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Preface 
During my early studies and at the beginning of my career, I didn’t imagine myself 
doing research. In fact, I was quite convinced that I did not want to pursue it – at 
least not for the sake of the research itself. If I were to do research, it would have to 
be in a field that mattered to me and where I truly wanted to find answers. 

Earlier in my medical training, diabetes was not a field I found particularly exciting. 
During on-call nights at the internal medicine rotation, I dreaded questions about 
insulin dosage. One of my first real encounters with childhood diabetes as a medical 
student came during my paediatrics rotation in Lund, when I shadowed Annelie 
Carlsson as she spoke with a family whose child had just been diagnosed. I 
remember not fully understanding at the time why the mother was so upset—until I 
gradually realised what the diagnosis meant for a child and a family’s life. That 
moment stayed with me and was probably the beginning of the change in my view 
of diabetes.  

I continued along my path in paediatrics and specialised, and during this time, I 
eventually joined the paediatric diabetes team, which opened the door to this field. 
At a specialist course on paediatric diabetes, I met Annelie Carlsson again and asked 
if I could do a research project with her. That step marked the beginning of my 
research journey, one that has since grown into this thesis. 

Working as a clinical paediatrician while also conducting research has given me a 
unique perspective. Reporting patients to the Better Diabetes Diagnosis (BDD) 
study has strengthened my understanding of the challenges of data collection and 
also improved my ability to explain to families why their participation matters. 
Meeting children and families with diabetes every week has deepened my 
understanding of the disease and the challenges the families face, while research has 
allowed me to bring new insights back to the clinic. Knowing the patients personally 
has also made the work more meaningful to me, providing me with an added 
motivation to understand the field and why research matters. Attending conferences 
and presenting my work has been a privilege, not least because I could bring 
knowledge home to improve care for our patients. Being able to share new findings, 
or information about what’s on the horizon, with my patients and their families 
brings me great joy. Today, my colleagues would likely describe me as someone 
who does find diabetes exciting. 

My ambition was never to do research for its own sake, but rather to contribute, if 
only in a small way, to knowledge that can benefit patients in the long run. Along 
my research journey, the field has evolved, both clinically, with the introduction of 
continuous glucose monitors, smart pumps, and scientifically, with new discoveries 
that shape our understanding of diabetes. At the same time, I have learned not only 
about research and medicine but also much about myself. I am grateful that I found 
this field, which truly matters to me.  
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Thesis at a glance 
 Aim Methods Results Conclusions 
I - To assess 

whether month of 
birth influences the 
risk of T1D. 
- To explore 
potential patterns 
between month of 
birth, age, sex, 
HLA type, and 
autoantibody profile 
at diagnosis. 

We compared 8,761 
children with T1D from 
the nationwide Better 
Diabetes Diagnosis 
(BDD) study to the 
general population with 
respect to month of 
birth, sex, and age at 
diagnosis. In a subset of 
3,647 children, HLA-type 
and autoantibodies at 
diagnosis were also 
analysed in relation to 
month of birth. 

We found no overall 
association between 
month of birth and 
T1D incidence. 
However, boys 
diagnosed before age 
5 were more often 
born in May (p=0.004) 
and showed different 
autoantibodies 
profiles compared 
with peers born in 
other months. 

The impact of month 
of birth on T1D 
diagnosis was 
generally weak, 
except for boys 
diagnosed before 
the age of 5, 
suggesting that 
distinct triggers may 
operate in different 
subgroups of 
patients with T1D. 

II - To compare the 
prevalence of 
parental diabetes 
between children 
with and without 
T1D.  
- To compare 
clinical 
characteristics at 
T1D diagnosis in 
children with and 
without a family 
history of diabetes. 

Parental diabetes 
among children with 
T1D in the BDD was 
compared with a general 
population cohort. 
Clinical characteristics 
were compared by 
family history of diabetes 
in parents and 
grandparents of 3,603 
children with T1D using 
relative risk and 
ANOVA.  

Children with T1D 
were more likely to 
have parents with 
T2D than children 
without diabetes. At 
diagnosis, those with 
a family history of 
T2D were more often 
overweight or obese 
and less frequently 
carried high-risk HLA 
genotypes.  

Family history of 
T2D was more 
common among 
children with T1D, 
and the association 
with overweight an 
onset may 
contribute to an 
increased risk of 
developing T2D. 

III - To analyse 
clinical and 
hereditary 
characteristics of 
children with and 
without 
autoantibodies at 
T1D diagnosis. 

Data from 2,753 
Swedish children in the 
BDD cohort were 
analysed. Children were 
grouped by autoantibody 
status (aAb+ vs aAb-) 
and compared for sex, 
age at diagnosis, HLA 
genotype, DKA, BMI, 
HbA1c and C-peptide. 

