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Abstract:

The relationship between Knowledge Management (KM) and Business Intelligence (Bl) is di-
vided into two steps. First, differences and similarities between the concepts, and second,
what interaction the concepts have within organisations. Eight qualitative interviews with ex-
perts in the field of Bl have been done. The most significant difference is in the knowledge
sources, where KM handle explicit and tacit knowledge and Bl only handle explicit. The simi-
larities are that both of the concepts handle the same data sources (structured and semi-struc-
tured) and technologies (data mining and text mining). But even if there are similarities and
the experts are aware of these, their companies do not work like this in practice. In practice,
KM handle more semi-structured data and text mining, while Bl handle more structured data
and data mining. The interaction are shown through the learning processes and the best prac-
tises used by companies. Where Bl mainly handle raw data, the concept is within the organi-
zations used to visualize and facilitate the measureable information. KM is then used for the
organizations to convert and distribute this information into knowledge. Without working Bl
technologies you can’t get the right information for users, and without KM it is impossible to
turn the information into useful knowledge.
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1 Introduction

Knowledge Management (KM) has been an important matter for companies since the beginning
ofthe 1990’ (Arnott & Pervan, 2005). As the sharing of information has become more important
for organizations, the handling and analysing of data in real time has turned to an even larger
task for them to deal with. The usage of knowledge and KM inside an enterprise can be directly
decisive for how their business, will be profitable (Golinska-Pieszynska, 2014). When discuss-
ing KM, some of the most affected areas in an organization are IT-management, organizational
behaviour, organizational structure, economics and organizational strategy. These areas are
constantly affected by the information and data adopted inside a company. KM is also one of
the most important processes to the impact on Decision Support System (DSS) and decision
making situations through the knowledge retrieved from Organizational data. In this case KM
supports the companies and their processes to achieve competitive advantage in the market
(Burstein & Carlsson, 2008). The storage of data inside a company and the knowledge adopted
from the internal sources of a company are crucial to the development of the company's foun-
dation and will determine the situation for the workers inside the company (Golinska-
Pieszynska, 2014).

Since the early 1960’s, companies have used Information Systems (IS) to computerize their
operational business aspects such as order processing, billing, inventory control, payroll and
accounts payable. Further, DSS is a type of IS where the main purpose with DSS is to support
and improve managerial decision-making. Over the years, DSS have included systems like per-
sonal decision support systems (PDSS), group support systems (GSS), executive information
systems (EIS), online analytical processing systems, data warehousing, and today Business In-
telligence (BI) is a modern type of DSS in all type of companies(Arnott & Pervan, 2005).

“The aim of early DSS developers was to create an environment in which the human
decision maker and the 1T-based system worked together in an interactive fashion
to solve problems; the human dealing with the complex unstructured parts of the
problem, the information system providing assistance by automating the structured
elements of the decision situation.” (Arnott & Pervan, 2005, p. 5)

The term Bl is relatively new and has replaced decision support (DS), EIS and management
information systems (MIS) (Thomsen, 2003). Bl Systems provide decision makers with analyt-
ical tools and information to make good decisions. The goal is to improve the correctness and
quality of inputs in to the decision making process. In other words, Bl should help the company
to understand the state of trends, the future of the markets, technologies and the regulatory
environment together with the competitors and their actions. To make a clearer understanding
and show the difference between Bl system and DSS, we have chosen to use Negash and Gray’s
(2008) definition of BI systems:

“Bl systems combine data gathering, data storage, and knowledge management
with analytical tools to present complex internal and competitive information to
planners and decision makers.” (Negash & Gray, 2008)
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1.1 Problem area and research question

KM and Bl are concepts that are used in most organizations to create a competitive advantage
(Negash & Gray, 2008; Davenport, 1998). Previous literature have described the interaction
between the concepts, but with different explanations and angles of the meaning. Some authors
think KM is a subordinate part of Bl and some authors think it is vice versa (Herschel & Jones,
2005). There is also theories that states a clear relationship between the two concepts and that
they are interacted with each other (Cook & Cook, 2000; McKnight, 2002; Hamilla 2001; Mal-
hotra, 2004). Another matter concerning this is that a lot of industries are confused about Bl
and KM, and thinking that they have the same meaning. Back in 2004, a survey from OTR
consultancy showed that 60 percentage of consultant did not understand the difference between
the two concepts (Hameed, 2004; Herschel & Jones, 2005).

In other words, previous literature tells us that KM and BI are affected by each other, but the
previous researchers do not completely agree on the subject. As we mentioned above, different
authors have different answers for the relationship of the two concepts. It has lead us to the
following research questions:

How KM and Bl are affected by each other inside organizations?
a) What are the differences and similarities between the concepts?
b) How can the concepts interact within organisations?

1.2 Purpose

The purpose with this thesis is to specify the relationship between KM and Bl in two steps.
First, to find differences and similarities between the concepts, and second, what interaction the
concepts have within organisations. By doing interviews with Bl experts, we want to answer
our research questions. The focus is chosen due to that previous literature are inconsistent con-
cerning the interaction between the concepts. On account of this, we want to give an own sug-
gestion of the interaction between KM and BI.

1.3 Delimitations

Knowledge inside companies and thus KM can be used in several different areas and have
different definitions in every research field. We have chosen to use the definition of KM for the
IS field, which we present in chapter 2.1.1. Further, to not be confused about the terms “rela-
tion” and “interaction”, the term “relation” covers differences, similarities and the interaction
of the concepts.
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2 Theoretical background

In this chapter, we present previous research about DSS, KM and Bl together with differences,
similarities and the interaction between the concepts. Further, we show a frame of reference
with the chosen articles and a concept-matrix that show how the articles are connected to each
other.

2.1 Knowledge Management

2.1.1 Definition of knowledge

Defining the meaning of knowledge is and has for long been a subject occupying the minds of
theorists and researchers (Alavi & Leidner, 2001). The word can be used in many different
areas and with various notions. In the field of IT and IS, knowledge can be addressed in relation
to data and information. According to Dretske (1981) and Vance (1997) the understanding of
the relationship between these three, can be described in this way: data is raw numbers and raw
facts, information on the other hand can be regarded as processed data, and knowledge in this
sense is authenticated information. This way of viewing knowledge is still not a completely
clear definition. To effectively distinguishing information and knowledge is a problem when it
comes to content, accuracy and structure. To make it easier, it is possible to say that knowledge
is the information that is being processed on an individual level. In this sense knowledge varies
from the different personal views in relation to facts, procedures, concepts, interpretations,
ideas, observations, and judgments. Through these various perspectives knowledge can be de-
scribed as personalized information, which is affected by the background and experience of the
holder (Alavi & Leidner, 2001).

2.1.2 Explicit and Tacit knowledge

There are two different major types of knowledge that can be defined and needs to be separated
from each other. These are called tacit and explicit knowledge. Tacit knowledge has a more
practical expression, which is hard to put into words down on paper. Easily put, tacit knowledge
is the knowledge that is “inside the head of the knower” and is harder to transfer from one
individual to another, without involving it in a practical way (Dalkir, 2013). To gain tacit
knowledge the holder must repeatedly learn, work, and acquire own experience and competence
in the chosen field of knowledge. One example of tacit knowledge is an athlete’s ability to
perform in different sport activities. It has gained its’ skill by practise and experience, and it is
impossible to directly transfer this knowledge to other individuals by telling them how to do it
(Collins, 2010). Explicit knowledge is instead an opposite type of knowledge where the content
of information can be captured in words, recordings, coding and images etc. This knowledge is
easier to share inside an organization, and some useful ways to distribute explicit knowledge
are through documents, manuals and e-mails. An interesting thing concerning these two types
is that tacit knowledge is in many ways more valuable in the context of the special skills that
are developed through the knowledge. But for companies explicit knowledge is a more useful
type of knowledge to handle, since the content can easily be shared from management to em-
ployee or employee to employee etc. (Dalkir, 2013). When a company deals with tacit

_9-_
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knowledge it is essential to encourage workers to interact and share the knowledge through
practical tasks. This type of interaction and collaboration is important when attempting to trans-
mit tacit knowledge between individuals or convert tacit knowledge into explicit knowledge,
thereby transforming it from individual to organizational level (Gold & Arvind Malhotra,
2001).

2.1.3 Knowledge management in organizations

KM can be used in different ways, depending on how the specific organization work. The main
goal of KM is to get the best leverage of knowledge constituted both internally and externally
of the organization (Liebowitz, 2006). To handle KM inside a company there is obviously a
specific aim or objective for that specific company. Davenport and Prusak (1998), present three
different aims that are regularly constituted in the projects related to KM: (1) Make knowledge
visible and to display the role of organizational knowledge, (2) Create a knowledge intensive
culture in the company by encouraging knowledge sharing and knowledge offering between
different organizational parties (employees e.g.). (3) Build a knowledge infrastructure, includ-
ing both technical systems and the connection amongst people given time, tools, space and
support to interact and cooperate.

Technology is an important part of today’s organizations but in the aspect of KM it is not the
only key feature. Even if the technology is used to sort and share knowledge, other important
tasks are related to the understanding of how people work, both individually and in group, and
how they can share knowledge and learn from each other. It is also essential to understand the
organization’s learning about their workers skills and how they can apply it for maximum gain
(Muhammad, Ibrahim, Bhatti, & Waqas, 2014). There are often three different components
related to KM, they are people, technology and the processes performed inside and company
(Dalkir, 2013).

People

Knowledge
Management

Process

Technology

Figure 2.1: Components of Knowledge Management (Dalkir, 2013)

—~ 10—
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People

This feature produces individual and collective knowledge through learning, sharing, problem-
solving, and integrating knowledge with corporate culture. The end product of this element is
to bring up the level of quality for products and services constituted in the company. The dia-
logue between the people in the firm is the basis for creation of new ideas and is therefore
viewed as having potential of creating knowledge (Dalkir, 2013).

Technology

Part of the IT-infrastructure that should work as a support for gathering and sharing knowledge
for the company. Used as a tool for the KM to assemble and provide knowledge inside the
company, which should work in line with company’s resources. The technology can be used to
eliminate communication barriers between different parts of the company, so in this aspect the
technology supports the various type of knowledge and communication that is critical (Dalkir,
2013).

Processes

Can be described as the main execution inside the company, how the people work and how they
use the tools in relation to creating, storing, and applying knowledge (Dalkir, 2013; Gold &
Arvind Malhotra, 2001). Bhatt (2001), describes KM as a process where knowledge creation,
validation, presentation and distribution are included. KM is used to achieve the organizational
goals through the strategy driven motivation and facilitation of knowledge workers, and to pro-
mote and enhance their capabilities to interpret and handle the available information (Uit
Beijerse, 1999). This information can in turn be created or adopted from various ways depend-
ing on the tools that the organization chooses to use. From the procedure to achieve the goals
mentioned above, it is possible to regard KM as a process which involves several activities for
an organization.

At a minimum, there are four basic practises that are involved in the process of KM. These are
creating, storing/retrieving, transferring and applying knowledge. There are also ways where
these key practices can be divided into sub practices, for example, in acquiring external
knowledge, producing internal knowledge and storing knowledge in form of documents and
data. Updating and sharing data both internally and externally are also sub practices in this
process (Teece, 1998).

2.1.4 Data Mining and knowledge management

The process of KM is an iterative procedure and can be used in a way that extends the collection
of data mining (DM) techniques into a KM context. The process of how DM for KM can be
used as described below. It is a process where organizations search available data to analyse in
order to find implicit, but useful information (Berry & Linoff, 1997; Fayyad, Piatetsky-Shapiro,
Smyth, & Uthurusamy, 1996). The process involves examining, exploring and forming large
amount of data, to reveal previously hidden patterns in large databases. The procedure of min-
ing the data is often executed through a broad family of computational methods which include
statistical analysis, decisions trees, neural networks, rule indication and refinement, and graphic
visualization (Shaw, Subramaniam, Tan, & Welge, 2001). In recent times and in fast rate of the

~- 11—
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development in data analytics, DM have been a more popular and practical feature in the area
of evaluating and analysing data, especially in terms of finding patterns (Shaw et al., 2001).

Through the different ways of DM, it is possible to get the knowledge needed for the organiza-
tions gain. Some examples of objectives can be data that are used for strategic marketing or
analysing sales statistics. The DM methods are usually applied to the complete database inside
a firm, from where it is possible to excavate a strategical representative sample of the data stored
in the company. The first step in this process is therefore to make a decision on which data is
necessary to mine in importance of the task, after this decision the next step is to explore the
data, i.e. by using data visualization. This step is important for the users to get a more compre-
hensive idea of the data that is handled. The main purpose with DM as mentioned, is to identify
and evaluate useful patterns in the data that is of significance depending on which area is tar-
geted (Shaw et al., 2001).

2.1.5 Knowledge management processes

The processes for KM can be considered both as how the company execute specific errands
within the field of KM, and also as the social activities connected to the procedure that is used
by the company. In this section four different processes are presented that can be considered as
KM functionalities inside a company. The four processes are included in a framework devel-
oped by Alavi and Leidner (2001). The framework introduces organizations as knowledge sys-
tems who represents the cognitive and social environment of organizational knowledge, which
are both embodiment in the individual’s cognition and practices as well as the collective in the
company. These processes are called knowledge creation, knowledge storage/retrieval,
knowledge transfer and last knowledge application. They are not meant to be interpreted as a
monolithic set of activities, instead they symbolize a more interconnected and intertwined set
of activities that are performed inside a company.

Knowledge Creation

The first of the processes is the creation process and it is the start of the end product where
content of data and information can be transformed into both tacit and explicit organizational
knowledge (Pentland, 1995). Knowledge creation is a process where the social and collabora-
tive activities inside a company, as well as the individuals learning development (e.g. reflection)
can create, distribute and amplify the knowledge in a company (Nonaka, 1994). In this ap-
proach, the creation of knowledge is seen as a continual interaction between the tacit and ex-
plicit dimensions of knowledge. This interaction is on an individual level but also in groups and
on the organizational level. Four different modes related to the creation of knowledge have
been identified and classified, these are socialization, externalization, internalization and com-
bination (Nonaka, 1994):

e Socialization: This mode of knowledge creation refers to the conversion of tacit
knowledge to a new tacit knowledge. This mode creates knowledge through interaction
and shared experience among different organizational members.

e Externalization: The externalization mode creates knowledge by converting tacit
knowledge into new explicit knowledge. Some examples of this can be through enunci-
ation, best practices or education by knower (tacit knowledge holder).

—12 —
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e Internalization: Creates new tacit knowledge from explicit knowledge. Examples can
be through learning and understanding from reading or discussion.

e Combination: Refers to the creation of new explicit knowledge by merging, categoriz-
ing, reclassifying and synthesizing already existing explicit knowledge. Some examples
can be literature survey reports.

In the knowledge creation processes the knowledge does not necessarily have to be completely
new in every sense, but for a person it is possible to create new tacit knowledge through the
usage of explicit knowledge (Internalization). Through this procedure the organization gain
new knowledge through their employees (Alavi & Leidner, 2001).

Knowledge Storage/Retrieval

Earlier empirical studies have shown that even if organizations can learn and draw knowledge
through different processes, they also have the ability to forget or lose track of the acquired
knowledge (Darr, Argote, & Epple, 1995). To this end the storage and retrieval process is im-
portant to handle for the organizations. The organizational memory, which the stored memory
can be called, is established as an important aspect for effective organizational management
(Stein & Zwass, 1995). Some usual ways to keep knowledge in an organization is through writ-
ten documentation, structured information stored in databases, codified human knowledge and
tacit knowledge adopted by individuals or groups of individuals inside the company (Tan, Teo,
Tan, & Wei, 1998).

Collective organizational memory can be explained as the means by which previous stored
knowledge inside a company effect and influences the present organizational activities (Stein
& Zwass, 1995). This is the knowledge that includes more than the individual knowledge and
include other components like organizational culture, work procedures, organizational structure
(both informal and formal), and the informational documentation etc. (Walsh & Ungson, 1991).

In some situations the organizational memory can lead to complications when dealing with
organizational change. Denison and Mishra (1995), bring up that in some cases the organiza-
tional memory can lead to a single loop learning which puts organizations in a stagnating situ-
ation, where organizations become too resistant to change. One useful aspect about memory for
organizations is the IT-enabled organizational memory which can have a positive influence on
the organizational performance and its employees. Advanced computer storage technology
combined with refined retrieval techniques can be used as effective tools when it comes to
enhancing organizational memory. Some examples of tools are query languages, multimedia
databases, and database management systems. These type of IT-tools can increase the speed
and quality in which the organizational memory can be accessed (Alavi & Leidner, 2001).

Knowledge Transfer

The third process in the framework is one of the most difficult tasks to perform for an organi-
zation. Considering the distributed nature of organizational cognition, the transfer of knowledge
is an important performance for distribution of knowledge to locations in the company where
it is best needed and can be used. An occurring problem for organization is that the systems
used can be weak in locating and retrieving knowledge that needs to be transferred (Huber,
1991). The drivers in this are the communication processes and information flows in the com-
pany which activates the transfer in organizations.

_ 13—
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IT is an important support for the transfer of knowledge. An innovative use of technology con-
cerning transfer is the use of intelligent agent software that can develop interest profiles of
organizational members in order to determine where the knowledge is most effective and con-
cerning which part of the organization it can be most useful (O'dell & Grayson, 1998). IT can
also increase knowledge by extending the individual’s reach beyond the formal communication.
To get new knowledge might be limited to the interaction with co-workers, but through IT-
enabled systems it can be possible to transfer knowledge to larger networks of people (Alavi &
Leidner, 2001).

Knowledge Application

The creation, storage and the transfer of knowledge are useless executions without the applica-
tion. If a company does not know how to applicate it in a functional manner, the knowledge
becomes worthless (Alavi & Leidner, 2001). Technology can mainly support the knowledge
application by embedding knowledge into the organizational structure and routines. Daily prac-
tises for a company can be embedded into the usage of IT, and through this create systems that
become examples of organizational norms (Bloodgood & Salisbury, 1998). IT can enhance
knowledge integration and application by facilitating the capture, updating and accessibility of
organizational directions. The application of knowledge can be enhanced through the ease of
maintenance for instructional and directive in organizational routines. Some examples of this
can be manuals, policies and organizational standards that become more available and easier to
share throughout the organization. This also increases the speed in which changes throughout
the companies can be applied and responded to. Since the knowledge concerning directives and
routines become more embedded in the organization, the learning curve for individuals can be
accelerated. Some examples of this are through best practices inside the organization and learn-
ing from other units that have gone through similar experiences. IT-systems in organizations
can also improve the knowledge application by codifying and automating organizational rou-
tines. Automation of workflow processes involving documentation, information sharing, rules
and organizational activities helps organizations to save time (Alavi & Leidner, 2001).

2.2 Decision support systems

Since Bl is a fairly new term and replaced DS, EIS and MIS (Thomsen, 2003), we want to give
a brief history about DSS before we start to defining BI.

Companies have used IS to computerize their business since the early 1960’s and DSS is a type
of IS with the main purpose to support and improve managerial decision-making. The aim of
the first MIS was to make information from Transaction Processing Systems (TPS) available
to management for decision-making (Arnott & Pervan, 2005). But most of these MIS was a
failure in the beginning. The failure was because of that the IT managers misunderstood the
nature of managerial work. The systems where too big and inflexible which generated, reports
with several dozen pages with just a small amount of necessary information (Ackoff, 1967;
Mintzberg, 1975; Tolliver, 1971).

The term “Decision Support Systems” was first mentioned in a paper from Gorry and Scott
Morton (1971). They, regarded that DSS support any managerial activity in decision that are
semi structured or unstructured (an explanation of semi-structured and structured data will be
done in the next section 2.3 Business Intelligence). Later, Keen and Morton (1978) constricted
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the definition to semi structured managerial decision, which is a definition that consists today.
This early work and definitions of DSS was highly experimental and even radical (Alter, 1980).
The purpose with DSS was to create an environment where the human decision maker and the
IT system worked together in an interactive way to solve problems. In other words, the human
worked with the complex instructed problems of the problem, while the IS assisted the human
by the structured element of the decision situation. The DSS was just a way to make the decision
easier and not about to make the decision (Arnott & Pervan, 2005).

DSS is not just one homogeny type of system, there is different types of DSS and each of the
types represents a different philosophy of support, system scale, level of investment, and po-
tential organizational impact. They use different technology and can support different manage-
rial decisions. Figure 2.1 shows the evolution of DSS, it consists of theoretical foundations, the
indicated decades and its technology (Arnott & Pervan, 2005). Since this thesis mainly is about
BI, we have chosen to just describe the different types of DSS in short.

Computer-based

irformation systems Dperations Reszarch/

Management Science

Transaction Processing Optimization &

& Reporting Systems simulation models Behavioral Decision
Theory
. sacml Psychology
1970s PERSONAL DECISION
SUPPORT SYSTEMS
Artificial IgEIIgence Wr & processes
Expert Systems Data Base Tneory
GROUP SUPPORT SYSTEMS
1980s
INTELLIGENT DECISION MNegotiation
SUPPORT SYSTEMS Theory
EXECUTIVE INFORMATION
SYSTEMS
Knowledge Dimensional nodelmg
1990s Management/
Drganzational NEGOTIATION SUPPORT
. SYSTEMS
DATA WAREHOUSING
KNOWLEDGE MANAGEMENT-
2000s BASED DSS

Figure 2.2: The evolution of the Decision Support Systems Field (Arnott & Pervan, 2005)

2.2.1 Personal Decision Support System

PDSS are the oldest form of DSS which is a small scale system, usually developed for one
manager or a small group of independent managers with one task. PDSS replaced MIS as the
management choice and it was a success. It is about supporting the manager instead of the “the
organization”. The technical orientation can be data-oriented or model-oriented with different
system types, such as File Drawer Systems (data-oriented) and Accounting Models (model-
oriented). This technique is still used in Bl and Customer Relationship Analytics and the term
is “analytics” (Morris et al., 2003).

— 15—



The relationship between Knowledge Management and Business Intelligence Sonesson and Storgren

2.2.2 Group Support Systems

In comparison to PDSS, in GSS is the responsibility for a decision is shared by a group of
managers (Arnott & Pervan, 2005). Huber (1984), defines GSS as it “consists of a set of soft-
ware, hardware, and language components and procedures that support a group of people en-
gaged in a decision-related meeting”. Further, have communication and information processing
being added to this definition and they are mostly implemented as Electronic Meeting Systems
(EMS) or Group Decision Systems (GDS) (Dennis, George, Jessup, Nunamaker Jr, & Vogel,
1988; Kraemer & King, 1988).

2.2.3 Negotiation Support Systems

Just like GSS, Negotiation Support Systems (NSS) also operate in a group context but it has
technology that makes it easier to support negotiations (Rangaswamy & Shell, 1997).The sys-
tem could be constructed in two different ways, problem oriented or process oriented (Jelassi,
Kersten, & Zionts, 1990).

2.2.4 Intelligent Decision Support System

Intelligent Decision Support Systems (IDSS) are about artificial intelligence (Al) and can be
categorized into two generations. The first generation include rule-based expert systems and
the second neural networks, genetic algorithms and fuzzy logic. The aim of Al is to replace
human decision making while DSS just are a support to the decision-maker (Aronson, Liang,
& Turban, 2005; Bidgoli, 1998)

2.2.5 Executive Information Systems

Executive Information Systems (EIS) are data-oriented DSS and offer reporting on the nature
of an organization and can be used by all levels of the management to manage leaner reporting
structures (Arnott & Pervan, 2005). It consisted of a multidimensional view of data, which later
were described as online analytical processing (OLAP) (Codd, Codd, & Salley, 1993). Further,
EIS developed into BI which is described in the next section 2.3.

2.2.6 Data warehouses

The development continued and a data warehouse is a set of databases that are created to pro-
vide information to decision makers. Data warehouses (DW) deliver raw data to user focus and
it is an important element in DSS like PDSS, EIS and Bl (Cooper, Watson, Wixom, &
Goodhue, 2000). It consists of data from several different sources like Enterprise Resource
Planning (ERP), Customer Relationship Management (CRM) and Supply Chain (SC). DW are
easy to analyse and provides meaningful data so decision makers can make faster and better
decisions (Keen, 1997). Data warehouses support Online Processing Analytical Processing
(OLAP), which will be described in section 2.3.3 Analytics.
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2.2.7 Knowledge Management based DSS

KM have already been described in the previous section and the aim of KM based decision
support technologies are about knowledge storage, retrieval, transfer and application by sup-
porting individual and organizational memory and inter-group knowledge access (Arnott &
Pervan, 2005).

2.3 Business Intelligence

The aim of Bl is to provide the decision makers with analytical tools and information to make
good decisions, so they can improve the correctness and quality of inputs in to the decision
making process. Bl should help companies to understand the state of trends, the future of the
markets, technologies and the regulatory environment together with the competitors and their
actions. An ideal Bl system should provide the decision maker with data delivered in the right
time, at the right location and in the right form. Which would improve the timelines and value
of the decision process (Negash & Gray, 2008). The strategic use of Bl can be ranked in the
following order (1) Corporate performance management, (2) Optimizing customer relations,
monitoring business activity, and traditional decision support (3). Packaged standalone Bl ap-
plications for specific operations or strategies and (4) Management reporting of Bl (Willen,
2002). Bl adapts data from the corporation into specific beneficial information and through
human analysis it ends up with knowledge for the company, such as: forecasts based on histor-
ical data, past and current performance and estimation of the future, “What if” analysis of dif-
ferent scenarios, ad hoc to the data for non-routine questions, and strategic insight. Bl consist
of information from several different IS which are designed to support the decision making
(shown in Figure 2.2) (Negash & Gray, 2008). Note that KM in the model is as a system, and
in our research, it is viewed as a concept in the whole organisation.

N

Data Business CRM
Mining Intelligence | Marketing
DSs/
EIS

Figure 2.3: Bl Relation to Other Information Systems (Negash & Gray, 2008)
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2.3.1 Structured and semi-structured data

Bl deals with both structured and semi-structured (also called unstructured) data. (Moss, 2003;
Rudin & Cressy, 2003). Structured data is data that fit into relational or flat files, while semi-
structured do not. Examples of structured data are ERP CRM and databases. While examples
of semi-structured data are Business Processes, Chats, E-Mails, Graphics, Image files, Letters,
Movies, Spreadsheet files and webpages. Figure 2.4 shows the Bl data framework how struc-
tured and semi-structured data create action. Further, the data types can be categorized into
internal and external data sources. Examples of internal data sources are ERP which are struc-
tured and Business Processes which are semi-structured. An example of external structured data
sources are CRM and external semi-structured are new items. What companies want to achieve
with a Bl system is mainly not cost or time savings. But rather a “big bang return some time in
the future”. Nevertheless it is hard to predict big bangs since they are random and not frequent
(Hannula & Pirttimaki, 2003).

STRUCTURED DATA
Acquisition = Integration - Cleanup =2

Search < Analysis - Delivery

—Z0--H0P

SEMI-STRUCTURED DA
Acquisition > Integration = Cleanup =

Figure 2.4: Bl Data Framework (Negash & Gray, 2008)

2.3.2 Capabilities of a Bl platform

To further describe the capabilities of what a Bl platform should include, we have chosen to
present Sallam, Richardson, Hagerty, and Hostmann (2011), 13 capabilities of what a Bl system
should cover. The capabilities are divided into three categories of integration, information de-
livery and analysis. Where information delivery is the main category in most of Bl projects
today, but analysis are increasing. Below are a short description about each of the capabilities.

Integration

e Bl infrastructure — The infrastructure should be the same over the whole system. In other
words, they should use the same security, metadata, administration, portal integration,
object model and query engine.

e Metadata Management — The metadata should provide a powerful way to way to search,
capture, store, and reuse and publish metadata objects such as dimensions, hierarchies,
measures, performance metrics and report layout objects.

e Development tools — The Bl platform should be created so it can integrate into a Busi-
ness Process and/or include them in other applications. It should also support Web ser-
vices in common tasks like scheduling, delivering, administering and managing.
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Collaboration — The users should enable collaboration between the Bl users to discuss
information via threads or chats.

