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Abstract

The amount of data produced is growing rapidly and organizations are struggling to make use of the
generated data from the vast amount of sources. Analyzing and interpreting data to find patterns and
trends has become a competitive advantage for companies working with customer oriented operations.
Many previous studies have shown the value potential of working with big data. In order to create value
from big data an increased demand on companies IT capabilities has risen. We asked ourselves the
guestion, which IT capabilities are these? To evaluate the capabilities needed, we have applied the
Resource Based View (RBV). The RBV addresses the complementarity of IT and organizational
processes and practices in organizational resources. To answer our question, we examined academic
literature regarding big data and RBV and put together a number of discussion points, which we then used
in interviews with five customer oriented companies. After conducting the interviews an analysis was
performed. The analysis compares the literature to the empirical data and commonalities and discrepancies
were identified. We found that strong teams with several different competencies are required when
working with big data. Furthermore, a new culture is arising with big data. A culture that requires decision
makers to make decisions based on data instead of intuition. For the future, we recommend all managers
to learn how big data can create value for their organization.
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1. Introduction

In this initial chapter the background, problem, research question as well as thesis and
delimitation are introduced.

1.1 Background

From the early forms of communication to the cloud technology of today, humans have been
gathering information. The last century’s rapid development of technology has led to an overflow
of data, with increasing demands on the data storage systems. As early as 1944, Fremont Rider, a
Wesleyan University Librarian, publishes The Scholar and the Future of the Research Library. In
the book the librarian flagged a warning of the future challenges of handling data. He estimated
that American libraries doubles in size every sixteen year. With this growth rate the Yale Library
would have approximately 200,000,000 books over 10,000 kilometers of shelves in the year of
2040. The librarian could not foresee how the upcoming digital technologies would take over as
the primary source of data storage.

During the Digital Revolution in the 1960s and 1970s mechanic and electronic technology
changed to digital technology. Adoption of digital computers began and increasing amounts of
data started to be stored through digital records. The society became more information oriented
and the information era began. The increased use of computers and the rapid technology
development led to a massive exponential growth of produced data. In the year of 2000, Peter
Lyman and Hal R. Varian publishes the book “How much Information?” The book is the first
comprehensive study which quantifies the total amount of data created in computer storage terms.
The study also finds that the digital data produced is not only largest in total but also the most
rapidly growing (Press, 2013).

In 2005 the term ‘Big data’ was coined by Roger Magoulas from O’Reilly media. The term refers
to digitally stored data and datasets of such a complexity or extensive size that make traditional
data processing techniques inadequate (Halevi & Moed, 2012).

The digitalization of data has been growing rapidly for the last decades but it is only over the last
few years that big data has emerged as the new frontier in the wide spectrum of IT enabled
innovations and opportunities. This is allowed by the fast development of information technology
(Goes, 2014). According to an IBM infographic the world is producing 2.5 quintillion (2.5x1018)
bytes of data every day through data generating sources like social media, internet of things and
wearable monitors (IBM, 2013). According to Gartner a total of 5 billion things were connected
to the internet in 2015, constantly feeding data to organizations and cities. An infographic
published in 2015 by Aureus Analytics states that data is growing by 40% annually and that it
will grow 50 times by 2020, the data explosion is not about to slow down (Aureus Analytics,
2015).

The vast amount of data created has led to the big question of what to do with the data. How do
you harness all the data and create value from it. Different actors see different uses of big data;
the organizations are looking for solutions to use big data to increase their competitive advantage,
while academia and scientific sectors tries to find new and better ways to understand the world
(Goes, 2014).
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1.2 Problem discussion

Companies analyzing these large chunks of data helps them identify trends and user behavior to
enhance their business decisions. But it also puts demands on digital competence in order to reap
the full benefits of big data. A recent study made by Fujitsu shows that 52% of Swedish decision
makers consider their digital strategy obscure and confusing (Ekelund, 2016). Many Swedish
companies see themselves as in the front edge of digitalization but the study shows the complete
opposite in comparison with their European counterparts. The comparison also shows that the
Swedes lack both in competence and engagement.

Karin Schreil Jonsson, CEO of Fujitsu Sweden who is behind the study claims “We have both the
infrastructure and the networks that enables a digital way of work but we lack the knowledge to
take advantage of the technique.” (Ekelund, 2016 p. 1). The study also shows that 3 out of 4 feel
that the digital projects they take on are gambles whether the project will be successful or not.

Managers and board members among the Swedish stockbroking companies have a hard time
keeping up in this digital era. A study conducted by Dagens industri shows that 8 out of 10 board
members in the OMXS30-companies are missing digital competence (Carlsson, 2016). “Swedish
companies are really far behind” claims digitalization expert Sara Ohrvall. “It’s hard to
determine how much a new technique is able to change. There have been too many examples of
companies who repeatedly have miscalculated this.” (Carlsson, 2016, p. 1). Big company names
like SEB, Lundin Petroleum, Alfa laval, Atlas Copco and Skanska have boards lacking digital
background entirely. With the lack of digital competence, problems may arise for several reasons.
The biggest issue is that the board will ask management the wrong questions. “The focus is not
placed on the right questions to discuss.” The lack of digital competence might also mean missed
opportunities for streamlining processes (Carlsson, 2016, p. 1).

A report by the McKinsey Global Institute (Chen, Chiang and Storey 2012) predicted that by
2018, the United States alone will have a shortage of 140,000 to 190,000 people with deep
analytical skills. Furthermore there will be a lack of managers with the relevant digital
competency of utilizing big data in order to gain insights and to make effective decisions
accordingly. The statement from Hal Varian, Chief Economist at Google and emeritus professor
at the University of California, Berkeley, tells us his view on the future development of big data:
“So what'’s getting ubiquitous and cheap? Data. And what is complementary to data? Analysis.
So my recommendation is to take lots of courses about how to manipulate and analyze data:
databases, machine learning, econometrics, statistics, visualization, and so on.” (Chen et al.,
2012 p. 2).

Facing the need to analyze and interpret data has resulted in a brand new industry. Uber and
Airbnb are two examples of companies that effectively uses big data to empower their businesses
and they are both claiming huge market shares. Both Uber and Airbnb shows that digitization is
overturning many industries and an increased need for businesses to adapt to the changing
environment in order to stay competitive. Managers need to realize this and form their strategy
and behavior accordingly. The amount of collectible data is growing rapidly and companies able
to utilize this big data are the winners at the end of the day. The idea is to better understand the
environment, both the external and internal through the analyzation of big data, which we will
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show by proposing business examples. By understanding both the arising customer trends and the
internal work processes of the organization, the company can obtain competitive advantage.

We have to understand that the collection of big data is not a solution in itself, it is only a tool.
Correct usage of the tool, meaning thorough analysis, trend identification and lastly for decision
makers to use these results that enable value creation (Watson, 2014).

1.3 Purpose and research question

The thesis aims to investigate which IT capabilities affect value creation from big data. We try to achieve
a big picture of what IT Capabilities are needed and how organizations need to utilize them in order to
create value. We start by interviewing different stakeholders, actively working with big data within
companies with customer oriented operations. Thereafter we will compare our findings with past literature
relevant to our subject. Based on these comparisons, we will analyze similarities and differences and draw
a conclusion.

Research Question: What IT capabilities does a company need in order to create value from big data?

1.4 Delimitation

The study is limited to investigating what value big data can bring to organizations. To break down the
subject into a more graspable scope we have chosen to look at the value big data can bring from a
Resource Based View (RBV). To understand what IT Capabilities are, we explain what IT resources and
IT assets are in regards to value creation of big data. We have narrowed it down further to primarily look
at the IT capabilities necessary for organizations to utilize big data. However we still want to make it clear
that IT capabilities are only a small piece of the puzzle of a successful company.
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2. Literature Review

In this chapter we will treat the existing and relevant literature which matches our research question.
Furthermore a theoretical basis for the discussion and the conclusion is created. Initially this chapter will
provide a background for big data, its definition and its history. This is done in order to provide an
understanding of how big data can create value for businesses and organizations.

We will also provide a background for the theories we are using throughout the thesis. The theories
provide a basic understanding of what IT Capabilities are and important factors regarding value creation.
In order to understand why we have chosen these theories we will present relevant articles and previous
research. It is important to understand what big data is and how it can be used to create value for an
organization.

2.1 Literature discussion

Since we focus on IT Capabilities and value creation we have chosen literature we find relevant in order to
understand the Resource Based View as well as the research leading up to our final definition of IT
Capabilities. The research is also used as a basis for understanding what big data is, the definition that we
have chosen to apply in our thesis as well as some business examples. We have chosen not to include all
literature in our table, only the articles we feel are related directly to our topic.
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2.2 Previous research

Rasch Skogh and Karlsson

model as a suggestion of how to
approach big data projects.

S. Aral, P. Survey Employees/ Creates a theoretical model for IT Resource-Based
Weill (2007) Organizations Resources out of a resource based View of the firm,
view. Resource-based
Theory of IT.
N. Case Study Organization Presents a theoretical framework that | Organizational
Bekmamedova, explains how organizations create Motivation Theory,
G. Shanks value with SMA. A number of Resource Based
(2014) important lessons learned about View.
effective use of SMA are discussed.
H. Chen, Analysis of Organization Provides a framework that identifies N/A
R.H.L. Chiang, | previous research the evolution, applications and
V.C. Storey emerging research areas of Business
(2012) Intelligence and analytics
J. Gao, S. Selle, | Content Analysis | Organizational Provides critical success factors for N/A
A. Koronios the success of a big data project. In
(2015) addition the thesis provides a process

R. Santhanam, N/A Analytical Evaluates the Resource Based View Resource Based
E. Hartono framework. Further examines firms’ View
(2003) performance based on their IT
capabilities.

Y. Demchenko, | N/A Analytical Discusses the definition of big data. Scientific Data
P. Grosso, C. Defines requirements on security, data | Infrastructure,
Laat, P. management and access control. Also | Scientific Data Life
Membrey introduces the Scientific Data Life Cycle Management
(2013) Cycle management model.
M. Wade, J. Evaluation of the | Analytical Explore and critically evaluate the use | Resource Based
Hulland (2004) | Resource Based of Resource Based View. View

View framework
Hugh J. Literature review | Analytical Big data analytics: concepts, N/A
Watson (2014) technologies and applications.
D. Cole, J. Literature review | General overview | The paper explores big data, its N/A
Nelson, B. of big data previous and future uses and risks and
McDaniel benefits with it.
(2015)

Table 1. Previous literature covering the Resource Based View, Big data and IT Capabilities

10
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2.3 Big data concept

There are many different definitions of big data. Sorofman, (2013, p. 1) describes big data as "a cute way
of describing the idea of data processed at massive scale and speed, where the trail thrown off by all of
our varied digital interactions and experiences becomes the fuel for decisions, insights and actions".

“Big data is a concept that means, firstly, the volume of the data is too large. Secondly, it is impossible to
analyze it using conventional technologies, and thirdly, special tools and treatment are necessary to
extract knowledge from it” (Manyika et al., 2011, p. 16).

“Big data is high-volume, high-velocity and high-variety information assets that demand cost-effective,
innovative forms of information processing for enhanced insight and decision making” (Sicular, 2013, p.
1).

The definition used for this research is derived from Forbes author Lisa Arthur (2013, p. 1): “Big data is a
collection of data from traditional and digital sources inside and outside your company that represents a
source for ongoing discovery and analysis.”

This definition encompasses both the digital inputs like interactions on social media and web behavior as
well as the more traditional data from transactions and financial records. To further describe and
understand what big data is, it has been divided into five different aspects, five Vs: Volume, Velocity,
Variety, Veracity and Value (Marr, 2014).

Volume Velocity
« Terabytes = Batch
* Records/Arch + Real/near-time
+ Transactions « Processes
+ Tables, Files +« Streams
Variety Value
5 Vs of
» Structured . + Statistical
= Unstructured Blg Data » Events
= Multi-factor + Correlations
* Probabilistic * Hypothetical

+ Trustworthiness
+ Authenticity

= Origin, Reputation
« Availability

+ Accountability

Veracity |

Figure 1, 5 Vs of Big Data (Demchenko, Grosso, Laat & Membrey, 2013)

11
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Volume: Refers to all the data that is constantly generated. According to SINTEF (2013), 90% of the
world’s data has been produced in the last two years. The increase of produced data makes data sets too
large to store or analyze using traditional data processing techniques (Marr, 2014). The new big data
technologies are capable of handling the huge chunks of data through distributed systems which stores the
data in different locations and then brings it together by using software.

Velocity: Refers to how fast the data is generated, processed and analyzed over time. It could for instance
be the speed of which a credit card transaction is checked for fraud activities. The technology today allows
companies to analyze the data without ever putting it into databases.

Variety: Refers to how many different data types we can use today. There has previously been a big focus
on structured data, which is information that resides in fixed fields within a record or file. Usually this is
data which is contained in spreadsheets and relational databases. Organizations are familiar with this type
of data and many are using it effectively already (Marr, 2014). Marr further states that over 80% of
business-relevant data is unstructured, which means that the data does not have an existing internal
structure and cannot be put into tables. With big data technology it is now possible to use more types of
data, including internet of things, sensors, social media, log files and messages which can bring
unstructured data together with the structured data.

Veracity: Refers to how reliable the data is. With the many different types of big data it is hard to validate
the data, sort out the noise and malicious data from the valid. An IBM infographic states that one in three
managers does not trust the information they use to make decisions (IBM, 2013). The same infographic
states that poor data quality costs the US $3.1 trillion a year. Big data and analytics technology have
become increasingly important for the improvement of data accuracy (Marr, 2014).

Value: The last aspect refers to what value can be extracted from the data. It all comes down to doing a
cost and benefits analysis of what big data initiatives actually will bring to the company. Big data is
useless if a company cannot turn it into value (Marr, 2014).

It is important to not see the different aspects as separate entities but instead combine these five

dimensions. Integrating the data sources, being able to work with different data types, validating the data
and to learn how to bring value out of it.

12
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2.4 Big data process

In order to gain a better understanding of what big data is, we have chosen to include a model presenting
the big data process.

Data Origins / Data Sources Data

Figure 2, The big data process (Saravana, 2013)

The feedback loop and cycle are from data source classification to analytics:

Data Origins / Producers covers the Internet, sensors, machines and other types of origins. Data Sources
are web logs, sensor data, images/audio, videos and more. Data Storage refers to Technologies
supporting data storage. Data integration is the combination of technical and business processes used to
combine data from disparate sources into meaningful and valuable information. Analytics means business
analytics functions in regards to big data analysis. For instance, analytics can help find patterns in data to
help decision makers or improve business processes. Consumers are customers, business processes and
applications (Saravana, 2013).

2.5 Big data in the corporate context

There is significant interest in big data from a vast number of fields. The big data era is here and
companies need to adapt to survive (Kiron, Ferguson and Prentice, 2013). We have chosen the corporate
context, however there are other applicable fields which we are mentioning briefly.

2.5.1 How big data is changing sales and marketing

The uprising of big quantities of data is generating big challenges as well as opportunities for a large
variety of companies. Hollison (2015, p. 1) claims that “big data is the most transformative paradigm to
hit sales and marketing teams since the advent of the telephone.” Sales and marketing have heavily relied
on creating relationships, and making guesses. Predictive analysis connected with big data is changing this
entirely as it “can finally become more about math than magic.” (Hollison, 2015 p. 1). Insights gained
from analyzing big data will benefit marketing professionals as they are now able to obtain a more precise
target group. Furthermore, sales forecasting gains more precision continuously as well as the ability to
monitor real-time sales through big data visualization. Startups such as Uber are able to greatly benefit
from this as they include big data strategies in their business model from the start (Hollison, 2015).

13
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Understanding user trends creates direct competitive advantage. The retail-firm Target has even gone so
far that they can figure out which of their customers are pregnant through data mining (Watson, 2014). By
assigning every customer to a unique Guest ID number connected to the customer’s credit card, Target is
able to identify user trends and create value. The mapping of the customers involves a complete history of
everything they bought as well as demographic information. This not only creates a pattern, it maps out a
complete picture of who the customer is.

2.5.2 Big data management

The organization, administration and governance of large quantities of unstructured and structured data is
called big data management (Rouse, 2013). The goal is to achieve data of high quality that is accessible
for business intelligence as well as big data analytics applications. Organizations, corporations and
government agencies use big data management strategies in order to reach the goals. Since big data
usually involves enormous sets of data, the strategy helps to structure and create value from the data. If the
big data management is effective, the company can locate valuable information from a variety of sources
including system logs, social media sites and call detail records.

Big data environments most often go far beyond the relational databases and traditional data warehouse
platforms and are therefore more complex and more difficult to incorporate. Over time, more and more
big data platforms are evolving and they are helping the user to understand which data is relevant and
which is not. Ultimately it is used to improve current business processes and to create competitive
advantage (Rouse, 2013).

By itself, stored data does not generate any value for the business. However if the data is stored
appropriately, it can be used for analysis which can create great value (Watson, 2014).

2.5.3 Big data applications

We mention that big data can create great value if it is stored appropriately and used for analysis. Here we
present three business examples to show how companies have been able to create value from big data.

Starbucks

As Starbucks was introducing a new type of coffee, a growing concern that the customers would find the
coffee too strong arose. As the new product was beginning to sell across their different cafés, Starbucks
started monitoring blogs, Twitter and various coffee forums in order to hear their customers’ opinions. By
mid-morning it was discovered that customers enjoyed the taste but thought that the new product was too
expensive, a quick reaction from Starbucks led to a lowering of the price and the negative comments
disappeared (Watson, 2014). This use of big data illustrates how analytics can lead to happier customers
as well as more profit. A more traditional approach would have been to wait for the sales report for several
weeks and then run the results by a focus group in order to find out why it sold less than expected.

Chevron

A drilling miss for Chevron in the Gulf of Mexico costs up to $100 million. In order to improve the
chances of finding oil, big data analytics are being used. However in 2010 the odds for a successful
drilling was still only 1 in 5 even though they were analyzing 50 terabytes of seismic data. In the summer
of 2010 as a result of the BP oil spill, Chevron put more focus on advanced computing power as well as
data storage. After the data enhancements, the odds for finding oil increased dramatically. Now with the
new technology, Chevron have been able to find oil 1 in 3 times instead of 1 in 5 which have led to great
cost saving and more profit (Watson, 2014).

14
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U.S. Xpress

U.S. Xpress is a transportation company with cabs constantly streaming out data regarding truck condition
and location. This data is stored in the cloud and later analyzed in different regards. The information
gathered is then delivered to various interest parties, from drivers to senior executives in a tablet format. If
a truck is low on fuel, the driver is notified with information of the cheapest gas station and best located
compared to the route he is driving. If it is apparent that the truck is in need of maintenance, the drivers
are sent to specific service depots. By analyzing the routes and eventual idle time, U.S. Xpress are able to
save millions in fuel costs as well as reducing the emissions into the environment by reducing idle time
(Watson, 2014).

2.6 Big data benefits and opportunities

Big data is creating a new generation of decision support and businesses worldwide are recognizing the
potential value gains. In order to succeed with big data, businesses are aligning technology, people and
processes. Storing and collecting data does not create much value in itself. It is rather by analyzing and
using the results found where decision makers and organizational processes are influenced. This is where
the real difference is made and thereby value is created from big data (Watson, 2014). Moreover, big data
is creating a high demand for work expertise in big data.

As mentioned earlier, collecting and storing data does not create any business value. Value is gained from
analyzing and acting on big data results. The benefits from big data can be varied, substantial and the basis
for competitive advantage. But the competitive advantage can only be realized when an organization has
carefully thought out and executed a big data strategy (Watson, 2014).

Previous research by Management review in collaboration with IBM from 2010 show that the top
performing organizations use analytics five times more than lower performers and that 37% of executives
believe that analytics creates competitive advantage. One year later a follow-up study was made and the
same belief had now risen to 58% (Watson, 2014). According to Watson (2014), this shows the positive
relationship between data-driven decision making, organizational performance and competitive position.

Companies across different fields use big data to analyze and find trends, whether it is on a local or a
global scale it helps to gain a better understanding of various fields of study (Cole et al., 2015). In the
astronomy field, the Sloan Digital Sky Survey (SDSS) has provided and shown how big data together with
computational methods can support and facilitate decision making at macroscopic and microscopic levels
in a globalized and rapidly growing research area. As a result of big data, the SDSS is one the largest,
influential and ambitious surveys in the history of astronomy (Chen et al., 2012).

Manyika et al. (2011, p. 4) claim that “Big data (...) is now part of every sector and function of the global
economy. Like other essential factors of production such as hard assets and human capital, it is
increasingly the case that much of modern economic activity, innovation, and growth simply could not
take place without data”. Gantz and Reinsel (2011, p. 2) does not stop at companies, they also predict the
change in society through Big Data: “The convergence of technologies now makes it possible not only to
transform the way business is conducted and managed but also to alter the way we work and live”.

2.7 Big data risks and challenges

As proposed earlier from the McKinsey study, there will be a huge shortage of people with deep analytical
skills and managers with relevant digital competence (Chen, Chiang and Storey 2012). Big data opens up
many opportunities for companies but collecting such vast amounts of data is not risk free. What happens
if unauthorized individuals gain access to the data? Are the huge corporations being transparent enough
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about how the collected data is used? Due to the fact that big data still is a relatively new phenomenon
there are still many uncertainties.

Cloud Computing

A big amount of the risks in correlation with big data is when cloud computing is involved. Outsourcing to
cloud service providers is widely used since it lets the company focus on its core business (Cole, Nelson,
McDaniel, 2015). When data storage is relied upon others, obviously the control over the data is decreased
or even lost completely. “Confidentiality, system integrity, data integrity, and reliability may all become a
greater risk when total control over data is lost” (Neumann, 2014, p.1).

Data Ownership

Concerns with big data arises when there is uncertainty concerning who owns the data and who has rights
to the data (Cole et al., 2015). Companies want to believe that they control and own the data that they
collect. This is often not the case. Individuals on the other hand are interested in how much information
about them is stored in the various databases. For the individual, big data poses a threat to privacy as well
as a data rights issue. Furthermore the individuals want to make sure that whatever is stored about them is
accurate and correct (Cole et al., 2015).

Personal Integrity

In most cases the individual has to agree to have data collected from them. Although it is more rare that
the individual actually signs a sheet of paper. One of the biggest collectors of data, Facebook, also
requires the user to agree before they collect the data. This is agreed upon when the user signs up for an
account but most people do not pay attention to this detail. A study conducted by Bechmann (2014)
suggests that the informal consent button creates an imbalance between user and service provider in the
favor of the service provider. The study also suggests that individuals using these services cannot
comprehend the extent to which the service provider, Facebook, can use data including privacy inbox and
news feeds (Bechmann, 2014). Using the button does not feel the same as physically signing personal
information over to another; therefore, the user may not feel the need to read the fine print.

Data Quality

When it comes to security, the cases are mostly related to data hacking and sensitive data exposure.
Security can be split into two parts, internal and external. Internal security covers employees and in-house
company issues. External security is about the system itself, the structural risks and possible
vulnerabilities. A big issue is the misinterpretation of big data. While the large amounts and difficult
structuring of the data mitigates other risks concerning security, it increases the risk of misinterpretation.
Misinterpretation of trend analysis, sales projection and user behavior can lead to catastrophic results.
Therefore it is important to use a stable and secure system. Many low budget open source tools are
therefore advised against when working with big data (Westermeir, 2005). Large companies have an
automatic advantage in this sense since they have a larger budget and can therefore purchase a stable and
bug-free system. An old issue that is still the biggest threat to security is the human factor considering big
data. Internal security is still to this day the greatest risk (Spears and Barki, 2010).

