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Research Question How do customers perceive different AI-based chatbot features in regards to 
their customer experience in e-commerce?

Research Aim The aim of the study is to explore how customers perceive various AI 
chatbot features and how these perceptions in turn affect the online 
customer experience. By doing so, it seeks to uncover valuable insights on 
how AI chatbots features have to be deployed to improve customer 
experiences in e-commerce. 

Theoretical 
Framework

A conceptual framework was produced which has been derived from the 
synthesised findings of prior research alongside with the findings of the 
study. It visualises the interrelations between AI chatbot features, customer 
perceptions and effects on the online customer experience.

Methodology The research consists of a qualitative study using an abductive approach. 
Primary data has been collected through interviews with Swedish consumers 
from generation Z with diverse viewpoints on chatbots. 

Findings Five AI chatbot features were identified as relevant in e-commerce contexts, 
namely interface, functionality, personalised recommendations, data safety 
and language style. These features were shown to influence customer 
perceptions of AI chatbots. High perceived usability and usefulness were 
found to result in a positive online customer. Contrary to this, the perceived 
privacy risk needs to be low to result in a positive customer experience. For 
perceived human-likeness there is a need to find a balance where the 
chatbots are perceived to have the right level of human-likeness to result in 
a positive customer experience. The customer perceptions were shown to 
have positive and negative effects on the customer experience. Finally, two 
influencing factors, experience with using AI technology and attitude 
towards data privacy, were shown to influence the customer perceptions. 

Managerial and 
Theoretical 
Implications

Understanding customer perceptions is essential for optimising chatbot 
deployment. This study offers a holistic perspective on AI chatbot features 
effects on customer perceptions and experience and contributes to the 
understanding of how chatbots can either enhance or diminish the customer 
experience.
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1. Introduction

This chapter begins by providing the context of this study and articulating its overarching 

aim and objectives leading to the research question. Subsequently, it transitions into 

explaining the research scope, and ends with outlining the structure of this report.

1.1 Background 

In today's digital age, traditional shopping patterns have diminished as customers 

increasingly lean towards online platforms for their purchases (van Gelder, 2024). 

Simultaneously, advancements in Artificial Intelligence (AI) have brought significant 

changes in e-commerce. With the increasing online customer base, there is a growing interest 

among online retailers in using AI solutions to engage with their customers online. 

Consequently, companies are increasingly integrating emerging technologies like AI-based 

chatbots to streamline interactions and offer support to their customers. With their capacity to 

automate routine tasks and handle a wide range of customer queries, chatbots offer a 

cost-effective alternative to traditional customer support methods (Gökçearslan, 2024). By 

leveraging AI technologies, they have the potential to extend beyond traditional customer 

service roles and assist throughout the entire online customer journey. They can assist 

customers in real-time, resolve issues efficiently and provide personalised product 

recommendations (Chen et al. 2021; Daza et al. 2023). The advancements in conversational 

AI techniques such as Natural Language Processing (NLP) enable chatbots to 

comprehensively grasp customers' inquiries and automate responses in a manner that is 

seamless and natural (IBM, 2024a). 

The importance of chatbots in e-commerce becomes evident when considering their potential 

to heavily reduce costs associated with customer service. Unlike human agents, chatbots 

operate 24/7 without the need for breaks, overtime pay or additional resources (Daza et al. 

2023). They can handle large volumes of inquiries simultaneously, ensuring quick responses 

and consistent service delivery (Daza et al. 2023). Moreover, chatbots have the ability to 

scale seamlessly with growing customer demand, allowing businesses to meet the needs of 

their expanding customer base without significant increases in overhead costs. This 

scalability is particularly advantageous in today's digital era, where customer expectations for 

instant and personalised service are higher than ever before (Chen et al. 2021; Daza et al. 

2023). According to a customer service study by Zendesk (2020), close to 60 % of customers 
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identify long waiting times as the most frustrating aspect of customer service experiences. 

Conversely, customers highly appreciate the prompt, efficient, and always accessible 

responses provided by chatbots. Several studies have indicated that incorporating a chatbot 

into a website has a beneficial impact on the customer experience (Hoyer et al. 2020; Trivedi, 

2019; Yen & Chiang, 2021). The importance of enhancing the customer experience becomes 

evident by having the possibility to increase customer loyalty and drive sales (PWC, 2018; 

Rose et al. 2011). 

1.2 Problematization

Reducing costs is undoubtedly a significant goal for businesses, but it is crucial to recognize 

that cost reduction should not come at the expense of customer experience. As customer 

experience strongly influences purchasing decisions, any changes in customer support 

methods, such as implementing AI chatbots, must be carefully evaluated to prevent any 

negative impact on customer satisfaction and ultimately, sales (PWC, 2018; Rose et al. 2011). 

Therefore, it is imperative to investigate how customers perceive AI chatbots and the various 

aspects of their functionality. Understanding these perceptions is vital to ensuring that the 

integration of chatbots into customer service processes results in a positive outcome for both 

businesses and their customers.

Despite the growing popularity and widespread implementation of chatbots in e-commerce, 

there remains a significant gap in the literature regarding how customers perceive AI chatbots 

and how this might impact their customer experience. While the influence of chatbots on 

related customer constructs such as customer satisfaction, customer loyalty or chatbot 

adoption has been subject of a large body of quantitative studies (e.g. Baabdullah et al. 2022; 

Cheng & Jiang, 2020), only a few studies have attempted to examine AI chatbots in 

connection with online customer experience (e.g. Chen et al. 2021; Jiménez-Barreto et al. 

2021; Kushwaha et al. 2021). Furthermore, the majority of research conducted in the field of 

AI chatbots and consumer behaviour is of quantitative nature, leaving a notable gap in 

qualitative research within the AI chatbot literature. This calls for studies that contribute to a 

deeper comprehension of human-AI interactions by providing rich qualitative insights. 

It is also important to recognize that AI chatbots have various inherent characteristics or 

features such as the interface or product recommendations which might yield different 
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outcomes on customer experience. A large number of studies in this area concentrate solely 

on one chatbot feature such as the language style of chatbots (e.g. Li & Wang, 2023; Nguyen 

et al. 2023; Zhu et al. 2023). While these studies provide valuable insights, they neglect the 

interplay of these features when customers interact with and perceive chatbots. Therefore, 

there is a call for research investigating chatbot features through a holistic point of view 

(Landim et al. 2022). Given the rapid progress of AI technology, there is also a need for 

research that encompasses the new generation of AI chatbots with their latest features such as 

AI-powered personalised recommendations.

With the purpose of addressing these gaps, this qualitative study seeks to gain a deeper 

understanding of customers' perceptions of AI chatbot features and their effects on the online 

customer experience. These considerations led to the following research question:

RQ: How do customers perceive different AI-based chatbot features in regards to 

their customer experience in e-commerce?

By addressing several distinct AI chatbot features, this study intends to contribute to the 

current chatbot discourse by adopting a holistic perspective and closing an important gap in 

the existing body of chatbot literature. The gained insights can inform strategic decisions for 

businesses navigating the complexities of customer experience during the online customer 

journey. These insights delve into qualitative aspects of customer perceptions and experiences 

that go beyond the insights that can be captured through routine data analytics. For online 

retailers considering the implementation of chatbots, this study can support businesses facing 

questions on how to design and program features such as interface or product 

recommendations in order to create value and improve customer experiences. For businesses 

that have already implemented chatbots in their online shops, this study can inform 

optimisation strategies. 
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1.3 Aim and Objectives 

This qualitative study aims to explore how customers perceive various AI chatbot features 

and how these perceptions in turn affect the online customer experience. By doing so, it seeks 

to uncover valuable insights on how AI chatbots features have to be deployed to improve 

customer experiences in e-commerce. 

Consequently, this study endeavours to achieve the following research objectives. First, it 

seeks to identify relevant features of AI chatbots through an extensive review of the existing 

chatbot literature to inform the selection and definition of these features. Second, it aims to 

explore how customers perceive these distinct features and how these perceptions affect the 

online customer experience. To accomplish this, a qualitative study will be conducted with 

interviews, to gain detailed insights about customers’ perceptions and customer experiences 

in the context of e-commerce. Third, the study intends to derive a conceptual framework 

based on the empirical findings to better understand the interrelations between the AI chatbot 

features, the customer perceptions and the customer experience. This will include a thorough 

analysis of the gained qualitative data in the light of the existing knowledge from the existing 

chatbot literature. Lastly, the study aims to draw conclusions on how the AI chatbot features 

can enhance online customer experiences by providing practical recommendations on how to 

deploy the AI chatbot features in e-commerce settings.

1.4 Scope and Delimitations 

When investigating chatbots it is important to note that not all chatbots are equipped with AI 

technology. This research study focuses on text-based AI chatbots in e-commerce settings 

which constitute the newest generation of chatbots. Several terms are used interchangeably in 

this study. This applies to AI-based chatbots and AI chatbots, e-commerce chatbots and 

chatbots. When discussing the customer's viewpoint, online shopping experience is 

considered synonymous with online customer experience. A choice was made to focus solely 

on customers belonging to Generation Z (Gen Z) due to them growing up in the digital age, 

making them accustomed to various technological tools. Additionally, their anticipated 

substantial influence on the future of e-commerce further underscores the relevance of 

examining their behaviours and preferences. 
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Depending on the underlying technology of chatbots they also possess different features. 

Features refers to the distinct characteristics or attributes of chatbots. This study concentrates 

on features found to be most prevailing in AI chatbots. Therefore, this study does not provide 

a complete literature review of all chatbot features, instead it focuses on the most 

predominant features found in the chatbot literature. This study investigates customer 

perception and online customer experience when interacting with AI chatbots in an 

e-commerce setting. In this study, e-commerce encompasses the sale of products over the 

internet. E-commerce chatbots for services such as, for example, banking or airlines will be 

excluded.

Several definitions have been established to ensure clarity and understanding of various 

concepts. The adopted definition for customer perception is the overall impression 

individuals form from their interactions with products, services, and businesses (Carbone & 

Haeckel, 1994). When discussing customer experience in this study, the adopted definition 

encompasses the overall impression individuals form from their interactions with products, 

services, and businesses (Carbone & Haeckel, 1994). 

1.5 Outline of the Thesis

The thesis consists of six chapters, with each chapter further divided into subsections. This 

introductory chapter sets the stage by contextualising chatbots and customer experiences in 

e-commerce. Following this, it outlines the aims, objectives and the delimitations of this 

study. In the second chapter, an overview is presented of prior studies encompassing theories 

and concepts relevant to the research question of this paper. This encompasses discussions on 

AI chatbots, customer perceptions, customer experience and AI chatbot features. 

Additionally, chapter two introduces the author's tentative conceptual framework which 

guides the study and concludes with a summary of the chapter's key points. In the third 

chapter, the methodology, the methods used for the study are described including the research 

approach, design, data collection and data analysis. The fourth chapter presents and 

summaries the empirical results gained through the qualitative study descriptively. Chapter 

five comprises the analysis and discussion of the presented results. The findings will be 

analysed and discussed with reference to the literature to answer the research question and 

fulfil the study's formulated aims and objectives. In the six concluding chapter, the findings 
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will be summarised, followed by a discussion of the managerial and theoretical implications 

of these findings. The chapter will conclude with limitations and suggestions for future 

research in the field of AI chatbots and customer experience. References and appendices can 

be found at the end of the thesis.

2. Literature Review

This section starts by introducing AI chatbots in e-commerce. It transitions into an 

examination of customer perceptions and experiences within the e-commerce landscape. 

Subsequently, the focus shifts to AI chatbot features, including chatbots’ interface, 

functionality, personalised recommendations, data safety and language style. The section 

concludes by presenting a tentative framework derived from the synthesised findings of prior 

research.

2.1 AI Chatbots in E-Commerce 

The rapidly changing landscape of e-commerce, driven by technological advancements, has 

prompted the integration of chatbots as means to enhance customer engagement and 

streamline shopping experiences (Wang et al. 2023). To gain an understanding of how 

chatbots can enhance customer experiences in e-commerce it is important to explore their 

definition, types, functionality and their various uses within the industry. 

2.1.1 Definition and Types of Chatbots

Artificial Intelligence is the underlying technology that allows computer programs, such as 

chatbots, to replicate human intelligence and problem-solving skills (IBM, 2024b). Shawar 

and Atwell (2007, p. 29) define chatbots as “computer programs that interact with users using 

natural languages”. The term bot in chatbot comes from robot and refers to chatbots being 

intelligent systems that robotically engage with users similar to human beings (Baabdullah et 

al. 2022). Not all chatbots are equipped with AI, but modern chatbots increasingly use 

conversational AI techniques such as NLP (IBM, 2024a; Li & Wang, 2023). NLP enables 

chatbots to understand and interpret human language, and as a result, to respond to user 

queries in a more natural way (Casheekar et al. 2024).
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The idea of chatbots goes back to Alan Turing's proposition of the Turing Test in 1950 

(Adamopoulou & Moussiades, 2020), originally called the “imitation game” (Turing, 1950, p. 

433). Turing questioned whether a computer program could converse with humans without 

them realising it was a machine (Turing, 1950). The first chatbot, named ELIZA, was created 

in 1966 and mimicked a psychotherapist by formulating questions based on users' statements 

typed into a computer (Weizenbaum, 1966). Since then chatbots have gone through a 

significant evolution (Adamopoulou & Moussiades, 2020). A recent advancement in chatbot 

technology marked the introduction of ChatGPT by the company OpenAI in 2019, which was 

specifically designed for a human-like conversation (Christou et al. 2024).

Today, there exist several different types of chatbots that are employed in e-commerce. A 

general distinction can be made based on the complexity of their functionality, categorising 

them into rule-based and AI-based chatbots (Church, 2023). Rule-based chatbots function on 

a set of rules pre-defined by the developers to understand and respond to user queries. This 

type of chatbots are typically utilised for answering Frequently Asked Questions (FAQ) 

where combinations of question and answers are pre-defined (Church, 2023). While 

rule-based and menu- or button-based chatbots are relatively easy to implement and can 

efficiently handle simple interactions, their capability to manage complex conversations is 

limited (El-Ansari & Beni-Hssane, 2023). 

AI-based chatbots go a step further and employ a variety of AI technologies such as Natural 

Language Understanding (NLU) to understand all important contextual information from the 

user’s input, making the conversation run more smoothly and conversationally (Church, 

2023). Some AI chatbots also use machine learning algorithms which allow them to self-learn 

based on user interactions to improve their responses over time. A subset of AI-based 

chatbots are generative AI chatbots which represent the most advanced level of chatbot 

functionality (El-Ansari & Beni-Hssane, 2023). These chatbots are trained on large datasets 

of text and can generate responses from scratch. This way, generative AI chatbots can handle 

more complex and open-ended questions, but also use more computational power and are 

more difficult to develop and maintain. 
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2.1.2 Function and Architecture of AI Chatbots 

To understand how AI-based chatbots can be deployed in e-commerce it is useful to look at 

how chatbots understand and answer a user's query. Figure 2.1 shows the general architecture 

of a chatbot adopted from Casheekar et al. (2024) and tailored to an example query in an 

online shopping context. As shown in the illustration, the chatbot architecture consists of 

three key components: the NLU module, the Dialogue Manager and the Natural Language 

Generation (NLG) module. 

According to Casheekar et al. (2024) the NLU module’s function is to understand the user's 

query. This involves deconstructing it into its elements like words, phrases, and punctuation. 

It also tries to understand the query's intent, determining, for example, whether the user is 

having a question, a request, or giving information. The Dialogue Manager is keeping track 

of the ongoing conversation, including the user's questions and the chatbot's responses to 

determine the appropriate way to address the user's next query. Meanwhile, the NLG module 

is responsible for generating an adequate reply. It uses the information from the chatbot's 

knowledge base and the information of the Dialogue Manager to generate a response that is 

relevant and understandable for the user.
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Figure 2.1 General Architecture of AI-based Chatbots (created by the authors, adopted from 

Casheekar et al. 2024)

2.1.3 Uses of AI Chatbots in E-Commerce

As online shopping continues to grow, an increasing number of retailers are recognizing the 

potential of chatbots and integrating them into their e-commerce platforms (Li & Wang, 

2023). Traditionally, these chatbots are employed in customer service roles to handle 

straightforward inquiries and frequently asked questions. The Swedish online retailer IKEA, 

for example, developed the chatbot Billie for this purpose (Ingka Group, 2023). It acts as an 

initial touchpoint for customer interactions, facilitating access to human service agents and 

providing support outside of standard business hours. 

