkiok regarding the activity.

[l

Novice: Have recently discovered the activity, d&ighly interested in learning and spend

considerable amount of time discussing everythiadg telates to the activity.

+ Maverick: An indifferent group who mainly thinks ofiemselves, their own benefits and are
probably online “lurkers” and/or members of varioudine communities. Their interest in the

activity is superficial and they are only loyalttemselves.

5.1.2 Empirical results versus existing theory

“The technology of the Internet has given risehousands of communities where people find eaclr,othe
communicate and collaborate around shared inteoesisals. Today you can see that, where thera is a
interest, there is a community”. This was a statgngezen by the authors in the beginning of thissikb
and one of the main arguments for this study. Siheeauthors are specialized in the field of mankgit
was with big anticipation that they studied how im&l communities are constructed and how their

members behave.

Prior literature tells us that members of a commyuare involved in and can obtain meaning from the
discussions that take place in the community. @eigelops bonds between the members which then can
influence the consumer behaviour of the membermi@a et al. 2005). As mentioned earlier, Kozinets
focused his research on online communities andigtrohat research developed a model which segments
online community members based on their level dividg (high/low) and social (strong/weak)
involvement. He argues that some online communiynivers have stronger social ties to the community
than others, hence the horizontal axes of his mfietinets 1999). The results of this study strgngl
support this notion. With the help of Kozinets” 989 model, the authors could distinguish between

members who are more socially involved than otlretese community and members who are more active
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in playing poker online than others. Here one anthat the two most socially involved segmentsi
study, Insiders and Minglers, are the ones whddrinfluence other members of the communities the

most. This coincides with Kozinets’ theory (1999).

There is evidence that participation in online camities can have significant impact on consumer
knowledge and behaviour (Hogg al. 2004). From this theory one could expect thatnieenbers of the
online communities in this study would be influedca their behaviour by participating in the
community. Looking at the general consumption ef thspondents, the results of this study showed tha
all the four segments were more influenced by &senor family than by other members of the online
community and/or professional poker players, whetoimes to what products and services they bought.
Most of the respondents argued that they were nailanfluenced by other members of the online
community or professional poker players. This gagainst presented theory. However, looking at v ho
they played poker was influenced by others onesesnthat all groups were more influenced by other
members of the online community and profession&kep@layers than by friends or family. So on this
point, members’ participation in an online commuitias clearly an impact on their behaviour. Frois, th
one could make the conclusion that, at least toesextent, the behaviour of the members in the enlin
communities is influenced by their participatiorowever, this is not clear for their consumer bebawi

which would for marketing purposes, be desirable.
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- CHAPTER SIX -

Conclusions

In this chapter, it is concluded what aspects are considered most relevant for developing an adaptive approach for
segmenting online communities and thereby the research question of this study is being answered.

6.1 Conclusions

One of the main arguments for this study was thextipus theory of segmentation is not fully appiiea

on online communities. Even though researchers lideatified the opportunities of using both
descriptive and behavioural aspects when segmeritieg have not taken the specific characterigifcs
online communities into special consideration. #swwith the intention of identifying what aspecfs o
segmentation and communities are most relevantdeeloping an adaptive approach for segmenting
online communities, that the authors started thisrjey. This also was the third and final objectif¢he
research purpose, and also the research questthis gtudy. In this concluding chapter the authvaits

with help of the theoretical framework presented &wgether with the empirical results of this study
identify what aspects of segmentation and comnesiitire considered most relevant for an adaptive

approach for segmenting online communities.

Before identifying which aspects should be congideas the most relevant ones, when it comes to
segmenting online communities, it was also of gdeito conclude from this study which segments of

Kozinets” model would be considered the most dtr@ones for marketing purposes.

To identify which segments within this study coblel the most attractive ones for marketers, theoasith
studied, among other things, which segments tipftoence other members within the communities and
which segments are being influenced by other mesnbkethe communities. Based on the results of this
study, the authors would agree with Kozinets (1989)he notion that Insiders are opinion leadeus, b
that as such they might be seen as a highly imptéaget group for marketers, is a different matte
altogether. Since the results of this study portrejders as being mostly influenced by their fdgrand
family, makes them a tough crowd to reach for mianse Considering that Insiders in this study waere
far bigger segment than Kozinets had assumed, mighke the effort of reaching them well worth wile.
If Devotees are as big a slice of the online pal@nmunity as this study indicates, they might be th
most attractive segment within the community toaattand empower for marketing purposes. Minglers
are one segment who tries to influence other mesntiethe community which would make them opinion

leader potential within the communities togethethwinsiders. The Minglers are a small group of daly
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people in this study, which makes them difficultgeneralize from. However, if these results would
indicate how Minglers within an online communityhla&e they would be a very attractive segment for
marketing purposes. From the results of this stutly can indicate that Tourists would be considered
difficult group to target for marketing purpose dioetheir not so loyal, indifferent and individustlc

nature.