2.7.1 Issue areas

To further elaborate the risks and challenges regarding big data, Gao et al. (2015) address three different
issue areas:
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People

Experts within big data are rare and therefore expensive. Simply enough, there are too few with this kind
of expertise within computers and analytics. These experts are referred to as data scientists (Gao et al.,
2015). In big data projects, it is vital to include these experts from the start in order to gain maximal value
(Sicular, 2012). Furthermore, it will be more beneficial to hire more than just one data scientist in a big
data project since they require a whole set of expertise skills from different fields. The strongest results are
achieved by having a multidisciplinary analysis team with the skills required for the specific project
(Sicular, 2012). Sicular (2012) further claims that risk management and legal experts should be included
early in the project since there are strong ethical, security and legal issues regarding big data.

Process

Big data projects are innovation projects and therefore require the project teams to be able to quickly react
and adapt to sudden changes. The project team must be set up in a way so that they are flexible and ready
for changes. Revealed data management problems are discovered through big data analysis and require
immediate action (Gao et al., 2015).

Technology

Since the big data era is relatively young there is an absence of end-to-end solutions, design patterns and
universal architecture. As a result from this, big data projects and the technology are forced to be
individually assembled and customized to the purpose of the analysis project (Sicular, 2012). Moreover,
because of the enormous amounts of data used in the projects, storing is eventually going to become an
issue and this needs to be addressed early in the project.

2.8 Requirements for success with big data

To further understand how big data can be used and create value in the corporate context, we present an
overview of important factors.

2.8.1 Big data strategy

Gao et al. (2015) claims that a big data strategy should not replace existing traditional analysis methods,
instead it should work as a complementary and extend the possibilities of the existing methods. This is
because the traditional analysis of structured data still creates value for the business. The big data strategy
has to ensure that the project is aligned with the business. Therefore, this means an alignment of the
people involved in the project and the technology used in order to support the business goals (Gao et al.
2015).

A big data strategy is also used in order to help organizations foresee where valuable insights can be
found. The strategy is further used to avoid the early big data challenges for instance by avoiding the
issues regarding storage of data. The second part of the big data strategy is the integration with the
organizational strategy. An understanding of the business strategy and to choose the correct analytical
toolset thereafter is one of the major keys to a successful big data project. An alignment of management
and organizational culture to be able to leverage from new insights gained will help organizations to
utilize the full potential of big data (Gao et al., 2015).

Gao et al. (2015) also focuses and illustrates the importance of asking the right questions. This means
strong analytical talent and the involvement of “the right people” in order for a big data project to be truly
successful. There is no point gathering a big amount of data if the right questions are not being asked (Gao
et al., 2015).
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2.8.2 Key terms for success

In order to succeed with big data analytics, Watson (2014) proposes several key terms relatable to our
research question. However, he also mentions that many of the key terms for success with big data
projects are largely the same as with most other projects including analytics and Business Intelligence.
The differences are found in the details and some of the details are very important (Watson, 2014). We
have chosen to highlight a couple of these key terms that we find relevant to our study.

A clear business need

Projects should be business driven rather than technology driven. Projects should address a certain
business need, like solving a problem or seizing an opportunity. Watson (2014) means that because of the
media hype of big data, executives have pushed big data projects without any clearly defined business
goals.

Alignment between the business and analytics strategy

Big data projects must support the business strategy, therefore most projects should be driven by business
people rather than by IT. In some organizations, the alignment is even more important. In analytics-based
organizations it may even be impossible to separate the analytics strategy from the business strategy.
Without analytics as the enabler the business strategy cannot succeed (Watson, 2014). A visible example
of analytics doing work are product recommendations which differ between customers on web sites. The
recommendations are a result from customers’ previous mouse clicks, other purchases, availability of
products, profitability of products as well as search terms entered in the past.

A fact-based decision-making culture

For an organization to benefit from big data, decisions must be based on facts according to Watson (2014).
These facts are generated from big data analytics and the decision-makers must be able to trust this data in
order to make the correct decision. To change an organizational culture can be very challenging and even
more challenging than solving technical issues. Creating a fact-based decision-making culture might
involve replacing people who cannot or will not adjust to the new culture (Watson, 2014).

People skilled in the use of analytics

It is important to have people with the relevant and necessary skills to work efficiently with big data.
Gaining value from big data requires a big process and many different experts including business, data and
analytics expertise. The business users access the big data information through reports, data visualization
and different kinds of dashboards or scorecards. Watson (2014, p. 17) means that “They are information
consumers rather than information creators”. The business users do not need full understanding of all
technology, instead they need to understand the possibility of big data analytics. They need to understand
what data is available, how to access it, how to manipulate it in simple ways and how to use it to create
business value (Watson, 2014). A data scientist's role however is different, they need the expertise in order
to find trends, patterns and relationships and then provide the data to the business user and thereby create
value for the organization.

2.9 Big data sources

Big data is not just a trend, it is an ongoing development and the amount of data is expected to grow even
faster in the future (Gao et al., 2015). One of the technologies contributing to the rapid growth of data is
the internet of things. The network of connected physical objects embedded with sensors, electronics and
software gives organizations access to massive chunks of real-time data. This relatively new technology is
opening up endless opportunities for a range of innovative applications (Chen et al., 2012). The devices
are enabling flexible and mobile usability as well as a new way of data collection and insights. These

18



Big Data IT Capabilities Rasch Skogh and Karlsson

highly mobile, location-aware, person-centered and context-relevant transactions and operations will
continue to create unique opportunities for researchers in the future (Chen et al., 2012).

Sensors integrated in smart phones, cars, credit cards and general consumer electronics are providing a
completely new range of data to be gathered. Furthermore, social media is streaming out endless amounts
of valuable customer information to companies. Because of this, companies are more or less forced to
address these new data sources if they want to stay competitive in the big data environment (Gao et al.,
2015).

Every single mouse click on web sites by every single user can be captured in web log files and can later
be used for analytics. Typically these clicks are being analyzed by companies in order to better understand
online shopper’s behavior and create better user experiences thereafter with dynamically changing product
marketing (Watson, 2014). Social media such as Twitter and Facebook are generating enormous amounts
of comments and tweets which as well are being analyzed to better understand customer trends and to
improve products.

Machines such as smart meters are also generating streamed data about electricity levels, water levels or
gas consumption etc. which can be shared with the customers or utilized to improve pricing plans.
Another source is geospatial data such as GPS data created by smart phones (Watson, 2014). Uber is a
clear example of a company successful of using this kind of data. Other examples are coupon based apps
that give their users special deals depending on their location.

2.10 Other use-areas of big data

There are many different applications of big data. As we are putting our focus on IT capabilities and value
creation we still feel that we need to include a couple of other use-areas of big data.

Smart Cities

Another upcoming trend is to make cities smarter. As part of creating a smart city, municipalities use
various tools to improve the city’s infrastructure, CO2 emissions, the overall living standard and more.
One of the tools used to achieve this is the internet of things. By putting up sensors around the city in
everyday objects like lampposts, the municipality monitor the traffic situation, measure the air pollution or
automatically adjust the lights after the outdoor brightness. The sensors could also be put into trash bins
that sends an alarm when it is almost full in order to make the trash pick-up route more efficient. There are
also sensors that can monitor the water-level in cities with flooding problems. This feed of data can be
used as a countermeasure to reduce the overall damage from the floodings. The same thing can be done
with cities affected by earthquakes where a more accurate warning can be received in an earlier stage. All
this data paves the way for how our future cities will look like. However it puts further demand on the
skill to properly analyze and interpret data.

Healthcare

Big data is creating enormous opportunities across a vast amount of fields as mentioned earlier, one of the
most important fields is the health community. Just like every other field they stand before supreme
amounts of collectible data which potentially can lead to revolutionary insights. Two main sources of
medical big data are discussed by Chen et al. (2012). Firstly there is genomics-driven big data such as
genotyping, gene expression and sequencing data. Secondly there is payer-provided big data such as
electronic health records, insurance records, pharmacy prescription and patient feedback and responses.
Electronic Health Records (EHR) have been implemented across various hospitals around the world
during the last 15 years which in turn are helping analysts gain better knowledge about diseases and find
potential trends. Furthermore in addition to EHR, several health social media sites have emerged. These
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social media sites provide great research opportunities and better decision making with accurate social
media analytics (Chen et al., 2012).

In the medical research field, medical professionals and data scientists are now able to study more patients
at a higher speed and accuracy which increases the research efforts. For instance, big data is analyzed to
map global infectious disease and is working as an offensive strategy to battle the disease. This strategy
makes it possible to find the important trends which can lead to an understanding of the geographical
range of the disease. Thereby it is now easier to estimate outbreaks and prevent them (Cole et al., 2015).

Big data and social media

Business analytics has become a top strategic priority for senior executives. Business analytics systems
enables managers and other decision makers to analyze and interpret data to improve decision-making as
well as business processes (Kiron, Ferguson and Prentice, 2013). As social media is creating huge
amounts of unstructured and semi-structured data, managers are starting to realize the potential value
within this data. Social media has revolutionized the way organizations are communicating with their
customers and environment as it has created a new channel of communication (Kohavi, Rothleder and
Simoudis 2002). Consumer opinions, experiences and sentiments towards brands, products and services
are potential insights found from analyzing big data within social media.

A clear example of a company utilizing big data is Facebook. Many probably know that just like Google,
Facebook makes most of their profit from advertising. What differs a Facebook advertisement from a
regular television commercial is the target scope. Facebook enables the selection of complete
demography. This means that the advertiser can choose exactly who they are targeting. City/country, age,
sex, interests, relationship status as well as education and work are factors the target group can be chosen
from (Facebook, 2016).

2.11 The Resource Based View

The Resource Based View (RBV) is a theoretical perspective that convincingly addresses the
complementarity of IT and organizational processes, practices, routines, and activities (Wernerfelt 1984,
Barney, 1991). RBV argues that durable competitive advantage emerges from unique combinations of
resources (Grant, 1996) that are economically valuable, scarce, and difficult to imitate (Barney, 1991).
From this perspective, there are compelling theoretical reasons for investigating how firms allocate
investments across different types of IT assets (Aral and Weill, 2007).

Wade and Hulland (2004) argues that the RBV indeed is useful to IS research. It provides a valuable way
for researchers to acknowledge how information systems relate to firm strategy and performance. “The
theory provides a cogent framework to evaluate the strategic value of information systems resources. It
also provides guidance on how to differentiate among various types of information systems - including the
important distinction between information technology and information systems and how to study their
separate influences on performance” (Wade and Hulland, 2004, p. 4). RBV also provides the opportunity
to compare IS resources and non-IS resources. However it is important to note that IS resources do not
contribute sustained competitive advantage (SCA) on their own. They can instead be seen as a part of the
“big picture” of a firm which lead to competitive advantage, necessary but not sufficient (Wade and
Hulland, 2004).

The resource based view has been widely used and interpreted among information systems researchers. It
has been used to understand the link between investments and organizational value as well as competitive
advantage (Bekmamedova and Shanks, 2014) (Kohli and Grover, 2008). From the resource based view, an
organization can be looked upon as a collection of resources that enables it to compete and succeed.
Resources in this sense are assets and capabilities merged together. The RBV has been used in several
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previous studies in order to understand the impact of various IT investments across different levels in the
organization (Bekmamedova and Shanks, 2014).

2.11.1 Resources

“Resources are the foundation for strategy, and unique bundles of resources generate competitive
advantages that lead to wealth creation” (Hitt, Ireland and Hoskisson, 2010, p. 72). Resources can be seen
as a collection of individual, social and organizational phenomena. Resources are divided into tangible
and intangible resources. Tangible resources are traditionally assets that are quantifiable and visible.

Hitt et al., (2010) divides the resources into four different categories: financial resources, organizational
resources, physical resources and technological resources. In contrary to tangible resources, intangible
resources are assets rooted deeply in the firm’s history and have developed over time. Since they are hard
to define, built upon several years and embedded within several years of routines and patterns these
resources are hard to imitate and analyze. According to Hitt et al., (2010) there are three types of
intangible resources: Human resources, Innovation resources and reputational resources.

By measuring tangible resources one can find the economic status of an organization but it does not
provide a complete picture of all valuable assets since it disregards the intangible. Furthermore,
production assets are surely important but they create no value without the relevant processes (which are
intangible). This shows the importance of the correlation between tangible and intangible resources (Hitt
et al., 2010).

For resources to be of any strategic importance and achieve competitive advantage, they must be valuable,
rare, inimitable and non-substitutable (VRIN) (Larson and Watson 2011).

2.11.2 Assets

We have chosen to use the definition published in 2006 by the International Accounting Standards Board
(IASB). An asset is a resource controlled by an entity as a result of past endeavors and from which future
economic benefits are expected to be derived. Even though employees can produce future economic
benefits they are not considered to be assets, due to the fact that human capital cannot be fully controlled
by the entity (IASB, 2006). There are both tangible and intangible assets. Tangible assets refers to those
that have a physical substance, this could include buildings, company cars and company equipment. The
intangible assets on the other hand refers to non-physical objects like copyrights and branding.

2.11.3 Capabilities

Purposely integrated resources that have been implemented in order to achieve a specific set of tasks are
called capabilities (Hitt et al., 2010). The capabilities can range from product marketing, human resources
and research & development activities. Hitt et al. (2010) states that for organizations, the competitive
advantage is often based on their human capital and their ability to exchange knowledge and information.
Furthermore they state that the employees’ unique skills and functional expertise lay the foundation for
many capabilities. While the knowledge withheld by the human capital poses a significant value for
businesses, it is at least as important to be able to utilize this expertise. For organizations this poses a
challenge of creating an environment that facilitates knowledge transfer between employees and the
different business units (Hitt et al., 2010).

There are four core capabilities required for a company to sustain competitive advantage (Hitt et al.,
2010). The first one is valuable capabilities which allows the organization to neutralize threats and
exploit opportunities in its external environment. Another core capability is to have rare capabilities that
only a few, or none, of the competitors possess. Costly to imitate is another core capability that refers to
capabilities that are hard for competitors to replicate. This might include capabilities derived from unique
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historical conditions, the corporate culture or the link between a firm’s capabilities and its competitive
advantage. The last core capabilities are the non-substitutable ones which have no strategic equivalent,
this could for instance include culture and brand-image (Hitt et al., 2010).

2.11.4 IT Resources

IT resources are a combination of IT assets and IT capabilities. Merging together the allocation of
investments with strategic purposes and a system that mutually reinforces practices and competencies
(Aral and Weill, 2007). The relationship between IT investments and different measures of firm
performance can be moderated by organizational capabilities. However if an organization has obscure
definitions of their IT resources and aggregated measures of their IT investments it might lead to various
results (Aral and Weill, 2007). For instance organizations with a greater e-commerce capability have a
better performance in areas like supply chain optimization but perform worse when it comes to the cost of
goods sold (Zhu and Kraemer 2002).

The landscape of IT resources in firms varies, depending on how they allocate their investments. Making
heterogeneous investments in the pursuit of different goals, like innovation or cost leadership is one factor
that could separate one firm’s IT resource landscape from another. A company who invests their assets in
the pursuit of innovation strategies is likely to invest more into systems that support process and product
innovation, while companies with a cost leadership strategy is probably focusing more on investing
towards transactional IT systems. Another factor that separates firms’ landscapes from another is their IT
culture (Aral and Weill, 2007). Aral and Weill (2007) also states that it is difficult to attain strong IT
resources due to the interplay between IT assets and IT capabilities. Achieving strong IT resources takes
time learning and optimizing.

The theoretical model presented below was constructed by Aral and Weill (2007) with an aim to “sharpen
the theoretical characterization of IT resources by unpacking two major sources of variation in the
empirical evidence on complementarities between IT and organization: heterogeneity in IT investment
allocations and organizational IT capabilities.” (Aral and Weill, 2007).

———————
— ———_

IT capabilities: interlocking systems of

practices and competencies that
complement IT

IT assets: IT investments allocated
for particular strategic purposes

IT asset Strategic purpose

Infrastructure Foundation of shared IT services. Provide
flexible base for future business

Transactional Automate processes, cut costs increase
volume per unit cost

Informational Provide information for managing,
accounting, reporting, planning, analysis,
and data mining

Strategic Support entry into a new market,

provide a new service, enable a

new product

Competencies
(Skills)

IT skills
IT management quality

Practices
(Routines)

Culture of IT use
Digital transactions
Internet architecture

-~ —_-
e — —— -

Figure 3, Theoretical Model of IT Resources (Aral and Weill, 2007)
We decided to build our theoretical model based on the model presented in figure 3 since we feel that it

provides a good overview of what IT capabilities are in relation to IT resources and IT assets. We also
define big data as an IT resource, a combination of IT assets and IT capabilities.
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2.11.5IT Assets

IT Assets in this sense are based on a framework developed by Weill (1992). The framework was later
extended by Weill and Broadbent (1998). The framework situates IT investments into four different
categories of assets: Infrastructure, transactional, informational and strategic assets.

1. IT infrastructure provides the foundation of shared IT services (servers, networks, desktops, laptops
etc.) which are used by several IT applications (Keen 1991). Infrastructure investments are typically made
to provide a flexible base for future business initiatives and are thus made in anticipation of future
business needs. Infrastructure investments enables new applications and functionality and can be seen as
building blocks in order to create long term improvements (Duncan 1995).

2. Transactional investments are used to reduce costs, automate processes and increase the volume of
business a firm can conduct per unit cost. Order processing, cash withdrawal and other repetitive
transaction processing functions are examples.

3. Informational investments are used to provide information for accounting, managing, reporting and
communicating internally as well as with customers, suppliers and regulators. Sales analysis, decision
support and planning systems are examples of informational investments. By analyzing sales, customer
trends and product reaction it helps managers take better decisions. Aral and Weill (2007) expect
informational investments to tighten reporting, control functions as well as improve data collection and
decision making, thereby reducing costs and identifying new opportunities for revenue generation and
profitability improvements.

4. Strategic investments are used to reposition firms by enabling or supporting entry into a new market or
the development of new products, business processes and services. A successful strategic investment
changes the nature of the product or service. However, it becomes non-strategic if and when competitors
are available to commoditize the capability (Aral and Weill, 2007). An example of this is the ATM in the
banking industry. The ATM completely changed the nature of service delivery and created competitive
advantage for the early adopters (Dos Santos and Peffers, 1995). However when more and more
competitors started adopting it, it became non-strategic and transactional.

2.11.6 IT Capabilities

Aral and Weill (2007) claims that a variety of individual capabilities, practices, and processes may
complement IT; however, they expect systems of practices and competencies working in concert to enable
greater business value. By using prior research and creating case studies they identified a group of
interlocking organizational characteristics that together support firms’ ability to derive value from IT (Aral
and Weill, 2007).

From Nelson and Winter’s (1982) original theories they defined Competencies and Practices as two
fundamental conceptual building blocks useful for identifying characteristics of firms that complement IT
(Aral and Weill, 2007).

Competencies in this sense are skills embodied in employees or groups that actively manage or
accomplish organizational tasks (Prahalad and Hamel, 1990, Dosi et al., 2000). Competencies are
developed through the repeated performance of contextual activities and learning. As individuals and
groups interact with IT for particular purposes, they learn, build skills, and develop competence toward
effective use (Aral and Weill, 2007).
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Practices, in contrast, refer to recurring sets of activities or routines that serve both as a means of
accomplishing organizational tasks and as mechanisms for socially storing and accessing knowledge about
the most effective ways to accomplish those tasks (Cohen and Levinthal 1990).

Practices and competencies support and complement each other. Practices help individuals and groups
develop competence or skill with particular ways of working (Dosi et al. 2000), and skills are necessary
for the effective execution of organizational practices toward specified goals (Nelson and Winter 1982).

Further, competencies in this case are defined to exist across two organizational dimensions. The IT skills
of employees at all levels (both technical and business skills) and IT management competence (Aral and
Weill, 2007). IT, big data and business understanding skills are related to application development,
database administration and networking in relation to business skills (Bekmamedova and Shanks 2014). In
the case of data analytics, skills required include management of unstructured data, text mining, natural
language processing, machine learning and social network analysis (Chen et al., 2012). Moreover
Santhanam & Hartono (2003, p. 4) states “firms that develop an effective IT capability are able to obtain
superior financial performance compared to those who do not develop an effective IT capability.”

An alignment between different areas of the organization such as sales, marketing, product development
and IT are important to gain insights and create value from collected data. Organizations which have
digital work practices ingrained in their employees work routines are more likely to succeed when it
comes to using big data solutions (Aral and Weill, 2007).

IT capabilities: Interlocking systems of

practises and competencies that
complement IT

Practises
(Routines)

Culture of IT use
Digital transactions
Internet architecture

Competencies
(Skills)

IT Skills

IT Management quality

Figure 4, Theoretical Model used for our research. Based on Theoretical Model of IT Resources (Aral and Weill,
2007).

Presented in figure 4 is the final theoretical model we have chosen to base our research on. The model is
based on the IT resources model created by Aral and Weill (2007). The model depicts the important
correlation between competencies and practices which together makes up the IT capabilities of a
company. The model is then applied to get a better overview of what IT capabilities are required to create
value from big data. Since we are mainly focusing on IT capabilities and value creation we have chosen to
exclude IT assets from the model. However we still want to highlight that IT capabilities on its own is not
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enough to show why a company can create value from big data. Therefore we try to remind of the
importance of IT assets in correlation with IT capabilities which together create IT resources.

2.12 Literature Summary

We have presented the most relevant literature we have used and proposed our definition of big data.
Further we present a model showing the definition we have used for the big data process. We also say that
we focus on big data in the corporate context and motivate why. We further present how big data is
changing sales and marketing, what big data management is and give three business examples of how big
data has helped three different companies create value: Starbucks, Chevron and U.S. Xpress.

To gain a better understanding of how big data is affecting business, we present the benefits and
opportunities as well as challenges and risks of big data. We then introduce different big data sources so
the reader can understand the immensity of big data. As our thesis treats value creation of big data, we
have included requirements for success with big data. We further propose the big data strategy and key
terms for success with big data.

As we start to explain why we have chosen our theoretical model, we start by introducing the RBV. The
RBYV works as a ground pillar showing the reader the perspective we apply looking at companies and their
work with big data. Additionally, we give brief definitions of resources, assets and capabilities. This is
done in order for the reader to gain a better understanding of IT resources, IT assets as well as our main
focus; IT capabilities. We also say that we see big data as an IT resource. The finalized theoretical model
we apply in our research is built upon the RBV and the model in figure 3 created by Aral and Weill
(2007). Furthermore we show how the model is connected to the value creation of big data.
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3. Method

In this chapter we will describe and motivate the method that we have used for our preparatory work, data
collection and analysis of our empirical material. We have used Jacobsen’s book ‘Vad, hur och varfor? -
Om metodval i foretagsekonomi och andra samhdllsvetenskapliga dmnen’ to decide how to approach the
data collection of the thesis.