In total, 169 children 
(6%) lacked aAbs. At 
diagnosis, these 
children were more 
often boys, had 
higher HbA1c, were 
less likely to present 
with DKA, and were 
more likely to have 
parents with T2D. 

Clinical differences 
between children 
with and without 
autoantibodies 
highlight potential 
heterogeniety in the 
disease’s 
pathogenesis across 
subgroups. 

IV - To investigate 
whether family 
history of diabetes 
is associated with 
differences in 
HbA1c and BMI at 
follow-up. 

Using data from the 
National Diabetes 
Register, we compared 
HbA1c and BMI at 1, 2, 
5, and 10 years after 
diagnosis in 3,329 
children from the BDD 
cohort, stratified into four 
family history groups. 
Differences in 
trajectories and values 
at specific timepoints 
were assessed using 
repeated measures 
ANOVA.  

Children with family 
history, especially for 
T2D or combined T1D 
and T2D, had higher 
HbA1c and BMI levels 
throughout follow-up. 
Although both HbA1c 
and BMI changed 
significantly over time, 
these trends were 
similar across the 
family history groups.  

Differences in 
HbA1c and BMI by 
family history 
persisted over time. 
These findings may 
underscore the 
impact of genetic 
predispositions on 
baseline metabolic 
markers. 
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Abstract 
Background and aim: Children with type 1 diabetes (T1D) represent a 
heterogeneous group of children with varying genetic backgrounds and different 
numbers of autoantibodies at diagnosis. The latter may reflect an interaction 
between genetic susceptibility and environmental triggers that contribute to the 
onset of the disease. However, the specific triggers remain unknown. The overall 
aim of this thesis was to increase our understanding of the heterogeneity of T1D in 
children. 

Methods: To address our specific research questions, we used data from the Better 
Diabetes Diagnosis (BDD) cohort in combination with the Swedish National 
Diabetes Register (NDR). The overall study cohort, used for all papers, comprised 
3,647 children diagnosed between 2005 and 2010. Blood samples, clinical data, and 
family history information were collected at diagnosis. Analyses included age at 
diagnosis, sex, autoantibodies (GAD65, IAA, IA-2, ZnT8A), and HLA genotype 
(Papers I-IV), as well as month of birth (Paper I), family history, body mass index 
(BMI), diabetes ketoacidosis (DKA) and HbA1c (Papers II-IV), and c-peptide 
(Papers III-IV). Paper IV also included follow-up data on BMI and HbA1c after 
diagnosis. 

Results: In Paper I, boys diagnosed before the age of 5 were more often born in 
May. In Paper II, a family history of T1D or T2D was more common among children 
with T1D than among those without, and clinical presentation varied by family 
history. A family history of T1D was associated with younger age at diagnosis and 
lower HbA1c, whereas a family history of T2D was associated with higher BMI. In 
Paper III, children without autoantibodies at diagnosis differed from those with 
autoantibodies: they were more often boys, had higher HbA1c, less DKA, and more 
frequently a family history of T2D, suggesting a more slowly progressing disease. 
In Paper IV, follow-up data showed that differences in HbA1c and BMI observed 
at diagnosis persisted over time.  

Conclusion: These findings suggest that there are subgroups of children with T1D 
that differ according to family history, sex, and autoantibody status. Understanding 
this heterogeneity may be crucial for improving risk prediction for poorer metabolic 
management and long-term complications, ultimately supporting the development 
of precision medicine approaches for children with T1D. 
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Figure 1: Illustration from Bamse och Lillmickel – en specialtidning om diabetes [1]. Reproduced with 
permission. 
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Populärvetenskaplig sammanfattning 
Antalet personer med diabetes ökar, både för barn och vuxna, i Sverige och i 
världen. Nästan 10% av jordens befolkning lider nu av diabetes. Av dem är det bara 
5–10% som har typ 1 diabetes, och även om det traditionellt har kallats 
”barndiabetes” är det nästan hälften av patienterna som insjuknar i vuxen ålder. Typ 
1 diabetes är den vanligaste kroniska sjukdomen hos barn och ungdomar i Sverige. 
När folk i allmänhet pratar om eller tänker på diabetes handlar det ofta om typ 2 
diabetes, då det är klart vanligare i samhället och i världen. Det är två olika 
sjukdomar, där man vid typ 1 diabetes har total brist på insulin och vid typ 2 har en 
minskad känslighet för insulin. Sjukdomarna har alltså stora skillnader, trots sitt 
gemensamma namn, men man börjar mer och mer se att det finns vissa likheter 
också, och ibland kan det vara svårt att skilja mellan dem i kliniken.  