Information Delivery

Reporting — The ability to create interactive reports with scalable functions. It should be
possible to use several different reporting tools, such as financial, operational and per-
formance dashboards. In addition, it should integrate with mobile devices.

Dashboards — The ability to publish interactive dashboards of information like dials,
gauges, check boxes and traffic lights in real-time data. This dashboards indicates the
performance to the goal.

Ad hoc query — The user should create their own questions about the tasks instead of
only rely on the system. It is important that the user can navigate to the different data
sources so they can analyse them by their selves.

Microsoft Office integration — Sometimes, Microsoft Offices product acts like the Bl
client, a good example is Excel. Therefore it is important to have an integration with the
Microsoft Office products, an example could be that the document formats are the same.
Search-based Bl — The search index for Bl can be structured and semi-structured data
sources and map them into a classification structure of dimension and measures, so the
users easily can navigate and search for them.

Analysis

OLAP — The ability for the decision maker to analyse the data fast. They can often
navigate “multidimensional drill paths”. Sometimes, they also can write back to a pro-
prietary database to plan what-if scenarios.

Interactive Visualization - Visualization is the procedure when the data is presented
within graphical images. It is used to create advanced dashboards with an overview of
the information on a single screen. It makes it easier for the human (decision-maker) to
extract information from data and provide an overview of complex data sets. Visualiza-
tion identifies things like structure, patterns, trends, anomalies and relationships to assist
the decision-maker. (Houdeshel & Watson, 1987; Negash & Gray, 2008)

Productive modelling and data mining — It makes it possible for an organization to clas-
sify categorical variables and to estimate continuous variables using advanced mathe-
matical techniques. The developers can easily integrate models into reports, dashboards
and analysis.

Scorecards — Gives the ability to take information from the dashboard into a strategy
map that align Key Performance Indicators (KPI). These scorecards should be integrated
to related information so the decision maker can do further analysis.

2.3.3 Analytics

As mentioned in the introduction, Bl became a popular term in the 1990s. Later, in the middle
of the 2000s, a new term called business analytics was introduced to describe the most important
analytical components in Bl (Davenport, 2006). There is three different types of Business In-
telligence and Analytics (BI&A), BI&A 1.0, 2.0 and 3.0, which are described below (H. Chen,
Chiang, & Storey, 2012).
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BI&A 1.0

BI&A 1.0 derived from the database management field and it is dependent of data collection,
extraction and analysis technologies (Chaudhuri, Dayal, & Narasayya, 2011; Turban, Sharda,
Aronson, & King, 2008; Watson & Wixom, 2007). BI&A 1.0 mainly consists of structured
data, collected by the companies’ legacy systems and they are stored in the commercial rela-
tional database management systems (RDBMS). The analytical techniques that are used are
generally DM. Data management and warehousing are the basis for BI&A 1.0. Extract, Trans-
formation and Load (ETL) is necessary to convert and integrate specific data. OLAP which are
database queries are used to examine important data features. Business performance manage-
ment (BPM) used scorecards and dashboards to analyse and visualize different performances.
There is also several other functions such as statistical analysis and DM techniques are adopted
for association analysis, data segmentation and clustering, classification and regression analy-
sis, anomaly detection, and predictive modelling in various business applications. BI&A 1.0
covers the following capabilities that are essential for a Bl: reporting, dashboards, ad hoc query,
search-based BI, OLAP, interactive visualization, scorecards, predictive modelling, and DM
(H. Chen et al., 2012).

BI&A 2.0

When internet and web growth in the beginning of the 2000, opportunities for data collection,
analytical research and development were created. Search engines such as Google, Yahoo and
e-commerce businesses like Amazon and eBay made that companies could interact with their
customers directly online. The companies could collect user information from the search and
interaction logs collected via cookies and server logs. Web intelligence and web analytics cre-
ated a new epoch for BI&A 2.0 with analytics from semi-structured data. These techniques
made it easier for the companies to understand their customers, i.e. their shopping behaviours.
BI&A 1.0 are integrated to enterprise IT systems, while BI&A 2.0 require integration of expe-
rienced and scalable techniques in text mining ™, web mining, social network analysis and
analysis together with existing DBMS-based BI&A 1.0 systems (H. Chen et al., 2012).

BI&A 3.0

BI&A 3.0 move on into mobile phones and pads, which have a complete ecosystem with appli-
cations. But also other sensor-based devices that uses RFID such as barcodes and radio tags
open up for innovative applications. BI&A 3.0 are about to analyse data from this devises, an
example are to collect the physical location of a person. In other words, BI&A 3.0 and Internet
of Things are the modern analytics to do right now (H. Chen et al., 2012).

2.4 Knowledge Management and Business Intelligence

Based on earlier literature, no general description of the relationship between Bl and KM are
specified, different authors have used different explanations throughout the years. In this sec-
tion a number of different theories concerning the connection between KM and BI will be pre-
sented. One interesting fact is that several industries are confused on Bl and KM, and confounds
the concepts by thinking that they have the same meaning. An example of this is a survey from
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OTR consultancy, which showed that 60 percentage of consultants did not understand the dif-
ference between the two concepts (Hameed, 2004; Herschel & Jones, 2005).

2.4.1 Differences and similarities

As we already described, Bl is a set of techniques of gathering, accessing and analysing a big
amount of data, while KM is a set of practices for the creation, development and application of
knowledge to create a better performance in the organization (Alavi & Leidner, 2001; Dalkir,
2013; Negash & Gray, 2008; Nonaka, 1994). Both Bl and KM improve the use of information
and knowledge in the organisation (Sun & Chen, 2008). But there are several differences in the
concepts. KM is mainly about human subjective knowledge, thus no data or objective infor-
mation (Davenport, 2006). An example is tacit and explicit knowledge which is about dynamic
human process of personal belief and truth. In other words, KM is about semi-structured infor-
mation and tacit knowledge that Bl do not deal with (Marwick, 2001). As we described in sec-
tion 2.1.2, new knowledge is created via a synergic relationship between tacit and explicit
knowledge through the process of the four steps: Socialization, Externalization, Combination,
and Understanding/Internalization (Nonaka and Takeuchi 1995). KM includes tacit and explicit
knowledge and explicit-oriented Bl could be seen as KM. This can depend on how the company
define the word and its usage. Either, KM is a routine and structure for information processing,
or it focuses on no routine and unstructured sense making (Malhotra, 2004).

Both Bl and KM are successful concepts that should effort and manage information glut and
collect knowledge into a competitive advantage (Cody, Kreulen, Krishna, & Spangler, 2002).
Further KM is more people centric, which mean that people create, share, disseminate, use and
apply knowledge. Even in Bl, most of the decisions and actions are made by people. In other
words, people have a crucial role in both of the systems. In KM people use knowledge from
different knowledge sources to solve problems, while most of the decisions are data driven in
Bl (Sonar, 2011). Companies need both KM and Bl as an integrated system to get value from
explicit and tacit knowledge according to Khan and Quadri (2012). As described in previous
sections, Bl extract knowledge and information from different data sources, while KM im-
proves the knowledge and information that already are in the company (Sun & Chen, 2008).
Further, we have chosen to show Rao and Kumar (2011), model to give an overview about the
differences between the concepts.
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Table 2.1: Differences and similarities between Bl and KM (Rao & Kumar, 2011)

BI KM

Sources Internal and external structured data sources. Expert employees, Communities of interests /
Data about suppliers, employvees and | practices, orgamzation, Market & Competitors
customers etc. structured! unstructured data sources.

IT Source systems, ETL \DW OLAP, Meta Data, | Document management, Weh content
Data Mining Statistical Analysis reporting | management, enterprise knowledge portal | work
and user interface flow, collaboration and  e-leaming

Business Converts data into information & then into | Knowledge Sharing, Knowledge extraction,

Process knowledge that finally meets needs of end- | Knowledge communication, Knowledge
USET. application, and knowledge innovation.

Deals with Explicit Knowledge, which 1s extracted from | It deals with explieit as well as tacit knowledge.
operational data. KPI, Process optimization, | Informal, Formal, synergic and operational
predict from internal and external data. knowledge.

Ohjective [dentifies trends and patterns in structured | Captures, stores, orgamzes, and distributes
data for developing new business strategies. | organizational knowledge and resources. It deals
Utihizes the massive data to discover the | with the unstructured knowledge and tacit
knowledge to provide competitive advantage. | knowledge of the employees.

Depends It depends on KM to receive | Depends on Bl technigues to implement in an
feedbackfexperience from end-users and then | efficient way and explicit knowledge generated
to modify the solution, if required. by BL.

2.4.2 Interaction

It is arguable if Bl and KM must be interacted to achieve specific goals like organizational
learning and effective decision making. Additional, the effectiveness of the Bl should be meas-
ured on knowledge from the organization (Cook & Cook, 2000). Further, there is a debate if
KM should be viewed as a subset of Bl or vice versa (Herschel & Jones, 2005). Some authors
suggest that organizing KM under Bl is a good way to show the relationship between them.
McKnight (2002) mean that KM is “internal-facing” BI, employees need to share intelligence
about how to do different tasks, so the organization can move on. That is why KM is managed
by several BI techniques. Hamilla (2001) is on the same track when he says that KM is a “help-
ing hand” of BI. In other words, KM is the collected data that enables better decisions in the BI
system.

A perspective that is taken by Herschel and Jones (2005) is in the opposite of these previous
arguments. They suggests that Bl must be careful not to oversell its capabilities and relevance.
Even if it provides useful tools and techniques for decision making, one should not claim that
it is a field that encompasses the field of KM. According to them, this is a tactical and factual
error. Instead, Bl must be seen as an essential subordinate part of a larger KM effort (Herschel
& Jones, 2005).

According to Gold and Arvind Malhotra (2001) Bl technologies ca enable a firm to generate
knowledge regarding competition on the market and the broader economic environment. Col-
laboration and distributed learning technologies allows the various employees located in differ-
ent (or same) departments of an organization to collaborate. Through the usage of these tools,
the collaboration can lead to an elimination of the structural and geographical obstacles that
may have prevented such interaction before. The technical systems within an organization is a
determine feature when it comes to how knowledge travels throughout the enterprise and how
knowledge is assessed. Initially, common representation schemes for capture of knowledge
should exist across the entire organization (Davenport & Klahr, 1998). Bl technologies can be
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useful support in the collection and adoption of knowledge regarding the competition and en-
vironment, and should be noticeable and accessible for the entire firm (Gold & Arvind
Malhotra, 2001).

The effect of the interaction between the two concepts can be argued in different ways. Malhotra
(2004) notes, artificial intelligence and expert systems that automate the process are projected
to help deliver the “right information to the right people in the right time”. But this can only
happen if the circumstances concerning these factors are known in advance. Detection of non-
routine and unstructured change is dependent on sense-making capabilities of knowledge work-
ers for modifying and validating the usable data inside the company, and the processes related
to the computational logic for the business. The interaction can further be a more complicated
issue since the same collection of data may induce various responses depending on the different
people, time and context.

Two of the tools that are used in the process of interaction between Bl and KM are DM and
TM. DM is a strong BI tool for discovering knowledge (S. Y. Chen & Liu, 2005). Further, the
process of DM is a KM process because it consists of human knowledge (Brachman, Khabaza,
Kloesgen, Piatetsky-Shapiro, & Simoudis, 1996), which connects Bl with KM. DM is a benefit
for KM in two aspects: (1) To share common understanding of the context of Bl among data
miners, and (2) to use DM as a tool to extend human knowledge. TM which is a former KM
technology adds value to a Bl system. More specifically, TM is grounded by retrieval, data
mining, machine learning, statistics and computational linguistic. Since a lot information is
stored as text, TM has a big value for a company. TM is an extended technique in Bl and is a
part of BI&A2. It us up to the software vendors if they are going to develop technology that
supports KM and providing complete tools for strategic intelligence to decision makers. Even
if it is possible to replace human decision makers with technology, it would improbable not
happened (Cook and Cook, 2000).

2.5 Frame of reference

In this part, two different tables are presented. Table 2.1. Concept centric-literature review and
Table 2.2 Concept Matrix. The concept centric-literature review show an overview of all arti-
cles included in our thesis, while the Concept Matrix show the 20 most important articles with
their different concepts and their sub concepts’ interaction. Please note that some of the articles
are used in more the one concept.

The chosen literature is well integrated with our problem area and is collected through a thor-
oughly reviewed selection of well cited academia online. Since the collected literature concerns
our two main concepts (KM and BI), we have chosen the most suited research. The research
surrounding our main concepts are in wide range, but in the area of interaction between the
concepts the literature becomes less varied. In this line we have chosen to select some of the
most known authors in the field, and used their studies to help and bring clarity to our own
research.
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Table 2.2: Concept-centric literature review

Concepts

Definition

Articles

KM

Explicit, tacit,

people, processes,
technology, data min-
ing,

knowledge creation,
knowledge storage,
knowledge transfer,
knowledge application

Knowledge in relation
to data and information
that being processed on
an individual and
organizational level.

Alavi and Leidner (2001), Berry and Linoff
(1997), Bhatt (2001), Bloodgood & Salisbury
(1998), Brachman et al., (1996), Chen & Liu
(2005), Collins (2010), Cook & Cook (2000),
Dalkir (2013), Davenport (2006), Davenport &
Klahr (1998), Davenport and Prusak (1998),
Denison and Mishra (1995), Dretske (1981),
Fayyad et al. (1996), Gold and Arvind Malhotra
(2001), Hamilla (2001), Herschel & Jones
(2005), Huber (1991), Khan, R. A., & Quadri,
S. (2012), Liebowitz (2006), McKnight (2002),
Malhotra (2004), Marwick (2001), Muhammad
et al. (2014), Nonaka (1994), Nonaka &
Takeuchi (1995), O'dell and Grayson (1998),
Pentland (1995), Rao, G. K., & Kumar, R.
(2011), Shaw et al. (2001), Stein & Zwass
(1995), Sun & Chen (2008), Tan et al. (1998),
Teece (1998), Uit Beijerse (1999), Vance
(1997), Walsh & Ungson (1991), Wang &
Wang (2008) ,Hameed (2004)

DSS

PDSS, GSS, NSS,
IDSS, EIS, DW, KM,
Bl

DSS support any man-
agerial activity in deci-
sion that are semi
structured or semi-
structured.

Ackoff (1967),Alter (1980), Arnott and Pervan
(2005), Aronson, et al., (2005), (Aronson et al.,
2005; Bidgoli, 1998), Codd et al. (1993),
Cooper et al. (2000), Dennis (1988), Gorry
and Scott Morton (1971),Huber (1984), Jelassi
et al. (1990), Keen (1997), Kraemer & King
(1988),Mintzberg (1975), Morris et al. (2003),
Rangaswamy & Shell, (1997), Thomsen
(2003), Tolliver (1971)

Bl

OLAP, DW, CRM,
DSS, KM, GIS,
Visualization,

Data mining,
interaction,
information delivery,
reporting, dashboards,
ad hoc query,

score cards, analysis

A set of technologies
of gathering, accessing
and analysing a big
amount of data.

Arnott and Pervan (2005), Brachman et al.,
(1996), Chaudhuri et al., (2011), H. Chen et al.
(2012), Chen & Liu (2005), Cook & Cook
(2000),Davenport (2006), Davenport & Klahr
(1998), Gold & Arvind Malhotra (2001),
Hameed (2004), Hamilla (2001), Hannula and
Pirttimaki (2003), Herschel & Jones (2005),
Khan, R. A., & Quadri, S. (2012), Malhotra
(2004), Marwick (2001), McKnight (2002),
Moss (2003), Negash and Gray (2008), No-
naka & Takeuchi (1995), Rao, G. K., & Ku-
mar, R. (2011), Rudin & Cressy (2003),Sallam
etal. (2011), Sun & Chen (2008), Thomsen
(2003), Turban (2008), Turban et al., (2008),
Wang & Wang (2008), Watson & Wixom
(2007), Willen (2002)
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Table 2.3: Concept Matrix

Articles

Unit of analysis

Alavi and Leidner (2001)

Arnott and Pervan (2005)

Chaudhuri et al., (2011)

Chen et al. (2012)

Codd et al. (1993)

Cook & Cook (2000)

Dalkir (2013)

Davenport and Prusak (1998)

Davenport (2006)

Dennis et al., (1988)

Gold and Arvind Malhotra (2001)

Herschel and Jones (2005)

Khan, R. A., & Quadri, S. (2012)

Morris et al. (2003)

Negash and Gray (2008)

Nonaka (1994)

Rao, G. K., & Kumar, R. (2011)

Sallam et al. (2011)

Sonar (2011)

Sun and Chen (2008)

Turban et al., (2008)

D = Definition

C = Capabilities A = Analytics

E/T = Explicit/Tacit
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3 Research method

In this chapter we provide the information concerning the execution process of creation and
collection of data for our research. In this part we bring up and motivate the choices for our
interviews and how we have proceeded during the interviews. We also present the morality and
ethics behind the forming and procedure of the interviews. Concussively we provide a critical
review of the data collection method to analyse the validity of our assembled empiricism.

3.1 Research approach

We have chosen to perform a qualitative approach for this research. This way of collecting data
will help bring light on the information in context (Recker, 2012). This is of value since our
prime goal is to study the relationship between KM and Bl in the context of organisations. The
qualitative method will help us provide information in which the experts operate and behave in
a more circumstantial sense. According to Recker (2012) the qualitative research method are
designed to explore the very context, in our case the approach offers explanations for the rela-
tionship between the two concepts (KM and Bl). In other words, their differences, similarities
and interaction inside the chosen companies.

Qualitative methods are strategies of empirical inquiry and can be used to investigate phenom-
ena that are in a real-life context. They are useful especially when the study concerns a phe-
nomena where the boundaries are not clearly apparent, or when the purpose of the study is to
investigate a phenomena in more depth. The qualitative research approach are well suited for
exploratory research where the current phenomena is not completely understood or still emerg-
ing. The approach is also ideal when it comes to studies concerning social, cultural aspects of
a phenomenon, which could for example be related to information technology concepts in use
(Recker, 2012). This aspect gives reason to use the qualitative method to investigate our chosen
problem area. Since the relationship between the two concepts are not fully comprehensive, the
qualitative approach gives us a more profound and explanatory situation where the respondents
can give more in-depth answered and through this provide us with more accurate information
in the subject.

From a radical humanism paradigm, the study and the problem area is based on a question
which is in the subjective thoughts and interpretations of the experienced practitioners
(Bhattacherjee, 2012). In our case the Bl experts are used as practitioners which we retrieve the
information from.

3.2 Data collection method

Since different people have different explanations about our main concepts (i.e. there is several
different definitions about what KM is), we have chosen to do in-depth interviews. Because the
informants can give good explanations and show what they mean. According to (Creswell,
2007), it is a good tool for data gathering about personal experiences.
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Further, we chose to do semi-structured interviews. For the reason that we can prepare ourselves
and the informant have the chance to talk more open. As we told in the introduction of this
chapter, it is important that the interviewee can give good explanations. It gives the informant
a freedom to talk free and not losing the control (Steinar Kvale & Brinkmann, 2009). We have
asked questions about the different concepts in the same order as we did in the literature review.
It makes it easier to structure the whole thesis, from the literature review into the analysis
(Steinar Kvale & Brinkmann, 2009). A qualitative interview can be done in two different ways,
via phone or face to face in real life (Jacobsen, Sandin, & Hellstrém, 2002). We chose to do all
of the interviews face to face in real life, since it gives a greater scope and it is easier to control
the interview (Myers & Newman, 2007). All of the interviews were done at the informants
office, this because it creates a better environment and some people feel strange about to allow
other people into their home (Bhattacherjee, 2012; Jacobsen et al., 2002). All of the interviews
have been recorded with our cell phones, which made that the interviewees could focus on the
topic and we could control the dynamics of the interviews. It also gave a higher quality in the
transcriptions (Steinar Kvale & Brinkmann, 2009).

3.2.1 Interview guide

According to Steinar Kvale and Brinkmann (2009), an interview is not a standardized and me-
chanical approach. To get a good interview with knowledge production, it is more important
with the relationship between the interviewers and informant. Based on this, we have developed
the guide from our main concepts. As we earlier mentioned, we chose to do semi-structured
interviews so the informants can talk free and develop their answers. This gave us more detailed
answers and we could add new questions on the topic, or in some way modify them from earlier
answers, which Creswell (2007) recommends. In other words, we had the interview guide in
focus all the time, but it was adapted for each interview. All of the interviews where done in
Swedish, because we wanted the informants to be more comfortable so we could create a better
discussion concerning the topics. Below is a model with the relationship between the research
question and interview guide. Furthermore, we have chosen not to translate the interviews in
the appendix as it would be confused for the reader and misunderstanding can arise. Quotes in
the result are translated so the readers get a better understanding.

Interview guide

1. Knowledge Management
Research sub questions 1.2 What is your definition of KM?
1.2 What are the aim with KM?
Research question What are the differences and 2. Business Intelligence
similarities between the - A 5
How are KM and Bl affected concepts? 2.2 Whatis your definition of B
s ’ 2.2 What are the AIM with BI?
by each other inside a
o . .
company bH:taecezntzZ Icr:s;ZCtl:sorea dto 3. Knowledge Management and Business Intelligence
an advantage? P 3.1 What are the differences between the concepts?
gex 3.2 What are the similarities between the concepts?
4. How are the concepts interacted to each other?

Figure 3.1: The relationship between the research questions and interview guide.
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Further, the research questions are presented with a description below.

1. Initial questions
1.1. Tell us about yourself and your profession
1.2. What does your department work with?

The initial question were asked to get background information about the informant and his de-
partment. We already knew almost everything about this questions but it was a good way to get
an open start of the interview.

2. Knowledge Management
2.1. What is your definition of KM?
2.2. What are the aims with KM?

Since there is several different descriptions about KM, we wanted to hear how the informant
definite the concept and what the aim is in their opinion. This questions are a good way to show
if we have the same view of the concept.

3. Business Intelligence
3.1. What is your definition of BI?
3.2. What are the aims with BI?

Just like KM, we asked this question to get a definition and an aim with BI. Different experts’
works with it in different ways and some do not use the academic terms about the concepts, and
it is interesting to hear how they define it.

4. Knowledge Management and Business Intelligence

Here is the main questions that we want to figure out in our thesis. The idea behind each of the
questions are described below.

4.1. What are the differences between the concepts?

In this question, we wanted to figure out the differences between the concepts from the experts
view. We chose to not mention any sub questions, because we wanted the informants’ view of
it. But if we needed, sub questions and follow-up questions were added.

4.2. What are the similarities between the concepts?

In this question, we wanted to figure out the similarities between the concepts from the experts
view. Just like the previous question, we chose to not mention any sub questions from the be-
ginning to see if the informants did it by themselves. If they did not, we asked what they thought
about some different topics, such as tacit and explicit knowledge.

4.3. How are the concepts interacted to each other?

We asked this question to figure out how the concept are interacted to each other in the expert’s
opinion. This question is really open and the interviewee could give a good answer about the
interaction. We structured the question in this way since it have several different answers in the
literature review.

5. Do you want to add something?
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This question were asked to end up the interview in a good way and to see if the informant
wanted to add something important that he/she thought we missed during the interview. We are
aware about that “yes” and “no” questions can be insufficient, but we considered this a good
way to conclude the interview.

3.2.2 Informant selection

According to Steinar Kvale and Brinkmann (2009), in qualitative studies, it is important to do
as many interviews that is necessary to answer the research question. Because it is a lot of work
with preparing the questions, do the interviews, transcribe the interviews and analyse them.

We chose to do interviews with experts that work with BI, and thus KM. As mentioned in the
literature review, back in time 60 percentage of consultants did not know the difference between
the concepts. Further, we did not chose organisations that work with the systems on daily basis
because they might not be aware of the concepts, but rather the systems. An example could be
that they work with KM daily without to know about the concept. All of the informants work
or have been working as consultants within the area of BI, which have given them experience
from several different projects within the area. We think different experts are more aware about
the concepts and can give several examples from different projects. In other words, we wanted
to find persons with meaningful answers to the questions (Creswell, 2007). Below is a descrip-
tion of the informants and their company.

Table 3.1: Informant selection

Company Job Title Date Method Transcription
Accigo BI Consultant 2016-04-29 Real life Appendix 2a
Affecto Business Advisor 2016-05-03 Real life Appendix 2b
Anonymous Consultant Manager 2016-04-28 Real life Appendix 2¢c
Atea Application consultant (BI) | 2016-05-12 Real life Appendix 2d
Ikano Bank Business Relationship | 2016-05-12 Real life Appendix 2e
Manager

Municipality of | Head of strategic IT devel- | 2016-04-22 Real life Appendix 2f
Helsingborg opment

Navet BI consultant 2016-04-22 Real life Appendix 2g
Nordea IT-Analyst, oriented in Bl | 2016-05-03 Real life Appendix 2h

Accigo

Accigo is a Swedish consultancy company which helps customers and organizations to imple-
ment IT-based ERP system. Our informant works with implementations of Bl systems. The
company have around 100 employees and customers all over the world.
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Affecto

Affecto is a consultancy company which provides innovative and leading solutions within En-
terprise Information Management: Business Analytics, Collaborative Bl, Corporate Perfor-
mance Management and Data Management and education. They have more than 1100 employ-
ees in Scandinavia, Baltics and east Europe.

Anonymous

Our anonymous informant works as a consultant manager in a consultant company with 100
employees and customers all over the world, where one of the areas is BI.

Atea

Atea is a Swedish IT-company and provides several different types of solutions. They have
6800 employees in seven countries in Scandinavia and the Baltics, while 2000 of them operate
in Sweden. Our informant work as an Application consultant within the area of BI.

Ikano Bank

Ikano Bank is an international concern which own, develop and manage companies within the
areas of finance, estate, insurance and retail. It is own by the Kamprad family, Ingvar Kamprad
is the creator IKEA. Ikano Bank have around 500 employees in Sweden. Our informant works
as a Business Relationship Manager, he also has previous experience as a Bl consultancy.

Municipality of Helsingborg

The Head of strategic IT in the Municipality of Helsingborg works on a department which is
called City Management Administration and focusing on IT. The department have three main
tasks: (1) Lead, develop and coordinate the municipal areas which are horizontal and shared.
(2) Offer services and products that are demanded by the municipal government,, administra-
tions and companies, including common function that are aimed for the people in the city and
(3) In collaboration with external parties to create conditions for a positive development of
Helsingborg. The municipality have 7500 employees in different areas. Our informant have a
background in the consultancy industry.

Navet

Navet is specialized business consultants in three different areas (Corporate Finance, Business
Development and ERP), which contributes to better business via unique customer solutions.
Our informant works in the area of ERP with alignment on Bl systems. The company have
around 30 employees and mostly Swedish customers.

Nordea

Nordea is a bank with markets in eight European countries, they have around 30 000 employees.
Our informant works as an IT-analyst oriented in Bl with previous experience from a consul-
tancy company.
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3.3 Data analysis

According to (Recker, 2012), the analysis changes depending on the nature of the collected
data. Since we did semi-structured interviews, we adopt our analytical method thereafter. We
started to transcribe the interviews directly after they were done. Because we wanted to have
the interviews fresh in our minds and avoid the risk to analyse too much data at the same time
(Steinar Kvale & Brinkmann, 2009). After the transcribing, we started to read the transcriptions.
First individually, for the reason that different persons have different reading skills and we
wanted to gain more perspectives (Steinar Kvale & Brinkmann, 2009). According to Seale
(1999), there is a measure called investor triangulation, which is about different perspectives
on the same reality. After we read the transcripts individually, we had a discussion about our
perspectives to avoid biases. After that, we did a second reading together, were we discussed
the interviews more in depth to agree with each other.

While we did the reading we used open coding which is suited for qualitative interviews
(Creswell, 2007). It gave us a good overview of what the informants said and it was easy to
analysis. The coding were based on the main concepts and its’ sub concepts (shown in Table
4.2). The coding scheme was created before the interviews, it gave us a clear plan how to exe-
cute it and we could focus on the coding directly after the interviews.