However, with the advancement of generative AI, chatbots are evolving more and more into 

interactive shopping assistants. An example is Amazon’s generative AI chatbot Rufus which 

was launched in February 2024. It is employed as a shopping assistant and is trained on 

Amazon’s product assortment, customer reviews, community questions and information from 

the internet (Amazon, 2024). It can not only handle queries but can also compare and 
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recommend products, enhancing the online shopping experience and offering greater value to 

consumers (Amazon, 2024). 

Another example of an online retailer that uses a generative AI chatbot is the fashion retailer 

Zalando with their AI Fashion Assistant (Zalando, 2023). The Zalando chatbot is connected 

with a publicly available interface from the company OpenAI and offers customers product 

recommendations and fashion or beauty related advice (Zalando, 2024). As generative AI is 

still in the early stages both chatbots of Amazon and Zalando are still in beta-phase and are 

only available for certain countries (Amazon, 2024; Zalando, 2023).

2.2 Understanding Customer Perceptions and Experiences in E-Commerce 

This study aims to explore how AI chatbots in e-commerce are perceived by customers and 

which effects these perceptions can have on the online customer experience. It is therefore 

important to understand how customer perceptions and customer experience are shaped and 

how they relate to each other. Carbone and Haeckel (1994) define customer perception as the 

result of blending information gathered through human senses and that various perceptions 

contribute to shaping the customer experience. Limited research has delved into customer 

perceptions of chatbots. However, some studies have been made within the service sector 

(Lee & Maeng, 2023; Mangla et al. 2023; Marcelino et al. 2021), revealing a positive 

perception of chatbots.

As defined by Shaw et al. (2010), customer experience encompasses the perceptions and 

emotions a customer has regarding their interactions with a company. They explain that it 

reflects the effectiveness of the company's operations, the sensory aspects of the experience, 

and the customer's emotional response. Ultimately, the authors assert that customer 

experience is evaluated based on the alignment between customer expectations and their 

interactions with the company. 

Furthermore, customer experience is often viewed as holistic. Carbone and Haeckel (1994) 

describe customer experience as the overall impression individuals derive from their 

interactions with products, services, and businesses They further define customer experience 

as the “aggregate and cumulative customer perception created during the process of learning 

about, acquiring, using, maintaining and (sometimes) disposing of a product or service” 
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(Carbone and Haeckel, 1994, p. 18). Verhoef et al. (2009) further elaborate that customer 

experience extends throughout all stages of the customer journey, spanning from 

pre-purchase research over purchase decisions to post-sale interactions across various 

touchpoints. Online customer experience is unique to digital touchpoints, occurring solely 

through digital channels (Kacprzak & Hensel, 2023). The significance of a positive online 

shopping experience cannot be overstated, as it plays a vital role in fostering customer loyalty 

and driving sales (PWC, 2018; Rose et al. 2011). 

Only a few studies have investigated in which ways chatbots affect customer experiences. 

Ranieri et al. (2023), for example, proposed that chatbots can have both positive and negative 

effects on the customer experience. The positive effects they identified included, for example, 

providing information, improving tasks, enhancing trust or reducing stress and completing 

the journey. The negative outcomes entailed for instance increasing confusion, worsening 

tasks, decreasing trust, increasing stress and abandoning the journey.

Furthermore, several studies indicated that there might be external as well as person-related 

factors that influence acceptance or customer experience with chatbots (Al-Abdullatif, 2023; 

Nuanchaona et al. 2021; Verhoef et al. 2009). Verhoef et al. (2009) state that customer 

experience is influenced by external factors such as shopping intent and others’ opinions and 

not only by controllable elements such as service quality or pricing. Al-Abdullatif (2023) 

identified various factors that influence the acceptance of chatbots such as trust, perceived 

risk and enjoyment. Nuanchaona et al. (2021) on the other hand, found that personality traits 

affect the usability of chatbots, which in turn impacts the extrinsic values of customer 

experience.

2.3 AI Chatbot Features

Several studies have highlighted that chatbots possess various characteristics or features 

(Kaushal & Yadav, 2023; Landim et al. 2022). To address the research question of this study, 

five key features were identified from the chatbot literature that are inherent to AI chatbots 

and which have been linked to influencing customer experiences in previous studies: 

interface, functionality, personalised recommendations, data safety and language style. 
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As the interaction between customer and chatbot takes place over text the interface of the 

chatbot is an essential feature. In this study the interface encompasses the visual appearance 

of chatbots and focuses on different design and interaction elements such as buttons, text 

fields and icons. The interface of chatbots has been subject to the studies of for example, 

Janson (2023), Petersson et al. (2023) and van der Goot et al. (2021). The functionality of a 

chatbot determines how efficient it can fulfil a task. In this study it encapsulates how well the 

chatbot works for the specific customer. Functionality plays a vital role in interactions with 

chatbots and it has been investigated in several studies, e.g. Chen et al. (2021), Kushwaha et 

al. (2021) and Trivedi (2019). 

Providing personalised recommendations is a relatively new feature in e-commerce chatbots. 

In this study it refers to the chatbot providing customers with product recommendations 

based on customer preferences. It has been studied in prior research by for example 

Baabdullah et al. (2022), Pappas et al. (2017) and Shumanov and Johnson (2021). Data safety 

is an often raised concern in AI technology (Bouhia et al. 2022). In this study the 

investigation of this feature focuses on customer data that chatbots require to function and 

provide personalised output. Data safety in relation with chatbots has been subject to several 

studies, for example Bouhia et al. (2022), Kushwaha et al. (2021) and Trivedi (2019). The 

feature language style in this study concerns the given output by the chatbot in terms of how 

the responses are formulated. The advancements in NLP and NLU, making chatbot 

conversations more natural and human-like (IBM, 2024a), make it an especially interesting 

feature for the investigation of chatbots. Language style has been investigated by a large 

number of researchers, for example by Li and  Wang (2023), Nguyen et al. (2023) and Zhu et 

al. (2023). While these individual features have been shown to impact customer experience 

(Baabdullah et al. 2022; Kushwaha et al. 2021; Nguyen et al. 2023; Petersson et al. 2023; 

Trivedi, 2019), it can be inferred that collectively, these features influence the customer 

experience. 

2.3.1 Interface

The interface of a chatbot is what the customer interacts with. Its design refers to how the 

chatbot looks and includes physical visual components such as layout, colours, buttons or 

free-text fields (IBM, 2024c). A good chatbot interface should be easy to use, responsive, 

engaging and ideally reflect the brand (IBM, 2024c). Chen et al. (2021) uncovered that the 
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usability and responsiveness of a chatbot significantly contributed to enhancing customer 

experience. Usability refers to the ease with which a human-computer interface can be 

utilised by users to achieve a particular goal effectively, efficiently, and satisfactorily (Petre et 

al. 2006). Responsiveness refers to the ability to promptly assist customers by providing 

readily accessible services, ensuring convenience (Chen et al. 2021). 

In recent research, Janson (2023) demonstrated that the adaptation of an anthropomorphic 

design with a human-like appearance had a positive impact on social presence, subsequently 

enhancing the overall satisfaction levels of customers. Social presence is defined as “the 

ability to identify with a group, communicate purposefully, and develop interpersonal 

relationships” (Gogus, 2023, p. 272). The term anthropomorphism is derived from the Greek 

words anthropos, meaning human, and morphe, meaning shape or form (Fink, 2012). 

Following this, Fink (2012) explained that anthropomorphism refers to the tendency of 

individuals to ascribe human qualities to inanimate objects. In the case of chatbots, 

anthropomorphic cues could include elements like language style or giving the chatbot a 

human name (Janson, 2023). Similarly, Petersson et al. (2023) highlighted the significance of 

human-like attributes such as personality traits and willingness to help in improving customer 

experience. Go and Sundar (2019) corroborated these findings, indicating a positive 

connection between human-likeness and customer experience. Conversely, van der Goot et al. 

(2021) emphasised the importance of providing adequate assistance over merely humanising 

the chatbot. 

In examining different modes of interaction with chatbots, it was found that button interaction 

outperformed free text interaction in terms of pragmatic quality such as functionality 

(Haugeland et al. 2022). However, free text interaction did not surpass button interaction in 

perceived anthropomorphism or hedonic (pleasure and enjoyment) user experience. 

Participant feedback highlighted that this disparity could be attributed to the lack of 

flexibility and adaptability in the chatbot's conversational capabilities when using free text 

interaction. This suggests that the human likeness of chatbots may depend more on their 

overall flexibility and adaptivity rather than solely on their ability to engage in free text 

interaction. Therefore, while free text interaction is considered a necessary component, it may 

not be sufficient on its own to achieve high levels of perceived human-likeness in chatbots 

(Haugeland et al. 2022).
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2.3.2 Functionality

Chatbots can be described as information systems (Behera et al. 2021). Consumers use 

information technology systems to help them accomplish tasks effectively and efficiently, 

leading them to have high expectations for the systems’ performance (Trivedi, 2019). 

Consequently, the functionality of chatbots and the quality of their output is a crucial factor in 

interactions with customers. Quality aspects of chatbots have been investigated in various 

studies (e.g. Ashfaq et al. 2020; Chen et al. 2021; Kushwaha et al. 2021; Trivedi, 2019). 

These investigations are based on the information system success (ISS) model introduced by 

DeLone and McLean (1992) which is used to study the success factors of information 

systems. According to the updated ISS model there are three quality dimensions which affect 

use and user satisfaction of an information system: system quality, information quality and 

service quality (DeLone & McLean, 2003). Translated in the context of chatbots in 

e-commerce, system quality refers to the characteristics or qualities of chatbots such as 

usability, reliability or response time. Information quality refers to the quality of the provided 

content, for example if it is easy to understand, relevant or personalised. Service quality 

refers to the support that is offered by the chatbot and includes qualities such as empathy, 

assurance or responsiveness (DeLone & McLean, 2003).

Building upon the ISS model, Trivedi (2019) found that system, information and service 

quality have a significant impact on customer experience with AI banking chatbots. Similarly, 

Behera et al. (2021) confirmed that higher levels of perceived system, information and 

service quality result in better customer experience which has a positive effect on the 

intention to adopt chatbots in B2B customer service.

A model used to explain the adoption of chatbots is the Technology Acceptance Model 

(TAM), established by Davis (1989), which was developed to investigate users’ acceptance of 

information systems. It postulates that a persons’ behaviour is shaped by their intention to use 

information systems, which is influenced by their attitude towards the behaviour, along with 

two key beliefs: perceived usefulness and ease of use. Perceived usefulness is defined as “the 

degree to which a person believes that using a particular system would enhance his or her job 

performance” (Davis, 1989, p. 320). Ease of use, on the other hand, refers to the extent to 

which a person feels that using a system, in this case the chatbot, is “free of effort” (Davis, 

1989, p. 320). Modified versions of the TAM take additional dimensions such as an affective 
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component of perceived enjoyment into account (Rese et al. 2020). Various studies have used 

the TAM to explain the acceptance and adoption of AI chatbots (e.g. Ashfaq et al. 2020; 

Behera et al. 2021; Kasilingam, 2020; Rese et al. 2020). Ashfaq et al. (2020), for example, 

found that the more customers perceive chatbots as easy to use, useful and enjoyable, the 

higher is their satisfaction and intention to continue using the chatbot.

Both the ISS model and the TAM have been successfully applied in the chatbot context. 

While the TAM focuses on measuring user’s perceptions regarding the usefulness and ease of 

use of the technology, the ISS model assesses important commercial factors such as users’ 

service quality perceptions and technical factors like system and information quality 

perceptions (Trivedi, 2019). Chen et al. (2021) combined both models to investigate the 

primary factors influencing online customer experience in e-commerce. Their results revealed 

that the ease of use and perceived usefulness, which were combined to the dimension 

usability, significantly impact customers' extrinsic (cognitive) experience. The responsiveness 

of chatbots had a greater influence in shaping the intrinsic (affective) experience. 

2.3.3 Personalised Recommendations

Personalisation refers to providing customers with tailored content, leveraging their personal 

information, including past purchases, to customise content to their preferences (McKinsey & 

Company, 2023; Pappas et al. 2017). Chatbots can provide personalised recommendations 

based on customer responses and customer data (Shumanov & Johnson, 2021). Only a few 

studies have explored personalised product recommendations in the context of chatbots, 

possibly due to its status as a relatively new and evolving feature. This is evident from the 

fact that some chatbots employing personalised recommendations, such as the AI chatbot of 

the online fashion retailer Zalando, are still in beta version, indicating ongoing development 

in this field (Zalando, 2023).

A study conducted by Baabdullah et al. (2022) with 500 participants revealed that 

personalised interactions with chatbots can have a positive impact on customer experience. 

Pappas et al. (2017) have studied personalised recommendations and found that the quality of 

the personalisation was important. Pappas et al. (2017, p. 978) defined the quality of 

personalization as “tailoring content and services to match the buyer's personal interests or 

preferences”. Their findings indicate that high-quality personalization not only enhances its 
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benefits but also influences customer persuasion positively, consequently impacting their 

intention to shop online. Persuasion is defined by Pappas et al. (2017, p. 978) as “customer's 

perceptions about how persuasive and convincing the personalised service is”. Furthermore, 

research by Ashfaq et al. (2020), Følstad et al. (2018), and Jenneboer et al. (2022) 

underscores the importance of the quality of information provided by chatbots with Følstad et 

al. (2018), and Jenneboer et al. (2022) indicating that it enhances customer experience. 

Jenneboer et al. (2022) delved deeper into customer satisfaction and saw a connection 

between what information the chatbot provides and how it affects the customer satisfaction. 

For personalised recommendations this could indicate that it is important that the 

recommendations are good in order to improve the customer satisfaction. Moreover, 

Jenneboer et al. (2022) noted that customer satisfaction influences the customer experience 

when interacting with chatbots. 

El-Ansari and Beni-Hssane (2023) conducted an experiment to evaluate the performance of a 

chatbot. They recruited a sample of 60 participants who interacted with two different versions 

of the chatbot: one with sentiment analysis personalization (Version A) and one without 

(Version B). Sentiment analysis in the context of chatbots involves the chatbot's ability to 

understand and respond to the emotions expressed in a user's message, including feelings of 

frustration, satisfaction, or anger. Participants who interacted with Version A reported higher 

satisfaction levels compared to those who interacted with Version B. These findings 

underscore the effectiveness of sentiment analysis personalization in enhancing user 

experience and satisfaction with the chatbot system.

2.3.4 Data Safety 

Safety and privacy concerns are frequently discussed in the context of AI chatbots (Bouhia et 

al. 2022). AI chatbots are trained with customer data to effectively address inquiries, which 

inevitably raises privacy concerns (Kushwaha et al. 2021). Particularly sensitive are customer 

details such as product purchases or payment information, which fall under the category of 

personal data (Bouhia et al. 2022). Security threats such as identity theft, misuse of data, and 

unauthorised data sharing with third parties are prevalent in online activities (Bouhia et al. 

2022). In response to such concerns, the European Union implemented the General Data 

Protection Regulation (GDPR) to protect individuals’ personal data (Hasal et al. 2021). This 

regulation establishes a standardised framework to prevent malicious practices such as 
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unregulated data storage or unauthorised authentication without customer consent. Given that 

chatbots possess access to a growing repository of personal data in their databases, European 

companies are obligated to comply with GDPR (Hasal et al. 2021).

In their examination of privacy concerns in customer service interactions with chatbots 

Bouhia et al. (2022) found that these are influenced by creepiness, the need for privacy and 

perceived risk. Perceived risk is defined in this context as customers’ uncertainty about 

utilising chatbot services due to potential negative outcomes stemming from the disclosure of 

their personal information (Bouhia et al. 2022). Several studies have confirmed that perceived 

risk influences the intention to use chatbots for online shopping (Silva et al. 2022) and 

customer experience when using AI chatbots negatively (Kushwaha et al. 2021; Trivedi, 

2019).

2.3.5 Language Style 

Language style is one of the chatbot features that has received the most attention in the 

chatbot literature. Consequently, the influence of chatbot language style on consumer 

behaviour has been subject to several studies (e.g. Li & Wang, 2023; Nguyen et al. 2023; Zhu 

et al. 2023). The style of chatbots’ language refers to specific verbal cues and is defined as 

“the meaningful deployment of language variation in a message (i.e., how something is said)” 

(Feine et al. 2019, p.148). Since customers interact with chabots through text during online 

shopping, the chatbot's use of language plays a pivotal role in forming perceptions of the 

chatbot (Li & Wang, 2023). Similar to human conversations, chatbots can adopt different 

language styles which might affect customer experiences in different ways.