Trots att typ 1 diabetes är en vanlig sjukdom, och att mycket forskning har gjorts på 
området, är kunskapen om dess uppkomst och sjukdomsmekanismer fortfarande till 
stora delar okända, och det finns än idag inget botemedel för typ 1 diabetes. Det är 
känt att det finns en ärftlig komponent som påverkar risken att få diabetes, även om 
de flesta med dessa gener aldrig får diabetes. Vi vet också att de flesta personer som 
får typ 1 diabetes har antikroppar mot de insulinproducerande cellerna i 
bukspottskörteln. Dessa antikroppar är en viktig del i händelseförloppet, men det är 
inte känt varför just de som utvecklar antikroppar gör det, eller varför de utvecklas 
just då.  

Typ 1 diabetes innebär att kroppen inte längre kan producera insulin, ett hormon 
som behövs för att sockret i det vi äter ska nå cellerna i kroppen, där det används 
som bränsle. Insulin brukar liknas vid en nyckel, som ”låser upp” cellerna för att 
kunna släppa in sockret. Anledningen till att kroppen inte kan producera insulinet 
är för att cellerna som producerar insulinet har blivit förstörda av kroppens egna 
immunförsvar. Processen att bryta ner de insulinproducerande cellerna sker över 
lång tid, från månader till år. Symtomen vid klinisk debut, när insulinproduktionen 
är väldigt låg, kan ändå vara livshotande när kroppen inte längre kan ta hand om 
blodsockret. Symtomen är ökad törst och urinproduktion, trötthet, viktnedgång och 
ibland magsmärtor och kräkningar. Vid uttalad insulinbrist är risken stor att man 
utvecklar en livshotande syraförgiftning, så kallad ketoacidos.  

Att få en typ 1 diagnos innebär en livslång behandling med insulin, via sprutor eller 
pump, och ständig blocksockerkontroll. Behandlingen är komplex, och 
insulinbehovet för att upprätthålla en god blodsockerkontroll påverkas av många 
olika faktorer i vardagen. En välreglerad blodsockernivå, och ett lågt HbA1c 
(långtidssocker) är viktigt, eftersom sämre kontroll ökar risken för så kallade 
senkomplikationer – skador på både små och stora blodkärl, vilket kan leda till 
ögon- och njurproblem samt hjärt-kärlsjukdomar.  
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I denna avhandling undersöker jag skillnader inom gruppen av barn med typ 1 
diabetes. Jag använder mig av en studie som heter Bättre Diabetes Diagnostik 
(BDD), som är en nationell studie där man samlat in information om alla barn som 
insjuknat i diabetes i Sverige sedan 2005 (som vill delta), för att kunna använda till 
forskning med syfte att få ökad kunskap om varför barn insjuknar i typ 1 diabetes. 
Det är en fantastisk tillgång, eftersom det är en spegling av hela landet och hela 
populationen med diabetes, inte bara en utvald grupp, vilket gör den representativ 
och därmed lämplig för forskning.  

Det man märker när man jobbar med barn med typ 1 diabetes, är att det kan verka 
orättvist. Såklart är det mycket som skiljer barnen, familjerna och dess 
förutsättningarna åt, men trots det finns det skillnader man inte riktigt förstår. Vi vet 
också att det är en otrolig påfrestning för en familj med ett barn med diabetes, och 
att även de som inte har perfekt blodsockerkontroll anstränger sig mycket för att få 
till det. Det finns skillnader som vi ser men inte riktigt kan förklara, varför vissa 
utvecklar ketoacidos ganska snabbt, och vid relativt låga HbA1c (bra 
diabeteskontroll), varför det finns skillnader i utveckling av komplikationer hos 
olika individer med till synes samma metabola kontroll, varför vissa barn behöver 
mycket högre eller lägre doser av insulin än andra barn i deras ålder. Det gör att man 
undrar om det finns underliggande mekanismer som vi inte förstår. Vad är det vi 
missar? Finns det subgrupper med olika risk och olika aggressivitet i sjukdomen? 
Hur kan vi hitta dem? Hur kan vi följa dem? Därför ville vi undersöka om vi i vårt 
studiematerial kunde hitta några skillnader som skulle kunna hjälpa oss att 
identifiera olika undergrupper, och i förlängningen individer med olika riskfaktorer 
eller till och med olika orsaker till att de får sjukdomen, baserat på hur de ser ut vid 
debut. På sikt skulle det kunna bidra till en mer individanpassad vård. 

