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This thesis investigates how algorithmically driven features of social media platforms, specifi-
cally personalized recommendations, infinite scroll, auto-play and push notifications affect
university students’ emotional states and academic performance. Drawing on the Stimulus -
Organism - Response (SOR) framework, the study explores how these features act as digital
stimuli that provoke cognitive and emotional responses, which in turn shape behavioural out-
comes. Semi-structured interviews were conducted with seven students from Swedish Univer-
sities, and the findings reveal that algorithmic features contribute to various emotional dis-
tresses: factors that ultimately impair students’ focus, study routines, and well-being. Notably,
the research identifies a synergistic effect between infinite scroll and personalized recommen-
dations, where the combination of endless content flow and relevance optimization produces a
heightened state of cognitive absorption and time distortion. While previous literature has ex-
amined these features individually, this study highlights the compounded impact of their inter-
action. By offering qualitative insight into user experience and design driven behavioural con-
sequences, the thesis contributes to a more nuanced understanding of algorithmic influence on
student life and emphasizes the importance of addressing feature ecosystems in digital well-
being interventions.
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1. Introduction

1.1 Background

Social media has become deeply ingrained in the daily lives of students, with usage rates at
unprecedented levels. Surveys indicate that over 90% of young people use social networking
platforms, and many are online almost constantly (Royal Society for Public Health [RSPH],
2017). For example, a recent Pew Research Center report found that 95% of U.S. teens use
YouTube and 67% use TikTok, with 35% of teens reporting that they are online 'almost con-
stantly' (Vogels et al., 2022). Such pervasive use means that social media is now a primary
context in which students communicate, form identities and spend a significant portion of
their day. Importantly, the content presented to users on modern platforms is rarely a raw
chronological feed. Instead, it is filtered and curated by complex algorithmically driven fea-
tures designed by the platform providers. These algorithms determine which posts appear (and
in what order) on a user’s timeline, which videos are recommended next, and what notifica-
tions or trends are highlighted. This is fundamentally shaping the user experience (De et al.,
2025).

Algorithmically driven features refer to the personalization and ranking systems employed by
platforms like Instagram, TikTok, Facebook and others to maximize user engagement. Rather
than impartially showing all content from one’s network, social media algorithms prioritize
posts predicted to elicit strong responses, often emphasizing sensational, emotionally arousing
or personally tailored content (Costello et al., 2023). For example, TikTok’s “For You” feed
rapidly learns a viewer’s preferences and serves up an endless stream of engaging videos,
while Facebook’s news feed algorithm highlights post likely to generate clicks or comments.
On one hand, these innovations create highly personalized and relevant feeds for users. On the
other hand, they introduce new concerns about how such curated digital environments affect
young users.

Recent interdisciplinary research highlights that these algorithms are engineered to capture
and keep attention: “Social media companies employ algorithms for a variety of reasons, with
the primary purpose of keeping users engaged with constant feeds of information for extended
periods of time; such engagement results in massive profits for the companies paid by adver-
tisers targeting ads at a certain demographic.” (Costello et al., 2023). Social media platforms
have increasingly been described as “addictive by design”, as their engagement-maximizing
structures encourage prolonged and repetitive use (De et al., 2025). These algorithmically me-
diated environments stimulate psychological reward systems, reinforcing patterns of habitual
and prolonged use (Montag et al., 2019). Neuroscientific findings suggest that algorithmically
curated content can activate the brain’s reward systems in ways that promote compulsive en-
gagement, mirroring patterns observed in substance-related behaviours (De et al., 2025). In
short, social media algorithms do not simply deliver content: they actively shape users’ be-
haviour and emotional states.

Given this context, a growing body of interdisciplinary research has examined the effects of
social media use on young people's emotional well-being and academic development. Studies
in psychology and education document that social media platforms can foster both positive
and negative outcomes. On the positive side, when used intentionally and with moderation,
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social media can facilitate peer support, self-expression, community building and access to
academic resources (Chen & Xiao, 2022; Tess, 2013). Educational research further suggests
that integrating social media as an open learning tool may enhance student engagement, col-
laborative learning and academic performance (Ashraf et al., 2021; Manca & Ranieri, 2016).
Specifically, platforms’ ease of communication and social connectivity have been described
as dynamic tools for supporting active learning processes and peer-driven knowledge con-
struction, aligning with social constructivist theories of education (Manca & Ranieri, 2016).
From an information systems perspective, students’ acceptance of social media for construc-
tive academic purposes - such as sharing class materials or coordinating study groups - has
been explained through models like the Technology Acceptance Model, emphasizing per-
ceived usefulness and ease of use as critical adoption factors (Ashraf et al., 2021). Such find-
ings suggest that algorithmic features could, under the right conditions, be leveraged for posi-
tive educational outcomes, for instance by surfacing academically relevant content or facilitat-
ing mentorship connections. However, these optimistic scenarios typically depend on goal-
directed and disciplined use, which does not characterize most students’ everyday social me-
dia consumption patterns.

On the negative side, a substantial body of research has raised concerns about social media’s
potential damaging effects on adolescent mental health, especially when use becomes exces-
sive or shaped by persuasive design mechanisms. A recent systematic review found consistent
associations between high levels of social media use and increased risks of anxiety, depres-
sion, and psychological distress among adolescents (Keles et al., 2020). Importantly, algorith-
mic curation has been identified as a key factor amplifying the emotional and psychological
challenges - that are known as internal challenges as well - associated with social media use.
By prioritizing content that elicits strong emotional reactions - such as sensational news or
idealized peer portrayals - platforms expose students to a relentless stream of emotionally
charged material, thereby heightening stress and anxiety levels (Costello et al., 2023; Bac-
carella et al., 2018). This exposure is not incidental. Rather, it is structurally reinforced
through algorithmic feedback loops designed to maximize user engagement, often resulting in
“echo chambers” that isolate users within ideologically one-sided content environments
(Montag & Hegelich, 2020). For instance, students who express concerns about body image
may be algorithmically served an increasing volume of fitness and beauty-related content,
which can worsen poor self-image and disordered eating behaviors (Costello et al., 2023).
More broadly, such recommendation systems have been critiqued for enabling compulsive en-
gagement by exploiting psychological triggers, particularly through emotionally stimulating,
repetitive and confirmatory content patterns (Baccarella et al., 2018).

These findings underscore that students’ emotional well-being is closely shaped by how the
algorithms deliver content. One common emotional effect is the fear of missing out (FOMO),
which can be intensified by features like stories and push notifications that pressure users to
stay constantly connected. FOMO has been linked to compulsive checking of social apps and
greater stress and distraction (Przybylski et al., 2013). In short, the emotional impact of social
media spans from connection and support to anxiety and mood disruption. These are out-
comes that are increasingly mediated by platform design.

Parallel to the emotional effects, researchers have been investigating how social media use in-
fluences academic performance and student productivity. This is a critical concern in the edu-
cation domain: as students devote more hours to social networking, educators and parents
worry about the consequences for study habits, attention span, and learning outcomes. A num-
ber of studies have found that heavy or unregulated use of social media can detract from

_8—
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students’ academic performance (Salari et al., 2025). The primary mechanism identified is
distraction and time displacement: time spent scrolling through Instagram or watching algo-
rithmically curated videos is time not spent on homework, reading or sleep. Empirical re-
search using experience sampling methods has demonstrated a link between social media use
and lapses in attention. For example, studies have observed that during periods when students
use social media more frequently, they also report more difficulty concentrating on academic
tasks (Aalbers et al., 2019). In other words, increased social media usage can be associated
with immediate declines in attentional control and focus. This resonates with the concept of
"continuous partial attention" where students interrupted by frequent notifications or tempted
by endlessly personalized feeds may struggle to sustain deep focus. Even outside of study
hours, excessive engagement with social apps can lead to fatigue and reduced cognitive re-
sources, indirectly affecting learning. A longitudinal study by Boer et al. (2020) reported that
adolescents who used social media over 3 hours per day had a higher risk of developing atten-
tion problems and lower academic adjustment over time, suggesting a cumulative toll on
learning capacities.

From an information systems and educational psychology viewpoint, social media’s impact
on learning is not entirely negative. It often depends on how and when these platforms are
used. Moderate use of social media for academic communication - for example, class discus-
sion forums or study groups on messaging apps - can have neutral or even positive effects on
performance (Ashraf et al., 2021). However, problematic or "addictive" use of social network-
ing sites tends to show a consistent negative relationship with grades and academic achieve-
ment. A recent meta-analysis by Salari et al. (2025) examined studies globally and found a
significant negative correlation (approximately r = -0.17) between social media addiction and
students’ academic performance. Although this correlation is modest in size, its consistency
across many samples (involving thousands of students) underscores that those who become
habitually drawn in by social media at the expense of academic activities tend to have poorer
grades. The causes are multifaceted: besides time taken away from studying, social media
overuse can erode sleep quality (due to late-night use and mental stimulation), reduce in-class
engagement (through distractions), and diminish the ability to concentrate, all of which are
detrimental to learning. Algorithmically driven features such as infinite scroll and personal-
ized recommendations have been shown to intensify user distraction and reduce self-regula-
tion (Whelan et al., 2020). Empirical studies indicate that students often check social media
even during study sessions, which can undermine focus and academic outcomes (Aalbers et
al., 2019). Educators also report that smartphone notifications and social media are major
sources of distraction in class, to the point that some schools have moved to ban phones to
protect learning time (Rosen, 2017). Furthermore, multitasking with social networking sites -
such as alternating between studying and social media feeds - has been shown to increase cog-
nitive load and reduce task efficiency, which negatively affects learning performance
(Karpinski et al., 2013). Overall, there is growing evidence that excessive engagement with
social media - especially when driven by the platforms’ persuasive, algorithm-enhanced de-
sign - can undermine students’ academic success by impacting their time management, con-
centration, and even motivation to study.

1.2 Research Problem

Despite extensive research on social media's impact on university students, significant gaps
remain in understanding how specific algorithmically driven features influence emotional and
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academic outcomes. Most existing studies measure social media usage in terms of total screen
time or frequency, with little attention to how distinct platform functionalities shape user ex-
perience (Keles et al., 2020; Metzler & Garcia, 2024). This limits our understanding regarding
cause and effect. In particular, it remains unclear whether the emotional distress and academic
struggles frequently reported by students are due to social media use in general or are driven
by specific algorithmic mechanisms designed to maximize user engagement. These outcomes
are often mediated by internal states - such as anxiety, distraction, or cognitive fatigue - which
represent users’ emotional and cognitive reactions to external stimuli (Whelan et al., 2020;
Montag & Elhai, 2023). Understanding how design triggers these internal states is key to
identifying the mechanisms behind social media’s academic and psychological impact.

Algorithmically driven features significantly impact students on an emotional level. Platforms
often prioritize emotionally charged, attention-grabbing content, which can amplify stress,
anxiety, and social pressures (Metzler & Garcia, 2024). Personalized feeds that showcase ide-
alized peer lifestyles contribute to social comparison and FOMO, intensifying emotional dis-
tress (Przybylski et al., 2013). Continuous notifications and engagement prompts encourage
students to remain constantly connected, increasing risks of depression and anxiety (Keles et
al., 2020). In more severe cases, algorithms have been shown to push harmful content such as
disordered eating or self-harm videos to vulnerable users, demonstrating the potential severity
of design-driven emotional harm (Costello et al., 2023).

Similarly, these features pose academic challenges. Algorithmically driven functionalities en-
courage prolonged, unintentional usage, often displacing time meant for studying. And they
can also further fragment students’ attention and promote procrastination. These behavioural
patterns are associated with lower academic performance, as confirmed in a study by Salari et
al. (2025) showing a small but significant negative correlation between social media addiction
and academic achievement among university students. However, this study builds on the ob-
servation that existing research often focuses on general usage rather than isolating individual
design features which we believe highlight the need for more targeted analysis at the feature
level.

Keles et al. (2020) and Salari et al. (2025) have summarized how social media use is associ-
ated with negative outcomes in emotional well-being and academic performance, respec-
tively. However, these reviews primarily examine these two domains separately. Few studies
explicitly explore how emotional distress like anxiety or low self-esteem might translate into
academic struggles, leaving a gap in understanding the integrated effects of algorithmic de-
sign on student life.

Although social media has been linked to both educational benefits and psychological risks,
existing research offers no clear consensus on when and why these outcomes occur (Ashraf et
al., 2021; Keles et al., 2020). With platforms becoming more algorithmically driven, it is in-
creasingly important to examine how individual design features contribute to these effects.

1.3 Research Objective and Purpose
The purpose of this thesis is to investigate how specific algorithmically driven features of so-

cial media affect university students' emotional and academic experiences. By employing
qualitative methods, this study aims to identify the precise mechanisms through which

—10-
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algorithmic design impacts emotional well-being and academic performance. The ultimate
purpose is to advance theoretical understanding of user-algorithm interactions and provide
practical insights that educators, students and platform developers can utilize to promote
healthier social media use.

1.4 Research Questions
Main Research Question (RQ):

How do algorithmically driven features of social media platforms affect university students’
academic performance?

Sub-Research Question (Sub-RQ):

How do students experience and cope with the internal states triggered by algorithmic content
delivery?

1.5 Delimitation

Due to the scope of this study, it is limited in several respects. First, it focuses on university
students in Sweden, so the findings may not be generalizable to students in other countries or
settings. Second, the research examines only social media platforms with algorithmically
driven features (such as short video and image-text platforms), while excluding traditional
messaging apps. A third limitations is that due to time and resource constraints, the study re-
lies on one-time, semi-structured interviews rather than longitudinal data, which limits the
ability to assess long-term effects.

1.6 Chapter Conclusion

The introduction chapter presents the context and relevance of social media platforms and the
algorithm-driven features that they have. It highlights the universal integration into the daily
life of students and the potential impacts on their emotional well-being and academic perfor-
mances. Existing research shows both positive and negative consequences of social media
use, and it identified gaps in understanding how individual algorithmic features of social me-
dia shape emotional and educational experiences. The research problem and objectives for the
research have been explained and clarified, giving a foundation for a more detailed study. The
next chapter, which is Theoretical Background, will go deeper into the relevant concepts and
theories backed by the literature review that is done. It discusses social media algorithms in
more detail, explores triggers for emotional reactions and examine the influences on academic
performances. The chapter will introduce the frameworks and theories that were considered
and chosen for this research as well, followed by an introduction and justification of the pre-
selected emotions, academic disruptions and algorithmic features that are chosen for a struc-
tured analysis within the study.

11
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2. Theoretical background

This chapter explores what algorithms are and how these are used within social media fea-
tures, where four of them are explored more in depth. These features can trigger specific emo-
tional reactions, which are mostly negative. The reactions are a cause for a decrease in aca-
demic performances and learning outcomes, which are explained in this chapter. Also, the dif-
ferent frameworks and theories regarding this topic are discussed.

2.1 Algorithms

In modern technological and social infrastructures, algorithms have become a central phe-
nomenon in aspects of everyday life, decision-making processes, and social facets. A defini-
tion of the term Algorithm could be: a structured set of instructions or rules designed to solve
problems or perform tasks efficiently, typically executed by a computational system (Cormen
et al., 2022). While algorithms were originally made and used within the field of mathematics
and computer science as formal ways of problem solving, algorithms now have evolved and
expanded their scope. Algorithmically driven features can be found in search engines, auto-
mated decision-making systems and artificial intelligence (Al) technologies (Beer, 2017).

Algorithms are valuable by offering efficiency, accuracy and consistency within decision-
making, but it can raise biases, inequalities or unintended societal consequences as well (No-
ble, 2018). The complexity of the modern algorithms, which are often built with machine
learning or neural networks, can raise ethical, political and social questions regarding trans-
parency, accountability and governance (Eubanks, 2019).

Recent discussions have suggested that algorithms must be understood as relational entities,
meaning that the algorithms should not be viewed as standalone technical tools, but rather as
parts of broader systems (Matzner, 2024). The book also explains that algorithms have be-
come more complex and common, making it important to critically examine how the algo-
rithms are designed and used, and if and how they affect society. This should lead to fair, ethi-
cal and positive outcomes.

2.2 Social Media Algorithms

Algorithms are playing a central role within modern social media platforms, influencing how
its content is presented to users and shaping their overall digital experience on this platform.
The core functionality of social media algorithms is analyzing user-generated data - such as
likes, comments, search or watch history and shares - to predict and optimize engaging and
relevant content (Mandile, 2025). These mechanisms allow for personalized content recom-
mendations, targeted advertising, and experience enhancements (Gillespie et al., 2014).

Among the different features within social media that use algorithms is anyway, personalized
recommendations are possibly the most prominent one. The machine learning techniques are
used by the biggest platforms like Facebook, Instagram, YouTube and TikTok to analyze user
interactions and refine how content is delivered to the user (Covington et al., 2016). The

- 12—
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algorithms can make the experience on the platform personal by prioritizing content that
aligns with the users’ interests and behaviors to maximize user engagement and retention
(Bakshy et al., 2015). This approach makes the experience of the user highly engaging, but it
is also raising critical ethical questions regarding user autonomy, transparency and potential
biases that are embedded within algorithmic decision-making (Lu, 2024).

Personalized recommendations are not the only algorithmically driven feature of social media
platforms. Other features include infinite scrolling, auto-play videos, and push notifications.
All these features are engagement-focused and use algorithmic logic to sustain the user's at-
tention and interaction. Infinite scrolling is the feature that continually loads new content
while the user is scrolling, what removes any natural stopping indications what could lead to
spending more time on the platform than initially planned (Alter, 2018). Auto-play is the fea-
ture that automatically starts playing the next video right after the previous one has finished
without the user having to interact. This increases the probability of continuous viewing and
user retention (Jiang & Anderson, 2018). Push notifications can be algorithmically timed and
personalized to remind or attract users to return to the platform. This can influence engage-
ment frequency and duration (Montag et al., 2019).

In this research, the primary focus will be on the just described four algorithmically driven so-
cial media features: personalized recommendations, auto-play, infinite scroll, and push notifi-
cations. These features are selected based on their influence on user engagement and their
prominent presence over different social media platforms. These are not the only algorithmi-
cally driven features that exist. Others may also contribute to user engagement, experience
and behavior, but for the scope of this study the four key features chosen to allow for struc-
tured exploration and research. A widely cited report by the Royal Society for Public Health
& the Young Health Movement (2017) found that social media use was correlated with higher
rates of anxiety, depression and poor sleep in young people, identifying platforms like Insta-
gram as particularly detrimental to self-esteem. These emotional downsides are closely linked
to the social comparison and feedback mechanisms embedded in social media, especially the
tendency to encounter idealized images and selectively curated content from others. Experi-
mental and correlational research has shown that frequent exposure to upward social compari-
son on platforms like Facebook can lower both state and trait self-esteem, contributing to feel-
ings of inadequacy, envy, and anxiety (Vogel et al., 2014).

2.3 Emotional Reaction Triggers

Algorithmically driven features are widely used within social media platforms. This has intro-
duced several mechanisms that could trigger emotional reactions for users, that can be both
positive and negative. These features are often designed to optimize engagement and the over-
all online experience, but they can also have psychological effects. These features can lead to
emotional responses like anxiety, emotional fatigue, procrastination and information overload
by creating environments that encourage continuous consumption of content and ask for con-
stant connectivity (Keles et al., 2020).

Recent studies have highlighted the fact that personalized content can reinforce exposure to
emotionally charged content, what will intensify the emotions and stress levels of the users
(Beyens et al., 2024). The auto-play and infinite scrolling features can cause loss of time
awareness and excessive media consumption by removing stopping cues. This has been linked
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with increased levels of emotional exhaustion and psychological distress among young adults
(Keles et al., 2020). Because of how interruptive they can be, push notifications can become a
disruption in daily activities and raise a sense of urgency. The disruption and demand for at-
tention contribute to anxiety and reduced concentration and attention (Rixen et al., 2023).

The use of algorithmic driven features within social media can result in exposure to emotion-
ally stimulating or polarizing content, which can amplify feelings of anger, fear, or sadness
over time. But on the other hand, it is possible that social media use also can evoke positive
emotional responses such as happiness, improved social connections and relaxation (Verduyn
etal., 2017).

The emotional amplification caused by the algorithms can worsen vulnerabilities to mental
health issues, in particular to populations that are already at risk, such as university students.
As Nesi (2020) notes, younger people are especially sensitive to peer evaluation and social
comparison. These are features that are often intensified by algorithm-driven features.

2.4 Influence on Academic Performances and Learning Outcomes

Emotional reactions that are triggered by algorithmically driven features on social media can
have different impacts on the user. One specific factor is the influence on students’ academic
performance and learning outcomes. Emotional conditions like anxiety, information overload,
procrastination and emotional fatigue are connected with processes that are critical for aca-
demic success, like attention, concentration, time management and motivation (Junco, 2012).

As stated by Meier et al. in 2016, anxiety caused by social media use can weaken students’
ability to focus on their academic tasks, what can lead to lower academic engagement and de-
creased academic achievement. Higher levels of anxiety have been linked to cognitive intru-
sion where too much brain capacity is needed to process the content and intrusive thoughts re-
garding this, what leaves little capacity for academic activities. Cognitive overload reduces
the efficiency of studying and decreases the ability to take in and apply information (Becker et
al., 2013).

Similar to this, continuous exposure to large amounts and different forms of social media con-
tent can cause information overload for users. This can overwhelm students’ cognitive capa-
bilities, what makes it hard for students to process this. Consequences are difficulties in man-
aging their time and study schedules and giving priority to the tasks that are actually im-
portant, such as studying (Islam et al., 2021). This overload of information can result in a
fragmented attention span of students and a superficial approach to learning. Consequences of
this include a deeper harm of understanding and long-term retention of academic material.

Procrastination can further negatively impact academic outcomes. These outcomes are often
facilitated by the design of social media platforms that encourage frequent and prolonged en-
gagement. According to Meier et al. (2016), excessive social media usage correlates with in-
creased procrastination behavior. This reduces the time left available for studying and produc-
ing qualitative academic work.

Another consequence of extended social media usage is emotional fatigue. It can weaken the
motivation and self-regulation capabilities of students. Both these aspects are essential for
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achieving academic success (Frison & Eggermont, 2015). Emotional and cognitive fatigue re-
duces the ability to engage deeply with study materials and reduces active study participation,
what lowers the overall academic performance.

These findings have shown that emotional reactions triggered by social media, and specifi-
cally from algorithmically driven features, do not only cause mental health concerns, but also
interfere with academic performance and success. Understanding these emotions caused by
social media is critical for educators, policymakers and also students themselves to design
strategies to mitigate negative outcomes of social media use.