In the context of e-commerce, Li and Wang (2023) investigated how an informal versus a 

formal language style of a chatbot affects customer’s intention to continue using the chatbot. 

An informal language style included linguistic elements such as informal vocabulary and 

punctuation or the use of emoticons (short: emojis). The formal language style, on the other 

hand, was using normative words and correct grammar rules. Their experiments showed that 

an informal (versus formal) language style enhances customers’ continuance usage intention 

of chatbots.
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Nguyen et al. (2023) concentrated on an anthropomorphic language style of chatbots. Their 

study draws on the social response theory, a theory that suggests that the more human-like a 

chatbot presents, the more likely customers will react to it as a human actor and follow social 

rules interacting with it (Nguyen et al. 2023). Their research revealed that a high (versus a 

low) level of human-like language such as using emojis and display of empathy increases 

customer engagement. Furthermore the findings indicated that human-like language 

contributes to the perceived competence and authenticity of chatbots. Similarly, Janson 

(2023) demonstrated that a communication style focused on social interaction had a positive 

impact on social presence, subsequently enhancing the overall satisfaction levels of 

customers. 

Controversy, research also shows that language style can have a negative impact on 

customers' trust. Song and Shin (2024) found that increasing the human-likeness of a chatbot 

significantly enhanced the feeling of eeriness among users which negatively influenced users’ 

trust in the chatbot impacting the purchase intention and willingness to use the chatbot in the 

future. The feeling of eeriness is often referred to as uncanny valley. The uncanny valley 

effect describes a phenomenon in which encounters with nearly lifelike but not quite perfect 

representations of real humans are believed to evoke feelings of creepiness in users (Song & 

Shin, 2024).

2.4 Tentative Conceptual Framework

The existing literature on chatbots provided valuable insights that inform the 

conceptualisation of this study. From the review of the literature, a tentative framework, 

illustrated in Figure 2.2, has been developed to serve as foundation for this research study. 

The literature revealed that AI chatbots possess several technical features which previously 

have been subject to studies individually (Baabdullah et al. 2022; Kushwaha et al. 2021; 

Nguyen et al. 2023). To reach the aim of this study the most significant AI chatbot features 

have been identified in the literature: interface, functionality, personalised recommendations, 

data safety and language style (Baabdullah et al. 2022; Bouhia et al. 2022; Chen et al. 2021; 

Janson, 2023; Zhu et al. 2023). These features are objectively given but their design and 

implementation depend on the company's choices. 
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As evidenced by existing research, understanding customer perceptions is crucial to 

understanding how customer experiences are formed (Trivedi, 2019). Consequently, the focus 

of the study is to explore which perceptions are built about AI chatbots and how these 

influence the customer experience during online shopping. In this framework, the customer 

perceptions can be understood as a filter, mediating between objectively observable features 

and subjective customer experience. During the interactions with chatbots in online shopping, 

the various features influence these perceptions, potentially influencing the customer 

experience in either positive or negative ways. The framework serves as a foundational 

structure for organising and guiding the study. 

Figure 2.2 Tentative Conceptual Framework (created by the authors)
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2.5 Chapter Summary

This chapter extensively explored AI chatbots, covering aspects such as their definition, 

evolution, functionalities and use in e-commerce. It was explored how customer perceptions 

and experiences are shaped by interactions with chatbots in e-commerce. Various studies 

noted that positive interactions with chatbots enhance the customer experience. The specific 

features of AI chatbots included in this study were examined consisting of interface, 

functionality, personalised recommendations, data safety, and language style. Each feature 

was examined for its impact on customer perceptions and experience. The chapter concluded 

with a tentative framework based on the findings from previous research which serve as a 

basis for the present study. This framework organises the key features of chatbots and their 

effects on customer perceptions which are part of the online customer experience. 

3. Methodology

This chapter begins by outlining the research approach and design, followed by a discussion 

on data collection and analysis methods. It then addresses the validity and reliability of the 

study's findings, along with acknowledging any limitations. Additionally, it elaborates on the 

research ethics guiding the report's conduct before concluding with a summary of the 

chapter's key points.

3.1 Research Approach

This study employed an abductive research approach. According to Bryman and Bell (2017) 

this involves starting with an established theory and then observing an empirical 

phenomenon. The observations then inform the development of a new theory to make sense 

of the findings. This study commenced with a tentative conceptual framework which was 

derived from theories in the existing literature. Based on the empirical findings new concepts 

were generated which contributed, along with the theoretical knowledge, to the development 

of the final conceptual framework. The rationale for adopting an abductive approach is rooted 

in the novelty of AI chatbots within the chosen subject. Given that this area of study is 

relatively new, an abductive approach allows researchers to develop new theories to interpret 

observations or phenomena that existing theories cannot adequately explain.
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A relativist ontological perspective was adopted for this study together with the 

epistemological premise of social constructionism. The objective of the study - to investigate 

customers' perceptions of different chatbot features to gain insights on how AI-based chatbots 

can enhance customer experiences in e-commerce - is consistent with the philosophical 

stance of relativism and social constructionism. The realist perspective acknowledges the 

diversity of people's perceptions and recognizes the existence of multiple truths (Bryman & 

Bell, 2017; Easterby-Smith et al. 2021). It also emphasises that the interpretation of facts 

varies depending on the observer (Bryman & Bell, 2017; Easterby-Smith et al. 2021). In the 

context of social constructionism, the goal is to illuminate various truths and delve into how 

they are constructed (Bryman & Bell, 2017; Easterby-Smith et al. 2021).

A traditional literature review method was employed, wherein the authors selected the most 

intriguing and pertinent studies based on their subjective judgement of what constituted 

interest and relevance. Prior to conducting the literature review, an extensive search was 

conducted to identify previous research and seminal articles relevant to the study's area of 

inquiry. To ensure a comprehensive scope of the literature, different databases were utilised 

including Scopus, Web of Science, Google Scholar and Lund University's database 

LUBsearch. Searches were performed using keywords such as chatbot*, AI chatbot*, 

conversational AI in combination with customer experience, user experience, e-commerce, 

e-retail*, online retail*, customer journey, features and chatbot feature*. Furthermore, 

advanced searches were performed for the specific chatbot features including for example, 

chatbot interface, chatbot design, chatbot quality, chatbot functionality, chatbot language 

style, chatbot personalisation, chatbot personalised recommendation*, chatbot 

recommendation*, chatbot safety and chatbot privacy. These searches were specifically 

conducted in English due to it being the primary language used in the highest ranked 

academic journals. Scientific articles were meticulously selected based on their relevance to 

the research question and the credibility of the sources. The selection process included factors 

such as aiming for an as high number of citations as possible, prioritising recent publication 

dates to incorporate the latest advancements in AI research, reliable research methods and 

findings and the top ranked journals of publication. The reason for not having an established 

criteria was to not exclude any valuable insights since AI and AI chatbots is a relatively new 

research area. Furthermore, the selected literature not only informed the literature review but 

also provided the foundation for identifying the research gap, formulating the research 

question and crafting the tentative conceptual framework. 
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3.2 Research Design

A qualitative research design was employed to delve into and understand customer 

experiences (Bryman & Bell, 2017; Easterby-Smith et al. 2021; Rennstam & Västerfors, 

2018). Primary data, comprising voice recordings from interviews transcribed into text, along 

with interviewer notes, was collected. The goal with this approach was to uncover insights 

about customer perceptions of chatbots, including dimensions such as interface, functionality, 

personalised recommendations, data safety and language style, and their potential impact on 

customer experience. Semi-structured interviews were conducted individually with 

participants, each facilitated by one of the interviewers. The decision to employ 

semi-structured interviews was based on their flexibility, which allowed for adaptability 

during the conversations. This structure allowed the interviewers to ask additional questions 

when responses were restricted or to further explore captivating insights provided by the 

participants during the interview. Through the interviews, participants had the opportunity to 

express insights that might not have emerged during observations, offering valuable 

perspectives from their personal viewpoints (Bryman & Bell, 2017; Easterby-Smith et al. 

2021). Additionally, interviews fostered a favourable environment for participants to provide 

sincere responses, as they tend to feel less pressure to conform to social norms or the 

influence of dominant personalities (Bryman & Bell, 2017; Easterby-Smith et al. 2021). This 

approach facilitated a thorough exploration of customer experiences, considering their 

subjective nature. Furthermore, interviews provided a platform for employing laddering 

techniques to delve into underlying concepts and emotions. However, it is essential to 

acknowledge that verbal expressions during interviews may not always align perfectly with 

participants' actions (Bryman & Bell, 2017).

3.3 Data Collection Method

The sampling strategy included purposive sampling techniques. To ensure the inclusion of 

respondents with diverse viewpoints on chatbots, a maximum variation approach was 

adopted. The interviewees were chosen based on three purposeful criteria. Participants were 

expected to:

22



(1) Being Swedish and living in Sweden

(2) Belonging to Gen Z

(3) Having used a chatbot for online shopping within the past six months

Swedish consumers typically demonstrate a high level of tech-savviness and exhibit one of 

the highest rates of e-commerce adoption in Europe (International Trade Administration, 

2023). Approximately eight million Swedish users engage in e-commerce activities, 

reflecting a notable online shopping penetration of 77% (International Trade Administration, 

2023). Specifically targeting respondents from Gen Z, born between 1997 and 2012 (Statista, 

2023a), was intentional for several reasons. Firstly, growing up in the digital era, Gen Z 

individuals are typically reliant on various technological tools and platforms, including 

chatbots (Statista, 2023b). Moreover, given their age range, Gen Z is expected to play a 

significant role in e-commerce markets in the future. As they get older and gain more 

purchasing power, their impact on online shopping trends and behaviours is anticipated to 

increase substantially. By studying this demographic now, valuable insights into their current 

technology and e-commerce interactions can be obtained, offering opportunities to anticipate 

their evolving preferences and behaviours in the future. Additionally, Gen Z individuals are 

typically less resistant to chatbots (Fokina, 2024), making them a relevant group for the topic 

of this study. Lastly, the respondents were required to have interacted with a chatbot within 

the previous six months. This criteria aimed to ensure that respondents could recall recent 

experiences, thus providing richer insights during the interview process. Given the rapid 

evolution of AI technology, this also increased the probability that they had already interacted 

with newer generations of AI chatbots.

Drawing inspiration for the sampling method from the maximum-variation approach, the goal 

was to encompass respondents with diverse viewpoints and experiences with chatbots. To 

achieve maximum variation in experiences and opinions about chatbots, a pre-screening 

process was implemented by asking prospective respondents about their general attitude 

toward chatbots, ranging from 1 = very negative to 4 = very positive. While respondents may 

simultaneously hold both positive and negative perceptions of chatbots, this control question 

served as an initial evaluation to ensure the inclusion of respondents with diverse 

perspectives. Incorporating both positive and negative responses in the analysis aimed to 

improve the accuracy and validity of the findings (Bryman & Bell, 2017; Easterby-Smith et 

al. 2021). 
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For recruiting participants snowball sampling was used. Snowball sampling was chosen for 

this study because of its appropriateness for exploratory research objectives (Bryman & Bell, 

2017; Easterby-Smith et al. 2021). This approach facilitated access to individuals possessing 

relevant knowledge about chatbots (Bryman & Bell, 2017; Easterby-Smith et al. 2021). The 

interviewers initially identified two individuals each with chatbot experience who were 

referred by acquaintances of the authors. These individuals were interviewed and then asked 

to provide one referral each who would also meet the eligibility criteria for participation in 

the study. This process continued until all participants for the study were recruited.

In the initial stages of the research process, a pilot-study (Martell & Seifried, 2024) and a 

pre-interview for the current study were conducted. The pilot study uncovered personalised 

product recommendations and language style of chatbots as promising avenues for further 

research. During the pilot-study, the participants also emphasised the significance of 

functional aspects and data safety as prominent features of chatbots. Informed by the results 

of the pilot study and based on the comprehensive literature review, a preliminary interview 

guide for this study was crafted. Following this, a pre-interview was conducted to test the 

preliminary interview guide and to potentially identify further compelling dimensions of 

chatbot features. The mentioned features, functionality, personalised recommendations, data 

safety and language style, were also mentioned in the pre-interview leading to their inclusion 

in the study. Additionally, to broaden the scope of the study, one more feature - interface - 

was identified during the pre-interview and in the literature review, leading to the inclusion of 

this feature in the study. 

Following the pre-interview, adjustments were made to derive the final interview guide 

(Appendix A). Employing an interview guide streamlined the interview process, ensuring it 

proceeded systematically, consistently, and comprehensively. This guide comprised 

open-ended questions and instructions for the interviewers to mitigate bias and enhance 

validity.

The semi-structured interviews began with a brief introduction, clarifying the study’s purpose 

and ensuring participants of the confidentiality of their data. A debrief followed, outlining the 

interview process for the participant. The interviews were structured into three sections. 

Initially, participants were asked about their usage and encounters with AI chatbots in online 
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shopping scenarios. This section included questions about chatbot usage frequency, specific 

tasks they used chatbots for, and their past positive or negative experiences with chatbots. 

In the second section of the study, participants were asked to engage in a conversation with 

the AI Fashion assistant of the online retailer Zalando. The inclusion of an interaction with 

the Zalando chatbot during the interviews served multiple purposes. Firstly, it accommodated 

participants with limited chatbot experience and those whose last interaction with chatbots 

occurred some time ago to draw upon this interaction when responding to questions. 

Additionally, not all chatbots are powered by AI as outlined in chapter 2.1.2, and it might not 

always be easy for users to distinguish between different types of chatbots. Therefore, using 

Zalando’s generative AI-based chatbot ensured that all participants had a consistent 

experience with an AI chatbot with advanced chatbot features. The selection of Zalando’s 

chatbot was strategic based on three key reasons. Firstly, Zalando ranks among the top five 

most popular online shops in Sweden as of December 2023, making it a familiar platform for 

many participants (Statista, 2024b). Furthermore, clothing is the most popular product 

category for online purchases in Sweden (Statista, 2024a). This therefore enhances the 

probability that the participants are familiar with this shopping context and are able to ask the 

chatbot questions related to it . And thirdly, even though Zalando’s chatbot is still in the beta 

phase (Zalando, 2023), it was deemed to offer some of the most advanced personalised 

product recommendations in comparison to other chatbots. Appendix B shows an example 

conversation of the participants in this study and the Zalando chatbot.

In the third section, the participants were asked to delve into perceptions of chatbot features, 

focusing on interface, functionality, personalised recommendations, data safety and language 

style respectively. The emphasis was on understanding how these features are perceived and 

influence customer experience. To answer the questions the participants were allowed to 

draw on their prior experiences with chatbots as well as the interaction with the Zalando 

chatbot. To aid the exploration and ensure consistency for the feature language style, the 

participants were presented with two example chatbot conversations depicting two different 

language styles. Chatbot example A used a more informal and less anthropomorphic 

language style and included emojis. Chatbot example B adapted a more formal, less 

anthropomorphic language style without emojis (see Appendix C). Both stimuli were based 

on the research by Nguyen et al. (2023) and adapted for the purpose of this study. Finally, the 
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participants were asked about their age, gender, nationality and profession, and were thanked 

for their participation at the end of the interviews.

Twelve participants were selected because, by that stage, their responses had become mature. 

The interviews were carried out face-to-face, and lasted 55 minutes per interview on average. 

Appendix D provides an outline of the socio-demographic traits of the participants, along 

with their overall attitudes toward AI chatbots collected in the pre-screening process. The 

study included participants with attitudes towards chatbots ranging from very negative to 

very positive to ensure diverse perspectives and enhance the validity of the findings, an equal 

number of six women and six men were included in the study. The sample comprised 

individuals from Sweden, aged between 19 and 27 years, with an average age of 23 years. All 

participants had experiences with chatbots in online shops before.

Interviews emerged as a fitting method for achieving the research goal, offering a chance to 

explore individuals' perceptions of various chatbot features in depth. All participants could 

express their thoughts freely, with minimal interruption from the interviewers. The 

one-on-one format encouraged respondents to share personal experiences and opinions, such 

as expressing concerns about data privacy while using chatbots. The interviewers employed 

laddering techniques to delve deeper into underlying concepts or clarify ambiguous 

statements. Emphasis was put on ensuring that the interviewers did not influence or guide the 

participants' responses.

3.4 Data Analysis 

A thematic analysis was used to analyse the data (Braun & Clarke, 2006). The reason for 

choosing this approach was that it enabled the authors to discover emerging themes within 

the data and to uncover both commonalities and differences among the participants. To 

ensure the credibility of this report, internal reliability measures were adopted. This involved 

the authors jointly coding the raw data and reaching a consensus on the interpretation of the 

observed information (Bryman & Bell, 2017).