3.1 Data collection method

The goal of an empirical research is to investigate and depict the reality (Jacobsen 2002). To form a
theoretical basis and make an empirical study of it, Jacobsen (2002) talks about the importance of
interviewing the right people. People who have experience and have a good insight regarding the subject.
In order to give a fair judgement and contribute with research of value we deem it of high importance to
get in touch with the right people. To get in touch with the right people we have contacted companies
through phone and email and tried to reach people with different roles in the firms’ big data process.

According to Jacobsen (2002) the two primary methods used while collecting data for a research papers is
either quantitative or qualitative. We chose to use the qualitative method due to the fact that through
interviews we can get achieve a deeper understanding of the capabilities required for extracting value from
big data instead of just a general overview. In order to achieve a deeper understanding, it is important for
us to be able to adapt our questions to the answers they provide instead of sending out a pre-set
guestionnaire.

Jacobsen (2002) describes that it is important to have some kind of structure while designing the interview
guide. Having a structure facilitates the analysis of the collected data. We tried to form the interview guide
in a manner that allows us to have an open conversation where the interviewees can voice their own
opinions. Through the interviews we wanted to create an empirical foundation from which we could easily
compare and analyze the results.

3.2 Company and participant selection

The selection of companies is based on industries that actively use big data as part of their daily
operations. We have focused on companies with customer-oriented operations. Customer-oriented
companies have a great interest in collecting data about their current and potential customers. The
companies we have chosen either benefit directly from big data or have the opportunities to benefit from
big data solutions. All companies chosen have a strong connection to IT, data collection and analysis.

Softhouse

Softhouse is a consulting firm that was founded in 1996 and is today one of the leading companies in the
IT industry in Scandinavia. Softhouse has about 200 employees and their area of expertise lies in Lean and
Agile methodologies. The company has an impressive history of constant growth and has also won several
awards. The Travel Planner in Skanetrafiken is one of many products that Softhouse has developed. At
Softhouse every customer has a salesperson who reports the data of customer relations, customer visits
etc. This data makes it possible for decision-makers to see who is on their budget and who is not. Every
month, business reports are made from the collected data by IT personnel. These reports are then shown to
the business people as an overview from which they can get important insights and take better decisions.

Avensia

Avensia is a leading company within the field of e-commerce. They deliver complete so called Omni-
Channel (e-commerce) solutions to companies with high demands. Sales statistics, order history, customer
behavior, customer statistics, segment statistics and logistics flow. These and more are what Avensia

26



Big Data IT Capabilities Rasch Skogh and Karlsson

collects for their customers. Afterwards, they form their e-commerce websites from these different results
and trends found. Of all the millions of customers that visit the different sites, they track every single one.
Consumers’ mouse clicks leading them to the website, what they have shown interest for, what they put in
the shopping cart, what they bought and what they looked at are other examples of data that is collected.
This is then used to optimize every individual customer's web site experience by comparison with other
former customers. The customer experience is continuously improved by adjustments in real time. This
kind of collection is automated, however the process of binding together and then analyzing the results is
semi-automatic. Lastly when the analytics are done, targeted campaigns and other similar actions can be
made from the collected insights and trends found.

King

King is a marketing firm known for working with some of the strongest brands of Sweden. They are
mostly known for their impressive, creative and hilarious TV-commercials. King gets hired from
customers who want better communication. What King does is to tell their customer what their target
market looks like, which competitors they have and how those work and act. Further they explain who
their consumers are, how they work and act, this is their perception of the brand, these are the current
trends and so on. “If a customer wants to talk about meat we will do an analysis to figure out how the
competitors are talking about it. Then we might find a possibility to talk about it in a different way, or
perhaps all the customers have recently watched Cowspiracy and do not want to talk about meat at all.
Then perhaps you should address it a completely different way, who knows...” (Line 25, Appendix 6).

Lundalogik

Lundalogik is one of the top CRM-providers in Scandinavia. They have three products, all within the area
of sales and CRM. Internally they are collecting data from all the Nordic companies and their contact
persons. They have a system that keeps track and updates the contact details of all the companies’ decision
makers every day. These big chunks of data is being used in order to find new potential customers.

Styleport

Styleport is a freshly started e-commerce company that has yet to present its first annual report. With only
a few employees their work with big data is still modest. As far as data goes they are currently only
working with their customers phone numbers and mail addresses to send newsletters. However they plan
to implement big data solutions in the near future which is why we considered it interesting to include
them in our research.

3.2.1 Participants

As we wanted a holistic perspective of the big data process we looked for interviewees with varying roles
connected to the companies’ work with big data. Our target roles have been: CEOs, CIOs, head of
marketing and data analysts. Since all the companies have a strong connection to IT, all the interviewees
have been IT savvy. Due to the relatively small size of the companies some of the interviewees has held
several titles. The CEOs interviewed serves a multi-functional purpose where they also act as ClO or as a
head of marketing. The planner was interviewed due to the fact that he also had the same role as a data
analyst of his company. We chose to interview data analysts in order to get a better understanding of how
the data is used and how the communication between the analysts and the decision maker works.
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Company Line of Business | Employees Revenue(SEK) Position
Softhouse IT-consulting 173 186 millions Data analyst
Avensia E-commerce 73 112 millions CEO

King Advertising 30 130 millions Planner
Lundalogik CRM-systems 165 127 millions Deputy CEO
Styleport E-commerce N/A N/A CEO

Table 2, Companies interviewed

3.3 Conducting the interviews

The interviews have been conducted through phone. The fact that the phone interviews are less personal
does not have to be a bad thing. According to Jacobsen (2002) a phone interview can reduce the
interviewer effect (Groves & Kahn 1979). The interviewer effect implies that the physical presence of the
interviewer can cause the interviewee to act abnormal. The interviewee can observe the interviewer's
facial expression, body language etc. If the interviewee for example notices that the interviewer reacts in a
certain way after an answer or is bored, the interviewee can adjust their answers accordingly and cause the
interview to become less open (Jacobsen 2002).

All the conducted interviews have been recorded digitally. This has been done in order to ensure that no
information is lost. Having all the interviews transcribed word for word will facilitate the analysis of our
data.

3.3.1 Interview guide

The interview guide we created has been designed to facilitate the analysis of the collected data and to
allow us to gain a deeper insight. It is important to have some kind of pre-structure of the interview in
order to cover all the aspects that we want to research (Jacobsen, 2002). Jacobsen also states that without
any kind of structure of the interview it is easy to miss important subjects or not get the most out of the
answers from the interviewee. However having a too strict structure could result in loss of valuable data if
the interviewee is not allowed to speak freely (Jacobsen, 2002).

Following Jacobsen’s advice we created a semi-structured interview guide with space for open talk and
follow-up questions. We have started with easy questions like letting the interviewee explain their work
role. As the interviewee became more comfortable we started asking the bigger and more complex
guestions. According to Jacobsen (2002), starting with complex questions might result in the person
giving less informative answers and it might also affect the flow of the remainder of the interview.

We based our interview questions of the theoretical model presented in figure 4. During the interviews our
main focus has been to investigate what IT capabilities the companies have and how they are utilized in
the work with big data. We have tried to investigate if the companies have the resources to handle their
data efficiently. Furthermore we want to get a picture of what value potential the companies see in big
data.

In regards to our interview questions we have chosen to focus on two main areas: IT capabilities and value

creation of big data. We also chose to include questions regarding company background and the
interviewees’ background. The purpose of our background questions is to achieve an understanding of
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how the company works with big data and why they chose to start working with it. We also included a few
guestions about IT assets since it is still a vital part of the value creation of big data. The purpose of those
questions is to give us a better understanding of the correlation between IT assets and IT capabilities.

Most of our questions have covered our two main topics. The questions were also designed based on the
research presented in our literature review. Since we used a semi-structured interview guide, the questions
differed slightly between the different companies as we asked several follow-up questions based on the
interviewees’ answers. Our goal has been to formulate questions in relation to answering our research
guestion: What IT capabilities does a company need in order to create value from big data? We see the
big data process as an IT capability since we define it as an alignment of competencies and practices. We
have investigated what IT competencies are required from different key roles in the big data process since
this is one of our main definitions of an IT capability. Furthermore the questions are designed to
investigate the opportunities big data has opened up for organizations.

3.4 Data Analysis

The process of analyzing the collected empirical data consists of the phases; description, systematization
and categorization as well as combination (Jacobsen 2002).

Description: As a researcher it is important to get as thorough and detailed description of the data as
possible, without spoiling it with our own input.

Systematization and categorization: The next phase is to systemize the information and to create an
overall perspective in order to make it easier to understand.

Combination: When the data has been systemized it is time to interpret the data and try to find
commonalities which we can derive conclusions from.

In a qualitative research the three phases are not sequential. It is possible to plan, conduct interviews,
make observations and analyze them and then go back to the planning phase to adjust the setup (Jacobsen,
2002). According to Jacobsen (2002) this facilitates an iterative process of adjusting our method to the
accumulated knowledge gained from the research process. We have chosen to use this approach as it
makes us more agile. After every interview we revised our questions and adjusted them to our acquired
knowledge; removing redundant questions and adding new ones that will help us better depict the reality.
Although after the two first interviews there were only minor changes to our interview guide. In order to
not miss out on any important data we made sure to contact the two first interviewees and complement
with our additional questions.

The description of the collected data was done through transcription of the recorded interview. In order to
get as much data as possible out of the interviewees we have been asking follow-up questions when we
felt that we needed more data to get a correct understanding of the situation. During the interviews we
have both been asking the questions to complement each other and to allow both to get a complete
understanding of the data. After finishing the transcriptions we have emailed them to the interviewees in
order to ensure that they are correct and that we do not expose any sensitive information.

In the phase of Systematization and categorization we structured and compared the collected data. We
structured the data in different categories, Background, IT capabilities, Value creation and IT assets.
These categories are based on our general questions in order to get a better overview. With the overview
we could derive the commonalities and try to make out patterns.

In the analysis phase of combination we looked at the categories and tried to find commonalities and
discrepancies in the data. When looking at the structured data we were able to find the more subtle
information and draw conclusions from it. We also used quotes from our interviewees that would give the
thesis more color and further strengthen our conclusion.
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3.5 Research Quality

We have tried to ensure a high data quality throughout our research. In order to keep a high data quality it
is important that the thesis and its conclusions becomes subjects to critical review (Jacobsen 2002). To
ensure the quality of the thesis we have tried to take into account the validity and reliability of the study.

3.5.1 Validity

There are two different types of validity; internal and external (Jacobsen 2002). The internal validity
focuses on the validity of the resource; if the description of the phenomenon is valid (Jacobsen 2002). It
practically means that a description only is valid if multiple individuals agree on the description, the more
that agrees on it, the likelier that it is valid (Jacobsen 2002). We have made sure that the conclusions that
we have drawn have been cross-referenced with our interviewees and previous literature. By sending the
transcriptions back to the interviewees we also give them the opportunity to point out any information that
has been misinterpreted by us, further increasing the validity.

While the internal validity is about describing a phenomenon in a correct way; the external validity is
more about determining to what extent the observations from the research can be generalized (Jacobsen
2002). The purpose of qualitative methods is not to draw a general conclusion from a select group and
apply it to a broader spectrum of people. The purpose is rather to understand and deepen concepts and
phenomenons (Jacobsen 2002). Since our research only includes data from a few select entities; we are not
able to perform any big generalizations. However we have found patterns and similarities from our data
which might be subject to future quantitative studies.

3.5.2 Reliability

Another aspect of ensuring the quality of the research is to investigate how reliable the gathered data is.
According to Jacobsen (2002) it is important to critically examine a few different effects in order to
determine the reliability of the study.

The first effect to consider is the interviewer effect; which means that the interviewee is affected by the
interviewer. The interviewee is influenced by clothes, body language and how the interviewer speaks. This
could have an impact on how the interviewee chooses to answer the questions (Jacobsen 2002). Through
having all interviews over phone we reduce the impact of the interviewer effect but we still had to be
mindful of how we chose to phrase ourselves in order to not distract the interviewee.

The second effect to consider is the context effect; which according to Jacobsen (2002) describes the
effect as to what kind of dimensions of the context that could impact the results. There are two kinds of
context effects, artificial and natural. An artificial context means that the interview is conducted in a
context that is unusual for the interviewee, while the natural context means that the interview is conducted
in a familiar environment. We have tried to neglect the effects of the context effect as much as possible.
By having all the interviews conducted through telephone, the interviewees have been able to choose their
own environment. We have also been flexible upon deciding when to perform the interviews in order for
the interviewee to be in a comfortable context. Before every interview we have sent the general questions
to prepare the interview of what is coming.

Besides from these two effects there is a third final threat to the reliability of the thesis, lack of attention
from the interviewers during the interviews (Jacobsen 2002). This means that the data provided by the
interviewees has not been recorded completely and could thus be misleading the derived conclusions from
the research. To avert this we have asked our interviewees of their permission to digitally record the
interview and clearly informed them of what the data is going to be used for. By having the data recorded
digitally we did not have to rely on our brain capacity and our written notes to ensure that no significant
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data is lost. However we still had to stay alert in order to ask relevant questions and get as much as
possible out of the interview.

3.5.3 Ethics

When performing a research there are several ethical aspects to take account for. As explained earlier, the
reliability of the research could be threatened by people knowing that they are being observed. The
interviewees could be acting and answering different from how they normally would in order to satisfy the
interviewers or to hide their true self (Jacobsen 2002). Jacobsen (2002) states that there are three basic
requirements which a research should satisfy: informed consent, demand on confidentiality and privacy
and demand of an accurate review.

The basis of informed consent is that the interviewee is willingly participating in the research and that the
participant knows about all the gains and risks that participation would entail (Jacobsen 2002). One of the
factors that might impact the volunteering of the interviewee could be that for example a coworker
pressures the interviewee to perform the interview instead of doing it himself. Another factor that
Jacobsen (2002) brings up is to provide the interviewee with sufficient information about the research; its
purpose, what pros and cons the study might bring for the interviewee and how the data is going to be
used. While contacting the interviewees we have explained our subject and the purpose of our study.
When they agree to perform an interview we have sent them some of the general questions and informed
them of how the data will be used. This way the interviewee can make sure that he is the right person for
the interview and that he has the right competence to answer our question based on practical experience.

The demand on confidentiality and privacy is another requirement that is just as important as the informed
consent. It is important for us as interviewers to not encroach on the interviewees’ personal space or that
we disclose any sensitive information about the company. The interviews that we have conducted have not
been focused on the specific person or the specific company that we are interviewing. Therefore we have
not been interested in specific sensitive data. We have still been meticulous to not expose any data that the
interviewee does not want exposed and to anonymize any data that could be sensitive. Since the transcripts
have been sent to the interviewees we could make sure that we do not expose anything that they do not
want exposed.

The last requirement is the demand of an accurate review. It is important that the collected data is
correctly represented in transcriptions, that it is not taken out of context or misrepresented (Jacobsen
2002). To make sure that we have not represented the data in an inaccurate manner we have given the
interviewees an opportunity to read through our transcriptions. The transcriptions are also put as appendix
at the end of the thesis to ensure that the data can be put in its correct context.
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4. Results

This part of the research paper will present the results. The interviews we performed covered two main
areas; IT capabilities and Value creation of big data. Furthermore IT capabilities have been divided into
two subheads shown in the theoretical model used; Competencies and Practices. The results will be
presented within each associated area.

4.1 IT capabilities

4.1.1 Competencies

Competencies
(Skills)

IT Skills

IT Management quality

Figure 5, The competencies derived from the theoretical model.

From the data analyst’s own experiences, the customers have described their data as black holes before
implementing data visualization solutions. It was impossible for them to get a good overview of their
company. The customers of the data analyst do not always trust the data either, they tell themselves that
there must have been an error in the collection process. This shows how important IT competencies
actually are. One of the examples we found most interesting from the data analyst was regarding a
production company where the data analyst had created a data visualization application. In the application
it was revealed that there were 100 000 performed tests on the products instead of the supposed 10 000.
While analyzing the data they found out that the same tests were run over and over again in their China
factory. By further analyzing the case it turned out that the executives in China got bigger bonuses in
relation to how many tests they had performed so they had just copied the same test cases every week in
order to receive a bigger bonus. Obviously this led to big process changes for that specific factory and
helped the company save both time and money.

The ability to understand the data and knowing what to do with it requires strong teams with different
types of expertise. The data analyst expresses that there are companies not being able to utilize the data
they gather because of a lack in digital competence. The big data process looks different for different
companies. The data analyst’s regular customers describes their core business, processes and their
problem and it is then up to the data analyst to understand what is important, what can be improved and
what kind of data should be gathered. Afterwards it is up to the data analyst to create a relevant data model
and the scripts needed to visualize the data. The data analyst from Softhouse expresses how the big data
process would be optimized if the customer would have a better digital understanding and be able to ask
the right questions from the start. He also expresses how every part of the process is equally important.

In regards to digital competence, the data analyst further explains that the GUI must be user friendly and
intuitive. If a manual is needed for a business user to understand, then you have failed. Most often it
comes down to if the users are experienced with the data visualization tool. If they are experienced there
are usually no problems and they are able to look about on their own. Education is key he means, it builds
up both the interest and the necessary competence to utilize the big data results. On the other hand, the
tools that the business people use cannot do any real harm since they only display results, no manipulation
of the collected data is involved. “The dream user is well versed with his data and knows from the start
the questions he want to have answered” (Line 176, Appendix 3).
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To interpret and draw conclusions from big data is a complex activity. As the person making the demands,
it is important to have a clarity of what questions are going to be asked and what will be done with the
answers, an interviewee claims. In order to know what data should be collected, strong knowledge of your
company is needed. However one of the CEOs states, once you start collecting, you will learn
continuously which data is interesting and which is not. From that point on, you start collecting and
mining in a smart way. Avensia has learnt from years of experience with big data how to address different
types of companies since their behavior is similar. Their digital competence has grown over time and is
now at a point where they feel comfortable. However when they get a new customer with a rare product or
business model, they feel that they have to learn together with the customer in order to build their website.
Everything comes with experience he claims. “Big things, common behaviors and big trends we know of
(...) but with a changing environment and constantly new technologies we have to adapt and learn” (Line
116, Appendix 5).

King do not have the manpower (IT capabilities) nor the tools (IT assets) to internally gather big data.
Instead they take part of their customers’ collected data. Many times they have to ask their customers
about specific data. Other times the customers themselves send over the data they think is relevant. King
will thereafter work together with the customer to find the important parameters to filter the data in order
to gain insights. The interviewee states that the problem is that the data they get only gives them a look in
real time and no real insights. King is still in a phase where they feel that they are too small to hire a data
analyst. Instead for now, the planners are taking care of all the data processing. It takes strong cooperation
between planners and the customers in order to make sense of the data. However the interviewee also says
that even though it requires more digital competence to gain value from big data, he also believes that the
tools for analyzing big data will get better and easier to use. “Regarding production and analysis of digital
data we have a lot more to learn and if there is anybody selling that kind of education it would be of great
value to King.” (Line 178, Appendix 6).

The interviewee does not think that King is in a position right now where they are able to hire a data
analyst but they understand that it can be valuable in the near future. The interviewee believes that the
digital competency that King has right now is enough since the amount of data they are working with at
the moment is relatively small. But with time, the amount of data will increase and they will need an
improved data competency.

The collection of these kinds of data is not free. That is one of the biggest reasons why King is not
collecting on their own, the interviewee explains. King has a consumer panel consisting of 400 people
which they retrieve data from. However this is nothing in comparison to the databases of for example
ICA, containing data about every consumer who ever bought groceries.

A factor regarding IT competency that also needs to be accounted for is the structure of data. The data
needs to be structured enough to be informative and organized enough to make the data searchable. The
collected data may differ from each other and be structured in different ways. For example data collected
from businesses in Norway and Sweden may both contain the same records but the data from Norway is
structured into intervals while the data from Sweden is in absolute numbers. The interviewee explains the
process of ensuring the quality of the data where they first conduct a couple of different machine tests on
the data to make sure that it is imported correctly. They also have spot-checks and manual checks on the
data to see if it looks reasonable. Having to manually check or structure the data puts demands on the
competency of the employees. One little error might lead to dire consequences. Our interviewee brings up
an example of a car insurance company that made a mass send out to all of their customers. They
somehow managed to move one cell one line down. The mass send out resulted in people getting mail
where none of the addresses corresponded with the identification numbers, all of that just because the cells
had moved one line. Even though this example was based on a mistake it still shows the importance of
having the right competency to handle the data.
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Outsourcing

With the vast amount of data out there it might be hard for small businesses to make sense of the data on
their own. It might instead be better to invest resources in external actors who can assist with picking out
the right information and structure it. Let the external actor take notes of what questions that need answers
and package it in a way that allows your company to make sense out of it. In the collection process, not
much digital competency is required since most of it is automatic. However without the ability to analyze
the collection, problems would obviously arise without the right digital competence.

4.1.2 Practices

Practises
(Routines)

Culture of IT use
Digital transactions
Internet architecture

Figure 6, The practices derived from the theoretical model

An interviewee states that if the management team has to keep an open mind towards new trends then you
got to have a culture that is assenting. A company cannot have a culture which treats every new trend as
something interim that will be gone soon. Companies need a culture which is based on curiosity.

One of our interviewees further states that in order to utilize big data, a company needs a culture which is
ready for change. If people feel uncomfortable with changes and have a negative attitude towards sudden
changes, they will have a hard time working with big data. Furthermore the interviewee highlights the
importance of understanding that changes are happening and that the new generations who are
comfortable in this constant changing and fast-paced environment will have an advantage. There may also
be organizations out there understanding that something has to be done to adapt to this new environment.
But they have difficulties assimilating what is required from them. The interviewee from King believes
that big data will continue to grow and that King are adjusting more and more into a more data-driven
decision making culture to better respond to the growth of big data.

Another factor that has become increasingly important in order to utilize big data is that the manager has
to be more “metrics driven”. Today it is harder to base a decision on pure intuition or gut feeling. The
interviewee from Lundalogik states: “My job has gone from being very intuitive to being completely data
driven”. (Line 257, Appendix 4). Companies utilizing big data, bases their decisions on analysis of the
data where they can predict the outcomes of their investments. This might be something many businesses
will learn the hard way.

According to one of the CEOs it has become increasingly important for managers to keep an open mind. It
is further important to understand that if you are lacking the right competency yourself, then you have to
procure the right resources and put faith in the personnel who make those decisions. Lundalogik has for
instance over the last few years changed their job specification radically for their employees in the
marketing department. Nowadays they hire data analysts, engineers and system scientists where they
previously hired people who were creative and good at writing. They still keep the creative people, but
they are supplemented by data analysts, who work full time with analyzing patterns from the data. A big
part of their marketing is based on creating relevant content, which puts higher demand on producing valid
content in a website for instance. A lot of the data collected is used to discover patterns and if you are in a
manager position then it becomes of high importance that you can motivate your choices. You have to be
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able to motivate hiring an engineer to work at the marketing department as a data analyst. This puts
demand on an open minded management group so they can see the relevancy and the potential of added
value from the appointment.

One of the CEOs explains how they respect integrity: In regards to personal integrity, the customers are in
a way anonymous. Everything is collected through cookies so most information is just connected to an
anonymous cookie. “If the cookie has acted this way, then we should treat it like this other cookie with the
same previous behavior ”. (Line 35, Appendix 5) Further there is always the availability to visit the
website in incognito-mode where the user can stay completely anonymous. The CEO also explains the
importance of having a culture of IT use that shows respect for personal integrity, you do not want the
customer to feel that his privacy is violated in any way.