Finally, and with the intention to answer the reskaguestion in this study, we look at the adaptive

approach towards segmenting of online communities.

From the theoretical framework presented in thiggpawe can see that researchers such as Hasahn
(2003) and Neal and Wurst (2001) have identified thtegrated and multidimensional approaches
towards segmentation as the most effective onedh Rtescriptive and behavioural aspects of
segmentation were well considered and includetli;study. From the results of this study, the axgh
would conclude that a multidimensional approach ledae the most effective and dynamic approach
regarding segmentation of online communities. Dp8ee segmentation aspects such as age, gender,
nationality and education gave some unexpectedtrasd would therefore be necessary as a part of a
new and more dynamic segmentation approach towandigse communities. However, as online
communication brings people together without thasateration of geography and time, the aspect of
geography for example, did not add anything of ealo our study. Behavioural segmentation aspects
such as motivation, attitude and commitment turoetdto be, as expected, of big value for this study
The biggest contribution this study made, towarelgetbping an adaptive approach for segmenting enlin
communities, was that factors such as motivatittitude, communication form and internal community
influence, were given more attention in this sttilolgn in prior segmentation approaches. This gage th
authors an even deeper insight into how membeamlxie communities behave and would therefore be
crucial for an adaptive segmentation approach ftine communities. From the results of this stutig,
authors were able to analyse the online poker camties studied through these aspects in some depth

and during that process, really consider what gpebaracteristics these communities hold.

Finally, and as the authors have argued in eattiapters, previous research and literature hataken
the specific characteristics of online communitie® nearly as much consideration as this study has
done. This study has paid special attention tospgexific characteristics of online communities afgb
recognized that an adaptive segmentation appraaoleeded, depending on the communities of study.
The authors would argue that this study has carigth with some thoughts, ideas and implications,

regarding what factors to include in an adaptiveragch towards segmenting online communities
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- CHAPTER SEVEN -

Limitations and future research

In this chapter, the limitations of this study are presented and potential ideas for future research presented.

7.1 Limitations

First and foremost, this study sought out to eroplly verify the applicability of Kozinets” modehly

on online poker communities, since the authorsidensd them to be the most interesting type ofnenli
communities to study for the purpose of this resean addition, the main research focus was on the
activity level and social commitment level aspemftd<ozinets” model. The complete theory supporting

Kozinets” model is too multifaceted to be thoroygtdvered in a single research of this sort.

The relatively small number of completed surveyd aspecially how hardly any female respondents
participated in this survey limits the reliabilisnd almost excludes any ability to generalise fthm
results. Nonetheless, the authors still believe tha results of this study are reliable enougmke

certain implications related to an adaptive apgndawards segmenting online communities.

While this study used a quantitative questionngeirgather the empirical data needed, the main ais w
to obtain qualitative and behavioural related infation from the respondents, concerning their divera
communal behaviour. The number of completed survelymminated any opportunity of statistical
measurements concerning relationships between ircegapects belonging to the online poker
communities in this study. The authors would arthad since each segment of the model used in this

study did not contain at least 30 people, usintistitzal tests like t-test, is impossible.

The conclusions drawn from the empirical resultghié study derived from the authors” own analysis
and interpretations and should be construed as $hithshould rather be looked upon as a way tm @pe
few eyes and hopefully raise some questions reggntlie existing knowledge about segmentation and

online communities and finally as a possible poimrdeparture for future research in this area.

7.2 Future research

As with numerous academic studies performed byestisd this particular study evoked many ideas
regarding opportunities for future research in grasticular area. Some of these ideas were inutieoes

minds in the very beginning but were unmanageahblke @ both time and resource limitations. The
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following ideas are considered by the authors tthieemost interesting ones related to future reseiar

the field of segmenting online communities:

|
-

-

.

i+

i+

To conduct a study among two to four activity basedine communities for comparison

purposes and with the intention of gaining a deapséght into their communal behaviour.
Pay more attention than prior research has dotteetgender aspect of online communities.

Try to identify the supposed linkage between the fsegments of Kozinets” model to different
relational modes related to motivational elementse recreational, the relational, the

informational, and the transformational.

Try to choose online communities that enclose eqyedder ratios, members of various
nationalities and cultural backgrounds, wide ageyea and other aspects that make the

communities of choice as heterogeneous as possible.

To combine quantitative and qualitative methodduiture research. This offers a triangulated
approach, which can help limit the shortcomingsmé method by using another method in order
to verify the results.