I den första artikeln undersökte vi om födelsemånad spelade någon roll för risken 
att utveckla diabetes. Detta gjorde vi genom att jämföra barn i BDD-studien med 
friska barn födda under samma period och se om de skiljde sig i födelsemånad, om 
de skiljde sig i vilka antikroppar de hade när de insjuknade och om det fanns någon 
skillnad mellan olika åldrar och mellan flickor och pojkar. Vi såg ingen skillnad för 
hela gruppen avseende födelsemånad jämfört med bakgrundspopulationen, men vi 
kunde se en skillnad bland pojkar under 5 år; de var oftare födda i maj. Bland dessa 
pojkar kunde man också se att de hade andra antikroppar vid insjuknande än 
pojkarna under 5 år som var födda under de andra månaderna. 

I den andra studien undersökte vi om det fanns någon skillnad i ärftlighet för 
diabetes mellan barn med och utan typ 1 diabetes. Vi ville också undersöka om 
barnen i BDD-studien med olika ärftlighet hade olika klinisk bild vid insjuknandet 
avseende kön, ålder, antikroppar, HbA1c (långtidssocker), HLA-typ (riskmarkör för 
ärftlighet) samt övervikt och fetma. Det är känt sedan tidigare att det är vanligare 
för barn med diabetes att ha en förälder med typ 1 diabetes, och det kunde vi 
bekräfta, men vi kunde också visa att det var vanligare med typ 2 diabetes hos 
föräldrarna till barnen med typ 1 diabetes jämfört med de utan. Vad gäller 
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skillnaderna i klinisk bild såg man skillnad i ålder, HbA1c och att det var större risk 
för barn med ärftlighet för typ 2 diabetes att vara överviktiga än barn utan ärftlighet.  

I den tredje studien undersökte vi barn i BDD studien som saknar antikroppar vid 
diagnos. Som nämnt ovan så är autoantikroppar en del av den klassiska bilden vid 
typ 1 diabetes, ett immunologiskt svar på vad som händer i kroppen, men det 
förekommer fall där man inte kan hitta några vid insjuknandet. Det kan röra sig om 
att det faktiskt inte är typ 1 diabetes, utan till exempel typ 2, eller att de har haft 
antikroppar som sedan försvunnit, men det finns också fall där sjukdomen i alla 
andra avseende är typisk för typ 1 diabetes, där de saknas, och det är dessa vi 
fokuserar på. Det vi ville göra var att se om de barnen skiljde sig från barnen med 
antikroppar vid diagnos avseende klinisk bild och vi tittade därför på kön, ålder, 
BMI, HLA-typ, HbA1c, c-peptid, ketoacidos och ärftlighet för typ 1 eller typ 2 
diabetes. Vi kunde visa skillnader för kön, BMI, ärftlighet för typ 2 diabetes och 
ketoacidos vid diagnos i jämförelsen mellan de två patientgrupperna med och utan 
antikroppar. Det var vanligare med pojkar i gruppen som saknade antikroppar. 
Vidare fann vi att barn utan antikroppar vid debuten hade ett högre HbA1c-värde 
och mer sällan hade ketoacidos vid diagnostillfället. De antikroppsnegativa barnen 
hade oftare en förälder mer typ 2 diabetes, men inte med typ 1.  

I den sista studien undersökte vi om ärftlighet för diabetes påverkade HbA1c och 
BMI över tid, vid mätpunkter efter 1, 2, 5 och 10 år. Uppföljningsdata fick vi från 
Nationella Diabetesregistret, där det samlas information från patienterna när de 
kommer på återbesök. Här ser vi att grupperna utifrån ärftlighet fortfarande skilde 
sig åt avseende HbA1c och BMI långt efter diabetesdiagnosen, vilket talar för att vi 
redan vid diagnos behöver göra en mer individanpassad vård, till exempel utifrån 
om individen har ärftlighet för diabetes. 

Sammantaget ger dessa studier ytterligare belägg för att diabetes bör betraktas som 
en komplex och mångfacetterad sjukdom, där olika undergrupper kan ha olika 
sjukdomsprocess. Det finns undergrupper inom populationen av barn med typ 1 
diabetes, vilket kan bero på att olika barn får sjukdomen av olika orsaker, och att 
skillnaden i metabol kontroll och ärftlighet kan vara av värde att beakta redan vid 
diagnos. Detta skulle kunna motivera olika rådgivning och eventuellt även 
behandling för olika grupper eller individer, något som i sin tur kan påverka både 
prognos och behandlingsstrategi. Det är dock viktigt att detta område fortsätter att 
utvecklas och att nya och större studier genomförs över tid, och i olika populationer, 
för att bättre beskriva och förstå dessa grupper. 
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Abbreviations 
aAb Autoantibody 