4.2 Value creation

Big corporations have always been able to afford to work with data analysis in order to find out where
their frequency is and what potential they have. Smaller businesses on the other hand have always
believed that it is too expensive, that they do not have time or that they do not believe that they need data
analysis one of the CEOs claim. With today’s big data tools this is not necessarily true, but there are too
few businesses who realize the potential of the data the CEO tells us.

4.2.1 How big data creates value for organizations

Avensia were quick to introduce the big data way of working. In 2010-2011 Avensia were one of the first
to work with personalization and collection of customer behavior which in their case led to competitive
advantage. In the beginning their customers were skeptical about collecting this kind of data from
customers and could not see the point of doing it. They were not able to understand the possibilities of
segmenting websites on a personal level or from customer trends found. A classic segmentation is the
statement that women in their fifties shop different than men in their thirties, the introduction of big data
however made it possible to go down on personal levels. The new statement is that customers with similar
behaviors are interested in similar products. Without enough data collection it is not possible to work on
such personal levels. The CEO tells us that it was a hard task in the early stages of the big data era to
convince customers why they should collect as much data as they are doing today.

The CEO of Avensia feels that using big data and collecting information about customers is a win-win
situation. “As a customer you want relevant information and the ability to find what you are looking for
fast, I would be irritated if the site would forget about me.” (Line 45, Appendix 5). From the business
perspective, it is a huge advantage to be able to collect all this data. If the website is not able to show the
right products the first times the customers visit, the customer will go somewhere else.

Another case that was presented to us shows how big data in the form of GPS monitors has led to new
business opportunities. We were shown how a relatively new company had emerged with the business
idea of putting GPS monitors on trains in order to see how they are moving. Since there might be cargo
which is sensitive to certain conditions like becoming heated or chilled, the company also provides
temperature monitors. Furthermore the monitors gather information regarding rough braking, collisions
and other occurrences that should not happen. The company then provides the customer with all this data
in real time and makes it possible for them to optimize routes and strategically place cargo etc.

“Big data helps us with our creative deliveries” (Line 98, Appendix 6). The interviewee from King tells
us how they formed a tourist campaign based on gathered GPS-data for one of their customers. The
customer which is a service-based company has gathered enormous amounts of data over the years of their
cars driving patterns. King used this collected data and formed a campaign targeting tourists visiting
Stockholm. By looking at the data, King found out where most pick-ups and drop-offs are. Thereafter they
used this data to find out where people actually were heading and created a tourist guide based on where
Stockholmers had been going, connected to google maps.
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4.2.2 Value opportunities

The CEO of Avensia states that the big data possibilities are endless, but there are some problems in the
way. Firstly they would want to collect data from all of their customers and in turn all of their customers’
customers. However there are legal issues with collecting from a third party. Secondly they are interested
in collecting aggregated information across client boundaries. “This would help us maximize sales for our
customers”. (Line 136, Appendix 5). The issue is that the end users have not expressed consent with
sharing their information to a third party. So there are legal issues stopping Avensia, but the CEO claims
that there is enormous potential from collecting customer data as well as behavior data and that it really
would drive Avensia forward.

He also believes that there are endless opportunities for e-commerce with big data. “7Today e-commerce is
a strong salesman, however in the future, e-commerce will be stronger than any other human

salesman “(Line 167, Appendix 5). This is because e-commerce knows everything about the customer and
can therefore present the most relevant products and treat the customer the way the customer wants to be
treated. E-commerce will be taken further than any human salesman ever will be able to. The CEO of
Avensia further claims that only 1% at most of the collected data is used to gain insights. “I¢ is extremely
underused when you think of all the possible conclusions you can get from big data.” (Line 99, Appendix
5). The big players have sold big data solutions for a long time, but the companies still have a long way to
go to figure out what to do with big data.

Our interviewee from Styleport considers the analysis of customer data as one of the biggest opportunities
with big data. By analyzing data, the company can find patterns and connect them to time periods and thus
anticipate upcoming trends. However, companies also need to look at what the customers do not purchase,
what they are curious of but choose not to proceed with. The company could then try to get an
understanding of what factor made the customer change their mind and create a solution for it.

For Styleport, the first step is to increase their knowledge about their current customers. The ones that
already bought products or visited the website. They feel that they are still too small to consider working
with big data. However the interviewee expresses the possibilities in the future, especially to improve the
customer experience with more personalized help.

For King, it is common that there are complicated and complex databases which are not open for them.
Instead the interviewee tells us that they have to ask their customers for certain parts of the data. He feels
that King would greatly benefit from getting access to more data although more digital competency is
probably needed.

4.2.3 Big data and marketing

The Deputy CEO tells us how Lundalogik works with analysis of all their in-flows of data. In order to find
new prospects they try to analyze the user-behavior on their website by using cookies. They collect data
on what pages the user has visited, when they did it and how much time was spent on each page. By
analyzing these patterns they can cross reference the data with the collected company data to see if the
user matches their customer profile. Another technology used to find new customers is machine learning.
With machine learning they try to make predictions based on the patterns how probable it is that the user
will become a customer or not. In the end all the parameters are put together into a value which states how
hot the lead is.

Another way big data is used is in Programmatic marketing. The ability for companies to automatically
market themselves online where their consumers are moving. The interviewee claims that it surely is
highly effective if you want to spread information to a targeted market. The amount of available data is
growing continuously and there are more insights to be found. At the same time there are more behaviors
and hypotheses to confirm. The interviewee claims that big data has helped King to reach their goals in an
earlier stage of the process and made it easier to address the correct target group.
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5. Discussion

In this section we discuss and reflect upon the results we have acquired from our empirical research and
link them to the theoretical framework presented in the literature review.

5.1 IT Capabilities

5.1.1 Competencies

Among the companies that participated in our study, there is a mutual conviction that there is a lack in
digital competence in several companies and fields. They all agree that the lack reduce the ability to utilize
big data. Regarding IT competency our results have shown us the importance of management being able
to ask the right questions. Gao et al. (2015) calls this the involvement of “the right people”. As we got to
interview different key players in the big data process we got to see the importance from different
perspectives. It is important to have a clarity of what questions are going to be asked and what will be
done with the answers. In order to know what data should be collected, strong knowledge of the company
is indeed needed. Our interviewees believe in the creation of what Gao et al. (2015) calls “the right
people” through education and experience. Avensia have created and gained relevant IT competencies
through working with several similar customers and discovered certain trends and best practices. The
importance of management asking the right questions was made especially clear from the data analyst as
the big data process then would be optimized from the start.

In big data projects, we understood from the data analyst’s perspective that a strong team is required. One
single data analyst can provide insights but to achieve more value from big data, a stronger team is
required. As we gained this insight, we found it to be in line with what Sicular (2012) previously had
found in her research. The strongest results are gained while having a multidisciplinary analysis team with
a wide range of different expertises. According to Chen et al. (2012) the skills required include
management of unstructured data, text mining, natural language processing, machine learning and social
network analysis. However, data analysts are expensive and therefore a Return On Investment analysis
might be in place. More than one data analyst might be beneficial depending on the size of the project.

For Smaller companies, the first step might be to increase their knowledge about their current customers.
The ones that already bought products or visited the website. Perhaps they feel too small to consider
working with big data. However the interviewee from Styleport expresses the possibilities in the future,
especially to improve the customer experience with more personalized help.

5.1.2 Practices

Having a corporate culture that facilitates changes and keeps an open mind toward new trends is
something that several of our interviewees have brought up. This is also something that Gao et al. (2015)
brings up when they speak about big data projects. The authors also highlight that in order to work with
big data, the project group needs to be flexible and quickly able to adapt and react to sudden changes in
the environment. Another interviewee brings up the importance of organizations understanding that
changes are happening, which further reinforces the theory of having a culture that keeps the employees
comfortable with constant changes. The importance of having an open culture could be derived from the
rapid development of new technologies and practices in the business environment. Big data is just one of
these technologies but implementing a big data solution provides some major changes for companies.

Another trend amongst our interviewees seem to be the transaction from intuition based decision making
to a more data driven decision making. A clear example of this is the marketing department of Lundalogik
where they have gone from hiring creative people to instead use data analysts to market themselves. It
seems that it is no longer sufficient to base your decisions on intuition alone if you want to stay
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competitive. This statement is in line with Watson (2014) where he talks about the positive relationship
between data-driven decision making, organizational performance and competitive position. With such
vast amounts of data available it is hard to compete with competitors that is able to analyze their
customers’ behavior and better predict upcoming trends. Watson (2014) further reinforces that it is
necessary for organizations to base their decision on facts in order to gain value from big data. To better
utilize the facts gained from the data analytics, companies would benefit from a data driven decision-
making culture. The Deputy CEO of Lundalogik further emphasizes the importance of being able to
motivate decisions to stakeholders. Using big data solutions provides facts that further strengthen
propositions. Big data solutions with a data driven decision making culture could thus lead to increased
adaptability and competitive advantage.

Besides an open minded and data driven culture it could also be beneficial for companies to have a culture
that facilitates a respectful approach to integrity and ethics. Given all the data that is collected, there is
always a chance for infringement on people's personal integrity. Therefore it is important for companies to
work on their culture of IT use and how data is handled as to not get into legal trouble or accidentally
expose sensitive information. Sicular (2012) argues about the importance of including legal experts in big
data projects from the start. Having a clearly defined legal framework from the start may allow
organizations to avoid hassle or lost profit through ethical, security or legal issues regarding big data.

In Aral and Weill’s (2014) theoretical model of IT resources displayed in figure 4, there are three different
types of practices presented; Culture of IT use, Digital transactions and Internet architecture. During our
empirical research we have found that our interviewees almost solely talk about the culture of the
company as a practice needed to create value from big data. This might be because most of our
interviewees have been CEOs and as a CEO you tend to have a holistic approach to running the business.
Seeing the organization as an entity where you have to get all the employees working in the same
direction towards a common goal, the culture becomes a core practice. The systems for digital transactions
and internet architecture are material resources which can be procured as long as there is financial support
for it. The culture is a more intricate matter which cannot be procured through financial means which
might be why the CEOs emphasize the importance of having the right culture in order to create value from
big data.

Aligning the management and organizational culture in order to leverage from new insights gained is
something that Gao et al. (2015) and Aral and Weill (2007) remarks on. According to them, this will help
the organization to utilize the full potential of big data and we find this to be in line with our findings. A
constantly changing environment further requires an alignment of several business areas in order to stay
flexible and ready for changes based on insights gained.

5.3 Value creation

All interviewees agree that using big data solutions creates win-win situations, meaning that it is
beneficial for the company as well as the customers. However one of the interviewees mentions that there
are extreme cases where the customer might become offended. All companies interviewed are also
expressing future opportunities with big data. Watson (2014) claims that companies need a proper
alignment of technology, people and processes in order to succeed with big data. The interviewees seem to
understand the importance of alignment, the best example being Lundalogik as they are now single
handedly hiring data analysts to their marketing division. Another important factor to note in regards to
alignment is business culture. A trend found from our studies is that all interviewees speak of a data driven
decision making culture, even though they might not use the exact same term for it.

We also found out from our studies that companies have a hard time utilizing the full potential of big data.
The CEO of Avensia believes that only 1% of all data that is collected is used to gain insights, meaning
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that it is extremely underused. Smaller businesses find big data projects expensive but one of our
interviewees believes that the smaller businesses find it expensive because they are not able to see the
return on investment. This is in line with Watson’s (2014) opinion that the business users don’t need full
understanding of all the technology but they do need to understand the possibilities of big data. We
believe that this is connected to a lack of digital competence and being able to understand what big data
actually enables for companies.

From our studies we tend to agree with the claim that “big data is the most transformative paradigm to hit
sales and marketing teams since the advent of the telephone ” (Hollison, 2015, p. 1). We can see that
companies are moving into a new decision making culture which involves a trust of collected data. By
looking at current customers, companies are able to identify value creating information. With the use of
big data, managers are now able to understand who their customers really are. Everything from what they
usually eat, what clothes they like to wear and where they like to go on vacation is now collectable. By
understanding this, companies are better able to customize their products to fulfill the needs of their
paying customers. Furthermore new market segments become targetable and therefore enabling a larger
customer base through smart marketing. Online marketing simplifies targeting the right demography. Age,
area and similar interests are key values that now are selectable for the marketeer.

To really understand the customer’s needs and behavior is a necessity in order to create a good product. A
solid target group analysis is a good basis for creating a good product, big data can be used and analyzed
to create the target group analysis. Even if there are clear goals defined by the business from perhaps
effect mapping, the product will not be effective if it does not meet the target group’s needs.
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6. Conclusion

Having the Resource Based view applied as proposed, IT capabilities are defined as an important
correlation between competencies and practices. IT capabilities do not solely create sustained competitive
advantage. Instead they work as a complementary and can be seen as a piece of the puzzle showing a
company’s resources.

The research question that was initially presented in this thesis was;
e What IT capabilities does a company need in order to create value from big data?

Our empirical research shows that there is a new culture arising with the big data era. Decision makers are
moving into a more data-driven decision making culture. Big data is complex especially in accordance
with gaining insights and value. Strong teams with different sets of specialties are required in order to
fully utilize and gain value from big data. Furthermore it is important that the people involved are flexible
and able to trust the data.

Buying a product today involves sharing intimate details regarding consumption patterns with retailers. A
large part of the retailers will use this information in regards to optimizing their products, stores,
customized offers or target segment. For businesses to strive in the future, we recommend managers to
learn how big data can create value. A strong technology competency is not necessarily required, however
an understanding of the value creation is important to stay competitive. Data scientists are employed for
this exact reason, finding valuable strategic insights having the required and relevant IT competency.
Furthermore it is important to understand that just collecting data does not create any value in itself, the
value can be created through proper analytics and data-driven decision making.

Big data has enabled personalization with the broad collection of customer behavior. Classic customer
segmentation, meaning the ability to state that one specific group of people shop differently than another
group is now being replaced by personalization. Big data is making personalization possible, meaning that
the customer will always get a unique experience based on his or her preferences. Furthermore, big data is
now enabling the creation of the strongest salesman of the future, e-commerce. The statement is quite
simple really; customers with similar behaviors are interested in similar products.

Another important factor is the data driven decision making culture. However without the right
competencies from decision makers, the data could easily be misinterpreted and conclusions could be
wrongfully derived. In order to gain relevant competencies and being able to achieve a successful culture,
experience and education is key.

Ways of collecting data are expanding continuously. From our research we believe that some companies,
perhaps with more traditional forms of management, do not understand how insights gained from social
media, internet habits and other collectable data can create value for a business. The ability to use this
complex data in order to create value is a big potential for businesses worldwide.
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7. Appendix

Appendix 1 - Interview Guide

Background
e Role and background of interviewee
e Current work with big data
e Reason for implementing a big data solution
e How their work has changed with the big data era

IT capabilities

e What IT competencies are required from a decision maker / analyst to utilize big data
What the big data process looks like
Requirements for answering relevant questions in relation to data driven decision making
The required IT competencies for an organization to gain value from big data
How the corporate culture affects the work with big data

Value creation
e How big data creates value for their organization
If and how they use big data for marketing purposes
If big data has led to increased customer satisfaction
What opportunities has big data enabled for decision makers
The correlation between IT competence and value creation of big data

IT assets
e The tools required to gain insights from big data
e Importance of data visualization
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Appendix 2 — Styleport

Interview by: Phone
Position: CEO
Date: 2016-05-09

M = Mattias
V = Viktor

- Start of interview

Rasch Skogh and Karlsson
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M: Beratta om din arbetsroll
Min arbetsroll r att jag &r bade &gare och ansvarig for foretaget. Vi ar ett litet foretag och jag gor det
mesta har. Vi dr an sa lange pyttesma och haller pa att starta igang.

M: Hur vill du se att ni ska jobba med big data i framtiden for Styleport?

Vi ér fortfarande en... Jag hoppas att vi kommer véxa och bli s stora att vi kan dra nytta av big data fullt
ut. Men jag tror att det forsta vi behover gora ar att lara oss mer om vara egna kunder, de som redan finns
eller de som ar intresserade, de som kommer in pa var site. Utvidga den informationen pa ett effektivt satt.
Aterigen, vi har inte s& mycket volym &n sa lange s att vi kan dra stora véxlar utan jag tror det handlar
mer om att hantera de kunderna vi har, de som &r intresserade av det vi har att erbjuda.

V: Hur kollar ni pa de kunderna ni har? Tar ni in ndgon form av data?

Det &r lite som jag sa till dig i onsdags, att det handlar om att vi har kopt det har foretaget for ett halvar
sedan eller sadar. Det har varit sa att det foretaget handlat pa ett visst satt och jag sager att vi behdver gora
om... Och vi haller pa att stalla om nu. Bland annat sa ar en del i det att bli battre pa att utnyttja
informationen och kunskapen om vara kunder sa att kunderna far mer personlig assistans an bara generell
hjalp.

M: Sa just nu far ni egentligen inte in nagon som helst information om vilka som handlar pa er site
eller?

Nej. Alltsa vi kan ju se vem som... Telefonnummer och mailadress och sa vidare och vi skulle kunna
utnyttja till exempel mailadress for att skicka nyhetsbrev men vi har gjort det sporadiskt men vi har inte
nagon metod idag som kanns tillfredsstallande.

M: Vad kanner du just nu da? Vad &r viktigast att samla in om era kunder?

Det viktigaste att samla in, det ar dels vad de kdper naturligtvis och férstka se ett monster ur det och
koppla det till tidsperioder sa att man Gver tid ser ett monster, av vad de ar intresserade av. Men sen ocksa
vad de inte koper, vad de ar nyfikna att titta pa men sen véljer att inte... Varken lagga i kassan eller avsluta
kdpet.

M: Lite angaende marknadsforing, hur marknadsfor sig Styleport?

Aterigen jag kopplar tillbaka till var vi & nagonstans. Det finns ett nuléges och ett slags framtida lage. S&
om vi sager nu da sa utnyttjar vi oss av Prisjakt och Price runner. Tva kanaler for att synas och sen tror vi
att vara kunder ar mycket inne pa Facebook. Vi har inte kommit igang, vi har gjort lite pa Instagram, men
inte speciellt mycket. Vi har inte varit aktiva pa Google heller, det &r ren 5:02???) uppsikt vi har liksom.
Lyckas fanga upp saker pa vissa av vara produkter. Det vi gor, for att ssmmanfatta det ar:
Facebook,Prisjakt och Pricerunner i dagslaget.

V: Vad ar nésta steg for er?

Nésta steg ar Google adworks tror jag och sa kanske nagon typ av marknadsféring eller organisk
marknadsforing. Jobba battre med SEO och bli duktigare pa det. Och sen ocksa utnyttja kanalerna,
Facebook och Instagram och skapa en béttre kansla pa de kanalerna. Inte bara genom att gora rena avslut,
utveckla vara egna konton pa Facebook och Instagram sa att det ar relevant for vara kunder att f6lja oss.

M: Kor ni nagra ads pa Facebook ocksa eller ar det bara att ni har era kanaler?

Litegrann har vi gjort det, det kommer vi fortsatta med. | relation till pengen sa far vi bra trafik, vi pratar
jattemycket avslut nar vi far bra trafik. Ibland sa har man ingen trafik och da far man inga avslut heller sa
att det galler att skaffa sig trafiken. Se till s att man har sa bra grejer sa att folk koper.

M: Om jag forstatt det ratt, nar man véal lagger upp en Facebook-ad s bestammer man val exakt
vilken marknad man vill rikta sig mot?
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Om jag sager sahar. Man tror att man styr ganska val men sen har man ingen aning om vad som hander
bakom kulisserna. Man kan vélja ut kundkategorier utifran intresse och alder/kon,

M: Hur gjordes den analysen for att bestamma det? Vilken grupp man vill rikta sig mot?

Just det, precis. Man kan segmentera pa ett ganska bra satt och det ar en jattestyrka fran Facebook att man
kan det. Om man jamfor med annan digital media som kommer fran alla digitala tidningar och... Dar
skjuter man ratt brett och behandlar annonsering pa tidningar, vilket jag & mer tveksam till. Den storleken
av foretag som vi &r, ar inte tillrackligt stora for att gora generell marknadsforing av... sahar
varumadrkesvidgande. Det &r ett ganska dyrt sétt att annonsera.

M: Lite det jag vill komma at &r val hur ni gjorde den har analysen for att forsta vilka kunder ni
ville rikta er mot?

Bra fraga. Om vi tar koll pa vilka vara kunder &r... Det ar liksom ometodisk analys eller nagon slags
kansla av vad som mest sannolikt borde funka, skulle jag vilja saga utifran erfarenhet.

V: Vad kréavs det for kompetenser tror du? For att kunna utnyttja de har big data- I6sningarna
inom foretaget?

Det ar en otroligt bra fraga. Jag tror att... Nu gissar jag lite grovt har. Jag ar inte jattehaj pa detta men jag
tror att det ar relativt komplext for att kunna forsta och kunna lara sig att ta ut nagonting av den
informationen. Dels maste man som kravstallare ha det klart for sig vad man egentligen vill komma at och
vad den informationen man far ut, vad man ska géra med den. Det finns ju sjukt mycket information att
plocka ut, men sen maste man ocksa kunna tolka den och da tror jag att man behdver hjalp av... Som liten
till medelstor aktor sa kan det vara svart att 16sa det sjalv utan man maste ha hjalp utav nagon extern part
som &r duktig pa att plocka ut information, strukturera upp den. Anteckna de fragor som man behéver ha
svar pa och sen paketera den pa ett satt sa att man kan fa ut nagot vettigt av den. Jag vet inte om det var ett
svar pa din fraga men jag kan inte den mer i detalj vad som kréavs for kompetenser.

V: Kommer ni da ha nagra verktyg internt eller tanker ni att det far vara en extern part som skoter
allt?

Initialt i alla fall, att hantera var egen data och information som vi har. Och sen ocksa om man vill ga
externt och forsoka forsta vad det finns for trender och kundbeteenden och sa.

P: Alltsa far jag stélla er en fraga, vad &r er bild av... Vad hander med big data, har ni nagon tes kring det
har?

M: Det vi ser och det som de flesta akademiker séger ar att det har nagot som véxer och véxer, det
kommer bara bli storre. Men det vi kollar pa egentligen ar val lite fran ur ett foretagsperspektiv
vad som kréavs for kompetens, vilken kultur och lite sddana faktorer vad det ar som gor att man
faktiskt kan lyckas med den har datainsamlingen och dra nytta av den. Det vi tycker ar mest
intressant ar ju till exempel pa marknadsavdelningen, att man nu langre inte anstéller till exempel
kreativa manniskor som ska skriva reklamjinglar och sa vidare. Nu anstéller man faktiskt IT
maénniskor eftersom det ar de som ska géra den har analysen och férstd vem kunden &r och utifran
det gora riktad marknadsforing och sa vidare. Det ar val lite det vi har tittat pa.

Jag forstar. Och ni vill forsta litegrann hur foretag idag, var de star nagonstans. Olika storlekar pa foretag
da ocksa antar jag.

