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Abstract 

 

This master thesis examines the valuation of FinTech and Dot-Com companies by            

looking at the underpricing level of initial public offerings (IPOs) and the abnormal returns              

during the period surrounding the announcement date of merger and acquisitions (M&As). The             

sample consists of 234 IPO’s observations from 1995-2019 and 58 M&A’s deals from             

2000-2019. The results suggest that the underpricing level of FinTech IPOs is less than the               

underpricing level of Dot-Com IPOs. As for M&As, univariate testing shows no difference             

between cumulative abnormal returns (CAR) of FinTech and Dot-Com companies. However, the            

regression results show higher CAR during the Dot-Com bubble burst (2000). Other variables             

affecting underpricing level (size, age, expenses, US listed and underwriter reputation) and CAR             

(size, method of payment, industry, leverage, and advisor ranking) are also examined further in              

this thesis. For IPOs underpricing, the results show that firm age has a negative relationship with                

the underpricing level, in contrast with market capitalization. For M&As the method of payment              

has a negative relationship with the CAR. 

 

Keywords: Initial Public Offering, Merger and Acquisition, FinTech, Dot-Com, Underpricing,          

Abnormal Return 
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1. Introduction  

Financial Technologies (FinTech) industry has grown to become one of the most            

important industries in today’s world. The term FinTech is various according to different             

business contexts (Schueffe, 2016). There is still no clear definition of FinTech, however, in              

general, FinTech refers to a company that mainly develops or uses technology in order to provide                

financial products or services (Varga, 2017). This term is not limited to any specific business               

sectors, such as financial sectors; it refers to all the financial products and services that are                

provided by any sector (Arner et al., 2016). 

There has been a long history regarding the development of FinTech. However, the             

Global Financial Crisis in 2008 was the main impact on what made FinTech evolve to become                

what it is today (Arner et al., 2016). Because of the financial crisis, people had lowered their                 

trust in banks. This led to the emergence of financial innovations and increased number of               

FinTech companies. These FinTech companies allowed people to easily access loans and            

increase their investment opportunities (Amalia, 2016). On the other hand, this represented a             

challenge that banks and financial regulators had to face. Therefore, in addition to pure              

competitive motivations, many banks and financial regulators try to acquire FinTech companies            

ever since, in order for them to use FinTech to regain trust of their customers and also to help                   

manage and balance the potential benefits and risks of each financial transaction. This leads to               

high numbers of FinTech companies acquisitions (Curran, 2016).  

As a fast growing industry, raising capital in order to make future investment is very               

important. Therefore, many FinTech firms around the world choose to go public to gain more               

capital, meaning that there is a high number of new FinTech IPOs every year. IPO is an                 

abbreviation for the act of the first initial public offering of shares of a company.  

Since 2005, FinTech IPO has raised USD 64 billion in the US market, with the amount of                 

approximately USD 7 billion raised in 2018 alone (McLaughlin, 2019). The highest amount             

raised was in 2008 when Visa Inc. went public. The company alone raised USD 17.9 billion,                

which is one of the largest IPO in the record of US stock market (Zuill, 2008).  
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Chinese FinTech firms are also growing in number. According to a research form JP              

Morgan, the FinTech market in China is expected to gain revenue of USD 69 billion by 2020,                 

with a compound annual growth rate of 44 percent from 2016 to 2020 (He, 2017). Because of                 

this fast growth, most of FinTech companies are expected to go public in both home and                

overseas stock markets, particularly Hong Kong and the US stock markets (Ren, 2017). In 2018,               

Chinese FinTech companies accounted for 57 percent of total Chinese IPOs in US (Xueqing,              

2018). 

As a matter of fact, the investment in FinTech has doubled in 2018 compared to 2017,                

reaching approximately USD 111.8 billion globally, where almost half of the investment was             

from the FinTech companies in the United States (KPMG, 2019).  

Based on the previous studies about the FinTech IPOs, although very few in number,              

most of them found that FinTech IPOs are generally underpriced. Underpricing is a stylized fact               

that states the percentage difference between first day closing price and the offering price of the                

IPOs, thus, underpricing means this difference is positive. For example, the issuing price for Visa               

IPO was USD 44 and their first day closing price was USD 56.5, which shows that the IPO was                   

underpriced (Reiche, 2015). Also in 2015, Square Inc, one of the US FinTech companies, went               

public and their IPO realized around 45 percent increase from their initial offering price (Isaac               

and Picker, 2015).  

According to reports by two of the Big Fours auditors KPMG and PwC, FinTech              

companies have received outstanding attention and investment in the past years. In 2018, only              

the first half of the year was enough for setting a new record of USD 41.7 billion invested across                   

789 deals. The same year UK and US led the way with USD 16.1 billion and USD 14.2 billion                   

dollars invested in FinTech, again, only the first half of the year. UK was also the home of the 4                    

out of 10 largest FinTech deals during that period. Numerous reports point out that more than                

half of the financial institutions have put the technological component as a main part of their                

corporate strategy, with 82% expecting to increase FinTech partnerships between 2018 and 2023             

(KPMG, 2019).  
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Valuation of FinTech is an interesting topic to study, however, first of all let’s define               

what a control group is: a control group is used as a baseline measure and it is identical to all                    

other items or subjects that we are examining with the exception that it does not receive the                 

treatment or the experimental manipulation that the treatment group receives. In our case, as              

mentioned earlier, since 2008 the global investment in FinTech has increased rapidly. With             

regard to that, growing popularity of FinTechs has initiated an ongoing discussion that the              

situation is similar to the period before the occurring of the internet bubble. Thus, we decide to                 

use internet companies as our control group. Moreover, the internet companies that went public              

at the turn of the century, are identical to FinTech companies in the sense that both have the                  

digital component. So, even though, there is still no established definition of FinTechs, it is fair                

to at least consider FinTechs as technological companies who offer financial services. This led              

to the development of the purpose of this paper.  

Purpose of the thesis 

The aim of the research on this paper is to make a comparative study of the valuation of                  

FinTech and Dot-Com companies. 

Accordingly, since abnormal returns to target and IPO underpricing are both possible            

indicators of “overvaluation” and the dot-com companies are widely regarded as overvalued            

(Martin & Kemper, 2015), the research will be done by looking at two types of corporate                

transactions: IPO and M&A. IPOs underpricing and target abnormal return can be used as an               

indication of the value of the companies since as mentioned, the dot-com companies are widely               

viewed as overvalued (Martin & Kemper, 2015).  

Specifically, the research examines the underpricing of IPOs of FinTech and internet            

companies from all over the world, the majority being US. The sample period is fairly recent for                 

FinTechs IPOs as they are new in the sense that they have gained tremendous popularity largely                

after the last decade’s financial crisis even though hybrids of financial services platforms and              

technology have existed since the 1990s. However, for internet companies the data consist of the               

IPOs during the Dot-Com bubble. 
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As for M&As, the sample of deals of FinTech and Dot-Com companies includes data              

from 2000 to 2019.  