The data analysis involved several steps. The initial step consisted of transcribing the audio 

recorded interviews verbatim. Following this, the authors read through the twelve transcripts 
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while listening to the original audio recordings. During this process they highlighted 

noteworthy data segments consisting of sentences or paragraphs and commented on first 

ideas. In order to be able to identify which data segment related to which of the five AI 

chatbot features later on, each data segment was marked with a respective colour. From there, 

the authors progressed to generating initial codes. For this the highlighted data segments were 

thoroughly reviewed to systematically identify noteworthy codes within the data set. The 

coded data segments were then extracted from the data set and organised by codes in an 

Excel document. 

The next step entailed grouping the various codes into potential themes for further 

exploration. This entailed validating the themes by assessing their distinctiveness and 

coherence with the coded extracts, ensuring alignment and consistency throughout the 

analysis. Following this validation process, definitions and names were assigned to the 

themes to ease the crafting of the report. The themes could then be grouped into the global 

themes. Adopting an abductive approach the themes were derived and named with the 

knowledge gained through the literature review and the goal of answering the research 

question.

The data analysis revealed four global themes each consisting of several themes. The figures 

below give an overview of their structure including the respective codes. The first global 

theme is named preferences for AI chatbot features and consists of five themes named after 

the five AI chatbot features (see Figure 3.1). The second global theme is called customer 

perceptions of AI chatbot features and consists of the four themes perceived usability, 

perceived usefulness, perceived privacy risk and perceived human-likeness (see Figure 3.2). 

The third global theme is effects on online customer experience consisting of the two themes 

of negative effects and positive effects (see Figure 3.3). And the last global theme that 

emerged from the data is called influencing factors consisting of experience with using AI 

technology and attitude towards data privacy (see Figure 3.4). The global themes and their 

themes are further described and analysed in chapter five. 

Finally, with the groundwork laid and themes identified, the crafting of the report was done 

by synthesising the findings and insights from the interviews and analysis process (Braun & 

Clarke, 2006). During this process external validity was enhanced by drawing analytical 

conclusions based on the literature research.
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Figure 3.1 Overview of Codes and Themes for the Global Theme of Preferences for AI 

Chatbot Features

Figure 3.2 Overview of Codes and Themes for the Global Theme of Customer Perceptions of 

AI Chatbot Features
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Figure 3.3 Overview of Codes and Themes for the Global Theme of Effects on Online 

Customer Experience

Figure 3.4 Overview of Codes and Themes for the Global Theme of Influencing Factors

3.5 Validity and Reliability 

In qualitative studies, Guba and Lincoln propose two key criteria for establishing and 

assessing the quality of the research (Bryman & Bell, 2017). These are trustworthiness and 

authenticity, similar to reliability and credibility in quantitative research. The trustworthiness 

of the study comprises four criteria: credibility, dependability, transferability, and 

confirmability (Bryman & Bell, 2017). The credibility of the report was enhanced through 

various efforts. Incorporating both positive and negative experiences among the respondents 

aimed to provide a comprehensive understanding of the participants perceptions. 

Additionally, ensuring the inclusion of both male and female participants sought to enhance 

the diversity and representativeness of the findings.

In order to strengthen the dependability of this report, several measures were implemented. 

Internal reliability was ensured through collaborative data coding by the authors, fostering 

29



consensus on the interpretation of observed information (Bryman & Bell, 2017). 

Additionally, the researchers embraced auditing practices, maintaining a thorough and 

transparent record of all research phases. This encompassed aspects such as participant 

selection, data analysis methodologies, and other pertinent decisions, aimed at demonstrating 

a reliable and lucid research process.

In this qualitative study, the experiences of several interviewees with chatbots were 

thoroughly explored to extract rich and detailed data. Given the individualistic nature of each 

respondent's experience and the qualitative approach employed, generalising the findings 

becomes challenging. However, the detailed descriptions presented in this report can serve as 

a valuable foundation for future research endeavours or for establishing connections with 

existing findings in the field.

In striving to maximise the confirmability of the study, prioritisation was put on adopting a 

collective approach to interpretation, steering clear of individual biases. This was achieved 

through regular discussions focused on the selected data collection methods and analysis 

procedures. The goal was to uphold objectivity to the fullest extent possible, understanding 

the inherent challenge of attaining complete objectivity in qualitative research (Bryman & 

Bell, 2017). 

In an effort to enhance the authenticity of the study, participants of diverse ages within Gen 

Z, genders were deliberately included. This deliberate inclusion aimed to capture a broad 

spectrum of perspectives and experiences, thereby enriching the authenticity and 

representativeness of the findings. This approach facilitates a more comprehensive 

understanding of the phenomenon under investigation and strengthens the credibility of the 

study's conclusions.

3.6 Research Ethics 

Several guidelines have been established to ensure the ethical practices of the thesis. Diener 

and Crandall have divided the ethical principles into four main areas: ensuring no harm to 

participants, ensuring a fully informed consent of participants, respecting the privacy of the 

participants and avoiding deception of the participants (Bryman & Bell, 2017; 
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Easterby-Smith et al. 2021). To uphold these standards, precautions have been taken to 

mitigate potential harm to participants, including stress, physical discomfort, or damage to 

their careers. Interviews have been conducted in a relaxed manner, and anonymity and 

confidentiality have been guaranteed. This was deemed especially important since talking 

about private conversations and experiences with chatbots and voicing opinions about topics 

like data safety are sensitive subjects. 

Furthermore, attention was paid to support respondents when interacting with the Zalando 

chatbot when help was needed to not induce stress in the interview situation. To ensure both 

fully informed consent and prevent any deception of the participants, the researchers 

prioritised transparency and honesty throughout the study. This involved providing 

participants with accurate details regarding the study's purpose, the methodologies employed 

and the use of the collected data. Participants were encouraged to ask questions for further 

clarification, ensuring they fully understood the nature of their involvement. Participants 

were also informed about their possibility to stop or discontinue the interviews at any point. 

To respect the privacy of the participants, the personal or sensitive information provided by 

participants have been handled with the utmost care throughout the research and interview 

processes, ensuring strict confidentiality in the final study.

3.7 Chapter Summary

A qualitative research design was employed for this study, utilising semi-structured 

interviews to understand customer experiences with chatbots. Purposive sampling was used 

by drawing on snowball and maximum-variation sampling techniques to ensure diverse 

participant perspectives with a focus on Swedish Gen Z individuals who had interacted with 

chatbots in the past six months.

Data collection involved conducting semi-structured face-to-face interviews with twelve 

participants, supplemented by a pre-interview to refine the interview guide. Thematic 

analysis was used to analyse interview data, identifying themes related to chatbot features and 

customer experiences. Validity and reliability were prioritised through various measures, 

including participant diversity, methodological rigour, and transparent record-keeping. 

Ethical guidelines were followed to ensure participant well-being, informed consent, and 
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privacy protection throughout the study. Ethical guidelines were adhered to throughout the 

study to ensure participant well-being, informed consent, privacy protection, and avoidance 

of deception. Transparency and confidentiality were maintained, upholding ethical standards 

in data collection and analysis.

4. Results

This chapter presents the findings derived from the data collected in the interviews. The 

chapters are categorised based on the themes that were identified during the data analysis. 

Initially, it examines participants' preferences for the five investigated AI chatbot features. 

The chapter then proceeds to outline the underlying themes regarding the customer 

perceptions of AI chatbot features. Lastly, the chapter delves into participants' experiences 

related to the chatbot features and examines factors potentially influencing customer 

perceptions of the chatbot features.

4.1 Preferences for AI Chatbot Features

The respondents offered detailed insights into optimal chatbot interface, functionality, 

personalised recommendations, data safety, and language style. These were categorised under 

the global theme Preferences for AI chatbot features. In the upcoming sections, participants' 

preferences for each of the five distinct chatbot features are described. 

4.1.1 Interface

When considering the visual design of chatbots several respondents highlighted their 

preference for a simple design. Respondent 2 explained: “They're usually quite simple and 

basic I would say, but I feel like that's also needed cause you don't want to be focused on the 

design”. Respondent 11 shared the preference for chatbots being simple and added: “In 

general I think they are all quite the same and I honestly don’t really care how they look”. 

While design aesthetics may not be a primary concern, as told by respondent 11, users value 

clear distinctions between their input and the chatbot's responses. Respondent 10 emphasised 

the importance of clarity in design, stating: “I think that is one of the biggest things I look for 

and should be clearly defined. That it's easy to find a chatbot and so on”. Most respondents 

agreed that chatbots are intuitive to find on websites due to the typical pop-up design. 
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Respondent 2 highlighted that chatbots need to grasp attention: “Initially, I think it needs to 

be eye-catching to let me know that it's there”. Similarly, Respondent 1 mentioned that he 

wished to be reminded of the chatbot’s availability and proposed that the chatbot should 

proactively interact with him during the shopping process. He explained:

“Let's say that I'm shopping and then I'm not using the bot and after a while it 

says: ‘Have you looked at this?’ Like a pop up, forcing me to interact with it. I 

guess that's like a ‘people also viewed’ function. Like making it more 

interactive”.

Respondent 2 referred to the chatbot’s design and said that “it needs to match the style of the 

company”. A similar statement was expressed by respondent 5 who explained that the chatbot 

could use vibrant colours to appear more engaging. 

Regarding the interaction elements, respondents mentioned the differences between 

predefined button-text and free-text inputs. Respondent 12 highlighted the advantage of 

button inputs giving a first indication of the capabilities of the chatbot, noting: “that also 

indicates like what this chatbot actually can answer”. Similarly, respondent 7 echoed: “[It] 

basically tells me what the chatbot is capable of doing”. Conversely, respondent 11 voiced 

the limitations of using button inputs for specific questions, expressing:

“I think it’s stupid because if I start chatting with a chatbot then I probably want 

answers to my specific problem and I doubt that the buttons would help with 

that”. 

Several respondents concluded that a combination of both options would be preferable, 

respondent 3 reasoned: “because sometimes you don't really know what category your 

question falls under, so it's nice to be able to write it out”. Respondent 2 stated that the 

interface should visually indicate when the chatbot is processing a query: “There might be 

some dots while it's responding which is nice. It's good to know that it's working”. 
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4.1.2 Functionality

In terms of functionality several respondents pointed out the response time of chatbots as an 

important aspect. Respondent 10, for example stated: “It's often quite fast, actually very fast. 

Don’t think it could be any better to be honest”. Generally the respondents preferred 

receiving instant and concise information from chatbots to make the interaction as efficient as 

possible. While respondents acknowledged that chatbots can answer simple questions, there 

was a general wish for chatbots to be able to understand their inquiries better and answer 

complex questions. Respondent 12 highlighted the frustration of encountering unanswered 

questions and suggested that chatbots should offer alternative assistance by referring users to 

human support. She articulated this by proposing:

”So then it could be good if they're like ‘I have trouble answering you right now. 

You can contact my colleagues at this number or this e-mail address’ or 

whatever”. 

Respondent 10 expressed a desire for the chatbot to “provide [her] with real time data”, 

highlighting the limitations of AI chatbots relying on a database with data up to a certain 

date, thus suggesting a necessity for advancements surpassing present capabilities. 

Respondent 3 also highlighted this current limitation of chatbots and suggested integrating a 

feature that allows users to connect directly with a human customer service agent at the click 

of a button.

Respondents also connected functionality with the content of the website. While chatbots 

function well for information that can be found on the website, there might be some 

functional limitations when queries go beyond this information. Respondent 6 explained: “I 

would assume that they're working on the database that is the site. So I guess it depends on 

the site itself”. Similarly, Respondent 2 stated about her experiences: “The info that I get are 

usually links to other parts of the website where they explain it more in detail”. 

4.1.3 Personalised Recommendations

Respondent 1 valued personalised recommendations as a “starting point” for the search and 

explained: “if you don't know what you're looking for, if you don't know anything about hats 

or cables, then it can give you an array”. At the same time he also expressed: “But then I 

34



don't know like what it's not showing”, saying that he would still look for alternatives himself 

and seeing the chatbot more as an assistant during shopping. Respondent 2 noted that he 

prefers personalised recommendations to provide product inspiration and stated:“It's good 

because then maybe you find things that you didn't search for and you didn't know you 

wanted, so I think it's a fun touch”. Respondent 3 agreed that recommendations would help 

her finding products and would like to receive recommendations based on her purchase 

history: 

“You usually know your own style, but it's hard to find stuff that fits in. So I think 

it could be very helpful because if you have an account, they know your 

information about what you've looked at and purchased”. 

Respondents 4 also desired a more personalised experience and recommended that the 

chatbot could offer product suggestions based on real photos of the user. Respondent 10 

emphasised the potential usefulness of personalised recommendations in narrowing down 

options, but also expressed a wish for a higher recommendation quality: 

“Especially if the assortment is big. Then it can be really helpful. To like, narrow 

it down a bit. But as I said before, I don’t think it’s that good today but I think it 

can be good in the future. Right now it doesn’t always sort it in a way that fits 

me. But others might find it better”. 

Respondent 11 shared this opinion, expressing a belief in the future potential of 

personalised recommendations: 

“Right now I think they are to underdeveloped to do it properly” and added, 

“But I am sure it will do it a lot better in.. Let’s say, 5 years or something”. 

Several respondents highlighted their inability to talk about their preferences for personalised 

recommendations due to it being something new they had not used much yet, but would like 

to try in the future.
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4.1.4 Data Safety

When discussing data safety, the respondents mentioned various types of data that they 

believe chatbots might be able to collect and use. They mainly referred to different categories 

of personal data. This included personal information such as name and social security 

number, biometric information such as height or shoe size and financial information like 

banking details and transaction history. Moreover, they mentioned behavioural data such as 

browsing and search histories which are typically collected through tracking technologies like 

cookies. 

The answers of the respondents differed regarding which types of data chatbots should be 

allowed to collect. Respondent 10 shared a relaxed stance towards what types of data 

chatbots the chatbot can collect from her by stating: “I wouldn't trust it with passwords. But 

other things are okay”. A different stance was shared by respondent 12 who viewed all data 

that was collected about her as a risk and preferred not having to share any data by stating: 

“All type of data is a risk of course, even like your everyday things that you use is always a 

risk”. Respondent 8 shared a view with a little more relaxed stance about the data collected 

by chatbots: “I mean I don’t think it’s hard to ask about products but to write something about 

yourself. I would never do that“. 

However, there was a general preference for transparency when it comes to how chatbots use 

data. For example, respondent 7 stated: “I feel like they should be more transparent, showing 

you the policy behind and what you're getting yourself into as well”. Additionally, several 

respondents noted not thinking much about data safety or being unaware of which data is 

being utilised by chatbots. Respondent 5 said when asked about his preferences about data 

safety, for example: “That's a tough question when you don't really know what they're doing 

with that kind of information”.

4.1.5 Language Style

The participants presented a range of viewpoints regarding their preferred language style of 

chatbots'. Some preferred a more formal language style as exemplified by Chatbot B during 

the interviews, while others preferred a more informal style as Chatbot A (see Appendix C). 

Respondent 2 explained her preference by stating: “The informality with the emojis and the 
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nice sentences like ‘I got you’, I know that they are fake because it's a chatbot but then also 

it's nice”. Regardless of the specific style, most respondents agreed that they appreciated 

chatbots being “polite” and “friendly”. When it came to the formulation of the messages 

several respondents pointed out that long answers or “chatty” chatbots were unnecessary. 

Instead they preferred short and concise answers, as exemplified by respondent 10 

stating:“The important thing for me is that it is concise. It has to get the point”. A similar 

sentiment was expressed by respondent 3 reasoning with time-efficiency: “But Chatbot B is 

more straightforward and I would feel like if I were to chat with chatbot B it would give me a 

faster answer than chatbot A”.

 

Preferences regarding chatbots using emojis in their answers varied. Several respondents 

were indifferent about the use of emojis. For example, respondent 11 stated when asked about 

if the chatbot should use emojis or not: “I really don’t care”. Respondent 10 stated being 

positive about it, reasoning: “I like emojis in general”. Respondent 9 mentioned a potential 

problem with using emojis by stating: “I also think it loses its formal touch if it uses emojis”. 

This was also uttered by respondent 6 arguing that the use of emojis in customer service 

interactions do not feel “appropriate”. 

4.2 Customer Perceptions of AI Chatbot Features

Based on the participants' statements about the different features, four underlying dimensions 

that constitute the second global theme customer perceptions of AI chatbot features have been 

identified: perceived usability, perceived usefulness, perceived privacy risk and perceived 

human-likeness. While it is important to note that perceptions are formed based on various 

factors, it became evident which chatbot features are contributing the most to each perception 

dimension. In the following, these four themes are explained in greater detail. 