ADA American Diabetes Association 

ANOVA Analysis of Variance 

BDD Better Diabetes Diagnosis 

BMI Body Mass Index 

CGM Continuous Glucose Monitoring 

DKA Diabetic Ketoacidosis 

ETICS Exploring The Iceberg of Celiacs in Sweden 

GADA Glutamic Acid Decarboxylase 65 Autoantibodies 

GLP-1 Glucagone-Like-Peptide-1  

HbA1c Glycated Haemoglobin A1c 

HLA Human Leukocyte Antigen 

IAA Insulin Autoantibody 

IA-2A Insulinoma-associated Protein 2 or Islet Antigen-2 Autoantibodies 

ISPAD International Society of Paediatric and Adolescent Diabetes 

MODY Maturity Onset Diabetes of the Young 

NDR National Diabetes Registry 

OGTT Oral Glucose Tolerance Test 

SNP Single Nucleotide Polymorphism 

T1D Type 1 diabetes 

T2D Type 2 diabetes 

TEDDY The Environmental Determinants of Diabetes in the Young 

ZnT8A Zink Transporter 8 Islet Autoantibodies 
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Introduction 

History of diabetes 
As history is always important in whatever we do, I will begin there.  

Diabetes was first mentioned in the Ebers Papyrus of ancient Egypt (approximately 
1550 BC) [2]. The earliest clear recognition of the disease, however, came from 
Aretaeus of Cappadocia around 100 AD, who also coined the term Diabetes, derived 
from the Greek “to run through,” referring to the excessive urination that 
characterises the disease [3]. 

Diabetes is a remarkable affliction, not very frequent among men… The course is the 
common one, namely, the kidneys and the bladder; for the patients never stop making 
water, but the flow is incessant, as if from the opening of aqueducts… The nature of 
the disease, then, is chronic, and it takes a long period to form; but the patient is short-
lived, if the constitution of the disease be completely established; for the melting is 
rapid, the death speedy. Moreover, life is disgusting and painful; thirst, 
unquenchable; excessive drinking, which, however, is disproportionate to the large 
quantity of urine, for more urine is passed; and one cannot stop them either from 
drinking or making water. Or if for a time they abstain from drinking, their mouth 
becomes parched and their body dry; the viscera seems as if scorched up; they are 
affected with nausea, restlessness, and a burning thirst; and at no distant term they 
expire. [3] 

Similar descriptions can be found in Arabic, Indian, and Chinese medical writings 
[4, 5]. A major historical milestone came in the 17th century, when Thomas Willis 
‘rediscovered’ the sweetness of the urine and added mellitus (‘like honey’) to the 
name [5]. In 1776, Matthew Dobson confirmed this by boiling down diabetic urine, 
leaving a residue he described as resembling brown sugar [6].  

The 19th century brought further insights: Claude Bernard demonstrated the roles 
of the liver and glycogen in glucose metabolism [7]. A few years later, von Mering 
and Minkowski discovered that removing the pancreas in dogs induced diabetes, 
establishing the central role of the pancreas [8]. The greatest breakthrough came in 
1921, when Frederick Banting and Charles Best succeeded in isolating insulin, 
building on the earlier work of many others [9]. The first patient was treated with 
insulin in 1921, and in 1923, insulin became available for clinical use [5]. The 
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discovery of and treatment with insulin has dramatically improved the life 
expectancy of patients with diabetes, especially for children [10].  

Before insulin, treatment options were extremely limited and often relied on severe 
dietary restrictions, such as starvation or diets avoiding carbohydrates, though their 
mechanisms were poorly understood at the time. Even after the introduction of 
insulin, the role of diet has been discussed and explored as an additional/ 
complementary treatment, with varying results [4]. 

The distinction between different types of diabetes emerged in the 1930s, when it 
was recognised that patients could present with different phenotypic characteristics 
[11]. In 1936, Harold Himsworth proposed that some patients had insulin resistance 
rather than insulin deficiency, laying the foundation for later subclassification [12]. 
Formal classifications were not introduced until the 1970s, when the terms insulin-
dependent diabetes mellitus (IDDM) and non-insulin-dependent diabetes mellitus 
(NIDDM) were adopted [13]. These were later revised in the late 1990s, when the 
current terminology of type 1 and type 2 diabetes was established [11].  

Diabetes research has been extensive, and several Nobel Prizes have been awarded 
for discoveries related to insulin and diabetes. These include the 1923 prize to 
Banting and Macleod for the discovery of insulin, the 1958 prize to Sanger for 
determining the structure of insulin, and more recent prizes recognising work on 
insulin signalling and incretin hormones [12].  

Despite these major achievements and more than a century of research, a cure for 
diabetes has not yet been found. Nevertheless, the past few decades have brought 
remarkable technological advances: improved insulin formulations, automated 
insulin pumps, and continuous glucose monitoring systems that have provided 
people with diabetes far greater freedom and flexibility in everyday life. 