2.5 Frameworks and Theories used

This section reviews the key theoretical frameworks guiding the examination of algorithmi-
cally driven social media use and student outcomes. It outlines each framework’s core ideas
and relevance to the study, compares their applicability, and establishes the rationale for the
primary framework choice. The goal is to build a robust theoretical foundation by leveraging
well-established models from information systems (IS), psychology, and education literature.
The five frameworks discussed were chosen for their relevance, prominence in past research,
and complementary perspectives on technology use. Each addresses a distinct facet of the
problem domain.

2.5.1 Stimulus-Organism-Response (SOR)

The SOR model was originally conceptualized by Mehrabian and Russell (1974) and posits a
three-part chain to explain how environmental stimuli evoke internal affective states that lead
to behavioral responses: environmental Stimuli (S) influence an individual’s internal Organ-
ism (O) state, which in turn drives Responses (R) in behavior or attitude (Mehrabian & Rus-
sell, 1974). Originally rooted in environmental psychology, the SOR model has been exten-
sively applied in marketing (Jacoby, 2002) and information systems (Whelan et al., 2020) to
explain how environmental features elicit internal states that influence user behavior.

The SOR framework’s structure is straightforward, yet flexible. In the context of digital envi-
ronments, Zhai et al. (2020) empirically demonstrated how such internal states - like anxiety
or perceived intrusion - can mediate the relationship between technological stimuli and stu-
dents’ collaborative behavior in online learning. Drawing on this structure, our study applies
the SOR model to examine how algorithmic features (stimuli) influence students’ emotional
states (organism), which then affect academic outcomes (response). SOR offers strong ex-
planatory power across settings, and prior studies have used it to link online environmental
cues to user behaviors such as information sharing and academic performance (Whelan et al.,
2020). A commonly noted limitation of SOR is its abstractness: it does not specify variables,
requiring researchers to operationalize appropriate stimuli, organismic states, and behavioral
responses for each context (Jacoby, 2002; Zhai et al., 2020). In this study, SOR will be used
as the primary guiding framework due to its suitability for encapsulating the interplay of plat-
form features, student emotions, and outcomes.
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2.5.2 Technostress

Technostress refers to the psychological strain arising from individuals' difficulties in adapt-
ing to information and communication technologies (ICTs), typically triggered by "tech-
nostress creators" such as information overload, usability complexity, constant connectivity
and frequent system changes (Tarafdar et al., 2007). As students engage with algorithm-
driven social media, they may encounter several categories of technostress creators, such as
techno-overload caused by endless scrolling and notifications, techno-uncertainty arising from
ever-changing platform algorithms and privacy settings, and techno-invasion resulting from
social media intruding on personal or academic boundaries. According to technostress theory,
such chronic stressors may lead to psychological strain - including anxiety and fatigue - which
subsequently weaken academic performance or productivity (Ayyagari et al., 2011).

Empirical studies have linked technostress with negative outcomes in educational settings -
for instance, higher technostress among university students correlates with poorer academic
performance and well-being (Upadhyaya & Vrinda, 2021). Technostress refers to the strain
and negative well-being outcomes associated with the use of information and communication
technologies (Tarafdar et al., 2007). Students engaging with algorithmic social media may
face multiple technostress creators, such as techno-overload (from endless scrolling and noti-
fications), techno-uncertainty (due to changing algorithms), and techno-invasion (as platforms
blur boundaries between academic and personal time). These stressors have been empirically
linked to fatigue, anxiety and reduced performance (Ayyagari et al., 2011; Upadhyaya &
Vrinda, 2021). Technostress theory is praised for its structural clarity in categorizing distinct
stressors and mapping their effects on users’ psychological states and productivity (Tarafdar
et al., 2019). However, it primarily explains negative consequences such as burnout and strain
and offers limited insight into compulsive technology use or continued engagement despite
distress.

2.5.3 Expectation-Confirmation Model (ECM)

The Expectation-Confirmation Model (ECM), originally proposed by Bhattacherjee (2001), is
a well-established framework for explaining users continued use of information systems.
Rooted in consumer satisfaction theory, ECM suggests that users form expectations before us-
ing a system and evaluate whether these expectations are confirmed after actual use. This con-
firmation then influences user satisfaction, which, along with perceived usefulness, determines
their intention to continue using the system. Thong et al. (2006) extended this model by incor-
porating users’ post-adoption beliefs, such as perceived ease of use and enjoyment, enhancing
the ability of ECM to explain continued use of entertainment-oriented IT contexts. Their em-
pirical results showed that these additional beliefs significantly influenced both user satisfaction
and continued usage intention. In the context of algorithmic social media use, ECM can help
explain why students continue using platforms even when faced with negative effects. If per-
sonalized feeds and recommendations align with their initial expectations (e.g., engaging, so-
cially fulfilling), satisfaction may increase, encouraging continued use even at the cost of dis-
traction. However, ECM’s limitation lies in its focus on satisfaction and continuance. It does
not fully explain habitual or addictive use, nor does it account for harmful emotional conse-
quences like anxiety or fatigue that may also influence academic outcomes. Therefore, while
ECM is valuable in capturing user engagement dynamics, its explanatory scope in this study is
complementary. It provides insight into how expectation-confirmation and perceived
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usefulness may sustain usage, but lacks the emotional mediation focus that frameworks like
SOR provide.

2.5.4 Unified Theory of Acceptance and Use of Technology (UTAUT)

UTAUT is an integrated model that combines elements from eight prominent technology
adoption theories (including TAM, Theory of Planned Behavior, Innovation Diffusion The-
ory, etc.) to explain user intention to use and actual usage of technology (Venkatesh et al.,
2003). UTAUT identifies four key determinants of usage intention: Performance Expectancy
(belief that the technology will help achieve gains in job or task performance, similar to use-
fulness), Effort Expectancy (perceived ease of use), Social Influence (the degree to which im-
portant, influential or leading others encourage use) and Facilitating Conditions (the presence
of organizational or technical infrastructure to support use). Additionally, UTAUT considers
moderators like age, gender and experience that can affect the strength of these relationships
(Venkatesh et al., 2003).

In the case of this research where students and social media are being studied, UTAUT would
suggest that a student’s intention to engage with an algorithmic feature depends on whether
they expect it to improve their outcomes (e.g., better learning or efficiency), how easy it is to
use, what their friends and peers think about it, and whether they have the means and skills to
use it (Venkatesh et al., 2003). UTAUT’s structure is more complex than TAM’s but offers a
more holistic view, incorporating social and facilitating factors that are relevant in a univer-
sity environment (e.g., peer influence on social media app adoption). The model has demon-
strated high explanatory power in various contexts, often accounting for a substantial portion
of variance in usage intentions (Williams et al., 2015). It is a well-recognized framework and
has been applied to understand social media usage behavior among young people (Dwivedi et
al., 2019). One advantage is its inclusion of potential motivational factors and external con-
straints, but like TAM it still largely focuses on the decision to use technology rather than un-
intended consequences. UTAUT originally does not explicitly include emotions or negative
outcomes - though it has been extended (UTAUT2 adds hedonic motivation, habit, etc.). Its
practical limitations include complexity (many constructs to measure) and less focus on post-
adoption dynamics (aside from capturing actual use). While UTAUT offers useful insight into
why students adopt certain features (e.g., perceived usefulness or peer influence), it focuses
on usage intention rather than post-adoption effects. Our study instead investigates how de-
sign features shape internal states that then impact academic outcomes. As UTAUT lacks con-
structs for emotional or cognitive mediation, it is less suited for explaining these mechanisms.
Therefore, we draw more heavily on SOR and technostress models to explore design-driven
behavioral consequences.

2.5.5 Attention Restoration Theory (ART)

Attention Restoration Theory (ART), developed by Kaplan (1995), explains how prolonged
use of directed attention - effortful, focused attention used for tasks like studying - can lead to
mental fatigue. When this attentional system is overused through constant task-switching or
information overload, people may experience reduced concentration, stress, or irritability.
ART distinguishes this effortful attention from involuntary attention, which is effortlessly
captured by engaging stimuli. Natural environments, especially those offering “soft
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fascination” (e.g., rustling leaves or flowing water), are seen as ideal for restoring attentional
capacity, as they allow the directed attention system to rest and recover.

Although Attention Restoration Theory (ART) originated in environmental psychology with a
primary focus on nature exposure (Kaplan, 1995), its principles are increasingly relevant in
digital settings. For example, students in our study often described experiencing fatigue after
prolonged exposure to algorithmically personalized social media feeds. These features contin-
uously capture attention and encourage multitasking, leaving little opportunity for mental re-
covery. From an ART perspective, such persistent stimulation depletes directed attention and
necessitates restorative experiences, not only through nature but also via digital breaks or low-
stimulation activities. Recent studies have begun to apply ART to digital environments, high-
lighting how mindful disengagement or controlled digital exposure may help restore cognitive
capacity (Liu et al., 2024). Empirical findings also suggest that heavy media multitasking is
linked to reduced attentional control and increased psychological strain, reinforcing the need
for attention restoration strategies in media-saturated contexts (Becker et al., 2013).

ART’s explanatory structure focuses less on causal sequences and more on attentional condi-
tions and restorative outcomes. It sheds light on how states of cognitive fatigue arise and how
recovery can be supported, but it lacks the dynamic mediation pathways emphasized in mod-
els like SOR. In this study, ART helps illustrate why prolonged algorithmic engagement
might exhaust students’ attention and how restoration could improve academic focus, but it
falls short in explaining through what mechanisms such effects unfold. Moreover, ART was
not originally devised for digital environments. Applying it to algorithmic social media use
requires interpretative extensions, such as identifying what constitutes a “restorative” digital
break or low-stimulation content. Unlike models that engage with system-level design or psy-
chological mediation (e.g., SOR or technostress), ART remains more descriptive than predic-
tive in this context. Still, it adds value by highlighting the cognitive toll of overstimulation
and reinforcing the need to consider attentional health when assessing platform impact on
learning.

2.5.6 Comparative Evaluation of Frameworks

This table shows the different frameworks explained in this chapter in a comparative way. For
each framework, noted is how clear the structure is, how it fits with the topics of our research
(Algorithmic Features and Emotional Mediation), how strong the explanatory power is of the
framework and what key limitations are.
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Frame-
work

SOR

Tech-

nostress

ECM

UTAU

ART

Structure Clar-

ity

Clear and flexible
three-stage struc-
ture.

Well-defined
stressor-strain-
outcome model.

Simple expecta-
tion-confirmation
loop.

Comprehensive
but complex.

Clear conceptual
structure.

Table 1.

Fit with Al-
gorithmic
Features

High — mod-
els feature —
emotion —
outcome chain
well.

High — aligns
with over-
load and in-
terruption
features.

Moderate —
relevant to
continued
usage behav-
ior.

Moderate —
includes so-
cial and ef-
fort factors.

Moderate —
conceptually
fits attention
depletion.

Emphasis
on Emo-
tional Medi-
ation

High — ex-
plicitly in-
cludes emo-
tional states.

Medium —
focuses on
stress and fa-
tigue.

Low — satis-
faction
treated
broadly.

Low — emo-
tion not ex-
plicitly mod-
eled.

Medium —
addresses
cognitive fa-
tigue.

Explanatory
Power

Strong —
adaptable to
various user
outcomes.

Strong — ex-
plains nega-
tive tech im-
pacts well.

Moderate —
strong for
post-adop-
tion deci-
sions.

High — inte-
grates multi-
ple adoption
determi-
nants.

Moderate —
useful for
understand-
ing attention
effects.

Comparative table of different frameworks

2.5.7 Justification for Selecting SOR as Primary Framework

Key Limita-
tions

Abstract — re-
quires careful
definition of
constructs.

Primarily cap-
tures negative
responses, not
engagement

Does not cap-
ture involun-
tary or habit-
ual use.

Focuses on us-
age intent;
needs exten-
sion for emo-
tional impact.

Not a tech
model; less ap-
plicable to fea-
ture-level anal-
ysis.

Among the five frameworks reviewed, the Stimulus-Organism-Response (SOR) model is the
most appropriate theoretical foundation for this study. SOR clearly maps the relationship be-
tween algorithmic features of social media (Stimuli), students’ emotional and cognitive states
(Organism), and academic or behavioral outcomes (Response) (Mehrabian & Russell, 1974).
Unlike UTAUT, which focuses on adoption of intent, SOR accommodates unintended effects
of technology use, such as distraction, stress, or fatigue. It also integrates well with constructs
from Technostress and ART, capturing both emotional strain and cognitive depletion within a
flexible process model.

SOR’s strength lies in its ability to explain broad outcomes, offering a balanced lens to inter-
pret algorithmic influence. It is particularly useful in exploratory studies like this one, where
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multiple interacting variables are at play. Recent studies applying SOR related models to digi-
tal overload contexts (e.g., Whelan et al., 2020) further confirm its relevance. Generally, SOR
provides the clearest and most adaptable structure to examine how students internalize algo-
rithmic experiences and how these shape their academic engagement in this study. Figure 1.
shows a visualization of the SOR model and how algorithmic features are linked to academic
outcomes via emotional states.

The SOR model
Algorithmic ET:tr"?;ile& Adacemic or
features of 3 = ——x behavioral
. . states and
social media . outcomes
reactions
Stimulus Organism Response

Figure 1. Visualization of the SOR model used in the thesis. Author’s own work

2.5.8 Research Propositions
Proposition 1 (P1): Algorithmic social media features influence students’ internal states.

Proposition 2 (P2): These internal states directly affect students’ academic performance and
well-being.

Proposition 3 (P3): Internal states mediate the relationship between algorithmic features and
academic outcomes.

These propositions establish the core causal chain for the study, guided by the SOR model.

2.6 Preselected Emotions, Academic Disruptions and Algorithmic
Features

To ensure a structured process of the study, a number of preselected emotional reactions, aca-
demic disruptions, and algorithmic features were preselected. This chapter explains and justi-
fies the selection of specific elements examined in the study. The elements were identified
through a comprehensive literature review.

2.6.1 Emotional Reactions
Before starting the data collections phase, five emotional reactions were preselected. These
emotions are Anxiety, Information Overload, Distraction, Procrastination, and Emotional Fa-

tigue. An explanation follows for each emotion why these are chosen as preselected emotional
reactions:
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Higher levels of Anxiety among students have been correlated with heavy engagement with
social media and smartphones. Symptoms regarding this include feelings of worry, stress, or
nervousness. An example case was a survey of over 500 college students conducted by Lepp
et al. (2014). They found out that high-frequency cell phone users are reporting significantly
more feelings of anxiety than others that use their phones less. This makes anxiety a critical
emotional reaction to research further, as it can affect mental health and academic focus.

Information Overload is the state of being overwhelmed by the amount of information en-
countered. As explained by Islam et al. (2021), this reaction can occur when the amount of
content exceeds cognitive limits, what can lead to feelings of overload and. Empirical evi-
dence has linked information overload to increased stress and emotional fatigue among users
(Islam et al., 2021; Montag et al., 2019). Given that students often consume academic and
non-academic information online at the same time, information overload is a related reaction
that can impair their study capabilities.

Distraction is the diversion of attention away from intended tasks due to interruptions, in this
case academic tasks and digital interruptions related to social media. It is a well-documented
consequence of social media use, especially in learning contexts. International survey data
showed that about two-thirds of participating students reported being distracted by digital de-
vices (OECD, 2023). These distractions have a strong correlation with lower academic perfor-
mances according to the survey. Because keeping attention is vital for learning, distraction is
a key element to highlight in the research.

The intentional delay of tasks in favor of more gratifying activities: Procrastination. Students
may turn to social media as a form of postponing schoolwork, and a study by Nadarajan et al.
(2023) found that social media addiction was positively correlated to academic procrastina-
tion. Demonstrated by Meier et al. (2016), social media can lure students into delaying im-
portant tasks like academic work. By examining this phenomenon, the research addresses a
concrete behavioral consequence of digital distraction that is noted frequently in literature.

Finally, there is Emotional Fatigue, which is a state of mental exhaustion and numbness
caused by prolonged stress or overstimulation. Information overload from social platforms
can directly increase users’ emotional exhaustion (Sheng et al., 2023). It is a crucial reaction
to include in the research, as it captures the cumulative toll of other factors and is linked to
weakened well-being and motivation.

2.6.2 Academic Disruptions

Emotional reactions can cause academic disruptions. Through literature review, seven specific
academic outcomes were identified to research further in this study: Attention and Focus,
Study Efficiency and Time Management, Motivation and Willingness to Learn, Depth of Un-
derstanding, Completion and Quality of Academic Work, Academic self-efficacy, and Exam
Readiness.

Attention and Focus related to the ability to concentrate on academic tasks without losing fo-
cus. Multiple studies showed that when students attempt to study or attend class with digital
devices accessible, their attention to the lesson suffers from lower grades (Graben et al., 2022;
Junco, 2012). Higher self-reported distraction by digital devices correlates with lower test
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scores (OECD, 2023). This kind of disruption was chosen as a key academic variable as it is
possible to directly link social media distractions to observable academic difficulties.

How effectively students manage their study time and workload is connected to the academic
disruption of Study Efficiency and Time Management. Social media can disrupt time manage-
ment by displacing the time available for studying or fragmenting it into inefficient multitask-
ing. Junco (2012) has documented that greater time spent on social media is associated with
less time devoted to studying, leading to lower grades. By examining study efficiency, we
acknowledge a practical academic consequence of tech overuse: lost time and rushed school-
work.

Motivation and Willingness to Learn is the drive, interest and willingness to engage with
learning activities of the students. Literature suggests that when students are facing challeng-
ing or ‘bored’ considered tasks, they might turn to social media as a way to escape their tasks
(Hassell & Sukalich, 2016). While motivation is a complex psychological trait, the study fo-
cused on it because lower academic motivation is often a consequence of social media over-
use.

The Depth of Understanding can be explained as the level of comprehension and learning
achieved in academic work. A recent study by Haverkamp et al. (2024) found that using so-
cial media simultaneously while reading significantly disrupted processing and understanding
of the study material. Students were less able to understand and remember the content when
they were multitasking with social media. The finding suggests that not only recalling study
material, but also deeper knowledge is impaired with digital distractions. The concept of
depth of understanding was therefore selected to capture qualitative learning outcomes.

Completion and Quality of Academic Work is the extent to which students finish their assign-
ments on time and produce work to standards. It is observed by Ravizza et al. (2014) that stu-
dents who used social media for non-academic purposes during lectures had poorer exam per-
formances, implying that distracted students learn less and are more likely to produce lower-
quality work on their exams. By including the completion & quality of work in the research,
the presence of digital distractions can be connected to academic results like grades, project
quality and meeting deadlines.

Academic Self-Efficacy contains the confidence of students in their own ability to success-
fully perform academic tasks like studying for an exam or writing a paper. A survey under
college students showed that higher social media use was associated with lower academic
self-efficacy (Hassell & Sukalich, 2016). The paper explained that students that spend a lot of
time on social media have less time to focus on their study tasks, which leads to weaker aca-
demic performances and in the end caused reduced confidence in their own academic abili-
ties. Academic Self-Efficacy is an important aspect in academic motivation and persistence
and understanding if and how tech overuse undermines self-efficacy is vital.

The degree to which a student is prepared for an exam in terms of both knowledge and psy-
chological readiness is captured within the Exam Readiness. In a study by Ravizza et al.
(2014), it was shown that students who checked social media in class had a lower score on
subsequent exams than those who did not. Excessive smartphone use has been linked to lower
grades overall, what indicates consistent issues in exam performance and assessments (Lepp
et al., 2014). By examining exam readiness, the study can detect whether the disruptions in-
deed translate into academic deficits.
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2.6.3 Algorithmic Features

Infinite scroll is a feature that provides endless feed for the user to scroll in on the platform. It
hooks the users into prolonged and sometimes regretful usage of social media, as explained by
Rixen et al. (2023). The paper also highlights how the design of this feature makes a habit out
of social media overuse, showing that design features can weaken the attention and encourage
procrastination because the users are struggling to stop scrolling. It is a key feature in the
study as it directly links several emotional reactions.

The automatic playing of the next piece of content - for example a video or episode - without
the interaction of a user is called auto-play. Platforms use this feature to reduce friction and
keep the user watching. According to Schaffner et al. (2025), auto-play can lead to binge-
watching content, loss of sleep and displacement, or procrastination of other activities like
studying. This makes it a relevant feature for this research.

Personalized recommendations algorithms select and show content to the user based on their
interests and online behavior. Recommendations can keep the user engaged for a longer time,
and a negative effect is that it contributes to distraction and extended procrastination on the
social media platform (Covington et al., 2016). It increases the engagement but can contribute
to stress or affect the depth of understanding, what makes it an influential feature to be studied
(Wang et al., 2024).

Push notifications are alerts sent by apps to the user’s device to get their attention or let the
user know that someone or something is trying to reach the user. In literature, it is often cited
as a highly disruptive feature that can distract or break concentration (Graben et al., 2022). By
examining this feature, it can be directly connected to the interruptions that lead to distraction
and procrastination.

2.7 Chapter Conclusion

The theoretical background explores the foundational concepts and theories that serve as a
base for this research, and this is based on the literature review that is done. The nature and
functionality of algorithms are clarified, and in particular how algorithmically driven social
media features shape the experience of users on social media platforms. The chapter intro-
duced the four preselected key algorithmic features: personalized recommendations, infinite
scroll, auto-play, and push notifications. It explains how these features potentially trigger spe-
cific emotional reactions like anxiety, information overload, distraction, procrastination, and
emotional fatigue. In the discussion it is highlighted how the emotional reactions can nega-
tively impact academic outcomes, including attention, study efficiency, motivation, depth of
understanding, completion and quality of academic work, academic self-efficacy and exam
readiness. Also, a number of theoretical frameworks were examined and compared, what ulti-
mately led to the justification of the selection of the Stimulus-Organism-Response (SOR)
model as the primary theoretical lens for this study. The following chapter is Methodology,
where the research approach and practical methods that are applied in this research are de-
scribed. It presents the research philosophy - which is interpretivism -, explains the qualitative
research approach adopted and outlines the data collection methods: semi-structured inter-
views. This is followed by details on the process of data analysis, an explanation on the ethi-
cal considerations taken into account, and how the scientific quality of the study is ensured.
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3. Methodology

The following chapter describes the complete research methodology of the study. Not only is
the approach of the research handled, but also how the data obtained during this research is
being collected and analyzed is explained. To support the claims on why certain methodolo-
gies were used, the research philosophy of this study is discussed first. To make sure that all
respondents and everyone else involved in this research are treated with respect, the ethical
considerations of this study are explained. After this, the scientific quality is qualified with a
reflection on the validity, reliability and generalizability of this study.