Table 3.2: Coding scheme

Concept(s) Theme Code acronyms
KM Definition DKM
Bl Definition DBI
KM & BI Differences D
Similarities S
Interaction |

3.4 Research Quality

3.4.1 Reliability

Reliability refers to the level of truthfulness and how well the reader can trust the research
conducted (Steinar Kvale & Brinkmann, 2009). It deals with the level of consistency in a re-
search and not the accuracy (Bhattacherjee, 2012). For example how one scale of measurement
can measure an object or procedure and have the same answer multiple times. One problem
with qualitative research is the subjectivity and dependency of the researcher, when it comes to
the interpretation of the answers (Recker, 2012). To reach a high level of reliability as possible
in our research, we have completed several procedures and activities throughout the study. As
mentioned in section 3.3 we have been careful to conduct the transcription of our answers as
soon as possible after each interviews. This makes sure that the contemporary thoughts were
written down and saved, which excludes overthinking and misinterpretation of answers in the
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long run. We have been careful in our choices of informants, by only using primary information
sources, which is recommended by Jacobsen et al. (2002). This provides answers from own
personal experience, and the opposite scenario in using retelling of experience can intensify the
risk for information falsification.

We used two different audio recordings for each interview to secure the technical aspect of the
answers, and to avoid the event of potential technical issues affecting our interviews, and the
data collected. Throughout our thesis we have been clear and increased the transparency of our
work through thorough definition and description of our focus and purpose to the respondents.
We did this by distinctly inform and tell the respondents concerning these factors of our re-
search before all the interviews. The questions asked during the interviews should according to
Bhattacherjee (2012) be precise and simple to provide as much reliability of a study. We fol-
lowed this though our creation of the interview questions to give the respondents minimum
space to misinterpret or misapprehend during the interview.

3.4.2 Validity

Validity can be described as the veracity of the methods used in a research, for which measure-
ment of the precision concerning conclusions, can be drawn back based on the data collected
(Long & Johnson, 2000). According to Recker (2012), validity in a research is decisive for
whether the data collected really measures what was initially intended by the researcher. Con-
struct validity which is an issue of operationalisation, refers to how well a concept, or idea
works and are connected to an operating reality. To establish a construct validity we have used
the theoretical framework and connected it to the interview questions. Through this action we
have better chances of asking accurate questions for the practitioners, in this case the respond-
ents, and conclusively end up with more valid answers.

To reach a higher value in the answers. we used some of the general guidelines concerning
qualitative research provided by Myers and Newman (2007). We asked questions that help the
reader to get a more complete image of the respondent, and to better understand the background
of the interviewee. We used flexibility in our semi structured interview so we were able to ask
follow-up questions, if any clarity was needed concerning the first response. This way of con-
ducting interviews raises the level of validity according to Recker (2012).

3.4.3 Ethical aspects

Since qualitative interviews are an interaction between human beings, ethics is an important
part to be aware of. It should not been seen as an abstract theory of what is morally sound, more
like a tool to produce morally sound researchers (Brinkmann & Kvale, 2005). Before we started
every interview, we asked the informant if it was ok to record the interview so we could tran-
scribe it. Every recording have been deleted after the transcription and we have sent the tran-
scripts to the informants, so they can overhaul their answer and have the freedom to do any
changes. We also asked if it was OK to mention the name of the company, which is was for
seven of eight informants. This also create a higher reliability.

We have been aware of Bhattacherjee (2012) criteria’s for ethical conduct. Which are that the
interview is entirely voluntary, the informants can exit the interview whenever they want. Fur-
ther, the informants had their own choice to be anonymous, both personally and their company’s
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name. We do not mention any names in this thesis, but rather their roles if it is ok for the in-
formants. In other words, we have been aware of their anonymity, even if they not are anonym
for us.

3.4.4 Biases

In research, all the reliability difficulties regarding sources can often be traced back to the sub-
jective observation concerning the collected data. The observations for an empirical study are
unavoidably carrying subjective bias since we can only see phenomena thought our own view
in relation to the history, background and interpretations we have at this time (Bhattacherjee,
2012). When conducting the questions for our interview we were thorough to make sure to
avoid “social desirability bias” as much as possible. Social desirability bias is according to
Bhattacherjee (2012) a way for respondents to “spin the truth” by portraying themselves in a
more socially desirable way. This can in turn hurt the validity of response that is expressed.
This was an aspect we constantly included and thought about when creating our interview
guide.

According to S Kvale (1992), researcher bias can be occurring when the respondent’s answers
are relying too much on leading questions in an interview. An example of this can be questions
that only extract yes or no answers from the interviewee. Because of this we have tried to create
an open-answer culture through all our questions, which allowed the respondents to share a
response with higher connection to their own opinion and experience. Unintentional bias is
another occurrence that can be performed by both the researcher and the respondents. This can
happen when expectancies from the researcher affect the outcome of the results for an interview
(S Kvale, 1992). When creating the interview guide we tried to avoid the possibility of our own
expectations for the answers to reflect upon the interviewee. As we earlier mentioned, we also
gave all of our respondents the option to receive a copy of the transcription after each interview.

3.4.5 Source criticism

All of the interviews have been done by experts within the field of BI. Even if Bl and KM are
two interacted concepts, most of the interviewees have been more active in the field Bl and not
KM, which could be seen as a weakness. But on the other hand, if we had done the interviews
with experts in the field of KM, they would not have any competence in Bl. In other words, the
experts’ main field were BI but they were aware of KM as well.

Since five of the experts’ works as consultants, they have a broad picture of the concepts, while
the other three informants have been worked as consultants before their temporary job roles.
As we mentioned earlier, our focus in this study is not to take a specific organisation’s point of
view. But rather a more overviewing picture of different companies with a Bl system, therefore
are consultants a good option for us. We are aware of that it is good to interview more than one
person from a company to get a better overview how that specific company work. But since we
have done interviews with people that work with organisations and not as developers, they are
often the only person with that role in their company, such as head of Head of strategic IT
development, Consultant Manager and Business Advisor.
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4 Empirical findings

This chapter presents the empirical findings in our thesis. It starts with a description of KM and
BI from the experts’ point of view. Further, the differences and similarities based on the inter-
views are shown and finally, the interaction between the concepts are presented.

4.1 Knowledge Management

All of the respondents had heard of the concept KM before the interview. Our investigation
concerning the definition of KM from the Bl-experts, showed that they defined the concepts in
similar ways but with some differences. One common example was that KM can be defined as
the process of knowledge adoption, sharing and refinement inside a company.

“My definition of KM is the way a company deals and refines knowledge. The
handling, sharing, cultivation and maintenance of knowledge inside an organiza-
tion” (Appendix 2 a, page 57, row 6).

All of the Bl-expert agreed to this statement more or less, but with the usage of various expres-
sions. Some of the experts had a deeper experience with the term, and had worked more with
the processes regarding KM.

4.1.1 Explicit and tacit knowledge

Three of the Bl-experts was clearly updated about the terms tacit and explicit knowledge and
were aware of how this different type of knowledge could be handled inside a company. But
explanations regarding the terms was needed for the rest of them. After we described the mean-
ing of the terms, the interviewees became aware of the tacit and explicit knowledge usage inside
their company. Both types of knowledge are unavoidable for the workers inside the companies
according to themselves. The biggest difference from the literature is that the interviewees does
not specifically use the terms, but they interact with them without having a direct awareness
concerning them. This fact was shown throughout our interviews, and the respondents gave us
examples where tacit and explicit knowledge was in use for the company’s and that there was
a clear relationship between the knowledge types.

4.1.2 Structured and semi-structured data

It can be important to have the right knowledge for the workers initially when a new project
begins. One of the Bl-experts said that the most vital step for KM inside his firm, was the
procedure of recruitment. He believed that it was more a mind-set of the persons that are in-
volved in the teams, and not so much about the structured KM for a company.

“We have a small amount of rules and policies in this way, a lot of KM is founded
on the personal level of responsibility among our employees” (Appendix 2 c, page
73, row 16).
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This was a shared view among all of the employees. But at the same time, most of the companies
had some incitements or structured procedures that actually helped to share and practise KM.
The KM could be seen more as a semi-structured process inside the companies according to 5
of the respondents, while three of them thought of KM more as a structured concept. However,
5 of the respondents thought that companies should focus more on KM inside their companies
and really try to achieve better understanding on the subject.

“I think that companies have to take KM more seriously and realize the importance.
| think that big companies like Spotify and Google also does recognize this. Where
the social becomes a community which allows people with specific knowledge, to
share it for the greater good of the collective” (Appendix 2 f, page 89, row 8).

It was not clear to all of the respondents of how KM specifically was applied inside their firms.
But when asking questions concerning the different approaches in their working environment
it became obvious to all of them that they used KM inside their company in both structured and
semi-structured ways. The techniques mentioned concerning structured processes throughout
the interviews was: Certification, Trainee-education, documentation (best practices) and com-
munication. The trainee-education could also involve junior-employees learning from seniors.
All of these methods could according to the Bl-experts be examples of KM-performances.

4.1.3 KM processes inside the organizations

In our interviews, we can see clear connections to how the Bl-experts were accustomed to prac-
tical tasks which can be seen as KM processes. The four knowledge creation processes: social-
ization, externalization, internalization and combination can be seen as active events inside the
companies. When it comes to socialization, six of the respondents answered that communica-
tion and the human interaction was an important KM process that was common for the different
companies. Externalization can be connected to the processes best practises and documentation
of projects, which was mentioned by 7 of the Bl-experts as usual objectives for the firms.
Trainee-education and junior employees learning from more experienced workers, are other
examples brought up related to externalization, Internalization was mentioned by some of the
interviewees as discussions between employees, which in turn transferred knowledge. The ex-
amples brought up were personal meeting or discussions at lunch. They mentioned that this was
a more unstructured process that was common inside the companies. The last one, combination
was harder to pin down. Some examples of this is that the Bl-experts used manuals and books
to learn about customers or classify information in different ways. Documentation can be an
example of this as well. Something that is noticeable is that five of eight informants think their
company could work better with KM.

4.2 Business Intelligence

Since the literature and the operating people have different definitions of Business Intelligence,
we are going to show the different experts definition of the concept. All of the experts agreed
with each other that the definition of Bl is a tool to make the right decisions in an organization.
This by, collect data from different systems to create strategic, operational and tactical deci-
sions.
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“Business Intelligence is a supporting tool to drive an organisation forward”
(Appendix 2 a, page 58, row 20).

Furthermore, one of the experts mean that definition of BI can be viewed in two different ways:
(1) A system oriented way which collect, store and present data in different tools, and (2) a
process oriented way, which he describes that the users need some type of knowledge as well.
Processes are collected and the data are presented and the next thing is to do the data analysable
for the end users.

4.2.1 Explicit and Tacit knowledge

There is not much to account for about explicit and tacit knowledge related to Bl. Seven of
eight informants think that BI only handle explicit knowledge since Bl only handle structured
or semi-structured data. Even the eighth informant also agree that Bl handle explicit knowledge,
but she mean that it also handle tacit knowledge in some way. She describes that when people
talk about BI, two things are in focus, (1) What? and (2) How? In other words, what do we want
to measure and how do we want to measure it? When several different people are talking about
how to measure KPI’s, there a lot of different opinions of how it should be measured. It is the
tacit knowledge in the project that describes how it should be measured. She gave a good mod-
elling example, which is illustrated below.

Company Customer
-Attribute 1: Type -Attribute 1: Type
-Attribute 2: Type -Attribute 2: Type

Figure 4.1 Modelling example of how BI can handle tacit knowledge

An organisation want to measure the number of new customers every week. The goal is to have
10 new customers every week. How should it be measured? Every employee have different
explanations of what a customer is. Some different examples are:

1. When someone visit the webpage and thus is in the CRM-system.
2. When someone buy something and get an invoice.
3. When someone buy something and then cancel the order.

In other words, there is several opinions of what a customer is for every single employee and
that is important to create a clear definition while using BI.

“What is a customer? You have to define it, while doing it, tacit knowledge is equally
important within BI as in KM.” (Appendix 2 a, page 62, row 62).

4.2.2 Structured and semi-structured data

Something notably is that only three of the eight companies worked with semi-structured data.
All of the companies knew about the term but they did not work with them in their department.
One of the experts mean that the structured data helps a decision maker to make the right deci-
sion in the right time. Further, he means that BI can handle the semi-structured data as well but
in his company, they do not. What he means is that business systems has operational system
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that helps the end user to do what the end user should do, and that is the foundation of the
structured data which can be visualized in a Bl system. While the semi-structured data can be
found in e-mail and different documents is something that another team work with in the com-
pany. That team’s focus is on office 365 and SharePoint. Further, the other person who do not
work with semi-structured data (which she calls non SQL) mean that it is more about big data.
To clarify, they do have the competence concerning big data but do not have customers who
are interested in it.

Furthermore, the other three companies’ that works with semi-structured data, work even more
with structured data. One of the experts mean that 90-95 percentage of the data they work with
are structured. Only one of the informants went deep in to semi-structured data. He connects it
to text mining and gives several examples, mostly that big companies such as Google and Nike
works with it. As an example, Nike can follow trends and if someone in a small village in China
writes something about their brand, Nike can collect and analyse the information. He thinks this
procedure is important for the company and is going to be more popular in the future. Some-
thing noticeable where that all of the informants used the word unstructured instead of semi-
structured.

4.2.3 Analytics

The process oriented way, described in the beginning of this chapter, goes hand in hand with
analytics. What is interesting is that seven of eight informants mention analytics when they are
describing BI. This do not mean that only seven of the eight informants see Bl as an analytic
tool, but seven of them mentioned it by themselves without our impact. The informants mean
that Bl as a system and process is about to collect data and make it analysable and reportable
for end users. By saying this, they mean that the traditional way to view a Bl has been associated
with reports where the end user watching a pre-defined amount of data. By doing like the tra-
ditional way, the end user do not learn anything. In other words, they have to do an analysis of
the data, such as examine and find patterns in the visualized data. The experts mean that this
was difficult back in time with only the use of data warehouses, but with today’s modern sys-
tems such as Tableau, Qlik and Power Bl it is easier for the end users to explore and configure
the data. Something that particularly three of the experts think is extra important. These three
experts mean that the need in the organization should control the need of the BI solution. If the
BI solution do not support the organization, there is no reason to have a Bl solution. In other
words, the expression “one BI solution fits all” do not exist. Further, based on the explanations
above. All of the experts agree with each other that Bl is more than a system, it is a concept or
a process in a bigger scale.

“I absolutely see BI as a concept. You can create BI with post it notes. It is also
possible to use Excel documents, so | see it as a concept. How we structure fact
based information and how we choose to measure our organisation. Then is the aim
with the BI system to aim and make the process more effective in the organisa-
tions.” (Appendix 2 h, page 105, row 39)

As described in previous section 4.2.2 Structured and semi-structured data. Only three of eight
companies work with semi-structured data, which is about BI&A 2.0, so even if the concept is
fifteen years old, not all companies are ready for it. When it comes to BI&A 3.0 and thus big
data, only four of the informants mentioned the term, and they think that big data differs from
BI.
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“In my definition, Bl and big data are two different things. Of course, there is sim-
ilar solutions but big data handle extremely more information. Not the amount of
data but more the amount of unstructured data. It can be infinite” (Appendix 2 d,
page 80, row 34).

4.3 Differences and similarities

In this section, the differences and similarities between KM and Bl, based on our interviews are
presented. The main focus is to compare knowledge, data sources and techniques. The section
ends with a model which shows an overview of the concepts.

4.3.1 Explicit and tacit knowledge

There is no doubt that all of the informants mean that KM mainly is about explicit and tacit
knowledge while BI only is about tacit knowledge (except the example shown in Figure 4.1,
but this is an interpretive question which we will handle in the discussion chapter). Because
tacit knowledge is more human-oriented while explicit are more system-oriented and even if Bl
not is a system in itself, it is more about a system compared to KM.

“I would say that the differences are that there is no tacit knowledge in the systems.”
(Appendix 2 a, page 60, row 46).

But even if the knowledge they deal with are different, the knowledge have some simi-
larities between the concepts. Four of the informants mean that a similarity is to create
information and knowledge in different ways. And thus, Bl can be a presumption to KM,
one of the informants mean that it Bl is a “catalyst” to KM. In other words, the knowledge
is explicit in itself but if you work with it, it can become tacit. Further, one of the experts
mean that Bl is a tool to KM and that they need each other.

“Without KM, Bl is completely useless.” (Appendix 2 h, page 105, row 46).

The other informants do not compare it so far but this will be shown more in depth in the
next chapter 5.2 Interaction. Further, one of the informants mean that one of the ad-
vantages with Bl is that you can clarify a definition, such as there is several types of
revenue where things are measured and you can decide what is what. If something is text
based, it is harder to measure, what is a strategy and what is a tactic? It depends on who
you are asking and it is hard to decide.
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Table 4.1 Overview of how the informants’ companies work with explicit and tacit knowledge.

KM Bl
Accigo Tacit Explicit (Tacit)
Affecto Explicit, tacit Explicit
Anonymous Tacit Explicit
Atea Explicit Explicit
Ikano Bank Explicit, tacit Explicit
Navet Explicit Explicit
Nordea Tacit Explicit
Helsingborg Tacit Explicit

Based on our interviews, we can conclude that KM is about both explicit and tacit knowledge
but tacit knowledge is dominant in the companies that we interviewed. While Bl is only about
explicit knowledge besides from an interpretive exception shown in Table 4.1 Overview of how
the informants’ companies work with explicit and tacit knowledge.

4.3.2 Structured and semi-structured data

In theory, seven of eight informants mean that both KM and BI handle structured and semi-
structured data. But in practice, when we asked how they worked with their KM and Bl, it was
not the case. Four companies worked with entirely semi-structured KM, two with only struc-
tured and two with both semi-structured and structured. In BI, all of the companies worked with
structured data and only three with semi-structured data. The one person who disagreed that
semi-structured data is not Bl, mean that semi-structured data is about big data.

“We do not work with semi-structured data in Business Intelligence. It is more
about big data to me.” (Appendix 2 d, page 77, row 10).

Even two of the other companies which do not work with semi-structured data mean that they
have other units that work with semi-structured data, but this is not Bl units. The last two in-
formants only worked with structured data and were not so familiar concerning semi-structured
data.
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Table 4.2 Overview of how the informants’ companies work with structured and semi-structured data.

KM BI
Accigo Semi-structured Structured
Affecto Semi-structured, Structured Semi-structured, Structured
Anonymous Semi-Structured Structured
Atea Structured Structured
Ikano Bank Semi-structured, Structured Semi-structured, Structured
Navet Structured Structured
Nordea Semi-structured Structured
Helsingborg Semi-structured Semi-structured, Structured

Based on our interviews, as shown in Table 4.2, in practice KM is more about semi-structured
data while BI is more about structured data. This goes hand in hand with one informant, who
said the following:

“Yes, my experience is that there is a discrepancy regarding whether an activity is
ready for a Bl system or not. If you want to go more on facts or place decisions on
gut feeling. Then you have to ask the question regarding KM, and when talking
about KM it sounds like you have a structured process regarding KM, and this do
not all companies have.” (Appendix 2 e, page 81, row 6).

4.3.3 Text mining data mining

Data mining and text mining are techniques in both KM and BI, it goes together with structured
and semi-structured data while data mining handle structured data and text mining semi-struc-
tured. In comparison to Table 4.2, three companies work with semi-structured data but only two
of them mean that they work with text mining. This because one of the informants do not see
data and text mining as KM and Bl techniques.

“It is hard but it does not really belong in BI. Maybe not KM either. It has been very
isolated.” (Appendix b, page 69, row 42

The informant mean that data and text mining have been connected to Bl because it is integrated
in the BI platforms, there are some rules that can be used in data warehouse solutions and Bl
reports. When he started to work with data warehouse, data mining existed but as a separate
product from the same distributor. An example is IBM’s BI platform Cognos and their data
mining SPSS. They are integrated but not the same product. In other words, he mean that Bl
and data mining are integrated, but that data mining is not a Bl technique in itself. In comparison
to the five other informants who mean that data mining is a Bl technique. One of the informants
said:
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“Data mining is absolutely Bl for me. To mine and structure a structure. You need
to know if everything is correct. Does it says that it is a customer number, it should
be a customer number.” (Appendix 2 d, page 79, row 22).

Two of the informants have heard about the techniques but did not work with the techniques
and thus were not aware of the meaning.

Table 4.3 Overview of how the informants’ companies work with mining techniques.

KM BI
Accigo Text mining, Data mining
Affecto Does not belong in here Does not belong in here
Anonymous Text mining Data mining
Atea Data mining Data mining
Ikano Bank Data mining, text mining Data mining, text mining
Navet Not aware of the techniques Not aware of the techniques
Nordea Not aware of the techniques Not aware of the techniques
Helsingborg Data mining, text mining Data mining, text mining

As shown in Table 4.3 five of eight informant think either data mining or text mining is KM
and BI techniques. Two of the informants are not aware of the techniques and one informant
does not think it is a KM or BI technique.

4.3.4 Summary

To do a conclusion based on the interviews, we chose to create a model with the overviewing
differences and similarities.

Table 4.4 Overview of how the informants’ companies work with explicit and tacit.

KM BI
Knowledge Explicit, tacit Explicit
source
Data sources Structured, semi-structured Structured, semi-structured
Techniques Data mining, text mining Data mining, text mining

Based on our interviews, the biggest difference is that KM handle explicit and tacit knowledge
while Bl only handle explicit. Further, both of the concepts handle both structured and semi-
structured data, but based on how the companies work, KM is more about semi-structured data
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and Bl is more about structured data. That is why we have chosen to bold semi-structured in
KM and structured in Bl in the table. Both of the concepts include data mining and text mining.
The reason why we have chosen to bold data mining in both of the columns are because five of
the companies work with data mining and only two if the companies with text mining, even if
they are aware of what it is.

4.4 |Interaction

The interaction within the two concepts was hard to exactly pin point. The most obvious con-
clusion that can be drawn from the interviews is that all of the Bl-experts found a clear interac-
tion between the concepts. Three of them even thought that the concepts were directly depend-
ent of each other inside their company. Five of them did not share this view, but still saw that
the concept could interact in some way.

“I think it is an interaction, since they overlap each other. I would say that both of
the concepts are needed. If you see the knowledge area as one big entity, then you
need to use the data and information and cater it with the underlying knowledge”
(Appendix 2 a, page 61, row 48)

The general idea concerning the interaction was that the concepts had use for each other inside
a company. All of the respondents agreed to this, and one of them explained it like this:

“I would say that the composed concepts goes in a progressive spiral, and if you
bring some kind of basic knowledge into Bl, then you can use Bl in the right way
and gain even more knowledge in the long run. In this sense KM and Bl goes hand
in hand and help each other forward” (Appendix 2 g, page 100, row 78)

One thing that the major part of the interviewees agreed to was that the use of Bl and KM shared
the same goal. The concepts interaction could help organizations to collect the right data and
improve the usage of this in order to gain the right knowledge. Especially in the decision pro-
cesses, the two concepts interaction is needed to make the best decisions.

4.4.1 Practical embodiment

From the interviews we got some practical examples, where the Bl-experts gave their view on
how the interaction could be used in practical manners in their companies. One of the most
apparent practical examples that we got from the interviews was the KM and knowledge adop-
tion concerning the customers. Since five of the Bl-experts currently worked as consultants and
all of them had experience in the field, an important area was the learning and acquisition of
knowledge in the outsourcing processes.

”The good thing with being a consultant is that you always learn from every cus-
tomer. If you work with the customer in the right way and use the right knowledge,
you can always achieve a good Bl-solution. In the same time you end up gaining
more knowledge as well.” (Appendix 2 g, page 98, row 43)

So in their work with BI in different companies, they could learn and adopt knowledge which
then could be transmitted as own organizational knowledge. Through this aspect, learning by
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doing can be an example where KM and BI interact. Another practical example was the meas-
uring of the employee’s knowledge to get an idea of the specific company competence concern-
ing different matters.

“We have cloud-based services in our company, and KM is used to measure and
legitimate the user’s knowledge for the different cloud-services. When new things
happen, like updated technology inside the company, it is important to deal with
KM to secure that the staff are capable of using it. This includes both KM and BIL.”
(Appendix 2 e, page 84, row 37)

An aspect brought up by two of our respondents was how the interaction could be stated con-
cerning the decision making. A company can use either completely fact-based decisions or go
more gut instinct in their decisions.

“| often think it is a question of whether decisions should be made from gut-feeling
or just be fact-based inside organizations. This can depend on the level of
knowledge of the decision maker. | think that the level of knowledge determines
how good decisions made on gut-feeling are. But if it is a quick decision that have
to be made, then it can be hard to take time to analyse the situation. I think BI helps
the process, both in decisions made on gut feeling and fact-based decisions.” (Ap-
pendix 2 e, page 105, row 37)

4.4.2 Bl as a subset to KM or vice versa?

When discussing how the concepts are intreacted by each other, the respondents had different
views, especially when it came to the question if one of the concepts could be seen as a subset
to the other. The most shared view among the Bl-experts was that Bl could be seen more as a
tool or subset to KM.

“I think that Bl is a subset to KM. KM is to me a much larger entity. BI can be used
as a tool for KM. The tool handles documentation, and other processes that needs
to be used for a successful KM.” (Appendix 2 b, page 89, row 48)

Four of the respondents agreed to this statement. Then there was one Bl-expert that thought the
opposite and that KM was a product of BI. He reasoned like this:

“I feel that KM is a product of Bl. You get the knowledge through BI, when it
gathers explicit and tacit knowledge for example. | think this is structured
knowledge capital built from BI.” (Appendix 2 g, page 69, row 36)

There was also a third view on the matter, and this was that it was not possible to explain the
relationship between the concepts as subsets to each other. Three of the respondents expressed
that the relationship between them could not be stated as “one as a subset to the other”. One of
the respondents answered this on the question if one could be seen as subset to the other:

“No | see them as two completely different things, but affected by each other. They
are Parallel I would say.” (Appendix 2 e, page 86, row 55)

Below is a table of how the different organisations answered regarding on Bl is a subset
to KM or vice versa.
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Table 4.5 Bl as a subset to KM or vice versa?