Diagnosis and classification of diabetes  
The diagnosis of diabetes is primarily based on elevated blood glucose levels, the 
common denominator across all diabetes types and the reason they share the same 
name. Hyperglycaemia is typically characterised by symptoms such as polydipsia, 
polyuria, fatigue and weight loss. Once diagnosed, diabetes is further classified into 
specific clinical categories, or types. 

Elevated blood glucose can be defined in several ways, as summarised in Figure 2. 
If there are no clear symptoms, the diagnosis should be confirmed with repeated 
testing. The American Diabetes Association (ADA), the International Society for 
Paediatric and Adolescent Diabetes (ISPAD), and the World Health Organisation 
(WHO) define diabetes similarly [14-16], with HbA1c added as a diagnostic option 
in 2010 [17].  
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Figure 2: Classification of diabetes according to WHO, ISPAD and ADA.  
*Fasting: 8 h without caloric intake.
** Test should be performed with an NGSP (nationally certified method, requires a standardised test,
by an authorised laboratory).
OGTT: Oral glucose tolerance test.

Subclassification into different types 
The most predominant forms of diabetes are type 1 and type 2, and most patients 
can be classified into one of these categories. Traditionally, type 1 diabetes has been 
considered a childhood disease and type 2 an adult disease. While this distinction 
still holds overall, the boundaries are becoming increasingly blurred. As obesity and 
overweight become more prevalent at younger ages, type 2 diabetes is being 
diagnosed more frequently in children.  

Type 1 diabetes 
Type 1 diabetes is an autoimmune condition that results in absolute insulin 
deficiency due to immune-mediated destruction of pancreatic β-cells. Although 
traditionally defined as childhood diabetes, it can occur at any age. Recent studies 
indicate that approximately 50% of all individuals with type 1 diabetes are 
diagnosed after the age of 18 [18-20]. The onset is typically rapid and acute, 
sometimes presenting with diabetic ketoacidosis (DKA) at the time of diagnosis. 
Once symptoms appear, the condition is usually easily recognisable. 

Type 2 Diabetes  
Type 2 diabetes is characterised by a progressive loss of adequate β-cell insulin 
secretion, typically occurring against a background of insulin resistance, often related 
to obesity or ageing. It is not an autoimmune disease. While more common in adults, 
it is increasingly diagnosed in younger individuals, likely due to the rising prevalence 
of childhood obesity. Management often begins with lifestyle modifications and oral 
glucose-lowering agents, with insulin therapy added if needed. The condition reflects 
an inadequate insulin response in the presence of increasing insulin resistance. 

Criteria for diagnosis of diabetes

Plasma glucose (PG) HbA1c**

OGGT 2-h PG
>11.1 mmol/l

Random PG 
>11.1 mmol/l

+ classical symptoms
or oror
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Figure 3: ISPAD’s guidelines for diagnosing type 1 and type 2 diabetes (T1D, T2D) in unclear cases. 
Adapted from Shah et al. [21], licenced under CC BY 4.0. 

Monogenic diabetes 
Monogenic forms of diabetes, caused by mutations in a single gene, are rare and 
include maturity-onset diabetes of the young (MODY), specific syndromes that 
include diabetes, and neonatal diabetes, the latter typically diagnosed before six 
months of age [22]. While uncommon, these forms are important to recognise, as 
their treatment, prognosis, and inheritance patterns differ from those of type 1 and 
type 2 diabetes. Accurate identification can enable more targeted therapy, genetic 
counselling, and prevent unnecessary insulin use in some cases.  

Other specific types of diabetes 
Other specific types of diabetes include gestational diabetes, mitochondrial diabetes, 
and secondary diabetes due to other causes such as pancreatic diseases (e.g., cystic 
fibrosis, pancreatitis) or pancreatic surgery, drug- or chemical-induced diabetes, 
tumours, mitochondrial disorders, and other endocrine diseases. Recognising these 
less common forms is essential for accurate diagnosis, appropriate treatment, and a 
more nuanced understanding of the overall heterogeneity of diabetes in children. 
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Dilemmas regarding clinical definition  
Distinguishing between diabetes types in children is not always straightforward, and 
in clinical practice, not all cases can be neatly defined. A patient may present with 
features of more than one condition – for example, having type 1 diabetes while also 
being overweight or obese, leading to insulin resistance.  

With earlier detection through screening programmes or participation in research 
studies, overlapping presentations have become more apparent. These include cases 
of DKA in individuals with type 2 diabetes, autoantibody positivity in type 2 
diabetes, and autoantibody negativity in type 1 diabetes. Coupled with the rising 
prevalence of obesity in young people, these overlaps make the distinction between 
diabetes types increasingly difficult.  