3.1 Research Philosophy

The research problem of this study can be approached in different ways. One way to support
the chosen research approach is by looking at the philosophical foundation of the formed re-
search problem and approach. For this research, we aimed to understand how algorithmically
driven features on social media platforms trigger emotional reactions that can influence aca-
demic performance of university students in Sweden. This paper is based on qualitative re-
search conducted through interviews. The study has been done through the philosophy of in-
terpretivism (Creswell & Creswell, 2023).

Interpretivism in philosophy is an approach within research to focus on understanding how
individuals understand and give meaning to their own experiences within their social context
(Bryman, 2016; Schwartz-Shea & Yanov, 2012). The philosophy emphasizes subjective expe-
riences and individual perspectives instead of objective measurements and generalization to
aim for capturing the in-depth complexities of human behavior, emotions, and interactions.
According to Creswell & Creswell (2023), interpretivism is particularly suitable as a research
philosophy when the research aims to explore complex human experiences and emotions, al-
lowing researchers to obtain detailed insights into how people can make sense of their reality
and surroundings.

Regarding this research where is studied how algorithmically driven social media features
trigger emotional reactions among university students and how these reactions affect their ac-
ademic performance, interpretivism is a fitting philosophy. Given the qualitative nature of the
study, where semi-structured interviews are used to explore personal perceptions and emo-
tional experiences of students, interpretivism enables an in-depth understanding of the partici-
pants’ experiences with social media. Following the approach of interpretivism, it allowed
this study to examine how students individually interpret the effects of algorithmic features in
social media on their emotional and academic lives, recognizing that each student’s reaction
to algorithmic influence is shaped by personal context and subjective experiences (Bryman,
2016; Creswell & Creswell, 2023).

3.2 Research Approach

The aim of this research is to explore how university students in Sweden emotionally respond
to algorithmically driven features on social media that can affect their study performances.
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The most appropriate strategy to capture the depth and nuance of lived experiences regarding
this aim is by conducting qualitative research (Creswell & Creswell, 2023; Seidman, 2013).

The research process of this qualitative study began with a comprehensive preparation and
planning phase to ensure a solid foundation for the study. This includes conducting a deeper
literature review to refine the research focus and address gaps identified in prior studies, with
a particular emphasis on university students (Webster & Watson, 2002). Interview questions
are developed based on these insights, tailored to explore participants' perspectives (Bryman,
2016). Possible interviewees were identified and asked to participate in the studies after being
informed about the goal and purpose of the study. After agreeing to participate and before
conducting the interview, a signed consent form was obtained from the participant to ensure
ethical practices (Bryman, 2016).

The literature review was conducted following the guidelines proposed by Webster & Watson
(2002), who proposed a structured approach. Instead of focusing the literature review on indi-
vidual studies, they emphasize focusing on key themes instead. The first step of the literature
review was to have a clear view of the purpose and motivation of the study. By knowing why
this review is important and after defining key concepts, the process of literature review
started smoothly. During the review, a concept matrix was used to map the reviewed papers
and their themes. This helped identify any overlaps, gaps, and other areas for theoretical de-
velopment. The review was organized around the key themes, concepts, and theories related
to the research topic. The full concept matrix can be found in Appendix 2. Within the concept
matrix, abbreviations are used for the themes to categorize the different papers. These themes
are: Social Media and Emotional Well-being (SMEW), Social Media and Academic Perfor-
mance (SMAP), Algorithms and Technological Impact (ATI), Behavioral and Psychological
Theories (BPS), Theoretical Frameworks (TF) and Social Media Use in Educational Contexts
(SMEC). These themes were based on the different topics in the study (emotional well-being,
academic performances and social media algorithms), theories and frameworks that were pos-
sible useful for the study and general papers regarding social media and education. The litera-
ture was found through online article databases like Lund University’s LUBsearch and
Google Scholar to explore the different concepts and topics. To control the quality and useful-
ness of the literature to our study, we made sure that the literature was peer-reviewed, pub-
lished, has a high citation count, if the paper was published by a reputable journal or pub-
lisher, how relevant the paper is to our study, and what theories and methodologies were used.

As advocated by Webster & Watson (2002), the literature review was not only conducted
within the field of Information Systems, but all relevant disciplines were covered to find use-
ful literature. These other disciplines include fields such as psychology, education, sociology,
and communication. In the concept matrix used for the review, a set of elements were deter-
mined for each paper. These elements, apart from the reference itself, were:

- Short summary, to describe in short what the topic of the paper is and how this relates
to the research.

- Theory framework, to explain what theoretical model was used for the research and
showing where it fits in a broader academic theory.

- Methodology, for indicating which designs and methods were used to collect and ana-
lyze data. This included whether the study is qualitative or quantitative and what tools
were used.

- Main findings, in order to understand what the key results and conclusions are from
this study. This will identify what is already known and what the study contributes to
the field.
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- Key variables or Concepts, to see the major factors or constructs in the study. Related
to our research, these can be emotional reactions, algorithmic features, or academic
motivation.

- Research Gap and Limitation, for understanding what the areas are that are acknowl-
edged by the study as limitations, or if there are unanswered questions or topics sug-
gested for future research.

Data collection involved gathering qualitative insights through semi-structured interviews
with students that are currently active studying in Sweden (Adams, 2015). Proper documenta-
tion and secure data storage will be employed to maintain integrity and confidentiality. To get
detailed and in-depth perspectives and insights to use for the study, it is important to explore
personal perceptions and experiences. A suitable approach to gather this data is by conducting
qualitative research through personal interviews. This approach will help to understand the lo-
cal perspectives of Sweden regarding social media and education (Creswell & Poth, 2023).
Unlike quantitative research that can show correlations between social media usage, emo-
tional responses and academic performances, qualitative research can contribute to finding an
explanation why students are behaving the way that they do (Ginika, 2024).

The main source of data for this qualitative research originates from interviews with partici-
pants. After the transcription of the interviews, the collected data was rigorously examined to
uncover key themes and patterns. After the analysis of the data, it was possible to present the
findings of the research, that was followed by a discussion regarding the findings. The out-
comes of this research gave a rich, contextual understanding of the emotional and cognitive
effects that algorithmic mechanisms like personalized recommendations, infinite scroll, auto-
play and push notifications have on students’ motivation, focus and learning behaviors. The
aim of this study is to generate insights that can be used to inform future research, policy, and
platform design considerations.

3.3 Data Collection methods

The data collection phase of this study was conducted systematically to ensure that rich, relia-
ble, and diverse information is gathered from all participants. This phase is dedicated to data
collection and will involve a multi-step process consisting of individual interviews and careful
documentation. The data collection process started with conducting semi-structured inter-
views with participants (Kallio et al., 2016). Criteria for participants to conduct an interview
includes being an active university student within Sweden, at least 18 years of age, and an ac-
tive or previously active user on one or more social media platforms. A total of 7 participants
were interviewed during the data collection phase. The interview guide and transcriptions of
the interviews can be found in the appendix.

The interviews were designed to strike a balance between consistency and flexibility, allow-
ing the research team to probe specific areas of interest while enabling participants to express
their feelings freely (Adams, 2015). The questions were developed based on the Stimulus-Or-
ganism-Response (SOR) model (Mehrabian & Russell, 1974), which has been effectively ap-
plied before to behavioral and digital media research by Zhai et al. (2020). The three elements
of the SOR model were used as the three phenomena of the research. This means that the
Stimulus is the specific algorithmically driven feature of social media, and how this is used
and what the participant is with this feature. The Organism of the model is connected to the
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emotional distress that can be felt from the social media usage regarding the algorithmically
driven features. The Response in SOR was used to explore the influence of emotional distress
on academic performances, and possible countermeasures and the effectiveness of those. The
questions of the interview guide were shaped by the three components of SOR. For the Stimu-
lus component, questions were developed regarding the participants’ use and interaction with
the specific feature. The questions aimed to obtain concrete descriptions of the feature in use,
grounded in the participants' personal experience. The participants can be asked to describe
their typical experience with the feature on social media, or what a specific feature does while
using a social media platform. To explore the Organism stage, questions were asked regarding
emotional or cognitive reactions caused by that specific feature. The questions were intention-
ally open-ended to allow for a wide range of emotional experiences to be discovered but were
also based on the preselected emotional responses identified through the literature review.
Questions were aimed to understand if a specific feature would make the participant feel anx-
ious or overwhelmed, or if the participant noticed any mental fatigue or frustration linked to a
specific feature. The Response component for aiming questions to understand the academic
impact. The questions were designed to connect the emotional reactions to academic behav-
iors, in line with the SOR framework’s emphasis on stimulus-triggered outcomes. Questions
were aimed to understand if using the feature affects the ability to focus on studies, or if a cer-
tain way of using the feature or having an emotional trigger led to delays in completing study
tasks. To explore self-regulation strategies or coping mechanisms to battle the impact of the
algorithm features, questions regarding how participants manage or cope with the specific fea-
tures.

Before conducting the interviews and collecting data, several emotional reactions were prese-
lected to help structure the development of the interview questions. Because of the open na-
ture of the semi-structured interview, this did not mean that the interview was aimed towards
these preselected emotional reactions, but it was still open to capture other emotional reac-
tions or experiences that participants might share (Elo & Kyngds, 2008). This approach en-
sured that while having a clear interview structure based on relevant theory found during the
literature review process it still allowed space for unexpected or unforeseen themes to emerge.
The preselected emotional reactions include Anxiety, Information Overload, Distraction, Pro-
crastination and Emotional Fatigue. The balance between structure and flexibility supported
both comparability across interviews and the strength of qualitative insight, together with the
open nature of the study (Gill et al., 2008).

Similar to preselected emotional reactions, the structure of the interview was also based on
four preselected algorithmically driven features of social media. The four features are Infinite
scroll, Personalized Recommendations, Auto-play, and Push Notifications. These features are
explained in chapter 2.2. The semi-structured interview largely consists of four cycles that are
based on the different features just mentioned. The cycles have similar questions but differ de-
pending on the specific features. The interview starts with a warm-up and questions regarding
general social media usage and ends with a round-up and ending questions to look back on the
interview and capture any last-moment unexpected topics or discoveries.

Throughout the data collection phase, precise documentation was a priority. Audio recordings
of interviews were made as well as notes on paper. All data was securely stored with access
limited to the research team members. Measures were taken to anonymize the data, ensuring
that participants’ identities remain protected. By combining individual interviews and docu-
mentation practices, the data collection phase ensured that a wide range of voices is captured
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comprehensively and ethically. This approach provided the foundation for analysis, enabling
the study to generate meaningful and actionable findings.

3.4 Data Analysis

The data analysis phase of this study is designed to ensure that the qualitative data collected
from interviews is processed systematically to derive meaningful insights. This phase will fol-
low a structured, multi-step approach to ensure rigor, reliability, and relevance of findings.

The first step of the data analysis was the transcription of the interviews. To ensure accurate
and efficient transcription of the interview recordings, OpenAl Whisper was used (Radford et
al., 2022). This speech-to-text tool can transcribe natural language with high accuracy. The
tool was used through a self-made Python script running Whisper locally, meaning that the
audio recordings were never uploaded to any other platform or server, so the transcription
complied with ethical guidelines and data protection standards. This method safeguarded any
sensitive participant information while still offering high quality and accurate transcriptions.
The transcript was subsequently reviewed and manually corrected to ensure fidelity to the par-
ticipants’ answers, explanations, and experiences.

With the interviews fully transcribed, the actual data analysis could start. This began with
marking the useful data within the interview. This included data regarding social media use,
emotional reactions to this, impact on academic performance, and coping strategies for this.
After this, coding of the interviews was done using NVivo for systemically analysis (Woods
et al., 2016). The transcribed and anonymized interviews were imported into the tool to con-
duct the coding process. Within NVivo there were five categories of codes created: Academic
performance, Algorithmic features, Coping strategies, Emotional reactions, and social media
usage. NVivo’s functionality allowed for efficient organization of data into codes, the rela-
tionships between themes, and comparison across the participants.

For the coding process, a hybrid strategy was applied, meaning that both deductive and induc-
tive coding was done (Fereday & Muir-Cochrane, 2006). Deductive coding was based on the
key elements from the SOR model. This included predefined categories such as the algorith-
mic stimuli (e.g., infinite scroll, auto-play, personalized recommendations and push notifica-
tions), emotional reactions (e.g., anxiety, procrastination, emotional fatigue and information
overload) and behavioral outcomes (e.g., motivation loss, distraction and academic disengage-
ment). Inductive code allowed for the emergence of new themes that were not previously an-
ticipated in the study. This could include personal coping strategies, platform-specific behav-
iors, and specific emotional responses unique to certain contexts or usage.

The categories from the deductive coding mentioned above were the themes used to group all
the codes from the interviews. These were recurring patterns across participants and were
used to capture the essence of what was expressed across multiple interviews and were itera-
tively refined to ensure internal coherence and distinction from one another. The structured
environment of NVivo supported the process of linking segments of text to themes, enabling
Cross-case comparisons.

The transcriptions of all the interviews can be found in Appendix 5 to 12. The transcriptions
have been coded the same way as they were done in NVivo. For the relevant elements in the
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transcriptions, one of the codes has been added to that element. These codes can be AP (Aca-
demic Performance), AF (Algorithmic Feature), CP (Coping Strategies), ER (Emotional Re-
actions) and SMU (Social Media Usage).

Once key themes were identified, preliminary findings were prepared. This involves summa-
rizing the major insights and linking them to the research questions. At this stage, attention
was also given to capturing the nuances of different participant perspectives and highlighting
any contrasting or complementary viewpoints.

3.5 Ethical Considerations

Consent and confidentiality are a big part of the ethical considerations of this research study.
To achieve this, written consent forms will be developed and signed by the participants before
the interviews are conducted. These forms will contain detailed information about the re-
search purpose, process and rights of the participants (Israel & Hay, 2006; Orb et al., 2001).
All data will be anonymized to protect the participants’ identities. During the introduction of
every interview of this research process, the ethical issues are reassured again. In the case of
any recording of the interviews (notes, photos, audio, video), permission is requested before-
hand.

No more respondents than necessary will be asked to take part in the research. As shown by
Wiles et al. (2008), transparency and reiteration of ethical commitments during the data col-
lections phase are essential. Therefore, it is made clear before each interview that participation
in this research is entirely voluntary, and participants are not pressured or manipulated into
taking part in it. Participants can withdraw at any time without having to give an explanation,
and this will not affect their relationship with the university or the researchers. The partici-
pants can also choose to have their responses permanently deleted and/or not used for analy-
sis. These are rights that are emphasized in ethical literature (Israel & Hay, 2006; Kaiser,
2009).

As recommended by Kaiser (2009), data handling is done following ethical protocols. All data
will be securely stored, with access limited to the research team. Digital data will be password
protected, and hard copies will not be produced. Transcriptions will be made from the inter-
views and these are anonymous. After completing the transcription of an interview, the re-
cording will be deleted. Transcriptions are made with a locally run tool, so no recordings are
uploaded to a third-party program or server to ensure data privacy.

All data will be deleted a year after the report is published, and no more questions and infor-
mation will be asked than necessary (Orb et al., 2001). Before the research is published, it is
shared with the participants to confirm their input in the study. When the research is finished,
the paper will be shared with all participants. Contact information of the researchers and su-
pervisor is shared with the participants for them to ask further questions. These measures are
ethical considerations that aim to ensure that the entire research process is ethical, inclusive
and respectful of all participants’ rights and well-being, in line with recognized research eth-
ics principles.
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3.6 Scientific Quality

This research was built on a comprehensive foundation of preparation and planning, including
an in-depth literature review and a clearly structured methodological approach (Creswell &
Creswell, 2023). The literature review was done to explore the topic and related frameworks,
and interview questions were based on this together with the Stimulus-Organism-Response
model (Mehrabian & Russell, 1974). The semi-structured interviews allowed participants to
express personal experiences and opinions while enabling comparisons across cases. During
and after these interviews, the collected data was documented and secured properly to main-
tain integrity and confidentiality. The research measures of this study have controlled any bias
that could have affected the results of the study. All participants of this study have been se-
lected through purposive sampling (Palinkas et al., 2015). To ensure comfort and full compre-
hension during the interviews, these were conducted in the English or Chinese language de-
pending on the preference of the interviewee. Interview questions were prepared carefully and
developed during the preparatory phase after thorough literature review, planning, and prepa-
ration.

Because to the focus on a specific area and population - which is university students in the
country of Sweden - together with emphasis on algorithmic social media features, the research
will fill a knowledge gap in the current literature. It provided new insights by connecting and
finding a relationship between the three phenomena of social media usage, emotional re-
sponses and educational influence. Ethical aspects ensure that participants in this study are re-
spected and adhered to ethical guidelines. Consent, confidentiality, and data protection are
maintained during the whole process of the study.

Following the criteria proposed by Lincoln & Guba (1985), this study ensured credibility,
transferability, dependability, and confirmability. Credibility was ensured through accurate
transcriptions, systematic coding in NVivo, and the use of direct participant quotes to support
findings (Bazeley & Jackson, 2013). Additionally, participants were given the opportunity to
review and confirm their input, strengthening the trustworthiness of the interpretations. The
transferability of the study was supported by collecting rich, contextual data. The diverse par-
ticipant backgrounds, for example from study discipline, nationality and digital habits, in-
creased the relevance of findings to other higher education contexts (Tracy, 2010). Dependa-
bility was ensured by following a systematic and transparent structure throughout the whole
research process. This was done by transcribing all interviews using OpenAlI’s Whisper via a
locally run script. This improved the traceability of decisions made during the analysis. Con-
firmability was achieved by grounding interpretations of the data itself. Coding was deductive
as it was informed by existing theory, but also inductive because it allowed new themes to
emerge. Figure 2. shows a visualized overview of the research process in six steps.

Reseach process
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Figure 2. Visualized research process. Author’s own work
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3.7 Chapter Conclusion

The chapter of Methodology gives details into the research philosophy, approach, data collec-
tion methods, data analysis techniques, ethical considerations and measures to ensure scien-
tific quality. The research uses an interpretivist philosophy to deeply explore students’ subjec-
tive experiences regarding algorithmically driven social media use. Semi-structured inter-
views were employed as qualitative methods and were carefully planned and executed to
gather in-depth data, which were then analyzed using systematic coding and thematic analysis
assisted by NVivo. Ethical integrity was consistently maintained through clear consent pro-
cesses, data anonymizations, and secure storage practices, ensuring participant confidentiality
and comfort throughout the study. Scientific quality was secured through rigorous prepara-
tion, comprehensive literature reviews, transparent analytical processes, and methodological
coherence. In the next chapter, the findings are presented from the outcomes of the qualitative
analysis. The findings could be structured into four sections: the Attention Trap to explore
how algorithmic features capture and hold students’ focus, Emotional Turbulence that de-
scribes the emotional impacts triggered by continuous algorithmic engagement, Academic
Disruption on how these emotional responses directly influence students’ academic behaviors
and outcomes, and Coping in Vain, discussing the strategies students use to manage these
challenges and their effectiveness.
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4. Findings

This chapter presents the findings from six semi-structured interviews with seven participants,
focusing on how algorithm-driven social media features negatively affect students’ emotions
and academic life. Through thematic analysis using NVivo, four major themes emerged: Al-
gorithmic Traps, Emotional Turbulence, Academic Disruption, and Coping in Vain. These
themes are deeply interconnected. In essence, certain design features of social media (the
“traps”) hook students into excessive use, leading to turbulent emotional states (anxiety, guilt,
fatigue, etc.), which in turn disrupt academic focus and performance. Students have developed
coping strategies to manage these issues, but these efforts often fall short due to the power of
algorithms and the pervasiveness of social media in their lives. The following sections detail
each theme, using direct quotations from participants to illustrate the grounded reality of their
experiences. Quotations are referenced to clarify from which participant and interview the
quote originates from. For example, a reference of (R2, L34) means that the quote originates
from respondent 2 and the quote can be found on line 34 of the transcription of the specific
interview. A brief conclusion will then synthesize how these elements interlink to influence
student well-being and studies.

4.1 The Attention Trap

Participants identified some platform features that prolonged their use of social media. The
most frequently cited were infinite scroll feeds and personalized recommendations, which of-
ten worked together to drive compulsive use. Push notifications also emerged as key triggers
for returning to apps, while auto-play was largely dismissed or actively avoided by partici-
pants.

4.1.1 Infinite Scroll Feeds

All seven students emphasized how difficult it was to stop scrolling once they started. Content
felt endless. One student described it as “doom scrolling” (R2, L34), explaining:

“I have such a short attention span that even scrolling makes me bored eventually. And 1
switch to YouTube or something else because I need to switch between different apps.” (R3,
L40).

Another reflected:

“I was going to do an hour of YouTube and then study. And then I sat for three hours... usu-
ally double or triple the amount of time that I decided to spend.” (R2, L73).

’

Without external prompts to stop, students often kept going. As one participant said: “...it’s
like Pandora’s box. Once you open it, you’ll use it endlessly.” (R7, L198).
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4.1.2 Personalized Recommendations

Personalized Recommendations were seen as highly engaging. One student said: “/¢’s like
keeping your foot in — not letting you go.” (R1, L76). Another reflected on the remarkable
feeling of the algorithm:

“...one thing is more scary, sometimes, for example, when you mention something, or you

talk to a friend about something, and then when you watch a video from some platform the

next second, it will recommend relevant video to you. It's so scary, it's surveillance on my
phone.” (R6, L&9).

Others noted how little they search anymore: “I’ve almost never searched for content by my-
self... it’s always the ones that show up.” (R4, L112).

The mix of personalization and infinite scroll created a powerful loop. As one put it:

“I just kept being pushed by the algorithm, not what I wanted to see on my own initiative. Per-
sonalized recommendation and infinite scroll are particularly addictive if combined to-
gether.” (R6, L103).

Notifications were widely described as triggers that interrupted concentration and re-engaged
users. Some students turned off notifications entirely: “I don’t have any notifications. Noth-
ing, zero.” (R1, L121). One explained:

“It’s very annoying... I feel like I can’t do anything while waiting and hoping that someone
might send me something.” (R1, L131).

Another said:

“When I see a tag like ‘Your frequent views’ on a notification, it makes me even more tempted
to click and see what it is.” (R6, L154).

Students also found it difficult to ignore notifications from content creators or friends: “...if
you 're a fan of someone, you'll naturally want to watch all of their content.” (R6, L156). One
described how easily this leads back to the feed:

“I might pick up my phone to look up an English word, but the moment I see a notification, my
attention shifts to that instead — and I forget to look up the word.” (R7, L150).