M: Ja och det ar valdigt mycket prat om, framforallt i Dagens Industri att det ar brist pa digital
kompetens bland de har svenska foretagen. Att vi ligger valdigt mycket efter pa den digitala sidan
jamfort med manga andra lander. Da kollar vi pa hur pass viktigt det faktiskt &r med IT kompetens
i foretag.
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Samtidigt sa ar det val lite motsagelsefullt att Sverige har en valdigt stor andel e-handelsforetag jamfort
med manga andra lander. Nagonting finns det val som kunderna... Som foretagen gor, att kunderna pa
nagot satt uppskattar nar det finns otroligt mycket mer att forsta kring kundernas beteende.

V: Ja precis. Men tror du att foretagskulturen har ndgon paverkan pa dataarbetet. Maste man ha
nagon speciell foretagskultur eller vad tror du?

Absolut. Relevant fraga. Man maste nog ha en forstaelse dar man... Jag har ju varit med om béda sidorna,
béade salj och det digitala. | alla fall ur ett handelsperspektiv s& har jag jobbat bade innan den digitala
revolutionen och efter. Och jag tror att de som... Finns de dem som k&nner sig obekvéma i det som hénder
och det paverkar deras beteende. Da tror jag att om man inte ar med dar och forstar att man maste vara
med och skifta och ta in en yngre kompetens som mer &r vana vid att leva i den har miljon. Da tror jag att,
det blir knepigare da. Det finns nog exempel pé det att man forstar att man behover géra nagonting men
det ar svart liksom att ta in och ta till sig vad som kravs.

M: Lite det vi har fatt hora ocksa ar val att vissa foretag har lite mer negativ syn pa det hela och ser
det mer som en fluga ungefar.

Ja da &r man nog halt ute om man ser det som en fluga. Ja, men lite s3. Men det kan nog vara sa att man
tycker att... Sen ska man ju ha nagon slags sund skepsis dven dar. Man behdver inte vara forst och springa
pa alla nya bollar som snurras. Att man kan lasa ur ett mikro... Ha mycket nytta av digital information
eftersom du har all information om hur kunderna beter sig och ocksa kan trendanalysera och se hur
kunderna ocksa kommer bete sig. Att man ser vad som skrivs i det digitala och sadana grejer.
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Appendix 3 — Softhouse

Interview by: Phone and shared screen
Position: Data analyst
Date: 2016-04-14

M = Mattias
V = Viktor

- Start of interview

Rasch Skogh and Karlsson
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1:28 V: Berétta lite om din arbetsroll.

Jag jobbar med QlikView &t ett gang olika kunder, stora och sma och visualiserar data ur deras system. Styrkan dar
ar att med QlikView kan man koppla ihop datan fran olika system sa du kan koppla ihop fran arbetsradssystem
tidsskrivningssystem, ekonomisystem, kundrelationssystem och fa en helhet, en 6verblick éver alltihopa.

M: Just det. Intressant, det ar ju perfekt.

V: Hur gor ni da, hur arbetar ni aktivt med den datan ni far in?
Rent praktiskt hur det gar till?

V: Ja.

Da kanske det &r bra att jag har min skarm har i alla fall da. Det gar till sa att om man... Vi kopplar oss at databaser
och anvander Qlikview for att koppla oss mot databaserna. Sa laser vi ut data ur tabellerna som finns i de har
databaserna da. Det kan vara ett gang olika tabeller. Om vi Gppnar en sa sparar jag det i qwd-filer som &r ett format
som Qlikview laser in valdigt snabbt och det ar komprimerat sa det tar valdigt lite plats och ar extremt snabbt att lasa
in. For det ar s& om du ska anvanda samma data pa fem olika stallen, du vill ha ndgon ekonomisk dverblick dar du
vill ha datan och gora nagonting med den och sa vill du ha en operatcr eller nagonting dar han vill kunna se sin data
och kanske se hur manga case det har varit. D istéllet for att ga och hamta datan tva ganger i systemet sa laser jag ut
den en géng och s& anvinds den filen tvd ganger och da med slutapplikationen. Med Qlikview laser vi inte direkt fran
databaserna, eller man kan det om man da ska kora riktig big data, da kan man inte lasa ut och spara det i filer. Jag
vet inte riktigt vad erat exjobb gar ut pa och vad det &r ni haller pa med?

4:24 M: Det vi vill komma at ar val egentligen: hur beslutssfattande forandras genom hela big data eran eller
vad man ska saga. Hur man enklare kan ta beslut utifran all den datan man samlar in.

Ja just det. Big data for mig, det ar for mig... Alltsa jag haller pd med data, valdigt mycket data och det ar valdigt
svart... det gar inte for en enda manniska att titta i alla de har tabellerna och dra en slutsats. Men jag tycker inte att
det &r big data for big data for mig det &r att datan inte gar att hantera pa en dator om vi sager sa. Du maste klusta, du
maste ha ett helt gang datorer. Du maste ha det i molnet och ha tillgang till tusentals datorer eller ett tiotal
atminstone. DA tycker jag man borjar prata big data. Men det har nar jag kan lasa ut tabeller och spara dem i filer.
Visserligen har jag tabeller har som ar sparade &ven i Qlikviews komprimerade format sa kan de bli 3 gigg stora.
Men jag tycker att det gér fortfarande att hantera pa en vanlig pc. Men just beslutsfattande och sa dér absolut s var
vi pa rétt omrade, det tycker jag att jag haller pa med.

[Delad skarm] Men jag oppnar min gwd-fil nu da och det ser ut som en databastabell, det ar bara rakt upp och ner,
ser prick likadant ut som det gjorde i en databas som om man hade 6ppnat i t.ex. Oracle. Utifran de har qwd-filerna
som ligger sparade, i det har fallet som vi tittat pa s motsvarar varje folder en databas. Har har vi deras databas for
budget och prognoser, ett speciellt system de har montorer, detta ar for [Foretag]. Ni har sett deras produkter, de
jobbar som underleverantdrer till [Foretag]. Om det ar en produkt som inte funkar eller om det ar ndgon som ska
flytta sa far de ett meddelande pa sin barbara enhet och sa kér den har service-killen pa det drendet da och sa
registrerar han "det tog sa hér lang tid och jag fick gora detta och detta”. Sen flyger det in i... Ifrdn
arendehanteringssystemet s& kommer det bli en post i ekonomisystem som ar det som &r det som &r hér da [visar pa
skérm]. Alla deras projekt och deras ID och vem som har ansvar och nér de startade och nér de slutade och olika
indelningar av projektet och sa vidare. Har har vi tidsrapportering dar de har skrivit tid. Lime for kundrelationer och
CRM-system. Har samlar de in primardata fran sina produkter.

7:41 M: Far jag fraga hur det ser ut med kundrelationer, vad ar det man samlar in d&?
Lime &r en programvara som tillverkas i Lund.

M: Ja fran Lundalogik.

Nar en kund har ringt sa skriver du in har: Jag pratade med kunden idag, han var glad och allt var frid och frojd och
sen har du en séljare knuten till varje kund och det & dem som skdter om datan och skriver in kundbesok eller alla
relationer du har haft med kunden. Beh6ver du bokfora nagot sa var det ju... dverallt du &r och delar med dig av dina
uppgifter sa kan du ge dig tusen pd att du ligger i de hér systemen.

8:32 M: Det ar lite det vi vill komma at ocksa, hur man kan hitta monster och trender genom att fa nagon
slags dverblick dver den har datan. Och just det har med kundrelationer tycker vi ar valdigt intressant i och
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med att man da far en béttre bild 6ver hur ens kunder fungerar, hur de tanker och vad de kanske har for
andra intressen och sa vidare.

Om jag bara gar vidare har. Sa har har vi tre databaser med métdata fran ungefar en halvmiljon elmétare da. (Namn
pé systemet)9:11 ar deras inkopssystem dar de kdper in prylar och varor. Utifran detta da sa gor vi olika typer av
Qlikapplikationer, det kan vara for deras drendehanteringssystemet. Métvardena, HR- och inkdpsavdelning, kvalité
och processer, sélj, lite olika da.

Utifran det har ekonomisystemet... Har kan man ga in och titta om man vill se affarsomrade eller per bolag, de har ett
helt géng olika bolag eller sa kan man ga in pa en enskild avdelning da. Kan t.ex. ta Skane sa far vi reda pa direkt da
alla affarer som de har haft dar da och sé far jag se hér uppe att de finns inte langre, de har antagligen blivit omdopta,
eftersom det bara &r 2014/2015 som &r vita har. Vitt ar associerat med det valet du gjort och gront star for det valet
som jag aktivt har gjort. Allt som &r vitt & mdjligt att valja nu, det &r okej att bryta ner det ytterligare. De hér
leveransansvariga de jobbar pa den har resultatenheten eller den avdelningen i Skdne, men sé ser jag direkt har att
2016 har jag ingen data for. Vilket kan bero pa att jag sitter med manad 3 har och att jag sitter med gammal data.
Men om vi tar t.ex. nordvastra Skane sa far vi med 2016 héar uppe. Vi tar februaridatan och dar kan vi se alla affarer
eller projekt som de hade igang i februari. Det finns olika da, kravning, fack, underhallsavtal och bla bla... hur
mycket som helst. Vilka kunder de haft da som har bestallt jobbet. Nu tittar jag pa en avdelning en méanad. Har kan vi
se hur mycket man har salt fér pa den avdelningen, hur mycket den direkta kostnaden &r, I6nekostnad. Indirekta
kostnader, skriva mobiltelefonabonnemang och s vidare och hur mycket som blir kvar i vinst. Har ser man da
februari 2014, och sen minskar det, hér har vi marginalen och hur stor andel som &r vinst.

13:41 V: Hur ser da beslutsprocessen ut utifran datan. De gar in och kollar och ser det héar, vad blir liksom
nasta steg?

Det har ar mest en uppfoljning. Det hér ar for ekonomicontrollers da for att folja upp. Om vi gér in i en manad har
och... Eller nej vi ska nog byta. Vi tar ett annat exempel. Den hér var mer for att se "hur gick det", vem ligger pa sin
budget och vem ligger under. Men vi letar upp ett annat fall dar man kan dra lite slutsatser av datan.

14:44 M: Funkar det d& sa att VD:n da staller fragan: okej, hur gick det for den har koncernen. Och d& ar en
det en analytiker da som i sin tur tar fram de héar resultaten eller hur fungerar det?

Ja precis dar har man en... Varje (karta???)15:05 gors det en ekonomisk rapport, hur gar vi? Den sétts ihop varje
manad och dé far man den har som kvitto, de hér skrifterna och da sitter ekonomiska controllers eller
redovisningsbranscher da som gar igenom och ser att ja men har har de ju inga intakter alls, vad &r det som &r tokigt
har, ar det fel inskrivet eller ndgot annat som &r fel. Och sa fljer de upp, vi har inte vart inne och andrat eller
uppdaterat prognoserna efter senaste utfallet, s& som det har blivit de har kontroll pa verksamheten och anvéander
Qlikview da och all den har datan da for att bilda sig en verklighetshaserad bild pa hur det ligger till.

Men om vi kan ta ett annat exempel pa... Kanske ar lite lattare och roligare att forsta. Har har vi ett helt annat bolag.
Det har ar ett bolag som &r sprunget ur [Foretag]. De var nagra grabbar dar som fick en affarsidé: tAgvagnar satter de
GPS-enheter pa och sa aker de har tdgvagnarna runt i Sverige och Europa och vérlden. Affarsidén da ar att, bygger
pa siffror pa att 75-80% av alla tdgvagnar gar tomma, de ar pa vég tillbaka efter de har lossat.

V: Okej.

Jarnvagarna ar dversallade med tag och det &r dérfor persontrafiken inte kommer fram i tid nar frakttagen ar ute och
rullar och da &r 80% av vagnarna tomma. Sen ar det s att [Foretag], de far en korning till Milano och da sager de att
"vi kopplar pa tvd tomma vagnar och sa far de folja med ner till Milano, det &r bra att ha dér eftersom det &r en stor
jarnvéagsknutpunkt och rétt vad det ar sa 4r det ndgon som ska ha hem négot fran Italien s d har vi tva vagnar,
skitbra." Sen ar det ingen som ska ha de har vagnarna pa ett bra tag och da gloms det bort att man har skickat dit
dem, s star det tva vagnar i Milano. En gang varje ar har de inventering och da ringer de runt till alla stationer i hela
Europa och hor om de har ndgra vagnar hos dem. Det Iter helt absurt men tydligen ar det sa det gar till.

Sa det de har gor ar att de satter GPS-doser pa tagvagnarna och de samlar dven da in uppgifter om vilken temperatur
det &r i vagnen eftersom det kan finnas gods i den som inte far frysa. De samlar in information om det har varit
nagon hard inbromsning eller sammanstétning, om det har hant nagonting under resan och framforallt om vi ar i tid
eller inte da. Sa utifran detta sa finns det, sitter deras kunder och far tillgang till den Qlikview analysen och sa sitter
de och analyserar var &r vara vagnar mest och hur kan vi optimera flodet mer da. De berdattade till exempel, ni ser en
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kund som de har i Holland tror jag det var eller om det var i Belgien. De kopte in 140 stycken doser eftersom de hade
140 vagnar. Men de ska ga ner till 80 for de har kunnat rationalisera bort sa manga sa att de behdvdes inte langre.

Har kan man dé vanda och vrida informationen [delad skarm]. Har kan vi se att under januari 2016 sa har vi fatt in
438 positioner i Nederlanderna och i Tyskland och sa vidare da och darifran kan man da vélja de har tva och bryta
ner det, i vilka regioner har vi varit och vilka stationer. D& ser man da att ja det &r den dér stationen som vi ar i mest
och sé kan man har direkt ga vidare dar och se om man vill analysera hur mycket stilltid har vi haft da. Har en vagn
da och hér ar en vagn som har statt stilla da i fem dygn. Om vi da tar véck stationen sa kan vi stillestandstid. Har har
vi en vagn som statt still i 27 dagar pa ett stélle och da ar fragan varfor och det beror lite pa om vi da &r en kund som
hyr ut vagnar till en annan da tycker man ju att det hér skitbra, de hyr en vagn och sa star den stilla. Men om jag
daremot &r en kund som ska kora grejer da &r det inte alls bra att min vagn inte utnyttjas, att den star och sover
nagonstans. Sa det beror helt pa vilket fall man har. Sen &r detta da sorterat pa fallande ordning sa hér ar nagra
vagnar som inte star stilla alls. Vi kan dven géra en sammanslagen syn, hur mycket har de sttt stilla totalt da i
januari 2016. Det har for varje vagn da egentligen och har har vi da 30 dagar pa nagra vagnar, sa de har statt stilla
nastan hela manaden. Har kan vi ocksa sortera detta pa nagot annat. Jag har inget case liksom forberett.

22:35 M: Nej men det har ar jattebra.

Négot de bestéllde har pa sistone var att de ville ha (ships???) 22:44 och det ar alltsa... man vill veta hur Iang tid det
tar om man har en kund som man vill kéra fran a, en hamn dar det kommer in gods da och sé ska du kora din
jarnvagsvagn till kundens destination och sa ska du lasta av dar och sen vander kanske vagnen och sa ska du kora
tillbaka igen. D4 vill du veta hur lang tid tar den hér resan i snitt, hur 1ang tid tar resan, jo den tar alltid tva dygn.
Men har ar nagra fall dar den tagit fyra dygn och varfor gor den det, da blir det forsenat. De har en annan kund
forresten som &r [Foretag] och de &r lite roliga for de har fabriker i fyra olika stéder i Europa. De har inga
lagerbyggnader pa foretaget, deras lager det ar pa tdgvagnarna, det ar ute och rullar. Och i en stad da, sa gors nagra
av produktdelarna, de gors i en stad och sé lastas de pa tdgvagnar och sa gors vad det nu &r i [stad] och s gérs en del
i [stad] och sa rullar de pa natten. Nar morgonskiftet drar igang pa i [stad] da ska grejerna vara dar, det ar just-in-
time. Ar de inte dér sa 4r det ett helt skift som inte kan ga igang och borja tillverka grejer. Det méste vara pé plats,
det maste vara i ratt tid.

24:30 V: Vad gor man d& om det ar snostorm eller sa da?
D4 har man vil nagot kontrakt skrivet misstinker jag och sa finns det avtalat hur mycket béter det blir om det ar
forsenat.

24:54 V: Finns det ndgon felmarginal pa datan, hur ar datakvalitén, ar den alltid 100 procentig eller &r det s&
att finns en risk att datan misstolkas.

Ja, risken finns alltid att det ar ndgon enhet som flippar ur och valjer att inte skicka meddelande eller bombarderar
med meddelanden. Det behover alltid sitta i organisationen, folk som kénner sin data, det &r extremt viktigt att kédnna
sin data och att forsta helheten och veta liksom att har & en som har skickat en miljon meddelanden pa tva timmar sa
da maste det vara enheten som flippat ur. Man maste kénna sin data, det genomsyrar allt.

Om du valjer ndgon har, nar (???)25:54 ska goras, det ar nagot service stalle da. Dar har de da avtalat att den far bara
st stilla dar i ett visst antal timmar. Langre an sa far de inte ha den inne for manadsservice, eller halvarsservice eller
vad det nu &r utan da far den har serviceverkstan borja betala for att de inte har gjort sitt jobb i tid.

Har ser vi da det ljusbla, det &r vagen dit och det orangea ar vagen dar det varit stilla. Det vi ser har ar en enda resa.

27:04 V: Det kdnns som att digital kompetens blir valdigt viktigt ndr man sitter och sysslar med det har. Finns
det foretag da som sitter och inte riktigt vet hur de ska hantera datan?
Ja, s kan det ju bli absolut.

27:34 M: Har du haft ndgon direkt kontakt med nagon slags beslutstagare och hort hur deras arbeta har
forandrats sen de inforde nagon sadan har big data I6sning?

Mitt jobb bestér av tre delar, det ena &r att sitta ner med kunden, ofta ndgon typ av chef eller ledning. De beskriver
liksom deras process eller affar eller problem och det géller d att satta sig in i den typen av problem och forsta vad
ar det de haller pa med och vad ar det som &r intressant har. Vad ar det som driver kostnaderna eller vad ar det som
de kan finlira. Satta sig in kundens omrade och forsta det. Dar ocksa kommer da... Nasta tredjedel &r da att kunna
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satta sig och gora det har skriptet som ligger bakom har. Bygga upp en datamodell som haller for att svara pa de
fragor som man kommit fram till behovs fragas da. Sa har ser datamodellen for denna applikationen som vi tittar pa
har da. Har ligger observationerna i denna tabellen och sa ar det pakopplat en massa information. Den sista
tredjedelen ar att kunna visualisera det for de som ska anvanda det, sa att de kan fa ut kraften ur datan och fatta ratt
beslut. De tre tredjedelarna &r precis lika viktiga alla tre, ingen av dem har rad att ga samre pa &n ndgon annan och
ingen man kan lagga mindre krut pa en andra, alla ar lika viktiga.

29:40 M: Forstar de vilka fragor de vill stélla eller ar det ofta ni som presenterar data for dem?
Droémanvandaren ar val insatt i sin data och han vet vad det &r han vill ha svar pa och vad det ar han ar intresserad av
och varje gang han anvander QLikview eller han hor ofta hor av sig och sager “det har r ju skitbra, men vet du vad?
Tank om vi kunde fa svar pa denna fragan ocksa, kan vi lagga till det har, finns det mojlighet till att pa nagot satt
svara pa de har fragorna?" Det ar da det &r riktigt kul och det &r da det &r ett momentum i det nar det ar anvandaren
som driver det framat. Det blir inte lika bra att nar det ar jag som forklarar for dem, "Ja men har kan du se detta och
detta och det har &r intressant." Det maste vara en valdigt intresserad anvandare eller (???) 30:42-anvandare. Dar
maste man hamna att man gor han sapass intresserad av data eller att man gor det sa intressant eller lattforstaeligt att
det blir... att de nappar pé det och bygger vidare pa det. Det méste hela tiden forandras och forbattras, annars dor det
ut.

Nu gick jag in har pa... drillade mig ner och tog den har stapeln mellan Europoort, det ar en jattestor, kanske Europas
storsta hamn till och med i Holland och sa nagon i (???)31:17. Jag véljer den resan och sa ser jag alla vagnar som har
gatt dit da. Sa har jag valt en destination med manga resor utforda. Da kan jag se hér att jag har ett snitt har men det
ar nagra som sticker ut och vad var det som hande just den dagen for denna vagnen. Nu har jag hittat en resa fran en
destination som jag &r intresserad av och jag kan analysera en enda resa, en enda vagn ar jag pa och sa far jag ut all
information som tillhér den resan och sa kan jag se har, vart var det han stod stilla. Han stod stilla har i ett dygn i
Rosehaven och ett dygn till, ja tre dygn till och med. Varfor var det sa och vad gjorde vi dar. Sa dar kommer ju
domankunskapen in, det maste man kanna till som anvéandare, vad ar det som har hant, ar det nagot konstigt eller &r
det normalt och hur kan vi géra for att bli av med det har glappet sa att vi inte behdver sta stilla i tre dagar. Jag kan
visa andra exempel ocksa.

32:45 M: Nja jag tror vi har fatt véldigt bra forstaelse for hur det fungerar men vi forsoker val lite mer
komma &t den har beslutsprocessen och jag tanker val lite sa har... Jag antar att du far presentera valdigt
mycket data sjalv som de inte har bett om hur ser den processen ut och hur tdnker du nar du véljer vilken
data du ska presentera?

Ja det far man vilja efter man har suttit och pratat med dem och borjat forsta vad det handlar om. Jag vet inte hur jag
tanker, men man far vissa... ar det ekonomi ja da ar det en sak de &r intresserade av och ja da &r det vinsten och
marginalen, kostnad. Och sen far man sétta sig in i omradet helt enkelt.

34:20 V: Hur arbetar ni internt med data, alltsa inom ert féretag? Analyserar ni den ocksa eller?
Nja vi har precis borjat med att analysera det ekonomiska och de olika sajterna och sa. Annars ar det valdigt daligt, vi
har inte levt som vi har lart.

34:35 M: Kénner du att ni inom foretaget skulle kunna f manga forbattringar genom att borja arbeta pa det
héar sattet?

Vi sitter varje manad och klipper och klistrar i Excel och far hur mycket tid var och en har lagt pa varje kund. Sant
dar finns ju fardigt sa det ar bara ett hogerklick och exportera ut det om man har haft det. Men ja man hade kunnat
spara pengar absolut. Sen om det... Jag vet inte, vi kanske inte r, inte nagra stora grejer.

37:10 M: Har du nagon erfarenhet av stora mangder data kopplade till just marknadsféring?
Du menar alltsa en kampanj och sa kollar man hur mycket man har fatt salt?

M: Ja eller till exempel analysera vilka kunder man har och utifran det géra mer riktad marknadsforing.

Nej det omradet har jag inte varit inne pa. Men det har &r lite kul, det handlar om en tillverkare som, de gor saklart,
dels har de fem stycken, ungefar fem olika produkter igdng samtidigt som skulle ga ut och bli [produkter]. Och pé de
hér da sa gor man tester, jatteménga tester, mellan 5 till 10000 tester for varje produkt. Det verktyget som de hade da
dér testerna sparades det gav inte stod for att se, var ar vi i helhet utan de fick bara veta for hur det har gatt for de
tester som har gjorts den senaste veckan.
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M: Sa det gick inte att f& ndgon Gverblick, man kunde inte dra nagon slutsats utifran datan?