All these ideas are believed to be of great intet@doth academics and practitioners and could als

enhance knowledge regarding how to segment oninerainities in more beneficial ways.
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Appendix 1

The questionnaire

Online poker communities
A survey asapart of aMaster thesisat Lund University spring 2008

INFORMED CONSENT

We are inviting you to participate in our resegpcbject as a part of our Master thesis at Lund Ehrsity

2008. Our purpose is to study online poker plagsran online community, in order to better undecsta

what their interests, activities and lifestylesahse. It will take approximately 5 minutes to comd the
questionnaire.

Your participation in this study is completely votary. There are no foreseeable risks associat#d wi
this project. However, if you feel uncomfortablesasering any questions, you can withdraw from the
survey at any point. It is very important for uddarn your opinions.

Your survey responses will be strictly confidentald data from this researchiiviie reported only in tr
aggregate. If you have questions at any time atheusurvey or the procedures, you are welcome to
contact us through our email addresses below:

hjalti.hjaltason.535@student.lu.se

marie.vernersson.631@student.lu.se
Thank you very much for your time and support.

If you have read and understood the informed cdresshyou are willing to participate in the survey,
please start the survey by choosing@uoatinue button below.
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1. Age?

D 18-20
0 21-25
D 26-30
0 31-35
0 36-40
D 41-45
0 46-50
D 51-55
0 56-60
D Over 60
2. Gender?
0 Female
0 Male

3. Marital status?

O Married
D Engaged
®

Living with someone

Single

4. Nationality?

5. Current country of residence?

6. Highest level of completed education?

D Elementary school
O High school

O College

O

University (undergraduate degree: Bachelor or equivalent)

Hjaltason & Vernersson

| 50



BUSMO8 Segmenting online communities Spring 2008

O

University (postgraduate degree: Master, PhD or equivalent)

7. Current employment status?
0 Student
Unemployed

General employee

Own my own business

O 0O Q08

Professional (e.g. athlete/actor/artist/musician)

8. Which of the following best describes your personal motivation for why you started playing poker online?
Recommendation by friend or family member

Advertising and promotion

Televised coverage of poker tournaments

Seeking thrill and excitement

OO0 0A3n0

Interested in learning the game

9. Which of the following best describes your personal motivation for continuing playing poker online?
| play poker online to meet other poker players and enthusiasts
I simply like playing poker for fun

| wanted to improve my understanding of the game

O 0O Q0 Q8

| wanted to improve my poker playing skills

a

| only play poker online for money

10. For how long have you been playing poker online?

O
O
O
O

Less than 1 month

1 to 6 months

7 to 12 months

More than 12 months

11. How many hours on average do you spend playing poker online?

@]
O

Less than 2 hours per week

2 hours per week
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@]
O

2 hours per day

More than 2 hours per day

12. How many hours on average do you spend learning about poker (e.g. read books on poker, watch poker on television)

@]
O
O
@]

Less than 1 hour per week
1 hour per week
1 hour per day

More than 1 hour per day

13. How frequently do you communicate with other members of the online poker community (for example; participating in
chat rooms, forums, discussion boards etc.)?

O
O
@]
O

Never

Once a week

Several times a week

Once a day or more

14. How frequently do you socialize with other members of the online poker community (for example; participate in poker
tournaments, attend poker tournaments as audience, meet to play poker for fun)?

@]
O
O
O

Never

Once a month

Several times a month

Once a week or more

15. | offer advice and/or recommend important features/tactics of the game to other members of the online poker

community?

O
O
O

Never
Once a month
Several times a month

Once a week or more

16. I try to influence how other members of the online poker community play poker online, by giving advice and
recommendations (for example; where to play, if to play for free or play for money)?

@]
O

| strongly disagree

| disagree
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@]
O
@]

Not sure/l don’t know

| agree

| strongly agree

17. Playing poker online is more important than the social interaction with other members within the online poker
community?

O
O
O
@]
O

Strongly Disagree

Disagree

Not sure/l don’t know

Agree

Strongly Agree

18. Playing poker online is equally important as the social interaction with other members within the online poker
community?

O
O
@]
O
O

Strongly Disagree
Disagree

Not sure/l don’t know
Agree

Strongly Agree

19. Playing poker online is less important than the social interaction with other members within the online poker
community?

O
O
O
O
O

Strongly Disagree
Disagree

Not sure/l don’t know
Agree

Strongly Agree

20. How | play poker online is influenced by opinions and recommendations from professional poker players (for example;
where | play, if | play for free or play for money)?