Epidemiology  
The incidence of both type 1 and type 2 diabetes has increased worldwide in recent 
decades [23, 24]. For type 1 diabetes, incidence has risen both in Sweden and 
globally since the second half of the 20th century, with an average annual increase 
of about 3-4%, and with a particularly marked rise among younger children [23, 25-
28]. Globally, in 2021, 529 million people, or 6.1% of the population, were living 
with diabetes, of whom 96% were diagnosed with type 2 diabetes [24].  

 

Figure 4: Incidence of type 1 diabetes over recent decades. Reproduced from Waerenbaum et al. [28], 
licensed under CC BY 4.0.  
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In 2025, an estimated 9.5 million people are living with type 1 diabetes, and of these, 
1.9 million are under the age of 20 [27]. The highest incidences of type 1 diabetes 
are seen in Finland and Sweden (and, intriguingly, in Sardinia). In recent years, new 
countries are approaching a similar level to Sweden, such as Saudi Arabia [27]. 
However, the largest relative increase is seen in low-incidence countries, such as 
China [29].  

 

Figure 5: Worldwide distribution of type 1 diabetes in children <15 years. Reproduced from Ogle et al. 
[27], licenced under CC BY-NC-ND. 

Large global differences remain in both incidence and access to, as well as quality 
of, care. Life expectancy after a diagnosis of type 1 diabetes varies widely, ranging 
from 6 to 66 years in different regions, reflecting a loss of 8-49 years compared with 
the general population [30]. 

For type 2 diabetes in children, the data are much more scarce and less reliable, but 
the highest numbers are reported in China, India and the United States [31]. The 
highest prevalence has been reported as 520 per 100,000 in China and 212 per 
100,000 in the US, whereas some European countries report rates as low as 0.6-1.2 
per 100,000 [32].   

In Sweden, the overall prevalence of diabetes in 2024 was 6.2% across both children 
and adults, including all types combined. Among children alone, a total of 8,712 
were living with diabetes, and the incidence in 2023 was 38 per 100,000 children. 
In contrast to the global adult pattern, 96.9% of Swedish children with diabetes have 
a type 1 diabetes diagnosis [33].  
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Figure 6 a + b: Comparison of the ratio of type 1 and type 2 diabetes (T1D, T2D). Global ratio of type 1 
diabetes (T1D) to type 2 diabetes (T2D) across all ages compared with the ratio of T1D to T2D in 
Swedish children, illustrating the inverse relationship. 

In conclusion, while in most contexts the term ‘diabetes’ refers to type 2 diabetes 
due to its predominance in the global population, the focus of this thesis will, from 
this point onward, be directed toward type 1 diabetes. 

Type 1 diabetes 
Pathophysiology 
The β-cells are located in the Islets of Langerhans in the endocrine part of the 
pancreas. They are insulin-producing cells, and their destruction leads to an insulin 
deficiency and subsequently hyperglycaemia.  

At the onset of disease development, a trigger – likely involving a combination of 
genetic susceptibility and environmental factors – initiates the autoimmune process. 
This trigger causes the β-cells to release antigens, which activate autoreactive 
lymphocytes that have escaped the negative selection in the thymus. CD4+ helper 
T cells recognise these β-cell antigens and recruit both T and B cells. The B cells 
produce autoantibodies, which serve as biomarkers of the autoimmune process, 
while CD8+ cytotoxic T cells directly attack the β-cells. In parallel, both B and T 
cells release cytokines, driving local inflammation that further contributes to β-cell 
destruction. Regulatory T cells, which normally suppress autoreactive immune 
responses, are impaired and do not exert their normal protection.  

Autoantibodies 
Autoantibodies are a well-established component of the autoimmune process 
leading to pancreatic β-cell destruction. They can be detected years before the onset 
of clinical diabetes. The presence of at least two diabetes-associated autoantibodies, 

T2D T1D**, other and unclear types T1D T2D*, other and unclear types
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in combination with an HLA risk genotype, confers a 10-year risk of about 70% and 
a lifetime risk approaching 100% for progression to type 1 diabetes [34]. More than 
90% of patients with type 1 diabetes present with at least one autoantibody, most 
commonly directed against glutamic acid decarboxylase (GADA), insulinoma 
antigen-2 or islet antigen-2 (IA-2A), insulin (IAA), or zinc transporter 8 (ZnT8A) 
[35, 36].  

Autoantibodies have been recognised since the 1970s, when islet cell antibodies 
were first described. Subsequent discoveries included IAA, GADA, IA-2A and, 
more recently, ZnT8A. Initially thought to be directly pathogenic, later 
histopathological studies demonstrated insulitis and highlighted the central role of 
T cells in β-cell destruction. Today, autoantibodies are primarily regarded as 
biomarkers of ongoing disease activity, with a central role in prediction studies and 
as a valuable diagnostic tool.  