Nej precis sa da fick de spara ner varje vecka i Excelfiler och sa fick de bygga ihop det dér och titta pa de olika
Excelfilerna. Det var liksom omajligt for dem att fa en dverblick utan det bara forsvann for dem i det hér svarta halet
som hette nagonting, typ quality center. Sen hade de ingen koll d4, sa de tyckte det har var fantastiskt nar de fick ut
datan och den blev visualiserad. De kunde jamfora produkter, hur lang tid testerna tagit och sa har. Nu ar det
jattegammal data s& den kan inte vara kanslig langre. Men d& minns jag att de sa att " vi kor mellan 5-10 000 tester
och detta hér tester som gar har och det har... har maste du ha gjort fel [intervjupersonens namn], sadar ser det
faktiskt inte ut. Det finns inte Gver 100 000 tester korda pa nagon [produkt] nagonsin." Jaha nej men da far jag val ga
hem och kolla d&, det ar mycket mojligt att jag gjort fel ndgonstans absolut. Da far man vara édmjuk med kunden for
de kanner ju sin data. Men sa gick jag igenom skriptet och tittade i databasen och SQL-foldern och nej, nej det ser ut
sahar. Sa jag var tvungen att saga till dem att jag hittar verkligen inget fel i mitt arbete. "Jaha men da far vi kolla
vidare pé det". Det visade sig att det var att alla de har testade i Kina. Sen lite senare fick jag reda pa att de hade lost
fragan da och da var det att cheferna i Kina fick bonus for hur manga korda testfall de hade och kunde visa. Sa de
kopierade samma testfall varje vecka och korde dem igen. Man far det man fragar efter. Sant hander ibland, att man
hittar konstigheter som ingen kanner till for att det varit dolt i datan.

Det ni ser har ar for varje produkt sa ser de trenden och har ligger man, de hér projekten ar i princip fardiga, man
ligger pa 99% pass-rate. Test-coverage da ar ndgot som véxer upp efterhand ju langre projektet gar da. Dér ser man
att en stor del av funktionerna ar testade. De har ett annat system dar de lagger in buggar och problem sa hér ser man
da hur manga buggar som ar forknippade med ett projekt da, ett projekt och da ser man att det véxer och vaxer och
véxer. Det ar ju en trdkig trend, man vill ju se att det droppar av. Samtidigt ser man da att i detta projektet da att det
finns 6400 testfall som ar blockerade pa grund av buggar men det finns bara 965 olika buggar s samma bugg
stoppar manga testfall helt enkelt. S& da gjorde jag en funktion dar de kunde ga in och se... Fr denna produkt da sa
ser man att har &r en bugg som stoppar 417 tester just nu. D& ar det den buggen man ska satta sig och losa forst,
dérefter ska jag l16sa denna buggen for den stoppar 273 tester. Vi kan vanta lite med den har buggen eftersom den
inte stoppar s& manga tester just nu.

44:42 M: Sa man far en ganska bra dverblick 6ver vad som faktiskt behdvs goras?

Ja exakt, har har du ju prioordningen da. Om det &r riktigt manga traffar sa ar det ndgon funktion som inte ar
fardigutvecklad eller koden inte ar levererad dn. Man kan ga vidare har nagonstans... Har kan vi gé in och se vad det
ar for liten bugg. Har ser ni legacy feature, ja det var ju inte sa latt att tolka vad det var. Har kan man da se att efter
[produkten] startats om sa sager han att batterinivan ar for hog, eller att den ar hgre eller lagre an vad den var precis
innan den startade om da. D& kan man ju vanda pé det for att se vilka tester ar det som denna stoppar. Ja det &r bara
ett enda har da. Man kan vanda pa det ocksa och se hur manga paverkas av en bugg eller vilka buggar &r det som
paverkar mitt projekt mest da. Sa bade dem som sitter pa buggdatabasen och de som sitter som testansvariga for
projekt de har en styrka har ju. Om vi tar och rensar allt hir. Vi kan vilja vecka... sd har har vi dé de olika projekten,
de 4r inte sorterade i passrate utan de &r sorterade i bokstavsordning. DA ser man det exakt hur Iangt de har kommit
da och man kan ju vélja om vi tar det har, sa trillar vi ner en niva och ser (???)47:28 i den produkten, hur langt har
man kommit i varje del och har ar ndgra som har det har och da &r den ju nastan fardig. Basic bordering up den &r
inte lika fardig da, sd da kan man drilla sig ner dér och se vad som inte ar fardigt. Sa har de typiska namn pa testerna.
De ser da vilket omrade de behover fokusera béattre pa i testningen da och da far vi dven progressen. Sa har far man
da... [visar pa skarmen].

48:30 M: Jag tror att vi har fatt valdigt mycket bra material har och behdver inte ta upp hela din dag.

Nej men det ar en kul grej. Den var ju lite gammal den jag visade. Sa hér 4r ndgon som lite nyare och fraschare. Har
ar aterigen att du kan valja... Har uppe har du hur manga pengar man har salt till en kund och har borta har du
marginalen. Har har du da de tva stérsta kunderna eller tre. Har kan du se vilka produkter vi saljer till de hér storsta
kunderna. Har har vi ndgon produkt som vi har riktigt mycket marginal pa och ndgon som vi saljer i valdigt stor
volym for mycket pengar men har inte sd himla stor marginal pa den. S& har kan man da fundera pa om vi kan 6ka
marginalen pa den da kommer det rassla pé bra i kassan. Sa ser vi 6ver manaden hur det ror sig, trenden. Da far man
da dverblicken att totalt sett har forsaljning 6kat 64% och marginalen 6ka 4. Da kan du ga ner och analysera en kund,
en produkt och dar kan du ga in och ta fram liksom vilka fakturor har skickats med en produkten till den kunden. Du
kan fa fram datum och prick pengarna da, du kan ga liksom fran bolagsniva, hur det paverkar bolaget, ner pa enskild
faktura och se... Och det ar dar styrkan ligger da att du navigerar latt tvéars igenom datan och ser... Du har bade
helheten och detaljerna liksom.
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50:41 M: Nar man ser det har s kanns det valdigt viktigt att som beslutstagare faktiskt ha digital kompetens
och forsta hur man ska anvanda den har datan och hur man ska navigera och sa vidare.

Ja, GUL.t ska ju vara sapass lattforstaeligt att man ska ska kunna satta sig och testa runt och forsta, det ska vara
intuitivt. Det &r extremt viktigt, om man behdver skriva en anvandarmanual sa har man misslyckats.

51:12 V: Sitter beslutstagarna sjalva och kollar eller &r det ndgon som kommer och presenterar datan for
dem?

Vi har ju flera méten dar man visar hur man har tankt att det ska se ut och sa har fungerar det, den har
funktionaliteten har det. Sen beror det helt pa hur anvandarna, hur de &r vana. Ar de jattevana sa &r det inga problem
da kan de Qlikview och da ar det samma funktion 6ver allt, har du lart dig hur det funkar sa ar du med pa det. Det &r
jatteviktigt att utbilda, annars far du inte det har intresset, annars blir det en for stor troskel. Men jag upplever att det
ar en valdigt liten troskel da med Qlikview, det kan inte bli fel, du forstor ju aldrig nagonting.

52:24 M: Jag kanner att vi fatt svar pa vara fragor sa vi vill tacka sa jattemycket.
Ja vad bra, ni far lycka till och ha det bra!
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- Start of interview
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V: Beritta lite om din arbetsroll

Ja den ar vél lite flytande. Men jag tar hand om all strategisk produktutveckling och marknadsforing. |
princip sa kan man saga att jag... Mitt jobb &r att se till att vi har en produktportfélj och en
marknadsportfoélj som fungerar och som maximerar var férsaljning. Jag ska framtidssdakra kommunikation
och produktutveckling.

V: Hur arbetar ni da med data bade internt och externt?

Det ar ett ganska brett begrepp sa den ar inte helt enkel att svara pa. Big data ar ju... Om det ar nagon
som har en definition pa hur mycket data det ska vara for att vara big data sa hade det varit enklare.
Men det finns det ju inte. Vi jobbar med enorma mangder data i varat perspektiv men de enorma
mangderna data ar ingenting jamfort med... Jag var och tittade pa ett visualiseringsevent med EF och
Maxlab forra veckan och jag skulle sdga att fyra bilder fran Maxlab producerar mer data &n vad vi gor pa
en vecka. S att allt &r relativt. Men vi jobbar ju med stora dataméangder ur perspektivet att vi jobbar
med alla Sveriges foretag och deras kontaktpersoner, eller alla nordens foretag kan man saga. Vi har tre
produkter, alla inom sélj och CRM. En av de har produkterna ar en salesprodukt, abonnemangsform.
Man skulle kunna saga att det ar affarsvarldens Spotify. Vi har alla foretags beslutsfattare pa plats fran
start och sen sa uppdaterar vi dem varje dygn. Vilket innebar att vi har ju s3 mycket data som man kan fa
tag pa om beslutsfattare i Sverige, eller Norden. Sa det &r ju ett stort dataset ur perspektivet att det inte
gar att fa tag pa mer men det &r inte sa jattestort ur ett sammanhang. Dar jobbar vi valdigt mycket med,
framforallt att se till att den har ar uppdaterad, att den ar korrekt. Vilket oftast, i var varld i alla fall &r det
storsta problemet. Att de dataméangderna vi har inte stammer. Kanner ni till Hampus Jakobsson som
grundade Tat?

V/M: Nej

Han ar serieentrependr. Just nu driver han ett antal bolag varav ett heter Brisk och de tog egentligen
fram ett beslutsverktyg som man akte ut och presenterade for stora foretag i USA. Det forsta de
upptackte nar de kom ut, sa sa de att ja det har vill vi ha, det ar jattebra men vi kan ju inte lita pa datan
som finns. Sa ni far borja i den dnden. Sa da fick de bérja med att gora ett nytt verktyg sa att de fick in
ratt data. Sa det har ar ett jatteproblem i varan bransch att valdigt mycket av datan man har i sitt system
ar gammal och dalig. Det ar egentligen skalet till att vi byggde den har produkten som uppdaterar sig
automatiskt. Ungefar halften av alla poster som finns i varan totala dataset for den har produkten andras
minst en gang i halvaret.

V: Men den dr fortfarande inte korrekt da, &ven om den uppdateras automatiskt? Det finns
fortfarande en del brister?
Allt ar relativt. Hittar ni alla telefonnummer ni letar efter pa Hitta eller alla bolagen pa Eniro?

V: Nej.

De finns ju, men vi hittar dem inte. Alltsa ar den da korrekt eller inkomplett. Det ar en definitionsfraga
da. Sen vet man da att varje gang en telefonkatalog trycks sa ar antagligen uppgifterna korrekta,
antagligen sager jag. Antagligen korrekta nar vi trycker katalogen. men sa byter man jobb eller sa hander
det nagonting eller sa har man en privat mobil och en jobbmobil s3 man tappar de numren. Sen sa har
den individen ett annat kontaktnat dn vad den hade tidigare eller sa lagger man till en ny e-postadress sa
det har ar ju i konstant rorelse. Vi tror ju extremt mycket pa att en av framgangsfaktorerna for féretag i
framtiden ar att lagga lite tid pa administration. Det finns ett antal studier att en
informationsmedarbetare ldgger i snitt tva timmar per dag pa att leta efter information. Da kan man séga
att om den informationen da inte ar korrekt. Det ligger vl i det hdar monstret att det laggs sa mycket tid
déar eftersom informationen inte ar korrekt. Du hittar ett telefonnummer, ringer det och sa far du inte
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tag pa personen. Vi forsoker effektivisera foretag genom att ta bort momentet av att behodva ratta lika
mycket data. Du kan titta pa Lundalogik, vi vaxer med kanske 40 medarbetare forra aret och vi vaxer
med nagonting i den nivan i ar ocksa. Det innebar att ett foretag som inte prenumererar pa stora
datamangder eller ser till att det har finns i systemet. For att ha koll pa vara medarbetare sa ska ju dem
halla kolla pa 40 nya méanniskor pa Lundalogik. Sen sa tar du det ganger 1,2 miljoner foretag i Sverige sa
blir det har ganska sa komplext och omfattande.

M: Men hur fungerar det att datan uppdateras automatiskt?

Automatiskt ar ju att ta i da. Men for kunden upplevs det lite automatiskt. Vi samarbetar med Bisnode
som arbetar med féretagsdata. Och de tar in uppgifter som patentbevisningsverket, bolagsverket,
skatteverket, de skickar ut enkater till kunder och har team som sitter och uppdaterar det har manuellt
for att det ar ju i grund och botten de som uppdaterar datan medan vi har en modell dar vi far tillgang till
all den héar datan. Och sen ser vi till att varje natt sa gor vi stora kérningar och uppdaterar den data som
fordndras sa att kunderna ska slippa gora det.

V: Men ir det ocksa... Ar digital kompetens ett problem, nir du séger att de lagger mycket tid pa att
hitta datan? Ar det bristande kompetens eller mer att folk inte uppdaterar?

Det finns manga parametrar pa det och jag vagar inte sdga vad som kommer fran det ena eller det andra.
Men vi kan vél sdga sahar, har ni privata bilder?

M/V: Ja
Nar ni letar efter en specifik bild hittar ni den?

V: Det beror pa hur vil sorterade de dr

Handlar det om IT-kompetens eller handlar det om att vi har s3 mycket information att det ar svart att
hitta den. Vi vet alla att om vi kategoriserar bilderna, taggar dem, sa ar de lattare att hitta. men det gors
inte, man hinner inte, man prioriterar annorlunda. Dar kommer ju en del av (10:19??7?) att har du
datasets, att halla det uppdaterat, halla det frascht och halla det sa informativt... eller halla det pa en
niva sa att det ar sokbart, det dr extremt viktigt. Sen sa har du nésta steg som man kan na. | och med att
vi har all nordisk data, sa vet vi ocksa att i Sverige, Norge, Danmark framférallt sa skiljer sig datan. Sa vi
har samma uppgifter men den &r strukturerar pa olika satt. | Sverige far vi oftast in den som absoluta tal,
medans i Norge far vi den i intervaller.

M: Uppstar det att problem da nér de dr ostrukturerade, alltsa ndr de kommer i olika format?

Nja, problem, men det maste ju hanteras. Vill man soka ut ett bolag som omsatter 51 miljoner da maste
du ha en mjukvara i varat fall som kan hantera att antingen soka... Lat mig sdga sahar, nar vi har ett falt
och vill hitta ett bolag som har 51 miljoner i omséattning sa maste vi ha en mjukvara som kan hantera att
bade leta upp de som finns i intervaller 50-55miljoner och sen sa maste vi dessutom vanda pa det och
titta pa att alla som har ett absolut tal som ar inom det intervallet ger samma svar som om det finns i ett
intervall, om ni ar med pa skillnaden. Det ar klart att det ar som med allt sant har, varje gang du behéver
ha nagon form utav handpaldggning pa data, att du behdver strukturera det sjalv manuellt, sa finns det
felkallor. Och felkéllor i datamangder... om du importerar som vi har 2,3 miljoner poster i Sverige, lagger
du handpalaggning pa det och det blir fel sa blir det valdigt fel. Jag tror att det var Volvia som for nagra ar
sedan gjorde ett jattestort utskick dar man hade rakat flytta en cell, man flyttade en rad nedat. Sa
skickade man ut ett valdigt stort utskick till vildigt manga av Sveriges bildgare ddr man hade ett
personnummer som inte stamde 6verens med ens adress. Man hade da flyttat cellerna ett hack. Sa det
finns ju riskmoment i det har, sa kan man saga, varje gang det ar handpaldggning. Det kraver ju en
ganska ordentligt process for att datan ska vara kvalitetssakrad. Och det ar val en av de stora
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utmaningarna med big data egentligen. Du kan vanda och vrida pa datan pa 1000 olika satt och fa olika
svar pa samma data. Det kraver lite sjdlvrannsakning.

V: Har ni nagot satt att kvalitetssikra datan ni anviander? Eller dr det bara intuition?

Sjalva indatan kvalitetssakrar [Foretag], det ar det de jobbar med. De jobbar bara med affarsdata. Sen
har vi ju ett antal olika maskintester for att se till att data, egentligen da nar vi importerar den sa har vi
ett antal parametrar som vi tittar p&. Ar den importerad pé ritt satt, rent maskinellt och sen s& gor vi
stickprov och sen sa gor vi en manuell handpaldggning dar vi tittar, “verkar det har stamma?” Men det
slinker igenom fel anda. Vi importerar historisk data till exempel om alla féretag. Sa att du kan se vad ett
foretag har haft for omsattningstillvaxt de senaste 5 aren eller hur deras vardebild har férandrats. Igar
hittade jag ett bolag som var startat 2015 men som hade omsattning mellan 1998 och 2000, vilket borde
vara fullstandigt omojligt. Och idag dgnade jag mig at att ta reda pa om det ar en bugg hos oss, ar det
felaktig data eller ar det fel i indatan. Sa ar det ju. Har du da riktigt riktigt stora mangder data, sa ar det
bara maskinanalys som galler, det finns liksom inget annat.

M: Vad anvinder ni pa Lundalogik ert egna system till mest? Hur skulle du sdga att ni anvinder den
insamlade datan for att skapa varde? jag forstar att ni siljer vidare er CRM-I6sning, men jag antar att
ni manipulerar och anvinder er egna insamlade data ocksa.

Det gor man val pa massor av olika satt. Givetvis for att bearbeta vara egna kunder, for att lara oss mer
om vara egna kunder. En extremt vanlig, eller ovanlig fordel for att kunder faktiskt vet vem som ar deras
kunder. Man har en kdnsla av att vi sdljer till B2B foretag och huvudsakligen i storstadsomraden. Men nar
man... Eftersom vi har all data ndr man da importerar sitt eget kundregister, sa ar det valdigt 1att att
jamfora det hdar med hela Sverige universellt. Da kan man se direkt, vart man har marknadsandelar och
faktiskt vart mina kunder finns och var det finns potential. Det har generellt satt foretag ganska dalig koll

o

pa.

M: Det ar val lite det vi vill komma at ocksa med var uppsats.

Man kan saga sahar. Stora féretag har alltid haft rad att jobba med dataanalyser, ta reda pa var deras
frekvens finns, vilken potential de har. Medans sma féretag antingen av havd, har trott att det ar for
dyrt, att de inte har tid eller att de inte riktigt bryr sig, man hinner inte och man behdver inte.

M: Sen ar val folk, folk férstar vil inte riktigt vilken ROI de kommer fa pa att faktiskt analysera de hir
stora datamdngderna.

Nej men sen ar det val... Du kan ta oss som ett exempel, vi omsatter ungefar 150 miljoner. Nar vi
omsatte 10,15,20,25 miljoner sa funderade vi aldrig pa om marknaden &r stor nog for tillvdxten vi 6nskar,
darfor att den var stor. Men om du omsatter 150 miljoner och ar marknadsledare, vilket vi ar i Sverige,
da kanske man boérjar titta pa, hur mycket kommer vi kunna omsétta har? Det kan vi bara géra genom en
analys, titta pa hur stor del av kunderna har vi? Nagonstans ar det inbyggt att ju langre och ju stérre du
jobbar med nagonting, desto stérre behov av dataanlys har du. Du har ocksa mycket storre
forutsattningar for dataanalys.

M: Hur marknadsfor ni er pa Lundalogik? Kor ni via nagra sociala medier ocksa eller hur fungerar det?
En helt annan fraga och en ganska stor fraga. Men vi marknadsfor oss i alla kanaler vi kan och sen sa har
vi vissa prioriterade kanaler. Idag sa gar alla nastan via sokordsoptimering och sékordsanonsering och
det kraver valdigt mycket content. Vi jobbar med att skapa relevant innehall och det marknadsfor vi i de
kanaler som star till buds. Sen om det ar seminarier eller massor dar du nar en liten publik, men ofta
ganska specifik. Sa valdigt mycket ar ju sociala medier, Google, alltsa allting. Se till att allt ar s6kbart och
hamnar hogst upp i traffresultaten ar vad det handlar om. Och dér ar sociala medier... De rankas for
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narvarande ganska hogt av Google. Gar du tillbaka 3 ar sa var det mycket viktigare att fa inlankar an att
ha relevant content. De algoritmerna, sok-algoritmerna undergar ju standig forbattring eller forandring,
jag vet inte vilket vi ska fastna vid.

V: Hur arbetar ni da med den datan ni far in dar fran...

Vi analyserar alla in-fléden vi har, sen sa tanker nog inte vi i termer av data nar det géller infloden. Vi
tanker i termer av signaler, sen sa ar det ju data bakomliggande givetvis. Det vi forsoker fanga upp éar ju...
Vi forsoker rikta olika kanaler for att se vilka signaler en kund sdnder. Ta ett exempel, sa fort nagon
signar upp for att testa pa en hemsida sa har de hdar manniskorna cookies pa sig, om man inte har sparr
pa det. Da tittar vi ju bakat pa vilka sidor har man besokt hos oss, nar gjorde man det, sen tittar vi pa hur
lange man spenderade tid pa respektive sida och sen sa vaver vi samman massor med olika faktorer. For
att se hur val, hur hett ett sant har lead &r. Sen sa néasta steg sa jamfor vi det har med den data som vi
har... Eftersom vi har all Sveriges data sa jamfor vi det har med var profil, var kundprofil. S& ndgon som
kommer in och besdker oss lamnar ett avtryck, det har har jag gjort pa sidan, det matchar vi med, ar det
har en kund eller &r det har ett prospect som matchar varan kundbild. Och det vi jobbar med just nu ar
machine learning dar vi tittar pa om vi dessutom kan prediktera utifrdn de har monstrena, hur sannolikt
det ar att det har kommer bli en kund eller inte. Allt det har viktar vi samman till ett varde som vi sager:
sahér hett ar det hiar leadet. Det ar klart att allt det har data som vi analyserar, men vi valjer att kalla det
signaler.

M: Varfor valjer ni att kalla det signaler?