4.2.1 Perceived Usability

The first dimension of customers' perceptions of AI chatbots is perceived usability. In this 

study perceived usability is defined as the individual’s subjective evaluation of how easy and 

efficient it is to interact with the chatbot. This encompasses how easy or challenging the 

chatbot is to use not only in technical terms but also in respect to its ability to understand 
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customer queries and to provide suitable responses. The chatbot features of interface and 

functionality are primarily contributing to the usability perception.

In terms of usability of the interface, the participants reported that they find chatbots 

generally easy to use and navigate. Respondet 2 explained: 

“I think they're easy to use in a way that I'm quite technical. I think I don't have 

a hard time navigating websites and stuff. So in general, I would say they're easy 

to use because they're straightforward with what they do”. 

A similar response was uttered by respondent 1: “Because for me, as a young person, you 

know, I feel like it's easy to understand and it's intuitive, it's like having a conversation”. 

However, respondent 12 offered a contrasting view, stating: “I don't think they're completely 

easy to use. Actually, I think they need to become more user-friendly”. Additionally, several 

respondents highlighted that some chatbots provide excessive information, thereby making 

them less user-friendly. 

When talking about the functionality of chatbots respondents often referred to their ability to 

understand and respond to their inquiries which can make them either easy or challenging to 

use. Respondent 8 for example stated: “Most of the times they are really good”. Respondent 

6 uttered a similar sentiment and pointed out that she appreciated that the Zalando chatbot 

understood her even though she misspelt some words. While most of the respondents 

acknowledged that chatbots can answer simple questions, they also expressed frustration with 

chatbots' inability to comprehend and address more complex queries. Respondet 3 

commented: 

“Sometimes it's very hard to get across what you're trying to say, and that's 

usually when I have more complicated or specific questions. That they are not 

very good at answering in my experience”.

As a reason for the chatbot’s inability to comprehend questions, several respondents referred 

to them as not being “advanced” enough. The respondents mentioned instances where they 

have been referred to human agents after the chatbot was not able to handle their request. 
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This was widely regarded as time-consuming and inefficient. The respondents also 

acknowledged instances when chatbots failed to provide satisfactory responses. Respondent 8 

elaborated on this, stating: “there are also times when it doesn’t know the answers and that 

doesn’t really make the experience great”. Respondent 4 explained that this differentiates 

chatbots from human customer service and said: “I think they're limited because they're not 

so advanced to understand the meaning behind our words in a sense that a human could 

understand“. Several respondents concluded that chatbots’ limited ability of understanding 

affects their experience negatively and would decrease the probability of using this chatbot 

again in the future.

One interesting point that many of the respondents voiced was that there is knowledge needed 

on how to phrase queries. Respondent 12 explained this by saying: “you need to know how to 

ask the right questions in order to receive the right response”. Similarly, Respondent 2 noted: 

“Also depends on the way you ask your question. I think it's a lot up to you. How 

you, like I said, you need to know not only what to ask but how to ask it”. 

4.2.2 Perceived Usefulness

The second dimension emerging from the results is perceived usefulness. In this study it 

refers to the individual’s subjective evaluation of the extent to which interacting with the 

chatbot can assist them in achieving their shopping goals. Chatbot features that were 

predominantly connected to this dimension are functionality and personalised 

recommendations. 

In assessing the functionality of chatbots, several respondents perceived chatbots as useful 

during online shopping. Respondent 8 expressed satisfaction, stating: “I usually get the help 

that I need”. One aspect of chatbots that was perceived as especially useful was their efficient 

response time. Respondent 4 mentioned that she values that: “It won't take more than a few 

seconds to give you what you want”. Respondent 3 also highlighted the instantaneousness of 

receiving information and that she does not have to write an email. However, contrasting 

opinions emerged from a large number of respondents, who deemed chatbots not useful due 

to their limited capability to handle their complex requests. Respondent 10 elaborated on this, 
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explaining: “They don't have the knowledge that I'm seeking. That makes them useless for 

me”.

Several respondents noted the usefulness of personalised recommendations by highlighting 

their potential to increase convenience. They acknowledged the challenge of catering to 

individual preferences but saw value in personalised recommendations, especially on large 

e-commerce platforms like Zalando or ASOS, where navigating through numerous options 

can be overwhelming. Respondent 5 explained a situation when he usually turns to chatbots 

for help and finds their assistance useful: “When I can't find anything I really like myself. Or 

if I'm searching for a certain thing but I can't find it”. Personalised recommendations were 

viewed as a useful tool for enhancing the shopping experience, once perfected. 

Interestingly, several respondents expressed that they do not have high expectations for 

chatbots giving good recommendations and that they would not fully trust their 

recommendations because they are lacking human experience and expertise. This was said to 

decrease their usefulness. Respondent 4 explained that he does not think that chatbots possess 

the same expertise as a human agent when it comes to shopping advice: 

“So for that you need to talk with a person so they could talk out of their 

experiences. And these things are limited for the chatbots right now and this 

could be a challenge because then if they cannot answer you the first time then 

you would not ask the chatbot in general again”.

Respondent 3 stated that the quality of the provided recommendation determines if she would 

use the chatbot for this purpose again. 

4.2.3 Perceived Privacy Risk

The third perception dimension is perceived privacy risk. The definition of perceived privacy 

risk used in this study refers to the subjective assessment individuals make regarding the 

potential negative consequences or uncertainties associated with sharing their data with 

chatbots. The chatbot features data safety and personalised recommendations are primarily 

contributing to the privacy risk perception.
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When talking about data safety, the respondents offered varied perspectives on the risks and 

their trust associated with using chatbots. The majority expressed varying levels of 

confidence in using chatbots, often influenced by their understanding of how these systems 

function. Some, like respondent 10, saw chatbots as trustworthy tools, especially when it 

came to personal information deemed less sensitive. Respondent 10 further explained this by 

stating: 

“I want to include that it's because you can easily find out your social security 

number online so it doesn’t really matter that the chatbot has it as well. Here in 

Sweden anyways, so it's not really anything I think we can keep secret, so that's 

why I don't really care. I wouldn't trust it with passwords. But other things are 

okay”. 

The same respondent also stated that her perception might be influenced by her knowledge of 

chatbots: 

“I think my experience is affecting this. Because I know how chatbots work so I 

kind of know what happens and all of that. That’s probably why I know I’m not 

really at risk, you know, when using the chatbot”.

Respondent 9 shared this perspective stating: 

“I think I also might be a bit influenced by what I know about chatbots and that 

makes me know what to trust it with because I know how it’s used”. 

However, a few respondents raised cybersecurity concerns, particularly regarding the 

potential misuse of personal data collected by chatbots. This group tended to be more 

cautious and sceptical, preferring not to share extensive personal information due to privacy 

concerns. They often cited discomfort with the idea of AI chatbots collecting and using data 

for personalization, viewing it as intrusive and potentially unsettling. Respondent 5 

explained: “It's scary because it's so new, so you don't really know where every information 

goes and who got access to it”.
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In connection with personalised recommendations several respondents expressed reservations 

regarding privacy concerns. They felt uncomfortable with the idea of chatbots collecting and 

storing their personal data to personalise recommendations. Respondent 7 described it as an 

invasion of privacy and expressed apprehension about the security of their online purchase 

history. Others were less concerned and appreciated the convenience and potential benefits of 

personalised experiences facilitated by data collection. Respondet 6 saw sharing her data with 

the chatbot to receive personalised recommendations as a beneficial trade-off: “I might also 

be naive to what it could mean for them to have all that information but I see the trade-off as 

a good thing”. 

4.2.4 Perceived Human-Likeness

The fourth dimension of the customer perception of AI chatbots is perceived human-likeness. 

This dimension involves the subjective evaluation of how human or non-human the chatbot 

appears to be. This is influenced by various human cues which collectively determine how 

human-like the chatbot is perceived. The chatbot features that were predominantly connected 

to this dimension are interface and language style.

When talking about the interface, several respondents mentioned elements that make chatbots 

appear more human-like. Respondent 5 mentioned that some chatbots he interacted with in 

the past had a picture of a person. This made him perceive the chatbot “less like a robot” 

which he liked. Respondet 3 talked about the short delay when the chatbot is processing the 

user input and concluded: “Maybe that's to try to make it more personal. Because if it's too 

quick maybe you don't really trust it as much”. Respondent 1 expressed a sense of amazement 

at the speed of chatbot responses, noting the contrast with human interactions, stating: “It is 

almost scary” and added: 

“Since it's shaped as a conversation with someone, the bot is much faster to 

reply than a human would ever be. But then that's good I guess because then you 

know, you're talking with an AI bot”.

Nearly all respondents compared the language style of a chatbot to human speech patterns. 

Some respondents expressed a dislike for chatbots mimicking human language. Respondent 

10 briefly articulated this sentiment, stating: “Because I’m fully aware that it's not human. 
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And I don’t want it to act like one when it isn’t”. However, other respondents such as 

respondent 12 thought it was positive and stated: “I think that's the point of it, right? Like the 

point is for it to mimic human behaviour and the way a human would respond to a question”. 

Respondet 4 provided a similar answer adding that the human-likeness: “would make the 

conversation a bit more interesting and easier”. However, some respondents also explained 

that it can reach a point where a chatbot becomes too personal. Respondent 3 explained this 

by saying: 

“And when I read this ‘Number 2 on the list is my personal favourite’ I kind of 

laughed a little to myself because I know that it's a chatbot. And I felt like they 

were just trying to sell stuff, maybe trying to be too personal with that”. 

In this context it was also often said that chatbots evoke a feeling of discomfort when they are 

too similar to humans, mentioning that chatbots do not have emotions or feelings. This 

feeling was expressed with terms like “weird”, “uneasy”, “creepy” or “scary”. Respondent 3 

uttered this feeling by saying: “I feel I would be more comfortable with chatbot A in the 

conversation, but it's also a bit scary because you're not really realising it's a bot”. Apart 

from the negative feeling of discomfort, some respondents also mentioned that chatbots 

evoked positive feelings through their language. When thinking about how the chatbot would 

make him feel if it would match his language style, respondent 4 for example explained: “I 

would feel safe or feel belonging”. 

When asked about how they write with chatbots, several respondents answered that they 

usually write in a polite manner. Respondent 3, for example, said that: “I usually write like 

it's a human that I'm talking to”. Others answered that they wrote short and formal and would 

communicate in a more polite way if they write to a human. Some respondents also indicated 

that they would appreciate it if the chatbot could match their own language style. Respondent 

5 pointed out that it would enhance his experience if the chatbot could be able to detect his 

mood as a human could and adapt to it. He explained: 

“So the best possible would be if the chatbot could feel my situation or how I'm 

wanting to be talked to” and added,”If I'm typing a lot, it can respond with a lot 

of text, but if I'm quite short, then not. If you write with a human, you can feel 

the mood the person is in”. 
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Others, such as respondent 8, preferred a strictly professional tone, believing that chatbots 

should not mimic human behaviour. Respondent 2 also preferred the language style to match 

her style and explained: “I would be offended if it wrote to me the same. Not that I write rude 

words, but I can be very short”. Emojis were also often seen as human cues. While 

respondent 4 said that the emojis contribute to the chatbot being perceived as friendly, several 

others connected them with the aforementioned “weird” feeling, especially when using more 

personal emojis like the heart emoji.

4.3 Effects on Online Customer Experience

The respondents provided diverse insights regarding their interactions with previous chatbots 

and their experiences with the Zalando chatbot. Many shared instances where chatbots had 

both positively and negatively impacted their customer experiences.

4.3.1 Positive Effects

The respondents mentioned various occasions where chatbots could solve their requests 

effectively and efficiently which positively impacted their experience. Respondent 8, for 

example, recounted an incident when she sought assistance in selecting a jacket for a season 

abroad. She recounted a positive encounter where the chatbot provided information that 

effectively aided her decision-making process. Similarly, respondent 3 talked about the 

time-efficiency of chatbots: “When you can get a quick answer to a general question, then 

my experience is good”.

The participants also noted that their experiences are positively influenced when chatbots can 

provide valuable assistance. Respondent 7, for example, shared a positive experience where a 

chatbot successfully helped him select an outfit for a wedding. He said: 

“I just logged on to this site. Wrote in the theme and it fixed a complete outfit for 

me and I got so many positive comments about that outfit on the wedding”. 

The same respondent also commented on the experience stating: “Really smooth experience 

overall”. Respondent 12 highlighted another positive aspect of reducing overwhelm through 

44



product recommendations, stating: “I like the recommendation part where it can show me 

products cause sometimes you can be a bit overwhelmed with options on a big website”.

Respondents also mentioned contexts where chatbots evoke positive feelings. Respondent 3 

used the example conversation with the chatbot and said: “Like this phrase ‘Perfect, white 

sneakers are a must-have’. It feels like you’re being validated”. Several respondents also 

pointed out that the chatbot's conversational output influences their trust towards chatbots. 

Respondent 4 referred to the initial greeting of the chatbot and stated: “If it's like ‘Hì’ or 

‘Hello’, then I think that is something very nice. So you could maybe trust them in a sense”. 

Other feelings that were mentioned included a sense of belonging or feeling “safe”.

4.3.2 Negative Effects

Several respondents shared instances of negative experiences with chatbots, particularly 

when the chatbots failed to answer questions accurately, provided incorrect information, or 

were unable to provide any information at all. Two participants specifically mentioned issues 

with sizing recommendations, where the chatbot's suggestions resulted in incorrect sizing 

choices. Also, when interacting with the Zalando chatbot their experiences were often 

impacted by its limitations. Respondent 6 noted that she was missing information about 

Zalando as a company from the chatbot. Specifically, when she inquired about the 

sustainability of products - a key factor in her purchasing decisions - the chatbot was unable 

to provide answers. 

The respondents emphasised that limited capabilities of chatbots to understand and handle 

queries often negatively impacted their experiences. For example, respondent 6 shared: 

“But I've had experiences where it was a little harder because I had to rephrase 

the questions and I got a few ‘Sorry I don't understand your question’” and he 

concluded “I think it just makes me trust the chatbot less [and makes it less] of a 

valuable option when I have a question”.

This sentiment was shared by several respondents. Respondent 11 stated that this was the 

reason why he does not enjoy using chatbots, stating: “Maybe they will function well in a 

couple of years, but until then I don’t see that I would ever enjoy using them”. In line with 
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this,the respondents highlighted functional aspects as more important than enjoyment. When 

participants were asked which of the five chatbot features impacted their customer experience 

the most, functionality emerged as the top priority, with nine out of twelve respondents 

stating it as the most influential.

In contrast to the positive feelings mentioned above, the respondents also mentioned various 

negative feelings they have experienced in the past when interacting with chatbots. 

Respondent 3 shared a story about a time he felt frustrated with the chatbot: 

“When you don't get your answer that you want, it's kind of frustrating because 

then you have to go through the same process again with a real customer 

service, a real human”.

Respondent 5 described that he would feel disappointed if he received bad recommendations 

from the chatbot: “Then I maybe will feel some disappointment or irritating [feeling]. I'm not 

mad, but yeah you expect more from it”.

Several respondents expressed that chatbots produce the feeling of fear in the context of data 

safety: “If I think about it, all of the data they're collecting can be scary, because you don't 

think about it all the time.” Additionally, there was a discomfort reported when chatbots 

appeared too human-like. These negative feelings were expressed with terms like “weird”, 

“uneasy”, “creepy” or “scary”. At the same time some respondents mentioned that chatbots 

are missing a “human touch” making the experience impersonal.

4.4 Influencing Factors

During the data analysis, two additional themes emerged: experience with using AI 

technology and attitude towards data privacy. These two factors seem to be person-related 

and might influence how chatbots are perceived. They are categorised under the global theme 

influencing factors and are explained further in the following. 

4.4.1 Experience with using AI Technology 

The first identified factor relates to the respondents' experience with using AI tools including 

advanced chatbots such as ChatGPT. They stated that this experience influenced their usage 
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and perceptions of e-commerce chatbots in several ways. Firstly, they reported finding the 

chatbots “easy” or “intuitive” to use due to their technical proficiency gained through 

interactions with similar technologies. Respondent 1 explained:

“Because for me, as a young person, you know, I feel like it's easy to understand 

and it's intuitive, it's like having a conversation. If you're not used to typing with 

AI or using AI in general, it's not super easy to understand why things 

sometimes don't work”.