Bl as a subset to KM as a subset to Bl Neither or
KM
Accigo X
Affecto X
Anonymous X
Atea X
Helsingborg X
Ikano Bank X
Navet X
Nordea X

4.4.3 Other responses

Below are some of the other answers concerning the interaction, they have been quoted to give
a better understanding for the reader. All of the quotes describe the Bl-experts opinions regard-
ing the interaction between KM and Bl. The comments shown as mention a clear interaction
between the concepts, and all the Bl-experts had an understanding of how Bl and KM could be
used in an interacted way.
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Table 4.6 Responses concerning the interaction

Company

Responses concerning the interaction

Accigo

”..I think they are dependent on each other, without knowledge you don’t have any
use for BI, then you don’t know how to follow up, measure and make predictive
analysis.” (Appendix 2 a, page 61, row 50)

Affecto

“I don’t think that a BI-solution in itself gives you anything other the information.
If you work with this information, then this decides if it will become knowledge of
it or not, and in turn if it supports KM or not.” (Appendix 2 b, page 69-70, row 50)

Anonymous

”To me BI is actually an inventory of what you have inside a company, while KM is
how you spread the knowledge. You can possibly establish thoughts on how to in-
ventory and activate initiatives to create a wider knowledge base inside an organiza-
tion. With for example the usage of an expert in an area. He can then be used to
distribute his knowledge and increase the potency in the company. Bl can answer
how well the KM is inside the company work, and if a higher level of knowledge
have been achieved.” (Appendix 2 ¢, page 75, row 46)

Atea

“I think there is an interaction when you start to look at Big Data. When you start to

use the unstructured information and make conclusions through this. Then you can
push all the KM inside the systems and start to work from this instead.” (Appendix
2 d, page 79, row 24)

Ikano Bank

“The most obvious interaction is that they are both used to steer organizations, and
this is where they cross each other. They can be used both in parallel and interacted
with each other...They can be used when we want to perform a campaign, when we
want to find out the right opportunity to take actions to reach new customers etc. This
can be based both on KM and statistics from Bl. Both of them are needed to make
decisions, so | would definitely say that they are connected.” (Appendix 2 e, page 85,
row 47)

Municipality
of
Helsingborg

“It is the organizational knowledge in different stages that is important to use while

doing something meaningful. It is easy to build meaningless Bl-systems, but to make
them useful you need the right knowledge. Bl-systems purpose is to give decision
support to the decision makers. But the information you get have to be distributed
to different level of executives inside the organization. They in turn have to decide
if everything is correct and the end-product of the information is alright. In this case
it becomes a good interaction between KM and BI. “(Appendix 2 f, page 91, row
31)

Navet

“The interaction is surely a spinning wheel, the wiser you get the more knowledge
you can bring to the next project. Hopefully the concepts becomes a virtuous circle.”
(Appendix 2 g, page 98, row 38)

Nordea

“Yes in all cases when it comes to the data managed in the company. We use such
old systems, with a lot of stored data. In order to obtain knowledge from this, we
have to use KM. We may have a developer who has all the knowledge concerning
certain things. This means that KM is very important to find the right data and the
data related to BI. | can put it like this: Bl is a tool for routing, you must retrieve data
from different areas. But Bl-consultants may not have any idea of how to use the
information that derives from the data. Here, you then need someone who is knowl-
edgeable in the older systems. This is where KM comes in and plays a big role. It is
important to know who possess the right knowledge to use the system right.” (Ap-
pendix 2 h, page 104, row 41)
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4.4.4 Summary

To conclude the empirical results according to the interaction between KM and Bl, all the re-
spondents was confident that the concepts could be seen as responsive to each other. In other
words that they did in some way affect one another. This section gives an overview of the
consultant’s general idea of the interaction, then how the interaction could be viewed in practi-
cal embodiment in the companies. Three of the consultants thought that the interaction was
necessary for the concepts to achieve their purpose inside an organization. While five thought
that the concepts did interact in different ways, but was not directly dependent of each other.
The most shared view among the Bl-experts was that the two concepts shared the same goal
and could help an organization forward. The Bl-experts described their general idea concerning
the interaction and how it could be viewed in a practical embodiment inside their firms. This
was mainly through learning from customers, colleagues (trainees) and learning by doing. The
interaction could also be seen when measuring legitimacy of workers inside the companies.
There was also various answers concerning if one concept could be seen as a subset to the other.
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5 Analysis and discussion

In this chapter, an analysis of the theoretical background together with the literature review are
done. This to create a discussion were we compare the theory and literature together with our
own opinions.

5.1 Differences and similarities

As mentioned in the literature review, according to (Alavi & Leidner, 2001; Dalkir, 2013;
Negash & Gray, 2008; Nonaka, 1994), Bl is a set of techniques of gathering, accessing and
analysing a big amount of data, and KM is a set of practices for the creation, development and
application of knowledge to create a better performance in the organization. The empirical find-
ings are in the same way, all informants agree on each other that KM is about handling, sharing,
cultivation and maintenance of a knowledge inside a company. They work with this in different
ways, such as different systems to document knowledge, trainee programs, lunch meetings,
workshops and conferences. This goes hand in hand with Davenport and Prusak (1998) who
present three different ways to handle KM (1) Make knowledge visible and to display the role
of organizational knowledge, (2) Create a knowledge intensive culture in the company by en-
couraging knowledge sharing and knowledge offering between different organizational parties
(employees e.g.). (3) Build a knowledge infrastructure, including both technical systems and
the connection amongst people given time, tools, space and support to interact and cooperate.
We think that all of the companies do these things, more or less. Some companies are aware of
that their KM could be improved. It is interesting that five of eight informants think that they
could work better with KM, even if they are aware of how important it is.

All of the informants agree on each other and mean that Bl is a supporting tool do drive the
organisation forward. But there is visible different between the literature review and our inter-
views. The literature see BI more as techniques used to drive the organisation forward, while
our informants mean that Bl is more like a concept and a system is not necessary. Seven of
eight informants see Bl as a concept instead of a system. To make it clear, one of the informants
gave the following example:

“I absolutely see BI as a concept. You can create BI with post it notes. It is also
possible to use Excel documents, so | see it as a concept. How we structure fact based
information and how we choose to measure our organisation. Then is the aim with
the BI system to aim and make the process more effective in the organisations.” (Ap-
pendix 2 e, page 85, row 39)

This goes hand in hand with what Sonar (2011) mean, when he says that KM is more people
centric. Six of eight informants says that they work with KM in an unstructured people
centric way such as trainee programs, lunch meetings, workshops and conferences. While
only four informants clarified that they work with KM in a system-oriented way as well,
while the two last informants only worked in a system-oriented way. We assume that these
two informants who told us that they only work with KM in a system-oriented way also
work with KM in a human-oriented way, they are just not aware of it. In other words, they
see their system as a tool for KM but are not aware of everyday processes when people are
learning from each other, such as meetings and conferences.
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5.1.1 Explicit and tacit knowledge

Earlier literature states that KM handle explicit and tacit knowledge while Bl only handle ex-
plicit knowledge (Khan and Quadri (2012); Rao & Kumar, 2011; Sun & Chen, 2008). Our
empirical result agree with this but the respondents mean that KM is more about tacit
knowledge and Bl is more about explicit knowledge. In other words, even if KM handle both
types of knowledge, most companies work with tacit knowledge. The result shows that six
companies work with tacit knowledge were only two of them work with explicit and tacit
knowledge, the other two companies only works with explicit knowledge in KM (see Table
4.1). To make a conclusion of our empirical result, tacit knowledge is more common than
explicit knowledge in KM.

Further, one of the informants gave an example when tacit knowledge can be used in Bl (see
Figure 4.1). What she mean is that when you work with BI, you have to measure different
things. Example, what is a customer? Is it when someone visit the company’s website and is in
the CRM-system? Is it when a purchase is done? Is it when a customer buy something and
cancel the order? In other words, it is an interpretation for every singel employee and it is
important to figure out what a customer actually is, so everyone in the organisation have the
same definition of company. She mean that this is tacit knowledge in BI. We think it is a good
example and worth to think about but we are not sure if we agree one hundred procent. Of
course it is tacit knowledge within the Bl but it is arguable to discuss if it is KM within Bl, in
otherwords an interaction between the concepts. An other informant is on the same track and
mean that tacit knowledge is connected to KM and explicit knowledge to Bl. In additional, he
mean that the advantage with Bl is that you can create a clear definition. An example is that
there is different types of revenue and further the revenue is measured, then it is important to
make a clear definition of what revenue is. But when something is text-based (tacit) it is harder
to decide what it is, what is a strategy against a tactic? It depends on who you are asking, so he
mean that there is a clear difference.

“The advantage with BI is that you actually can create a clear defition.” (Appendix 2
e, page 85, row 45)

5.1.2 Structured and semi-structured data

According to our literature review, both KM and BI handle structured and semi-structured data
(Hannula & Pirttiméki, 2003; Malhotra, 2004; Moss, 2003; Rudin & Cressy, 2003; Tan, Teo,
Tan, & Wei, 1998). Even here, our informants agree on that in theory, but in practice, it is
different. In KM, two of our informant’s companies work with both structured and semi-
structured data, three with only semi-structured data and two with only structured data. In total,
six companies work with semi-structured data and four with structured. Based on our result,
structured data is more common in Bl and semi-structured is more common KM. In BI, only
three of eight informants confirm that their company work with both structruded and semi-
structured data, while the other five only work with structured data (see Table 4.2). Based on
our literature, semi-structured data is more common in KM, while structured data is more
common in BI. This do not mean that both of the conepts handle both of the data types but it is
significant difference. Especially in Bl, where only three of eight companies work with semi-
structured data. This is somethhing, (H. Chen et al., 2012) defines as BI&A 2.0. We think it
depends on that is a new way of working and all companies are not ready for it yet. Since most
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of our informants work as consultants, their customers are not ready for semi-structured Bl yet,
even if the technique is available.

“If we are talking about semi-structured data or as | call it, non SQL, it is more big
data. We do not have customers who demand it. We have the competence but no
project because our customer do not demand it.” (Appendix 2 a, page 59, row 32)

We think it is one of the answers of why the literature are talking about semi-structured data
but is not common in real companies based on our literature. If we move on to BI&A 3.0 which,
H. Chen et al. (2012), mean is more about mobile Bl and applications where you can locate the
devices in real time. This is called Internet of Things and is modern right now. Based on our
empirical findings, no of the companies work with this. We think it is because it is even newer
than BI&A 2.0 and if the market not are ready for BI&A 2.0 yet, they are not ready for BI&A
3.0 either. What is interesting is that three of the informants are talking about that other
companies are using this techniques. Such as Power Bl from Microsoft, one of the informants
gave the following example

“Nike have a big operation right now, where they can collect data about what people
around the world write about Nike. l.e if someone in a small village in China are
writing something about Nike, then Nike can do a response to it. It is important for
the brand, I think it is fantastic and fast.” (Appendix 2 f, page 54, row 41)

5.1.3 Data mining and text mining

Since data mining is connected to structured data and text mining to semi-structured data, the
discussion will remind of the last chapter. According to earlier literature both data mining and
text mining techniques are used in both KM and BI (Berry & Linoff, 1997; Fayyad et al., 1996;
Rao & Kumar, 2011; Sallam et al., 2011). In KM, two companies only use text mining, one
company only use data mining, two companies use both, two are not aware of the concept and
one company do not think the technique belongs in either KM or BIl. What is interesting with
this result is that two of the informants are not aware of the techniques even if the work with
Bl on daily basis. We think it is because they are operational people and not developers. Then
you do not have to be aware of all the techniques, but rather how the BI system should work.
What is even more interesting is that one of the informants is aware of the techniques but does
not think it is either a Bl or KM technique. He thinks the techniques are other techniques and
not BI techniques, but rather interactive techniques to BI. It is hard for us to discuss if he is
right or wrong. But based on previous literature and that seven of eight informants agree on that
data mining and text mining are Bl techniques, we can establish that the techniques are Bl
techniques. In KM, all of the informants are spreading their data in different ways. In other
words, both data mining and text mining.

5.1.4 Summary

As shown in the previous sections, the literature review and the empirical findings agree on
each other about the differences and similarities. The only visible difference is that the empirical
findings highlights some of the differences and similarities in a greater degree. We think it is
because previous literature only have tried to find if the differences and similarities are there or
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not. While we have researched them in a deeper way and tried to figure out how common the
use is in a practical way.

To conclude this sections, the aim with both KM and BI are to improve the use of knowledge
in an organisation and collect the knowledge in to a competitive advantage. We want to end
with a model based on both literature and our empirical findings. As shown in the table, some
of the similarities are bolded. Because based on our empirical findings, that type is stronger
connected to the bolded concept.

Table 5.1 Differences between KM and Bl

KM Bl
Data sources Structured, semi-structured Structured, semi-structured
Technologies Data mining, text mining Data mining, text mining
Business processes Knowledge sharing, extraction, | Converts data into knowledge for
communication, application and | the need of the end user
innovation
Knowledge Explicit, tacit Explicit
Objective Captures, stores, organizes, and | ldentifying trends for new business
distributes knowledge strategies

5.2 Interaction

Cook and Cook (2000), argues that Bl and KM must be interacted to achieve specific goals in
an organization, like organizational learning and effective decision making. They also argue
that Bl should be measured on knowledge from the organization itself. The answer from the
Bl-experts shows that three of them agreed to a need of interaction between the concepts. Five
of them did not specifically express this, but throughout our interviews there have been many
different answers that states the importance of an interaction.

Hamilla (2001) sees KM as the helping hand of BI, and that KM is needed to collect data which
in turn enables better decisions in a Bl-system. This was a view shared by only one of the
respondents, while four of the respondents thought the opposite that BI mainly is a tool or subset
for KM. These four respondents reasoned that KM must be seen as a much larger entity that
can use Bl to easier extract the information needed.

According to four of the respondents, Bl could be seen as a subset to KM, and only one of the
respondents thought of sorting KM as subsidiary to Bl. The result of our answers then leans
toward a relationship where Bl is a subset to KM. This is in line with the theory brought up by
Herschel and Jones (2005) in section 2.4.2, that BI must be seen as an essential subordinate part
of a larger KM effort. But three of the respondents couldn’t sort them in a hierarchy at all, and
thought that the concepts where parallel. Due to this, it is not possible to find a complete cer-
tainty concerning which of the concept is subordinate to the other. This is a highly interpretive
question and is impossible to get one truth on the subject. Our findings show that a precise
sorting in the concepts relation is hard to directly specify.
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Malhotra (2001) brings up that the interaction can be a complicated issue since the same col-
lection of data may induce various responses depending on the different people, time and con-
text. This is a view that the major part of our respondents have shared. A common view have
been that a Bl-tool can be easy to use, and it can give you the information that you look for. But
without having the right knowledge concerning the purpose or aim with that data, it is hard to
use it productively.

“It is the organizational knowledge in different stages that is important to use while
doing something meaningful. It is easy to build meaningless Bl-systems, but to
make them useful you need the right knowledge. Bl-systems purpose is to give de-
cision support to the decision makers. But the information you get have to be dis-
tributed to different level of executives inside the organization. They in turn have
to decide if everything is correct and the end-product of the information is alright.
In this case it becomes a good interaction between KM and BI. “(Appendix 2 f,
page 91, row 31)

In this sense, the interaction between KM and Bl is necessary to have for facilitating and helping
the organization forward.

5.2.1 KM processes and Bl

Bl can be seen as a tool which help the KM processes inside the company according to creation,
storage/retrieval, transfer, application are all processes which can be enhanced through the use
of BI technologies. (Alavi & Leidner, 2001; Gold & Arvind Malhotra, 2001). In the creation
process, knowledge can be formed on an individual level but also in groups and on the organi-
zational level (Nonaka, 1994). In this face Bl is often used by the companies to visualize and
clarify information. The information is processed to be used as organizational knowledge.

”To me Bl is actually an inventory of what you have inside a company, while KM
is how you spread the knowledge. You can possibly establish thoughts on how to
inventory and activate initiatives to create a wider knowledge base inside an organ-
ization. With for example the usage of an expert in an area. He can then be used to
distribute his knowledge and increase the potency in the company. Bl can answer
how well the KM is inside the company work, and if a higher level of knowledge
have been achieved.” (Appendix 2 c, page 75, row 46)

Storage/retrieval of knowledge have been mentioned as an important process for the companies,
and some of the respondents thought this was one of the main purposes of KM. The use of Bl
can help and support this process for the whole organization. The transferring of knowledge is
also be improved through the usage of BI in the companies. IT can increase knowledge by
extending the individual’s reach beyond the formal communication (O'dell & Grayson, 1998).

“Bl is a tool for routing, you must retrieve data from different areas. But Bl-con-
sultants may not have any idea of how to use the information that derives from the
data. Here, you then need someone who is knowledgeable in the older systems. This
is where KM comes in and plays a big part. It is important to know who possess the
right knowledge to use the system right.” (Appendix 2 h, page 96, row 105)
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This is a good example where Bl can be used for knowledge transfer in a company. IT-systems
in organizations can improve the knowledge application by codifying and automating organi-
zational routines. Automation of workflow processes involving documentation, information
sharing, rules and organizational activities helps organizations to save time (Alavi & Leidner,
2001). According to our respondents this is also how they see BI. Even if Bl have been viewed
upon as a concept, the concept in itself is used as a technical system in the companies. Daily
practises for a company can be embedded into the usage of IT, and through this create systems
that become examples of organizational norms (Bloodgood & Salisbury, 1998). In this way BI
and KM interact in an unstructured way, where BI becomes a part of the company’s knowledge
management process.

5.2.2 Technical vs Human oriented

The results from our interviews shows that a majority of the BI-consults see both Bl and KM
as concepts. Seven of the respondents viewed Bl as a concept, and all of them thought KM was
a concept. According to (Sonar, 2011), both the concepts are people centric. The result from
our studies show this as well. But our results also show that the interviewees see KM more as
an unstructured human processes and Bl more as technical concept, which is also stated by a
lot of our used literature (Alavi & Leidner, 2001, Arnott & Pervan, 2005 Dalkir, 2013, Daven-
port, 1998, Gold & Arvind Malhotra, 2001, Negash & Gray, 2008). This is where the interaction
matters the most. Bl is seen more as a technical concept and KM more as a social connected
concept inside the companies. One reason for this, is that Bl is used to deal with more raw
numbers and facts, and KM essentially deals with the underlying human knowledge. It is pos-
sible to automate the processes that are related to BI, but with KM it is another matter. It is hard
to automate the processes inside KM since the semi-structured data is hard to precisely measure
and evaluate. This is also the reason why both concepts should interact to create an advanta-
geous situation for companies. Without processes inside and company that can handle and vis-
ualize data and information you cannot get the right facts in your decisions, and without the
right processed and underlying knowledge, you cannot have the right understanding to make
the right decisions. One of our respondents mentioned that companies often have two options
when it comes to decision-making. The company can either rely on raw data to make decisions
(fact based decisions), or the company can rely more on gut feeling in their decisions. But the
best way in his experience was decisions made from a mix of the concepts.

“| often think it is a question of whether decisions should be made from gut-feeling
or just be fact-based inside organizations. This can depend on the level of
knowledge of the decision maker. I think that the level of knowledge determines
how good decisions made on gut-feeling are. But if it is a quick decision that have
to be made, then it can be hard to take time to analyse the situation. I think Bl helps
the process, both in decisions made on gut feeling and fact-based decisions.” (Ap-
pendix 2 e, page 84, row 60)

This is a good example where the concepts interaction can give organizations a competitive
advantage. The use of both KM and BI can help organizations to make better decisions, which
have also been stated by Hamilla (2001) and Cook and Cook (2000).
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5.2.3 Summary

The importance of interaction between KM and BI have been brought up both in the literature
review and by our respondents. The concepts have according to our results a useful interaction
within companies. Most of our respondent thought that BI cold be seen as subordinate part to
KM, but this view was divided by the other respondents where one of the respondent thought
the opposite, and three stated that the relationship was impossible to perceive in this specific
way. The interaction between the concepts was shown throughout the processes inside the
companies where data and information can be transferred to organizational knowledge. Con-
clusively the interaction can be useful in the decision making, where it can help companies
make better decisions through a combined usage of fact-based decisions and decisions made
on gut feeling. This is also related to the fact that KM is more human oriented and Bl is often
seen as the technical tools inside a company, which manages the measurable data.
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6 Conclusion

The purpose with his thesis was to specify the relationship between KM and BI. This by find
differences and similarities between the concepts and find out how they are interacted to each
other. Previous literature have been inconsistent concerning the interaction between the con-
cepts and we want to give a suggestion based on our research. We have answered the following
research questions:

How are KM and Bl affected by each other inside organizations?
a) What are the differences and similarities between the concepts?
b) How can the concepts interact within organisations??

First of all, even if some people see KM and Bl as two completely different concepts or as two
concepts that need to be interacted to each other, both of the concept are affected by each other
inside organisations with a Bl solution. Our result shows that KM need Bl to work and vice
versa. In other words, one of the concepts are useless without the other.

Further, the literature review and our empirical findings have shown that there are differences
and similarities between the concepts. The biggest difference is that that KM handle both ex-
plicit and tacit knowledge while Bl only handle explicit. This because KM is more human-
oriented and Bl is more technical-oriented, and right now it is almost impossible for a technical
system to handle tacit knowledge. KM and Bl have several similarities, such as data sources
and technologies. Earlier literature showed that both of the concept handle structured and semi-
structured data, which is consistent with our empirical findings. But in the empirical findings
most of the companies worked with semi-structured KM and structured BI. This shows that it
is possible to work with both of the data sources in practice, but it is more generally for com-
panies to work with semi-structured data sources in KM and structured data sources in BI. This
relates to the technologies that are used in the concepts, data mining and text mining. Even here,
both of the technologies can be used in both KM and BI. But in practice, text mining are used
more frequent in KM and data mining in BI.

To conclude the differences and similarities between the concepts, KM is about Knowledge
sharing, extraction, communication, application and innovation by captures, stores, organizes,
and distributes knowledge, while Bl converts data into knowledge for the need of the end user
by identifying trends for new business strategies.

Since both of the concepts deal with explicit knowledge, this is also where the interaction be-
tween them is the clearest. For the explicit knowledge to become tacit KM is needed. Bl is seen
as a set of IT-tools that help an organization forward and KM is a concept which’s processes
constitutes of handling the individual and organizational knowledge. The interaction is shown
through the learning processes and the best practises used by companies. Whereas Bl manly
handle raw data, the concept is within the organizations used to visualize and facilitate the
measureable information. KM is then used for the organizations to convert and distribute this
information into knowledge. This is also the main purpose of the interaction between the con-
cepts. Without a working Bl technologies you can’t get the right information for users, and
without KM it is impossible to turn the information into useful knowledge.
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The interaction can according to our results, be used to create a better organizational learning
culture, lead to better decision-making, evaluate the individual knowledge and in turn increase
the whole organizational knowledge.

6.1 Future studies

As we earlier mentioned, the biggest difference between the concepts is that KM handle tacit
knowledge while BI do not. A couple of our informants mentioned that BI will be able to man-
age tacit knowledge though the use of Al in a near future. It would be interesting to find out if
a Bl system could manage tacit knowledge in practice. One of the respondents mentioned that
with the use of Big Data, explicit knowledge can be transferred into tacit knowledge. If you
gather enough data it can be possible to find out a precise truth concerning social phenomena
for example. This can be an interesting subject to investigate for further studies, and how it will
change the future of organizations.
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Appendix 1 a — Interview guide and coding
scheme

1. Initial questions
1.1. Tell us about yourself and your profession
1.2. What does your department work with?

2. Knowledge management
2.1. What is your definition of KM?

2.2. What are the aims with KM?

3. Business Intelligence
3.1. What is your definition of BI?

3.2. What are the aims of BI?

4. Knowledge Management and Business Intelligence
4.1. What are the differences between the concepts?
4.2. What are the similarities between the concepts?
4.3. How are the concepts interacted to each other?

5. Do you want to add something

Concept(s) | Theme Code acronyms
KM Definition DKM
Bl Definition DBI

KM & BI Differences | D

Similarities | S

Interaction |
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Appendix 2 a — Interview transcript 1

R = Robin
I = Informant

Interview 4

Working title: Bl consultant

Company: Accigo

Date: 2016-04-29

Conversation length: 43 minutes, 22 seconds

Row Conversation Code

R1 R: Vi kan bodrja med att du beréttar lite om din bakgrund och vad du
jobbar med?

R2 I: Ja, jag ar informationslogistiker i botten. Vilket innebér att jag har
pluggat datavetenskap och informatik. Det ar egentligen inriktat pa hur
information flodar i system &n hur man bygger system och hur man pre-
senterar data och forstar information egentligen. Jag har jobbat med ERP
i tre och gick over till Bl som jag jobbat med i 2 ar nu. BI ar valdigt brett,
jag jobbar valdigt verksamhetsnara sa jag utvecklar inte, jag skriver
ingen SQL eller sa. Jag sitter mer med revisioner, road maps, projekt-
ledning, krav, advisory.

R3 R: Kan du beratta vad din avdelning jobbar med? Gor alla samma saker
som dig eller har ni utvecklare ocksa?

R4 I: Ja precis, jag ar den enda som har min roll i dagslaget. Resten &r |0s-
ningsarkitekter och utvecklare. Vi fokuserar ju pa Microsoft-plattfor-
men, det ar den vi kan. Det &r framst SQL.

R5 R: Om vi gar vidare med fragorna, vad ar din definition av Knowledge
Management?

R6 I: Min definition & hur man hanterar och framforallt foraldrar kunskap. | DKM
Hantering, spridning, foradling och underhall.

R7 R: Och vad skulle du saga att malet &r med det?

R8 I: Malet med att ha det &r for att skapa en intelligent organisation med | DKM
en kunskapsbank inom organisationen.

R9 R: Inom Knowledge Management, kanner du till Explicit och Tacit kun-
skap?

R10 I: Ja det kénner jag till, jag har ocksa last Knowledge Management en
gang i tiden.
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R11 R: Skulle du kunna berétta din definition och erfarenhet av dessa be-
grepp?
R12 I: Ja, det &r explicit eller tyst kunskap. Dar explicit & den man kan for- | DKM

medla genom att beratta. Tyst kunskap ar den man inte riktigt tanker pa
att man har vilket gor att man heller inte kan kommunicera och verfora
den.

R13 R: Inom er organisation, hur jobbar ni med kunskapséverforing?

R14 I: 1 och med att vi &r konsulter sa jobbar vi valdigt mycket med det, | DKM
kanske inte lika mycket som vi borde enligt var strategi men sa ar det
alltid. Daremot sa har vi exempelvis mycket lunchmaéten dar vi gar ige-
nom nyheter och projekt. Om nagon har gjort nagot eller kommit kontakt
med nagon héftig I6sning sa forsoker man ta upp det sa forsoker vi ta
upp det. Dels for att sprida kunskapen om det faktiska som man har gjort
men ocksa sprida kunskapen om att den har typen av projekt har vi haft.
Man forsoker lara andra samtidigt som man marknadsfor sin egen kun-
skap, det &r de tva sparen egentligen. Och vi har ju inget annat att luta
oss tillbaka pa an just var kunskap eftersom vi ar konsulter, vi maste
jobba aktivt med kunskapsspridning. Det gor vi ocksa genom att vi har
vart juniorprogram dar vi tar in juniorer och for att sprida kunskap till
dem sa behover de ju ta rygg pa nagon senior kollega och fa mer hands
on-erfarenhet bredvid en senior person. Och det &r just for att sprida den
hér tysta kunskapen som man inte kan sitta ner och undervisa.

R15 R: Och da &r det i riktiga projekt, inga pahittade?

R16 I: Vi har antingen kundprojekt eller interna projekt. Kundprojekt ar de-
biteringsbara ut mot kund men interna projekt kan vara minst lika vik-
tiga. Exempelvis har vi precis flyttat och det har varit ett internprojekt,
det varit jattekritiskt att det har fungerat som det skulle. Det kan vara av
den karaktaren ocksa.

R17 R: Tillater ni da juniorer att medvetet gora misstag for att de ska lara
sig?
R18 I: Learning by doing, sa ar det ju. Vi forsoker oftast stétta i den man vi

kan. Accigo ar ett foretag (inte Centigo), dar man far ta valdigt mycket
ansvar valdigt fort. Nar man kénner pressen brukar man steppa upp.

R19 R: Da kan vi ga over till Business Intelligence, vad &r din definition av
BI?

R20 I: Min definition av BI, det &r egentligen intelligenta system, besluts- | DBI
stodsunderlag for att fatta strategiska men ocksa operationella och tak-
tiska beslut. Det ar ett stottande verktyg for att driva verksamheten
framat skulle jag saga.
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R21 R: Vad ar méalet med BI?

R22 I: Malet med Bl &r val egentligen att lagga tid sa lite tid som mojligt pa | DBI
att underhalla verksamheten och lagga ner sa mycket tid som mojligt pa
att driva den framat.

R23 R: Hur jobbar ni med BI ut mot kund?

R24 I: Vi jobbar pa flera olika satt. Vi jobbar mycket med datalager och ku- | DBI
ber. Vi bygger bade datalager MS SQL-databaser och vi bygger dven
SSAS-kuber. Bygger SSRS-rapporter. Vi kan saga sahar, Microsoft till-
handahaller ju en SQL databas och i den nar man kdper en viss licenstyp
far man verktygen SSAS och SSRS. Ja vet inte om du ar bekant med

begreppen?

R25 R: Inte riktigt, utifran egna erfarenheter har jag framst last om Qlikview
och Tableau.

R26 I: Det brukar vara sa. Om man ska jamfora sa ar SSAS sjalva kuben. Sa

det &r dar du gor din datamodellering, i Qlikview bygger du ju din data-
modell i verktyget. Det gor du inte har, da lagger du den i en kub och
kopplar sedan pa ett verktyg. S& exempelvis hade du kopplat pa
Qlikview via en ODBC-koppling rakt in utan att behdva bygga mo-

dellen.
R27 R: Da forstar jag.
R28 I: SSRS &r egentligen ett rapportverktyg sa det ar dar du designar och
faktiskt bygger dina rapporter, (front end users).
R29 R: Jobbar ni bada med strukturerad och semi-strukturerad data da?
R30 I: Nér du sager semi-strukturerad sa tanker du pa?
R31 R: Strukturerad &r ju databaser och fakta rakt av medan semi-strukture-

rad &r mer text, exempelvis e-mail-konversationer osv.