Structure of the thesis 

In the following section, some background regarding FinTech and Dot-Com companies is            

provided. Next, literature review and empirical evidence is reviewed, followed by data and             

methodology. The final part covers the regression results alongside with the analysis. Finally, the              

thesis concludes with the limitations and inference about the overall output of the research. 
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2. Literature review 

2.1 Background  

2.1.1 FinTech 

Definition 

Even though there is no clear definition of FinTech, according to Kagan (2019) FinTech can be                

defined as: 

“FinTech is used to describe new tech that seeks to improve and automate the delivery and use                 

of financial services.The term was initially applied to technology employed at the back-end             

systems of established financial institutions. FinTech now includes different sectors and           

industries such as education, retail banking, fundraising and nonprofit, and investment           

management to name a few.”  

Transitioning from traditional to digital 

The traditional banking system has been one of the main subsets through which the              

financial industry has run its activity. However, innovation in technology has undeniably            

affected it like every other major sector of the economy. Its ongoing transformative nature has               

had its fair share of contribution in the changes that the financial industry has experienced,               

predominantly in the past 2 decades (Gomber, et al., 2018) 

Services and activities such as crowdfunding, peer-to-peer or business-to-business         

payments and lending have been transformed into digital, online activities which require only             

internet connection, no physical exchange and much less time than in the traditional way through               

the banking system. Moreover, FinTechs are helping to remove the barrier and the poor service               

received by many people in developing economies, as well as make it easier for small businesses                

to thrive in developed countries (Blakstad & Allen, 2018). 
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Categories of FinTech 

According to a survey by PwC (2016), the financial landscape will continue to change.              

They argue that the FinTech will become even more fully embedded in the financial services in                

the years to come, slowly turning into the go-to new model approach in the industry. It goes on                  

to add that Blockchain will further expand beyond cryptocurrency applications and regulators            

will gradually become as involved with FinTech as the firms they supervise. Since there is still                

no clear definition of FinTech, there are also many ways to categorise FinTech. The following               

are the major categories of FinTech: 

Money transfer and payments 

Money transfer and payments are one of the most important categories of FinTechs             

market. This category is the largest type of FinTechs. The value of digital payments worldwide               

are accounting to more than USD 4 trillion (Statista, 2019). This type of FinTech has been used                 

all the time. Because of FinTech, nowadays, consumers can transfer money 24/7. In addition,              

with the use of technology, there is more cost efficiency, which leads to lowering the fees in                 

transferring the money. Moreover, FinTech allows companies to make international payments           

online with more cost efficiency than what the traditional banks can offer (Gakman, 2017). 

Insurance  

There is an increasing number of modern insurance companies that use application to             

reach to their customers. This type of insurance companies provide more flexibility to the              

customers than the traditional insurance companies (Zavgorodnya, 2018). According to Ernst &            

Young (2019), the adaptation of the use of the Internet of Things (IoT), mobile software, Robotic                

Process Automation (RPA), data science and other digital solution has become a trend for              

insurance companies. All these changes and development are to enhance their customers            

experience and cost saving. However, since the insurance market is a highly regulated market,              

FinTech firms in this market still tend to partner with traditional insurance companies (Gakman,              

2017). 
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Borrowing/Lending 

FinTech allows the process of lending and borrowing money to be easily done online.              

Customers no longer need to turn to the bank or credit union in order to get loans (Gakman,                  

2017). With the development of lending platform, financial companies are able to use technology              

to automate and fasten their decision process, as leaders have easier access to borrowers’              

creditworthiness. This also helps reduce costs as well (Zavgorodnya,2018).  

Personal Finance 

In the past, in order to get financial advice, customers needed to go to the bank to seek                  

advice from financial advisors. Also, in order to do the budget, spreadsheets or an envelope               

system needed to be used. However, now, there are many applications that offer customers              

financial advice and help with budgeting (Gakman, 2017). 

Investments 

FinTech makes it easier for investors to invest. It provides platform that consumers can              

hold and manage all their assets in a single place. Financial instruments can be sold and bought                 

through the internet (Tokareva, 2018). 

Equity Financing 

FinTech companies in this category favor the businesses in terms of raising money. Some              

of these work as an intermediary in connecting investors with startups. Crowdfunding model and              

virtual fundraising are also being used in order for helping the business to easily raise funds, as                 

everything can be done through the internet (Gakman, 2017). 

Consumer banking 

FinTechs consumer banking also represent an alternative to traditional banks for           

consumers who cannot easily - or at all- get approval for a credit card. As these consumers can                  

use prepaid card offered by these companies. This type of companies is also gaining popularity               

because they do not charge for high fees, in contrast to traditional banks (Gakman, 2017). 
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2.1.2 Dot-Com bubble 

Dot-Com bubble was a period during the late 1990s where investments in internet-based             

companies in the U.S. during bull market caused rapid increase in equity valuation of these               

technology related stocks. During the Dot-Com bubble, the value of the equity markets increased              

drastically (Hayes, 2019). More than half of the IPOs during 1999 belong to the internet related                

companies. On the 10th of March, 2000, the Nasdaq index reached its peak at 5048, nearly                

double the points of the previous year (Kozmetsky & Yue, 2005). This is where the burst began.                 

Due to the peak, there had been high sell orders on stocks of the several leading internet                 

companies such as Dell and Cisco, started by the firms themselves. This caused panic among the                

investors so they were also selling their own shares. The value of the stock market decreased                

around 10 percent within a few weeks (Hayes, 2019). By the end of 2001, the majority of the                  

Dot-Com companies that traded in the stock market disappeared. The 2000 bubble burst led the               

equities market to the downturn, resulting in bankruptcy for several internet companies. The             

share prices of the companies that survived went down more than 80 percent of their value                

(Kleinbard, 2000). 
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2.2 Initial Public Offering  

Initial Public Offering (IPO) is the act of private companies going public by issuing their               

stocks and selling them to the public. The companies go public in order to raise capital in                 

funding for their future investments that aim for the company’s future growth (Ljungqvist,             

2007). Therefore, when the company issues the price for their stocks, they aim for the highest                

price possible, in order for them to raise the most capital. On the other hand, the underwriters                 

who submit the shares to the market would consider lower prices as there will be higher                

possibility for them to sell more shares, thus, gain more profit from the trading expenses. 

2.2.1 Underpricing 

IPOs underpricing is the finding that the IPO’s offered price is lower than its market               

value. Precisely, it is the case when the issuing price is lower than the first day traded price.  

 

Throughout history, there have been many studies and theories regarding the IPOs’            

underpricing. The dynamics of this phenomenon, with levels ranging from 16% in 1960 up to               

21% in the 1990’s and all the way up to 40% during the dot-com bubble, has made it one of the                     

most thought provoking phenomenon in economic literature (Ljungqvist, 2007). 

According to Ljungqvist (2007), there are four broad groups of underpricing theories:             

asymmetric information, institutional reasons, control considerations, and behavioral approaches.  

However, we only focus on asymmetric information theories as they are more well established,              

and also behavioural approach theory since this approach is related to the companies being              

overvalued. 

Asymmetric Information 

Asymmetric information is based on the assumption of who has more information            

advantages. The investment bankers have more information about the market demand than the             

issuer. In addition, since they want to reach the optimal selling of the IPO stocks, they use this                  

advantage to reduce the IPO price to be lower than their market value, which is the reason for                  

IPO underpricing (Baron, 1982). On the other hand, the issuer has better information to justify               
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the true values for their IPOs. Therefore, they might use underpricing as a signal to the investors                 

regarding their quality (Welch, 1989). Precisely, some companies sell their IPOs at a discount in               

order to show that their company quality is “good” since only good firms are able to maintain                 

their positive returns in the long run. Thus, this will attract more investors to buy their stocks                 

(Ibbotson & Jaffe, 1975).  