This familiarity with AI was also mentioned as the reason why respondents understood the 

importance of phrasing their questions in specific ways to optimise the chatbot's functionality. 

Respondent 9 stated: “I think they're easy to use” and added: “Because I have used chatbots 

for quite a long time now, so I know how to ask to have the greatest chance of getting a good 

response”.

The respondents also explained that their regular use of advanced AI tools has set certain 

expectations for the capabilities of e-commerce chatbots. Respondent 5 elaborated on this 

explaining why he expects the chatbot to provide good recommendations:

“It [a good recommendation] is quite expected because I compare it to 

ChatGPT. I feel like it's so good and you expect the AI to be almost perfect. You 

always expect it to provide the right answers. There are no human mistakes. It 

shouldn't give you the wrong answer. So I'm not feeling ‘Oh, super happy’ 

because it helped me because I really expect it”.

At the same time, some respondents noted that they generally have low expectations for 

chatbots due to having experienced AI tools not understanding their queries or not providing 

helpful responses in the past. When talking about their prior experiences, respondents often 

referred to their expectations for chatbots. While some respondents hoped for extensive 

assistance, others had minimal expectations due to past experiences or a lack of familiarity 

with chatbots. The respondents expressed varied expectations for the capabilities of 

e-commerce chatbots, ranging from the desire for comprehensive product knowledge to the 

anticipation of being seamlessly connected to real-time data. Overall, there was a general 

consensus that chatbots should ideally enhance the purchasing experience, although 
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discrepancies between expectations and reality were acknowledged, particularly in terms of 

the chatbots' ability to understand queries and provide helpful responses.

4.4.2 Attitude towards Data Privacy

The second factor refers to the respondents' attitudes towards data privacy. While some 

participants noted that they were relatively unconcerned about sharing their data with 

chatbots, others expressed more caution and less trust in AI systems. Respondent 12 stated 

about her personal data: “Never share. I don't even trust people with it” and further elaborated 

on her general opinion on cybersecurity: 

“All type of data is a risk of course, even like your everyday things that you use 

is always a risk and I think that cybersecurity in general has become a bigger 

issue which you can see in the new legislation coming from the EU”. 

Respondent 4 uttered a similar statement saying: “I think data safety is something that we 

should be very careful about”. Other respondents took a less concerned stance. For example, 

when asked if he would share his personal information with chatbots respondent 9 answered: 

“Yes, I would. Because if my personal information makes it better, then it's just 

all good. It’s not like I’m a very interesting person so I don’t really have 

anything to hide”. 

Showing a similar attitude, respondent 10 pointed out the benefit of personalisation by 

sharing her data and stated: “It can use it as much as it wants to give me a personalised 

experience”. 

4.5 Chapter Summary

Chapter four presented the findings from the interviews on AI chatbot features, categorising 

them based on identified themes and examining participant perceptions and experiences. Four 

perceptions were found: perceived usability, perceived usefulness, perceived privacy risk, and 

perceived human-likeness. Usability concerned how efficiently the chatbot functioned, 

primarily influenced by interface and functionality. Users preferred intuitive designs and fast, 
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concise responses. Usefulness evaluated the extent to which users believe chatbots assisted in 

achieving goals, with functionality and personalised recommendations being key. Privacy risk 

encompassed concerns about data safety and trustworthiness, influenced by features like data 

safety and personalised recommendations. Human-likeness referred to how human the 

chatbot appeared, influenced by interface and language style. The chapter also presented the 

findings of online customer experience, noting both positive impacts such as effective 

problem-solving and negative aspects such as inaccuracies or limitations with the chatbots. 

Finally, the influencing factors were presented, including experience with using AI 

technology and attitudes towards data privacy, which influenced the perceptions and 

experience of users. 

5. Analysis and Discussion

In this chapter the presented findings are analysed and discussed. First the derived 

conceptual framework is presented which synthesises the finding. The following part of the 

analysis and discussion illuminates the connections between the components of the 

framework and is organised according to the customer perceptions which link the AI chatbot 

features, the effects on the online customer experience and the influencing factors.

5.1 Refined Conceptual Framework

After reviewing the initial conceptual framework alongside the themes identified in the 

analysis, a refined conceptual framework was developed. The final framework is based on the 

five investigated features of AI chatbots: language style, interface, functionality, personalised 

recommendation and data safety. The results show that these features play a pivotal role in 

chatbot interactions which aligns with prior research on each of these features (Baabdullah et 

al. 2022; Bouhia et al. 2022; Chen et al. 2021; Janson, 2023; Li & Wang, 2023). Based on the 

findings it can be inferred that the way AI chatbot features are deployed influences how AI 

chatbots are perceived by customers. This is in line with what has been found by Kaushal & 

Yadav (2023) and Landim et al. (2022). 

Functionality emerged as the most important AI chatbot feature in terms of their shopping 

experience which underscores the users' prioritisation of practical utility over other potential 

aspects like interface or language style, highlighting the pragmatic nature of customers' 

interactions with chatbots. This is often due to the fact that chatbots are mostly employed to 
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solve problems and the basic functionality therefore has to be secured. Attributing 

significance to functionality aligns with findings from Chen et al. (2021) and Trivedi (2019), 

who emphasise the crucial role of functional quality aspects in chatbots for user satisfaction 

and adoption. On the other hand, there was also a desire for more engaging and personalised 

interactions with chatbots which goes in line with the findings of Pappas et al. (2017). This 

indicates a shift in expectations for chatbots from simple tools to dynamic shopping 

assistants. These insights highlight the evolving role of chatbots in enhancing online 

shopping experiences.

Derived from the results, customer perceptions of AI chatbot features consist of four 

perception dimensions, namely perceived usefulness, usability, privacy risk and 

human-likeness. While all features collectively influence the customer perception, some 

features contribute more to specific perceptions. For instance, the interface of chatbots can 

influence perceptions of human-likeness through elements like the chatbot's name but also 

affect perceived usability through the interaction buttons. Although examining the different 

chatbot features individually is useful, the results also indicate that the features overlap and 

interact with each other in shaping customer perceptions and experiences. For instance, 

elements of the interface and the chatbot’s language style contribute to perceptions of 

human-likeness, while their functionality and personalised recommendations are key factors 

in determining their usefulness. 

These subjective perceptions, in turn, affect the customer experience. This confirms the 

findings of prior studies (e.g. Chen et al. 2021; Jiménez-Barreto et al. 2021; Kushwaha et al. 

2021). Following the definition of Carbone and Haeckel (1994) customer experience can be 

seen as a holistic aggregate of all perceptions of the features of the chatbot. Depending on 

how chatbots are perceived it can have positive or negative effects on the online customer 

experience. This is indicated by the arrows next to the perceptions in the framework. The 

upward pointing part of the arrow signifies a high perception of the feature in a chatbot, and 

the downward pointing part a low perception of this feature. Positive effects on the customer 

experience are marked with green, while the red part of an arrow signifies a negative effect. 

For example, if we consider perceived usability, a high perceived usability leads to a positive 

customer experience (upward pointing green arrow), whereas a low perceived usability 

results in a negative customer experience (downward pointing red arrow).
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To sum up, perceptions of high usability or usefulness of chatbots tend to have positive 

effects, thus enhancing customer experience. Conversely, high perceived privacy risks 

generally have a negative impact. Moderate levels of perceived human-likeness can 

positively affect the customer experience, whereas very high or very low levels tend to 

produce negative feelings, such as fear. On the other hand, positive perceptions can foster 

feelings of belonging, enhancing the experience. Consequently, the higher the positive effects 

on the customer experience, the higher it is overall. Understanding this interplay has 

significant implications for e-commerce companies deploying chatbots. For example, if 

customers do not find the chatbot useful during shopping, this feedback can be traced back to 

key features influencing the perception of usefulness. Consequently, optimizations may be 

necessary in areas such as the chatbot's ability to understand user queries and the fit of the 

recommendations with the users preferences to enhance customer experiences.

Besides the object-related chatbot features, customer perceptions are also influenced by two 

person-related factors. The first factor is attitudes towards data privacy which predominantly 

affects how the privacy risk is perceived. The second factor is experience with using AI 

technology which mainly influences perceptions of usability and usefulness. The customer 

experience resulting from interactions with AI chatbots feeds back into experience with AI 

technology, influencing future perceptions during new chatbot interactions.
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Figure 5.1 Final Conceptual Framework (created by the authors)

5.2 Interrelations between AI Chatbot Features, Customer Perceptions and 

Customer Experience

To thoroughly analyse how customers perceive the AI chatbot features and how these 

perceptions influence their experience, it is crucial to discuss the interrelationships among 

these variables. Since customer perceptions serve as a central link in the framework, the 

following sections will focus on exploring how these perceptions are shaped by the AI 

chatbot features and how they in turn impact the overall customer experience.

5.2.1 Perceived Usability

The findings reveal that the chatbot features interface and functionality are the key factors in 

determining how the usability of chatbots is perceived. When chatbots have a simple and 

straightforward interface they are perceived as usable and often also easy to use. As chatbots 

are seen as something to fulfil a functional purpose of providing efficient assistance, bold 
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designs can be distracting and thereby decreasing the perceived usability. To increase the 

perceived usability several respondents pointed out that it should be clearly distinguishable 

which message comes from the chatbot and which comes from themselves. Something that 

could be done by appointing different colours or by making the conversation text appear from 

different sides of the screen. Another thing that was highlighted to increase the perceived 

usability was the chatbot's use of dots to indicate that the chatbot is working and coming back 

with a response. A clear and responsive interface is therefore important to enhance the 

perceived usability and thereby the experience.

The functionality of the chatbot also affected the perceived usability. To increase the chatbot's 

usability it was important that the chatbot understood and was able to respond with relevant 

answers to the users queries. This was something that did not always work perfectly and 

many saw this as something that distinguished them from interactions with human service 

agents. Participants described these chatbots as not being “advanced” enough and listed 

several problems that have occurred which limited their use and thereby the usability. One 

example of something that limited the perceived usability was the need to rephrase the 

questions, sometimes several times, or having to go through a chatbot first, to later on talk to 

a human agent to solve the problem. These incidents seem to diminish the value of chatbots 

in saving time and thereby the usability of the chatbot. Respondents described this as 

“frustrating” and that this might lead to them not using chatbots again. Therefore, having the 

capabilities to comprehend customer queries and solve them in an effective way is a crucial 

factor impacting the perceived usability and in turn customer experience. 

Generally it can be said that the better the usability of chatbots is perceived, the better 

customer experience can be expected. While some respondents pointed out that a 

user-friendly interface is an important factor when interacting with chatbots, the bigger hurdle 

to overcome in perceiving a high usability seems to be the chatbots’ functionality in terms of 

understanding and responding to all possible questions during the shopping process. This 

emphasises the importance of training chatbots on large language models and optimising their 

NLU.

The importance of perceived usability in shaping customer experience go along with the 

findings in the literature. It aligns with the findings of Chen et al. (2021) who found that 

usability and responsiveness in the context of e-retailing significantly influence the online 
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customer experience. The perceived usability in this study includes factors of how easy the 

chatbot is to use and is therefore similar to the dimension of ease of use proposed in the TAM 

(Davis, 1989). This finding contributes to the relevance of the TAM in investigating 

perceptions of chatbots in the context of online shopping. Considering the ISS Model which 

focuses on quality aspects of information systems, the perceived usability of chatbots in this 

study is similar to the dimension of system quality proposed by DeLone and McLean (2003). 

System quality encompasses the functional characteristics of information systems and has 

been proposed as one of the measures for system quality in e-commerce (DeLone & McLean, 

2003). This study confirms this proposal. Likewise, system quality has been found to have a 

significant impact on customer experience in the studies of Ashfaq et al. (2020), Behera et al. 

(2021) and Trivedi (2019). This further illustrates that the findings of this study align with 

those in the existing literature. 

5.2.2 Perceived Usefulness

The perceived usefulness of chatbots was found to be mostly determined by the features 

interface and functionality. The data revealed that functionality impacts the perceived 

usefulness of chatbots. When chatbots provide accurate assistance, they are perceived as 

useful. Quick response times also contribute to chatbots being perceived as useful. However, 

while e-commerce chatbots typically excel at handling simple queries and providing accurate 

assistance, they often lack advanced capabilities. This limitation becomes evident when 

chatbots fail to provide relevant or accurate information for more complex queries, resulting 

in a drastic decline in their perceived usefulness. This highlights the importance of chatbots 

being equipped to handle a range of inquiries effectively. It also suggests that users' 

expectations may vary depending on the nature of their interactions, with a greater emphasis 

placed on responsiveness and accuracy for simpler queries, while more complex issues may 

require additional support before they are more developed.

The feature personalised recommendations also impacts the perceived usefulness of chatbots. 

The personalised recommendations were perceived as useful when it provided 

recommendations that helped narrow down options on large sites. This was especially 

deemed useful in contexts where respondents had a general idea of what they were looking 

for. Here, the quality of the recommendations becomes crucial, and it is important that 

chatbots demonstrate a level of expertise comparable to human assistants. In these cases, 
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chatbots take the role of a shopping assistant during the shopping process. This aspect 

underscores the evolving role of chatbots from mere informational tools to interactive 

assistants capable of creating personalised shopping experiences. However, the lack of 

expertise and human touch in personalised recommendations affect their perceived usefulness 

negatively. This was mainly due to the chatbot giving bad recommendations. Finally, the 

personalised recommendations given by the Zalando chatbot was described as a “fun touch” 

with the potential to enhance their experiences in the future. This indicates that users 

appreciate the added value and convenience offered by chatbots when it comes to discovering 

new products and exploring options aligned with their tastes and preferences. As such, 

integrating features that cater to users' browsing and discovery needs can contribute to a more 

engaging and enjoyable shopping experience, which can foster increased user satisfaction and 

loyalty over time. Moreover, this suggests that as chatbot technology continues to evolve, 

there is an opportunity for brands to leverage these capabilities to provide more personalised 

and deep interactions with their customers, ultimately driving greater engagement and 

conversion rates.

In terms of customer experience, the greater the value derived from interacting with a 

chatbot, the more useful the chatbot is perceived to be, which in turn positively impacts the 

customer experience. This aligns with the notion that customers seek efficiency and 

effectiveness in their interactions with chatbots, expecting them to provide helpful and 

accurate information promptly. When chatbots meet these expectations, users are more likely 

to view them positively and get a positive experience. Conversely, if a chatbot was not 

deemed useful, it not only diminishes the user’s experience but also decreases their intention 

to use the chatbot in the future. This highlights the critical role of perceived usefulness in 

shaping user attitudes and behaviours towards chatbots. When users encounter chatbots that 

fail to meet their needs or provide inadequate assistance, it leads to frustration and 

dissatisfaction, potentially resulting in a reluctance to engage with the chatbot in the future. A 

potential risk with this is also that it could harm the customer-brand relationship since 

chatbots can be seen as virtual brand representatives. Negative experiences with chatbots can 

diminish customer trust and loyalty, as users may perceive the brand as indifferent or 

unresponsive to their needs. Therefore, ensuring that chatbots offer genuine value and utility 

to users is essential for fostering positive customer experiences and encouraging continued 

interaction with the brand.
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The identified pivotal role of perceived usefulness in the context of chatbots aligns with the 

existing literature. Following the traditional application of the TAM, research consistently 

links perceived usefulness to the adoption of chatbots, as has been demonstrated by the 

studies of Ashfaq et al. (2020), Behera et al. (2021), Kasilingam (2020) and Rese et al. 

(2020). For instance, Kasilingam (2020) proved the influence of perceived usefulness on 

attitude towards chatbots which in turn influenced the intention to use chatbots for shopping. 

Similar to this, Ashfaq et al. (2020) found that perceived usefulness directly impacts users’ 

satisfaction and intention to continue using chatbots. Due to this, it is possible to draw the 

conclusion that this also has an effect on customer experience. The present study therefore 

extends these findings and proposes that perceived usefulness also influences customer 

experience when interacting with AI chatbots. Interestingly, the perceived enjoyment, which 

Rese et al. (2020) found to positively influence chatbot acceptance, did not emerge to impact 

customer experience in this study. On the contrary, respondents emphasised the importance of 

functional aspects of chatbots over enjoyment in affecting their experience.

Trivedi's (2019) findings suggest that the quality of chatbot responses significantly impacts 

customer satisfaction following their experience. This supports the reasonableness of this 

study's findings on perceived usefulness and the following effect on customer experience. 