R32 I: Exakt, vi jobbar bara mot relationsdatabaser, bara strukturerad. Kom- | DBI
mer man in pa det ni kallar semistrukturerat eller non SQL som det &r
for mig sa gar man mer at big data hallet. Vi har inte sa manga kunder
som kor det. Vi har kompetensen i huset men vi har inga projekt for vara
kunder efterfragar inte det.

R33 R: Det gar ju lite at data mining och text mining.

R34 I: Precis, data mining har vi borjat komma in lite pa. Vi har bérjat kéra | DBI
Microsofts tjanst Azure, deras molntjanst. Dar produceras ocksa Micro-
softs tjanster. Dar finns nagot som heter Machine Learning som vi har
varit inne och borjat laborera lite med. Den ar ocksa en del av Dynamics
AX och ingar i Microsofts langsiktiga road map. Men vi har ingen kund
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som har implementerat den tjansten. Men det gar ju, det handlar valdigt
mycket om IT-mognaden i organisationen. De organisationer som &r le-
dande och innovativa har en tendens att vara mer teknikndra &n nir man
tanker storre bolag som har funnits i flera ar, for dessa ar steget mycket
langre. Dels for att de &r stora och det finns processer och avsaknaden
av processer som gor att det inte funkar pa olika satt. Da blir spranget
mycket langre om man ska kéra Machine Learning. Har man inte redan
definierade kopior och struktur pa sin uppfoljning sa vet man annu
mindre vad man vill ha en prediktiv analys pa.

R35 R: Det forstar jag. Har ni framst stora eller medelstora kunder?
R36 I: Vi har faktiskt hela spannet. Vi har allt fran SAK som &r en referens-
kund men vi har dven mycket mindre och mycket storre.
R37 R: Da kanske det blir lite av bade och i framtiden?
R38 I: Ja det &r lite det vi hoppas.
R39 R: Business Intelligence, ser du det som ett system eller ett koncept?
R40 I: Det dr ett koncept, det dr inte ett system. Begreppet “one Bl solutions | DBI

fits all” finns inte for mig och det tror jag inte finns for ndgon heller.
Utan allting, rapportering och analys sa ska den vara verksamhetshase-
rad. Behovet i verksamheten ska styra vad for [6sning man behdver. For
om den inte stottar verksamheten finns det ingen poang med att ha den.

R41 R: Forstar det. Kan du se nagra likheter mellan koncepten Knowledge
Management och Business Intelligence?

R42 I: Ja absolut, visst finns det likheter. Eller de kanske mer kompletterar | S
varandra. BI ser ju till sa att man far underlag for att forfatta de beslut
man behover, vilket gor att det forser en med information. Medan KM
plockar upp dér Bl slutar och foradlar outputen som kommer fran Bl. De
gar mer hand i hand.

R43 R: Det ar intressant for det finns manga olika asikter dar.

R44 I: Jag kan tdnka mig det.

R45 R: Ser du nagra solklara skillnader mellan koncepten?

R46 I: Skillnaderna skulle jag vilja saga ar att tystkunskap finns ju inte i sy- | D

stemen. Alltsa i hard- och mjukvara, sa darifran ar det ju lattare att Gver-
fora kunskap med tanke pa att om du far en rapport sa far du den inform-
ationen som du behover i en rapport. Nér du pratar med nagon for att
lara dig en process, da pratar vi helt plotsligt om andra parameterarr. Det
skulle jag sdga ar den storsta skillnaden som jag ser pa rak arm.
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R47 R: Du var inne pa det lite innan nar vi pratade om likheter, du sa att
koncepten var beroende av varandra. Finns det nagon interaktion mellan
koncepten?

R48 I: Det &r ju en interaktion for de dverlappar ju varandra. Jag skulle séga | |

att bada tva behovs. For om man ser kunskapsomradet som ett enda stor
moln, det &r ju inga ytterligheter men det ar dem som ser till att det hela
hanger ihop. Om du bara tar ut data till information utan att det vidare
sa att det kan tillgodoses som kunskap finns det ingen idé att ta ut det
heller.

R49 R: Intressant, ser du KM som ett subset till Bl eller tvdrtom? Om du
skulle definiera det pa det hallet.

R50 I: Det ar lite vad kom forst? Honan eller d4gget? Pa ett sétt sa tanker jag | |
utan kunskap har du inget BI for da bet du inte vad du ska félja upp,
méata och om man gar in pa prediktiva analyser, du vet inte vad du vill
fa fram. Samtidigt sa utan BI (inkluderar rapportering och analys) sa far
du inte fram nagot att bygga din kunskap pa. Bade och behdvs. Sen om
man explicit sager att man jobbar med KM eller inte spelar egentligen
ingen roll for att det gor du. Sen huruvida du vill anvanda begrepp och
terminologi ar en annan diskussion. Jag skulle inte vilja kalla det ena ett
subset for det andra.

R51 R: Bada behovs for att lyckas?

R52 I: Absolut i nagon form.

R53 R: Och de &r pa samma niva?

R54 I: Ja det tycker jag. I

R55 R: Du jobbar ju som business intelligence-konsult. Tidigare berattade
du att ni jobbade med KM internt, har ni det i atanke externt mot kunder
ocksa?

R56 I: Ja men inte i den formen sa att vi sager KM. Men det har vi absolut, | |

for hela vara leveranser gar ut pa att fa kunden att se bra ut, da maste vi
formedla var kunskap till kunden sa att de kan skina lite i sin egen orga-
nisation. Det ar dar vi skapar vart varde sa absolut gor vi det. Sen beror
det pa vilken roll man har, jag som ligger mer verksamhetsnara har ju
ett annat krav pa att kunna formedla min kunskap till mina bestallare an
vad vara utvecklare har. Da handlar det mer om att férmedla kunskap i
dokumentation i form av vad man har gjort, det kan ocksa vara en utma-
ning. Det &r lite tyst kunskap som kommer in dar nar man ska lyckas fa
ner alla detaljer. Vi lamnar alltid nagon form av kunskapsbas.

R57 R: Skulle du kunna ge nagot kort exempel pa hur det skulle kunna se ut?
Ar det dokument eller uppléarning?
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R58

I: Det bras pa vilken typ av projekt. Har vi utvecklingsprojekt med en
I6sningsarkitekt, da blir hans kunskapsformedling hela lésningen, hela
plattformen. D& kommer han fa gora en 6verlamning till férvaltningen,
exempelvis efter nagot ar fardigt implementerat. Utvecklare lamnar ex-
empelvis dokumentation pa iterationspunkter som har utvecklats, bade i
dokumentform om kunden vill ha det, det bros lite pa hur de vill ha det
dokumenterat. Annars i koden. Jag personligen l&mnar intressantana-
lyser, kravspecifikationer, projektplaner, tidsplaner och riskanalyser
0OSV.

DKM

R59

R: Ar det ndgot du skulle vilja tillaga?

R60

I: Bl i sig ar ju ett valdigt stort begrepp. Om man téanker pa det beroende
pa vem man fragar, kan jag tanka mig att man far valdigt olika svar be-
roende pa var personen ar. Jag skulle saga ju mer évergripande perspek-
tiv man har, ju mer tror jag man &r inriktad mot Knowledge Manage-
ment. Ju djupare teknisk kompetens man har, ju mindre tror jag man
beror KM.

R61

R: Nagot du skulle vilja tillagga?

R62

I: En sak som jag tanker pa, nar man pratar om Bl brukar man fokusera
pa tva delar "VADet” och "HURet”. Nér man pratar om KPI:er, det star
ju pa samma rad, explicit och tacit information. Och explicit KPI process
optimization &r sahdr: Man tidnker ”Vad vill vi méita”? Och ”Hur vill vi
mita det?”, ”Vad” dr explicit och ”Hur” r tacit. For jag lovar dig att nér
det kommer till KPI:er, beroende pa hur manga manniskor det finns i
projektet, finns det lika manga asikter om hur det ska matas. Det &r den
tysta kunskapen inom KPI-delen for att manga har sin egen forstéllning
om hur man mater nagonting. For att ge ett enkelt modelleringsexempel
(ritar en kund), vad &r en kund? Vi vill méta antalet nya kunder varje
vecka? Det kanns val rimligt och vart mal ar att vi ska ha tio nya vecka.
Hur mater vi detta? Vad ar en kund? Det ar det man maste fa fram, tacit
knowledge blir minst lika viktig inom Bl-delen som i KM-delen. For hur
mater man en kund? Ar det en kund for att den kommer in i vart CRM-
system nar den tittat pa en annons eller kontaktat ndgon? Eller ar det en
kund for att vi har fakturerat? Ar det en kund for att de gjort en bestll-
ning som de avbestallt utan att ha genomfort hela kdpet? Vad &r det vi
maéter?

R63

R: Det var intressant. Da tror jag vi ar klara om du inte vill tilldgga na-
got?

R64

I: Om man kollar pa business process, sharing, extraction, communicat-
ion, application och innovation. Det skulle vara consumption

D, S|

R65

R: Pa BI?
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R66 I: For det &r ju faktiskt dar som du konsumerar som din kunskap baseras | DBI
pa. Annars var det nog allt

R67 R: Tack sa jattemycket.

R68 I: Det var sd lite sa.
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Appendix 2 b — Interview transcript 2

M = Martin
R =Robin
I = Informant

Interview 5

Working title: Business Advisor

Company: Affecto

Date: 2016-05-03

Conversation length: 49:19

Row Conversation Code

R1 R: Beratta om dig sjalv och vad du jobbar med?

R2 I: Jag har en roll som kallas Business Advisor. Jag sitter inte och utveck-
lar nagonting, utan mer med att ge kunden rad och hjalp for att gora ratt
saker. Hitta mojligheter att forbattra, bade befintliga system men ocksa
verksamheten genom att anvanda befintlig information pa ett smartare
satt. Jag kan jobba med allt fran att ge rad till en data warehouse-lésning
till att som att hur allt data fran produktionen ska hanteras, exempelvis
alla maskiner i fabriken, sociala medier om man ar konsumentinriktad
sa det ar ganska brett, sen har jag en roll som &r mer inriktad pa analytics
ocksa, affarsutveckling inom analytics dar jag kolla pa visualisering av
data och pa avancerade analyser, prediktiva som data mining. Jag sjalv
arbetar ju inte riktigt med utveckling, utan mer data scientist-personer
som gor det. Sa jag ar ganska bred.

R3 R: Resten av din avdelning, har de liknande roller som du eller &r det
mycket utveckling?

R4 I: Nej hér &r det val egentligen bara jag som har rollen sen finns det
andra seniora personer som &r projektledare och lésningsarkitekter. De
gor delvis samma saker som jag men ar mer inbitna vid utvecklingen av
implementationerna. Sen har vi aven konsultchefer och séljare. Sedan
saljer jag ocksa.

R5 M: Sa mycket kundkontakt?

R6 I: Ja, sd kér man kundprojekt sa har jag kanske tagit fram road mappen
och sitter i kundens styrgrupp ocksa. Lite som projektledare dar jag ar
med i hela utvecklingen.

R7 M: Vad levererar ni for typer av 16sningar? Med andra ord vilken mjuk-
vara?

R8 I: Det skiljer sig lite var man ar i Norden. Tar vi Malmo sa har vi en data
warehouse komponent som ar uppbyggd pa Secret Server och program
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daromkring for att hdmta data. Och nu kommer allt mgjligt. En del job-
bar med Azure, speciellt om man ska gdra nagonting med stor data-
mangd och kanske inte vill sétta upp allt internt. De traditionella 16s-
ningarna bygger oftast pa Secret Server. Sen har vi vissa kunder som kor
Oracle eller nagot annat. Andra lander har mer kompetens kring SAP.
Front end sidan kor ocksa ganska ofta Microsoft, Power Bl borjar
komma mer som ocksa &r en cloud-losning. Det kommer i och med att
kunderna anvéander Office365 och da blir det lattare. Det finns en intern
troskel dar nér man ska sldppa ut data i molnet men det verkar forsvinna
mer och mer. Vidare, sa Qlikview saklart, vi ar partners med Cognos,
SAP och Tableau och vissa andra.

R9

R: Det kanns som ni har det mesta da?

R10

I: Ja vi dr ganska breda da vi ar 1200 i Norden och da ar det marknaden
som styr. Exempelvis &r det mycket SAP i Képenhamn men Microsoft
kommer mer och mer dar ocksa. Vi ar ganska Microsoft-fokuserade pa
detta kontor.

R11

R: Om vi ska ga in mer pa vart amne, hur skulle du definiera Knowledge
Management?

R12

I: Ja du, det pratar vi inte sa mycket om ifall jag ska vara hela arlig. Men
jag skulle vl saga att om vi kopplar det till BI, sa kunskapen man far
fram borde man kunna hanteras pa ett bra sétt. Processer och system for
att stodja hur man tar fram, hanterar och sprider kunskapen, gor den sok-
bar pa nagot satt. Och sen &r det ju bredare &n just vart omrade, det skulle
kunna vara vad som helst inom verksamheten men inom ett Bl-perspek-
tiv skulle jag se det som att vi genom de slutsatser som vi drar ska in-
formation spridas och dokumenteras.

DKM,

R13

M: Du har redan svarat lite pa det. Du sa att ni inte har nagon direkt
definition pa Knowledge Management.

R14

I: Nej vi pratar om Information Management.

R15

M: Jaha okej, vad ar det?

R16

I: Det handlar om hela processen att samla in data och ha koll pa kvalitén
och definition pa master data. Replikera regelverk och sen transformera
den till ett format sa att slutanvandaren kan anvanda den pa det sétt som
ar bast for den. Det kan vara allt fran en enkel rapport till att da ha en
data scientist som ska kunna gréava i detaljer. Det &r information mana-
gement. Det &r inte riktigt knowledge management utan mer en process
for att strukturera informationen. Och det ar klart en viktig del for att
jobba med Knowledge management men jag skulle saga att det finns lite
till. Man brukar ju prata om data, information och kunskap och nagon-
stans slutar vara system vid information.
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R17

R: Innan vi gar in pa BI, kanner du till explicit (dokumenterad) och tacit
(tyst) kunskap som du besitter sjalv. Hur jobbar ni med denna typ av
kunskap?

R18

I: Internt eller externt?

R19

R: Vi kan bdrja internt.

R20

I: Ja det tycker jag att vi gor. Vi forsoker verkligen gora det. Vi jobbar
med olika kommunikationsplattformar for att gora det. Vissa bolag inom
var koncern ar valdigt duktiga pa att dokumentera vad de gjort. Vad har
vi l&rt oss av det har? For ofta dokumenterar man ju for kundens rékning
men vad ldrde vi oss av det har?

DKM

R21

R: Har ni aven upplarningstjanster till yngre?

R22

I: Ja vi har ju ett traineeprogram pa 12 manader. Det finns ju d&ven men
det ar ju mer en uppstart. De flesta av oss far ju inte ga det programmet
och da finns ju var SharePoint-plattform och olika sajter. Vi anvander
aven Jammer for att sprida diskussion och ha diskussion. Det ar val de
satten vi sprider information med hjélp av information men traditionellt
sett hos oss har det varit valdigt viktigt att natverka och att du vet vem
du pratar med. Trainee har ju en fordel for de gar med norska och danska
kollegor, vilket ar tuffare for en person som kommer in efter fem ar och
inte far ga traineepgroammet. Han eller hon far ju inte detta gratis utan
maste fa mer hjalp att hitta ratt personer. Men det ar ju utmaningar for
konsultbolag, manga konsulter gillar ju att lara sig hur man gor saker
sjalv ocksa. Vissa foretag kanske ar lite for strukturerade och begréansar
friheten ibland. Men jag tycker att vi har blivit battre och battre. Man
ska veta att Affecto ar ett antal forvarvade bolag i grunden som alla kom-
mer med sitt eget satt och det tar ju tid att fa nagot folk att jobba mer
gemensamt. Men det kdnns som vi har lyckats béttre med det hér, det
har ocksa att gora med att vi har borjat jobba med nya omraden. Exem-
pelvis Internet of Things fanns inte innan men nu jobbar vi tillsammans
med det. De traditionella affarerna larde vi oss alla hur det fungerade.

DKM

R23

R: Har ni KM i atanke nar ni jobbar externt mot kunder?

R24

I: Nej det skulle jag inte s&ga. Det &r klart att vi jobbar med kunskaps-
overforing till kundens personal beroende pa vad kunden sjalv. Vissa
kunder vill outsourca allt, bade forvaltningen och utvecklingen. Medan
en del kunder vill ha sina egna IT-avdelningar som ska lara sig och da
kan det handa att de sitter med i projekten. Men visst vi har utbildningar
och éverlamningsmoten och éverensdokumentation av ett fardigt pro-
jekt, det finns ju. Men tittar man pa den lépande kunskapsoverforingen,
knowledge management dar vi sitter hos kunden sa ar det mycket hur
kunden har satt upp det och hur de vill arbeta. De har kanske system
eller rutiner for hur man ska dverfora kunskapen.

DKM,
DBI, |
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R25

M: Tanker man pa er situation, dar era konsulter lar sig nar de ar ute hos
kunden och jobbar. Har ni nagon sorts system for hur den kunskapen
kan anvandas i framtiden?

R26

I: Nej det tycker jag inte. Vissa bolag inom koncernen ar battre pa det
men totalt sétt skulle jag s&ga att det inte finns totalt mycket struktur att
gora det.

DKM

R27

M: Sa det era konsulter lar sig sprids inte riktigt vidare?

R28

I: Det gors via lunchmoten och konferensméten dar man plockar fram
vissa projekt dar man visar vad man larde sig. Men det har med att do-
kumentera vid ett fardigt projekt finns riktigt. Ar ndgon kunskap bra s&
kommer den att vara med pa en konferens eller liknande. Vi kor ju
mycket Skype-moéten internt, det finns kunskapsoverféring men jag
tycker att alla borde dokumentera mer.

DKM

R29

M: Det kanske &r svart att hamta tid efter ett uppdrag?

R30

I: Ja du kanske &r klar pa fredagen och bérjar nagot nytt pa mandagen
eller att du borjar pa nagot nytt hos samma kund. Sa ar det absolut.

R31

M: Ska vi ga in lite Bl. Vad ar din definition av Business Intelligence?

R32

I: Det finns olika séatt att se pa det. En del ar valdigt systemorienterade
dar man samlar data, lagrar och presenterar den i olika satt av verktyg.
Sen har vi det processorienterade sattet dar man ska ha nagon slags laran
ocksa. Visst du har processer for att samla in och presentera data men
du har ocksa processer for vad som ska goras harnast. Vad gor vi efter
detta med denna information? Det enklaste ar egentligen som ett system
och process for att samla in data och gora det analyserbart och rappor-
terbart for slutanvandare.

DBI

R33

R: Du ndmnde att det var ett system. Ser du enbart det som ett system
eller ett koncept?

R34

I: Jag ser det mer som ett koncept eller en process dér jag vill att kunden
ska lara sig mer. Jag tycker att man borde bli battre pa att analysera detta.
Det traditionella historiska sattet sa har BI férknippats mycket med rap-
porter dar man tittar pa en fordefinierad datamangd som man sedan fil-
trerar. FOr mig blir det inget larande utan mer en uppféljning som man
kanske gor en analys pa. Men de nya sétten att arbeta pa, exempelvis
data discovering finns det mojligheter for anvéndaren att jobba lite mer
expertivt. Det ar dar man far kunskapen som man kan analysera och hitta
monster i visualiserad data. Det tror jag &r en viktig del som kan gora.
Jag tycker aldrig det har varit sa roligt att jobba med som nu, de senaste
10-15 aren har det handlat om data warehousing och rapporter. Analyser
har varit ganska fordefinierade med en viss dataméngd. Men med Ta-
bleau, Qliks och Power Bl finns det stérre mojlighet for anvandaren att
utforska data och gora saker sjalv. Da blir det en véldigt viktig del med

DBI

_ 67—




The relationship between Knowledge Management and Business Intelligence Sonesson and Storgren

Knowledge management, att man kan fanga upp kunskapen. Att det inte
bara blir en PowerPoint ndgonstans, utan att det far en stor paverkan pa
verksamheten. Vi kommer fram till det har, gor det har och gor den har
atgarden.

R35 M: Vad brukar vara foretags primara mal med Business Intelligence
vara nar de anstaller er?

R36 I: Det finns olika perspektiv hos kunden ocksa. Jobbar du pa IT-sidan | DBI
finns det ett stort fokus pa att automatisera hamtningen av data. Aven
idag har man massa manniskor som sitter och sammanstéller data i Ex-
cel-ark och gor analyser déar. Da blir det personbundet, problem med
kvalitén, kanske problem med att de hamtar ut data fran diverse system
pa ett ineffektivt satt, exempelvis att flera personer gor det har samtidigt.
Pa IT-sidan vill man forbattra kvalitén och gora data mer hanterbar nar
man infora ett Bl system. Nu har ju de flesta Bl-system idag men de
tacker kanske inte allting. Tittar man pa verksamhetssidan sa brukar det
handla om att man vill fa tillgang till information pa ett enkelt sétt och
kanske ocksa att man har gemensam information och jobbar pa samma
sétt. Kunder som tanker lite lange anvander det for att fransformera verk-
samheten och hitta nya affarsmojligheter. Jag upplever att vi ofta far
guida, exempelvis med business scenarios dar kunderna far spalta upp
informationen. Vilken information? Vem ska ha den och vad &ar nyttan
med att géra det har? Vad ar nyttan med dessa rapporter? Ar det nagon
nytta? Vissa rapporter maste man ha som hygienfaktor for att fa ut in-
formationen?

R37 R: Det kdnns som manga tar fram sjalvklara saker som de redan vet om?

R38 I: Ja men sen kan det finnas behov att man vill sprida information | DBI
saklart. Man vill fa ut olika nyckeltal fran nagon portal osv. Jag har job-
bat med ett energibolag som har haft en tydlig idé med att komma nar-
mare kunden. FOr energibranschen har inte kunderna varit det viktiga for
de har alltid funnits dar. Det har varit viktigare att halla kolla pa anled-
ningarna och det ar fortfarande viktigt. Har du en samhallskritisk orga-
nisation sa maste det har fungera, da ar det viktigare att det fungerar an
att kunden ar nojd. 1 energibranschen hander det har att du maste komma
narmre och hjalpa kunden. Du ska bli effektiv, spara energi och inte for-
bruka lite mycket. D& maste du ha béttre koll pa vem kunden gér, vem
kunden ar, var kunden bor och hur kundens férbrukning ser ut. Dér finns
en valdigt tydlig malsattning att bli battre pa kundrelationer.

R39 R: Vad for typ av data jobbar ni med? Bade strukturerad och semistruk-
turerad?

R40 I: Bade och men 90 % é&r sorterad och semistrukturerad for mig ar fri- | DBI
faltstext.
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R41

M: Hur ser du pa relationen mellan Business Intelligence och Know-
ledge Management? Men forst, du pratade om tidigare om data mining.
Ser du det som en process inom Bl eller KM?

R42

I: Det ar svart men den har inte riktigt hort hemma i BI. Kanske inte
KM heller. Den har varit valdigt isolerad. Men tittar man pa forsakrings-
bolag dar man jobbar med scoring av kunder da anvander man data mi-
ning. Och vid riskhantering, da ar det absolut KM och en viktig del av
affarsmodellen. Just ndr man jobbar med risker och vilken typ av for-
sakring man ska ta ut. D& jobbar man med data mining. Tittar man i
finansbranschen, bedragerier osv, kanske finansbranschen. Men den har
blivit mer kopplad till BI for att integrerat det i plattformarna. Man har
publicerat vissa regelverk som kan atervandas i data warehouse-16s-
ningar och Bl-rapporter. Man kan kalla pa olika algoritmer som finns i
en data mining-16sning, sa har det blivit mer de senaste aren. Nar jag
borjade jobba med data warehousing sa fanns ju data mining men det
var helt separata produkter &ven om det kanske var samma leverantor.

D, I,S

R43

M: S& BI kanske har blivit bredare i sitt tank?

R44

I: Jag skulle sdga att de blivit mer integrerade. Exempelvis har IBM haft
en Bl-plattform som heter Cognos sen har man da haft ett data mining
som heter SPSS, sen har de integrerats lite. Sen har de dven gatt annu
langre med sina Watson-plattformar som har mer data mining integrerat.
Det gor allting integrerat. Microsoft har ocksa gatt annu langre med sina
molntjanster, machine learining. Man kopplar ihop det med Power BI.
Det handlar mer om att systemen integreras sen ar fragan om det anvan-
das pa ratt satt, det ar valdigt begransat. Det har absolut flyttat narmare
BI.

R45

R: Ser du nagra fler likheter mellan koncepten KM och BI?

R46

I: Det ar framforallt att utvinna information pa olika satt. Bl kan vara en
forutsattning for KM, en katalysator for KM.

R47

R: S& Bl &r ett subset av KM?

R48

I: Ja jag tycker det &r ett subset av KM. KM &r for mig mycket storre.
Bl kan vara ett satt av det. Dokumenthantering och alla andra saker som
maste finnas for att man ska lyckas med KM.

R49

R: Ser du nagra likheter eller skillnader mellan kunskapen som vi pra-
tade om tidigare, explicit och tacit?

R50

I: Tar man det ur ett systemperspektiv sa ar all information explicit i och
med det finns dar. Sen beror det ju pa hur duktig du &r pa dokumentera
det du kommit fram till. Har du bara gjort en analys och dokumenterar
slutsatsen pa ett satt som du kanske inte racker, exempelvis en Power-
Point. Det handlar om hur vél du kan dokumentera dina slutsatser (ex-
plicit). Jag tycker inte en BI-l6sning i sig ger nagot annat an information.

D, S|
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Jobbar du med det sa avgor det om det blir ndgon kunskap eller inte, da
stodjer det KM eller inte.

R51

M: Bl kan ge dig massa saker men har man inga kunskaper sa blir det
inte sa nodvandigt?

R52

I: Jag tror det handlar om presentera information. Jag tycker att bara for
man presenterar nyckeltal och styrkor till verksamheten innebar det inte
att det ar KM. For mig &r det mer informationsspridning och det kanske
inte leder till kunskap. For en del blir det att man vidtar atgérder. ”Nu
har forsiljningen gétt ner hér da far jag en analys av varfor” sen blir det
en atgard av det. Far man inte det i processen sa blir det mer KM av det.
Min poéng ar att manga som har en BI-losning inte riktigt tanker pa det.
Det géller bade konsulter och kunder.

R53

M: | beslutstagande rollen, kanner du att det finns situationer dar det
fungerar att Bl-system kan fatta beslut utan att ha en manniska bakom?

R54

I: Det finns redan, competeting with analytics av Davenport ger exempel
pa forsakringsbolag som har gjort detta. Man bestammer att om du har
ett forsakringsarende sa fattas beslutet av systemet. Det kanske sitter en
person anda men han far ett exempel av system som man kan acceptera.
Jag sjélv jobbade med ett par forsékringsarende, exempelvis installd resa
pga. sjukdom. D4 hade jag planerat att skicka in kvitton, men da sa for-
sékringsbolaget att allt under det har beloppet kvittar, det kostar forsak-
ringsbolaget for mycket. Da fattar systemet ett beslut beroende pa min
profil, har jag inte haft 10 arenden redan sa blir det nastan automatisk ett
ja. Och sen kommer éven det har med machine to machine Communi-
cation, dar maskiner kommunicerar och fattar beslut automatiskt. Det
tror jag pa och det finns ju redan ratt bra. Sen har vi allt det har med att
man kan ge erbjuden till din kund baserat pa kundens beteende, det har
ju alla avancerade e-handelssajter, exempelvis via kundkort ar ju ocksa
ett satt. Det &r ju inget nagon har raknat fram. De bestammer att du ska
fa erbjudande pa dessa fem produkterna. Sen kanske det finns en manu-
ell manniska som sitter och trycker pa knappen men det ar anda syste-
met.