There is also the well known winner’s curse model, where the assumption is that there is                

asymmetric information between investors. Some investors are informed about the fair value of             

the IPOs while some are not. The informed investors, then, can avoid investing in the IPOs that                 

are overvalued, unlike uninformed investors (Rock, 1986).  

Winner’s Curse 

The winner’s curse of Rock (1986), refers to asymmetric information between informed            

and uninformed investors. As mentioned earlier, the informed investors are those who have             

better information about the firms and the fair value of the IPOs. This allows informed investors                

to distinguish between IPOs that are profitable (underpriced) and IPOs that are unprofitable             

(overpriced). Thus, these investors will only bid for the shares that are underpriced. Unlike              

informed investors, uninformed investors do not have better knowledge about the firms and the              

fair price of the firms. Therefore, they will bid for both IPOs that issued with a higher and also                   

lower price than the fair price. As a result, these uninformed investors will then be placed with a                  

winner’s curse as they will receive more or almost only overpriced shares. This is because the                

informed investors will only bid for underpriced shares, so the allocation for the overpriced              

shares will go to the uninformed investors only. Consequently, the uninformed investors will             

most likely receive negative returns, resulting in only informed investors left in the market as it                

is rational for uninformed investors to never bid for the IPOs again due to their negative expected                 

returns. However, the market cannot survive in these conditions, since institutional investors            

alone are not enough to supply the market with capital. To adjust the market back to equilibrium,                 

IPOs must be underpriced on average, so that the expected earnings of the uninformed investors               

are positive or at least break even. Hence, the uninformed investors will still participate in the                

market. 
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Behavioural Approaches 

Behavioural explanations approach to underpricing argues that the behaviour of the early            

investors who bid in the IPOs has influenced the decision-making of the other investors.              

Whatever information that the early investors find out will be passed on to others, and the latter                 

tend to believe in this information and ignore the information that they have. Consequently, the               

early investor behaviour will be followed. This irrational behaviour will lead to the elastic              

demand for shares (Welch, 1992). Thus, the underpricing is forced to exist in order to ensure that                 

there will be enough investors’ demand in the market.  

In addition, behavioural approaches also assume that there is a presence of irrational             

investors who bid for the IPOs with higher prices than the fair value, and there are behavioral                 

biases that forced underwriter to issue the IPOs with a lower price than their fair value                

(Ljungqvist, 2007). 

Another behavioural explanation of IPOs underpricing is the marketing event. The           

companies will want their IPOs to have high first day return, therefore, they can achieve high                

price increases by having underpriced shares. This large price increase can encourage more             

participants in the market (Maksimovic and Pichler, 2001). 

Cyclicality 

Ibbotson et al. (1994) suggest that the cyclicality of IPOs occur according to the              

temperature of the market. During “hot market”, the IPOs can be sold with high issuing price.                

This increases the number of IPOs, and increases the willingness to issue IPOs that are               

underpriced. If investors are being optimistic about the companies going public, large cycle of              

volume might occur as the issuer will try to increase their numbers of IPOs to take advantage of                  

the investor’s sentiment swing. If the companies are taking advantage of the overvaluation of the               

market, then the poor performance after the high volume of IPOs are expected (Ibbotson et al.,                

1994).  
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2.2.2. Underpricing determinants and empirical evidences 

Extensive research on underpricing has brought forward many factors affecting it.           

Previously mentioned theories and various assumptions about the level of underpricing based on             

the specific questions at hand, have been translated into observable variables in order to conduct               

empirical tests. Company characteristics, measures of age, size or the indication of the industry              

which the company belongs to, have been extensively used as proxies for firm characteristics              

(Ljungqvist and Wilhelm, 2003; Megginson and Weiss, 1991; and others).  

Asymmetric information is related to factors that determine underpricing level. For firm            

age, younger company will have less historical information in order to use for valuing the               

companies, which leads to higher level of underpricing (Muscarella and Vetsuypens, 1989).            

Proceeds, also related to information available as investors are more interested in large IPOs              

information, which is mostly available only for firms that have higher value of proceeds              

(Dorsman et al., 2013). Therefore, higher proceed can lead to less underpricing. Another factor              

that is also related to asymmetric information is firm size, as there is less interest in gathering                 

information for small firms, which leads to higher level of underpricing for smaller firms              

(Zhang, 2006). 

Underpricing during internet bubble can be explained by the behavioural approaches           

because investors invested heavily in the internet startup companies. The investment in internet             

stocks became a trend. Because of the overconfidence of the market, investors were willing to               

overlook the traditional valuations of the companies, and focused their investment on the             

companies that had triple or quadruple increase in stock prices on their IPOs instead. Therefore,               

there is high underpricing of the IPOs during this period (Ljungqvist & Wilhelm, 2003). 
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2.3. Mergers and acquisitions 

2.3.1. Abnormal returns determinants and empirical evidence 

For various motives, companies engage in different activities of restructuring asset and            

ownership structures. Although overall there’s no strict line dividing different types of corporate             

deals, in literature we come across mergers, takeovers and buyouts. 

Value creation determinants 

Various factors are known to contribute in the stock performance of targets of an              

acquisition. There is a core group that is used in most studies and proves to be informative and                  

significant. 

According to Amaro de Matos (2001) whether the target was initially welcoming to the              

acquisition offer or not, has shown to have a positive effect on target’s side.  

In general, theories regarding method of payment tend to suggest that equity financed             

deals generate lower returns for both acquirer and target, respectively. Cash financed deals are              

linked to better performance compared to equity financed ones. The reasoning behind this is that               

cash payment sends a signal to the market that the acquirer believes in the target’s firm potential                 

or that their own shares are undervalued. 

Jensen (1986) on the other hand, adds to this theory by concluding that paying in cash                

contributes to value creation because it eliminates free cash-flows that could have been used on               

other unprofitable projects. These findings are also confirmed by Asquith, Bruner, & Mullins             

(1990), who similarly report that target firms have significantly larger positive abnormal returns             

with mergers financed with cash than those with stock offers. 

In addition, generally, deals that involve parties that belong to different industries are             

subject to lower returns (Amaro de Matos, 2001). Part of the research done previously has found                

that merger and acquisition announcements in the same industry have a positive effect on stock               

return due to expected potential cost synergies and economies of scale. 

Leverage can also affect the target return. According to Keehnen (2016), the study of              

global M&A transactions between 1995-2016, high leverage target firms required higher bid            
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premia. The evidence from the study of 95 stock-for-stock acquisitions also confirmed that the              

returns of the target firms is positively related to their leverage level (Robinson & Shane, 1990).  

There is a lot of research that contributes to the analysis of the effect that size of firm has                   

on the stock performance at announcement date of merger. Although, most of the studies,              

including those of Moeller et al (2004), focus on the impact on the acquirer’s side, numerous                

others explore the target’s stock performance, as well. These documented pieces of evidence             

suggest that the target firm size can be a proxy of bargaining power during negotiations. 