Det ar lite enklare for hjarnan att ta till sig. Det &r ju en signal om ett lead pa hemsidan faktiskt &r
intressant for oss eller inte, att istallet ga ut och prata med séljare om att vi har datapunkter som
indikerar att det har ar ett potentiellt lead, da tycker de att va!? Om vi ddremot sager att de har har
signalerat att de ar heta. Sa det ar egentligen bara for att forenkla och fortydliga vad det handlar om. Vi
har ett tusental besdkare varje dag pa hemsidan. De allra flesta av dem ar helt irrelevanta och har
hamnat pa sidan av misstag. Man har kanske sokt pa ett sokord, klickat pa en lank, nej det var inte det
har jag letade efter sa &r man darifran pa 3 sekunder. Tidigt i begynnelsen... Backar du 5 ar sa fanns det
ett antal verktyg Habsbo, Prospect, Prospect finder och liknande som da trackade trafik pa en hemsida.
Sen sa klar dem IP-nummer pa det har och sa jamfor de IP-numret med féretagsdatan och sadger att nu
har Lundalogik besokt den har sidan. | borjan fick man Ianga listor pa alla besdkare, steget efter det var
att man fick listor dar man hade sagt att de har sidorna ar viktigare for oss som en kund besoker. Sen sa
satte man ett varde pa det, sen efter ett tag sa fick man listor pa vardet pa besékarna. Nu sa jobbar den
typen leverantérer pa att titta om det har ar relevanta besok eller inte relevanta besok, ar de
aterkommande besodkare? Sa att de sjdlva jobbar med intelligens. De borjar inte méata forrdn du har
besokt tva hemsidor eller tva sidor pa din hemsida. Det vill sdga att du maste ha gjort ett aktivt val att
ldsa mer, annars ar det inte ett relevant besok. Det vi gor ar att vi egentligen adderar och tittar pa att
okej, passar det har besoket varan kundprofil? Sen sa tittar vi, ja det passar var kundprofil och sen sa kor
man machine learning ovanpa det. da kan titta pa att dessutom har de en tillvaxttakt, Ionsamhet och
manga andra parametrar som indikerar att de hér ar ett valdigt hett lead. Man lagger hela tiden pa mer
data for att forsta mer vad det ar som hander. Men for en séljare som bara vill sdlja sa ar det ganska
komplext, de bryr sig egentligen inte 6verhuvudtaget vad som har hant, men om jag sager att det har ar
ett hett lead sa ringer de.

M: Vi pratar mycket om att det ar stor bristande digital kompetens bland de har stoérre beslutstagarnai

alla svenska stora foretag. Men som det later pa er, det later som att ni ligger vildigt langt fram i tiden
just med den hir datainsamlingen och sa vidare. Men vad tror du att det krédvs fér en beslutstagare i
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form av digital kompetens for att faktiskt forsta vad man kan dra for nytta av att samla in den hér
datan och sa vidare? Och att faktiskt stilla ratt fragor?

Det &r en ganska stor fraga. Jag kan sdga sahér. Jag tror att det kravs ett extremt 6ppet sinne och en
forstaelse for att om man inte har ratt verktyg i verktygsladan sa far man se till att skaffa sig den
personalen och lita pa den personalen som gér de valen. Vi kan ju se, tittar vi bara de senaste 5-6 aren sa
har ju varan kravprofil pa en medarbetare pa marknadsavdelningen forandrats radikalt. Nu anstéller vi
ju, datavetare, ingenjorer, systemvetare till varan marknadsavdelning déar vi tidigare anstéllde manniskor
som var kreativa och duktiga pa att skriva text. Nu har vi fortfarande kvar de som &r kreativa och duktiga
pa att skriva text, men de kompletteras med dataanalytiker. Nu har jag en kille som jobbar heltid med att
bara analysera monster, data. Eftersom valdigt stor del av varan marknadsforing gar ut pa att skapa
relevant content sa maste vi se till att det har contentet ar sant. Vi anvander valdigt mycket av den datan
som vi far in till att faktiskt ta reda pa olika monster och ska man da sitta i en ledningsgrupp och bevilja
att man anstéller en heltidsanalytiker och man kanske anstaller en civilingenjor till marknadsavdelningen.
Da maste man nagonstans fa bilden att det har ar relevant, det finns pengar in har nagonstans. De allra
flesta ledningsgrupper ar valdigt ekonomiskt krassa och tittat man pa det lite dldre gardet sa kanske det
ar sa att man annu mera sager att vi har gjort sahér, det fungerar. Det man behdver gora idag ar inte att
utbilda alla inom IT och fa dem att forsta det har utan det &r att fa alla att 6ppna sinnet och siga att det
finns nya satt att jobba. Det tycker jag nog... Nu kanske varan kundkrets &r lite speciell for de kommer till
oss for att de har upplevt ett behov, alternativt for att de har laser varat innehall oh tycker att det ar
relevant att klicka pa. Sa vi far en ganska snedvriden bild. Nagonstans sa verkar ju alla som kommer till
oss intresserade av det har omradet. Det behdver inte vara sa, vi har fem och ett halvt tusen kunder. Det
innebdr ju att vi har 1,2 miljoner féretag som inte ar kunder. Det ar mycket mojligt att de inte alls
motsvarar den bilden som vi har, sa att gissningsvis ar det sa att det finns en bristande IT-kompetens och
den maste kompletteras med ett 6ppet sinne. Att okej det hdnder nagot har, vem kan hjalpa mig?

M: Som ett exempel sa pratade vi med ett lite storre svenskt reklambolag forra veckan. Dar vi da fick
pratade med en strategisk planerare och da pratade vi om big data och vi trodde att de arbetade mer
utifran datainsamling osv. Men som det lat pa honom sa lag de langt efter pa den punkten. Han ansag
ju inte heller att de kommer att borja jobba med det mer i framtiden utan han sag et lite mer som en
fluga.

Som med alla trender sa har de en tendens att hypas och sen sa gar de tillbaka och blir mer normala. Sa
svanger det har fram och tillbaka, pendeln svanger hela tiden. Big data ar inte riktigt lika hett idag som
det var for tre ar sedan, som term. Det dr av den enkla anledningen att nu bérjar folk ta till sig det har
och det normaliseras, det ar en del av vardagen. Vissa trender vissa hypar hoppar vi ocksa éver. Vi var
jattetidiga pa nagot som hette VAP en gang i tiden, som var féregangaren till 4g, 3g och 2g, langt innan
det och da kunde man skicka datatrafik. Dar var vi tidigt pa, det var jattebra och vi salde en sadan
l6sning. Men det var superhypat d3, alla pratade VAPoch nu pratar alla Big Data. Oavsett vilken sadan
har trend eller hypertrend det tar sa... de ar ju ett steg i utvecklingen och man kan inte ta alla steg utan
ibland maste man ta tva steg. Men om man bortser fran datamangden sa tror jag... Jag tror att det &r
enklare att kolla pa det har att man maste vara metrics driven mycket mer idag. Det ar svarare att ga pa
magkansla, det ar svarare att rakna hem saker baserade pa nagon form av magkansla. Allt vart
forsaljningsarbete, allt vart marknadsarbete, allt varat analysarbete och utvecklingsarbete grundar sig i
dataanalys och det maste ga att rdkna hem. Det tror jag manga foretag kommer fa lara sig den harda
vagen att det har maste man gora. Sen sa kommer sakert riktigt kreativa bolag, alltsa om du gar till en
byra som bara har i uppgift att vara en kreativ byra. Da behover du kdnna till de har termerna men du
kan inte typ ignorera dem darfor att de inte ar ditt expertisomrade. Det ar klart att det finns valdigt
manga manniskor som klarar sig utan den teknik som finns idag och det gar alldeles utmarkt eftersom de
har helt andra forutsattningar. Jag tror val kanske att Big data dr nagonstans en forutsattning for att du
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ska kunna jobba med Al och machine learning men effekten av Al och machine learning kommer att ha
mycket storre impact pa manniskors vardag én vad big data har haft. Men med det sagt for att det ar det
folk kommer kdnna och se for att det ar da det hamnar i handerna pa dem. Nu vet jag inte hur manga
som anvander Siri, men Siri bygger ju pa att det finns stora dataméangder tillgangliga som hon... Det &r
helt sjukt nar man borjar prata om henne som hon ocksa. Men som den héar Al:n den artificiella
intelligensen som nyttjar den har datamangden, det tror jag inte att den vanliga konsumenten funderar
kring, att det ar big data som mojliggoér det. Man kan vélja att ignorera det och sen sa kan man fa dka
med pa resan eller sa ar man tidigt pa det. jag tror att vi kommer att hitta mer framgangsrika foretag
som forstar det har och jobbar med det aktivt.

V: Hur har da dina arbetsuppgifter forandrats sedan ni borjade arbeta med big data?

Om jag bara vill kunna hanféra férandringen till big data sa hade det varit enkelt, men om vi nu sager att
vi gor det. Vi har gatt ifrdn mindre punktinsatser, mindre méassor och mindre seminarier. Utveckling som
kanns bra dar man har rundabordsdiskussioner och sitter ner med ett fatal manniskor till att man idag
tittar pa... Vi samlar ju in anvandardata om allt anvandande av produkten och sa tittar vi pa vilka
funktioner som anvands, vilka som inte anvands. Nar vi bygger hemsidor sa bygger vi ofta tre parallella
hemsidor som vi abc testar sa ser vi vilket som vi har bast utfall pa. Sa jobbar vi bara med den som har
bast utfall och sen sa itererar vi vidare pa den. Mitt jobb har gatt fran att vara valdigt mycket kanslostyrt
till att vara helt och hallet datastyrt. Sen sa far man utlopp for den kreativa sidan genom att man far
skapa bra innehall och bra content. Jag skrev ju... Nu bloggar jag i princip ett par ganger varje vecka eller
skriver debattartiklar varje vecka, det gjorde vi kanske tva ganger varje ar tidigare. Sa att det har
forandrats extremt mycket. Men det krdvs samma kunskaper, men du anvdander dem pa ett annat satt.

V: Det sétter ocksa mer krav pa att analysera data rétt ocksa.
GoOr man fel dataanlys och skriver en debattartikel i dagens nyheter sa skulle det inte vara roligt.

M: Vad ser du for koppling mellan just foretagskultur och insamling av big data?

Jag vet inte om det har med kulturen, men det har det val indirekt. Om du som ledningsgrupp maste ha
ett 6ppet sinne till nyheter sa maste du val ha en kultur som ar bejakande, du kan aldrig sitta still. Du kan
aldrig ha en foretagskultur som sager att det dar ar inte for oss, det ar okej att strunta i det. Da har man
nog lite problem. En foretagskultur som bygger pa nyfikenhet. Big data ar bara ett steg, ndsta ar kommer
vi prata om nagot annat.
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M: Om du berattar lite forst om din arbetsroll?
Just det, jag ar VD pa Avensia som &r ett av Nordens storsta foretag nar det géller att leverera E-handelslésningar till
medelstora och stora féretag samt stora handlare och B2B-foretag. Det &r val min roll kort och gott.

M: Hur arbetar ni da med datainsamling? Vad ar det for data ni samlar in om era kunder till exempel?

For var egen skull sa samlar vi in ganska lite data om vara kunder eftersom vi levererar E-handelslosningar. Daremot
sd anvander vi de enorma mangder data som vara kunder har samlat in om deras kunder som de i sin tur ateranvander
for att gynna deras kunder. For var egen skull samlar vi in ganska lite data om vara kunder.

M: Okey, vad ar det kunderna ber er samla in for typ av data?
Det ar forsaljningsstatistik, orderhistorik, kundbeteende, kundstatistik, segmentstatistik, logistikorderflode etc. Sa det
&r réatt mycket statistik kring deras forsaljning, vi bygger deras e-handelssajter och deras Idsningar.

M: Just det, sa da anvander ni i princip kundens sparade data och drar slutsatser utifran det?
Just det, for kundens egen rakning. Det ar dar vi framst kommer &t storre dataméangder och beteendedata och
liknande.

M: Det ar ju véldigt intressant, formar ni hemsidorna utifran den data som ni far insamlad?

Japp, det gér man dels helautomatiskt och dels semi-automatiskt man samlar information hela tiden om
kundbeteende sa av alla miljoner kunder som har vart inne pa var hemsida sa sparar vi hur de har klickat sig fram pa
hemsidan, vad de har visat intresse for, vad de har lagt i kundkorgen, vad de har kopt, vad de har klickat pa etc. Sen
anvander vi det egentligen for varje sidvisning sa tittar vi pa vem du ar som individ, hur du jamfors med alla som
nagonsin har vart inne och sorterar darfor informationen som ska vara relevant for dig. Sa om du har kopt en iPhone
forra veckan sa kommer du att se valdigt mycket iPhone-tillbehor pa sajten i blickfanget. Om du visar dig
ointresserad av den har informationen s& kommer vi bérja visa andra grejer i stallet. Det ar inte 16nt att tjata utan man
anpassar hela tiden. Det finns en realtidshantering av detta nar det galler kundbeteende for att fa ut maximalt vérde.
Sen har du ju en, den dr helautomatiserad sa den har ju med automatiska system att g6ra. Sen har vi en
semiautomatisk del dar vi egentligen samlar ihop informationen och gor en mer kvalitativ av kunderna, vilket
segment de ar med i osv. Sen beroende pé den typen av statistik sa kan du gora olika typer av utskick, riktade
kampanjer och den typen av actions inifran och ut s att saga. Da &r man inne pa det halvautomatiska, da har du en
automatisk insamling men en manuell analys och halvautomatiska steg for att liksom aterkoppla informationen.

V: Hur anonym eller ar det nagon risk for den personliga integriteten?

Man har eller kunderna &r anonymiserade kan man saga, s man kanner inte till speciellt mycket om kunden annat &n
att den har en cookie och den hér cookien har betett sig sa hér tidigare och den jamfor sig sa har med andra cookies
och darfor ger vi den har informationen till den som har den har cookien. Tar du bort den har cookien s &r du
anonym igen, da ar du bortglomd da far du borja pa nytt igen. Du kan naturligtvis vélja att surfa i anonymt lage och
liknande sa att ingen sparas osv. Om man tittar pa de har klassiska PUL, personuppgiftslagsfragorna som
personnummer och till och med namn osv &r det langt ifran att man alltid har eller ens anvander det man har. Just
personnummer anvands extremt restriktivt, forutom kundnummer och liknande som uppstér inom exklusiva
kundklubber osv och dar kunden sjalv har angivit det.

M: Det later pa dig som att det 4r en win-win situation att samla in sd har pass mycket data om kunderna, att
det gynnar saval foretag som kund.

Ja, jag tycker nog att det &r en win-win. Som kund vill man ha relevanta erbjudanden och information och snabbt
hitta rétt saker pa sajterna sa jag hade blivit ratt irriterad om sajter glomde mig helt och hallet. Som handlare &r det ju
da en enorm fordel att, du har inte mer &n 6-7 visningar att intressera en kund. Har du inte visat ratt saker s kommer
kunden att g& ndgon annanstans. Sa som jag ser det sa ar det en win-win men det kan givetvis dras till extrema fall da
det inte l&ngre &r det.

M: Sa ar det absolut, hur marknadsfér Avensia sig?

Vi marknadsfor oss till andra foretag da som séljer produkter online och vi har genom events och kampanjer och
liknande. Vi har ganska liten marknadsféring online och huvudsakliga marknadsféringskanalen ar deltagande vid
events och liknande. Vi har ett eget b2bonline.se event till exempel som vi arrangerar sjalva och s deltar vi andra.
Tittar man online sa ar det nyhetshrev pa var egen hemsida men det vi séljer ar ju projekt i mangmiljonsklass sa det
ar mycket relationsforséljning. Det &r inget man kdper av oss online.
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M: Forlat jag forsoker hitta har nar ni startade, nar grundades Avensia?

Vi grundades, eller det beror pa lite hur man raknar eftersom vi ar ett samgaende av tre bolag. Det forsta av de
bolagen grundades 1998, det forsta bolaget som hette Avensia startades 2001, sa fran 98 till 2001 beroende pa vilka
rétter man vill spara. Sen gick de har tre bolagen samman 2007.

M: Och ni har alltid sysslat med e-commerce sa att saga?

De forsta aren sa var e-commercen en liten del av erbjudandet sa att sdga. Da héll vi pd med rétt bred 1T-konsulting,
sen sedan 2011 sa jobbar vi bara med det. 2015 salde vi dessutom ett par dotterbolag som hade annan verksamheter
sa det har varit en gradbit renodling men vi har hallit p& med ehandel sen 2003 i nagon slags skala.

M: Det jag vill komma &t lite ar vl egentligen alltsa hur ert arbete har forandrats i och med den héar big data
revolutionen s att sdga, hur det har blivit mer mojligt for foretag att samla in storre mangder data om sina
kunder?

Dar har det andrats. Hos oss har det vart en differentierande faktor och vi var ratt sa tidiga med detta med
personalisering och insamling av kundbeteende sa vi lag ganska fore the crowd 2010-2011. D& var det nastan ingen
annan som gjorde detta och vi gjorde det bra. Sa for oss har det varit en stor affarsdrivare. Nar det géller vad vi gor
for kunderna sa dndras det ju precis hela tiden. Just pa big data sidan s& har det inte andrats sa mycket pa de senaste
aren utan vi samlar in ratt mycket information, sen sjélva den hir semiautomatiska analysen och manuella analysen
som jag pratar om géller kunderna framst. Vi visar dem hur man gor, vi visar dem hur man kan géra men det &r sen
nér vi val séljer den tjénsten sa att saga.

V: Har det da vart ndgot fran kundernas sida nagon skepsis nar vi val borjade presentera det héar, att vi kan
samla in det har och det har om era kunder?

Ja, skepsisen kom vél i borjan av vara kunder, uppvisar kunderna sdna monster eller kan vi da dra nagra giltiga
slutsatser fran detta? Ska man verkligen segmentera pa en anvandares niva? Det ar egentligen en klassisk
segmentering har man gjort ett pastdende och sen sokt folk. Nar man liksom da tittar pa det har, damer i
femtioarsaldern handlar annorlunda an herrar i trettiodrsaldern. Det har man hallit pA med ganska lange, daremot att
som vi gor nu att vi egentligen gar ner pa individen, att du som har det har beteendet ar sannerligen intresserad av
andra som har samma ungefar samma beteende. Den &r ju ratt annorlunda och den kréaver rétt stor dataméangd sa den
fungerar ju inte heller hos riktigt alla vara kunder alltsa eftersom de inte samlar in tillrackligt med data. S& for dem ar
det smartare att anvanda mer semi-manuella eller helt manuella metoder sa det har vart en resa dér att bade Gvertyga
en del att det har fungerar, att det ar vart att géra och sen ocksa bevisa det helt enkelt.

V: Ar det problem da med den digitala kompetensen hos kunder?

Jag skulle saga att nar det galler big data s& och om man ska titta pa den automatiska sidan sa fungerar det och det
har fungerat i ganska manga ar for att det ar dar, dar behovs inte jattemycket kompetens, man behover skicka
systemet egentligen for att det ska framfdra en egen verksamhet. Sa att det finns mycket kompetens externt att hamta
och sen nar det val ar automatiserat sa kor det egentligen utan kundernas manuella inblandning. Det semiautomatiska
daremot och riktiga big data analyser med data mining osv, dar skulle jag saga att det gar extremt langsamt. Det &r
personalkravande, det ar kompetenskravande och jag skulle saga att i alla fall i dagsldget s& anvands kanske hogst
1% av den data som samlas in anvands faktiskt och om man skulle liksom ta det en division till och tanka pa hur
manga slutsatser man skulle kunna dra s& ar det enormt underutnyttjat. Det samlas valdigt mycket data, det anvands
véldigt lite data.

V: Vet folk vad de vill ha for data?
Leverantorer har sélt big data lange, framfor allt IBM och den typen av databasforetag, Oracle och de andra stora
drakarna. Jag skulle saga att kunderna har fortfarande en ratt lang vag pa den manuella sidan att komma ikapp.

V: Men vet de vilken data de vill samla in, eller samlas det in allteftersom?

Det &r egentligen, dar slar du huvudet pa spiken egentligen. Det &r, du samlar in for att veta exakt vilken data du vill
samla in sa bor du kunna din verksamhet utan och innan. Det ar larande pa nagot satt. Nar du borjat samla in borjar
du ana vad det &r du vill samla in. Sen far jobba vidare iterativt och borra och sen far man inte glémma att slanga lite
ocksa och sluta samla in en del.
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M: Kanner ni da fran Avensia att nar ni utformar sidorna, har den kompetens som krévs for att utnyttja den
datan som ni far tillgang till?

Jag tycker att mycket av det ar verksamhetsstatistik s det innebar att manga saker som ar gemensamma fér manga
verksambheter har vi kompetens kring. Andra saker dar nar det &r branschspecifika beteenden dar det ar véldigt
nischade saker dar vet vi ju att vi far lara oss tillsammans med kunderna. Stora saker och stora gemensamma
beteenden och trender kanner vi ju till. De stora sakerna vi har jobbat med hos kunderna kanner vi ju da ocksa till.
Men det kommer hela tiden nya saker och man ger sig in i nya branscher och hamnar i nya fragestallningar och far se
saker man aldrig sett forut, dar far man vara 6dmjuk och inse att man kan inte allt och far lara oss efter hand. Men
det ar klart, det bygger upp en erfarenhetsbank.

M: Jag tanker nu nar du driver Avensia framat, hur gér du ndgon omvarldsanalys? Vilken data samlar du in
i det sammanhanget?

Fran Avensia sa ar det viktigare att kolla pa dels produktutvecklingen, vilka produkter och erbjudanden finns det dar
ute? Vi kollar ocksa pa konkurrensen, vad erbjuder vara konkurrenter, vilka ar vara konkurrenter? Och sen dven
kunderna, vad efterfragar kunderna? Vad ser vi for trender pa kundsidan? Det har &r egentligen ratt sa kvalitativ
kartlaggning, man deltar pa events, massor och jobbar med sina natverk. Det &r inte s& mycket big data fran var sida.
Vi séljer ju tjanster till ett tjugotal kunder osv sa for oss ar var datainsamling kring grunderna traditionellt CRM
skulle jag sdga. Att kalla det big data &r lite dverdrivet, det &r ganska enkelt.

M: Men tror du att det finns bra potential for en big data l6sning for Avensia? Tror du att det skulle leda till
att du som VD tar battre beslut?

Det som skulle vara intressant for oss skulle vara att skapa nagon slags gemensam data 6ver alla véra kunder och
deras kunder sa att siga. D& har man ju vissa rattighetsproblem kring det. Men det finns ju produkter vi anvander
som skulle kunna samla aggregerad information éver kundgranserna. Dar skulle man ju framfor allt kunna hjélpa
vara kunder att maximera sin forsaljning annu mer. Problemet &r ju dd att anvdndarna, slutanvandarna har sillan
samtyckt till att information far anvandas mellan olika handlare. Vilket innebér att du direkt kommer trampa in pa
legala fragor och i vissa lander ar det explicit forbjudet att gora sddana saker. Men dér finns en enorm potential om
vad man skulle kunna samla for kundinformation och beteendeinformation mellan kunderna och det skulle verkligen
kunna utveckla Avensia framat. D4 pratar jag inte om mina kunder, utan da pratar jag om mina kunders kunder. Det
&r déar vi skulle kunna léra oss valdigt mycket.

V: Ar det s& att manga av era kunder &r direkta konkurrenter med varandra?

En del &r ju det, samtidigt s& skulle man ju kunna dra lardomar Gver branschgranser ocksa. En del lardomar bér inte
over branschgranserna men en del gor det. Da skulle man kunna géra en kvalitativ granskning dér ocksa. Vilken ska
vi ens satsa pa eller vilka saker som gar 6ver branschgranser men det skulle vi definitivt kunna lara oss, det skulle
kunna vara ett enormt vérde for oss att kunna bygga upp.

M: Jag tanker sen hela den har big data eran har kommit, anser ni att ni har fatt néjdare kunder?

Jag vet inte riktigt, man flyttar ju fokus. Man lagger hela tiden till nya funktioner och sajterna blir battre och mer
intelligenta sé att sdga men det blir deras konkurrenters sajter ocksa. Det ar nog svart att saga att vara kunder har
blivit mer néjda men kundernas kunder daremot, slutkonsumenter har blivit betydligt mer néjda idag med
webbsajterna dn vad de var for nagra ar sedan och detta till stor del pa grund av big data och beteendeinformation.