Strongly Disagree

O
@]

Disagree

Not sure/l don’t know
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O

Agree

Strongly Agree

21. How I play poker online is influenced by opinions and recommendations from other members within the online poker
community (for example; where | play, if | play for free or play for money)?

O
O
O
O
@]

Strongly Disagree
Disagree

Not sure/l don’t know
Agree

Strongly Agree

22. How | play poker online is influenced by opinions and recommendations from friends and family (for example; where |
play, if | play for free or play for money)?

O

Strongly Disagree

Disagree

a

Not sure/l don’t know

@]

Agree

a

Strongly Agree

23. The choice of products and services | buy is influenced by opinions and recommendations from professional poker
players?

O
O
O
O
O

Strongly Disagree
Disagree

Not sure/l don’t know
Agree

Strongly Agree

24. The choice of products and services | buy is influenced by opinions and recommendations from other members within the
online poker community?

O

Strongly Disagree

Disagree

a

Not sure/l don’t know

@]

Agree
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Strongly Agree

25. The choice of products and services | buy is influenced by opinions and recommendations from friends and family?

O
@]
O
O
@]

Strongly Disagree
Disagree

Not sure/l don’t know
Agree

Strongly Agree

26. In your own opinion, which of the following best describes your personal involvement within the online poker
community?

O
O

| do not spend much time playing poker online and | seldom communicate with other members within the community

| do not spend much time playing poker online but | frequently communicate with other members within the

community

O

| spend much time playing poker online but | seldom communicate with other members within the community

I spend much time playing poker online and | frequently communicate with other members within the community

27. While playing poker online, what do you usually consume? (Tick all options that apply!)

Nothing

Food (both regular and fast food)

Snack (e.g. chips, nuts, cookies)

Non-alcoholic beverages (e.g. water, coffee, soft drink, energy drink)
Alcoholic beverages (e.g. beer, wine, spirit)

Nicotine (cigarettes, cigars, pipe tobacco, oral tobacco, pharmaceutical)

28. In which category does your monthly disposable income in US dollars ($) best fit?

O

O 0O 0030

Below $500
$500-5999
$1,000-$1,999
$2,000-$2,999
$3,000-$3,999

$4,000+
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Appendix 2

Empirical results according to community segments in this study

Insider

Devotee

Mingler

Tourist

Percentage Percentage Percentage Percentage
1. Age?

18-20 33,33% 20,00% 60,00% 33,33%
21-25 47,62% 26,67% 22,22%
26-30 14,29% 23,33% 20,00% 14,81%
31-35 23,33% 20,00% 25,93%
36-40 6,67% 3,70%
41-45
46-50 4,76%
51-55
56-60
Over 60

_mm

Percentage

Percentage

Percentage

Percentage

2. Gender?
Female 3,70%
Male 100,00% 100,00% 100,00% 96,30%

_mm

Percentage

Percentage

Percentage

Percentage

3. Marital status?

Married 9,52% 16,67% 25,93%
Engaged 4,76% 6,67% 40,00% 7,41%
Living with someone 33,33% 16,67% 20,00% 11,11%
Single 52,38% 60,00% 40,00% 55,56%

_mm

Percentage

Percentage

Percentage

Percentage

4. Nationality?

Australia

3,33%

Belgium

20,00%

3,70%
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Canada 9,52% 13,33% 3,70%
Denmark 3,70%
Egypt 4,76%

Gibraltar 4,76%

Iceland 42,86% 56,67% 60,00% 51,85%

India 3,70%

Netherlands 3,70%

Poland 4,76%

Republic of Korea 4,76%

South Africa 4,76%

Sweden 3,70%

United Kingdom of Great Britain and Northern Ireland 9,52% 6,67% 7,41%

United Republic of Tanzania 4,76% 3,33%

United States of America 9,52% 16,67% 20,00% 14,81%

Yugoslavia 3,70%
Total 100,00% 100,00% 100,00% 100,00%

Insider Devotee Mingler Tourist

Q5 Percentage  Percentage Percentage Percentage
5. Current country of residence?

Australia 3,33%

Belgium 20,00% 3,70%

Canada 9,52% 13,33% 3,70%

Denmark 11,11%

Egypt 4,76%

Gibraltar 4,76%

Iceland 47,62% 56,67% 60,00% 44,44%

South Africa 4,76%

Sweden 7,41%

United Kingdom of Great Britain and Northern Ireland 9,52% 6,67% 7,41%

United Republic of Tanzania 4,76% 3,33%

United States of America 14,29% 16,67% 20,00% 22,22%

Total 100,00% 100,00% 100,00% 100,00%

Insider Devotee Mingler Tourist
Q6 Percentage  Percentage Percentage Percentage
6. Highest level of completed education?
Elementary school 4,76% 3,33%
High school 19,05% 33,33% 20,00% 33,33%
College 33,33% 30,00% 60,00% 29,63%
University (undergraduate degree: Bachelor or equivalent) 42,86% 33,33% 20,00% 29,63%
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University (postgraduate degree: Master, PhD or equivalent)