Stylized fact - mergers come in waves 

One of the main empirical findings regarding M&A is that there’s clustering of merger              

activity in different industries (Andrade et al., 2001). Many theories suggest that if mergers come               

in waves that vary quite a lot from one industry to another, this could be due to industry level                   

shocks. That is, industries react to these shocks by merging of companies in order to restructure                

and adapt to the new business environment.  

Shocks could range from technological innovations which can create excess capacity and            

the need for industry consolidation, deregulation - which can either open new opportunities for              

investment or remove existing barriers to merging - and supply shocks such as oil prices. Harford                

(2005), makes a similar argument about merger waves deriving from shocks occurring in             

different industries at the same time, making mergers more profitable and thus, more attractive. 

However, other similar studies add that such shocks cannot have large effects unless             

accompanied by market misevaluation (Gaughan, 2007). 

Empirical evidence in many papers shows that target shareholders are always winners in             

terms of value received from the mergers with returns ranging from 16%–25% on average              

(Andrade et al., 2001).  
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2.4 Hypotheses development 

2.4.1 IPOs Underpricing 

Previous studies show that there has been a presence of underpricing for Internet and              

FinTech IPOs. For the Dot-Com IPOs, because of the bubble, we can already confirm that there                

is underpricing. The evidence is that the underpricing level of IPOs reached the highest during               

1999 and 2000, which can be confirmed by the high aggregate amount left on the table, during                 

that time. The aggregate amount left on the table for only these two years is even higher than                  

during that throughout 2001-2018 combined  (Ritter, 2018).  

As for FinTech IPOs, the research form Sahi (2017) did not reject the hypothesis that US                

Fintech companies from 2013 to 2016 have an average level of underpricing of 22.64 percent.               

The existence of underpricing of these companies is also confirmed by the study form Kobeisy               

(2018), which had done research regarding the underpricing of US FinTech IPOs and found that               

between January 2005 to July 2017, the average underpricing of US FinTech IPOs is 20.46               

percent. According to Steenbergen (2017), who studied the IPO performance of FinTech            

companies in Europe and North-America between 2005-2017, the result of the study shows             

significant level of underpricing for both European FinTech IPOs and North-American FinTech            

IPOs with the level of underpricing of 10 percent and 17 percent respectively.  

With regard to evidence from previous studies as well as the fact that the majority of                

FinTech IPOs are listed in the US stock market (KPMG, 2019) and the dot-com bubble was                

caused by the technology-related public companies in the US (McCullough, 2018), we have             

developed the following hypotheses: 

Hypothesis 1: Level of IPOs underpricing is higher during the period of dot-com bubble than the                
period of FinTech boom.  

Hypothesis 2: FinTech IPOs dummy variable has negative relationship with the level of             
underpricing. 

Hypothesis 3: US listed IPOs have positive relationship with level of underpricing. 
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2.4.2 Mergers and acquisitions  

Studies find that on average, cumulative abnormal returns are positive for the target.             

Abnormal returns reflect bid premiums which in turn are higher if the company is overvalued.               

Since our base assumption is that Fintechs might be overvalued, we expect the abnormal returns               

to be positive and higher than the observed average.  

Moreover, the last two merger waves in which dot-com companies were acquired showed             

to be correlated with overoptimistic investor sentiment and were classified as “high valuation             

periods” (Alexandridis, 2012). This gives another incentive to assume that target returns to             

Fintech companies could be, on average, similar to those of dot-com companies. 

In addition, Andrade, Mitchell and Stafford (2001) show that the abnormal returns to             

target around merger announcement date are stable across decades, despite merger activity.  

Following that we develop the following hypothesis. 

Hypothesis: Target Fintech companies’ cumulative abnormal return is positive and on average,            

the same as that of Dot-Com companies. 

The hypothesis is tested by conducting the Welch test of equality. 
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3. Data 

Due to their existing vaguely specified characteristics and mixed formal indicators about            

the industries they belong to, compiling the sample for FinTechs was a rather difficult process.  

Since FinTech is still a relatively new industry, there is still no clear standard industrial               

classification in order to distinguish this type of company. In order to select the sample, we                

follow the list of NASDAQ FinTech provided by Index.co. Afterwards we reassure that the              

selected companies are under FinTech classification by checking the company’s nature of            

business on by one. If their business belongs to one of the FinTech categories mentioned earlier,                

then we use that company in our FinTech sample. For the internet companies, we follow the list                 

of Internet IPOs during 1990-2018 provided by Jay R. Ritter. Again, we re-check the company               

nature of business and eliminate the company that performs business related to financial products              

and services.  

Data sampling is a multilayered process. As a consequence of the nature of the thesis, the                

steps towards the final data sample were divided into two paths, namely, one aimed at finding                

listed FinTech and Dot-Com firms and the other at finding the same type of firms that were                 

acquired at some point. Country of origin is not taken into account as the aim is to provide                  

comprehensive results on the type of company of interest, without any geographical restrictions.             

On the contrary, the goal was to have a diverse country data sample that would enable to see                  

whether the stock market or the country of origin has any effect on the dependent variables. 

Information regarding IPOs, on the other hand, was obtained from the NASDAQ, mainly             

for the company that are listed in the United States, and Bloomberg for the rest of the companies                  

that are not listed in the United States. The information that we retrieved from the mentioned                

sources are IPOs date, offering prices, number of shares offered, shares outstanding, the name of               

the stock market that the company was listed in, expenses, name of the lead underwriters and                

auditor. Sources of closing price on the first day of trading are retrieved from Bloomberg,               

Thomson Reuters, and Datastream database. Furthermore, news and articles were a good source             

for missing information on offer price, number of shares offered and shares outstanding.             

Information about the dates when the companies were founded was either gathered from the              

websites of the firms themselves, Bloomberg or articles.  
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Nonetheless, when searching for M&A transactions that had a Dot-Com company as a             

target, the majority of the deals that came up were done during the so called 6th wave of                  

mergers. This involved the period after the recent “bubble” had burst and companies were              

recovering, namely during 2000-2007.  

As for mergers and acquisitions, the focus was on finding deals in which the target               

company was either a FinTech company or a Dot-Com in the merger wave at the turn of the                  

century. News and articles were helpful, but the list was mainly compiled by inserting a list of                 

Dot-Com and FinTech companies into the mergers and acquisition database, Zephyr. The results             

were then filtered manually based on the availability of the historical stock prices for the target,                

which were then gathered from Thomson Reuters. In some cases, due to lack of data in the                 

previously mentioned sources, Yahoo finance was used as a source for historical stock prices.              

Zephyr database was also used for data, such as deal value, names of financial advisors, method                

of payment and merger announcement date. The financial advisors are ranked based on league              

tables for the corresponding industry and period, available in Zephyr (Allen, et al., 2004). 

Using SIC codes (Standard Industrial Classification), we distinguish deals that can be considered             

more diversifying than others.  

The first two digit SIC codes indicate the major group of companies that the company               

belongs to in the specific industry where the company operates (Andrade, et al., 2001). The               

second two digits indicate a more narrower classification. Since most of the deals in our sample                

belong to the same industry in the broad context, we assign a dummy variable that takes value 1                  

if the targets and acquirers have the same first two digits in their SIC codes. 