V: Hur ser beslutsprocessen for dig ut? Finns det nagot specifikt kring hur du gar tillvaga nar du fattar nagot
storre beslut.

Jag kan inte pastd att jag anvénder big data, jag utgar mer ifran klassiska nyckeltal och redovisningsinformation helt
enkelt. Jag har inte som sagt, mina kunder, de stora ehandlarna. Jag har inte jattemycket statistik om hur dem ringer
in till oss eller hur de foredrar att bli behandlade. Vi har kundndjdhetsundersékningar men det ar allt, det &r bara en
sammanfattning sa det &r inga stora grejer med det.

V: Hur mater ni kundngjdheten?
Vi anvander 18:38??? Finns pa natet, ratt standardiserad och analyserat satt att mata.

V: Vad ser du for mojligheter med big data i framtiden?

Det finns val alla mojliga mojligheter, alltsa man har ju ratt lange sett ehandeln som en postorder i princip. Men nu ar
ehandeln en ganska vass séljare och imorgon kommer ehandeln vara med all sdkerhet den absolut basta séljaren alla
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474 kategorier som kan beméta kunden precis som kunden vill bli bemétt. Som vet allt som kunden, kan lagga fram

475 relevanta forslag och naturligtvis sa undviker man att kunden ska kénna sig integritetskrankt osv. Jag tror att big data
476  bade realtidsbehandlad och semiautomatiskt behandlad kommer att lyfta fram ehandeln l1angt forbi vad en manuell
477  siljare kan, alltsa vad en mansklig séljare kan prestera.
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Rasch Skogh and Karlsson
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V: Kan du berétta lite om din arbetsroll?

Absolut, jag ar planner pa reklambyran King och vad det innebér i breda lag sa innebéar det att det ar jag och varan
avdelning som skoter marknadsstrategierna sétter riktningen for det kreativa. Det innebér vél egentligen att om en ny
kund kommer till oss och séger att vi vill gora kommunikation sa ar det vi som forsoker filtrera vilka utmaningar,
problem och darmed mojligheter som finns och sa man bor rent kommunikativt exploatera. Sa att all kommunikation
pa nagot satt har nagon affarsrelevans sa att vi liksom gor konton som gor skillnad istéllet for att bara gora roliga
eller bra idéer utan ett djupare syfte eller mening.

V: Hur avgor ni liksom vad som ar affarsrelevant da?

Nej men det ar val... Steg ett ar val ndgonstans att... for var kund att siga att de har ett problem eller att de har en
utmaning eller snarare sager dem att de vill géra kommunikation. Och da sa sager vi okej ni vill ha kommunikation,
givet eran produkt sa ser eran marknad ut pa det har sattet, det har &r era konkurrenter och de fungerar och agerar pa
det hér sattet. Det har ar era konkurrenter och de fungerar och agerar pa det har sattet. Det hér ar era konsumenter de
fungerar och agerar pa det sattet, de tycker det har om erat varumarke, det finns de har trender eller stromningar i
samhéllet och sa vidare. Massa olika parametrar. Utifran det sa far vi nagon form av nuldgesbild av varumarket eller
produktens roll pd marknaden och vad man har for utmaningar och problem framéver. Om utmaningen ar att
konsumenten inte gillar varumarkt for den hér och den har faktorn. Eller &r utmaningen att priset gor att man inte
varderar produkten som andra substitut eller alternativ. och sa vidare. Det ar en uppsjo av lika problem men lika sa
mojligheter. Konsumenter kvinnor i alder 40+, av ndgon anledning forbrukar den har produkten mycket mer an alla
andra men ni har aldrig gjort ndgon riktad kommunikation gentemot dem. Varfor inte utnyttja den mojligheten osv.
Med allt det har identifierat, med den analysen gjord sa skapar vi ett internt verktyg har hos oss som dven kunden tar
del av som vi kallar BPS (brand positioning statement) som i korthet blir liksom ett ramverk for kreatérerna att hitta
pa idéer inom. Da blir det som en kedja, givet att marknaden ser ut sahar och ert foretag star och gor det har sa har ni
de har och de har méjligheterna och utmaningarna och darfor behdver vi hitta pa idéer som talar om det har och det
hér. S& kan man séaga i korthet. Och sen sa galler i princip sak om det ar pa kampanjniva. Om [Féretag] som &r varan
kund vill prata om svenskt kott sa kanske vi gor en analys for att komma fram till att konkurrenterna pratar om
svenskt kott pa det har sattet och darfor finns det en mojlighet att prata pa ett annat satt eller konsumenten just nu har
tittat for mycket pd cowspiracy sa att de vill inte ens kopa kott. Da kanske vi ska prata om det pa ett helt annat stt,
vem vet.

M: Bra forklaring. Nar ni gor den har marknadsanalysen och den har malgruppsanalysen. Vad gér ni for
insamling av data da?

Jag forstar att det skulle komma med tanke pa att det var big data ni pratar om. D kan man vél siga sa har att i
mangt och mycket oftast s& har inte vi interna verktyg har for att ta fram data. Utan ofta ligger datan redan hos vara
kunder. Tar man [Foretag] eller [Foretag] sa har de valdigt omfattande databaser med all méjlig typ av information
och data. ibland far vi ta del av vissa saker de ger oss och sdga att det har skulle vi vilja utga fran. Eller sa far vi
tillsammans med dem jobba pa att se vilken typ av parametrar man skulle kan filtrera lika data pa och pa s stt hitta
olika insikter. Sa oftast kommer den datan vi anvander fran vara kunder och deras egna databaser och sen sa i den
man som det ar majligt, och det ar inte allt for ofta, s& hittar vi egna rapporter genom olika rapportverktyg eller lite
smatt googlar pa det och hittar publika rapporter. Men det &r vanligare att vi anvinder kundens data. Men... D& blir
det nagon foljdfraga, hur anvander vi den datan som vi far av dem. Man kan siga sa har, vad galler vara analyser sa
grundas de ofta av den datan men den data ger ju bara en bild av hur det ser ut. Alltsd den har segmenteringen koper
de har produkterna vid det och det tillfallet, i dem och dem geografiska omradena och sé vidare. Men den séger
aldrig riktigt varfor det ar sa. S& vara egna kompletterande analytiska metoder och verktyg blir djupintervijuer,
fokusgrupper, fieldstudies, allting for att fa en bild av varfor det ser ut som det gor. Data &r ovarderliga for att bilda
sig en uppfattning om hur det ser ut och &ven hypotesen varfor men det &r séllan den bekréftar exakt varfor. Dar gor
ju vi mycket arbete genom att helt enkelt i grund och botten prata med konsumenter och férsoka hitta anledningar till
varfor saker och ting ser ut som de gor.

V: Brukar ni komma fram till saker som era kunder inte sjalva lyckas komma fram till? Gor ni en mer
djupgdende analys &n vad de har gjort innan?

Bade och, ibland handlar det om att stalla fargor pa ett satt som de inte brukar stélla fragor. Ofta ar det s att de flesta
stora foretag som jobbar intensivt med kommunikation har olika typer av tracking verktyg och tracking rapporter.
Alltsa anvander sig typ av (???8:40) liknande och far dar med rapporter som séger att liking &r sa har, brand
awareness 4r s& hér, avsandarkopplingen &r s& har och sd vidare. Aven de svarar inte alltid pa varfor det &r sa, snarare
svarar de valdigt sallan pa varfor det ar sa. S& darfor hittar vi egna satt att komma till svars som de kanske inte gor.
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Fréagor de kanske inte vill ha svar p&, givetvis i samrad med vara kunder sa att de vet vad som forsigar. Men det
handlar ocksa varan process dar vi maste ha frineten att stalla fragor pa ett satt som kanske ar annorlunda an vad de
skulle stallt fraigan pa. Sen ska man ocksa sdga att manga av de rapporter som gors hos foretagen, hos vara kunder &r
i standard format, det &r standardrapporter med, sjalvklart tweakningar beroende pa vilken bransch och vilket foretag
och sa vidare. Men det ar nagonting som gors kontinuerligt. N&r vi gor vara har vi ofta ett mer riktat syfte och en mer
tydlig fragestallning och darfor kan vi ocksa ga lite mer pa djupet inom den. Langt svar, ja ofta kommer vi fram till
andra saker som de inte kommer fram till och vi ser kopplingar som de inte sett och kanske utmanar de slutsatser de
har dragit av en statistisk analys de har gjort och ibland &r vi pd samma sida fran forsta borjan. Men da handlar det
fortfarande fran varat hall att fa den bekréftad genom att da gora intervjuer och liknande. Var det ett svar pa fragan?

M: Ja. Till exempel med fallet [Foretag]. Vad far ni tillgang till, far ni tillgang till till exempel kundtrender de
har hittat i deras analyser eller vad &r det ni far tillgang till?

Ja. Vi far val... det ar inte sd att hela deras databas ligger 6ppen for oss. De &r ofta ganska komplexa databaser och
man maste lara kdnna hur man anvander dem och sa vidare. Oftast far vi be om saker som vi undrar dver men nér de
sjalva kommer med egna slutsatser och analyser och trender osv. Sa ar de givetvis mana att dela med sig av dem till
0SS precis som vi dr mana att ta del av dem. Eftersom vi i slutandan vill géra kommunikation som gor faktiskt gor en
forandring och gora skillnad. Darfor handlar det om att forséka ha en sa 6ppen delning av information som majligt.
Nej vi kommer inte at varenda liten grej och vi vet nog inte varenda liten grej som de skulle kunna pruta ner pa men i
mangt och mycket s har vi en dialog dér vi kan segmentera och fa ut ganska specifika svar.

V: Hur ser processen ut, nar ni far den har datan? Hur ser sjalva analysprocesen ut? Har ni en analytiker
som forsoker dra slutsater och sen skicka det vidare eller hur ser det ut?

Nej det har vi inte. Vi ar inte sa stora att vi kan ha en hel, en speciell person som &r avsatt till analysinformation utan
de &r val vi planners som sitter med det oftast och forsoker bearbeta den data som vi far. Och dar gar vi tillbaka till
det har samarbetet for att oftast sitter vara kunder pa desto storre analytiska avdelningar sé att de kan ju lara oss
valdigt mycket och hjalpa. Men sen sa galler det for oss att gora det hela till nagot som &r applicerbart och
anvandbart i kommunikationen.

M: Tror du att ni kommer arbeta mer dataorienterat i framtiden? For den trenden vi ser nu &r att big data
vaxer mer och mer och att féretag anpassar sig dven mer och mer och skaffar sig nya datalésningar? Tror du
att King kommer att géra nagot liknande, att ni kommer ta del av mer information och kanske kunna se fler
kundtrender och s vidare?

Ja det tror jag absolut. Med tiden sa ar det som du sager att big data ar ju relativt nytt men &ven om man anvant sig
av data lange sa ar sjalva begreppet big data relativt nytt och jag tror bara att det kommer bli &nnu stérre. Men med
det sa tror jag aven att det kommer att komma verktyg som gor det lattare for fler att ta del av den kunskapen som
finns tillgénglig. Verktyg som gor det lattare att hitta den information som man skulle vilja anvénda sig av helt
enkelt. Darfor tror jag att det blir ldttare for oss att ta del av den ocksé men det ar ju den ena sidan av det. Sen sa tror
jag rent kreativt, alltsd vara leveranser, sa tror jag att de ocksa kommer bli mer... Gora mer nytta av den big data som
finns. Med losningar som pé nagot satt bigger pa stora data. Vi har ju [Féretag] som kund och vi gjorde en kampanj
for dem som hette [Kampanjnamn]. Jag vet inte om ni sett eller tagit del av den?

V: Nej...

[Kampanjnamn] var egentligen sa hér att [Foretag], sen flera ar tillbaka har vildigt mycket data dver hur deras forare
har kort, det vill sdga GPS-data. Vart de plockar upp en produkt och vart de lamnar av en produkt och hur de kor dit
och sé vidare. Hur mycket data som helst, som vi gjorde en idé av som var [kampanjnamn]. Vi gjorde en turistguide
utav den data som fanns. Vi kunde fa ut data som visade att det har omréadet i Stockholm &r det omréde dar flest
upphamtningar sker och det har omradet ar dar flest avlamningar sker och da kunde man utifran det och utifran
omraden och utifran de néjen som finns i det omradet se vad som var troligt att folk gick till. Ett enkelt exempel,
Stureplan &r sékert en jattevanlig avslutnigspunkt i Stockholm och skulle man ga in da och sé& ser man att jag ar ute
efter restauranger i det omradet och s kunde man zooma in och sa... Ni far ga in och kolla sa kommer ni forsta vad
jag menar. Men sa kommer man da se att runt stureplan i Stockholm sa ar det mer intensivt med avlamningar av
kunder och vad finns det i det omradet. Da kunde man koppla samman den har datan med typ google maps eller
andra typer av kartor som visade vilka typer av grejer som fanns. Restauranger, biografer, nattklubbar, vad det nu
kunde tankas vara. P& sa satt gjorde vi en intuitiv turistguide 6ver Stockholm som egentligen bara grundade sig pa
vart stockholmarna sjélva aker. Sa av datan vi fick av [Foretag] som de har tillgangligt.
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M: Det kdnns som att uber har anvant precis samma data for att optimera deras placeringar och deras bilar.
Det var vél jag tankte pa rent spontant.

Ja men sékert, det borde de verkligen gora. De borde vara smarta nog for att se vart folk aker och vart folk hamtas
upp och sen forsoka optimera sin verksamhet efter det. Men ett annat sétt som big data anvands pa ar ju inom
programmatic-marknadsforing. Alltsd at finnas automatisk pa natet och pa andra stéllen bara baserat pa vart ens olika
kunder ror sig helt enkelt. Jag skulle inte pasta att det ar det mest kreativa sattet att géra kommunikation pa men det
kan séakert vara valdigt effektivt beroende pa vilken typ av information man vill sprida helt enkelt och vilken typ av
kunder man vill na.

M: Det ar valdigt latt att nd ratt malgrupp med den typen av marknadsforing.

Exakt. Och den typen av I6sningar blir kanske mer en mediebyra som hanterar det. Eftersom det &r de som bor veta
det. Vi ar de som sager att har har ni en banner och mediabyran sager att den borde vi lagga pa de har och de har
sidorna. Eller digitalbyrder som hanterar adworks och sa vidare. Det ar intressantare for oss att vi ger ett... dels ett
insiktsperspektiv men ocksa ur ett 1osningsperspektiv hur man kan anvanda big data. Bade de perspektiven kommer
att bli allt mer relevanta, for att inte séga nddvéandiga for oss att ha en del av.

M: Det ar ocksa en valdigt tydlig trend nu att manga foretag anstaller just data analysts for att kunna se de
har trenderna och forsta hur de ska placera sig i framtiden, hur de ska utveckla sina produkter och sa vidare.
Tror du att ni pa King, skulle ni behova anstalla ndgon med det har yrket eller tror ni att ni har den
kompetens som kravs for att kunna ta nytta av big data?

Jag tror inte att det &r aktuellt for oss att anstalla ndgon. Men jag tror absolut att det skulle kunna vara vardefullt for
oss att ha en s&dan person, det tror jag. Men i den mén som vi behdver anvanda oss av data sa tror jag att vi har dels
kompetensen sjalva att ta ut den data vi behover och dra de slutsatserna som vi behdver dra. Har vi inte det sa tror jag
framforallt att i den narmsta tiden fortfarande handlar om ett nara samarbete med vara kunder. Det kan ha att gora
med att vi ar en mindre byra sett till mannskapet, en storre byra kanske séger annorlunda, det vet jag inte. Men jag
tror inte att det &r riktigt nodvandigt for oss &n.

V: Du har alltsd inte upplevt att ni haft ndgot bristande kompetens? Alltsa att nu hade vi egentligen behovt
den har kompetensen for att fa reda pa det har.

Nej, det tycker jag faktiskt inte. Man kan ju hitta jattemycket intressanta insikter utifran big data, allts hur mycket
som helst. Men jag tror att man kan komma at den genom vara kunder som sagt. Ett annat sitt att anvanda big data i
insiktssammanhang &r ju att forsoka pa nagot sitt... Typexempel av vad man kan anvanda big data till ar ju for att
hitta vilka som &r ens I6nsamma kunder. Ni k&nner ju till den har 20/80 regeln att det ar ofta 20 % av kunderna som
star for 80% av omsattningen. En typisk sadan insikt behover inte vara sa svér att komma till utan det ar ganska
simpel... inte simpel men det kan vara ganska tydligt och det kan vara ganska enkelt att se. Och det klarar vi av. | det
fallet blir varan roll mer fokus pa att lyfta upp den fragan for vara kunder &n att hitta den fran forsta borjan. Sa
kunderna kan vara sapass insiktsfulla att de sjalva inser det men samtidigt inte av bekvamlighetsskal eller av
seghetsskal eller vad det nu kan tankas vara. Inte vagar lamna det skra de &r i och se till nya kunder.

V: Anvénder ni nagon typ av data for att rikta er till nya kunder? Forsoker lasa av vilka féretag som ar
intressanta?

Nej, det gor vi inte. Vara nya kundsamarbeten uppstar oftast genom dialogkontakter, dialog och annars pitcher. Jag
tror att det ar svart att mata och pa négot satt kvantifiera kreativitet eller behov utav en viss typ av kreativitet utan det
handlar mer om nagon form av matchning. En instéllning till kommunikation och en samsyn pa problemet. Jag tror
inte att data tyvérr skulle kunna hjalpa oss att komma till insikt med de grejerna.

V: Hur har ditt arbete forandrats sen ni borjade arbeta med big data eller sedan det bérjade bli en grej?

Jag tror inte att den har forandrats sd mycket, annat an att det finns mer tillgangligt och darfor blir processerna mer
komplexa och mer intensiva. Det finns mer data tillgangligt och det finns mer insikt att ta lardom av men da finns det
ocksa mer beteenden och hypoteser att bekrafta. Sa att den har hjélpt oss pa sa satt att vi tidigare i processen kan bli
mer riktade mot det vi ska stadkomma.

V: Anser du att big data har hjalpt konsumenterna ocksa? Att ni kan gora en béttre reklam som inte bara
gynnar era kunder utan aven konsumenterna?

Absolut. Men det beror ju pa hur du definierar gynnar konsumenterna ocksa. Men jo det skulle jag absolut saga for
att den blir mer relevant sa utifran vart perspektiv sé tycker vi det. Mer relevant for kunden for att vi har ett mer
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relevant affarsproblem och den blir mer relevant for konsumenten ar en viktig del i ekvationen av problemet. Men
ocksa for att vi genom att lara kanna konsumenten kan géra kommunikation som har smort(25:31???) battre helt
enkelt. Sa att ja, jag skulle sdga det. Men samtidigt s& kommer man in pa en liten diskussion om hur pass relevant
kommunikation faktiskt ar fér konsumenterna.

M: Men det ar ocksa en tydlig trend att det &r en brist pa digital kompetens hos de stora foretagen. Kanner
du att det finns nagot brist pa digital kompetens hos King? Tror du att ni skulle gynnas av att lara er mer om
datainsamling och sa vidare?

Nér vi pratar digitalt sa har vi en person som &r liksom digital creative director eller liknande har. Sa vad géller
anvandandet av det digitala sa har vi nog inget behov av det, vad galler framtagningen och analysen av digital data s&
jo absolut dar kanner jag att vi har mycket kvar att lara oss och fanns det ndgon som skulle kunna erbjuda den typen
av hjalp eller utbildningar sa hade det varit intressant.

M: Arbetar ni med sociala medier pa ngot satt?

Ja. Inte for oss sjdlva men for vara kunder sa gor vi ju... Det ingdr i varat uppdrag att vi ska vara medieneutrala
ibland beroende pa uppgiften och vad malbilden ar sd kan ju sociala medier vara en relevant kanal att anvanda sig av
och da hittar vi lgsningar for det.

M: Som jag har forstatt det, nar man val skapar en kampanj pa Facebook och sa vidare, da far man vélja
exakt vilken region, vilken malgrupp och alla de andra faktorerna som man vill rikta sin kampanj mot sa att
saga. Da antar jag att ni utifran den data ni fatt in att ni bygger de resultaten pa det?

Ja. Alltsa jag tror att vad géller sjalva segmenteringen via facebook till exempel. Sa har vi nog i ett mycket tidigare
bestamt att det har ar malgruppen vi vill nd. Och det har vi bestamt utifran data ocksa men aven utifran en malbild
hos kunderna. Vad galler sjalva genomforandet av segmenteringen nar det kommer till att applicera det pa Facebook
till exempel s ar det ofta inte vi som skoter det utan en digitalbyrd, en mediabyra eller de sjalva skulle jag saga. Men
sen sa har vi ju diskuterat den tidigare sa att varan lésning som sedan bara ska inféras pa Facebook ar grundad pa den
insikt och dérmed segmentering.

V: Anser ni att era kunder ofta har den digitala kompetensen som de behéver? Vet de vad for data som ar
relevant och hur den ska hanteras?

Ja. De har absolut relevant kompetens men sen sa ar det ju varat jobb att komma ur ett kommunikativt perspektiv och
darmed ocksa ur ett konsumentperspektiv eftersom det &r de vi ska nd i slutandan. Det &r varat perspektiv pa hur vi
ska gora saker. Sen kan vi komplettera dem genom att komma med nya typer av infallsvinklar eller utmana redan
framtagna resultat eller analysmetoder. S ja, jag tror att de sitter pa kompetensen men sen sa kan det vara bra att
komplettera synsatten.

Jag tror att man ska ha med sig nagonstans att insamlandet inte &r gratis heller. Darfor har vi svart att samla in data
sjalva. Vi har var egen konsumentpanel med 400 svarande som vi kan skicka ut undersokningar till och fa data sa att
sdga. Men det ar knappt namnvart jamfort med [Foretag]s egen databas som &r utifran varenda gang nagon drar sitt
kort i en butik. Vi anvander oss av den data vi far av vara kunder eftersom den oftast &r mycket storre och sen far vi
anvanda vara egna metoder for att utveckla det &nnu mer.

M: Ja men precis.

Men vad sager ni, alltsd det har ar bara en personlig asikt. Men for mig sa ar det intressant men det har ocksa blivit
en snedvriden diskussion om big data och hur stort det har blivit. F6r mig sa tycker jag att foretagen har alltid gjort
det men ju mer tekniken utvecklas desto mer data kan man samla in pé ett enkelt sitt. Och sen s& har man dé ocksa
insett att ju mer data man kan samla in desto mer insikter kan man fa ut av det. Det har med att man pratar om det har
som ett nytt fenomen och ndgonting nytt, har jag svart alltid svart att ta till mig. Allting utvecklas hela tiden och hade
man kunnat ta den har informationen for 10 ar sedan sé hade man gjort nagonting av det da ocksa.

M: Ja det &r ju som du sager att det utvecklas hela tiden men att folk kanske inte forstar att de kan skapa
varde utifran vad deras kunder gor pa facebook eller vad de handlar pa internet osv. Folk forstar inte att de
kan koppla deras kunders internetvanor till vart de resor och vad de handlar osv. Att de kan géra mer riktad
marknadsforing utifran den har komplex datan som man kanske inte riktigt forstar. Men absolut, det &r

som du sédger att det bara dr nagot som utvecklas kontinuerligt liksom
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