7,41%

_mm

Percentage

Percentage

Percentage

Percentage

7. Current employment status?

Student 33,33% 40,00% 60,00% 37,04%
Unemployed 9,52% 3,33% 7,41%
General employee 33,33% 53,33% 40,00% 40,74%
Own my own business 9,52% 3,33% 14,81%
Professional (e.g. athlete/actor/artist/musician) 14,29%

_mm

Percentage

Percentage

Percentage

Percentage

8. Which of the following best describes your personal motivation for why you
started playing poker online?

Recommendation by friend or family member 33,33% 23,33% 22,22%
Advertising and promotion 3,33% 3,70%
Televised coverage of poker tournaments 14,29% 3,33% 20,00% 14,81%
Seeking thrill and excitement 14,29% 20,00% 20,00% 22,22%
Interested in learning the game 38,10% 50,00% 60,00% 37,04%

_mm

Percentage

Percentage

Percentage

Percentage

9. Which of the following best describes your personal motivation for continuing
playing poker online?

| play poker online to meet other poker players and enthusiasts

I simply like playing poker for fun 19,05% 10,00% 20,00% 44,44%
| wanted to improve my understanding of the game 14,29% 10,00% 20,00% 7,41%
| wanted to improve my poker playing skills 42,86% 50,00% 60,00% 33,33%
I only play poker online for money 23,81% 30,00% 14,81%

| isider | evotee | Winger | Touist

Q16

Percentage

Percentage

Percentage

Percentage

16. | try to influence how other members of the online poker community play
poker online, by giving advice

and recommendations (for example; where to play, if to play for free or play
for money)?

| strongly disagree 4,76% 30,00% 20,00% 29,63%

| disagree 20,00% 14,81%

Not sure/I don’t know 23,81% 20,00% 20,00% 40,74%
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30,00% 60,00% 14,81%

‘ | agree ‘ 42,86%

| strongly agree 28,57%

| e | Devotee | wingler | Tounist |

Q17 Percentage  Percentage Percentage Percentage

17. Playing poker online is more important than the social interaction with other
members within

the online poker community?

Strongly Disagree 9,52% 10,00%

Disagree 14,29% 16,67% 40,00% 29,63%
Not sure/I don’t know 47,62% 30,00% 40,00% 25,93%
Agree 14,29% 20,00% 20,00% 22,22%
Strongly Agree 14,29% 23,33% 22,22%

| e | Devotee | wingler | Tounist |

Q18 Percentage  Percentage Percentage Percentage

18. Playing poker online is equally important as the social interaction with other
members within

the online poker community?

Strongly Disagree 23,81% 13,33% 14,81%
Disagree 14,29% 36,67% 20,00% 33,33%
Not sure/I don’t know 23,81% 36,67% 33,33%
Agree 38,10% 10,00% 80,00% 18,52%
Strongly Agree 3,33%

| e | Devotee | wingler | Tounist |

Q19 Percentage Percentage Percentage Percentage

19. Playing poker online is less important than the social interaction with other
members within

the online poker community?

Strongly Disagree 19,05% 20,00% 25,93%
Disagree 19,05% 13,33% 20,00% 29,63%
Not sure/I don’t know 38,10% 36,67% 80,00% 33,33%
Agree 19,05% 26,67% 11,11%
Strongly Agree 4,76% 3,33%

| e | Devotee | wingler | Tounist |

Q20 Percentage  Percentage Percentage Percentage

20. How I play poker online is influenced by opinions and recommendations from
professional poker players
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(for example; where | play, if | play for free or play for money)?
Strongly Disagree 4,76% 20,00% 20,00% 7,41%
Disagree 47,62% 26,67% 20,00% 44,44%
Not sure/I don’t know 14,29% 6,67% 40,00% 3,70%
Agree 33,33% 43,33% 20,00% 44,44%
Strongly Agree 3,33%

| e | Devotee | wingler | Tourist |

Q21 Percentage  Percentage Percentage Percentage

21. How I play poker online is influenced by opinions and recommendations from
other members within

the online poker community (for example; where I play, if | play for free or
play for money)?

Strongly Disagree 4,76% 10,00% 18,52%
Disagree 23,81% 30,00% 40,00% 29,63%
Not sure/I don’t know 19,05% 20,00% 60,00% 11,11%
Agree 47,62% 36,67% 37,04%
Strongly Agree 4,76% 3,33% 3,70%

| e | Devotee | wingler | Tounist |

Q22 Percentage Percentage Percentage Percentage

22. How | play poker online is influenced by opinions and recommendations from
friends and family

(for example; where | play, if | play for free or play for money)?