Furthermore, Pappas et al. (2017), found that high-quality personalisation positively 

influences customer persuasion and intention to shop online. This is further strengthened by 

Følstad et al. (2018) and Jenneboer et al. (2022) who emphasised how high-quality 

information can elevate the customer experience. The findings of this study align with their 

conclusions. Baabdullah et al. (2022) demonstrated that personalised interactions with 

chatbots improve customer experience, a conclusion also supported by this study. 

Personalisation was also studied by Pappas et al. (2017), revealing its central role in 

enhancing customer persuasion and ultimately driving higher sales. Their study emphasised 

that the quality of personalization significantly impacts its effectiveness, thereby enhancing 

its benefits. This aligns with the findings of this study, which suggest that high-quality 

personalised recommendations can indeed be useful and positively influence customer 

experience.
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5.2.3 Perceived Privacy Risk

The perceived privacy risk of chatbots is mainly shaped by data safety and personalised 

recommendations. Users' trust in data safety varied based on their understanding of chatbot 

technology and the perceived sensitivity of the information shared. A pragmatic viewpoint is 

evident in participants who rationalise data sharing as a trade-off for improved chatbot 

functionality, highlighting a willingness to prioritise convenience over privacy concerns. 

While some participants harbour strong reservations towards data sharing others exhibit a 

more accepting attitude, citing the inevitability of online data storage and retrieval. The 

discourse underscores a broader awareness among consumers regarding data collection 

practices in the digital age. Despite reservations, participants acknowledge the pervasive 

nature of data usage, signalling a growing understanding of the risks involved. However, 

concerns remain regarding the transparency surrounding data handling and the potential for 

unauthorised access or misuse. This suggests a continued need for greater transparency and 

accountability of how personal data is managed by AI chatbots and other digital platforms.

Personalised recommendations, while potentially beneficial, raise significant privacy 

concerns, particularly regarding data collection and storage practices. To mitigate these 

perceived risks, it is crucial for chatbot providers to ensure robust data security measures and 

transparent data handling practices, thereby enhancing user trust and acceptance.

In contrast to the previously mentioned features, lower levels of perceived privacy risk are 

preferable for improving the customer experience. This aligns with the idea that users are 

more likely to engage with chatbots and other AI technologies when they feel that their 

personal information is secure, thereby fostering trust and enhancing overall satisfaction. 

Consequently, ensuring robust data protection measures and transparent data handling 

practices is crucial for chatbot providers to mitigate privacy concerns and improve user 

experience.

The findings regarding perceived risk can be connected to the broader discussions on the 

risks associated with AI chatbots. The participants expressed varied perspectives on the 

safety of sharing personal information with chatbots, echoing the concerns highlighted in the 

literature. For example, concerns were raised regarding the nature of the requested 

information, particularly when it delved into sensitive areas such as physical characteristics. 
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This aligns with the privacy concerns raised by Bouhia et al. (2022), who found that privacy 

concerns are influenced by the nature of the information requested by chatbots. Similar to the 

findings of Kushwaha et al. (2021), Silva et al. (2022) and Trivedi (2019) this study found 

that when a higher risk was associated with the use of chatbots the intention to use chatbots 

declined. This also implies that the users adaptation and usage behaviour is impacted 

negatively with a higher associated risk. 

5.2.4 Perceived Human-Likeness

For the perceived human-likeness the interface and language style have been found to be 

most influential. Regarding the interface some respondents mentioned that they generally 

appreciate when the chatbot is anthropomorphised and has a human name or a picture of a 

human as this can make them more human-like but not in a way that affects the perception 

negatively. Another element that the respondents liked was when the chatbot used a short 

delay in processing their input as a feature, described as something that adds a personal 

touch. This indicates that visual cues and interaction delays can make chatbots feel more 

personal and trustworthy.

However, the most influential feature in perceiving chatbots as human-like is their language 

style. Adopting an informal language, using emojis or including personal greetings at the 

beginning and end of the conversation was considered more personal and human by the 

respondents and something they generally liked. Chatbots were described as being “polite” or 

“friendly”, characteristics typically only associated with human interactions. Interestingly, 

several respondents revealed that they write with chatbots as if they were human, often 

forgetting that their conversation partner is a chatbot. This shows the advancements in NLP 

that have enabled chatbots to better mimic human speech patterns and engage with users in a 

more natural manner. This last finding aligns with what is written by Ngyen et al. (2023) 

suggesting that the more human-like a chatbot presents, the more likely customers will react 

to it as a human actor and follow social rules interacting with it.

As the findings of this study revealed, the human-likeness of chatbots can have both positive 

and negative effects on customer experience. On the one hand, nearly all respondents 

mentioned examples where chatbots resembled humans too closely, resulting in feelings of 

unease or discomfort. A phenomenon commonly known as uncanny valley. When designing 
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and developing chatbots it is therefore important to avoid this uncanny valley effect, as it can 

impact the customer experience negatively. On the other hand, several respondents reported 

that chatbots are capable of giving them a feeling of belonging, safety and validation, 

indicating the effect of individual preferences. Language cues were particularly mentioned as 

factors that increased trust in chatbots. As chatbots become more human-like in their 

appearance and behaviour, they seem to be able to also elicit human emotions which can be 

leveraged to enhance customer experiences in shopping contexts. This idea opens up a wide 

array of opportunities for chatbots to evolve from mere answering machines for FAQs to 

becoming full shopping assistants and brand ambassadors with the possibility to enhance the 

relationship with customers. This could be a significant opportunity for brands to utilise 

chatbots not only for efficiency but also for increasing customer experiences in the future. 

While some appreciate human-like language and adaptability, others may find it 

discomforting if it feels too personal or insincere. Balancing these elements carefully can help 

create a more engaging and comfortable user experience, enhancing the perceived 

human-likeness of chatbots.

Generally it can be inferred that the perception of human-likeness in chatbots requires a 

careful approach. In contrast to the other perception dimensions of usability and usefulness, 

where higher levels of perception typically improve customer experience, or privacy risk, 

where lower levels are preferable, for the perception of human-likeness it is essential to find 

the right balance. An excessive resemblance to humans can be perceived as unsettling or even 

frightening, while too little resemblance can make the conversation feel impersonal. Positive 

emotions evoked through a moderate level of human-likeness can enhance customer 

experiences. However, when chatbots are too human-like, they may elicit negative feelings 

which can impact the customer experience negatively and should therefore be avoided. This 

is particularly true when the chatbot exhibits such convincing human-like qualities that 

customers are prompted to remember that they are interacting with a chatbot and not a 

human.

As evidenced by previous research, anthropomorphism plays an important role in enhancing 

customer experiences (Go & Sundar, 2019; Petersson et al. 2023). This study found that the 

perception of human-like characteristics in chatbots can be based on anthropomorphic 

interface design cues, something that Janson (2023) and Haugeland et al. (2022) also found in 

their studies. Additionally, this study also found that the perceived human-likeness can be 
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influenced by the chatbot’s language style. While Nguyen et al. (2023) observed that a high 

level of human-like language increases customer engagement, the present study found that 

human-like language style is perceived differently by respondents and overly human-like 

language can have negative effects on customer experience indicating a need for a more 

personal touch.

Petersson et al. (2023) highlighted the significance of human-like attributes such as 

personality traits and willingness to help in improving customer experience. Go and Sundar 

(2019) corroborated these findings, indicating a positive connection between human-likeness 

and customer experience. Conversely, van der Goot et al. (2021) emphasised the importance 

of providing adequate assistance over merely humanising the chatbot. This study's results do 

not entirely align with previous research. Instead, it highlights the complexity of personal 

preferences, as some respondents prefer chatbots to be more human-like, while others do not. 

This variability suggests that a one-size-fits-all approach may not be effective for chatbot 

design. Developers should consider offering customizable options to cater to diverse user 

preferences, thereby enhancing overall user satisfaction. Additionally, this study underscores 

the importance of balancing human-like qualities with functionality to meet varying 

expectations and improve the user experience.

5.3 Factors Influencing Customer Perceptions

As the study's participants comprised individuals from Gen Z, the participant group was 

relatively homogeneous which explains why no demographic factors were found to influence 

the perceptions. However, two person-related factors emerged from the data that potentially 

influence customer perceptions of chatbots and as a result customer experiences.

5.3.1 Experience with using AI Technology 

The respondents’ comfort and knowledge of technology seems to influence their usage and 

perception of AI chatbots. For instance one respondent indicated a reluctance to embrace new 

technologies unless necessary. At the same time, while AI tools have the potential to enhance 

expectations, negative experiences can lower them. Several respondents mentioned not 

having high expectations for chatbots due to their prior experiences with them not being 

successful. This points out the importance of creating positive experiences. This indicates that 

increased use of chatbots and higher technological experience correlates with higher 
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expectations for their usability. Consequently, these expectations influence perceptions when 

interacting with chatbots.

The respondents that perceived chatbots as easy to use mentioned that this might be due to 

the fact that they had interacted with AI several times before. These experiences helped them 

learn where to look for the chatbot, how to navigate the interface and how to phrase questions 

for the chatbot to understand. These experiences might also influence their expectations 

towards e-commerce chatbots as they are learning what advanced AI chatbots such as 

ChatGPT are capable of. For example, if a chatbot does not understand them well, and they 

are accustomed to more advanced AI, this discrepancy can negatively impact their perceived 

usefulness of the chatbot and, by extension, their overall customer experience. This indicates 

that experience with using AI technology could shape customer experiences in e-commerce 

settings. 

Verhoef et al. (2009) state that customer experience is influenced by external factors such as 

shopping intent and others’ opinions and not only by controllable elements such as service 

quality, ambiance, and pricing. In line with these insights, this study found that there are other 

things than perceptions that influence the customer experience. This suggests that the impact 

of previous interactions with AI chatbots on customer experience is a reasonable 

consideration. Therefore, understanding how prior experiences influence the usability and 

effectiveness of chatbots is essential for designing tailored and impactful customer 

experiences. 

5.3.2 Attitude towards Data Privacy

Differing perspectives towards data safety could influence how individuals perceive chatbots 

in online shopping environments, ultimately influencing the overall customer experience. The 

varying attitudes towards data privacy could vary depending on the individual’s background 

and can also have significant implications for how individuals perceive the use of chatbots in 

online shopping. For those who are less concerned about data privacy, interacting with 

chatbots may be perceived as convenient and beneficial, contributing positively to their 

overall customer experience. In contrast, individuals who harbour reservations about data 

privacy may approach chatbot interactions with scepticism and reluctance, potentially 

diminishing their overall satisfaction with the online shopping experience. This aligns with 

the findings of Al-Abdullatif (2023), who identified that various factors influence the 
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acceptance of chatbots, including trust, perceived risk, and enjoyment. Nuanchaona et al. 

(2021) however, found that personality traits affect the usability of chatbots, which in turn 

impacts the extrinsic values of customer experience. Businesses operating in the e-commerce 

sector must recognize and address these divergent attitudes towards data privacy among 

consumers. Implementing robust data protection measures, transparent data handling policies, 

and providing clear information about how personal data is used and stored can help alleviate 

concerns and build trust with users. 

5.4 Chapter Summary

Chapter five presented the refined conceptual framework and explained the connections 

between AI chatbot features, customers perceptions of these features, how the perceptions 

influenced customer experience and how influencing factors affected customer perceptions 

and experiences. The analysis and discussion show that in order to result in a positive 

customer experience chatbots need to be perceived as usable and useful. Contrary to this, the 

perceived privacy risk needs to be low to result in a positive customer experience. For 

perceived human-likeness there is a need to find a delicate balance where the chatbots are 

perceived to have the right level of human-likeness to result in a positive customer 

experience. The influencing factors of experience with using AI technology and data privacy 

attitudes shape chatbot perceptions in e-commerce. Familiar users have higher expectations 

and generally find chatbots easier to use. Discrepancies between expectations and 

performance can impact perceived usefulness, highlighting the need for tailored chatbot 

designs. Individuals that are less concerned with data privacy find chatbots convenient and 

beneficial, enhancing their experience. Conversely, privacy-conscious individuals approach 

chatbots with scepticism, reducing satisfaction. 

6. Conclusion

This chapter presents the conclusions drawn from the qualitative study. It begins by 

summarising the findings based on the research aim and objectives. Following this, it 

highlights the managerial and theoretical contributions made by this research. The chapter 

concludes by outlining potential avenues for future research.
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6.1 Main Findings

The aim of this study was to investigate how customers perceive different AI-based chatbot 

features with the goal of understanding how chatbots can improve the customer experience in 

e-commerce. Specifically, the study sought to answer the following research question: 

How do customers perceive different AI-based chatbot features in regards to their customer 

experience in e-commerce?

To address the research question, four sequential research objectives were established. The 

first objective was to identify the key features of AI-based chatbots. This was achieved 

through a comprehensive review of the existing literature on chatbots, a pilot study and a 

pre-interview process. As a result, five predominant features were identified and defined: 

1. Interface: This feature emphasises the design elements associated with chatbots, 

focusing on user interaction and visual presentation.

2. Functionality: This feature refers to the functional aspects of chatbots, including their 

comprehension capabilities and how efficient they execute tasks.

3. Personalised recommendations: A relatively new feature for AI chatbots, which 

involves suggesting products based on the user's preferences and input.

4. Data safety: This feature concerns the safety associated with using chatbots, focusing 

on how user data is handled and protected.

5. Language style: This feature revolves around the linguistic cues provided by the 

chatbot, including formality and use of anthropomorphic language. 

The second objective was to explore customers' perceptions of these distinct chatbot features 

that shape online shopping experiences. To accomplish this twelve semi-structured interviews 

were conducted to gather rich data about customers’ perceptions and shopping experiences in 

the context of online shopping for products. The interviews were conducted with Swedish 

consumers from Gen Z, an age group recognized as particularly significant in the context of 

use of AI in e-commerce.

The third objective of the study was to develop a conceptual framework derived from the 

empirical data. A thematic analysis was undertaken to identify and interpret the perceptions 
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formed through interactions with chatbots and their impact on customer experience. This 

analysis led to the identification of four underlying customer perceptions based on the AI 

chatbot features:

1. Perceived Usability: Refers to how easy and efficient it is to interact with the chatbot. 

This encompasses how easy or challenging the chatbot is to use not only in technical 

terms but also in respect to its ability to understand customer queries and to provide 

suitable responses. 

2. Perceived Usefulness: Refers to an individual’s subjective evaluation of the extent to 

which they believe that interacting with the chatbot can assist them in achieving their 

shopping goals. 

3. Perceived Privacy Risk: Refers to the subjective assessment individuals make 

regarding the potential negative consequences or uncertainties associated with 

<sharing their data with chatbots. 

4. Perceived Human-Likeness: This dimension involves the subjective evaluation of 

how human or non-human the chatbot appears. This is influenced by various human 

cues which collectively determine how human-like the chatbot is perceived. 

Collectively, the four perceptions were found to contribute to the customer experience. The 

higher the perceived usability and perceived usefulness, the more positive the customer 

experience is expected to be. Conversely, a lower perceived privacy risk is associated with a 

more positive customer experience. However, the relationship with perceived-human-likeness 

proved to be more complex. The findings indicate that there is a subjective threshold beyond 

which increased human-likeness may begin to negatively impact the customer experience. 

Furthermore, two moderating variables that influence the perceptions of AI chatbot features 

emerged from the data: the individuals’ experience with using AI technology and their 

attitude towards data privacy. Experience with using AI technology influences comfort and 

perception of chatbots, with familiarity leading to higher expectations and ease of use. 

Positive experiences enhance expectations, while negative ones lower them. Discrepancies 

between expectations and performance can impact perceived usefulness, highlighting the 

need for tailored chatbot designs to improve e-commerce customer experiences. Attitudes 

towards data privacy impact perceptions of chatbots in online shopping. Those less concerned 

with privacy find chatbots convenient and beneficial, enhancing their experience. Conversely, 

privacy-conscious individuals approach chatbots with scepticism, reducing satisfaction. 
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E-commerce businesses must implement robust data protection and transparent policies to 

address these concerns and build trust.

The final research objective consisted of drawing practical implications for optimising the 

five AI chatbot features to enhance online customer experiences. The data revealed that 

customers have common preferences for each of the features investigated . These insights are 

valuable for companies that want a new design or optimise features of their AI chatbots. The 

gained practical recommendations are summarised in the subsequent section.

6.2 Managerial Implications

The findings of this study underscore the significance of chatbots as essential tools 

throughout the entire customer journey. In the pre-purchase phase, initiating communication 

and providing customers with highly relevant recommendations are crucial, especially when 

customers are visiting the online shop without a specific product in mind. During the 

purchase phase, chatbots can help narrow down options. Implementing chatbots as pop-ups in 

this phase provides timely assistance and guidance, enhancing the customer experience and 

increasing the likelihood of successful conversions. Advanced features like voice search or 

photo search can further engage consumers. Moreover, during this stage it is important to 

provide comprehensive product information. In the post-purchase phase, the efficiency of 

chatbots in problem-solving becomes crucial as the customers often actively turn to chatbots 

for quick solutions to their inquiries and support needs.