4.1.3 Auto-play as Annoyance

Interestingly, auto-play was seen as an annoyance, not a trap. One student said: “/ have not
used auto-play in years” (R2, L131), added by: ”...1 just don’t like the feature.” (R3, L132).
Another added: “...1 just stop. I don't want to, I don't want to keep watching one.” (R1, L69).
Some were frustrated: “When it autoplays, I feel like, ‘You have the audacity! ... I choose what
Iwatch.” (RS, L98). Another said:
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“If  want to replay a part of the current video, it suddenly jumps to the next one, and I have to
click to go back and replay it. It’s really annoying.” (R6, L76).

Content served through auto-play was often irrelevant: “It was not even in the same cate-
gory.” (R6, L76). Participants largely turned it off or ignored it.

4.2 Emotional Turbulence

Spending excessive time on algorithm-driven social media left students riding an emotional
roller coaster. Participants reported a range of negative feelings associated with their usage,
notably anxiety, distraction (or mental restlessness), guilt and self-blame, and emotional fa-
tigue. There was also occasional mention of FOMO (fear of missing out) on content or social
updates. On the other hand, sadness was rarely mentioned as a direct outcome of social media
use: none of the students described feeling deeply sad due to these platforms, aside from a
short feeling of frustration or disappointment. More commonly, their emotional landscape was
marked by stress and disturbance related to wasting time and struggling to control their habits.
This section discusses these key emotional reactions and how they relate to the features de-
scribed above.

4.2.1 Anxiety and Stress

A prevalent emotion among the students was anxiety: specifically, anxiety stemming from ac-
ademic pressure after losing time on social media. Many participants became anxious when
they realized that a “quick break™ had turned into an hour or more of scrolling. For example,
one student explained the feeling whenever he overshot the time he intended to spend online:

“And then I inevitably start to feel a bit anxious. I realize I spent way more time than I ex-
pected, and I feel like I shouldn’t have — it really cuts into the time I could 've spent doing
other things.” (R7, L54).

This realization that precious study time was lost often hit hard once they closed the app. An-
other interviewee shared a similar sentiment: while actively scrolling he might feel fine, but
the realizations came later: “when you feel like ‘oh shit, it took too long™ (R4, L52). The
emotional reactions were triggered after realizing how much time was spent. Such anxiety
was directly tied to academic concerns: the worry that procrastination via social media had
put them behind on coursework or preparation.

Notifications contributed to anxiety as well. One participant described feeling anxious from
simply anticipating notifications, which created background anxiety until he finally turned
them off entirely. Others mentioned feeling a form of stress when seeing a stream of notifica-
tions. For instance, a student noted that when his phone keeps buzzing during study, it “can
stress you a bit” (R4, L178), even if he tries to ignore it. While he wouldn’t call it panic, the
constant interruption made him feel uneasy and pressured. That pressure sometimes came
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with a physical aspect: interviewees spoke of a racing mind or difficulty relaxing, knowing
that there was endless content they could be checking or that others were active online. Not all
anxiety was about missing content (as in classic FOMO), more often it was self-directed -
anxiety about falling behind in studies or about their own inability to stop scrolling. One Chi-
nese student explicitly identified “£Z &> (anxiety) as his most prominent reaction:

“I often stop halfway to watch short videos, and as a result, I end up spending more time than
planned. When I realize this, my first feeling is anxiety, as 1 feel like ['ve wasted time on stud-
ying.” (R7, L92).

This kind of anxiety is clearly linked to academic guilt, which we discuss next, but it stands
on its own as a feeling of heightened worry and nervousness that several students experienced
after using social media for too long.

4.2.2 Guilt and Self-Blame

Perhaps the most universally shared emotional reaction was guilt. Every participant, in one
way or another, mentioned feeling guilty or regretful after a long, unplanned social media ses-
sion. They often reproached themselves for wasting time that “should have” been spent more
productively. One interviewee put it briefly:

“I feel like I should be doing something more productive... maybe go to the gym or do some-
thing more productive in general.” (R4, L48).

In his case, after scrolling too much he would list the activities he neglected (exercise, social-
izing, studying) and feel bad for having chosen Instagram or YouTube instead. Another stu-
dent described the guilty aftermath of a three-hour YouTube binge that was meant to be only
one hour:

“I'would say yes, I felt almost guilty... not that I'd let myself down majorly, but guilty that 1
didn’t spend the time doing something better. Like, I should have spent this time elsewhere.”
(R2, L75).

This captures a milder form of guilt - more like regret or a sense of opportunity cost. For
some, the guilt was even more intense, verging on self-blame and shame. One participant
spoke very passionately on this topic, noting that as a student who grew up with a strong em-
phasis on study discipline, he feels extremely guilty when he procrastinates online. In his
words:

“Yes, exactly those kinds of feelings — guilt, frustration, and self-blame. I wanted to get
things done, but I ended up wasting time elsewhere, so of course I would blame myself.” (R6,
L138).

He went on to explain that this feeling was deeply ingrained, saying that throughout high
school he was taught to value every minute of study:
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“Back in high school, teachers constantly emphasized the importance of studying hard, and
that mindset kind of carries into university. So when I spend time watching videos in college,
every moment that feels wasted makes me feel deeply guilty and regretful.” (R6, L138).

This indicates how guilt can be intensified by internalized academic pressure. Importantly,
that strong guilt was not an outlier: even those who were more casual described at least some
regret. No one felt happy with themselves after procrastinating. Even if they enjoyed the con-
tent in the moment, it was common for participants to feel they shouldn’t have done it after
procrastinating. This guilt often overlapped with anxiety: guilt for the act, and anxiety about
its consequences.

4.2.3 Distraction and Mental Fatigue

While distraction is technically more of a cognitive state than an emotion, participants fre-
quently referred to a feeling of mental scatter or restlessness that came from overusing social
media. This feeling is part of emotional turbulence because it affects their mood and mental
comfort. Several students mentioned that after consuming a lot of rapid content (especially
short videos or endless posts), they felt drained or tired. “Mentally drained, I would say, most
of the time [after a long scrolling session],” (R2, L79), this participant also reported: “I might
be inspired by something, but that’s on rare occasions.” (R2, L79). Another participant
agreed, simply adding: “Yeah, tired.” (R3, L80). This “tired” is not just physical fatigue from
being awake, but emotional exhaustion. They described it as feeling numb or zoned out. One
student noted that in the past he used to scroll as a way to relax or give his mind a break, but
now the effect had reversed:

“It depends how engaged I am. If I'm really engaged, it’s quite draining... sometimes you
scroll without paying much attention.” (R4, L50).

And added: “you can get information overload sometimes.” (R4, L54). In such cases, by the
time they stopped, their minds were fatigued from processing so many stimuli. This emotional
exhaustion often left them less motivated to do anything else, including study. As one inter-
viewee put it: “...you become more lazy. So it's harder to get back to restarting.” (R4, L64).
This hints at how emotional and cognitive states merge: feeling drained and lazy is both a
mood and a mental state of low stimulation, which directly impacts academic work (a topic
for the next section).

Another aspect of distraction was a lingering sense of disrupted attention. Participants said
that even when they weren’t actively on social media, heavy use could leave their thoughts
scattered. For instance, one person described “a bad feeling of waiting” (R1, L131) when he
used to get frequent notifications: a sort of restless anticipation that made it hard to fully focus
on his current task. Others mentioned that during study sessions, the thought of what they had
seen or could see online would interrupt. One student reflected that after spending a long time
on a feed full of world events and debates (X/Twitter in this case), she felt “everybody’s talk-
ing about the same thing” (R3, L56) and it would occupy her mind even as she tried to move
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on, until it just became boring repetition. In sum, emotional turbulence included feeling men-
tally unsettled. Whether we label it as distraction, restlessness or fatigue, the interviews sug-
gest that intense social media use exhausts the mind and leaves an emotional leftover of wea-
riness or irritability.

4.2.4 Frustration and Irritability

Alongside anxiety and guilt, a number of participants brought up feelings of frustration, irrita-
tion or even anger in relation to their social media habits. Interestingly, this frustration took a
few forms. Some of it was self-directed: frustration was essentially pointed towards their own
behavior. This overlaps with the guilt discussed earlier. But there was also frustration directed
at the platform or content. For example, recall that many disliked the auto-play feature. One
student said it made him “feel really annoyed, irritated, even angry. ... very frustrated.” (R6,
L168) when unwanted videos started playing, although he noted that anger was short-lived.
Another participant grew irritated when the algorithm showed her the same type of content
repeatedly:

“Some platforms just suggest one topic over and over. You go crazy, like a downward spi-
ral... I just get angry — like stop, I wanted to see something new.” (R3, L168).

In that case, her anger was at the monotony and feeling of being stuck in a bubble of content.

There was also annoyance at notifications, mentioned by a few. A student said if he was con-
centrating and a trivial push notification popped up: “...I can't focus on it at all until I know if
it is something important. Usually it's not.” (RS, L179). If he checked and found it was some-
thing meaningless like a random entertainment news alert, it would irritate him further that it
interrupted him. In general, this kind of low-grade anger or irritability came up whenever the
technology did something that the students themselves didn’t intend (like interrupting or
showing irrelevant posts). While frustration wasn’t the headline emotion for most, it is worth
noting as part of the turbulence: these platforms sometimes provoked short-term annoyance
that added to the overall emotional strain. Notably, sadness or depression was not commonly
reported. None of the students said that using social media made them feel long-term sadness
or depression. One or two mentioned feeling down if they saw upsetting news or felt they
wasted an entire day, but they framed it more as annoyance or self-disappointment rather than
deep sadness. This underscores that the emotional consequences here were more about stress,
guilt, and anxiety rather than depressive feelings.

4.2.5 Fear of Missing Out (FOMO)

Although not as prominent as other emotions, a few participants indirectly touched on FOMO
or related feelings. One described how certain app features play on social connections. For in-
stance, he didn’t want to delete a particular app because it had a social ‘streak’ feature with
his friend that he didn’t want to lose. This implies a fear of missing social interactions or let-
ting a friend down if he disconnected, what is essentially FOMO on social bonding. Another
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participant admitted that when he had notifications on in the past, he felt a compulsive need to
check because:

“[ feel that it's in my mind now knowing that someone sent me something, and then it becomes
hard to keep studying because it's all in the back of my head.” (R1, L142).

And this ‘something’ could be important or interesting. Even though he knew most notifica-
tions were not important or even meaningless, the fear of missing a meaningful message kept
him glued until he finally muted everything. Generally, these students were aware that social
media can create a sense that if you’re not online, you’ll miss out on something. One student
mentioned that when big news was happening, everyone was talking about it on X/Twitter,
and he felt compelled to keep scrolling to stay updated until it actually just became repetitive.
In his case it was more a desire to stay current (a mild FOMO on information) rather than on
social life specifically. Overall, FOMO was not a strong theme, possibly because these inter-
viewees had already taken steps like turning off notifications or even taking breaks, so they
were managing FOMO. They occasionally did feel pulls of wanting to know what friends
were doing or what the latest trend was, but more dominant were the emotions of anxiety
about their own behavior and guilt over academic neglect.

These emotional states were not just subjective experiences but often translated into academic
struggles such as avoidance, difficulty focusing, and diminished motivation.

4.3 Academic Disruption

All participants reported that their engagement with algorithmic social media had, at times,
interfered with their emotions, and these emotional consequences appeared to directly or indi-
rectly undermine students’ ability to concentrate or plan their academic tasks. The nature of
this academic disruption ranged from losing study time and procrastination, to difficulty con-
centrating on coursework, to a decline in the quality of their work or confidence in their aca-
demic abilities. Four aspects emerged: procrastination (delaying or avoiding academic tasks),
attention loss (inability to focus or stay on task), poor time management (misallocation of
time due to social media), and diminished academic self-efficacy (feeling less capable or less
confident as a student because of these habits). This section unpacks each aspect with exam-
ples from the interviews.

4.3.1 Procrastination and Task Avoidance

A clear finding was that social media provided an easy outlet for procrastination, leading stu-
dents to start their academic work late or not at all. Many shared stories of intending to study
or complete an assignment but getting sidetracked by endless feed. One student laughed as he
admitted:

“Yes. All the time... I was going to say ... I'm going to do an hour of YouTube and then study.

And then [ sit for three hours. So usually, you have double or triple the amount of time that 1
decided to spend.” (R2, L73).
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Those extra two hours was time he had intended for reading, which then had to be crammed
later. Another participant similarly noted that scrolling often overtook his scheduled tasks:

“For instance, I kept scrolling until it was time to have lunch. In that case the whole morning
has passed like this, and I haven't learned anything.” (R6, L34).

This domino effect of procrastination was commonly described. Once they fell down the rab-
bit hole, not only was the immediate task delayed, but it could throw off plans for the entire
day. One interviewee expressively called social media “a Pandora’s box” (R7, L198) for pro-
crastination: if he even opened those apps during study time, he would be unable to limit him-
self. All of them were aware of this risk. A participant in the business program noted he tries
not to even multitask with a feed open:

“I try to avoid it during the breaks. Because it's like a distraction to me. It affects the rest of
the day. Like it does not let me really focus on what I have.” (R1, L20).

He and others sometimes attempted to only check feeds during designated breaks, but even
then, the breaks often ran over. The result of these behaviors was the last-minute rush and
stress. Although not everyone explicitly said, “I missed a deadline” or “my grades suffered”,
the implication was that procrastination via social media cut into the time they needed for as-
signments and exam prep. One student mentioned an instance of nearly missing a homework
deadline because he got absorbed in TikTok when he meant to only spend a few minutes re-
laxing (R7, L68). The pattern was clear: the more time lost to Instagram, X/Twitter, YouTube,
etc., the less time available to devote to studying, often leading to hurried, late-night efforts.
This directly connects to feelings of guilt and anxiety described earlier. Those emotions typi-
cally arose because participants knew they had procrastinated and now had to catch up under
pressure.

4.3.2 Attention Loss and Concentration Issues

Even when students did sit down to study, the lingering effects of social media use often dis-
rupted their focus. Several participants described difficulty concentrating after using short
video apps. As Respondent 6 put it:

“My mind just feels really messy... like some abstract music that keeps looping in my head
like an earworm.” (R6, 1L46).

Others spoke about the impact of interruptions. A common scenario was trying to study, get-
ting a notification or remembering something on social media, checking it ‘for a second’ and
then spiraling into a much longer distraction. One interviewee admitted this happened fre-
quently:

“It’s easy for me to check a notification, read it, and then do something else instead of study-
ing and you end up losing an hour, for example” (R4, L174).

After such an interruption, returning to the academic task was described as “definitely diffi-
cult” (R4, L174). The same student noted: “you kind of have to reboot your concentration and
thinking.” (R4, L64). Another agreed, saying:
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“It mostly breaks with the focus. It breaks the focus and because I get worked up I can't find
my way back to the place where I need to be done.” (RS, L152).

This illustrates how even a short glance at social media breaks the flow of studying and re-
building that focus is not trivial. Some participants reported that even without opening the
app, their urge to check social media was mentally distracting. For instance, while reading,
their thoughts might drift toward wondering whether there was anything new on Instagram,
disrupting their focus. This resonates with participants’ accounts of lingering distractions. It
paints a picture of fragmented attention: an environment where focus is constantly under siege
by potential digital distractions. One participant summarized his struggles:

“Notifications in general definitely impact concentration on studies. ...some people can study
very well with distractions. Personally, I can't.” (R4, L172).

While several students resorted to turning off their phones entirely during study (a coping tac-
tic we will revisit) because if the phone was on, the mere knowledge of available content or
messages made it hard to fully focus on academic work.

4.3.3 Poor Time Management and Scheduling Problems.

The interviews also indicated broader time management issues tied to social media overuse.
Students found that their daily routines and study schedules frequently derailed. As men-
tioned, procrastination on a given task can descend into a day’s schedule being wrecked,
where meals are delayed, sleep is postponed, and other tasks are squeezed or forgotten. One
participant confessed the result of days when he falls into a social media hole: “That messes
up my entire schedule for the day.” (R6. L129). He might spend the night before an exam
scrolling out of anxiety or habit, then have to cram in the early morning. Another noted that
he often plans not to use social media during his work, but:

“I might only get through one or two hours before I start thinking, ‘Maybe I’ll just scroll
through some videos for a bit.”. Then I go watch some videos to relax. But once I start, I often
lose track of time.” (R7, L68).

In such cases, his time management failed because the attraction of the feed was stronger than
his planned schedule.

One student quantified the impact of removing social media on his schedule: he estimated that
before, he spent 3 to 4 hours a day on short videos, and after taking measures to cut down, he
spent around 2 to 3 hours, freeing up at least 1 to 2 hours for other things (R6, L146). Some
participants implied that their leisure scrolling time ate into time they should have been sleep-
ing or doing assignments, forcing them to stay up later. This hints at potential knock-on ef-
fects like fatigue in class or lower performance due to rushed work. While they did not always
explicitly state “I got a worse grade because I scrolled instead of studying,” one can infer aca-
demic consequences. For instance, one participant mentioned an instance of cramming;:

“I remember that during the IT architecture exam, I watched short videos, and as I watched it,
1 didn’t have much time to review for the exam. I kept doing it the night before the exam, and
kept doing it, and didn't review for the exam anymore.” (R6, L72).
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He acknowledged that at times he had to work faster or with less focus because of time lost on
the phone.

A particularly telling comment came from a student who said “...the better the content, the
less time studying.” (R4, L153). He explained that when the algorithm showed him very en-
gaging posts or videos, he would spend more time on the app and consequently have less time
available for studies. This briefly captures how the quality of recommendations could directly
correlate to poor time allocation. In terms of scheduling, another participant noted that social
media use often happened in the late evenings when there were no classes, which then
stretched longer into the night than intended, sometimes causing her to sacrifice morning
study plans. These habits point to difficulty in self-regulating time, which is a skill crucial in
university. Several students seemed aware that their time management skills were being un-
dermined by these platforms, and this awareness contributed to feelings of reduced academic
self-efficacy.

4.3.4 Diminished Academic Self-Efficacy

Repeated cycles of distraction and procrastination led some students to question their aca-
demic effectiveness. While they did not use the term academic self-efficacy explicitly, their
reflections conveyed a sense of diminished confidence in their ability to study productively.
As one student put it:

“I feel like if I could use that time for something else — like working out or studying — I'd
definitely be in a better place than I am now.” (R6, L202).

Another student discussed how constantly needing to stop himself from using social media
during study made him question his willpower: “...you become more lazy. So it's harder to
get back to restarting.” (R4, L64) he said, implying that he viewed himself as having become
lazier due to these habits. In his case, he developed a strategy of deleting apps during busy
times because he didn’t trust himself otherwise. This speaks to a lowered confidence: rather
than believing he could control his usage while keeping the apps, he felt the only solution was
removal. Similarly, a different interviewee mentioned he was “trying to be in control” by lim-
iting it to 1-2 hours a day: an acknowledgement that without deliberate effort, control would
slip. When asked if the emotional distresses (anxiety, information overload, distraction) af-
fected his study performance, he responded with a simple “Yeah.” (R4, L56), and after a
pause, he added that it usually hit him after using the apps when he realized he had to catch up
(R4, L58). The fact that these students had to take special measures - or at least felt they
should - suggests they perceived their academic abilities as compromised by social media.
They often spoke of themselves in a somewhat negative light: lazy, easily distracted or ad-
dicted to the phone. This can erode the confidence needed to tackle challenging academic
tasks.

One participant insightfully connected it to a larger picture: he felt that especially students
who have been under strict academic environments feel even more guilt and self-criticism
when they fail to manage their time (R6, L138). This indicates that those with high expecta-
tions of themselves academically might experience a bigger hit to self-efficacy when social
media use causes them to underperform relative to their potential. They know they could do
better if they weren’t wasting time, which leads to frustration with themselves and doubt
whether they can break the cycle. However, it’s important to note that despite these struggles,
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all participants were actively studying at university, so they had not “given up” academically.
But they recognized that their academic life was being undermined and that they were not al-
ways performing at their best due to their social media habits.

4.4 Coping in Vain

Faced with the emotional and academic impacts of social media, students developed several
strategies to reduce their usage or limit their impact. These included muting notifications, un-
installing or logging out of apps, physically removing phones from easy access, using self-im-
posed time rules, and even mentally reframing their consumption. While some strategies
brought short-term relief, participants generally described them as only partially effective, of-
ten due to the persistent pull of algorithmic content and the entanglement of academic and
digital life.

4.4.1 Turning Off Notifications and Distractions

Disabling push notifications was the most common first step. One student noted when turning
off notifications, it "...saved more than half of my time doing that." (R1, L123) and another
used "Do Not Disturb" mode to stop notification:

"When I encounter this situation for the first time, I just turn on the ‘Do Not Disturb’ mode on
my phone." (R7, L168).

However, students often still check their apps out of habit or boredom. One explained:

“It's just pure muscle memory pressing the thing like I don't even think about it and then
boom, there I am on Instagram scrolling.” (R5, L191)

While others struggled with the necessity of keeping some alerts (e.g., email, messaging) ac-
tive for academic or social purposes, leading to unintentional re-engagement with platforms.
4.4.2 Uninstalling Apps or Taking Breaks

Several participants tried deleting apps temporarily during exam seasons or busy academic
periods. One shared:

"My strategy is to delete them during busy times and then re-download them when I know I
can." (R4, L68).

Another said: "Sometimes, I delete TikTok for like a month, to focus on other things." (R3,
L49). A student from China used app deletion ahead of exams but was reluctant to delete a
specific app because of a social streak feature:

"After keeping it going for 200 or 300 days, you really don’t want to stop. You want to send

them a little message every day to keep it going, and you just don’t want to lose that connec-
tion." (R6, L142).
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He described the impact as “H fAUR” (“It’s somewhat effective”). Effective in reducing us-
age but not eliminating the habit, since he often shifted to alternative platforms like Bilibili or
YouTube. Others used screen-time limiters or timers. One participant said:

"Or if there is a timer that I set myself, [ will usually turn it off immediately and continue to
watch another video." (R6, L64).

App limits were easy to override, and detox attempts often resulted in short-term success fol-
lowed by relapses. One noted a recurring cycle: after a break, usage would resume heavily,
almost as compensation for missed time.

4.4.3 Environmental and Cognitive Tactics

Some participants physically distanced themselves from their phones while studying: "...if
I'm really busy, I switch off my phone or I leave it in another room." (R4, L172) one shared.
Some preferred studying in libraries where phone use felt more socially discouraged. Others
used browser extensions to block websites during work sessions, though these measures had
limitations: apps on mobile remained untouched, and extensions could be deactivated. One
participant used a more reflective approach, saying:

“...a strategy that I use at least is that for the content I watch, I try to kind of analyze it, and I
tell myselfit's awful.” (R2, L43).

This mindful interruption helped him regain control. However, not all participants could sus-
tain this mental discipline. Many admitted that once they were caught in the content loop, crit-
ical distance was hard to maintain.