Strongly Disagree 28,57% 13,33% 20,00% 14,81%
Disagree 33,33% 53,33% 20,00% 37,04%
Not sure/I don’t know 19,05% 3,33% 60,00% 7,41%
Agree 19,05% 26,67% 37,04%
Strongly Agree 3,33% 3,70%

_mm

Percentage  Percentage Percentage Percentage

23. The choice of products and services | buy is influenced by opinions and
recommendations

from professional poker players?

Strongly Disagree 19,05% 16,67% 20,00% 11,11%
Disagree 38,10% 30,00% 40,00% 62,96%
Not sure/I don’t know 19,05% 20,00% 40,00% 14,81%
Agree 23,81% 33,33% 11,11%
Strongly Agree

Hjaltason & Vernersson | 60




BUSMO08

Segmenting online communities

Spring 2008

Insider

Devotee

Mingler

Tourist

Percentage

Percentage

Percentage

Percentage

24. The choice of products and services | buy is influenced by opinions and
recommendations

from other members within the online poker community?

Strongly Disagree 19,05% 20,00% 20,00% 18,52%
Disagree 33,33% 53,33% 20,00% 51,85%
Not sure/I don’t know 23,81% 10,00% 40,00% 18,52%
Agree 23,81% 16,67% 20,00% 11,11%
Strongly Agree

| e | Devotee | wingler | Tounist |

Q25

Percentage

Percentage

Percentage

Percentage

25. The choice of products and services | buy is influenced by opinions and
recommendations from

friends and family?

Strongly Disagree 9,52% 13,33% 20,00% 22,22%
Disagree 14,29% 36,67% 60,00% 25,93%
Not sure/I don’t know 28,57% 13,33% 20,00% 11,11%
Agree 47,62% 36,67% 37,04%
Strongly Agree 3,70%

_mm

Percentage

Percentage

Percentage

Percentage

26. In your own opinion, which of the following best describes your personal
involvement within

the online poker community?

| do not spend much time playing poker online and | seldom communicate

with other members within the community =T 3,33% 40,00% 40,74%
I do not spend much time playing poker online but | frequently communicate

with other members within the community = M 14,29% 6,67% 40,00% 14,81%
I spend much time playing poker online but | seldom communicate with other

members within the community = D 14,29% 83,33% 40,74%
I spend much time playing poker online and | frequently communicate with

other members within the community = | 71,43% 6,67% 20,00% 3,70%

| e | Devotee | wingler | Tounist |

Q27

Percentage

Percentage

Percentage

Percentage

27. While playing poker online, what do you usually consume? (Tick all options
that apply!)

Nothing 6,15% 9,09% 10,00% 14,75%
Food (both regular and fast food) 21,54% 20,78% 10,00% 14,75%
Snack (e.g. chips, nuts, cookies) 23,08% 18,18% 30,00% 18,03%
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Non-alcoholic beverages (e.g. water, coffee, soft drink, energy drink) 26,15% 31,17% 20,00% 29,51%
Alcoholic beverages (e.g. beer, wine, spirit) 7,69% 11,69% 20,00% 11,48%
Nicotine (cigarettes, cigars, pipe tobacco, oral tobacco, pharmaceutical) 15,38% 9,09% 10,00% 11,48%
| e | Devotee | wingler | Towis |
Q28 Percentage Percentage Percentage Percentage
28. In which category does your monthly disposable income in US dollars ($) best
fit?
Below $500 38,10% 43,33% 60,00% 62,96%
$500-$999 23,81% 23,33% 11,11%
$1,000-$1,999 14,29% 13,33% 20,00% 11,11%
$2,000-$2,999 14,29% 6,67% 20,00% 11,11%
$3,000-$3,999 4,76%
$4,000+ 4,76% 13,33% 3,70%
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Appendix 3

Overall empirical results of the study

18-20 25 30,12%
21-25 24 28,92%
26-30 15 18,07%
31-35 15 18,07%
36-40 3 3,61%
41-45 0 0,00%
46-50 1 1,20%
51-55 0 0,00%
56-60 0 0,00%
Over 60 0 0,00%