DBI, |

R55

R: Ser du det som CRM eller BI?

R56

I: Jag ser mer som CRM men BI &r en komponent och KM ocksa. Det
ar ju sd att Bl:s kunskapshantering maste vara med 6verallt. Det ar tyd-
ligare idag. Vi pratar inte ens om Bl idag utan vi pratar om analytics.
Det &r analytics som &r det viktiga och ska gora skillnad. Exempelvis
borde varden anvanda det mer. Det finns ju expertsystem dar, IBM:S
Watson kan ju hjalpa lakare med det men sen kanske man inte vagar ta
det sista steget. Det kan ju bero pa att patienter inte ar helt arliga.

R57

M: Hur ser du forhallandet mellan DSS och BI? Ser du nagon liknelse
eller skillnad?
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R58

I: Bl-system tycker jag inte handlar om besluten. Utan det ger mer un-
derlag till att fatta beslut. Har du ett riktigt DSS kanske du ska fa ett
forslag till beslut och sen ska du helst kunna dokumentera beslutet och
folja upp det med atgéarder. Annars kan du inte fa DSS:et att utvecklas
heller. Var det ratt beslut? Blev det bra? Uppféljning maste in pa nagot
satt. Och da maste du ju ha en loop. Da blir det ju KM tillslut. For mig
ar Bl ett underlag men det stodjer inte sjalva beslutsfattandet. For nagra
hade Google en réatt rolig grej pa Youtube, en kurs i beslutsfattande. Den
handlar om att fatta beslut som inte ar baserade pa fakta, utan tarotkort,
tarningar osv.

R59

M: Mer som en chansning?

R60

I: Ja det &r ju fifty fifty. Har ni tittat noggrannare pa data mining sa lar
man sig allting som &r battre d4n 50 % sannolikhet &r ju en framgang.
Man maste ju vardera detta, har man data mining modell som bara ger
60 % sa maste man rakna pa vad ger de har 10 % sannolikheten. Det
kanske ger 10 miljoner i vinst. Man maste rakna pa vad det innebér i
pengar. Man maste kombinera det faktabaserade beslutet med mag-
kansla. Det finns en annan forfattare, Michael Gladwell, han ar i for sig
mer populérvetenskaplig. Han har skrivit om en del exempel, det récker
inte med fakta. Du maste aven ha kunskap och erfarenhet. Darfor ar det
lite farligt att titta pa nagot ett system foreslar. Det kan finnas ménster
som pekar at en viss riktning men om du som lakare ska titta pa underla-
get kan man se att det inte stdmmer. Det ar det kombinationen av det
fakta- och intention-baserade som ar utmaningen for ett DSS. Det beror
pa vad det ar for beslut. Handlar det om investeringsbeslut sa, jag tror
Kamprad en gang sa att hade det bara tittat pa det faktabaserade underla-
get for att ga in i Ryssland sa hade de aldrig gjort det. Det hade varit for
hog rysk och det kanske ar ratt beslut. Men da behovs ju ndgon som
kanske tanker lite mer.

R61

M: Nagot du vill tillagga som vi inte tankt pa?

R63

I: Jag tycker att det mesta stammer. Sen tycker jag att det har med ostruk-
turerad data kan hamna under BI. Det &r ju sadant som flyttar in i Bl
system ocksa. Ni har fatt in det har med knowledge sharing, extraction
osv och det har converts data into knowledge. Jag haller med om denna.

D, S|

R66

R: Da tackar vi for att du tog tid.
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Appendix 2 ¢ — Interview transcript 3

R = Robin
I = Informant

Interview 1

Working title: Consultant manager

Company: Anonymous

Date: 2016-04-28

Conversation length: 42 minutes, 33 seconds

Row Conversation Code

R1 R: Du kan berétta lite vad du jobbar med?

R2 I: Jag jobbar som konsult och &r ansvarig for drygt 10 personer, &r med-
arbetaransvarig. Jag jobbar med affarsutveckling och driver dessa fragor
framat.

R3 R: Vad jobbar din avdelning pa med mer specifikt

R4 I: Vi jobbar med foretagssystem och fa foretag att jobba mer effektivt
med hjélp av ERP-system.

R5 R: Sen KM dr ett brett begrepp som funnit lange, Hur skulle du definiera
detta begrepp?

R6 I: For mig & KM nagon form av hantering géllande avpersonifiering av | DKM
kunskap och kompetens. Kunskap dom inte ska vara personlig da.
Egentligen hur man férskansar sig information och delar denna med
andra for atervinning. Kan ocksa vara en kunskapsinventering av perso-
ner som har vissa kompetenser, vilket &r mer pa det sétet vi jobbar.

R7 R: Har ni nagot direkt exempel hur ni delar den kunskapen?

R8 I: Vi har olika team som jobbar med detta, exempelvis jobbar jag med | DKM
logistik, och inom detta &mne forvantas mina medarbetare vara kunniga.
Pa samma sétt ar det beskrivande om andra omraden som retail eller Bl
eller CRM. Pa detta satt vet man var man ska vanda sig och for att kunna
sprida kunskapen internt sa har vi en plan hur man vidareutveckla sina
anstédllda. Som certifieringar, vilket inte nédvéndigtvis betyder att man
kan nagot, men ska vara ett bevis pa kunskap.

R9 R: Tidigare litteratur tar upp tacit och explicit kunskap, nagot du kanner
till?

R10 I: N& det ar det inte
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R11 R: Kan forklara lite kort, Explicit kunskap &r kunskap som man enkelt
kan fa ner pa papper och dela med sig till andra. Tacit ar underliggande
kunskap eller kompetens som innehavaren besitter och har inhamtat med
erfarenheter och historia, sa personlig eller specifik kunskap kan man
séga.

R12 I: Ja det &r valdigt likt hur man jobbar som konsult. Detta &r valdigt
paverkande av hur man jobbar som konsult. Hur man lar sig det hant-
verket? Man kan alltid ga kurser och ldra sig saker, men det &r i slutan-
den &r det din personlighet och din personliga mognad som avgér om du
ar framgangsrik eller inte. Inte vilka kurser man last.

R13 R: Jobbar ni ndgot med att sprida den personliga kunskapen vidare?
T.ex. om du har en lang erfarenhet, hur sprider du denna vidare?

R14 I: Ja hela tiden, vi har juniora anstallda som kan vara som en ryggsack
pa en mer senior person. Sa de féljer med gratis och lar sig hantverket.
Pa sa sdtt far de en viss del av kunskapen och en annan viktig del som
vi jobbar med mycket ar direkt feedback. Konkret positiv och negativ
feedback nar det hander. Inte en gang om aret, utan hela tiden. Vi forso-
ker fostra en sadan kultur med detta.

R15 R: Du berétta att ni tar med er juniora konsulter pa projekt. Har ni ocksa
case, exempelvis dar ni later de juniora lara sig av sina misstag?

R16 I: Vi har en ju en foretagskultur som bygger valdigt mycket pa att det &r | DKM
battre att forsoka be om ursékt efterat an att inte géra nagonting alls. Vi
har valdigt lite regler och policies pa det sattet. Mycket bygger pa det
personliga ansvarstagandet. Dar det liksom, du ska ha en framatlutad
attityd dar du tar ansvar och pa sa satt ser jag inte det som lite motsagel-
sefullt att bara lara sig i case. Det ska vara helt ok att géra misstag det
ute i arbetat ocksa med kunderna. Men de som gar juniora programmet
arbetar i ett internt projekt via trainee-utbildningen som vi har. Vilket ar
en del av den utbildningen. Sa man kan val sdga att det &r en styrgrupp
som &r intern och det ar val liknande ett case. Men detta ar mer for att
sékerstélla att de personerna passar inom olika projekt. Men det ar olika
vilka personligheter som passar till vissa projekt.

R17 R: Sa for att fa ratt kunskap till framtiden &r det viktigt att vara noggrann
fran borjan nar man anstéller?

R18 I: Ja var viktigaste strukturerade process &r nog anstallningsprocessen.
Som bygger pa att sakerstalla att vi har ratt personer pa ratt plats. For
kunskap kan man alltid h&mta om man har rétt personlighet.

R19 R: Vi gar vidare till BI, hur skulle du definiera det begreppet?

R20 I: Som vi definierar det ar det den strukturerade datan som hjélper en | DBI
méanniska att, eller foretagare att ta ratt beslut vid ratt tillfalle. Bl kan
aven vara den ostrukturerade datan, men vi i vart bolag gor oftast inte
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detta. Vi ser foretagssystem dar man har vissa operationella system som
hjélper en utféra det man faktisk ska gora, De blir grunden till den struk-
turerade datan som man sen kan extrahera och visualisera genom ett BI-
system. Medan den ostrukturerade datan som finns i form av mejl eller
egna Word-dokument, Excel. Detta definierar inte vi som Bl. Men detta
ar var definition.

R21 R: hur kommer det sig att ni valt bort den definitionen?

R22 I: FOr att vart erbjudande pa marknaden &r sa, vi har ett team som jobbar | DBI
med ostrukturerade datan och produktivitet, Office 365 och SharePoint.
Men det ar ett annat team &n vart Bl team. Sa darfor.

R23 R: vad &r det teamets yrkesméssiga namn?

R24 I: Det heter affarsomrade som heter infrastruktur och BI, detta ar for att
secret server anvands som en del av detta. Men i och med Power Bl och
andra Microsoft produkter har vaxt fram sa delas det teamet upp i tva
olika team. Ett av de teamen heter da BI.

R25 R: Innan definierade du B, vad ar syftet?

R26 I: Att hjalpa till att ta strategiska och taktiska beslut for att driva foreta- | DBI
get framat. Vilka vagval och vad man ska fokusera pa.

R27 R: Sa Bl ar ett hjalpmedel till beslutstagaren?

R28 I: Bl pa svenska blir beslutsstod, ett stod som ska hjalpa personer ta rétt | DBI

beslut. Men inte i det operationella, utan mer hur man agerar pa en langre
tidshorisont &n det som ska levereras och séljas imorgon.

R29 R: Om man kollar pa bada koncepten, KM och BI, ser du nagra likheter
mellan dem?

R30 I: Ja vad ska man sdga, jag har aldirg tankt pa dem i de dimensionerna. | D, S

R31 R: Men om man ser tacit och explicit?

R32 I: Ja det &r val lattare att se vilka som ar certifierade inom vissa saker, | D, S

vad man kan mata. Men vi har ingen strukturerad KM. Men for oss ar
det snarare att tacit kunskap ar att veta vilka personer som har de kun-
skaperna som vi behdver. Inom vara team sa ar det viktigt att ha kun-
skapen av vad varje individ kan. Vi k&nner ofta varandra inom teamen
och anvander tacit pa det sattet.

R33 R: Och kunskapen delar ni med er, till exempelvis juniora av de seniora?

R34 I: Ja precis.
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R35

R: Litteraturen gar ofta in pa att Bl &r en teknik men att KM &r mer
mjukt.

R36

I: Ja om man tanker KM for ett konsultbolag, sa ar det viktigt att det
handlar om att fa sina medarbetare att agera pa ett satt som ar profess-
ionellt, och med ett visst entreprendr driv som &r i linje med hur vi jobbar
som foretag.

DKM

R37

R: OK, Vad har koncepten for skillnader?

R38

I: Ett mal for oss ar att beskriva och lara av varandra for att na en sa hog
framgangsfaktor som mojligt. Pa detta sétt jobbar vi som jag sa.

DKM

R39

R: Om man tittar pa datakallorna, ser du Bl som ett system eller dven
som ett koncept?

R40

I: Vi har ju inte det sa strukturerat, utan har snarare ett KM som bygger
pa att vi har incitamentsmodeller som alltid gor det 16nsamt att hjélpa
andra istallet for att sitta inne pa egen personifierad kunskap. Vi vill all-
tid dela med oss, och det hjalper hela teamen och organisationen i slutén-
den. Och att kommunicera KM sa anvénder vi tekniker inom kommuni-
kation, till stor del med mjukvaror som exempelvis SharePoint som &r
ett redskap som sprider kunskapen inom foretaget.

DKM

R41

R: Om man da jamfor Bl, &r det bara ett system for dig da?

R42

I: F6r mig ar B, da man kan satta méatetal pa motsvarande kompetenser,
och det &r inget vi direkt jobbar med.

D,S

R43

R: Ser du nagon interaktion mellan koncepten?

R44

I: Jag skulle séga att, inte generellt utan ur vart foretags syn: Vi har
strukturerad data som man kan sétta i system och méta inom vart foretag.
Certifieringar och sant. Snarare hur kunskapen anvands, dar har vi lite
information. Men den ostrukturerade och dér folk hjalper varandra har
vi valdigt mycket, det ar nadgot som vi har valdigt val fungerande hos
0SS.

DKM

R45

R: Ser du KM som ett subset till Bl eller vice versa? Ser du nagon kopp-
ling har?

R46

I: FOr mig ar det egentligen Bl som en inventering av vad man har, me-
dan KM &r hur man sprider den kunskapen. Man kan sakert hitta nagra
tankar kring hur man skulle kunna basera pa inventering och aktivera
initiativ som skapar storre kunskapsspridning. Exempel om man &r en
person som ar speciellt kunnig inom ett omrade. Da skulle man kunna
anvanda denna person for att sprida informationen och 6ka potensen
inom ett omrade. Bl kan svara pa hur val fungerande KM man har om
man ser tydliga resultat.
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R47 R: Ok, sa om du skulle satta nadgot koncept under det andra, sa skulle Bl
vara ett delkoncept av KM?

R48 I: Jag skulle saga att de &r tva helt olika koncept. Jag ser Bl som brett | D, |
begrepp med KPI och kundbaser etc. Men Bl inom KM sa ar det mer for
matning och kolla progressen hur vél fungerande den faktiska KM &r.

KM ar mycket viktigare &n Bl tycker jag.

R49 R: Sa KM ar fungerande utan Bl, men Bl kraver KM for att vara till
nytta?

R50 I: Ja precis. D, |

R51 R: Manga kopplar human knowledge till KM, och human decision
makers technology till BI. Vad tycker du om detta?

R52 I: Jag ser Bl kopplad till den strukturerade datan, pa sa sétt sa ar detsa. | D, S, |
Men jag kan dven forsta at vissa foretag ser den ostrukturerade datan
som en del av BI. Men inte vart foretag.

R53 R: Finns det nagon interaktion mellan koncepten?

R57 I: Jag ser att det finns en tydlig interaktion mellan koncepten ja. I

R58 R: Ser du Bl som mer ett system och KM &r kanske mer &n ett system?

R59 I: Ja det haller jag med om. KMs viktigaste egenskaper inom vart bolag | D, S
ar alltsa de processerna som hur KM anvands for knowledge extraction,
knowledge sharing, communication. Detta &r en véldigt liten del av i BI.

R60 R: Ja ok, nagot mer som du vill tillaga?

R61 I: N4 inget jag kommer pa direkt.

R62 R: Men da var det allt jag hade, Tack s mycket
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Appendix 2 d — Interview transcript 4

I = Informant

M = Martin

R = Robin
Interview: 7

Working title: Application Consultant (BI)
Company: Atea

Date: 2016-05-12

Length: 40 minutes, 2 seconds

det?

Row Conversation Code

R1 M: En inledande fraga, vad ar din arbetsroll?

R2 I: Jag jobbar som verksamhetskonsult, dar jag kommer ut till organisat-
ioner och hjalper dem att se éver sina behov. Jobbar bland annat med
Business Intelligence Idsningar.

R3 R: Vad ér din definition av knowledge management?

R4 I: Det &r véldigt brett. Men om man kopplar det till Bl kan man anvénda | DKM, I
det som en informationsbérare.

R5 R: Hur jobbar ni med det pa Atea?

R6 I: Det & mycket dokumentation av det vi gor. Ar vi ute pa ett uppdrag | DKM
dokumenterar vi det till nasta. D& kan man anvéanda olika typer av sy-
stem for att dokumentera. Det handlar om rutiner och hur man ska ga
till vaga nésta gang.

R7 R: Vi gar vidare in pa BI, hur skulle du definiera Business Intelligence?

R8 I: Jd&mfér man med knowledge management skulle jag sdga att business | DBI,D
intelligence & mycket mer strukturerad data. Det bygger upp en logisk
funktion

R9 R: Sa du ser BI som mer strukturerad data?

R10 I: Vi jobbar inte med semistrukuerad information i Business Intelli- | DBI, D
gence. Det & mer big data for mig. Vi vet alltid vilken data vi samlar
upp, sen kan den alltid variera saklart.

R11 R: Om ett foretag ska implementera Bl, vad skulle du saga ar malet med
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R12

I: Det beror helt och hallet pa vad man tycker ar Bl. Manga foretag som
implementerar BI, implementerar ett Bl system. Systemen kan géra ku-
ber och hantera stora mangder data, inte big data men stora méngder
data. Strukturerad data i ett system som du kan anvéanda och da dven
visualisera for att ta beslut eller veta hur mycket man har salt av en viss
produkt. Det kan handla om att mata sin information sen nar man bérjar
jamfora informationen med flera kéllor tar man det ett steg langre. FOr
att kunna jamfora eller till och med prediktera. Vad hander om vi gar
vidare med det har? Hur kan vi gora da? Det var steg 3. Steg 4 ar val
egentligen prediktera fram nagot. Med hjalp av BI rdakna fram nagot
som kommer hénda i framtiden med exempelvis hjélp av tdckningsbi-
draget. Det handlar mycket om strukturerad information &n knowledge
management

DBl

R13

M: Ser du nagra likheter mellan koncepten?

R14

I: Det ar kring alltid som bygger struktur ovanpa transaktionell inform-
ation. Oavsett om det &r huvudbok, resultat eller om det &r information
i ett CRM system, eller i &rende hantering eller andra typer av processer.
Det kan finnas en likhet mellan att forsta vilken dimension man har i ett
Bl system och i vilken dimension man har i knowldege management.
Det tror jag.

R15

R: Du namnde tidigare att manga foretag implementerar Bl som sy-
stem, ser du det mer som ett system eller ett koncept?

R16

I: Koncept. Sen alla som jobbar med systemet sager ju att det ar 16s-
ningen pa allt. Tar vi ett ekonomisystem och tar ut huvudboken fran det
sa finns dar ju ett informationsflode, det &r vad man far ut av en huvud-
bok men déar kan finnas olika saker man vill kolla pa i ekonomisystemet.
Det ar valdigt séllan som ett ekonomisystem bygger dimensionsstruk-
tur. Kollar man pa Malmé ligger det i region syd som ligger i Sverige
som ligger i Europa. Kollar man pa BI systemet sa hittar man kopp-
lingar dar emellan. Det &r BI nar man far information fran valdigt breda
olika punkter. Det blir inte Business Intelligence forran man kan gora
en prediktiv analys. Man kan gora antaganden for att bygga en modell
och foéda den med 30 % information men sista 70 % kraver ett manskligt
beslut. Det ar vad jag skulle kalla Business Intelligence och analys.

DBl

R17

R: Sa det ar en teknik som hjalper till med beslutsfattandet?

R18

I: Det kan vara sa att det gor beslutsfattandet ocksa, men vi ar inte rik-
tigt dér an. Eller det finns ju men alla foretag &r inte dar &n men i fram-
tiden absolut.

DBl

R19

M: Jobbar du nagot med data mining och text mining:

R20

I: Data mining, ja. Text mining nej.
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R21

M: Skulle du s&tta data mining som ett Bl verktyg?

R22

I: Det ar absolut BI fér mig. Att mina och strukturera upp till en struk-
tur. Da maste man hitta ratt sa man vet om att allt &r ratt. Star det nagot
ar ett kundnummer ska det vara ett kundnummer.

DBl

R23

R: Aven om du tycker det ar tva helt olika koncept, ser du ndgon slags
interaktion mellan dem?

R24

I: Det ar nar du borjar titta pa big data isa fall. Nar man borjar anvanda
sig av ostrukturerad information och ta slutsatser av det. Du ser till sa
att du trycker in all KM i systemen och jobbar utifran det.

R25

M: Kanske en svar fraga men skulle du se Bl som ett subset till KM
eller tvartom?

R26

I: Mojligt, mojligt, mojligt, mojligt skulle jag satta Bl under KM. Jag
tycker att en subjektiv bedémning &r ju egentligen objektiv fast med fler
ingangsvariabler. Vissa ingangsvariabler kan vara erfarenheter eller
kanslor. Hur ar nagot skapat for en viss individ. Det finns inga subjek-
tiva bedémningar, utan bara objektiva. Mer eller mindre bedémningar,
det innebdr om du ska replika en subjektiv bedémning med big data.
Om nagon tycker att det ar varmt eller kallt, kan jag inte avgora om det
ar varmt eller kallt. Men om jag vet allt om personen och hur den funkar
sa hade jag kunnat rakna ut vad som &r varmt eller kallt, men da blir det
big data.

R27

M: Man behover en (organisations) bakgrund for att kunna rakna ut vad
som behdvs?

R28

I: KM dr mer mjukt och sitter i en individ. Alla sana saker skulle man
kunna ta hénsyn till i Bl och Big data. Big data ar ostrukturerad och
man stéller en fraga. Exempelvis IBM:s Watson. Det blir lite Al av det
hela. Exempelvis sjukhussystem, ett system har last igenom 100 000
rapporter om en sjukdom och har det 1 sitt "ndrminne”, genom att hora
symptomen kan systemet ge forslag till 1akaren vad det ar for sjukdom
men det &r fortfarande doktorn som fattar det slutgiltiga beslutet. Ex-
empelvis jobbar vi i kommuner, fragar som “hur manga forskoleldrare
behover vi 2020?” Genom att kolla pé fakta kan vi rdkna ut. Expans-
ionsplaner i kommunen, hur manga barn fods osv. Gar man till kom-
munen ar det KM da det ar ndgon som har en kéansla for det. Har blir
det mer koppling mott Business Intelligence, nar man istéllet kan rakna
pa det.

R29

M: | framtiden kommer BI ta 6ver mer av Knowledge Management?

R30

I: Ja och det kommer sabba véldigt mycket. Tank exempelvis borsen,
all borsanalys &r baserad pa nagon slags subjektiv bedomning men da
kommer den fakta komma ut till alla och da blir det valdigt konstigt.
Alla kommer fa reda pa samma sak, nagon kan komma pa en béttre

DBl
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algoritm men efter nagon minut har alla den och man vet att man kan
lita pa den. Det har foretaget kommer bli hett, man vet om det eller det
har foretaget kommer inte ha ndgon marknadsplats om 2 ar och da kan
man lika garna skippa det.

R31 M: Det &r lite l&skigt.

R32 I: Lite laskigt ar det men det &r det som dr grejen. Exempelvis innan | |
smartphones kom, pa den tiden kunde man ha en livlig dialog om nagot
man inte kan kolla upp, exempelvis vem vann Champions League
1995? Da kan man sitta och diskutera en hel kvill. Idag finns ju inte
det. P& den tiden kunde man overtyga andra och ha rétt” fast att man
egentligen hade fel.

R33 R: Var litteratur kopplar ihop big data och BI valdigt mycket, det finns
indelning som ar Analytics 1,2 & 3 dar big data &r Analytics 3. Men for
dig skiljer sig koncepten?

R34 I: Min definition ar att det ar tva olika saker. Visst finns det liknande | D
I6sningar men big data har extremt mycket mer information. Inte i
mangden data utan mer mangden ostrukturerad data. Det kan vara o4nd- | S

ligt.
R35 R: Da kanns det som vi har fatt med det mesta. Ar det nagot du vill
tillagga?
R36 I: Nej jag tycker det har varit intressant och ni har tackt det mesta.
R37 R: Da tackar vi for oss.
R38 M: Yes, tack s mycket.
R39 I: Tack sjélva.
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Appendix 2 e — Interview transcript 5

I = Informant

M = Martin

R = Robin
Interview 8

Working title: Business Relationship Manager
Company: Ikano Bank

Date: 2016-05-12

Time: 48 minutes, 22 seconds

Row

Conversation

Code

R1

R: Berétta om dig sjalv och din bakgrund.

R2

I: Jo min bakgrund sa bérjade jag 97, och var fardig med min magister-
utbildning. Da borjade jag ocksa som saljare pa Telia, och ansvarade for
hela deras utbud mot small medium business bransch som kallades IT.
Detta var innan IT bubblan och jag hade hela ansvaret for bolags som
framtidsfrabriken och medialabb osv. Jag var da deras enda kontakt in
pa Telia och Trela var den enda leverantoren gallande vissa tjanster. Sa
efter att ha jobbat flera ar med olika saker sa borjade jag jobba med in-
formationsanalys for anvandandet i marknadssyfte. Customer relations
mer da. Det som hande var att Telia skulle kdpa Sonera och da var jag
med och titta pa hur vi gor nu. Jag agde da hela Bl, DW géllande kon-
cernen och nar vi slogs ihopa med Sonera. Jag jobbade da mest med Bl
och DW. Dels har jag drivit stora forandringar i omganga och sen har
jag gjort motsvarande saker pa Tele2 och Bergendahls och City gross
mm. Aven Skanetrafiken.

R3

R: Som konsult d&?

R4

I: Ja precis

R5

M: Har du sttt pa KM inom detta ocksa?

R6

I: Ja, min erfarenhet &r att det finns en diskrepans gallande om en verk-
samhet ar redo for ett Bl system. Vill man ga mer pa faktabeslut eller pa
magkansla i besluten. Da far man stélla sig fragan gallande KM, och nar
man pratar om KM sa later det som man har en strukturerad process gal-
lande KM, och detta ar det inte alla foretag som har. Vissa verksamheter
gar helt pa magkansla och kunskap ar mycket personrelaterat, sa det ar
individer som avgor. Exempel om man behdver en specifik person i ett
projekt sa fragar man denna. Jag anser darfor att det ar svart att definiera
KM da det ar ett brett begrepp.

DKM
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R7 R: Ja vi har ju valt linjen med tacit och explicit knowledge. Vi vill mer
veta hur foretag jobbar for att skaffa sig, anvanda och sprida kunskap
inom organisationen. Eller hur de bevarar kunskap inom verksamheten.

R8 I: Ok, ja for det &r ju viktigt att titta pa. Och det som ofta hander nar man | DBI
tittar pa att implementera ett Bl-system och det som ofta hander &r att
om du inte har ndgonting innan och det dnda sattet du har i ett best case
scenario sa flyger det runt en massa excel-filer. Ett foretag exemplevis i
ryssland som jag jobbade pd hade en det pa detta sattet. Chefen gillade
detta sattet for att han kunde andra siffror haha. Men detta var som sagt
i Ryssland. Om man har en massa siffror som flyter runt pa detta sattet
sa har man stora problem nar man tillsatter ett nytt Bl-system. Detta Bl
systemet blottlagger vissa informationsédgare som funnits lite har och
var. Dessa har haft tolknigsforetrade pa betydandet av informationen.
Helt pl6tsligt sa forsvinner deras makt. DE har tidigare varit de &nda som
forstatt sig pa informationen som de sedan skickat vidare. Ett BI system
gor denna datan tillganglig och transparant for vem som helst att titta pa.
Ett problem med detta ar att ifall man anvant siffrorna till sitt eget syfte
sa blir det blottlagt och detta ar inte s& kul. Manniskor tappar makt pa

detta sattet.
R9 M: Sa pa detta séttet kan Bl vara ett problem for individer i foretaget?
R10 I: Ja den individuella makten hos anstallda férsvinner. Har ni foresten | DBI

titta pa olika Bl-verktyg?

R11 R: Ja vi har haft kurser i Qliksense och Tableau exemplevis.
R12 M: Och sen Qlikview for nagot ar sen.
R13 I: jag rekommenderar er att ga in pa Microsoft Power Bl. Att laga upp

data dar tar kort tid och sen kan man borja skriva google-fragor till
prgrammet oc fa direkta svar. Detta ar valdigt bra.

R14 M: ja vi far kolla pa detta.