4.4.4 Limitations and Relapse

Despite students’ efforts, most coping strategies provided only temporary relief. One student
summarized: "It’s somewhat effective — 1'd say it reduced my usage a bit." (R6, L146). De-
sign features like infinite scroll and personalized recommendations couldn’t be turned off. As
one said: "It's hard to delete or there is no way to disable them." (R1, L35). Even academic
responsibilities often required device use, making full disconnection impractical. One partici-
pant explained:

"So you have to get on your phone or something in order to check what you're supposed to do
with studies..." (R5, L216).

Participants often described their efforts as a continuous struggle. One described:

"When it's very stressful, when there are deadlines, when there are exams, and I feel like I
can't do it, I can't keep on doing it. That's where I found myself scrolling. It's not a decision 1
make. That's where my subconscious mind goes." (R1, L109).

He also reflected on the situation after deleting specific apps:

"Then it's up to me where I turn them off, then it becomes my control. It becomes my decision
when [ open the apps. When [ want to scroll, it becomes my decision." (R1, L125).
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These efforts, while imperfect, reveal a student population that is both self-aware and actively
attempting to resist platform design, how difficult that may be. Their experiences point to a
broader challenge: managing digital life in an academic context where the lines between study
tools and distractions are increasingly blurred.

4.4 Chapter conclusion

In summary, the algorithmic traps of infinite scrolling feeds, tailored recommendations, and
well-timed notifications create a habit-forming environment that easily draws students in for
longer than intended, whereas features like auto-play, initially assumed to be influential,
turned out to be largely rejected by users.

This constant connectivity leads to emotional turbulence, with students commonly feeling
anxious, guilty, and mentally drained as they deal with the conflict between immediate online
enjoyment and their longer-term academic responsibilities. These turbulent emotions are both
a consequence of the overuse and a contributing factor to further academic disruption, as anxi-
ety and fatigue make it even harder to concentrate on studies, setting up a vicious cycle of
procrastination, lost time and reduced academic confidence.

Students have not been oblivious to these challenges. They have engaged in various coping
efforts, from muting notifications to outright deleting apps, in attempts to reclaim their time
and focus. However, these efforts often only partially succeed, as the attraction of infinite
content - and the practical entanglement of social media with daily life - continually pulls
them back.

Crucially, these four themes are deeply connected. A participant’s story might begin with an
algorithmic design (e.g., an endless TikTok feed) that triggers an emotional response (e.g., a
sense of guilt after an hour lost), which then manifests as an academic consequence (e.g.,
scrambling to finish an assignment, feeling less capable), prompting a coping reaction (e.g.,
uninstalling TikTok) that might later be undermined by another feature. The student experi-
ences are grounded in this reality of push-and-pull between their own goals and the platforms’
pulls. Despite the negative outcomes, it’s worth noting that students often spoke with insight
and even humor about their predicament, showing resilience and adaptability. They are learn-
ing to navigate a digitally dominated college life, even as the algorithms evolve to capture
their attention.

The next chapter will discuss the key findings of the study that were presented by interpreting
them through the SOR framework. The three research propositions are revisited, and key in-
sights are introduced. Findings are connected to existing theories and the main contributions
of this study are discussed, and finally the research questions are revisited.
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5. Discussion

This discussion builds on the findings by interpreting them through the Stimulus - Organism -
Response (SOR) framework. It begins by revisiting the three research propositions (P1-P3),
showing how specific algorithmic features trigger emotional and cognitive states that affect
students’ academic performance and well-being. An interesting insight that emerged is the
strong combined effect of infinite scroll and personalization, which appears to make these
platforms especially difficult to disengage from. After validating the propositions, we connect
the findings to existing theories. The discussion then outlines the main contributions of this
study in both theoretical and practical ways before returning to the research questions.

5.1 Validation of Propositions

5.1.1 P1: Algorithmic Features Influence Internal States

Our findings strongly support P1, demonstrating that key algorithmic design elements func-
tion as powerful stimuli shaping students’ internal emotional and cognitive states. Specifi-
cally, features such as infinite scroll, personalized recommendations and push notifications
were repeatedly cited as triggers for reactions ranging from distraction and information over-
load to anxiety and distorted time perception. In line with the view that social media platforms
are often “addictive by design” (Costello et al., 2023), these engineered features consistently
evoke heightened psychological responses in our participants.

Participants frequently reported losing track of time while endlessly scrolling which is a state
similar to the “binge-scrolling” behavior described in recent literature, where the absence of
stopping cues promotes prolonged, dissociative consumption (Park & Jung, 2024). This de-
sign acts as a particularly potent stimulus in SOR terms, bringing out deep cognitive immer-
sion alongside mixed emotions such as guilt or regret once students realized how much time
had passed (Montag & Elhai, 2023).

Personalized content feeds likewise intensified students’ emotional engagement. The highly
tailored posts often sparked excitement and curiosity yet simultaneously contributed to cogni-
tive overload that made it hard for students to pull away. Empirical evidence supports this
trade-off: personalization tends to boost attention retention and information load, thereby
heightening emotional stimulation (Baccarella et al., 2018; Montag & Elhai, 2023). From a
SOR perspective, such algorithmic precision magnifies the intensity of the organism’s state,
increasing emotional stimulation and sustained mental activation.

Push notifications, though shorter in interaction, also provoked immediate emotional reac-
tions. Participants described spikes of anxiety or fear of missing out (FOMO) when an alert
popped up, even if they tried to ignore it. This aligns with experimental findings that the mere
presence of notifications can disrupt attention and induce anticipatory stress (Montag & Elhai,
2023; Stothart et al., 2015). Auto-play, although a more passive feature, similarly undermined
students’ self-regulation by seamlessly queuing up for the next video. This automatic continu-
ity created momentum that subtly reduced users’ agency to stop watching. For instance, a di-
ary study by Chaudhary et al. (2022) found that users often kept watching videos not out of
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deliberate choice but because the platform kept playing content by default, frequently leading
to later feelings of regret and lost control. Our participants likewise noted that auto-play,
while seemingly minor and often already managed through coping strategies, eroded their
conscious decision-making and prolonged their viewing sessions.

In sum, these design elements each operated as external stimuli within the SOR model, con-
sistently evoking internal states such as deep absorption, distraction, anxiety, cognitive over-
load, and emotional fatigue. This outcome aligns with prior work showing that continuous,
highly tailored, attention-capturing interface features can provoke significant psychological
reactions in users (Cao & Sun, 2018; Whelan et al., 2020). By confirming that such design-
driven interactions are far from emotionally neutral, our results substantiate P1’s premise that
algorithmic features actively shape students’ inner states.

5.1.2 P2: Internal States Affect Academic Performance and Well-Being

Our evidence strongly supports P2 by showing that the emotional and cognitive disruptions
induced by social media use translated into concrete impacts on students’ academic perfor-
mance and well-being. Participants frequently reported that after being unsettled or distracted
by an algorithm-driven browsing session, they struggled to concentrate on coursework. This
was often resulting in procrastination, lower productivity or missed assignments. This pattern
echoes prior findings that excessive social networking for non-academic purposes increases
academic distraction and impairs performance (Feng et al., 2019). Students also described
mental fatigue from information overload that undermined their study efficiency. Feeling
overwhelmed by endless personalized content or by constant notifications, they found it hard
to manage their time and cognitive resources. This aligns with research showing that social
media overload erodes students’ self-regulation and academic performance (Whelan et al.,
2020). Similarly, our participants’ accounts of being cognitively drained and unable to focus
after social media immersion mirror observations that multitasking on social platforms dimin-
ishes academic productivity and well-being (Brooks, 2015).

Beyond immediate study issues, the emotional turbulence spilled over into students’ broader
well-being. Many interviewees noted feelings of stress, guilt or sleep deprivation attributable
to late-night scrolling or to distressing social comparisons triggered by curated content. These
narratives echo findings that nighttime social media use can disrupt sleep and indirectly con-
tribute to student burnout and lower academic achievement (Evers et al., 2020). In our study,
participants explicitly linked the anxiety and mood disruptions prompted by algorithmic en-
gagement to subsequent declines in class participation, study consistency and daily function-
ing. While a few did mention occasional positive emotions from social media, those were
vastly outweighed by negative effects like heightened anxiety or FOMO.

Crucially, many students traced their emotional states to concrete academic consequences,
such as missed assignments, poorer exam performance or lower overall grades. These ac-
counts resonate with large-scale studies showing that students who devote excessive time to
social networking tend to have worse academic outcomes (Kirschner & Karpinski, 2010;
Salari et al., 2025). Indeed, they reflect broader evidence that problematic, emotionally drain-
ing social media use can impair cognitive functioning and task performance (Dhir et al., 2018;
Moqgbel & Kock, 2018). Thus, our findings confirm P2: the internal states triggered by algo-
rithmic features directly undermined students’ academic success and psychological well-
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being. This outcome underscores the SOR framework’s relevance by illustrating how technol-
ogy-induced affective states translate into real-world performance shortages.

5.1.3 P3: Internal States Mediate the Link Between Features and Outcomes

Our data also supports P3 by demonstrating that the effects of social media design features on
academic performance and well-being are indirect, channeled through the intervening emo-
tional and cognitive states of the user. In other words, features like infinite scroll, push notifi-
cations, and personalized feeds did not impact outcomes independently: they influenced stu-
dents by triggering internal states such as distraction, anxiety or mental fatigue, which in turn
led to academic impairments. This finding exemplifies the classic Stimulus - Organism - Re-
sponse sequence (Mehrabian & Russell, 1974), where an environmental trigger (stimulus) al-
ters the internal condition (organism), thereby shaping the eventual behavior or outcome (re-
sponse).

We found that participants’ inability to absorb study material was not caused by the social
media feed, but by the fragmented, distracted mindset that scrolling had induced beforehand.
This self-observation clearly illustrates the SOR chain in action: the platform stimulus pro-
duced an internal state (distraction) that then hampered her academic engagement. Likewise,
Whelan et al. (2020) found that emotional overload mediates the relationship between digital
environments and academic behavior, a pattern our participants confirmed repeatedly. Partici-
pants’ reflections often underscored the distinction between direct and mediated effects. One
interviewee, for instance, observed a marked improvement in his academic focus after disa-
bling notifications. He attributed his earlier study problems not to the notifications them-
selves, but to the anxiety and distraction those alerts had generated (R2, L244). This anecdote
supports the idea that modifying the organismic state (in this case, reducing anxiety by remov-
ing the trigger) can break the link between a platform feature and its negative outcome.

Moreover, we observed that the features provoking the strongest internal reactions - infinite
scroll and highly personalized feeds - also led to the most significant academic consequences.
In contrast, features like auto-play and basic notifications, especially auto-play, have only mi-
nor effects unless they trigger a substantial cognitive or emotional response. This pattern rein-
forces the mediation model: the magnitude of the outcome depended largely on the degree of
internal disruption produced. Prior research similarly suggests that social media’s impact on
performance depends more on intervening emotional and attentional states than on usage
quantity alone (Mogbel & Kock, 2018). Even though our evidence is qualitative, the interview
narratives consistently followed this mediation logic. Participants not only described a simple
one-step cause-and-effect from a feature to an outcome, but also their explanations also took
the form “Feature X made me feel Y, which led to Z”. This recurring causal framing across
different students lends strong support to P3’s validity.

In short, our findings confirm that the academic effects of social media use are not an auto-
matic consequence of mere exposure to certain features, rather, those effects are shaped by
how the features affect users internally. This outcome underscores the SOR model’s central
proposition that organism-level experiences serve as critical mediators in technology-user in-
teractions. Table 2. gives an overview of the propositions and findings.
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Proposition | Summary of Finding Supporting Evidence

Pl Algorithmic features trigger emo- Participants reported time loss, emo-
tional and cognitive reactions such as | tional overload, anxiety and FOMO
distraction, anxiety, and information | from features like auto-play and noti-
overload. fications (Montag & Elhai, 2023;
Costello et al., 2023).

P2 Internal states caused by social me- Participants linked emotional ex-
dia use negatively affect students’ haustion to procrastination and poor
academic performance and well-be- | academic results. This is supported
ing. by research on fatigue, distraction,

and multitasking effects (Whelan et
al., 2020; Brooks, 2015).

P3 Internal states mediate the relation- Students described how platform-in-
ship between algorithmic features duced emotions disrupted academic
and academic outcomes. The effects | focus, aligning with the SOR model
occur through emotional and cogni- | and previous mediation studies
tive disruptions. (Whelan et al., 2020; Mogbel &

Kock, 2018).

Table 2. Overview of the Validation of Propositions

5.2 Synergistic Effects as an Interesting Finding

A particularly interesting finding of this study is the synergistic effect we observed between
two algorithmic features: infinite scroll and personalized recommendations. Each of these de-
sign elements individually has been associated with immersive, attention-capturing user expe-
riences (Montag & Elhai, 2023). Our qualitative evidence suggests that when deployed to-
gether, these features create an engagement effect greater than the sum of their parts. Indeed,
this combined influence emerged consistently in students’ descriptions of their most pro-
longed and uncontrollable social media episodes.

Infinite scroll, by design, removes natural stopping points and allows users to consume con-
tent continuously (Chaudhary et al., 2022; Montag & Elhai, 2023). When this bottomless feed
is paired with algorithmic personalization - which ensures that each following post or video
aligns closely with the user’s interests - the experience becomes both boundless in form and
highly optimized in content relevance. According to our participants, this combination yielded
a state of sustained cognitive absorption that made it extremely difficult to disengage without
deliberate effort. Students described falling into these personalized infinite “loops” almost un-
intentionally and feeling unable to break out until external factors (like sheer exhaustion or
urgent obligations) finally got them to stop.

This interactive effect has been mentioned by users but rarely examined formally in prior re-
search. We argue that it represents a distinct theoretical construct - an engagement synergy -
that warrants recognition in literature. While it has been speculated that infinite scroll and per-
sonalization rank among the most powerful drivers of user engagement (Montag & Elhai,
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2023), there has been little empirical investigation of how these features work together. Our
participants’ statements offer qualitative confirmation of such a compounded effect and reveal
a layered dynamic: the sheer quantity of content and its personalized relevance reinforce one
another, rendering the overall experience not only prolonged but also intensely absorbing on
an emotional level. In terms of the SOR paradigm, this synergy exemplifies a heightened
stimulus impact. Infinite scroll and personalization function as stimuli. When combined, they
significantly amplify the organism’s state: producing deep fascination, distorted time percep-
tion, and heightened emotional engagement. In turn, those intensified states led to pronounced
behavioral responses such as academic procrastination and diminished well-being. Many stu-
dents recalled losing hours to these personalized, never-ending feeds, followed by guilt, men-
tal fatigue and lower academic performance directly attributable to the prolonged state of ab-
sorption that this feature combination induced.

Notably, this synergistic mechanism may help explain why certain platforms are especially
effective at capturing user attention to an excessive degree. Services that prominently com-
bine infinite scroll with personalization - for example, TikTok’s “For You” page or Insta-
gram’s algorithmic Reels - caused some of the most intense and extended engagement reports
from our participants. For instance, As Costello et al. (2023) highlight, TikTok’s “For You”
feed exemplifies how algorithmic personalization can foster deeply immersive and compul-
sive usage patterns. Fittingly, several students recounted losing track of time on TikTok in ex-
actly this manner. In contrast, the interviewees rarely reported significant time loss on plat-
forms that lacked one of these two elements. A personalized but finite content stream, or an
infinite scroll feed with only generic content, did not induce the same level of immersion. The
“black hole” effect materialized only when content was both essentially bottomless and highly
tailored, presented in a frictionless, continuous flow.

From a theoretical standpoint, recognizing this synergy adds a new dimension to the literature
on persuasive and addictive design. Individual features like auto-play or push notifications
have previously been studied as simple “nudges” that momentarily capture attention
(Chaudhary et al., 2022; Stothart et al., 2015). In contrast, the infinite scroll plus personaliza-
tion pairing appears to fundamentally restructure the user’s engagement, creating a continuous
state of attentional capture and psychological investment rather than just brief interruptions.
Our findings indicate a hierarchy of influence among features: push notifications can effec-
tively grab attention or spark short-lived FOMO, but many students learned to mute or ignore
these alerts during study time, and auto-play on its own also had a relatively weak effect.
These simpler features functioned more like triggers or “hooks,” whereas the infinite scroll-
personalization combination acted as an immersive engine that sustained user attention. This
contrast highlights that not all algorithmic design elements are equally potent and - more im-
portantly - that their interactions can greatly amplify their impact. Prior research tends to ex-
amine such features in isolation, but our results show that certain feature combinations can
multiply psychological effects, especially when they simultaneously remove friction and max-
imize personal relevance. This insight suggests that both future studies and practical interven-
tions should address feature ecosystems as a whole rather than targeting single UI elements in
isolation.

From a practical perspective, our discovery yields clear recommendations: efforts to curb
harmful over-engagement should focus on disrupting this particular synergy. For instance, de-
signers, or users themselves, might introduce artificial stopping cues into an infinite scroll or
dial back the degree of personalization in order to break the seamless cycle. Our participants
often lacked the awareness or ability to interrupt the loop on their own, especially when both
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features operated unchecked. The adverse outcomes they reported (lost time, guilt, stress)
stemmed not from one feature alone, but from the reinforcing effect of the two features work-
ing together.

In conclusion, the synergistic effect between infinite scroll and personalized recommendations
stands out as a key contribution of this thesis. It formalizes an experience widely felt by users
but rarely studied in combination, and it introduces a named mechanism through which algo-
rithmic design can profoundly shape user cognition and behavior. By situating this insight
within the SOR framework, the study not only advances theoretical understanding but also
heightens practical awareness of how digital platform designs influence student life, and po-
tentially the wider population of users.

5.3 Theoretical Integration and Implications

Our findings integrate closely with the Stimulus-Organism-Response (SOR) framework and
extend key strands of research in digital media, educational psychology, and human-computer
interaction. Framing our data through SOR clarified how algorithmic features act as stimuli,
which shape internal emotional and cognitive organism states, ultimately influencing aca-
demic and well-being-related responses. This sequence mirrors existing models (Mehrabian &
Russell, 1974; Whelan et al., 2020), reinforcing the model’s applicability in algorithmically
mediated digital environments. Whereas prior studies examined SOR in online shopping or
social overload contexts, our study applies it directly to design features like infinite scroll and
personalized recommendations, offering new specificity to what constitutes the "stimulus" in
such models.

Our study also contributes to literature on the “dark side” of social media. Prior research has
addressed technostress, addiction, distraction and information overload as negative outcomes
of social media overuse (Brooks, 2015). We reinforce these findings but go further by identi-
fying the design features that give rise to these internal experiences. For example, students’
descriptions of stress, distraction or FOMO often emerged from specific platform features like
push notifications or personalized feeds, not from general use. This meets a recognized need
for greater granularity in understanding how platforms cause stress (Maier et al., 2015) and it
also aligns with persuasive technology theories such as Fogg’s Behavior Model, which posits
that user behavior results from the convergence of motivation, ability and well-timed triggers
(Fogg, 2009). Our participants’ difficulty disengaging from personalized infinite scroll illus-
trates how such triggers, that are designed to appear at the right moment, are embedded in
modern interfaces and can drive compulsive engagement.

Our findings also engage directly with long-standing debates about social media’s impact on
academic performance. While some studies report negative associations between usage and
grades (Kirschner & Karpinski, 2010; Salari et al., 2025), others argue that academic out-
comes depend on the type and purpose of use (Ashraf et al., 2021; Manca & Ranieri, 2016).
By emphasizing the role of emotional and cognitive states as mediators, our study offers a
process-based explanation that helps adjust these inconsistencies. This perspective aligns with
Mogbel and Kock (2018), who suggested that distraction and emotional exhaustion mediate
social media’s academic effects. We build on this by demonstrating that such internal disrup-
tions are often induced not merely by content or usage patterns, but by specific interface-level
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design choices. In doing so, we extend the literature by foregrounding design-driven pathways
to academic disengagement.

Furthermore, our findings intersect with theories of flow and digital absorption. Platforms that
employ both infinite scroll and personalization appear to induce flow-like states - character-
ized by time distortion and deep attention - but in non-productive contexts (Csikszentmihalyi,
1990). This aligns with critiques of social media as deploying mechanisms similar to variable
ratio reinforcement found in gambling, which sustain user engagement through unpredictabil-
ity and reward (Montag et al., 2019). Participants’ prolonged engagement in algorithmically
curated feeds illustrates how flow, typically seen as beneficial, can become counterproductive
in academic contexts when it hinders focus and self-control.

These insights also inform literature on digital well-being and coping. While P3 confirms that
internal states mediate design-outcome links, our findings suggest that user coping strategies
are often insufficient. Although students employed tactics such as muting notifications or us-
ing screen-time limits, these measures frequently broke down, especially under stress or bore-
dom. Coping was inconsistent and easily overridden by persuasive design, particularly when
features like infinite scroll and personalization acted in tandem. This challenges assumptions
in prior coping research that emphasize the effectiveness of individual self-regulation
(Beaudry & Pinsonneault, 2005) and underscores the need to address structural design factors.
Interventions may be more effective when targeting the stimulus itself - through design fric-
tion, transparency or stopping cues - rather than relying solely on users’ self-control.

Finally, our results contribute to a more nuanced understanding of when and how social media
use becomes damaging in educational settings. Rather than advocating broad restrictions, we
highlight that design-driven usage - especially unbounded exposure to personalized, infinite
content - is particularly harmful to students’ focus, time management and well-being. This
adds a critical design-centered perspective to existing discussions and suggests that platform
structure, not just user behavior, plays a determining role in academic outcomes.

In sum, our study bridges technical and psychological frameworks, advancing the debate from
whether social media harms students to explaining how and why it does through specific algo-
rithmic mechanisms and their psychological consequences.

5.4 Research Contributions

This study offers multiple contributions to the fields of information systems, education, and
media psychology by integrating theoretical insight, empirical evidence, and practical rele-
vance.

5.4.1 Theoretical Contributions

We advance theory by applying the Stimulus-Organism-Response (SOR) model to the context
of social media platform design and student outcomes. While prior studies often treated “so-
cial media use” as a broad behavior, our work decomposes it into specific algorithmic features
- infinite scroll, personalized feeds, push notifications, and auto-play - and demonstrates how
each operates as a stimulus affecting internal cognitive and emotional states. By empirically
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validating this process and confirming mediation, we provide a refined SOR framework tai-
lored to digital interaction contexts.

Our most novel theoretical contribution is identifying the synergistic interaction between infi-
nite scroll and personalization. Rather than functioning additively, these features create an
emergent effect - what we term an engagement synergy - that significantly intensifies user ab-
sorption. This suggests that theoretical models of technology use, habit formation or digital
addiction should account not just for isolated features, but for feature combinations and their
compound impacts. We also reinforce the importance of internal states in mediating technol-
ogy effects, offering detailed qualitative support for causal pathways that prior models have
often assumed but not deeply explored.