Mean 2,41
Standard Dev. 1,30
Variance 1,68

Female 1 1,20%
Male 82 98,80%

Mean 1,99
Standard Dev. 0,11
Variance 0,01

3. Marital status?

Married 14 16,87%
Engaged 7 8,43%
Living with someone 16 19,28%
Single 46 55,42%

Mean 3,13
Standard Dev. 1,15
Variance 1,31

4. Nationality?

Australia 1 1,20%
Belgium 2 2,41%
Canada 7 8,43%
Denmark 1 1,20%
Egypt 1 1,20%
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Gibraltar 1 1,20%
Iceland 43 51,81%
India 1 1,20%
Netherlands 1 1,20%
Poland 1 1,20%
Republic of Korea 1 1,20%
South Africa 1 1,20%
Sweden 1 1,20%
United Kingdom of Great Britain and Northern Ireland 6 7,23%
United Republic of Tanzania 2 2,41%
United States of America 12 14,46%
Yugoslavia 1 1,20%

Mean 98,57
Standard Dev. 51,75
Variance 2678,13

5. Current country of residence?

Australia 1 1,20%
Belgium 2 2,41%
Canada 7 8,43%
Denmark 3 3,61%
Egypt 1 1,20%
Gibraltar 1 1,20%
Iceland 41 49,40%
South Africa 1 1,20%
Spain 1 1,20%
Sweden 2 2,41%
United Kingdom of Great Britain and Northern Ireland 6 7,23%
United Republic of Tanzania 2 2,41%
United States of America 15 18,07%

Mean 100,30
Standard Dev. 53,96
Variance 2911,24

6. Highest level of completed education?

Elementary school 2 2,41%
High school 24 28,92%
College 27 32,53%
University (undergraduate degree: Bachelor or equivalent) 28 33,73%
University (postgraduate degree: Master, PhD or equivalent) 2 2,41%

Mean

3,05

Standard Dev.

0,91
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Variance 0,83

7. Current employment status?
Student 32 38,55%
Unemployed 5 6,02%
General employee 36 43,37%
Own my own business 7 8,43%
Professional (e.g. athlete/actor/artist/musician) 3 3,61%

Mean 2,33

Standard Dev. 1,18

Variance 1,39

8. Which of the following best describes your personal motivation for why you started playing poker online?

Recommendation by friend or family member 20 24,10%
Advertising and promotion 2 2,41%
Televised coverage of poker tournaments 9 10,84%
Seeking thrill and excitement 16 19,28%
Interested in learning the game 36 43,37%

Mean 3,55

Standard Dev. 1,62

Variance 2,64

9. Which of the following best describes your personal motivation for continuing playing poker online?

| play poker online to meet other poker players and enthusiasts 0 0,00%
I simply like playing poker for fun 20 24,10%
| wanted to improve my understanding of the game 9 10,84%
| wanted to improve my poker playing skills 36 43,37%
| only play poker online for money 18 21,69%

Mean 3,63

Standard Dev. 1,08

Variance 1,16

1

10. For how long have you been playing poker online?

Less than 1 month 1,20%
1to 6 months 12 14,46%
7 to 12 months 13 15,66%
More than 12 months 57 68,67%

Mean 3,52

Standard Dev. 0,79

Variance 0,62
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11. How many hours on average do you spend playing poker online?

Less than 2 hours per week 10,84%
2 hours per week 26 31,33%
2 hours per day 30 36,14%
More than 2 hours per day 21,69%

Mean 2,69
Standard Dev. 0,94
Variance 0,88

12. How many hours on average do you spend learning about poker (e.g. read books on poker, watch poker on teIevnsnon)

Less than 1 hour per week 25,30%
1 hour per week 30 36,14%
1 hour per day 17 20,48%
More than 1 hour per day 18,07%

Mean 2,31
Standard Dev. 1,05
Variance 1,10

13. How frequently do you communicate with other members of the online poker community (for example; participating in chat rooms,
forums, discussion boards etc.)?
Never 35 42,17%
Once a week 17 20,48%
Several times a week 20 24,10%
Once a day or more 13,25%

Mean 2,08
Standard Dev. 1,10
Variance 1,20

attend poker tournaments as audience, meet to play poker for fun)?

14. How frequently do you socialize with other members of the online poker community (for example; participate in poker tournaments,

Never 30 36,14%
Once a month 23 27,71%
Several times a month 14 16,87%
Once a week or more 19,28%

Mean 2,19
Standard Dev. 1,13
Variance 1,28

Never

15. | offer advice and/or recommend important features/tactics of the game to other members of the online poker community?

53,01%

Once a month

16

19,28%
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Several times a month 12 14,46%
Once a week or more 13,25%
Mean 1,88
Standard Dev. 1,10
Variance 1,20

16. | try to influence how other members of the online poker community play poker online, by giving advice and recommendations (for

example; where to play, if to play for free or play for money)?

| strongly disagree 19 22,89%
| disagree 10 12,05%
Not sure/l don’t know 23 27,71%
| agree 25 30,12%
| strongly agree 7,23%
—
Mean 2,87
Standard Dev. 1,28
Variance 1,63

17. Playing poker online is more important than the social interaction with other members within the online poker community?