R15 I: Nar det ar sa enkelt sa kan t.0.m en chef anvanda sig av detta haha
R16 R: & M: hahah

R17 I: Meni alla fall, man kan inte forvénta sig att alla invivider inom foretag

vill ha faktabaserade verktyg. De vill istéllet kunna ha makt pa annat satt.
Detta tycker jag man ska ha med sig. Detta var bara bakgrund.

R18 R: Ja vi forstar. Du har berattat om din bakgrund. Men vad &r din roll
som du har just nu?

R19 I: Just nu sitter jag i Ikano bank och Ikano bestar av lite olika verksam-
heter. Vi bestar av lite olika verksamheter som Retail Asia, och bygger
varuhus och shoppingcentre i Europa men &ven Asien. Vi har dven Ikano
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fastigheter som bygger hyresrétter och bostadsratter inom Sverige. Vi
har Ikano forsakring och Ikano bank da dar jag sitter som sagt som &r det
fjarde benet. Just nu haller vi pa med att centraliserar var verksamhet.
Nu sa sitter jag pa IT for denna centralisering och har en roll som heter
Business relationship manager. Och jag anvarar for ITs-leverans i Sve-
rige och Finland. Jag ansvarar for vara SLAs Service level agreement.
Mitt ansvar &r att se till att detta fungerar.

R20 M: Vi har pratat om KM, men vad &r din egen definition och hur ser du
pa det?
R21 I: For mig handlar det om en uttankt process dar man samlar in och ater- | DKM

anvéander kunskap. For mig finns det en ambition kopplad med KM att
man inte bara skriver att det finns knowledge utan aven har en manage-
ment del av detta. Dar man gor harvest pa detta och anvander det pa
nagot satt. Det behdver inte vara valdigt strukturerat. Exempelvis Yam-
mer som koptes av Micrsoft for nagot ar sen. Detta dr en Facebook for
foretag kan man sdaga. Vet inte om i sett det?

R22 R: Jo vi har hort talas om det.

R23 I: Jo for detta ar valdigt effektivt och du far kunskap i text som &r sokbar
och sparas i detta system. Detta & KM som ej ar strukturerad. Man kan
skapa grupper och liknande osv. Men det finns en tanke bakom som inte
ar stukturerad direkt men indirekt.

R24 M: Sa man kan sdga att det ar semi-strukturerat kanske?

R25 I: Jo precis

R26 M: Malet da med KM i ett foretag enligt dig?

R27 I: Formagan att ateranvanda rent befintlig kunskap ar viktigt for effekti- | DKM

viteten. Jag skulle sdga att det handlar om inom en bank att andra saker
ar viktiga. Saker som sékerhet exemplevis och effektivitet. Att man fak-
tiskt foljer lagar och regler liksom. Dem typer avsakerna tycker jag ar
viktiga for KM och att man ser till sa att man inte behdver uppfinna hju-
let flera ganger. Utan ser till att man upprepade ganger gor sa att man-
niskaonr har den kunskap som finns for detta. Sen da effektivitet ocksa.

R28 R: Och ni har pa din avdelning, hur jobbar ni med KM?

R29 I: Vi ar nog ganska omogna i den aspekten. Det finns vissa imraden som | D
compliance exemplevis. Da jobbar vi med uthildningar och tester och
sadana saker. Kunskapstester i de omradena. Och att man ha koll pa
fraud osv, sa alla medarbetare vet vilka regler som galler. Vi forsoker
automatisera delar som ar viktiga inom tacit knowledge, ifall vi blir ut-
satta for fraud eller penningtvatt eller liknande. Har har vi harda regel-
verk. Om t.e.x skumma saker sker att kunder kontaktar pa konstiga satt,
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dar det verkar shady. Har forsoker vi da automatisera pa olika sétt i sy-
stem hur vi ska reagera pa detta och detektera detta. Kunskapen som
finns hos ménniskorna sa satter vi detta i system och tvatta informat-
ionen. Men i 6vrigt at Bl hallet sa ar det tunnare.

R30 M: Nu nér du &nda namde det sa kan vi in pa BI. Vad skulle du saga &r
din defenition har?

R31 I: Ja traditionella definitionen &r att strukturera data. Traditionellt sa | DBI
handlar detta om processer for att strukturera stora mangder data. Och
gora denna data tillganglig for rapportering och analys. Sa samla in och
tvatta data och gora den tillganglig for stora kérningar mot datan pa ett
effektivt satt. Sedan gora den tillganglig for méanniskor att forsta och
tolka data. Detta &r min defenition.

R32 R: Jobbar ni ndgot med ostrukturerad data?

R33 I: Jo det gor vi till viss man. Mest pa kommerciella sidan och hur man
tittar pa data runt hur vara tjanster anvands. Men vi &r inte valdigt mogna
dar heller. Vi sysslar exempelvis inte med text-mining.

R34 R: Vad skulle du séga att malet ar?

R35 I: Det handlar mer om att mojliggora ett mer faktabaserat beslutsfat- | DBI
tande. Sa att fler beslut fattas pa battre grund idag an forr. Sa Bl under-
lattare for battre beslutsfattande som bygger pa mer fakta.

R36 M: Skulle du sé&ga att Bl tar bort lite av de magkansle-baserade besluts-
tagandet? Om du forsar vad jag menar?

R37 I: Jo det skulle jag sdga till viss del. Det finns en risk med detta jag séger, | DBI
men jag tror att det ofta & magropsbeslut och faktabeserade beslut som
galler for foretag. Men detta beror ocksa pa kunskapen den har som tar
besluten pa magkansla. Har avgor kunskapsnivan hur bra dessa beslut
tagna pa magkansla ar. Men om det ar ett snabbt beslut som maste tas
kan det vara svart att analysera hur lange som helst. Men Bl kan ju dven
underlétta magkansle-beslut da man far mer tillgang till data. Sa BI hjal-
per till mest for faktabaserade beslut, men dven for beslut tagna pa mag-
kénsla. Jag har ju dven en annan roll utanfér mitt vanliga jobb. Jag sitter
i Staffanstorps kommun som ordférande for revisionen, och har har vi
ett exempel pa att skolforvaltningen gjort av med 22 miljoner for mycket
forra aret. Det intressanta har ar att man implementerat et Bl-verktyg
som heter Hypergene. Sa de har byggt en mjukvara som ar Bl och stra-
tegy delar pa det hela. Detta ar vanligt for kommuner och anvéandarvan-
ligt for att fa fram data med rapporter osv. Men ia alla fall i Staffanstorp
sa har alla tillgang till datat. Men anda sa har de missat att 22 miljoner
anvants for mycket. Da har vissa individer fatt ansvar och inte tyckt att
det var minus. Dessa individer &r inte kvar langre kan jag sdga. DE som
da hade bslutsmakten tog sig inte tid att sétta sig in i siffrorna. Sa Bl-
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verktyg kan anvandas fel pa detta satt. Har har det missbrukats, och le-
darna kan inte skylla pa detta da de haft sa enkla verktyg att kolla upp

sjélva.
R38 R: Ser du Bl som ett system eller koncept?
R39 I: Jag ser det absolut som ett koncept. Du kan bygga Bl pa post-it lappar | DBI

typ. Man kan ocksa anvanda excel-snurror sa jag ser det som ett koncept.
Hur strukturerar vi faktabaserad information och hur véljer vi att méta
var verksamhet. Sen ar Bl-systemen till for att automatisera och effekti-
visra processen inom foretagen.

R40 R: Om vi kollar bada koncepten, Bl och KM. Ser du nagra likheter mel-
lan dem?
R41 I: Ja jag ser KM som ostrukturerad och textbaserad information medan | S

Bl handlar om siffror och faktabaserad information. Har kréavs det olika
processer inom de aktiviteter som ror dem. Men de bada anvands och
handlar om att effektivisera bruket av information. S den ena &r struk-
turerad och medan den andra &r ostrukturerad.

R42 M: Vad ser du ar skillnaden da?,vilket du kanske redan svarat lite pa
med likheterna.

R43 I: Sillnader &r nog da till stor del vad underlaget ar for nagot. Det ar | D
mycket mer komplicerat att fa ut kunskapen i KM da det handlar om
ostrukturerade processer enlig mig. Men det finns ju svarigheter med Bl
da det finns sa otroligt mycket med data som skapas varje dag.

R44 R: Sa det ar lite, Tacit kopplas till KM och explicit med BI?

R45 I: Ja precis, men fordelen med BI ar att man kan faktiskt bestdamma en | |
tydlig definition. Exemplevis att det finns vissa typer av revenue. Att det
har &r revenue dér saker mats och bestamma vad som ar vad. Men text- | D
baserad ar svarare, vad &r en strategi mot en taktik. Detta beror ju pa vem
du fragar. Sa det ar svart att bestamma. Sa jag haller med om det.

R46 M: Men ser du en tydlig interaktion mellan koncepten?

R47 I: Den tydligaste ar att de bada anvands for att styra organisationer. Har | |
korsar de varandra. De kan anvéndas parrallellt och men de anvands ofta
tillsammans inom foretag. Exempelvis KM, sa har vi molntjénster inom | S
vart foretag och da anvands konceptet har som att mata och legitimera
anvandarnas kunskap for att hantera molntjanster. Nar nya saker sker sa
ar det viktigt att hantera KM for att sékerstélla vad personalen ska klara
av. Eller nar man vill utféra en kampanj och ta reda pa nar det ar tillfalle
att satta in atgarder for att nd nya kunder osv. Detta kan bade vara baserat
pa KM och dven statistiska siffror med BI. De tva tillsammans behovs
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da for att ta beslut sa jag skulle séga att det finns mycket som hanger

ihop.
R48 R: Sa KM styr de manskliga faktorer som inte BI kan hantera?
R49 I: Jaeller Bl styr aldrig en verksamhet utan ska vara ett hjalpmedel som | D

ska svara pa fragor som vi stéller. De individer som ska fatta beslut ska
efterfraga kunskapen som hamtas i BI. Det ar nog svart for Bl-system att
sjalva fatta beslut. Utan jag rekommenderar Microsoft power Bl, dar
man kan stalla exakt vilka fragor man vill och da pusha Gver till att Bl-
programmen ger beslutsfattaren mojlighet att stélla ratt fragor istéllet.

R50 M: Du tycker inte att system ska kunna ta beslut automatiserat, utan att
Human knowledge ska alltid vara involverat?

R51 I: Jo men det tycker jag, fast det ar ju en stor satsning med machine
learning nu for tiden. Exempelvis Microsoft investerar i. Det man kan
gora som jag aven gjort pa Telia, ar att nar nagonting skedde , eller en
viss forbrukning fran en persons abonnemang andrades. Da kunde man
satta in atgarder som systemen skulle gora. Exempelvis om man hade en
kund som ofta ringde 7 stycken olika nummer med var operatér. Dar de
7 nummerena andrade till ndgon ny operator, da bedomdes detta som en
risk for att &ven den specifika kunden skulle potentiellt att &ndra opera-
tor. Har kunde vi ha ett automatiserat flode och om det géllde en bra
kund, sa ska atgarder sattas in. Vi borjar med att ge speciella erbjudande
osv. Sen gick det vidare med att vi ringde upp kunden. Detta ledde efter-
hand till att systemen fattade beslut. Men sa klart designande av manni-
skor.

R52 M: Jo men detta &r ju mer ett system byggt pa sociala regler hos manni-
skor, som programmerats in?

R53 I: Jo precis, men sen har vi ju dven machine learning dar man slapper
loss modeller som &r mer sjalvtankande, men detta ar ett valdigt nytt
omrade. Valdigt spannande och kommer komma allt mer tror jag. Om
man har tillgang till stora data mangder sa kommer det ga snabbt. Men
vi &r inte dar riktigt just nu.

R54 R: Ser du KM som ett subset till BI, eller tvartom?

R55 I: Nej jag ser det som helt olika saker, men paverkade av varandra. Pa- | D, |
rallella skulle jag saga.

R56 M: Nagot mer du vill tillagga?

R58 I: En sak jag tycker &r viktig kring KM som saknas, ar det sociala omra-
det. Hur kunskapen sprids mellan individer i ett social sammanhang. Sen
finns det exempelvis Yammer och Social enterpris. Detta tror jag &r jat-
teviktigt.
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R59 M & R: Ok, tack
R60 R: Nagot mer du vill tillagga? Annars ar vi klara?
R61 I: Nej det tycker jag inte, kanske security gallande BI, samt aven com- | |

plience eftersom vi &r en bank. Men annars tycker jag det ar bra. Sen vill
jag tillagga att Bl inte skapar knowledge utan endast hanterar informat-
ion och data. Jag tycker att KM har sin styrka i ostukturerad data och Bl
i strukturerad. Detta tycker jag ar en tydlig skillnad. Men jag ser att bada
koncepten &r viktiga for en organisation och att de tillsammans kan skapa
en fordelaktig situation for organisationen. Sa bada tillsammans hjélper
till att forbattra beslut inom ett foretag.

R62 M: Ja, men vi kanner oss néjda med detta. Tack sa mycket for att du
stéllde upp!
R63 I: Tack sjélva.
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Appendix 2 f — Interview transcript 6

M = Martin Sonesson
R = Robin Storgren
| = Informant 1

Interview 1

Working title: Head of strategic IT development
Company: Municipality of Helsingborg

Date: 2016-04-21

Conversation length: 50 minutes, 2 seconds

Row | Conversation Code

R1 | R: Viborjar med ett par inledande fragor, vad jobbar du och din avdelning
med?

R2 | I: Jag jobbar med IT-utveckling, strategisk utveckling. Vidare har jag varit
med i alla systeminféringar samt IT-fragor. Mest med forvaltningar och
verksamheter och var bland annat med nér vi inférde vart beslutsstod som
ar ett Bl-system och har foljt den resan hela véagen. Tidigare jobbade jag
som konsult, med system och systeminférande, bland annat beslutsstodsy-
stem. Framst beslutstod som kalkylerade rantekostnader, exempelvis att vi-
sualisera sin resursatgang.

R3 | M: Vad &r din definition av ordet Knowledge Management, framst inom
ditt yrke?

R4 | I: Knowledge Management brukar definieras som tacit och explicit know- | DKM
ledge. Om vi lamnar tacit utanfor till en borjan, sa finns det dokumentat-
ioner som alla kan komma at. Explicit kunskap maste man halla aktuell hela
tiden. Det &r det viktiga och det ska skotas, det kan skodtas av vem som helst
som har kunskapen inom omradet. Nar det géller inforskaffade eller inne-
boende huvudet som man bakar ihop i huvudet fran olika hall. Idag har jag
en roll pa 10 % av min tid dar jag coachar unga nyanstallda for att utveckla
deras forstaelse for IT. Jag har jobbat har sen 2000 och har varit med en
lang resa dar vi byggt upp allting. Den tacit kunskapen som jag har i huvu-
det kan man inte skriva ner nagonstans utan den fors vidare genom sma
projekt, dar nyanstallda kan vara med, man kan lata saker ga fel medvetet
och baka in hur de nyanstallda ska ga tillvaga vid olika situationer.

Sen har jag aven en lang bakgrund annat &n it, &ven sant som jag lart mig
innan, exempelvis det jag larde mig nér jag var chef for tunnelbanan i Stock-
holm, den kunskapen kan bakas in i mina IT-kunskaper. Men denna é&r jat-
tesvar att 6verfora, men arbetsgivarna maste ta detta pa riktigt stort allvar
for om det inte skots pa riktigt sa blir man véldigt beroende av nyckelper-
soner. Den hédr personen kan det hér och vet det pa ett lite "magiskt” sitt.
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Om den personen inte ar villig att [amna 6ver sin kunskap blir det besvarligt
och ska hanteras pa nagot satt.

R5 | M: Sa det blir lite att den individuella kunskapen &nda blir organisatorisk
pa det sattet att den sparas i den individuella individen men tillsammans blir
den en organisatorisk kunskap?

R6 | I: S& ar det absolut.

R7 | R: Med andra ord explicit kunskap kan overforas via dokument och tacit ar
mycket svarare att 6verféra men du menar att det gar att éverfora?

R8 | I: Jag tror att man maste ta Knowledge Management pa allvar och inse all- | DKM
varet. Jag tror att manga moderna foretag inser detta, exempelvis Spotify
och Google. Dar det sociala blir en gemenskap som tillater och inte kanske
tillater personer som haller pa sin specifika kunskap, utan att den snarare
blir kollektiv. Exempelvis i var organisation maste man arbeta med det och
vara engagerad, har kan man inte lata aldre personer bara forsvinna och
forsvinna med viktig kunskap. Det ar svarare i dldre organisationer som ar
mer hierarkiska dar du har en position och da blir det automatiskt mindre
av kunskapsoverforingen. Problematiken med detta ar exempelvis om na-
gon skulle lara sig nagot av mig, en liten del skulle sakerligen ta ett helt ar.
En sak ar att om folk med kunskap gar i pension sa vill det till att man
anstéller ersattaren i god tid.

R9 | M: Lite som en l&rlingstid?

R10 | I: Absolut, det &r ett bra exempel. Det gamla larlingssystemet inom hant-
verksyrket &r en bra jamforelse. Alla kan anvanda en hammare men att
bygga med den sitter i huvudet

R11 | R: Nagot mer du vill tillaga inom Knowledge Management innan vi gar in
pa Business Intelligence?

R12 | I: Inte direkt men jag tror att det mest affarskritiska ett foretag har ar den | DKM
personliga kunskapen.

R13 | M: Da gar vi in pa Business Intelligence, vad ar din definition av Business
Intelligence?

R14 | I: En kort definition ar att det handlar om att samla data fran ett eller flera | DBI
system for att stodja affarsverksamheten sa att beslutsfattande, exempelvis
hur mycket man ska kopa in i lager? Hur mycket séljer man? D.v.s., kopp-
lingen i radata. Exempelvis om ett foretag har en trend att de saljer mycket
av produkt A, da ska vi producera denna produkt och da behdver vi ra-
material for denna. Det &r standard Business Intelligence enligt mig. Sen
aven att baka ihop det ekonomiska laget. Det ar faktabaserad data som man
korrelerar med varandra.
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R15 | R: Med exempelvis visualisering? Eller inte nédvandigtvis?

R16 | I: Nainte nodvandigtvis, ar det bara data fran ett system &r inte visualisering
sa viktigt men har man flera system sa kan man bygga exempelvis kuber
dar man kan se data fran olika perspektiv och hall. Lagrets perspektiv, sal-
jarnas perspektiv, resultatperspektiv.

R17 | R: Det handlar om att analysera information?

R18 | I: Ja precis, BI &r ett analysverktyg i grunden. Sen kan det anvéandas till | DBI
annat ocksa. Exempelvis data mining och plocka fram andra saker. Men da
maste man vara medveten. Business Intelligence kan vara lite knepigt kan
vara lite knepigt da det ofta bestar av SQL fragor som kopplar ihop saker.
Da ar det ganska viktigt att nar man borjar forbruka data igen till nagot
annat, att man da vet vad det grundlaggande data representeras. Manga fel-
beslut har fattats pga. att man inte har forstatt hur data har konstruerats.

R19 | M: Du ndmnde data mining, ser du det som ett KM eller BI verktyg eller
finns det ndgon koppling mellan koncepten?

R20 | I: Jadetkan jag se. Man kan val séga sa har att kopplingen med Knowledge | D, S, |
Management och den personliga kunskapen och ska tolka den. Ség data
mining, nagon kub, visualisering eller hur man nu valjer att presentera
denna data. Om den ar lite mer komplicerad, kan du titta pa det pa ett sétt
och se ett resultat beroende pa din personliga kunskap och jag kan koppla
det med nagot annat med min kunskap. Om man kollar pa data mining, i
business har man Bl for att styra och se om man hela tiden har ratt mangd,
ratt pris osv. Men om man da bdérjar grava i data av en anledning for att
exempelvis forandra en svag punkt i processen, da maste man koppla ihop
det med Knowledge Management och den personliga kunskapen. For det
kommer att krava sa mycket, maskinen kan inte langre tolka. Exempelvis
kan maskinen analysera att salj maste oka pa ett stalla, men gravande och
titta pa annat data, framforallt hitta svagheter, da kréavs kunskap.

R21 | R: Litteraturen séger att KM &r om ”human knowledge” och BI om ”human
decision makers with technique”, sa att BI dr ménskliga beslut med hjélp
av teknik och KM ar ménskliga beslut?

R22 | I: Precis, sa ar det ju. Bl kan vara en beslutsfattare, jag behover inte fundera | D
sa lange. Har jag testat systemet och det fungerar kan jag lata det sdga att
’vi séljer sa mycket, bestéll darfor sd mycket rdvaror och ligg en order”,
det kan den faktiskt gora sjalv. Men Bl kan stétta och man kan ha nytta av
det i sitt manskliga beslutsfattande. Da kan jag se att det hander nagot som
maskinen inte kan, ”vad hénder det pa den marknaden?” Jag tror att det
finns en koppling.

R23 | R: Exempelvis kan ett system lasa aterkommande saker for varje manad
och ar men om det oforutsett, exempelvis det var fotbolls EM i Frankrike
1 somras, darfor salde vi mer av detta”?
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R24 | 1:Japrecis, sa har det varit. Men idag utvecklas ndgon form av Al, artificiell
intelligens som kan ta hansyn sana har saker. Och forr eller senare kommer
det att kopplas ihop med BI, man l&nkar data till h&ndelser. Vi &r inte riktigt
dar &n men pa sikt.

R25 | R: Dar kom vi in pa interaktionen mellan Bl och KM, sa jag tycker att vi
forsatter med den.

R26 | M: Olika litteratur sager olika saker med delade meningar. Dér vissa pastar
att KM ar en del av Bl och vissa sager tvartom. Finns det nagot klart svar
dar?

R27 | I: Nej det tror jag inte. Om man nu maste gora en teori av det sa kanske | D, |
man kan se det pa ett sadant satt. KM har funnit langt innan BI, tank
industrialismen. Sa i sa fall kanske BI forsoker harma KM lite och man
forsoker plocka lite delar av det. Sa teoretiskt satt kanske Bl ar en del av
KM da det kanske underléttar med underlag som jag annars hade behovt
hitta pa nagot annat satt. Det ar ju bra. Det hjélper mig att fatta det mansk-
liga beslutet. Det kom fram med komplexiteten inom affarsvarlden, fram-
forallt stora saljforetag och det blir globalt. Forr kunde fabrikschefen ga in
1 fabriken och tdnka “’jag vet hur det funkar och far gora sahér istéllet” men
sa ar det inte idag.

R28 | M: Bl ar alltsa mer att hjalpmedel till KM an vice versa?

R29 | I: Ja det skulle jag saga, absolut. Jag har svart att se det som tvartom. I

R30 | M: Man behdver ju KM for att kunna hantera KM. Da krévs det att de an-
stallda har den ratta kunskapen for att fa ett Bl system att fungera som man
vill.

R31 | I: S& &r det ju, det ar den organisatoriska kunskapen i olika led maste ju | |
finnas for att du ska kunna gdra nagot meningsfullt i det har. Det ar latt
bygga meningslosa Bl system. Om det ska vara meningsfullt och bli ett stdd
s behovs kunskapen samt att den trivs. Bl system ar for beslutsstéd och
beslutsfattare, men det man far fram ska spridas till olika nivaer av chefer
eller dylikt for den har sakens skull nar de kollar pa det sa blir de narmare
produkten och kan avgora ifall nagot stammer eller inte. D4 blir det ett bra
samspel mellan KM och BI.

R32 | R: Du namnde att det byggs daliga Bl system, kan du ge nagot exempel?

R33 | I: Det ar system som kan leda till att man fattar felaktiga beslut. De varsta
exemplen jag sett &r nar konsulter bygger system och bestéllaren inte riktigt
vet vad det ska géra. Man tror att vi har data som ska byggas ihop i nagon
vy, men man maste forsta vad vyn representationer. Det kan bli missupp-
fattningar och missar och hur man behandlar data. Det ar mycket olika be-
handling av data. De enklaste fragorna som en yttre eller inre joint, resulta-
ten kan te sig i bada men i nasta steg kanske nagot ar exkluderat och da
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borde man kanske inkluderat nagot istéllet. Detta ar kanske inte sa vanligt
idag men historiskt sett hédnde det ofta.

R34 | M: Jag tror det hander &ven idag, exempelvis ar journalsystem innan sjuk-
varden.

R35 | I: Alla system som hanterar dokument &r svarare att fa i ett Bl system.

R36 | M: Text mining, kanner du till det?

R37 | I: Jaman graver efter text istéllet och det kommer mer och mer. Vi anvénder | DBI
det i vara sokmotorer sasmmanhang dar man kan soka fram olika saker. Ex-
empelvis vart arkiv dar alla beslut har sparats i pappersform. Men nu infor
vi ett e-arkiv dar det &r digitalt. Forr skrev man ut och satte in i arkivet men
nu borjar sparar man digitalt. Nar e-arkiv kom for cirka 10 ar sedan sa job-
bade dem med metadata. Sa varje dokument som sparas metadata sétts, och
de gamla systemen soker pd metadata. Exempelvis bygglov, ar, datum osv.
Du far fram ett antal traffar men de senaste e-arkiv system soker dven pa
text. Varje dokument soks igenom och du kan soka pa en viss gata och fa
exakt information utan metadata.

R38 | R: Tar det langre tid?

R39 | I: Nej det gar snabbt. P4 vart intranat haller vi just nu pa att testa en sok- | DBI
motor for att snabbt fa fram ett dokument bland 10 000 tals i kataloger. Man
kanske vill soka efter, policys, regler eller vad som helst mellan himmel och
gjord. De moderna sékmotorerna tittar pa tusen dokument och far svar pa 3
sekunder. Det ar text mining. Exempelvis olika séljsajter, dar man vid en
form av filtrering och klickar sig fram fran 1000 till 10 produkter. Eller om
man lagger till sokord, det kommer och anvénds redan av Google och andra
stora foretag. Det kommer att underlatta att hitta i gamla dokument. Exem-
pelvis var projektarbetsplats, det metadata satts automatiskt. Men det gjor-
des ju inte forr. Metadata var datum och titel pd dokumentet som inte ar
mycket att ga pa.

R40 | M: Men ser du text mining som ett Bl verktyg?

R41 | I: Det kan det verkligen vara och da kan man ténka sig att det gérs mot | DBI
externa databaser, pa exempelvis webben for att titta pa trender och félja
upp vissa saker. Exempelvis har Nike just nu en enorm verksamhet dar de
vet vad folk skriver om Nike, exempelvis om nagon i en liten by i Kina
skriver nagot om Nike kan de plocka upp och méta det. Det ar viktig for
varumarket, jag tror att det har ar fantastiskt och gar fort.

R42 | M: Det styr kanske mycket av e-Commerce?

R43 | I: Visst ar det sa. Aven alla tidningar finns pa webben och det finns sociala
medier. Att scanna av sociala medier kan man ocksa sdga ar en form av text
mining. Just nu har vi ett system dér vi kan scanna av Twitter, Instagram
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och Facebook dir “Helsingborg”, "Hbg” och ndmns. Det scannas varje
timme sa vi vet hela tiden vad hela varlden sager om Helsingborg.

R44 | M: Ar det vanligt tror du?

R45 | I: Det kommer mer och mer. Det dr ocksa Business Intelligence, varumar-
kesmassigt.

R46 | M: Ja man maste ju ha denna kunskap for att fa sina kunder?

R47 | I: Ja exempelvis potentiella turister eller turister som varit har. Sager de
nagot daligt om Helsingborg, eller nagot hotell ar det viktigt for oss att for-
battra var service. Det &r inte manga som kontaktar en kommun for att be-
romma men de kanske gor det pa TripAdvisor, Twitter och Facebook, sa
plockar vi det dar.

R48 | R: Det kan vara bra att fa specifik information kring ett specifikt omrade?

R49 | I: Ja exakt, det kan man gora. Den sortens kunskap narmar sig KM, nagot | DKM
levereras in och folk far tanka ut vad det betyder baserat pa sin erfarenhet
vilket ar véldigt intressant.

R50 | R: Haller du med om skillnaderna och likheter vi tagit upp hitintills, vill du
lagga till ndgot?

R51 | I: Absolut, det framsta ar att BI har explicit kunskap och KM har bade ex- | D, S, |
plicit och tacit. Jag tror att man har forsokt med nagon form av Al men det
ar ett helt annat begrepp med helt andra saker. Det racker inte bara med
data.