The initial sample for mergers and acquisition was quite large but, due to missing data or                

multiple events occurring successively for some companies, the number of deals fell down             

considerably, with only  58  left in the final sample. 
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4. Methodology 

In order to test for the predefined hypothesis regarding IPO underpricing and abnormal 

returns to target, we use two different methodological approaches which are IPOs underpricing 

and event study. 

4.1. IPOs Underpricing 

Underpricing of IPOs is the percentage difference between first day closing price and the              

offering price of the IPOs and is calculated by using the following formula: 

nderpricing U =  Offering price
F irst day closing price − Offering price   

There are three main models and another extra model including the variable of reputation.              

The first model is the regression that tests for the effect of the year on the level of underpricing.                   

The regression will only include underpricing as dependent variable and all of the years from               

1995 to 2019, except 2000. We are using the year 2000 as our reference year in our model. 

Model 1: 

nderpricing α _1995 _1996 _1997 _1998U =  + β1 * Y + β2 * Y + β3 * Y + β4 * Y  

_1999 _2001 _2002 _2004 _2005+ β5 * Y + β6 * Y + β7 * Y + β8 * Y + β9 * Y  

_2006 _2007 _2008 _2009 _2010+ β10 * Y + β11 * Y + β12 * Y + β13 * Y + β14 * Y  

+ _2011 _2012 _2013β15 * Y + β16 * Y + β17 * Y _2014 _2015+ β18 * Y + β19 * Y  

_2016 _2017 _2018 _2019+ β20 * Y + β21 * Y + β22 * Y + β23 * Y + εt  

The second and the third model are structured to compare how underpricing determinants             

and time period affect the FinTech and Dot-com IPOs underpricing, in which model 2 is running                

with only the variables that determine the underpricing level of IPOs. In model 3, we will only                 

add the control variable of the years into the regression. 
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Model 2: 

nderpricing α F INT ECH D1 GEU =  + β1 + β2 US listed + β3 * A  

LN_MKT CAP LN_EXP+ β4 + β5 + εt  

Model 3: 

nderpricing α F INT ECH D1 AGEU =  + β1 + β2 US listed + β3  

LN_MKT CAP LN_EXP Y _1995 Y _1996 Y _1997+ β4 + β5 + β6 + β7 + β8  

Y _1998 Y _1999 Y _2001 Y _2002 Y _2004+ β9 + β10 + β11 + β12 + β13  

Y _2005 Y _2006 Y _2007 Y _2008 Y _2009+ β14 + β15 + β16 + β17 + β18  

Y _2010 Y _2011 Y _2012 Y _2013 Y _2014+ β19 + β20 + β21 + β22 + β23  

Y _2015 Y _2016 Y _2017 Y _2018 Y _2019+ β24 + β25 + β26 + β27 + β28 + εt  

Model 4: 

nderpricing α F INT ECH D1 AGEU =  + β1 + β2 US listed + β3  

LN_MKT CAP LN_EXP Y _1995 Y _1996 Y _1997+ β4 + β5 + β6 + β7 + β8  

Y _1998 Y _1999 Y _2001 Y _2002 Y _2004+ β9 + β10 + β11 + β12 + β13  

Y _2005 Y _2006 Y _2007 Y _2008 Y _2009+ β14 + β15 + β16 + β17 + β18  

Y _2010 Y _2011 Y _2012 Y _2013 Y _2014+ β19 + β20 + β21 + β22 + β23  

Y _2015 Y _2016 Y _2017 Y _2018 Y _2019+ β24 + β25 + β26 + β27 + β28  

REP UT AT ION+ β28 + εt  
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Table 1: IPOs regression variables definition 

Variable Definition 

UNDERPRICING The dependent variable refers to the percentage difference between the          

offering price and the closing price of the first trading day.  

FINTECH An independent variable, which is a dummy variable representing         

FinTech IPOs, where the value of 1 is taken from the FinTech IPOs,             

and value of 0 is for Internet firms. (Testing Hypothesis 2) 

US An independent variable, which is a dummy variable refers to the IPOs            

that listed in the US Stock Exchange. The value of 1 is assigned for the               

companies that were listed in the US Stock Exchange, and 0 otherwise            

(Testing Hypothesis 3). 

AGE 

ln(1 ge)][ + a  

The age of the company is an independent variable, measured by the            

difference between the company's establishment year and the IPOs         

year. The natural logarithms of one plus variable is taken. We expect            

the sign of age to be positive as suggested in the previous studies by              

Ritter (1991); Megginson and Weiss (1991); Bilson et al., 2003;          

Ljungqvist and Wilhelm (2003). 

LN_MKTCAP The market capitalization of the company acts as an independent          

variable in the regression. This variable is measured by the logarithm           

of the multiplication value between the number of shares outstanding          

and stock price. Market capitalization represents the size of the          

company, so we expect negative relationship with the underpricing as          
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this is the case in the previous research as well (Otero &            

González-Méndez, 2006; Loughran and Ritter 2004; Zhang, 2006). 

LN_EXP The expenses is an independent variable referring to the amount of           

money that company spends mainly on advisors and fees in doing the            

public offering. The expenses are scaled with proceeds and by taking           

the natural logarithm. Since previous research suggested that there is a           

positive relationship between expenses and underpricing Ritter (1987),        

we  expect the same result. 

REPUTATION An independent variable which is a dummy variable that gives the           

value of 1 if the underwrites has highest reputation ranking, and 0            

otherwise. We expect to see negative relationship for this variable as           

negative relationship was also presented in the previous studies (Cao,          

2010; Sharma & Seraphim, 2010; Wang et al. 2003) 

Y_XXXX An independent dummy variable. XXXX refers to the year of IPOs,           

which in this sample consist of the year between 1995-2019. The value            

of 1 is taken for the IPOs that listed on the referring year and 0               

otherwise.  
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Table 2: Descriptive statistics of IPOs data 
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4.2. M&A abnormal returns 

Evidence related to the performance of the company at merger announcement comes            

from traditional window event studies. Using average abnormal returns at merger announcement,            

it can be determined whether the merger has created value or not. 

Event study will be used to study abnormal returns for M&A. The abnormal return will               

be calculated and then using the regression we will test the effect of each factor on the returns. 

Estimation of abnormal and normal returns 

Event study methodology is considered to be quite efficient and easy to interpret             

MacKinlay (1997). 

Essentially, the investigation about the effect of an event (an announcement in this case)              

on a stock return consists of the calculation and testing of the statistical significance of the                

abnormal return, around the event date.  

The data sample is divided into two periods: 

a) The estimation period - the period used to measure the normal return. 

b) The event window - the period where abnormal returns are calculated.  

The length of these two periods varies among studies. Additionally, some choose to have a gap                

between the estimation period ending and the event window beginning, others do not. 
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Following the suggestion of MacKinlay (1997) who argue that in an event study using              

daily data, the estimation window should include no less than 120 days, in this thesis, the length                 

of the estimation window is 250 days. Essentially, normal returns are estimated using the returns               

from 255 days to 5 days before the announcement date of the merger. 

For the purpose of this estimation, two models are known to be used mainly: constant               

market return and the market model. The latter is a one factor model that takes into account the                  

correlation of the stock with the market. Hence, this approach is preferred relative to the constant                

model.  The market model  return equation is  as follows: 

                                         Rit = α i + βiRmt + εit                 ……………………....(1) 

Where:  

 Rit   - actual return for stock i at time t calculated as  

αi  ,  - stock specific coefficient : intercept 

Β -  stock specific coefficient : slope i.e., sensitivity to market. 