Strongly Disagree 5 6,02%
Disagree 18 21,69%
Not sure/l don’t know 28 33,73%
Agree 16 19,28%
Strongly Agree 19,28%
—

Mean 3,24

Standard Dev. 1,17

Variance 1,38

18. Playing poker online is equally important as the social interaction with other members within the online poker community?

Strongly Disagree 13 15,66%
Disagree 24 28,92%
Not sure/l don’t know 29 34,94%
Agree 16 19,28%
Strongly Agree 1,20%
—

Mean 2,61

Standard Dev. 1,01

Variance 1,02

19. Playing poker online is less important than the social interaction with other members within the online poker community?

Strongly Disagree 17 20,48%
Disagree 17 20,48%
Not sure/l don’t know 32 38,55%
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Agree 15 18,07%
Strongly Agree 2,41%

Mean 2,61

Standard Dev. 1,08

Variance 1,17

20. How | play poker online is influenced by opinions and recommendations from professional poker players (for example; where | play, if |

play for free or play for money)?
Strongly Disagree 9 10,84%
Disagree 31 37,35%
Not sure/l don’t know 8 9,64%
Agree 33 39,76%
Strongly Agree 2,41%

Mean 2,86
Standard Dev. 1,14
Variance 1,30

example; where | play, if | play for free or play for money)?

21. How | play poker online is influenced by opinions and recommendations from other members within the online poker community (for

Strongly Disagree 9 10,84%
Disagree 24 28,92%
Not sure/l don’t know 16 19,28%
Agree 31 37,35%
Strongly Agree 3,61%

Mean 2,94
Standard Dev. 1,12
Variance 1,25

22. How | play poker online is influenced by opinions and recommendations from friends and family (for example; where | play, if | play for
free or play for money)?
Strongly Disagree 15 18,07%
Disagree 34 40,96%
Not sure/l don’t know 10 12,05%
Agree 22 26,51%
Strongly Agree 2,41%

Mean 2,54
Standard Dev. 1,14
Variance 1,30

Strongly Disagree

23. The choice of products and services | buy is influenced by opinions and recommendations from professional poker players?

13

15,66%

Disagree

36

43,37%
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Not sure/l don’t know 16 19,28%
Agree 18 21,69%
Strongly Agree 0 0,00%

Mean 2,47
Standard Dev. 1,00
Variance 1,01

24. The choice of products and services | buy is influenced by opinions and recommendations from other members within the online poker
community?
Strongly Disagree 16 19,28%
Disagree 38 45,78%
Not sure/l don’t know 15 18,07%
Agree 14 16,87%
Strongly Agree 0 0,00%

Mean 2,33
Standard Dev. 0,98
Variance 0,95

25. The choice of products and services | buy is influenced by opinions and recommendations from friends and family?

Strongly Disagree 13 15,66%
Disagree 24 28,92%
Not sure/l don’t know 14 16,87%
Agree 31 37,35%
Strongly Agree 1 1,20%

Mean 2,80
Standard Dev. 1,15
Variance 1,31

26. In your own opinion, which of the following best describes your personal involvement wi

| do not spend much time playing poker online and | seldom communicate with other
members within the community

thin the online poker community?

16,87%

members within the community

| do not spend much time playing poker online but | frequently communicate with 11 13,25%
other members within the community

| spend much time playing poker online but | seldom communicate with other members 39 46,99%
within the community

I spend much time playing poker online and | frequently communicate with other 19 22,89%

Mean 2,76
Standard Dev. 0,99
Variance 0,99

27. While playing poker online, what do you usually consume? (Tick all options that apply!)

Nothing

21

9,86%
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Food (both regular and fast food) 40 18,78%
Snack (e.g. chips, nuts, cookies) 43 20,19%
Non-alcoholic beverages (e.g. water, coffee, soft drink, energy drink) 61 28,64%
Alcoholic beverages (e.g. beer, wine, spirit) 23 10,80%
Nicotine (cigarettes, cigars, pipe tobacco, oral tobacco, pharmaceutical) 25 11,74%

Mean 3,47

Standard Dev. 1,47

Variance 2,15
Below $500 41 49,40%
$500-5999 15 18,07%
$1,000-$1,999 11 13,25%
$2,000-$2,999 9 10,84%
$3,000-$3,999 1 1,20%
$4,000+ 6 7,23%

Mean 2,18
Standard Dev. 1,52
Variance 2,32

Hjaltason & Vernersson | 70