R52 | M: Baserat pa vad du tidigare namn sa hor text mining, data mining och
explicit ihop med bada koncepten och ar det da saledes en interaktionen?

R53 | I: Det finns alltid en interaktion i att man kan anvanda Bl som en hjalp for | |
beslutsfattande i Knowledge Management. Man skulle kunna ténka sig att
man Bl system som gor en visualisering pa en karta, exempelvis i USA sa
samordnar poliser, brandkar osv sina insatser med hjalp av BI.

R54 | M: Baserat pa tidigare handelser?

R55 | I: Ja men &ven i real tid. Information presenteras till specifika personer | |
inom brandkaren och polisen vid en karta. Den personliga kunskapen &r da
viktig och det blir en interaktion . Jag tror pa en interaktion nar Bl presen-
terar nagot vid ett sammanhang, valdigt ofta pa en bild eller karta. Gammal
information sdager vad som hénde sist, ny information i realtid som sam-
mankopplas och beslut far tas, nu far skicka ambulanser eller brandbilar
eller styrkor hit. Det kan aven vara energiatgang for en fastighetsagare, sy-
stemet kan se siffror att det gar at mycket varmvatten. Men nagon maste
forsta det hela, ”det dr inte rimligt”. Det dr grinslandet mellan systemeten.
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Svagheten i Bl ar att det bara ar siffror och darfor maste det vara en inter-
aktion med en hjarna.

R56 | M: Bl ar mer explicit orienterat och det ar ju bada egentligen. Men KM och
beslutsfattande kanske ar mer tacit.

R57 | I: Absolut, sa ar det. Exakt sa ar det, det ar en tydlig interaktion att BI kraver | |
KM. Man skulle kunna kategorisera Bl i nivaer, en for regler, exempelvis
om forséljningen 6kar X procent och trenden haller i 3 dagar sa ska vi pro-
ducera mer av den har varan. Det &r lite mer klassisk fabriks BI, men alla
mjuka sektorer som polis, brandkar, kommuner, sjukvard, dldrevard osv.
Exempelvis kan en lakare fa mycket information fran ett BI system, baserat
pa dina symptom kan den foresla 10 olika sjukdomar men det &r fortfarande
Knowledge Management som maste vilja ut dig. Bl kan inte diagnostisera
dig. Nar man maste agera efter data behdvs KM, man ska inte ignorera Bl
och framforallt KM. Det blir viktigare och viktigare, framfor allt i realtid.

R58 | M: Ska man tolka det sa ar koncepten beroende av varandra helg egentli-
gen?

R59 | I: Ja beroende kommer fran bérjan att man maste ha den personliga kun- | |
skapen for att rigga ett system. Det &r inte datorer eller servrar som riggar
system, det &r vi manniskor. Dér &r det redan personlig kunskap och inform-
ation som &r overford samt ett behov, jag har ett behov att veta”.

R60 | M: Som vi sa innan, man maste ha kunskap for att kunna anvanda BI. Det
ar tvadelat.

R61 | I: Visst ar det sa, du maste forsta bada delar. Exempelvis fallet med brand- | |
karen osv, det kraver ju kunskap. Jag maste ha kunskapen for att dra nytta
av systemen. Sen kan Bl-systemen vara uppbygga pa olika satt, &r ett bra
granssnitt som alla fattar bra eller ett samre granssnitt som bara fa fattar
men de som fattar &r kan tyda det bra. Allt detta finns pa olika satt. Ofta ar
ekonomiska siffersystem uppbyggda sa, man maste kanna till siffror.

R62 | R: Ar det nagot du vill tillagga?

R63 | I: For att dra en slutsats, ju mer Bl utvecklas, ju mer KM behdvs. I

R64 | M: Jag tror vi ar klara, vi har inga fler fragor direkt.

R65 | R: Jag haller med, tack sa mycket.
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I = Informant

M = Martin
R = Robin

Interview 2

Working title: Bl consultant
Company:
Date: 2016-04-21

Conversation length: 45 minutes, 38 seconds

Navet AB

nomi med logistikinriktning. Sa jobbade jag mycket med det i borjan,
men oftast inom logistik eller med system inom detta och process-stod
och bedémningssystem och uppf6ljning. Sen har jag varit logistikchef,
IT-chef, kvalitetschef lite olika roller. Jag har alltid tyckt det varit viktigt
med bra systemstod.

Row Conversation Code

R1 M: Beratta lite kring vad du gor pa ditt arbete?

R2 I: Jag jobbar med BI till 100 % och de senaste aren hard et varit
Qlikview och Qliksense. Bade ute hos kunder och séljer in det och kon-
ceptualicerar det, forsoker fa kunderna intresserade av det. Oftast borjar
man med att man gor nagon prototyp allifran en Powerpoint presentation
av tidigare arbete till att man kan fa lite grunddata fran kunden och visar
for kunden och kanner igen sin egen data och se mojligheten i arbetet.
Sen nar det sager att det verkar vettigt och vill ofta ha en offert, sa far de
det och efter detta borjar utvecklingen av produkten och sen levererar
man till kunden. Det &r ofta jag och nagon annan pa foretaget som hjal-
per till i utvecklingsprocessen.

R3 R: Vad jobbar din avdelning med?

R4 I: Det r ju bade sélja in och utveckling och implementering och under-
hall av BI system kan man séga.

R5 R: Har du jobbat inom branschen lange?

R6 I: Ja menar du branschen BI?

R7 R: N& mer inom IT Overlag.

R8 I: Jag borjade med ett verksamhetsmassigt perspektiv, inom civileko-
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Kom in pa BI 7-8 ar sen, da var jag IT kvalitetschef i HBG som skulle
ta fram ett Bl system och da landade det pa Qlikview, och vi implemen-
terade det. Detta var spannande for mig och 6ppnade upp en helt ny vérld
jamfor med tidigare system, Excel och Microsoft access etc.

R9

M: Vi har ju jobbat med Qliksense pa labbar, men nu ska vi inte fokusera
sd mycket pa verktyget. Men vi kan ta upp lite kring skillnaden mellan
Qliksense och Qlikview?

R10

I: Qlikview har varit med i 20 ar i alla fall och har ju som jag sa revo-
lutionerade varlden for Bl och gjorde det intuitivt och lattarbetat och
snabbt jamfort med traditionella queries, tog valdigt lang tid forr och
detta ville vi inte ha. Men Qlikview ar sekundsnabbt och lattfattligt &ven
for VD:ar. Mellan Qlikview och Qliksense och Qlikview har varit med
men &r e &ldre plattform, gammalt system med Excel stuk. Qliksense ar
nyare med mer Webbigt, vet inte riktigt mycket java, inte helt. Oppet
mot andra och lattare at hamta data fran Google.

DBl

R11

R: Léttare att integrera Qliksense?

R12

I: Det &r lite av en nyare varld med Qliksense med mer 6ppen data och
dar kommer Qliksense in och ar framtiden. Qlikview ar valdigt funkt-
ionellt, men kommer nog d6 ut och man kor parallellt med sense, men
nar man lyft Gver s& mycket som mojligt fran Qlikview till sense s kom-
mer nog Qlikview nog inte utvecklas langre. Sakert finnas kvar men &r
en mer modern plattform till Qliksense.

DBI

R13

M: Vi kan ga in lite pA KM och kopplingen, inte kopplingen direkt, men
vad &r din definition och asikt till KM?

R14

I: Jag har anvant det mer till kunskapsatervinning, att man har know-
ledge databaser att man atervinner kunskapen, exempelvis med ett
lyckat projekct sa lagger vi det i en databas och sparar detta som best
practices. Kunskapsatervinning tanker jag pa nar du namnde det.

DKM

R15

R: Det ar véldigt brett &mne, och har funnits lange. Vi har mer valt att
definiera det med tacit och explicit knowledge. Nagot du kanner till?

R16

I: N& inte riktigt faktiskt.

DKM

R17

M: Explicit &r det som dokumenteras och kan skrivas ner och tas upp av
andra.Tacit ar individuell kunskap eller kompetens det man lart sig och
tar med sig som person, finns bade individuell och inom Organizationen.

R18

R: Ett bra exempel jag kan spela fotboll och beréattar for ndgon annan
hur man spelar och upplarning, litteraturen definierar det och vi vill kolla
kunskapen kring det.
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R19 I: Ja ok, det finns en inom musik, tacit betyder underférstadd kunskap. | DKM
Hort talas om implicit kunskap?

R20 M: Implicit &r ocksa en term, men det har vi inte jobbat med

R21 R: De &r varandras motsatser .Men detta &r inget vi fokuserat pa.

R22 M: Men vi har fatt svar pa KM och samma sak med Bl, din definition

mélet med det?

R23 I: Bl ska vara nagot som underlattar beslut, beslutsstodsystem tycker jag | DBI
det kan tolkas som. Men for att nyttan av ett Bl ska vara att man ska fatta
battre beslut om foretagets verksamhet sa kan det sammanfattas tycker

Jag.

R24 R: Vi har ju &ven skriver ju om beslutstods och definierar Bl genom att
ga igenom historian om DSS och da kommer vi in pa olika vyer av DSS.
Savi kor hela den litteraturen. Vi havdar att Bl och DSS é&r liknade saker.

R25 I: Ni har sékert kommer underfund med att intelligence betyder under- | DBI
rattelsetjanst? Inte intelligens utan underrattelse det star for vilket ar vik-
tigt att ha kolla pa at man ska ha koll pa sitt foretag egen verksamhet och
omgivningen. Det som kanske kommer mer och mer och blivit enklare
med DSS eller bl &r just att omvarldsbevakningen da. En grej som man
kan samla in data om alltifran till befolkningsutveckling kan man skrapa
hem fran SEB och Statistiska centralbyran sidor, till you name it. Kpa
in saker och ting fran data markets och sant, det gick ju inte sa bra for
10 ar sedan. Det var inte samma 6ppenhet.

R26 R: Sen &r det visualiseringen som gor det mojligt
R27 I: Ja absolut, som kartor t.ex. osv. DBl
R28 M: Vi har anvént Qlik och att det var enklare att se saker och den in-

formation man vill se. Det som har med KM &r att paverkar var syn sa
paverkar KM det ar det som paverkar underliggande kunskap och hur
man anvander BI, och det som paverkar anvandaren.

R29 M: Vi kan ga in lite pa Data mining, har du ndgon koppling till det
R30 I: N4 tyvarr har jag inte det.

R31 M: Vi har studerat pa lite med data mining och text mining.

R32 I: Jag ké&nner till begreppen men har ej praktiserat det.

R33 R: Nasta fraga ar skillnaden mellan koncepten?

R34 I: mellan data mining och BI?
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R35 R: Na utan mellan Bl och KM, framst likheter och skillnader.

R36 I: Jag kanner framst att KM ar en produkt av BI, kunskap man far genom | |
BI den samlar man pa sig som tex explicit och tacit, tycker det ar ett
uppbyggt kunskapskapital byggt fran Bl skulle jag vilja kalla det.

R37 M: Vi kan ju forklara var fraga, att det finns litteratur som sager det du
séger och &ven litteratur som sager helt tvartom. Darfor kanner vi 0ss
intresserade av det.

R38 I: Det &r sékert ett hjul det dar, att ju klokare du blir desto mer Kunskap | |
har du med dig in till né&sta projekt. Férhoppningsvis blir det en god cir-
kel dar.
R39 M: Precis som du sa sa ar det kunskapsatervinnig da?
R40 I: Ja precis DKM
R41 M: Vi tanker att vi kan ga in lite pa Human knowledge och vi vet att du

jobbat som konsult och varit ute pa foretag.

R42 M: Hur har de foretagens kunskap paverkat ditt arbetssatt, och att det &r
olika fran olika foretag och hur du ser att kunskapen de haft paverkar
ditt jobb?

R43 I: Ja jag forstar vad du menar, man kan val sdga att det som ar bra med | |

konsulter ar att man alltid lar sig ndgot av varje kund och man har ocksa
med sig en viss grundkunskap. Tillsammans med kunden nar man ofta
en bra l6sning och far aven nagot tillbaka om hur kunderna ser pa saker.
Kan ta ett konkret exempel: exempel vilka nyckeltal som &r viktiga i en
retail bransch och vilka nyckeltal som &r viktiga inom fastighets-
branschen. Ibland har man en aning om det men nar man jobbat med det
i ndgra manader séa borjar det bli begrepp som man borjar forsta. Detta
tar man med sig in i nasta projekt. Nar man kanske tréffar liknande kun-
der sd kan man utveckla sin nasta kund med hjélp av den kunskapen.
Man vinner en branschkunskap som kunderna uppskattar mycket. Sa
man inte kommer till en ny kund och de slanger sig med vissa bransch-
specifika saker.

R44 R: Ar det nagot du dokumenterar ner eller sitter det som tacit kunskap
som sitter i huvudet?

R45 I: Jo bade det ocksa i de lésningar som gors at kunden I

R46 R: Inget som fors vidare inom organisationen?

R47 I: Na det gor vi inte direkt, vi har snackat om att bli béttre pa det inom | |
foretaget.
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R48 M: Man tanker mer framat eller?

R49 I: ja precis, men mest tacit i det fallet, sen ar det ocksa specifika saker | |
och slanga sig med begreppet och gora en prototyp eller I6sning och da
gar man ofta tillbaka till en gammal I6sning, exempelvis hur man raknat
ut detta osv

R50 R: Detta kanner vi igen oss i, exempelvis med uppsatsen att man gar
tillbaka och kolla dldre arbeten

R51 R: Om man kommer in pa Human knowledge, kurslitteraturen kopplar
detta till KM och sen om man ska koppla nagot liknande till Bl sa sager
litteraturen att tekniken &r ett hjalpmedel och att manniskan ar som styr
tekniken, men tekniken hjélper till att ta beslutet och manniskan &r sista
besluttagande. Exempelvis finns det system som styrs av sig sjalv

R52 I: Kanske inte s& vanligt med dessa system, tror jag. Ar nastan alltid en | |
mansklig hand som tar beslutet i slutandan.

R53 M: Kan ta upp ett praktiskt exempel, d&r en kund glémmer upplérningen
kring en implementation av Bl-system och kunden behdver hjalp med
vissa funktioner som saknas efter en tid, kan du da ga och ta beslutet vad
deras system ska innehalla?

R54 I: Att jag ska ta mer beslut at dem alltsa?

R55 M: Ja eller om du kanske vet béattre vad de behéver och att du tycker pa
ett satt, och kunden ett annat.

R56 I: Ja man lagger ju fram forslag: sa har vet jag att andra gor och vad | DBI
sager ni om denna losning. Da kanske kunden tycker nagot ar omstand-
ligt och man forsoker da sélja in sin 16sning for dem. Men da kanske
man kor igdng nagot och ser vad som hander efterhand, for man tycker
detta passar béttre.

R57 M: Det kan vara sa att du har béttre erfarenhet géllande drendet, men
kunden inte ser samma sak?

R58 I: Kunden uppskattar ju detta att man har med sig sin kunskap fran tidi- | |
gare erfarenheter. Ibland kanske kunden vill ga lite for brett och tanka
igenom allt innan man tar besluten. Men istéllet sa avgransar vi oss till
detta omrade och sen kommer kunskapen efterhand. Kunden lar sig un-
dertiden med implementationen och ser efterhand hur det funkar. Det
blir alltsa en avgransning med de nya funktionerna. Kunderna kommer
fa sa mycket olika idéer under tiden vilket andrar situationen for kunden.

R59 R: Sa steg for steg?
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R60 I: Ja precis att avgransa, ett exempel att elefanter gar att &ta, men lite i | |
taget. Detta stiammer ju bra i Bl-sammanhang att borja pa ett litet omrade
och fa det att snurra och fa fortroende for de delen. Sen ser alltid kunden
fler mojligheter med systemet efterhand. De ser att de kan anvénda sy-
stemet pa flera satt och till detta och detta osv. Det galler att fa in foten
hos kunden. Lite taktik ar det ocksa att vi kommer in till kunden och gor
nagot at dem. For annars kan det bli lite for mycket

R61 R: Det kan bli for stort?

R62 I: Ja precis kan bli en for stor peng ocksa, det ar viktigt for bade kunden | DBI
och en sjalv och ge kunden bilden av nyttan ocksa. Har man inte anvant
ett bra Bl-system sa ser man inte hur smidigt det kan vara inom manga
omraden. Man kanske tanker gamla i rapporter osv. Men det har mycket
mer att ge ett foretag. Och det &r bra att kunden forstar den nyttan. '

R63 R: Vi har pratat lite om bra Bl-system, men vad &r ett typiskt mindre bra
system?
R64 I: Ja alltsa det jag har att beréatta, innan jag jobbade med Qlik sa hade vi

Microsofts kuber och sant har Microsoft Power BI, men det har blivit
battre nu, ser vettigare ut nu an innan. Men de det finn exempel pa daliga
som &r troga, de har inte jag jobbat med sa mycket.

R65 R: Syftar lite om man inte tittar tekniken, kanske ett foretag som imple-
menterat pa fel satt?

R66 I: Ok,sa mer dalig interaktion och implementation, och bestéllt felakt- | |
igt?

R67 M: Exempelvis pa en gastforelasning tog de upp att de inte hade ett bra

integrerat system och att olika avdelningar gjorde ny bestallning nér det
redan fanns samma system inom foretaget.

R68 I: Jag tror att A och O &r att siffrorna stimmer och sen kan allt vara | DBI
jakligt snygg men utan bra siffror som stammer sa ar allt annat menings-
I6st. Trakigt svar men sé ar det, ekonomin exempelvis maste verkligen
stdmma dverens med siffrorna. Annars dalar fortroendet for Bl systemet
och da &r det svart att fa tillbaka. Man brukar saga att det beh6vs 7 plus
for att Gvervinna ett minus.

R77 R:.KM é&r en del av ett Bl system enligt dig?

R78 I: Ja det skulle jag saga men att koncepten gar i en god spiral och man | |
har en slags grundkunskap in i ett Bl sen nar man val fatt det sa ser man
annu mer och da vill man fa in det mer som KM. De gar alltsa hand i
hand och hjalper varandra framat.

R79 M : Nagot du vill tillagga annars?
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R80 I: N& de tycker jag inte, na alltsd man kan vél tanka till pa det hela men | |
jag tycker att syftet med Bl ar att satter igang det och kopplar till kunden
och ibland kan det vara sa att kunden tycker nagot ar coolt men att nyttan
inte kommer fram. Har &r det viktigt med nyttan och vad och vem som
ska ha det. Och att anvander Bl pa ratt satt. Skit in, skit ut osv. Valdigt
tydligt med skit i ett BI system och att det som hanteras blir skit da, och
datan avgor detta.

R81 M: Ja men da kanner vi oss klara tack sa mycket. Och tack for att vi fick
ta din tid.
R82 I: Tack sjélva, bara kul att stélla upp.
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M = Martin
R = Robin

I = Informant

Interview 6

Working title: IT-Analyst, oriented in Bl
Company:
Date: 2016-04-21

Conversation length: 38 minutes, 10 seconds

Nordea

Row

Conversation

Code

R1

M: Ja men nu Kor vi igang

R2

R: Du kan borja med att beskriva din roll och vad du arbetar med?

R3

I: Jag jobbar som IT-analytiker pA Nordea och min avdelning skoter for-
sakringar. Alla IT analytiker pa Nordea jobbar i grund med krav och test.
Sen har vi olika omraden beroende pa vad for ansvar man har. Mina
ansvarig ligger inom bokféring och data warehouse. Nordea ar en val-
digt stor bank som har en massa olika system. Vi anvander oss av
SOA(Service oriented architechture). Vilket innebdr att man jobbar med
att koppla ihop en massa olika system med varandra. Ett agilt sétt at
arbetet. Detta gor sa att vi byter ut system och da ar det viktigt med
dokumentation 6ver det som andras. Detta ar en del av mitt arbete. Jag
hjélper framst till med digitalisering och automatiserade processer.

R4

R: Kan man ta lite évergripande gallande din avdelning, hur ser ansvars-
fordelningen ut?

R5

I: Vi har front-end och back-end och sen drift och IT-analytiker, detta
ar utveckling och forvaltning. Sen har vi &ven business-sidan. Vi som
IT-analytiker jobbar tillsammans med business och utveckling. Det
kommer krav fran som IT-avdelningen skissar up och jobar tillsammans
med utvecklarna for att se till att det uppfylls.

R6

R: Nu kommer vi in lite pa vara forskningsfragor: Vad ar din syn pa
KM?

R7

I: Som det betyder och hur man hanterar kunskap inom en organisation.

DKM

R8

M: Har du nagot praktiskt exempel pa hur ni delar kunskapen inom fo-
retaget? Kanske ett systematiskt satt eller hur ni gor for att dela kunskap?

R9

I: Om det kommer in ett krav. Fran affarssidan som séger att detta maste
forbattras. Dessa krav finns i ett program so heter QC( quality center).

DKM
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Det finns sedan en ledningsgrupp som hanterar varje uppdrag. Har an-
vands kunskapen och kors i projekt som ska slutstéllas med hjalp av
vissa processer.

R10 R: Finns det nagot satt att spara den kunskap som inhamtas under utfo-
randet av era processer? Till exempel for liknande projekt?

R11 I: Ja allting dokumenteras for framtida projekt. Men de uppdragen som | DKM
man tilldelas, sa kan det vara ett problem om man ar véldigt stora team.
Ett projekt som jag nyligen var involverad i sa valde min chef da sar-
skilda personer med viss kompetens. Sa pa detta satt hanteras olika kom-
petens mest uppei fran i ledningen. Alla chefer hanterar kompetensen.
Det finns &ven en hemsida som heter Complus, detta en typ av Nordea
sida dar information delas och flyter pa éver hela banken. Men vi har
aven en egen sida med samlad information for framtida utmaningar.

R12 M: Vi skriver jJu om KM och borjat definiera kunskapen och hur den
hanteras. Har du hort talas om Tacit och Explicit kunskap?

R13 I: Ja lite, men forklara gérna mer.

R14 M: Tacit & mer kompetens och individuell kunskap som sparas hos den

specifika individen, dar erfarenhet och historia spelar stor roll. Kallas
aven for underforstadd kunskap. Medan explicit ar den kunskap som kan
enkelt skrivas ned pa papper och delas med andra.

R15 I: Ok, jag forstar.

R16 M: Vi kan ga in lite pa upplarningsprocesser inom ert foretag, har ni
nagra speciella satt for att lara juniora anstallda inom ert foretag?

R17 I: Ja vi har ju véldigt mycket kompetens sparad hos de anstéllda och | DKM
aldre manniskor som sitter inne pa denna speciella information. Vi for-
soker hela tiden fa de anstallda att dela med sig kunskap till varandra.
Exempelvis gamla systemen som vi anvént, vi har idag manga anstalla
som jobbat har lange och varit involverade i de &ldre systemen vi idag
anvander. Det finns ingen riktigt dokumentation éver hur man skapar
saker i exempelvis SQL. Detta maste man ta reda pa sjalv. Samma sak
med sharepoint systemen. Man maste lara sig nar man haller pa med
programmen.

R18 R: Men de &r inget ni lagger kraft pa att fora vidare informationen och
kunskapen kring programmen?

R19 I: Jo det blir sa sjalvklart, det finns alltid specialister inom de olika om- | |
radena. Ofta om man har nagon fraga kring systemen vi anvander eller
andra fragor gallande olika mjukvara, da fragar man dessa géllande spe-
cifika fragor. Pa detta satt extraherar man kunskap som de besitter. |
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borjan hade varje specialist en kurs dar de gick igenom saker déar de job-
bade for att dela kunskapen.

R20 R: Ok, men ni har ingen dokumentation pa detta? Utan ni lr er av egna
erfarenheter?

R21 I: N4 det finns det inte direkt, utan jag far i sadana fall intervjua en spe- | DKM
cialist inom det omradet jag vill ha hjalp for. Sa lar jag mig utifran det.

R22 R: Ok

R23 I: Ja men detta skulle jag se lite som ett problem, det hade varit bra med
mer dokumentation. Men det ar valdigt 6vergripande det man lar sig fran
borjan.

R24 R: Tror du att du skulle ha haft nytta ifall det fanns mer dokumenterat?

Eller till nyanstéllda 6verlag?

R25 I: Ja det hade det saklart varit, men det ar sa pass mycket sa det hade | |
varit svart kanske. Man har manga bollar i luften och detta gor att det
blir svart med tiden. Man har ju manga olika deadlines. Teamworket
spelar valdigt stor roll och det &r s manga andra som &r beroende av en.
| de har fallen spelar det &nnu storre roll, da man ska fora kunskapen
vidare till andra.

R26 M: Ja, sant

R27 I: Sa teamwork &r en valdigt vital faktor.

R28 M: Ok, men da kan vi ga in lite pd Bl och din definition av BI?

R29 I: Min defenition av Bl &r att det &r ett rapporteringsverktyg. Ett verktyg | DBI
som samlar data och rapporterar den pa ett schysst sétt 6ver vad anvan-
daren vill se.

R30 R: Vad skulle du sdga ar malet med BI?

R31 I: Att kunna fa fram strukturerad data och fa fram information fran | DBI
denna data.

R32 R: Jobbar ni bade med begreppen strukturerad och semi-strukturerad
data?

R33 I: Ja eller vad menar du?

R34 R: Strukturerad data &r den i databaserna, exempelvis text eller bara in-

formation. Semi-strukturerad ar texter i email-konversationer osv.

R35 I: Ja kanner bara till strukturerad.
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R36

R: Bl ser du det som ett system eller ett 6vergripande koncept?

R37

I: Ja sa ar det ocksa, ett koncept, eller kanske verktyg skulle jag saga.
Vi har véldigt manga Affarsutvecklare och Business controlers och sitter
med BI for analyser. Bl kréavs for att ta fram analyser och utan detta sa
blir det svart att ta beslut gallande saker.

DBl

R38

M: Sa du inte se det som ett system endast, utan kanske en underréttel-
setjanst for att ta fram beslut?

R39

I: Ja precis, for beslutsunderlag skulle jag séga. Ett verktyg for att fa
detta.

DBl

R40

M: Ser du nagra likheter mellan KM och BI?

R41

I: Jai alla fall nar det kommer till data som hanteras i foretaget. Vi sitter
pa sa gamla system med valdigt mycket lagrad data. For for att fa fram
kunskapen om denna sa ar KM viktigt. Vi har kanske en utvecklare som
har all kunskapen kring vissa saker. Detta gor att KM ar valdigt viktigt
for att ta reda pa data och ratt data fran Bl. Kan saga sahar: Bl ar ett
verktyg for att dirigera, man ska hamta data fran olika omraden. Men
Bl-konsulterna har ingen aning om den information som datan ger. Har
behéver man da nagon som ar kunnig inom de éldre systemen. Har kom-
mer KM in i bilden och spelar véldigt stor roll. Det géller att veta vem
som besitter rétt kunskap.

LS, D

R42

I: Vi delar mycket data mellan avdelningarna ocksa, och &r det nagon
specifik data som en annan avdelning behéver sa maste jag dela med
mig av min kunskap for att de ska kunna anvanda denna pa ratt satt.

R43

R: Nasta fraga, ser du interaktionen mellan KM och BI? Vilket du
kanske svarade pa lite redan.

R44

I: Ja men det var det jag sa innan, med andra ord: det krdvs tacit
knolwedge for att kunna hamta ut ratt explicit knowledge fran systemen.
Du kan inte hitta ratt tabell om du inte vet vilken det ar.

R45

M: Du skulle da séga att Bl &r ett subset till KM?

R46

I: Ja alltsa Bl &r bara ett verktyg som finns for att hjalpa KM. Utan KM
ar Bl helt vardelost.

I,S,D

R47

I: Men bada ar beroende av varandra skulle jag saga, Utan Bl sa skulle
KM vara svart att anvanda da informatonen inte gar att presentera pa
samma satt.

R52

R: Nagot mer du vill tillagga?

R53

I: Na det k&nner jag inte direkt
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R54

R: Ok, tack sa mycket for att du stallde upp pa intervjun
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