5.4.2 Empirical Contributions

Empirically, this study fills a gap by offering qualitative insight into how university students
experience algorithmically driven social media. Existing research has largely relied on sur-
veys and correlations, and our interview-based approach captures lived experiences and emo-
tional dynamics that complement and contextualize those findings.

We contribute detailed accounts of how design features affect academic behavior and mental
states, such as how personalized infinite feeds derail study sessions or how push notifications
fragment attention. The documentation of the infinite scroll plus personalization combination
as a driver of prolonged engagement is particularly interesting. Additionally, we contribute
comparative insight by showing that features like auto-play and push notifications tend to
have weaker, more short-term effects, helping clarify the relative influence of different design
elements.

5.4.3 Practical Contributions

Practically, this research offers guidance for students, educators, and designers. For students,
it highlights which features are most likely to cause distraction and stress, particularly endless
personalized feeds, and is thereby supporting self-awareness and prioritization of coping strat-
egies. Knowing that notifications and auto-play are easier to manage, students can allocate at-
tention toward more impactful self-regulation efforts.

Educators and university counselors can draw from our findings to support digital well-being
initiatives. Workshops that teach students how to modify their feeds, insert breaks into infinite
scroll, or resist algorithmic triggers can be designed with these insights in mind. The recogni-
tion that emotional responses such as anxiety or distraction drive much of the harm suggests
that interventions need to address emotion management, not just time use.

For platform designers and policymakers, we offer evidence that specific interface configura-
tions - not just abstract use - can produce psychological and academic harm. Our results sup-
port calls for ethical design, such as inserting stopping cues, allowing greater control over rec-
ommendation algorithms, or avoiding high-risk combinations like infinite scroll and hyper-
optimized personalization. While we do not test interventions directly, we lay groundwork for
policy or UX reforms by identifying where the problems originate from.
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5.4.4 Methodological Contributions

We demonstrate the value of analyzing reactions to individual platform features, rather than
platforms as a whole. By asking feature-specific questions, we reveal distinctions in user ex-
perience and impact that would be lost in broader measures. This methodological strategy can
be extended to other domains, such as workplace apps or learning platforms, where the effects
of specific features are likewise underexplored.

5.4.5 Contribution to Student Awareness and Self-Regulation

Although not always highlighted in research impact assessments, our study also contributed to
students’ own digital awareness. Through the interview process, participants reported in-
creased recognition of their media habits and underlying mechanisms. By naming internal re-
sponses and linking them to design causes, we help students reframe their experience, under-
standing that this kind of distraction is often externally engineered rather than a personal fail-
ing.

In sum, this research contributes to a theoretically refined model of algorithmic media effects,
empirical depth on feature-level impact, practical recommendations for education and design,
and a methodological approach suited to complex digital behaviors. It brings clarity to the
emotional and academic consequences of platform design, advancing scholarly understanding
and offering actionable insights for those concerned with digital well-being.

5.5 Revisiting the Research Questions

This study aimed to answer two central research questions regarding how algorithmic features
of social media platforms affect university students' academic performance and how students
experience and cope with associated emotional and cognitive states.

Addressing the main research question, our findings clearly indicate that algorithmically
driven features, particularly infinite scroll and personalized recommendations, negatively af-
fect academic performance by capturing and extending students' attention, leading to signifi-
cant time displacement from academic tasks. This prolonged engagement often results in re-
duced study hours, fragmented concentration, and ultimately poorer academic outcomes such
as rushed assignments or weakened exam preparation. Additionally, frequent push notifica-
tions also wear down academic focus by repeatedly interrupting students' attention, while the
cognitive overload from continuous personalized content impairs their ability to effectively
process academic material afterward. Emotionally, these platform features often trigger anxi-
ety, guilt, procrastination, distraction, information overload and emotional fatigue, worsening
difficulties in academic engagement and overall well-being. Thus, our research demonstrates
that algorithmic designs optimized for user engagement hinder students' academic productiv-
ity by creating internal states unconducive to effective learning.

Regarding the sub-research question, students frequently reported experiencing emotional
challenges. To cope with these issues, students employed various strategies with differing lev-
els of success. Commonly reported coping mechanisms include setting explicit usage bounda-
ries, utilizing productivity tools, and practicing mindfulness to increase self-awareness of their
emotional states and impulses. Students also relied on environmental support, such as
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studying in phone-free spaces or involving peers to hold themselves accountable. Neverthe-
less, coping effectiveness was often inconsistent due to the highly engaging nature of algorith-
mically driven content, indicating that individual self-regulation strategies alone may be in-
sufficient.

5.6 Chapter Conclusion

The discussion of the research has validated the three propositions that were introduced earlier
in this paper. It is discussed if the findings of the research support the statements made in the
propositions. The interesting finding of the synergic effect between two algorithmic features
is proposed as well. This is followed by what the research contributions are of this study,
spread over five fields: theoretical, empirical, practical and methodological contributions, to-
gether with contributions regarding student awareness and self-regulation. This chapter is fol-
lowed by a conclusion and future research. The conclusion brings together the insights gained
throughout this study and presents a concise summary of the most significant findings. It re-
caps on how algorithmically driven social media features influence students’ emotional states
and academic performances, highlighting the role of features like infinite scroll, auto-play,
personalized recommendations and push notifications in shaping user behavior. It reflects the
study’s contribution to both theory and practice. Lastly, the future research aims to offer di-
rection for future or ongoing research into how social media design, emotional well-being and
academic performance influence one another.
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6. Conclusion

6.1 Important Findings

The features covered in this study acted as external stimuli that elicited a range of internal re-
actions. Infinite scrolling was associated with deep absorption and time distortion; personal-
ized feeds induced cognitive overload and emotional investment; and push notifications fre-
quently triggered distraction, urgency, or FOMO-related anxiety. In contrast, autoplay was of-
ten viewed as less influential, with many students ignoring it or overriding it altogether. In
line with the SOR framework, these algorithmic stimuli generated internal states such as men-
tal fatigue, attentional fragmentation, and self-regulatory strain, which contributed to aca-
demic disruption.

Academic impact: The emotional and cognitive disruptions translated into concrete academic
problems. After using an algorithm-driven feed, many students struggled to concentrate on
their schoolwork. They often procrastinate, study less effectively, or miss deadlines. The in-
formation overload and fatigue from personalized content impaired their ability to process ac-
ademic material afterward. Several students explicitly linked these states to outcomes like
lower grades, missed assignments, or reduced exam preparation. These patterns echo prior
findings, confirming that the internal states we observed help explain how social media has a
negative impact on study performance.

Synergistic amplification: An interesting novel finding is the synergistic effect between cer-
tain features. When infinite scroll and personalized recommendations were combined, they
created an “engagement synergy” that intensified user involvement beyond what each individ-
ual feature produced. Students described periods where personalized content kept them en-
gaged in the endless scroll, resulting in an even deeper, more compulsive immersion. This
synergy often induced a flow-like state: time distortion and intense focus that, paradoxically,
occurred in a distracting context. In practice, the combined effect of these features made it
much harder to disengage, amplifying distraction and emotional overload beyond what either
feature caused alone.

Coping challenges: Although students reported using various coping strategies, these strate-
gies frequently proved inconsistent. This design driven engagement often overrode personal
resolutions, especially under stress or boredom. In many cases, the algorithmic content contin-
ued to capture students’ attention despite their efforts. This suggests that self-regulation alone
may be insufficient when design features actively work against it.

6.2 Answering Research Questions

How do algorithmically driven features of social media platforms affect university stu-
dents’ academic performance?

Our study finds that algorithmically driven social media features impair students’ academic
performance. Specifically, endless-scroll feeds and personalized recommendation algorithms
capture and prolong students’ attention, displacing time from studying. This prolonged en-
gagement reduces study hours and fragments concentration, often leading to rushed or
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incomplete assignments and weaker exam preparation. Push notifications repeatedly interrupt
focus, and the continuous, tailored content stream creates cognitive overload. Emotionally,
these design features lead to distraction, anxiety, frustration, procrastination, and mental fa-
tigue, which further weaken effective learning. In sum, engagement-optimized algorithms -
while boosting user clicks and engagement - hinder students’ academic productivity by creat-
ing internal states that are harmful to studying.

How do students experience and cope with the internal states triggered by algorithmic
content delivery?

Students reported experiencing a range of negative emotional and cognitive states triggered
by algorithmic content. To cope with these reactions, students employed strategies such as en-
forcing strict usage boundaries, muting or filtering notifications, using productivity tools or
timers, and studying in phone-free environments. However, participants noted that these cop-
ing measures often had limited success against the strong pull of personalized feeds. In other
words, while students do attempt self-regulation, the highly engaging nature of algorithmic
design frequently overwhelms these efforts, making it difficult to consistently manage emo-
tional disruption.

6.3 Contributions

Our findings contribute to broader understandings of social media’s “dark side.” Prior re-
search has documented the “dark side” of social media, and we reinforce those conclusions
but add a finer-grained perspective: our study identifies the specific features driving those ef-
fects. For instance, students often link stress or FOMO directly to push notifications or tai-
lored feeds, rather than to general time spent online. This confirms the need to examine social
media’s harms in more specific and detailed ways. Moreover, by viewing the data through a
process lens, we adjust past findings on social media and academics: rather than debating us-
age amount, we show that the nature of the algorithmic stimuli and their emotional toll are the
crucial factors of academic impact.

From a practical standpoint, our findings offer clear and actionable guidance for multiple
stakeholders. For students, the identification of particularly attention-grabbing features - espe-
cially the combination of infinite scroll and personalized recommendations - can help them
prioritize which platform functions to regulate first. Turning off notifications or taking timed
breaks may be more achievable than trying to resist highly tailored feeds. For educators and
counselors, the results offer a foundation for designing digital well-being programs. These
might include workshops that teach students how to break infinite scroll loops, recognize
emotional triggers like anxiety or FOMO, and manage notification settings more effectively.
For platform designers and policymakers, our evidence underscores the academic conse-
quences of specific interface features. Rather than focusing solely on general social media
use, attention should shift toward minimizing high-risk combinations of features. Ethical de-
sign measures such as including clear stopping points in content feeds, allowing users to con-
trol or limit recommendation algorithms, and reducing passive triggers, could mitigate harm.
In sum, our findings support more holistic interventions that address the structure of digital
environments, not just user behavior, to protect academic focus and student well-being.
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6.4 Future Research

Future work can build on these findings in several ways. Broader studies with more diverse
samples (different countries, age groups, or educational levels) would test the generality of
our results. Mixed-methods approaches could combine qualitative insights with quantitative
data to strengthen causal claims. Experimental or longitudinal research might evaluate spe-
cific interventions (like app-blockers, time limits, or new feed designs) to see if they reduce
distraction and emotional strain. Additionally, exploring other algorithms and investigating
how students might harness algorithmic features for productive purposes would further illumi-
nate the interplay between social media design and learning. These directions would extend
our model and help develop more robust strategies for healthy media use in educational set-
tings.
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Appendix 1: Al contribution statement

Al-based tools that were using during the research process were OpenAl ChatGPT (version
40 and 4.5) and OpenAl Whisper. ChatGPT was used for brainstorming during the initial
stage of idea development of our study. The tool was also used in general to polish the written
text and improve language, as well as assisting in translating to fasten the process. Specific
sections that are affected by polishing text with Al can’t be given, as it was used throughout
all chapters in the thesis. All final decisions and academic interpretations were made by the
authors. Whisper was used for transcribing the audio recordings of the interviews done during
the data collections phase. Using a tool like Whisper saved time, but the transcriptions were
all manually checked for any mistakes made by the tool.
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Appendix 2: Concept matrix

Themes/categories:

Social Media and Emotional Well-being (SMEW)
Social Media and Academic Performance (SMAP)
Algorithms and Technological Impact (ATT)
Behavioral and Psychological Theories (BPS)
Theoretical Frameworks (TF)

Social Media Use in Educational Contexts (SMEC)
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Theme Short sum- Reference Theory Methodology Main findings Key variables or Research gap &
mary and con- framework concepts limitation
nection with
research
ATI The book ex- Matzner, T. Relational Theoretical and Algorithms are not | Algorithms as rela- | It is largely theoretical
plores algo- (2024). Algo- | theory of philosophical ap- | neutral. They can tional entities. and conceptual, with
rithms as a tool | rithms. Tech- | algorithms proach. Concep- | preserve biases and limited empirical valida-
that can be nology, Cul- tual and critical | inequalities through | Conditions, code tion or case studies.
used in differ- | ture, Politics, analysis instead relational mecha- and data.
ent contexts. It | Routledge, of empirical data | nisms. Dangers can ) o
also covers the- | Taylor & collection. come with essential- | Bias, discrimination
oretical in- Francis Group izing algorithms, and exclusion.
sights into the and ethical and po-
socio-cultural litical aspects
implications should be grasped.
from algo-
rithms.
SMAP, [ The paper ex- | Junco, R. Time-Displace- | Quantitative sur- | Time spent on Face- | Facebook activity Focus is mainly on Face-
amines the re- | (2012). Too ment Theory and | vey regarding Fa- | book is negatively | (time, frequency, book, so possibly not
BPS lationship be- | Much Face Self-regulation | cebook usage be- | associated with types of engage- fully representative of all
tween different | and Not Theory havior, academic | GPA. ment). the social media plat-
types of Face- | Enough performance and forms of today.
book usage and | Books: The demographic con- | Activities like gam- | Academic perfor-
academic per- Re]ationship trols. ll’lg had a stronger mance. Measures are self-re-

formance of

between Mul-
tiple Indices of
Facebook Use

Statistical analy-
sis with

negative impact
compared to others

ported, so might intro-
duce biases.
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college stu-

and Academic

regression models

like checking sta-

Demographic values

Study is based on U.S.

dents. Performance, to assess the rela- | tuses. (age, gender, ethnic- | college students so it
Computers in tionship between ity) may not be representa-
Human Behav- Facebook usage | Having an account tive globally.
ior, vol. 28, and GPA. or the number of FB
no. 1, pp.187— friends were not re-
198 lated to GPA.

SMEW | This paper in- | Keles, B., Psychological Systematic re- Higher social media | Social media usage | Most studies were cross-
vestigated the | McCrae, N. & | distress theory. | view of empirical | usage is correlated | measured by time sectional, limiting causal
link between Grealish, A. studies regarding | with increased spent, emotional claims.
social media (2020). A Sys- | Social compari- | social media use | symptoms of de- connection and be-
use and mental | tematic Re- son theory. and emotional pression, anxiety havioral patterns, Little studies differenti-

health out-
comes among
adolescents,
specifically de-
pression, anxi-
ety and psy-
chological dis-
tress

view: The In-
fluence of So-
cial Media on
Depression,
Anxiety and
Psychological
Distress in Ad-
olescents, In-
ternational
Journal of Ad-
olescence and
Youth, vol. 25,
no. 1, pp.79—
93

health outcomes
among adoles-
cents, published
between 2011 and
2018. Each study
was evaluated for
methodological
quality using
standard review
practices.

and psychological
distress.

Key risks are nega-
tive social compari-
son, cyberbullying
and excessive time
online.

Positive aspects ex-
ist but are weaker
than negative ones.

mental health out-
comes (depression,
anxiety, psychologi-
cal distress), risk
factors, protective
factors (social sup-

port)

ated between types of
scrolling.

Not enough looked at
long-term effects.

There is a variation of
measurement tools
across studies.

No standard metrics for
social media use and
psychological distress.
Limited global diversity
and overrepresentation
of Western countries.
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ATI

The paper
gives an over-
view of the
working of
YouTube’s
video recom-
mendation sys-
tem, focusing
on the adoption
and effective-
ness of deep
neural net-
works. The
candidate gen-
eration model
narrows down
millions of vid-
eos to a few
hundred using
user embed-
ding based on
past watch and
search behav-
ior. The rank-
ing model then
scores these
candidates
based on per-
sonalized

Covington, P.,
Adams, J. &
Sargin, E.
(2016). Deep
Neural Net-
works for
YouTube Rec-
ommenda-
tions, in Pro-
ceedings of the
10th ACM
Conference on
Recommender
Systems, New
York, NY,
USA, 7 Sep-
tember 2016,
New York,
NY, USA: As-
sociation for
Computing
Machinery,
pp.191-198

Deep learning
for the recom-
mendation sys-
tem.

Embedding
techniques for

sparse features.

Deep learning ar-
chitecture for

candidate genera-
tion and ranking.

Implicit feedback
(views, not rat-
ings or likes).

Multiclass classi-
fication using
candidate sam-
pling and softmax
approximation.

A/B testing to
evaluate real-
world effective-
ness beyond of-
fline precision.

Using deep-learning
with user-centric be-
havioral signs can
enhance the rele-
vance, scalability
and engagement ef-
fectiveness of
YouTube’s recom-
mendation engine.

Candidate genera-
tion & ranking.

Implicit feedback.

Neural network ar-
chitecture.

User engagement
metrics

Feature engineering.

Whole focus was on one
platform (YouTube).

Focus is more on engi-
neering and scalability,
not on user impact or
ethical implications.

No exploration of how
algorithmic recommen-
dations affect psycholog-
ical or social outcomes.
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signals to max-
imize watch
time.

SMEW,

SMAP

This study ex-
plores the rela-
tionship be-
tween media
multitasking
and mental
health symp-
toms. This is
the use of mul-
tiple forms of
media (such as
browsing so-
cial media
while study-
ing). The study
supports the
idea that digital
behaviors can
impair users’
emotional
states which
may affect
their academic
performance.
Pairs with the

Becker, M.
W., Alzahabi,
R. &
Hopwood, C.
J. (2013). Me-
dia Multitask-
ing Is Associ-
ated with
Symptoms of
Depression
and Social
Anxiety, Cy-
berpsychol-
ogy, Behavior,
and Social
Networking,
vol. 16, no. 2,
pp-132-135

Cognitive and
affective psy-
chological theo-
ries.

Cognitive Load

Theory: suggests
multitasking can
lead to overload.

Emotion-

Cognition Inter-
action: proposes
emotional states
can disrupt per-
formances.

Quantitative,
cross-sectional
study.

Self-report sur-
veys from 318
college students.

Media Multitask-
ing Index, Beck
Depression In-
ventory-II, Social
Interaction Anxi-
ety Scale.

Correlational
analysis and mul-
tiple regression.

Media multitasking
was correlated with
both depression and
social anxiety.

These relations held
even after control-
ling the amount of
media usage.

Finding is that how
the media is used
plays a role in psy-
chological out-
comes, not just how
much it is used.

Media multitasking
frequency.

Depression and so-
cial anxiety.

Attention, cognitive
interference and
emotional regula-
tion.

Self-reported data is sub-
ject to bias in how par-
ticipants assess their own
media use and mental
health.

The study explored not
why people multitask
across different plat-
forms.

— 64—




Triggered by Design

Jasper van der Blom and Lin Yaochen

O in the SOR
framework.

SMEW [ This study in- | Frison, E. & Stress Process Longitudinal di- | Daily stress is asso- | Daily stress, Face- Findings are limited to
vestigates how | Eggermont, S. | Model to link ary study with ciated with a de- book support seek- | Facebook.
daily stress af- [ (2015). The daily stressors to | daily reports over | pressed mood. ing behavior, de-
fects depressed | Impact of psychological 5 days. pressed mood. The study focuses on a
mood for ado- | Daily Stress outcomes. Seeking for social five-day window, which
lescents and if | on Adoles- Online self-report | support on Face- Social comparison, | can limit the insights for
this relation- cents’ De- Social Support surveys to meas- | book does not help | coping mechanism, | long-term academic or
ship is moder- | pressed Mood: | Theory on the ure daily stress, against this effect emotional fatigue. psychological effects.
ated by social | The Role of role of perceived | facebook social but intensifies it.
support seek- Social Support | support in mod- | support seeking
ing behavior on Seeking erating emo- and depressed People who SOUght
Facebook. It through Face- tional distress. mood measured support on Face-
highlights book, Comput- daily, from 334 | book reported worse
emotional con- | ers in Human participants aged | emotional out-
sequences of | Behav-ior, vol. 14-19. comes.
social media 44, pp.315— ]
usage and how | 325 Analysis through
social media multilevel regres-
features can sion modeling.
shape emo-
tional out-
comes.

SMEW, | The paper ex- [ Islam, A. K. Cognitive Load | Quantitative Social media causes | Social media af- As the study is con-
amines how so- [ M. N., Theory to ex- study with online | a significantly in- fordances, Infor- ducted in Bangladesh,
cial media Whelan, E. & | plain how surveys creased information | mation overload, applicability to European
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BPS

features that
make platforms
engaging and
interactive lead
to information
overload and
fatigue among
university stu-
dents. It also
tests if stu-
dents’ confi-
dence in man-
aging multi-
tasking on digi-
tal platforms
can reduce
negative emo-
tional effects.
The study pro-
vides strong
empirical sup-
port for the re-
search regard-
ing how algo-
rithmically
driven features
influence emo-
tional distress
and academic
engagement.

Brooks, S.
(2021). Does
Multitasking
Computer
Self-Efficacy
Mitigate the
Impact of So-
cial Media Af-
fordances on
Overload and
Fatigue among
Professionals?,
Information
Technology &
People, vol.
34, no. 5,
pp.1439-1461

excessive con-
tent and interac-
tion demands
impair mental
processing. So-
cial Media Af-
fordance Theory
to examine how
design features
promote behav-
iors that lead to
stress.

Self-Efficacy
Theory to im-
plore how indi-
viduals’ belief
about their abil-
ity to manage
digital environ-
ments affect out-
comes.

measuring social
media af-
fordances (visi-
bility, editability,
association, per-
sistence), per-
ceived overload,

emotional fatigue,

multitasking self-
efficacy.

Analysis through
structural equa-
tion modeling.

overload and emo-
tional fatigue.

Students with higher
multitasking self-ef-
ficacy experience
lower levels of
overload and fatigue
despite high engage-
ment.

Emotional fatigue
mediates the rela-
tionship between af-
fordances and nega-
tive outcomes.

Emotional fatigue,
Multitasking self-ef-
ficacy, Well-being.

or Swedish students may
vary.