Rmt - return on market index , which is chosen depending on the types of companies and                 

geographical characteristics. 

εit - error term for stock i  at time t . 

Following equation (1), stock specific regression coefficient estimates are obtained by           

regressing their returns for the period specified as estimation period with the market index. In               

this thesis, mainly the S&P 500 was used as the market index since it most of the companies are                   

US based. The return on the index are used in the next step for the calculation of the expected                   

normal return in the event window. 

The abnormal return is then calculated as the difference between Rit, which is the actual                

return for stock i at time t, and the expected (normal) return. 

      ARit  = R it   - ( αi   + βiRm )     …………………...…………………….(2) 
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In order to test the effect of the events on the whole sample for the entire event window,                  

we move on to another step that needs to be undertaken. That is the calculation of the CAR -                   

cumulative abnormal return. 

The cumulative abnormal return is the sum of all abnormal returns along all the event window. 

 ……………………………………………………(3)AR(τ1; 2) RitC τ ∑
τ2

t=τ1
A  

It is used to measure the effect the event might have had in the stock performance. In this case in                    

particular, we tested whether the announcement of the acquisition contributes to any abnormal             

return that we might find to have occurred.  

Upon measuring CAR, a significance test is then performed to confirm the reliability of the               

result. 

Specifications 

The first model is constructed so that it isolates the effect that different points in time can have                  

on stock performance around announcement date. This is done to provide insight about the effect               

potential merger waves and hot markets can have on the dependent variable.  

Model 1: 

AR (τ1; τ2) i  α Y _2001 Y _2002 Y _2003 Y _2004C  =  + β1 + β2 + β3 + β4  

Y _2005 Y _2006 Y _2008 Y _2009 Y _2010+ β5 + β6 + β7 + β8 + β9  

Y _2012 Y _2013 Y _2014 Y _2015 Y _2016+ β10 + β11 + β12 + β13 + β14  

+ Y _2017 Y _2018 Y _2019β15 + β16 + β17 + εt  

Moving on to the second model, the 5-day CAR is regressed against the main independent               

variables of interest, that is, the FinTech dummy representing these companies and also a number               

of firm and deal specific variables that empirical evidence suggests as relevant. These variables              

include method of payment, market capitalization, industry relatedness, alongside leverage as           

well. The ranking of financial advisor has missing data for a couple of deals, that is why it is not                    
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included in model 2, but instead it appears as a regressor in a new specification, namely model 4.                  

Consequently, model 4 is the one where all the deal characteristics are included, but the number                

of observations is lower. 

Model 2: 

CAR (τ1; τ2) i  =  + β1 FINTECH + β2  METHOD + β3 INDUSTRY +  β4 LN_MKTα  

 + β5 LIAB_ASSET + εi 

In model number 3 and 4,  year dummy variables are included alongside the deal and firm 

specific variables. The purpose is to compare how time effects can assist in explaining the CAR 

of FinTech and Dot-Com companies, respectively.  

Model 3: 

CAR (τ1; τ2) i  =  + β1 FINTECH + β2  METHOD + β3 INDUSTRY +  β4 LN_MKTα  

 + β5 LIAB_ASSET +Y_2000+Y_2001+Y_2002+Y_2017+ εi 

Model 4: 

CAR (τ1; τ2) i  =  + β1 FINTECH + β2  METHOD + β3 INDUSTRY +  β4 LN_MKTα  

 + β5 LIAB_ASSET +ADVISOR+Y_2000+Y_2001+Y_2002+Y_2017+ εi 

 

 

 

 

 

 

 

30 



 

Table 3: M&As regression variables definition 

Variable Definition 

CAR Cumulative abnormal return of target firm is the variable of interest (the            
dependent variable). The event window consists of 11 days, including          
the event date. 

FINTECH A dummy variable that takes on value of 1 if the company belongs to              
the FinTechs sample. 

METHOD A dummy variable that takes value of 1 if the purchase is at least partly               
financed by equity and zero otherwise. 

INDUSTRY A dummy that takes value of 1 if the companies involved in the             
transaction have first  2 different digits in their SIC codes. 

LN_MKT The logarithmic value of target’s market capitalization at the fiscal year-           

end prior announcement. 

LIAB_ASSET Total liabilities to total assets ratio at the fiscal year-end prior           
announcement. 

ADVISOR Highly ranked financial advisor: a dummy variable that takes on a value            
of 1 if the target’s financial advisor is highly ranked, 0 zero otherwise.             
Allen et al., (2004), analyzed the role of this intermediary that plays a             
part in the certification effect. They find that deals that have a top-tier             
financial advisor in either side of the transaction contribute to higher           
value creation. 

Y_XXXX A dummy variable where XXXX refers to the year of M&As           
announcement, which in this sample consist of the year between          
2000-2019. The value of 1 is taken for the M&A that are announced on              
the referring year and 0 otherwise.  
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Table 4: Descriptive statistics of M&As data 
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4.3 Diagnostic testing 

For the linear regression, however, before running it, finding and interpreting the level of              

significance of each independent variable, a few assumptions have to hold (Brooks, 2014).  

E(ut) = 0 

var(ut) = σ2  < ∞ 

cov (ui , uj) = 0 

cov (ut ,xt) = 0 

ut  ~  N(0 , σ) 

First and foremost, the assumption about the mean of the regression residuals have is that               

it is zero. However, as long as there is an intercept term included, there is no need to test for this                     

as it equals zero by construction in OLS. (Brooks, 2014) 

The other assumption is that the variance of the residuals is constant i.e there is               

homoscedasticity. Multiple tests are available for use, such as that by breusch-Pagan-Godfrey,            

White’s test, Goldfeld-Quandt etc.  

Furthermore, if observed collinearity is higher than 0.8 between independent variables , it             

should be accounted for by taking logarithm or first differencing. 

Autocorrelation of residuals can only be a problem if the data is time-series.  

Non-normality of the data is also considered as a violation, however, according to the              

central limit theorem, it is negligible when the sample is large enough (LaMorte, 2016).              

Nonetheless, it can be accounted for by transforming the variable into natural logarithm,             

winsorizing, using dummy variables for or removing any outliers that seem to cause the non               

normality in the first place.  

Violation of these assumptions leads to incorrect inference and bias, therefore, they need             

to be accounted for. 
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5. Empirical Results & Discussion 

5.1 IPOs Underpricing 

Table 5: Univariate test results 

 

Table 5 shows that levels of underpricing between FinTech IPOs and Internet IPOs are              

extremely different. The level of underpricing of Internet IPOs is approximately 155 percent             

higher than the level of underpricing of FinTech IPOs. This is due to the fact that the sample of                   

dotcom IPOs mainly consist of IPOs during the bubble, which leads to a very high underpricing                

level. The results also strongly reject the hypothesis of no difference in mean between the two.                

The test hypothesis is rejected at the 1 percent significance level.  

Table 6: Summary of average underpricing 
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Table 6 shows the average level of underpricing during each period of time. During the               

time of the dot-com bubble, 1994-1999, the period consists of 80 IPOs observations in which 74                

observations are Internet IPOs and 6 observations are FinTech IPOs. This period has the highest               

combined average level of underpricing of approximately 176 percent. If we do not take into               

account the differences in number of observations, the dot-com IPOs during this period are about               

140 percent higher than the FinTech IPOs.  