This study highlights the crucial role AI chatbots play in enhancing online shopping 

experiences. Understanding how different features are perceived by customers, particularly 

Gen Z who find chatbots intuitively easy to use due to their tech-savviness, can greatly 

optimise their deployment. Considering their usability, it is essential for chatbots to 

accurately comprehend user queries and provide adequate responses. Hence, continuous 

training to the latest standards is necessary to avoid negative experiences. Gen Z values 

chatbots that offer more than simple FAQ responses such as insights into sustainability, which 

reduce the effort needed to find information. Although chatbot responses sometimes are 

limited to available website content, expanding their knowledge base beyond current 

offerings could improve customer experiences. Features like advanced product 

recommendations are appreciated for helping narrow down choices and enhance 
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decision-making, although they must align closely with user preferences to avoid frustration. 

Privacy concerns are also significant among Gen Z shoppers. They desire greater 

transparency in data usage, which can increase trust and enhance the shopping experience. 

Moreover, while a human-likeness may appeal to Gen Z consumers, it must be carefully 

balanced to suit the brand and avoid coming off as overly human.

Throughout the interview process, the participants in this study shared valuable insights about 

their preferences regarding these chatbot features. Additionally, they provided suggestions for 

feature improvements. These insights were synthesised into practical recommendations for 

the deployment of each AI chatbot feature which are presented in Table 6.1. Aligning chatbot 

features with customer preferences is essential for fostering positive experiences in 

e-commerce. When implementing chatbots on e-commerce websites it is beneficial to 

understand customers' preferred characteristics such as a specific language style first. 

Therefore conducting pre-test with current customers is recommended. 

Table 6.1 Practical Recommendations for the Deployment of AI Chatbot Features

Feature Aspect Recommendation

Interface Visual design Use a simple design to avoid distractions. 
Appoint different colours to distinguish chatbot 
and customer responses to enhance clarity. Use 
colours and design of the brand and vibrant 
colours to appear more engaging.

Visual indication of 
processing a request

Use dots or “writing” to signal that the chatbot 
is processing the issue

Chatbot visibility Use pop-up in different stages of the shopping 
process and offer help to increase the visibility 
of the chatbot and signal availability.

Buttons vs. free-text 
input options

Use a combination of button- and free-text 
input options. Buttons help the customers to 
understand the capabilities while they prefer  
free-text options for specific questions

Functionality Ability to understand 
and respond

Implement advanced NLP to enhance chatbots' 
comprehension of complex queries.
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Relevance of 
information

Use short answers with only relevant 
information. Make sure that the chatbot’s 
database is up to date. Information that goes 
beyond the website content provides an added 
value for customers. 

Referring to human 
customer service

Combine chatbot and human support and add 
options to quickly connect to a customer service 
agent to circumvent frustration.

Personalised 
Recommen-
dations

Provide 
recommendations for 
different shopping 
intents

Provide high quality recommendations to 
narrow down options, provide product 
inspiration and as a starting point for search.

More personalised 
features

Increase personalisation by making it possible 
to upload photos to the chatbot. 

Data Safety Use of data Transparency of how the data is used.

Language 
Style

Language Style Match Match the formality of the language style with 
the brand and the customer's language style.

Personality of chatbot The chatbot should be polite. Be careful with 
making the chatbot sound  too human-like as it 
can evoke negative feelings. The same applies 
for emojis.

6.3 Theoretical Implications

The theoretical contribution of this thesis lies in broadening the understanding of how 

perceptions of various chatbot features influence customer experience. In the domain of 

chatbots and customer experience, only a handful of studies have sought to explore the 

intersection between AI chatbots and online customer experiences. By delving into this 

relatively unexplored area, this research adds depth to the existing body of knowledge. 

Furthermore, within the AI chatbot literature, qualitative studies are scarce, particularly those 

that provide rich qualitative insights into human-AI interactions. This thesis addresses this 

gap by offering a qualitative examination of chatbot features, thereby contributing to a deeper 

comprehension of these interactions. Moreover, by focusing on the newest generation of AI 

chatbots and their latest features, this research aligns with the need for studies that encompass 
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the changing world of AI technology. It provides insights into how these advanced chatbot 

features influence the customer experience in online settings. Additionally, this thesis adopts 

a holistic approach by examining several different features of chatbots simultaneously. By 

considering these features individually and in combination with one another, the research 

offers a comprehensive understanding of how various aspects of chatbots individually and 

collectively shape the customer experience. This holistic perspective contributes to the 

understanding of the role chatbots play in enhancing or decreasing the customer experience. 

6.4 Limitations and Future Research

The study is subject to several limitations which provide avenues for future research. Firstly, 

the participant pool was limited, potentially impacting the representativeness and 

generalizability of the findings. By focusing exclusively on one age group (Gen Z), the study 

may not capture the full spectrum of experiences and perceptions across different 

demographics. As Gen Z consumers have a high technical affinity, factors can potentially 

vary significantly between different age groups, especially regarding the found influencing 

factor of experience with using AI technology. Therefore, future research could expand the 

participant pool to include a more diverse range of demographics beyond Gen Z which would 

provide a broader perspective on chatbot usage and customer experiences. This could involve 

including participants from different age groups, socio-economic backgrounds, and 

geographical locations to capture a more representative sample. 

The second limitation of this study is the focus on a single country. By examining customer 

perceptions and experiences of AI-based chatbot features exclusively within the context of 

Swedish consumers, the generalizability of the findings to other cultural or geographical 

settings may be limited. Customer perceptions, experiences and preferences for AI chatbot 

features such as for example data privacy and language style, might vary across different 

countries and regions, influenced by factors such as cultural norms, economic conditions, and 

technological infrastructure. Therefore, findings derived from this study may not be 

universally applicable and may not fully capture the diverse range of experiences and 

perspectives present in other countries or regions. One way of addressing this limitation could 

be to expand the scope of research to encompass multiple countries and cultural contexts to 

enable a more comprehensive understanding of cross-cultural differences in customer 
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perceptions and behaviours regarding chatbots. 

Thirdly, the study was based on primary data obtained through interviews. While the 

interviews provide profound and insightful perspectives, supplementary data collection 

techniques such as quantitative surveys could yield data from a larger pool of participants and 

expand perspectives. To address the limitation of data collection methods, future research 

could employ a mixed-methods approach, combining qualitative interviews with quantitative 

surveys or observational studies, to investigate customer perceptions and experiences in the 

context of chatbots. This would allow for triangulation of data and validation of findings 

across multiple sources, enhancing the reliability and validity of results. Furthermore, the 

derived conceptual framework in this study suggests numerous interconnections among AI 

chatbot features, customer perceptions, and customer experience. Subsequent research could 

aim to empirically validate these relationships.

Moreover, this study adopted a holistic approach towards customer experience focusing on 

positive and negative effects. Future research could delve deeper into how customers 

experience chatbots and investigate behavioural outcomes of these experiences. Furthermore, 

opinions among participants varied significantly, suggesting that perceptions of chatbots and 

preferences for their design depend heavily on the individual. Further studies could explore 

how different personality profiles or shopper types react to various chatbot designs, providing 

valuable insights into user preferences and behaviour. 

Further, the findings from the study may not be universally applicable across all contexts or 

industries. Chatbot usage and customer experiences can vary significantly depending on the 

product category and industry. Focusing the study on products in e-commerce, potentially 

limits the transferability of results to services and other industries than e-commerce. 

Additionally, conducting comparative studies across different industries and product 

categories beyond e-commerce could offer insights into how chatbot features are perceived 

and utilised in varied contexts. Exploring the nuances of customer interactions with chatbots 

in both product and service-based industries could provide a comprehensive understanding of 

their impact on customer experiences. 

A sixth limitation of this study is the exclusive utilisation of the Zalando chatbot. While the 

Zalando chatbot possesses advanced AI features that go in line with the research aim, it also 
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demonstrated limitations in its development still being in beta-phase. Primarily designed for 

providing recommendations and functioning as a fashion assistant, it may not encompass the 

full range of capabilities and complexities found in other chatbot systems. Consequently, the 

findings and insights derived from our study may be partly constrained by the specific 

functionalities and scope of the Zalando chatbot, potentially limiting the generalizability of 

the results to broader contexts beyond fashion-related assistance. Future studies could address 

this limitation by incorporating several advanced chatbots to gather more comprehensive 

data.

Finally, the last limitation is the challenge of the rapid evolution of technology. Perceptions 

and experiences of chatbot features may change over time, and without regular updates or 

reassessment, the findings may quickly become outdated. To address this limitation future 

research could use longitudinal studies to track changes in customer perceptions and 

experiences over time to provide valuable insights into evolving trends and preferences. 

Regular reassessment of chatbot features and functionalities ensure that findings remain 

relevant and up-to-date in the face of technological advancements. 
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Appendix 

Appendix A
Interview Guide

INTERVIEW - PART 1 

1. Introduction

Explaining anonymity, process and topic of interview - Example:

“Thank you for participating in our study. This interview will take approximately 50 minutes. 

Our conversation will be audio-recorded , but your identity and answers will be treated fully 

anonymously. There are no right or wrong answers, it is all about your personal experience 

and you do not need any special knowledge. The overall topic for this interview is AI 

chatbots in online shops and your experiences with them. When we talk about online 

shopping we mean shopping for products such as clothes, shoes, cosmetics, electronics etc., 

and not services such as banking or airlines, for example. It is also important that we are 

talking about chatbots of a company's online shop on their website or in their app. The 

interview has three sections. First, I will ask you some general questions about your use of 

chatbots, then you will have a short conversation with a chatbot and after that we will talk 

about your experiences with the chatbot. As we move on I will ask you questions. Feel free to 

elaborate as much as you want and then we will move on to the next question. Do you have 

any questions before we start?”

2. Use and General Perceptions of Chatbots

1. AI technology use:

“How regularly do you use AI technologies such as ChatGPT or Google Gemini, for 

example?” (times per month)

2. Technological innovativeness:

“Do you usually like to try new technologies?”

3. Chatbot usage frequency: 

“How regularly do you use chatbots in online shops?” (times per year)
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4. E-Commerce context: 

“In which online shops do you usually use chatbots and what products are they 

selling?”

5. Chatbot uses: 

“What do you usually use chatbots in online shops for?”

6. Benefits and deficits of chatbots:

“In your eyes, what are positive and negative aspects of chatbots?”

7. Role of chatbots & added value:

“How do you perceive the role of chatbots assisting you during online shopping?”

“In which way do chatbots add value or not during shopping online?”

8. Start of conversation:

“What makes you usually initially engage with chatbots?” (e.g. pop-up, actively 

searching for the chatbot to answer a question)

3. Past Experiences with Chatbots

1. Past experiences: 

“Can you describe your experiences from one time when you interacted with a 

chatbot in an online shop?”

2. Positive/negative experiences (depending on the previous answer):

“Did you also have positive/negative experiences with that or another chatbot?

3. Expectations for chatbots:

What are your expectations for AI chatbots and how does this usually compare with 

your actual experiences?

INTERVIEW PART 2

Giving instructions for chatbot interaction - Example:

“Now we will move on to the next part of our study. For this I would like to have a 

conversation with the chatbot of Zalando. I will give you some instructions on what to ask the 

chatbot but you are fully free to formulate the questions as you like and to ask the chatbot 

your own follow up questions. Just interact with the chatbot as if you would normally interact 

with it when you are shopping online. While you are interacting with the chatbot, talk me 

through what you see and notice about the chatbot. Later on I will ask you some questions 

about your conversation with the chatbot.”
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1. Start of chatbot conversation: 

“Go to the Zalando App and start a conversation with the AI chatbot”

2. Pre-purchase question: 

“Ask the chatbot about current fashion trends to get inspiration.”

3. Purchase question: 

“Ask the chatbot for a product recommendation of your choice. Tell the chatbot 

which of the products you like and ask about more product details.”

4. Post-purchase question: 

“Ask the chatbot how to return a product.”

5. Free question:

“Ask the chatbot another question of your interest that you would normally ask.”

6. Ending of chatbot conversation: 

“Please end the conversation with the chatbot.”

Take notes on:

● Positive/negative reactions towards the chatbot

● Voicing opinions about the experience while using the chatbot

● Problems with the chatbot that might occur

INTERVIEW - PART 3

1. Perceptions and Experience with Zalando Chatbot

1. “Can you describe your general impression of chatting with the Zalando chatbot?”

2. “How did you perceive starting and ending the conversation with the Zalando 

chatbot?”

3. “How was the overall experience interacting with the Zalando chatbot?”

2. AI Chatbot Features Perceptions and Customer Experience

Giving instructions for chatbot features - Example:

“Okay, now I would like you to think of the features or characteristics an AI chatbot can 
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have. To describe your experiences you can use the Zalando chatbot conversation or take 

examples from when you interacted with a chatbot before.”

1. Example Questions for Interface of Chatbots

1) “Can you describe your impressions of the design (physical appearance) of 

chatbots (e.g. chatbot name, icons, buttons, picture)? “What stood out to you?”

2) “What are your thoughts on the interaction style of chatbots, for example 

regarding the use of buttons versus free-text input for responses?”

3) “How would you describe your experience with using chatbots in terms of 

how easy or challenging they are to use?” 

4) “Do you enjoy using chatbots?”

2. Example Questions for Functionality of Chatbots

1) “How would you describe your experience with chatbots in terms of their 

ability to understand and respond to your questions or problems?” 

2) “How relevant/accurate do you feel like the information provided from 

chatbots is?” 

3) “How reliable do you feel that the chatbot’s responses are?”

4) “What do you think about the response time of chatbots?” 

3. Example Questions for Personalised recommendations of Chatbots

1) “What do you think about chatbots giving recommendations that are 

personalised based on your question and preferences?”

2) “Do you think that the chatbots’ recommendations are helpful?”

3) “How does it make you feel when the chatbot gives good recommendations?”

4) “How does it make you feel when the chatbot gives bad recommendations?”

4. Example Questions for Data Safety of Chatbots

1) “How do you perceive data safety when interacting with chatbots?”

2) “Do you see any risks in using chatbots?” 

3) “Do you trust chatbots with your personal information?”

4) “How do you feel about AI chatbots collecting and using your data in order to 

give you a personalised experience?”
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- Show conversation examples of Chatbot A and B (see Appendix C) -

5. Example Questions for Language Style of Chatbots

1) “What are your thoughts on AI chatbots having a specific language style?”

2) “Which language style do you prefer?” 

3) “How do you usually talk to chatbots”

4) “How do you feel about the chatbot being talking a lot/giving long answers?”

5) “What do you feel about the chatbot using emojis?”

3. Feature Importance & Suggestions

1. Importance of Features: 

“If you would rank the chatbot features we have talked about, which feature has the 

greatest effect on your shopping experience?”

2. Feature Suggestions:

“If you could suggest a feature for the AI chatbot to enhance your experience during 

online shopping, what would it be?”

“Is there anything else you would like to add, before we finish the interview?”

INTERVIEW - PART 4

Socio-Demographic Information

1. Age

2. Nationality

3. Profession

4. Gender

Thanking respondents for participating in study.
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Interviewer Guidelines

● Before the start of interviews participants are asked for their consent.

● Data collection is conducted face-to-face.

● Interviews are audio-recorded.

● Chatbot examples are shown as print-outs.

● Questions in the interview guide are example formulations and can be adjusted.

● Laddering technique is used when considered appropriate.
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Appendix B

Participant 3 conversation with the Zalando chatbot.
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Appendix C 

Example of chatbot conversation for the feature language style - Chatbot A.
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Example of chatbot conversation for the feature language style - Chatbot B.
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Appendix D

Socio-demographic Overview of Participants and General Attitude Towards Chatbots.
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Participant 
Number

Gender Age Employment 
Status

General 
Attitude 
Towards 
AI-chatbots
(from 1 = very negative 
to 4 = very positive)

1 Male 25 Student 3

2 Female 24 Student 2

3 Female 19 Student 2

4 Male 26 Audit Associate 2

5 Male 21 Student 3

6 Female 20 Student 3

7 Male 23 Student 2

8 Female 21 Waiter 3

9 Male 25 Student 4

10 Female 26 Cloud Engineer 1

11 Male 27 Sales Manager 1

12 Female 23 Student 3