The study does not ana-
lyze affordances by spe-
cific platforms or algo-
rithms.
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SMEW, [ The paper ex- | Verduyn, P., Subjective Well- | Narrative litera- | Passive social media | Type of social me- | It is only a review, so not
amines if social | Résibois, M., | Being Frame- ture review. The | use is associated dia use. new contributions or

BPS media has a Ybarra, O., work on how authors analyzed | with declines in data.
positive or neg- | Jonides, J. & | life satisfaction, | studies published | subjective well-be- | Social comparison,
ative effect on | Kross, E. positive affect in peer-reviewed | ing, particularly via | envy and perceived
users’ subjec- | (2017). Do So- | and negative af- | journals related to | upward social com- | connectedness.
tive well-being. | cial Network | fect are influ- social media use | parison and envy. o
It focuses on Sites Enhance | ence are influ- and subjective Subject1y§ well-be-
understanding | or Undermine | enced by social | well-being. Active use may pro- | ing (positive/nega-
how emotional | Subjective media usage. mote well-being, es- tlve'affect, life satis-
distress can We]]_Being? They distin- pecially when it fos- faCthl’l)
emerge from A Critical Re- | Social compari- | guished between | ters connection and
usage patterns | view, Social son theory to ex- | types of use (ac- | communication.
shaped by al- | Issues and Pol- | plain how expo- | tive/passive), fre-
gorithmic fea- | icy Review, sure to idealized | quency, duration | Usage type matters
tures. vol. 11, no. 1, | content canun- | and content expo- | more than frequency

pp.274-302 dermine well- sure. or time spent.

being.

The impact varies
between individuals
depending on per-
sonality traits, emo-
tional regulation and
context of use.

SMEW | This study in- [ Vogel, E. A., | Social Compari- | Four separate More usage of Face- | Social media usage | The study primarily fo-
vestigates how | Rose, J. P., son Theory to studies using sur- | book correlated with | type (active/pas- cused on Facebook,
social media Roberts, L. R. | explain how vey, experimental | lower self-esteem. sive), social compar- | missing out on findings
use affects self- | & Eckles, K. people evaluate ison. from other platforms.

esteem through

(2014). Social

themselves

67




Triggered by Design

Jasper van der Blom and Lin Yaochen

social compari-
son processes.
It focuses on
emotional reac-
tions triggered
by socially cu-
rated content.
The reactions
are directly re-
lated to the
emotional dis-
tresses of this
research.

Comparison,
Social Media,
and Self-Es-
teem, Psychol-
ogy of Popular
Media Culture,
vol. 3, no. 4,
pp-206-222

based on com-
parison with oth-
ers.

Self-Esteem the-
ory to explore
how these com-
parisons affect
psychological
well-being and
emotional states.

and correlational
designs.

Participants were
undergraduate
students.

Measured was the
social media us-
age, social com-
parison orienta-
tion, self-esteem
and mood.

Some participants
were exposed to
profiles with ide-
alized content to
test causality.

Passive use leads to
more negative emo-
tional outcomes
than active use.

The more people
compare themselves
to others on social
media, the more
likely they are to ex-
perience negative
self-evaluation.

Self-esteem, mood,
envy, self-percep-
tion, emotional reac-
tivity.

Self-reported measures
may involve bias or un-
derreporting.

SMEW

Report as-
sessing both
positive and
negative im-
pacts of social
media on
young people’s
mental health,
providing
foundational

Royal Society
for Public

Health (2017),
Status of Mind

No explicit the-
ory; implied use
of social com-
parison and af-
fective impact
models.

National survey
(UK) of 1,479
young people
aged 14-24.

Instagram ranked
most negative for
mental health; asso-
ciated with anxiety,
depression, FOMO,
and poor sleep.

Anxiety, depression,
self-esteem, FOMO,
overuse, platform
effects.

Focuses on general
youth population; lacks
academic performance
linkage or analysis of al-
gorithmic mechanisms.
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context for
emotional im-
pacts in student
users.

SMEW

This survey-
based report
outlines the
prevalence, fre-
quency, and
self-assessment
of social media
use among
U.S. teens,
showing high
rates of “al-
most constant”
use and its per-
ceived impact
on time use.
Relevant for
understanding
emotional
strain and over-
use patterns in
students.

Pew Research
Center (2022).
Teens, Social
Media and
Technology
2022.

None explicitly
stated; descrip-
tive and data-
driven.

Quantitative sur-
vey; n= 1,316
U.S. teens aged
13-17, conducted
online via Ipsos
KnowledgePanel
using stratified
sampling and
weighting for rep-
resentativeness.

95% of teens use
YouTube; 67% Tik-
Tok; 62% Insta-
gram.

35% use at least one
platform “almost
constantly”.

36% feel they spend
“too much” time on
social media.

Girls and older
teens report more
difficulty quitting.

Frequency of use,
platform preference,
perceived time use,
difficulty in disen-
gagement, demo-
graphic differences.

No qualitative insight
into emotional mecha-
nisms; lacks theory-
based interpretation of
impact on well-being or
academic focus.

69




Triggered by Design Jasper van der Blom and Lin Yaochen
Heavy users feel
more regret and ex-
press desire to re-
duce usage.
SMEW, [ The paper in- Costello, N., No single de- Interdisciplinary | Algorithmic cura- Algorithmic expo- Limited transparency
vestigates the | Sutton, R., fined theory; in- | analysis combin- | tion of emotionally | sure, mental health | into proprietary algo-
ATI psychological, | Jones, M., Al- | tegrates perspec- | ing public health | charged content can | harms, eating disor- | rithms; no causal data
legal and eco- | massian, M., tives from psy- | review, legal intensify mental ders, suicidal idea- | access for external re-

nomic impacts
of algorithm
driven content
on the health of
young people.
It is relevant in
the way that it
connects algo-
rithmically
driven social
media features
with emotional
distress among
young users.

Raffoul, A., et
al. (2023). Al-
gorithms, Ad-
diction, and
Adolescent
Mental
Health: An In-
terdisciplinary
Study to In-
form State-
Level Policy
Action to Pro-
tect Youth
from the Dan-
gers of Social
Media.
American
Journal of
Law &
Medicine,

chology, neuro-
science, law, and
public health.

scholarship, and
economic model-
ing.

health risks; plat-
form business mod-
els and legal protec-
tions (e.g., Section
230) limit accounta-
bility.

tion, content ampli-
fication, legal regu-
lation.

searchers; calls for inde-
pendent algorithm audit-
ing.
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49(2-3), 135-
172.

SMEW,

ATI

Analyzes how
psychological
and economic
mechanisms
embedded in
social media
and freemium
games promote
prolonged us-
age, contrib-
uting to addic-
tive behaviors.
This is directly
relevant to our
study of algo-
rithm-driven
emotional and
academic dis-
ruption.

Montag, C.,
Lachmann, B.,
Herrlich, M.,
& Zweig, K.
(2019). Addic-
tive Features
of Social Me-
dia/Messenger
Platforms and
Freemium
Games against
the Back-
ground of Psy-
chological and
Economic
Theories.
International
Journal of
Environmental
Research and
Public Health,
16(14), 2612.

Applies theories
such as the Zei-
garnik effect,
endowment ef-
fect, flow the-
ory, social com-
parison theory,
and mere-expo-
sure effect to ex-
plain app design
strategies.

Theoretical and
conceptual analy-
sis of app fea-
tures, not empiri-
cal; illustrative
examples from
commonly used
platforms like Fa-
cebook,
WhatsApp, and
Candy Crush.

Identifies six core
mechanisms (e.g.,
endless scrolling,
nudging via notifi-
cations, social pres-
sure) that are delib-
erately used to max-
imize user attention
and engagement,
potentially contrib-
uting to problematic
usage and mental
strain.

Addictive design,
flow, nudging, algo-
rithmic personaliza-
tion, social rewards,
smartphone use dis-
order (SUD), I-
PACE model, be-
havioral addiction.

Lacks empirical testing
of each design feature’s
impact on user behavior;
acknowledges the need
for access to real plat-
form data and calls for
further experimental
work and regulatory ex-
ploration.

SMEW

A conceptual
review of em-
pirical studies

Chen, M., &
Xiao, X.
(2022). The

Vygotsky’s me-
diational theory,
Social

Conceptual anal-
ysis and literature
review; no

Social media con-
tributes to anxiety,
stress, and

Affective variables
(e.g., anxiety, de-
pression, stress),

Lack of longitudinal and
causal studies; limited
research on university
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botics and
block program-
ming (Scratch
Jr) to foster
computational
thinking (CT)
in elementary
students, which

ing Computa-
tional Think-
ing Skills: A
Didactic Pro-
posal for Ele-
mentary
School
Grades.

(2016), covering
abstraction, gen-
eralisation, algo-
rithm, modular-
ity, and decom-
position.

signed for collab-
orative classroom
learning, but no
empirical evalua-
tion conducted.

competencies, espe-
cially when sup-
ported by collabora-
tive learning strate-
gies.

rithm, decomposi-
tion, abstraction.

exploring how | effect of social | Comparison empirical data depression primarily | social comparison, students compared to
social media media on the | Theory, Inter- collected. through comparison | media overuse, per- | secondary students; cul-
use affects stu- | development pretation Com- and unrealistic self- | ceived social sup- tural/contextual variation
dents’ affective | of students’ af- | parison Model, perceptions. Posi- port, emotional con- | largely unexplored.
variables (e.g., | fective varia- | and Fredrick- tive effects exist but | tagion, psychologi-

anxiety, stress, | bles. Frontiers | son’s broaden- are outweighed by | cal distress.

depression), in Psychology, | and-build theory negative outcomes,

concluding that | 13, 1010766. | of positive emo- especially among

negative im- tions. adolescent and uni-

pacts dominate. versity students.

Relevant to this

thesis due to its

focus on emo-

tional conse-

quences among

students.

SMEC The paper pro- | Silva, R., Fon- | Computational | Theoretical peda- | Structured integra- | Computational This is a theoretical pro-
poses a di- seca, B., thinking frame- | gogical proposal [ tion of educational | thinking, educa- posal not yet tested in
dactic se- Costa, C., & work by with three struc- | robotics can pro- tional robotics, real classroom environ-
quence using Martins, F. Atmatzidou and | tured learning mote CT skills and | Scratch Jr, collabo- | ments; lacks empirical
educational ro- [ (2021). Foster- | Demetriadis scenarios de- interdisciplinary rative learning, algo- | data or evaluation of stu-

dent outcomes.
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connects with | Education
the current re- | Sciences,
search on algo- | /1(518).
rithmic think-

ing and digital

literacy.

SMEC This literature | Tess, P. A. Social construc- | Systematic litera- | Social media offers | Social media use, Heavy reliance on self-
review ex- (2013). The tivism (Vygot- | ture review of potential for in- student engagement, | reported data; lack of
plores the use, | role of social | sky), situated empirical studies | creased engagement | Facebook, blogs, causal evidence; under-
benefits, and media in learning theory | and scholarly ar- | and communication | Twitter, learning exploration of social me-
drawbacks of | higher educa- | (Lave & guments related | but is underutilized | outcomes, course dia's instructional inte-
social media in | tion classes Wenger), and to social media educationally and management sys- gration and theoretical
higher educa- | (real and vir- | non-founda- use in higher edu- | may hinder aca- tems. grounding.
tion, aligning | tual) — A liter- | tional network- | cation. demic performance
with our study | ature review. | centric learning if misused.
by highlighting | Computers in | (Eijkman).
social media’s | Human
influence on Behavior,
student en- 29(A60-A68).
gagement and
learning con-
texts.

SMEC This large- Manca, S., & | The study refer- | Quantitative sur- | Use of social media | Social media adop- | The study is geograph-
scale survey in- | Ranieri, M. ences pedagogi- | vey (N=6139), for teaching is rela- | tion, teaching prac- | ically limited to Italy;
vestigates Ital- | (2016). Face- | cal affordances | descriptive and tively low; disci- tices, perceived use- | does not deeply explore
ian university | book and the | and digital me- | inferential statis- | plines, age, and pro- [ fulness, pedagogical | students’ perspectives or
faculty’s actual | others. dia adoption tical analysis, fessional rank barriers, disciplinary | the long-term
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use, motiva-
tions, and bar-
riers concern-
ing social me-
dia in teaching.
It is highlight-
ing cautious at-
titudes and the
limited integra-
tion of social
platforms,
which aligns
with concerns
about social
media's aca-
demic impact.

Potentials and
obstacles of
Social Media
for teaching in
higher educa-
tion.
Computers &
Education, 95,
216-230.

models, with im-
plicit ties to
Technology Ac-
ceptance Model
and constructiv-
ist learning theo-
ries.

supported by

qualitative con-
tent analysis of
open responses.

influence adoption;
perceived obstacles
include student dis-
traction, lack of in-
stitutional support,

and workload con-

cerns.

differences, faculty
demographics.

educational impact of so-
cial media integration.

SMEW,

ATI

This paper out-
lines the “dark
side” of social
media, empha-
sizing risks like
addiction,
cyberbullying,
fake news, and
emotional
harm. These
are concepts
highly relevant
to

Baccarella, C.
V., Wagner, T.
F., Kietzmann,
JLH, &
McCarthy, I.
P. (2018). So-
cial media? It's
serious! Un-
derstanding
the dark side
of social me-
dia. European
Management

Dark Side Hon-
eycomb Frame-
work (an exten-
sion of Kietz-
mann et al.'s So-
cial Media Hon-
eycomb Model).

Conceptual and
theoretical paper;
no empirical data
collection.

Each of the seven
functional blocks of
social media (con-
versations, sharing,
presence, relation-
ships, reputation,
groups, identity) can
contribute to harm-
ful outcomes such
as harassment, ad-
diction, privacy

Dark side of social

media, honeycomb
framework, cyber-

bullying, addiction,
trolling, fake news,
identity manipula-

tion.

Lacks empirical testing
and generalizability;
calls for more empirical
studies using novel
methodologies to inves-
tigate platform-driven
harm in various user
groups.
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understanding | Journal, 36(4), invasion, and misin-
students’ emo- | 431-438. formation.
tional re-
sponses and ac-
ademic disrup-
tion due to al-
gorithmic fea-
tures.
SMEW, [ The paper ar- | Montag, C., & | No formal the- | Opinion/theoreti- | Personal traits only | Data business Lack of empirical test-
gues that the Hegelich, S. ory, but critiques | cal paper based weakly explain model, social media | ing; calls for independ-
ATI main driver of | (2020). Under- | “personality- on literature syn- | problematic social design, privacy, ent, cross-platform re-
harmful social | standing Detri- | only” frame- thesis; not empiri- | media use; platform | misinformation, al- | search on design ele-
media effects mental As- works and em- | cal. features (e.g., likes, | gorithmic amplifica- | ments and their behav-
(addiction, pects of Social | phasizes socio- infinite scroll, algo- [ tion, platform addic- | ioral effects using real-
misinfor- Media Use: technical sys- rithmic feeds) tion. world or simulated data.
mation, privacy | Will the Real | tems perspec- driven by data mon-
loss) is the un- | Culprits Please | tive; draws from etization are the
derlying data Stand Up? uses and gratifi- core contributors to
business Frontiers in cations theory. harm.
model, not just | Sociology, 5,
individual Article
traits. It is 599270.
highlighting
platform de-

sign as a key
cause.
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SMEW,

BPS

This study con-
ceptualizes and
measures Fear
of Missing Out
(FOMO), ex-
ploring its psy-
chological
roots and im-
pact on social
media use,
what is making
it directly rele-
vant to emo-
tional triggers
and behavioral
engagement
among youth.

Przybylski, A.
K., Murayama,
K., DeHaan,
C.R, &
Gladwell, V.
(2013). Moti-
vational, emo-
tional, and be-
havioral cor-
relates of fear
of missing out.
Computers in
Human
Behavior,
29(4), 1841
1848.

Self-Determina-
tion Theory
(SDT): focuses
on basic psycho-
logical needs
(autonomy,
competence, re-
latedness) and
how their deficit
predicts FOMO
and media use.

Quantitative:
three empirical
studies involving
scale develop-
ment, national
surveys, and uni-
versity student
samples; used
IRT, regression,
and mediation
analysis.

FOMO is negatively
correlated with psy-
chological well-be-
ing and need satis-
faction, and posi-
tively correlated
with compulsive so-
cial media use, am-
bivalent emotions,
distracted learning,
and risky behaviors.

FOMO (measured
by FOMOs scale),
psychological need
satisfaction, general
mood, life satisfac-
tion, social media
use, distracted be-
havior, ambivalence.

Cross-sectional design
limits causal inference;
no exploration of
FOMO'’s temporal varia-
bility or personality traits
like Big-5.

BPS

Explores the
dynamic rela-
tionships be-
tween passive
social media
use (PSMU)
and depression
symptoms
among stu-
dents, relevant
to emotional
impacts of

Aalbers et al.
(2019). Social
Media and De-
pression
Symptoms A
Network Per-
spective

Network theory
of
psychopathology

Experience Sam-
pling Method
(ESM), 125 stu-
dents reporting 7
times daily for 14
days

PSMU is contempo-
raneously linked to
fatigue, loneliness,
concentration prob-
lems, and loss of in-
terest, but does not
temporally predict
depression symp-
toms.

Passive social media
use, depression
symptoms, loneli-
ness, stress, network
analysis

Limited to nonclinical
student population; cau-
sality remains unclear
due to weak temporal as-
sociations and methodo-
logical constraints.
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algorithm-
driven plat-
forms in our
study.

SMAP

This meta-
analysis re-
viewed global
evidence link-
ing social me-
dia addiction to
decreased aca-
demic perfor-
mance among
university stu-
dents, which
directly relates

Salari et al.
(2025). The
impact of so-
cial network-
ing addiction
on the aca-
demic achieve-
ment of uni-
versity stu-
dents globally:
A meta-analy-
Sis.

No explicit the-
ory used;
grounded in em-
pirical correla-
tional literature.

Systematic re-
view and meta-
analysis of 16
studies using
PRISMA and

STROBE criteria.

Found a significant
negative correlation
(r=-0.172) between
social media addic-
tion and academic
achievement.

Social media addic-
tion, academic per-

formance, personal-
ity traits.

Could not conduct sub-
group analysis due to
lack of sufficient data in
included studies.

to the emo-
tional and aca-
demic chal-
lenges dis-
cussed in our
research.

BPS This longitudi- | Boer, M., Behavioral ad- Three-wave lon- | Problematic social SMU intensity, Did not examine real-
nal study found | Stevens, G. W. | diction frame- gitudinal survey | media use predicted | SMU problems, time behavior or daily
that problem- | J. M., work based on study among increases in atten- ADHD symptoms fluctuations; only annual
atic social me- | Finkenauer, DSM-5 sub- Dutch adoles- tion deficits and im- | (attention deficit, intervals; generalizabil-
dia use (not C., & vanden | stance cents (N =543), | pulsivity over time, | impulsivity, ity limited due to
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intensity) pre- | Eijnden, R.J. [ dependence cri- | using random in- | while SMU inten- hyperactivity), lon- | overrepresentation of
dicts increased | J. M. (2020). | teria (applied to | tercept cross- sity did not; nore- | gitudinal design, ad- | Dutch native and higher-
ADHD symp- | Attention Def- | SMU problems); | lagged panel verse effect from diction-like behav- | educated adolescents.
toms, provid- | icit Hyperac- | also draws on modeling (RI- ADHD symptoms to | iors.
ing insights tivity Disor- reward sensitiv- | CLPM). SMU.
into how addic- | der-Symp- ity theory in ad-
tive features toms, Social olescents with
may drive Media Use In- | ADHD symp-
emotional and | tensity, and toms.
behavioral dis- | Social Media
turbances, rele- | Use Problems
vant to under- | in Adoles-
standing algo- | cents: Investi-
rithmic impact | gating Direc-
on youth men- | tionality. Child
tal states. Development,
91(4), e853—
€865.
SMAP, [ This study ex- | Karpinski, Draws on cogni- | Mixed methods; | SNS use negatively | SNS use, multitask- | Cross-sectional and cor-
amines how A.C, tive load theory | large-scale cross- [ correlates with ing, GPA (academic | relational design limits
BPS multitasking Kirschner, and the concept | national survey GPA, and multitask- | performance), cog- | causal inference; self-re-
moderates the | P.A., Ozer, ., | of multitask- (N=857) and ing exacerbates this [ nitive bottleneck, ported data may be bi-
negative rela- | Mellott, J.A., | ing/task-switch- | moderated multi- | effect in US stu- cultural differences. | ased; limited cultural
tionship be- & Ochwo, P. | ing limitations ple regression dents but not in Eu- generalizability beyond

tween social
networking site
(SNS) use and
GPA in univer-
sity students in

(2013). An ex-
ploration of
social net-
working site
use,

in human cogni-
tive architecture.

analysis, supple-
mented with
open-ended quali-
tative responses.

ropean students;
qualitative data
show discrepancies
between perceived
and actual

US and Europe.
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the US and Eu-
rope. Highly
relevant to re-
search on so-
cial media's ac-
ademic impact.

multitasking,
and academic
performance
among United
States and Eu-
ropean univer-
sity students.
Computers in
Human
Behavior,
29(3), 1182—
1192.

multitasking effec-
tiveness.

SMAP

The article ex-
plores how
constant
smartphone use
and digital in-
terruptions lead
to distraction,
anxiety, and
academic stress
in students, di-
rectly linking
algorithmic
features and
academic per-
formance.

Rosen, L. D.
(2017). The
distracted stu-
dent mind: En-
hancing its fo-
cus and atten-
tion. Phi Delta
Kappan, 99(2),
8-14.

The Distracted
Mind theory
(Gazzaley &
Rosen, 2016),
based on cogni-
tive neurosci-
ence

Review and syn-
thesis of experi-
mental and obser-
vational studies
on student tech
behavior and dis-
traction

Frequent phone
checks impair focus,
increase anxiety, re-
duce study effi-
ciency, and disrupt
sleep; interventions
like tech breaks and
notification control
may help.