During 2000, the time when the bubble burst, the average underpricing is 139 percent,              

which is the second highest. We have only one sample of FinTech IPOs and 27 dot-com samples                 

in this period. Again, the dot-com IPOs has higher level of underpricing, but at a lower                

percentage. This is because the bubble burst took place in the first quarter of the year, during                 

March 2000, when the US stock market reached its peak (Whitefoot, 2017). After the bubble               

burst, the market experienced a downturn, thus the level of underpricing started to decrease.  

After the dot-com bubble burst, the average level of underpricing went down drastically             

to only 10 percent. However, this is with the limitation that the observations during this period                

and after consist of FinTech companies only. The number of observations is 26 FinTechs IPOs               

for this period. 

During the FinTech boom, starting from 2008, the level of underpricing has increased to              

almost 21 percent, averaged from 100 FinTech IPOs. Again, if we compare the period of               

FinTech boom and the period of internet bubble, we can clearly see that the levels of                

underpricing between these two periods are incomparable. However, FinTech underpricing level           

in general is still higher than the average overall US underpricing of IPOs between the year                

2008-2018 except for 2013, which has the underpricing level of 20.9 percent (Ritter, 2018). As a                

result, the FinTech IPOs are slightly more underpriced than the overall market. 
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Multivariate regression results 
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Before commenting on the result, we have performed diagnostic and specification testing            

for all of our models in order to ensure that the model does not violate assumptions of Ordinary                  

Least Squares regression method.  

Heteroscedasticity, normality and the collinearity have been checked. All of our models            

do not reject the null hypothesis of homoscedasticity except the second model where the null               

hypothesis is rejected at 5 percent level. Therefore, the White robust standard errors has been               

used in order to correct the standard error of this model.  

Jarque-Bera test of normality of residual is not needed for this data sample as the central                

limit theorem applies. Also, there is no suspicion of endogeneity between our independent             

variables, thus, we assume exogeneity for all of our variables. Correlation matrix is also used in                

order to check for multicollinearity, and we found that near multicollinearity is not a problem for                

our model.  

The first model tests for the effect of the level of underpricing during each year by using                 

the year of 2000, the year of the bubble burst, as our reference year. The result shows that during                   

the bubble, the underpricing level is higher than that during the period after the bubble burst                

(2001-2007), and also higher than the period after the boom of FinTech (starting from 2008).               

The results are in line with the statistics provided by Ritter (2018), which shows that the                

underpricing level of IPOs reached the highest percentage during 1999, in which year our              

coefficient shows positive sign with the statistical significant level of one percent. In addition,              

significant negative coefficient appears for all of the years after 2000, except 2004 which has               

insignificant coefficient. These results confirm our hypothesis that the underpricing level is            

higher during the period of dot-com bubble than the period of the FinTech boom. 

In model 2, which includes variables that are expected to affect underpricing level, the              

result shows that the dummy variable of FinTech IPOs is significant at one percent level with a                 

negative coefficient sign, meaning that FinTech IPOs are less underpriced than dot-com IPOs,             

which is consistent with our second hypothesis. Since the period of FinTech companies boom              

comes after the period of dot-com bubble, the experience from the internet bubble should have               

given investors and underwriters a lesson. Therefore, they supposedly should have more caution             

regarding the underpricing problem.  
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The second hypothesis is also confirmed when adding the control variable of year in              

Model 3. Similarly, it shows a negative relationship between the dummy variable for FinTech              

and the level of underpricing, with the significant level of one percent. However, the coefficient               

of FinTech’s dummy is lower when we use the year 2000 as our reference year. This is because                  

the level of underpricing is relatively high during 2000, which is the year that the bubble burst.                 

The only significant year’s dummy is the year of 1999, with the significant level of one percent                 

and it has a positive sign of coefficient. This implies that the IPOs during the year of 1999 and                   

2000 are highly overvalued, especially for the dot-com companies, which is in line with the fact                

that the highest average level of underpricing falls during 1999 and 2000. The average level of                

underpricing for 1999 is 73 percent and the average level of underpricing for 2000 is 89 percent.                 

The combined underpricing level of IPOs for these two year is 89 percent (Ljungqvist &               

Wilhelm, 2003), which is the highest compared with the average underpricing level between             

1960-2018 (Ritter, 2018). 

Regarding the US listed companies, the results turn out to be insignificant in both model               

1 and model 2. Therefore, we are unable to make a conclusion for our third hypothesis, whether                 

US listed IPOs have a positive relationship with level of underpricing or not.  

Other determinant variables for underpricing are also included in the regression. One of             

them is the company age, which refers to the difference between the founding date and IPO date.                 

The results are as we expected: the firm age is negatively related to the IPOs underpricing level.                 

This is explained by theories regarding information asymmetry. Since the value of the younger              

companies is difficult to estimate due to the lack of information available, underpricing is more               

likely to be the case (Muscarella and Vetsuypens, 1989). Consistent with other findings from the               

studies done by Megginson and Weiss (1991), Bilson et al., (2003), and Ljungqvist and Wilhelm               

(2003), the negative relationship between company age and the underpricing level is present in              

this sample as well. However, when we also control for the year, with 2000 as reference, the age                  

turns out to be insignificant, with only 1999 significant and 2000 as a reference year this implies                 

that during the period of the peak of Dot-Com bubble, the company age does not explain the                 

level of underpricing. 
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The size of the company, which is measured by market capitalization, is significant at one               

percent level, and it has a positive relationship with the level of IPOs underpricing. The results                

turn out to be opposite from our expectation. Normally, the size of the company should have                

negative relationship with the underpricing level as large companies are consistently being            

monitored, and small companies tend to have smaller gains after the IPOs, therefore, there is less                

interest in gathering information of small firms, and absent of information leads to underpricing              

(Zhang, 2006).  

However, the results are still in line with most of the previous researchers. Some studies               

found that in regards to the level of underpricing and market capitalization, the relationship              

between these two turns out to be positive. This is because the companies that have small market                 

capitalization tend to grow with only small profits, which makes it less sensitive to investor               

sentiment (Baker and Jeffrey, 2006). 

We assume that expenses related to going public have positive relationship with             

underpricing level. However, the results show insignificant coefficient for all models except            

model 4. In model 4 the coefficient is significant at 10 percent level, and the sign is positive,                  

which is in line with previous research’s result done by Ritter (1987) that presented positive               

relationship between the two. 

Lastly, the underwriter reputation is also included as a variable. We expected the             

underwriter reputation to be negatively related to the underpricing, but again the coefficient             

shows insignificant coefficient. Therefore, with our sample, results suggested form the previous            

researches of Wang et al. (2003), Sharma & Seraphim (2010), and Cao (2010) will not be                

confirmed. 
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5.2 M&As  

Univariate test results  

The Cumulative Abnormal Return for both groups of companies results to be statistically 

significant at all levels.  

 

Since our aim is to determine whether the market, stock returns in this case, react               

similarly for both groups, we perform the t-test for two independent means. The test statistic               

result means that the average cumulative abnormal return for FinTechs is not statistically             

different from that of Dot-Com companies, considering both of them on the target side of the                

merger deal.  