Smartphone distrac-
tion, study focus,
tech anxiety, multi-
tasking, sleep depri-
vation, FOMO

Mostly U.S.-based stud-
ies; lacks experimental
validation of proposed
strategies; does not iso-
late social media algo-
rithms specifically.
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SMEW, [ Examines how | Wang et al. Social Learning | Quantitative: sur- | SM fully mediates Socio-educational Focused only on one
the socio-edu- | (2024). The Theory; Behav- | vey (N=315); the relationship be- | environment (fam- | university in Hebei; AP
SMAP cational envi- | effect of social [ iorism; Mediat- | Structural Equa- | tween SEE and AP; | ily, teacher, room- measured during pan-
ronment (SEE) | media on the | ing Model tion Modeling teaching quality and | mate); study motiva- | demic; subjective
influences col- | development (SEM), CFA, peer/family support | tion (self-efficacy, teacher evaluations by
lege students’ | of students af- EFA indirectly shape per- | study behavior); ac- | students; other potential
academic per- | fective varia- formance via moti- | ademic performance | mediators not tested
formance (AP) [ bles vation
via the mediat-
ing role of
study motiva-
tion (SM); rele-
vant to emo-
tional and aca-
demic out-
comes in your
study.
ATI This article an- | Metzler, H., & | Social motiva- | Narrative review | Algorithms primar- | Algorithmic cura- Empirical evidence on
alyzes how al- [ Garcia, D. tion theory (sta- | based on multi- ily reinforce exist- | tion, engagement algorithm-specific ef-

gorithmic
mechanisms on
digital media
interact with
social drivers
to influence
mental health,
political polari-
zation, and
user behavior,

(2023). Social
Drivers and
Algorithmic
Mechanisms
on Digital Me-
dia.
Perspectives
on
Psychological

tus and connec-
tion motives);
complexity sci-
ence (feedback
loops between
user behavior
and algorithmic
adaptation).

disciplinary em-
pirical literature;
synthesizes find-
ings from psy-
chology, com-
puter science, and
media studies.

ing social dynamics
rather than inde-
pendently causing
harm; their design
amplifies social
comparison, addic-
tion risk, and emo-
tional contagion, es-
pecially when

metrics, social com-
parison, emotional
feedback loops, user
vulnerability, digital
well-being.

fects is limited; disentan-
gling algorithmic impact
from broader societal
and social media use pat-
terns remains methodo-
logically challenging.
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providing es-
sential insights
for understand-
ing the sys-
temic roots of
emotional dis-
ruption in digi-
tal environ-

Science, 19(5),
735-748.

optimizing for en-
gagement.

ments.

TF Proposes a Mehrabian, A., | Stimulus-Organ- | Theoretical/con- | Environmental stim- | Environmental cues, | Primarily focused on
framework & Russell, J. ism-Response ceptual book uli (e.g., light, noise, | emotional response | physical environments;
linking envi- A. (1974). An | (SOR) Model grounded in psy- | social cues) evoke (PAD model), be- digital media applica-
ronmental Approach to chology and be- | emotional states havioral outcomes tions are inferred but not
stimuli with Environmental haviorism (pleasure, arousal, directly addressed.
emotional re- | Psychology. dominance), which
sponses and Cambridge, predict approach or
behaviors, MA: MIT avoidance behavior.
forming the ba- | Press.
sis for the
Stimulus-Or-
ganism-Re-
sponse (SOR)
model used
widely in digi-
tal media stud-
ies.
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TF Reframes the Jacoby (2002) | Revised Stimu- | Conceptual/theo- | Highlights fluid, Stimuli (external The framework is not
classic S-O-R lus—Organism— | retical paper with | overlapping nature | and internal), cogni- | empirically tested; lacks
model using a Response (S—O— | visual model re- | of cognitive, emo- | tive awareness (Sec- | operationalization; origi-
Venn-diagram- R) model with 7 | design tional, and behav- tor 4), memory nal scope limited to con-
like, multi-sec- psychological ioral processes ra- (Sector 3), response | sumer psychology, not
tor structure sectors ther than rigid linear | behavior (Sector 7), | education or digital plat-
that accounts models subconscious pro- forms
for conscious, cessing (Sector 2)
subconscious,
and behavioral
dynamics; of-
fers a rich lens
to study how
algorithmic
stimuli might
elicit emotional
and academic
responses.

TF The study in- Zhai, X., Stimulus—Or- Quantitative sur- | Privacy concerns Privacy concern Knowledge hiding in
vestigates how | Wang, M., & | ganism—Re- vey (N=282, uni- [ (abuse and finding) [ (abuse) online learning is under-
privacy con- Ghani, U. sponse (SOR) versity students in | increase knowledge explored; single-dimen-
cerns on social | (2020). The model, privacy | China) using vali- | hiding perceptions; sional KH construct
media lead to SOR (stimu- concern (stimu- | dated scales and | these perceptions used; findings limited to

knowledge hid-
ing percep-
tions, which in
turn hinder
online collabo-
rative learning

lus-organism-
response) par-
adigm in
online learn-
ing: an empiri-
cal study of

lus), knowledge
hiding percep-
tions (organism),
collaborative

structural equa-
tion modeling
(SEM); modera-
tion and media-
tion tests applied.

negatively affect
online collaborative
learning; perceived
supervisory support
moderates the im-
pact of privacy

Privacy concern
(finding)

Chinese context, so
cross-cultural validation
needed.
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among univer- | students’ learning (re- concern (abuse) on | Knowledge hiding
sity students: a | knowledge sponse). knowledge hiding. | perception
mechanism rel- | hiding percep-
evant to how tions.
algorithmic so- | Interactive
cial platforms | Learning Online collaborative
may impair Environments, learning
student learn- | 28(5), 586—
ing. 601.
Perceived
supervisory support
SMAP, This study ex- [ Tarafdar, M., | Sociotechnical Quantitative sur- | Technostress signif- | Technostress, Role | Focuses on general
amines how Tu, Q., Ragu- | theory; Role vey study icantly reduces indi- | Stress (Role Con- workplace ICT use, not
TF ICT-induced Nathan, B. S., | theory (n=233); Struc- vidual productivity [ flict, Role Over- specifically on algo-
technostress & Ragu- tural Equation and increases role load), Productivity, | rithm-driven platforms
negatively im- | Nathan, T. S. Modeling (SEM) | stress through ICT use, Organiza- | or students; productivity
pacts employ- | (2007). The used for hypothe- | mechanisms like tional stressors measured via self-report-
ees’ productiv- | Impact of sis testing techno-overload and ing rather than objective
ity and in- Technostress techno-invasion. metrics.
creases role on Role Stress
stress, which and Productiv-
aligns with my [ i#y. Journal of
thesis focus on | Management
the psychologi- | Information
cal effects of Systems,
digital systems. | 24(1), 301—
328.
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ATI, TF | This study Ayyagari, R., | Person—Environ- | Quantitative sur- | ICT features like Technology charac- | Focuses solely on work-
builds a model | Grover, V., & | ment Fit (P-E vey (n=661), complexity, pace of | teristics (usefulness, | place adults; findings
explaining how | Purvis, R. Fit) Model Structural Equa- | change, and presen- | complexity, reliabil- | may not fully extend to
specific ICT (2011). Tech- tion Modeling teeism significantly | ity, pace of change, | student experiences or
characteristics | nostress: (SEM) used to contribute to work | presenteeism, ano- | informal ICT usage con-
induce tech- Technological test relationships | overload, role ambi- | nymity), Stressors texts.
nostress among | Antecedents guity, and other (e.g., work overload,
professionals, [ and Implica- stressors, which in | role ambiguity),
which is di- tions. MIS turn lead to psycho- | Strain
rectly relevant | Quarterly, logical strain.
to algorithm- 35(4), 831—
induced emo- | 858.
tional and aca-
demic strain in
students.

SMAP Investigates Upadhyaya & | Technostress Quantitative; sur- | Moderate tech- Technostress, Focused on Indian pri-
how tech- Vrinda model (Tarafdar | vey of 672 Indian | nostress observed; techno-overload, vate university students;
nostress affects | (2021). Impact | et al., 2007); university stu- negative impact on | techno-complexity, | lacks cross-cultural com-
students’ aca- | of technostress | Transactional dents using vali- | academic productiv- | techno-insecurity, parison and excludes
demic produc- | on academic model of stress | dated tech- ity confirmed academic productiv- | personality or coping
tivity; connects | productivity of | (Folkman & nostress scale ity traits
directly to our | university stu- | Lazarus, 1984)
topic on digital | dents
stress in aca-
demic contexts.

SMAP, This concep- Tarafdar, M., | Transactional Conceptual/theo- | Technostress is a Techno-distress, Lack of empirical valida-
tual paper Cooper, C. L., | Theory of retical paper dual phenomenon; | techno-eustress, IS | tion; limited
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TF redefines tech- | & Stich, J.-F. | Stress; extended | based on litera- IS can act both as a | design, primary/sec- | understanding of IS
nostress as (2019). The to include IS- ture review and stressor and as are- | ondary appraisal, design's positive role in
comprising technostress specific con- framework devel- | source; the authors | coping responses, mitigating stress; calls
both negative | trifecta: structs like opment. propose the “tech- stress outcomes. for interdisciplinary
(techno-dis- techno-eu- techno-eustress nostress trifecta” to studies.
tress) and posi- | stress, techno- | and techno-dis- guide future IS re-
tive (techno- distress and tress. search.
eustress) expe- | design.
riences, highly | Information
relevant to my | Systems
study of stress | Journal, 29(1),
in algorithmic | 642.
digital environ-
ments.

TF This study pro- | Bhattacherjee, | Expectation- Quantitative User satisfaction Satisfaction, per- The study uses a cross-
poses a post- A. (2001). Un- | Confirmation cross-sectional and perceived use- | ceived usefulness, sectional design, limiting
acceptance derstanding Theory (ECT), field survey with | fulness significantly | confirmation, con- understanding of
model to ex- Information integrated with | 122 online bank- | predict continuance | tinuance intention. changes over time; re-

plain users' in-
tention to con-
tinue using in-
formation sys-
tems, which is
highly relevant
to understand-
ing persistent
social media
use among

Systems Con-
tinuance: An
Expectation-
Confirmation
Model. MIS
Quarterly,
25(3), 351-
370.

insights from the
Technology Ac-
ceptance Model

(TAM).

ing users, ana-
lyzed via struc-
tural equation
modeling (SEM).

intention; confirma-
tion influences both
satisfaction and use-
fulness.

sponse rate was low, and
only current users were

sampled.
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students in

your study.

TF This paper ex- | Thong, J. Y. Expectation- Quantitative; Perceived ease of Perceived Useful- Cross-sectional data lim-
pands the ECM | L., Hong, S. J., | Confirmation Online survey of | use and enjoyment | ness, Ease of Use, its causal claims; study
model by inte- | & Tam, K. Y. | Model (ECM), 811 mobile Inter- | significantly affect | Enjoyment, Satis- context (Hong Kong)
grating per- (2006). The ef- | extended with net users; Struc- | satisfaction and con- | faction, Confirma- | may affect generalizabil-
ceived ease of | fects of post- constructs from | tural Equation tinuance intention; | tion, Continued Us- | ity.
use and enjoy- | adoption be- TAM. Modeling (LIS- satisfaction is the age Intention.
ment to explain | liefs on the ex- REL 8.72). strongest predictor
continued IT pectation-con- of continued IT use.
usage, relevant | firmation
for understand- | model for in-
ing prolonged | formation
engagement technology
with algorith- | continuance.
mic platforms | International
like social me- | Journal of
dia. Human-

Computer
Studies, 64(9),
799-810.

TF Proposes Venkatesh et | Unified Theory | Empirical model | UTAUT outper- Performance expec- | Not originally applied to
UTAUT as a al. (2003) of Acceptance comparison forms prior models | tancy, effort expec- | algorithmic social media
unified model and Use of across 8 models; | in predicting IT us- | tancy, social influ- or emotional well-being
of IT adoption; Technology longitudinal sur- | age intention ence, facilitating contexts.
relevant to un- (UTAUT) vey conditions
derstanding
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student behav-
1or toward so-
cial media use.
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Appendix 3: Consent form

Consent Form for Participation in Research Study

Study Title:
Algorithmically-Driven Social Media Features, Emotional Distress, and Academic Perfor-
mance

Researchers:
Jasper van der Blom
Lin Yaochen

Purpose of the Study:

This study aims to explore how algorithmically-driven features of social media platforms -
such as infinite scrolling, personalized recommendations, auto-play videos, and push notifica-
tions - trigger emotional distress among university students. Specifically, it investigates emo-
tional reactions such as anxiety, information overload, distraction, procrastination, and emo-
tional fatigue. Additionally, the study seeks to understand how these emotional responses in-
fluence students' academic performance and learning outcomes, including their depth of un-
derstanding, critical thinking abilities, long-term retention of knowledge, and academic confi-
dence. By gathering detailed qualitative insights, the study aims to contribute valuable
knowledge that could inform strategies and recommendations to support students' academic
well-being in digital environments.

Participant Involvement:

e Participation involves one semi-structured interview lasting approximately 45-60
minutes.

e You will be asked about your experiences with social media usage, emotional re-
sponses to algorithmically-driven features, and perceived impacts on academic out-
comes.

e With your consent, the interview will be audio-recorded for accuracy in transcription
and analysis.

Voluntary Participation:

Your participation is completely voluntary. You may withdraw at any point without needing
to provide a reason, and this will not affect your relationship with the university or research-
ers. You can also choose to have your responses permanently deleted and/or not used for anal-
ysis.
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Confidentiality:

The results of the study will only be used and published for research purposes. All collected
data will be kept confidential and stored securely. Identifying details will be anonymized in
any resulting publications or reports. Audio recordings and transcripts will be securely stored
and accessible only to the researchers. When the research has been completed, it is shared
with the participants to confirm their input in the study before publication of the paper.

Risks and Benefits:

No significant risks are anticipated from participation. However, discussing emotional experi-
ences related to social media may cause minor discomfort. You can skip any questions or
withdraw at any time. The benefits include contributing valuable insights that may inform rec-
ommendations for improved academic experiences.

Use of Data:

Anonymized results may be published in academic reports, theses, or journal articles. Your
identity will remain confidential in all presentations of the study results. In the case of any re-
cording of the interview being done, this will only be used to make a transcript of this inter-
view. After having the transcript, the interview recording will be deleted and the transcript is
being anonymized. We will not ask for any information that is classified as sensitive infor-
mation under the General Data Protection Regulation (GDPR).

Contact Information:

This research is conducted by students Jasper van der Blom and Lin Yaochen under the super-
vision of postdoctoral researcher Avijit Chowdhury, at Lund University School of Economics
and Management (LUSEM).

For any questions about this study, please contact:

e Jasper van der Blom <ja3521va-s@student.lu.se>

e Lin Yaochen <li8616va-s@student.lu.se>

e Avijit Chowdhury <avijit.chowdhury@ics.lu.se>

Participant Consent:

I have read the above information, and my questions have been answered satisfactorily. I vol-
untarily agree to participate in this research study and confirm that I am at least 18 years old.
By filling out this consent form, [ am giving:

Consent to participate in this study, and

Consent to the audio-recording of the interview.
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Signature

Name

Date

Signature

Jasper van der Blom

Signature

Lin Yaochen

Date
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Appendix 4: Interview guide

Thank you for participating in this study!

Before we begin, I want to briefly inform you about the study, our research goals, and what to
expect during this interview.

Our research focuses on understanding how certain algorithmically driven features of social
media - such as infinite scrolling, personalized recommendations, auto-play videos, and push
notifications - can trigger emotional responses like anxiety, distraction, information overload,
procrastination, and emotional fatigue among university students. Are you familiar with the
four technological features just mentioned? (If not, explain) Additionally, we're interested in
exploring how these emotional responses might influence your academic performance and
your learning experiences.

In our study, we are focusing on social media platforms that emphasize algorithm-driven con-
tent consumption rather than traditional messaging apps like WhatsApp or Messenger. Specif-
ically, we are interested in short video platforms (e.g., TikTok, Instagram Reels, YouTube
Shorts), video content platforms (e.g., YouTube, Bilibili), image-text based platforms (e.g.,
Instagram, Facebook), and multi-functional social media platforms (e.g., Reddit, RedNote).

This interview will last about 45-60 minutes. We will discuss your experiences with social
media usage, your emotional reactions, and how these emotions may affect your studies.
Please remember that your participation is entirely voluntary. You can skip any questions or
stop the interview at any time without providing a reason.

All information you provide will remain confidential, and your identity will be anonymized in
any research publications or presentations. With your consent, we would like to record this
interview to ensure accurate transcription.

Do you have any questions before we begin?

Getting to Know the Participant

Age, gender, nationality, native language

Warm-up & General Social Media Use

“Could you please tell me which social media platforms you use most frequently?”

91



Triggered by Design Jasper van der Blom and Lin Yaochen

“On a typical day, how much time do you spend on social media, and during which parts of
your day do you usually use it? You may check the screen time of your phone for this.”

“What activities do you usually engage in when you use social media? For example, do you
mainly read posts, watch videos, or chat with friends?”

“What kind of social media user would you describe yourself? A consumer (viewing/watch-
ing/reading), contributor (liking/commenting/sharing) or creator (producing content)?”

“Can you describe a typical scenario of your social media use? For instance, where do you
usually use social media (at home, on the go, in the classroom)?”

“How do you feel about your overall social media usage? Do you think it has any impact on
your daily routine or studies?”’

Cycle 1: Infinite Scroll
A. Stimulus

“Can you tell me about your experience when using platforms with endless scrolling, like Tik-
Tok, YouTube Shorts, or Instagram Reels?”

“When you're using these kinds of feeds that never really stop, what usually happens? Do you
plan to stop after a while, or does it just continue?”

“Have you noticed how that type of scrolling affects how much time you spend on the plat-
form?”

Some possible follow-up questions for this part:

“Do you feel you’re aware of how much time passes while you scroll?”
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“How does it usually start? Are you intentionally opening the app, or more out of habit?”

B. Organism

“How do you feel while using infinite scroll? For example, do you ever feel overwhelmed or
anxious?

“Can you recall a specific instance when an infinite scroll led to a strong emotional reaction
(like feeling distracted or experiencing information overload)?

“Have you experienced moments where you meant to just check something quickly, but
ended up stuck for a long time? How did that make you feel?”

Some possible follow-up questions for this part:

“Do you feel more relaxed, or more tired afterwards?”
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“What do you think causes that feeling? The content? The speed? The amount?”

C.Response

“Do you feel like the emotions caused by scrolling sessions ever get in the way of your study
time or ability to focus on academic work?”

“Have you noticed any effects of these emotional responses (such as anxiety or distraction) on
your academic performance or study habits?

“Can you recall a time when this kind of scrolling made it harder for you to get back to study-
ing or delayed something academic?”

“What strategies, if any, have you tried to manage or reduce the negative effects of scrolling
on your study habits?

“Have you tried anything to manage this, like setting time limits or trying to stop yourself
from scrolling? How did that go?”

Some possible follow-up questions for this part:

“How did it affect your mood or motivation to study?”
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“What made you try that strategy?”

Cycle 2: Auto-Play
A. Stimulus

1. “Can you describe what usually happens when you’re watching videos on platforms with
auto-play, like YouTube or TikTok?”

Follow-up :

“Do you usually plan how many videos you’ll watch, or does it often go beyond what you in-
tended?”

2. “How does auto-play affect your viewing habits compared to when you have to manually
choose each video?”

Follow-up :

“Do you feel more in control when you have to choose, or when videos just keep coming?”

B. Organism

1. “How do you usually feel after spending a long time watching auto-played videos?”
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Follow-up :

“Do you feel refreshed, tired, or maybe a bit zoned out afterwards?”

2. “Have there been times when you kept watching even though you knew you should be do-
ing something else?”

Follow-up :

“What do you think made it hard to stop?”

“When you're watching auto-play videos one after another, do you ever feel like your mind
doesn’t get a break between them?”

Follow-up :

“What’s that like for you mentally or emotionally?”

C. Response

1.“Do you think the emotional responses caused by watching auto-play videos ever interferes
with your study time or academic focus?”

Follow-up :

“What kinds of academic tasks do you find most affected by this?”
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“Does it usually affect your motivation or just the time you have left to study?”

2. “Can you think of a time when you struggled to stop watching and it affected your aca-
demic work?”

Follow-up :

“What did you do then? Did you try to catch up later?”

Follow-up :
“What motivated you to try those strategies?”

Cycle 3: Personalized Recommendation
A. Stimulus

1. “Many platforms recommend content based on your past viewing or interactions. How do
you feel about that kind of personalized recommendation?”’

Follow-up :

“Do you usually like the recommended content, or do you sometimes find it repetitive or un-
expected?”
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“Do you feel that the content is tailored to your interests, or do you think it sometimes goes
too far?”

2 “When you’re scrolling through recommended content, how likely are you to keep watching
or clicking compared to content you search for yourself?”

Follow-up :

“Do you find it harder to stop watching when content just keeps coming and feels like it's
made for you?”

B. Organism

1“After spending a while watching recommended content, how do you usually feel mentally
or emotionally?”

Follow-up :

“Do you ever feel like it’s hard to stop because everything is so well matched to your inter-
ests?”

2. “Have you ever felt like the recommendations pulled you into a ‘rabbit hole’ where you just
kept going deeper and deeper?”

Follow-up :

“What kind of content usually causes that for you?”
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“How do you feel afterwards? Energized, guilty, tired?”

3.“Do you ever feel like you’re being pushed into one perspective or kept inside a certain type
of content?”

Follow-up :

“How does that affect the way you think about things or your overall mindset?”’

C. Response

1. “Have these emotions caused by personalized recommendations ever affected your study
time, focus, or motivation to do academic work?”

Follow-up :
“Do they make it harder to switch back to studying?”

“Or do you feel like you sometimes choose watching over studying even when you didn’t
mean to?”

Follow-up :

“What were you trying to do at the time?”
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3 “Have you developed any ways to limit the impact of recommended content? For example,
avoiding the feed, turning off autoplay, etc.?”

Follow-up :

“Which strategies worked best for you, and which didn’t really help?”

Cycle 4 Push notification

A. Stimulus

1. “Can you tell me what kinds of notifications you usually get from social media apps?”
Follow-up :

“Which ones do you usually respond to right away?”

2.“When you’re studying or focusing on something important, how do these notifications af-
fect you?”

Follow-up :
“Do you usually check them right away, or try to ignore them?”
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B. Organism

1.“How do you usually feel when you get frequent notifications while trying to focus on
something else?”’

Follow-up :

“Does it make you feel irritated, distracted, anxious... or maybe something else?”

Follow-up :

“What kind of notifications usually lead to that feeling?”

C. Response

1.“Have these emotions caused by notification ever affected your academic performance or
the way you manage your study?”’

Follow-up :
“Can you think of a situation where a notification broke your focus while studying?”
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Follow-up :

“What do you typically do after checking a notification?”

3“Have you tried any methods to control or reduce notification distractions? For example,
muting them during study time?”

Follow-up :

“How well did those strategies work for you?”

Round-up and ending
1. Overall reflection

“Looking back at everything we discussed, how would you describe the overall impact of so-
cial media on your emotions and academic life?”

2. Strongest influence

“Among all the features we talked about - like infinite scroll, auto-play, or personalized rec-
ommendations - which one do you think has the strongest effect on your emotions and your
study performance?”

3. Missed or unspoken

“Is there anything we didn’t talk about that you think is important regarding social media,
emotions and your studies?”
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4. Personal takeaway or message

“If you were to give a piece of advice to another student about using social media while stud-
ying, what would it be?”

5. Closing

“Thank you so much for your time and insights. Would it be alright if we reach out to you
later if we need any clarification or follow-up?
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