Refering back to average abnormal return to targets ranging from 16%-25% mentioned in             

the literature review, it is clear that both groups have a large average which proved to be                 

significant. The average CAR for the Fintech surge in M&A is high, statistically significant and               

compared to that of the merger wave of dot-com, the null hypothesis of no difference is not                 

rejected.  

 

Multivariate regression results 

Following the univariate tests, we go on to conduct a multivariate regression analysis.             

The preliminary step is to test for possible Ordinary Least Squares assumption violations             

(Brooks, 2014). Testing for normality is not necessary because the Central Limit Theorem (CLT)              

applies in samples with observation number higher than 30. Therefore, none of the models              

violate any of the assumptions. 
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It is of interest to point out that the historical statistics show that mergers were less                

prevalent during the Dot-Com boom compared to recent years. Back then start-ups, mainly chose              

to go public in order to break into the industry, raise capital, and grow. In recent years, however,                  

M&A is prefered to IPOs (Statiata, 2019). Nonetheless, FinTech companies’ merger deals follow             

a similar pattern (KPMG, 2018). 

Because of the aforementioned reasons, our sample consists of only a fraction of             

Dot-Com companies that were acquired during the burst of Dot-Com bubble and after, whilst the               

Fintech sample is set from 2009. Hence, in contrast to the underpricing analysis done in the part                 

preceding this section of the thesis, a clear comparison of the level of cumulative abnormal               

return of FinTechs firms during their “boom” of these firms and Dot-Com companies during the               

bubble period cannot be done.  

However, the remaining part of the Dot-Com sample consist of deals that were             

announced during the 6th merger wave whilst Fintech companies are experiencing a surge in the               

number of deals as well. So, all in all, the comparison still stands to some degree because both                  

the sample of interest and the control group are set in times of similar market conditions. 

The first model shows results from the linear regression for the whole sample regarding              

only time effects. The probability of the F-statistics cannot be rejected, which shows that the               

overall regression is not the best fit for the sample. Following that, conclusive comments about               

time effects cannot be made. However, the reason behind this outcome can be because of the low                 

degrees of freedom left, as there are 17 dummy variables and only 58 observations. Nonetheless,               

once we disregard that, we make use of the significant year-dummies for further variable testing               

in model 3 and 4. 

 Next in table 9, the outcome of the second model is shown. This model, which consists of                 

only deal and firm specific characteristic variables as explanatory variables, has a high marginal              

level of F-test, meaning that the F-test is not significant. Therefore, we cannot say anything               

regarding the effect that such variables have on the level of 5 day CAR. 

Model 3 is where we control for time effects. As it appears in the table, the main                 

independent variable of interest, FinTech, is significant at 5 percent level. As expected, FinTech              

target companies experience positive abnormal returns around the announcement date of merger. 
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The other two variables that show to be significant even at a higher significance level, are 2000                 

and 2017. Because of the limited overlap between the two samples of companies, the “reference”               

firm is a Dot-Com company acquired in any year except 2000. The intercept is positive,               

implying that the reference’s CAR is positive as well. The coefficient on 2000 shows that firms                

acquired in this year, that is Dot-Com companies only, gave higher CARs. As noted previously,               

because of the lack of overlap between the two samples, the Fintech and 2017 dummy variables                

represent these firms exclusively. Consequently, the sign of the FinTech shows that FinTech             

firms acquired in any year except 2017 gave higher CAR than the reference companies, but still                

lower than the Dot-Coms of 2000, as the lower coefficient implies. Finally, the remaining              

FinTech companies, namely those that were acquired in 2017 gave a CAR which is on average                

0,155-0,263 =-0,108, that is lower than the reference. 

In addition, the dummy 2000 representing the year with the most merger announcements             

for Dot-Com companies is significant as well. There is evidence for high M&A during 2000 is                

presented in the statistics of M&A between 1985-2018 for software and telecommunications            

industries, which mostly consist of internet companies (IMAA, n.d.). The variable has the             

highest coefficient in regression after the intercept and it is significant at five percent level. This                

implies that the level of abnormal returns to target at merger announcement were affected from               

the overall market conditions surrounding that period, which is in line with the theory about the                

correlation between market valuations and merger waves (Rhodes-Kropf & Viswanathan, 2004).           

The only other year dummy that appears to be significant is 2017, which involves deals of                

FinTech only. Evidence on 2017 shows even higher growth in M&A activity of FinTechs              

compared to previous years (KPMG, 2019). The regression outcome can suggest that market mis              

evaluations might as well have been the driver behind FinTech increased M&A activity.  

Other determinants of CAR such as method of payment, industry relatedness, leverage            

and market capitalization are included as well.  

The 5-day CAR shows a statistically significant negative relationship with equity           

financed deals. As suggested by Jensen (1986) and confirmed by Huang and Walkling (1987),              

purchases done by equity on average perform worse than cash financed ones.  
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Alexandridis et al (2012), suggest that investors might be skeptical about the possibility             

of realizing synergies, considering the difficulties of acquiring large companies. However, we            

cannot make any inference regarding the proxy for target size, that is market capitalization, as it                

shows to be insignificant. Similarly, results for the dummy variable of industry relatedness and              

leverage show insignificant coefficients.  

In model 4, the results of the regression with the additional explanatory variable             

representing deal financial advisor to target are shown. Further interpretation cannot be made as              

the regression probability of F- statistics is very high. 

Additionally, in Appendix 1, the result of a regression containing all the independent and              

control variables altogether is presented. The probability of F-statistic is higher than 10%, thus              

showing that the overall model fails to explain anything. Accordingly, we conclude that this              

specification cannot be used to comment any further. We believe that, again, the low degrees of                

freedom after including so many variables is what makes this model not significant.  
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6. Conclusion & Limitations 

Using two different methods, this study compares the FinTech and Dot-Com companies            

with the assumption that they might be valued similarly. The assumption is based by drawing a                

parallel between historical evidence on highly overvalued Dot-Com companies and current           

market perception of FinTechs. Accordingly, underpricing level of IPOs and abnormal returns at             

merger announcement are used as indicators of potential overvaluation.  

To conduct the test, we use a total sample of 292 companies, 234 of which belong to IPO                  

transactions during the period of 1995-2019 and 58 M&A deals done between year 2000-2019.  

Our research demonstrates that, for the valuation of the companies using IPOs            

underpricing approach, the level of underpricing of IPOs for these two types of industries is               

significantly higher during the period of the internet bubble. Thus suggesting large valuation             

difference between the two is present.  

Regarding the M&A transactions, results are mixed. Univariate tests suggest that there            

seems to be no difference of valuation between these two types of companies. However, results               

from further testing point towards a similar output as tests of underpricing suggest. 

The overall tendency of the outcome of this research is that in the market, these two                

industries are not perceived as similarly as assumed. 

Limitations 

The data was obtained from various sources so there might be inconsistency, despite the regular               

checks. Lack of enough observations for the M&A tests may have also limited the research               

regarding reliability of results. For further study, we would suggest to include private FinTech              

companies in the sample for the M&A tests, as well.  
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Appendix 1. Dependant variable: Cumulative abnormal return 
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Appendix 2. Pairwise correlation matrix of independent variables in the IPO’s sample 

 

Appendix 3. Pairwise correlation matrix of independent variables in the M&A’s sample 
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