Despite this, the role of autoantibodies in the pathogenesis of type 1 diabetes is not 
fully understood, and around 10% of patients present without detectable 
autoantibodies at diagnosis [35, 36]. Explanations for autoantibody negativity 
include the disappearance of previously present antibodies, antibody levels below 
detection thresholds, misclassification, or the involvement of not yet identified 
autoantibodies or other biomarkers [37]. Reversion of autoantibody positivity has 
also been reported, particularly in children with a single antibody, and is associated 
with lower risk compared to persistent positivity, though still higher than in those 
who never developed autoantibodies [38].  

Beyond their role as biomarkers of autoimmunity, autoantibodies also reflect 
disease heterogeneity and progression. Both the type and number of autoantibodies, 
especially when combined with age at first seroconversion, are strongly predictive 
of progression. This underlines their importance in defining heterogeneity prior to 
clinical diagnosis and justifies their inclusion in precision staging frameworks for 
type 1 diabetes. More recently, autoantibody profiles have been incorporated into 
risk scores alongside age and genetic background, further refining prediction [39]. 

Stages of type 1 diabetes 
The idea of different stages of type 1 diabetes, acknowledging that the disease 
process begins before clinical diagnosis and that onset is not always equal to clinical 
symptoms, emerged alongside the discovery of diabetes-associated autoantibodies 
and the spread of prediction studies. These studies demonstrated that the presence 
of two or more autoantibodies confers a very high risk of developing type 1 diabetes, 
with around 70% progressing within 10 years and more than 80-90% over a lifetime 
[34, 40]. In 2015, Insel et al. proposed a framework that has since formed the basis 
of staging. This describes a progression from stage 1, when two or more 
autoantibodies have appeared but blood glucose remains normal, to stage 2, when 
dysglycaemia is present but not usually clinically apparent, and finally to stage 3, 
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when symptoms develop and a diagnosis is made [41]. More recently, revisions to 
this model have been suggested, introducing subdivisions such as stage 2a/b and 
3a/b, although their definitions are not yet clearly established [42]. This staging 
system has become a key foundation for considering population-based screening 
programmes, identifying individuals at risk of developing the disease. 

 
Figure 7: The stages of type 1 diabetes. Reproduced with permission from Greenbaum et al. [43] © 
Springer Nature. Minor modifications made for stylistic consistency. 

Aetiology 
The aetiology of type 1 diabetes has been extensively studied, and although 
important insights have been gained, uncertainty remains regarding why the disease 
develops and why onset occurs at a particular time. Multiple risk factors and theories 
have been proposed, and while convincing evidence supports the role of several 
contributing factors, no single unifying explanation has been identified. Important 
pieces of the puzzle are still missing. In this section, I will present some of the 
current theories and established findings. 

Genetics 
The human leukocyte antigen (HLA) complex, located on the short arm of 
chromosome 6, represents the primary region of susceptibility for type 1 diabetes. 
It encodes the DR, DQ, and DP loci and has long been recognised as the main 
genetic contributor to disease risk [44, 45]. The highest risk is conferred by carrying 
the HLA-DR3-DQ2 or HLA-DR4-DQ8 haplotypes, either alone or in combination 
[46]. The role of HLA molecules is to present antigens to helper T cells and thereby 
stimulate the immune response [47].  
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There is increasing evidence that genome-wide association studies are a powerful 
approach for identifying genes involved in human diseases. The tag single-
nucleotide polymorphism (SNP) genotyping approach captures most of the genetic 
variation in the HLA region by using representative SNPs that serve as markers for 
nearby variants, offering a simpler alternative to classical HLA typing. To date, 
more than 40 SNPs outside of the HLA region have been associated with type 1 
diabetes, and over 69 SNPs with type 2 diabetes [48].  

Based on these findings, Oram et al. have developed a genetic risk score that 
integrates HLA-risk alleles, non-HLA genes, and 30 SNPs, enabling the prediction 
of children at high genetic risk of developing type 1 diabetes-associated 
autoantibodies – about 1 in 10 children identified by this risk score develop 
autoantibodies [49, 50]. This risk score has been applied both for screening children 
at risk and, in ambiguous cases, for distinguishing between type 1 and type 2 
diabetes [49, 51, 52]. 

Epigenetics refers to changes in gene expression without alterations in the DNA 
sequence itself. Epigenetic regulation provides a molecular link between genetic 
susceptibility and environmental exposures, shaping cellular phenotypes [53, 54]. 
Prolonged inflammatory stimuli can imprint epigenetic memory through 
methylation changes, amplifying immune responses and influencing disease onset 
and severity [55]. As an example of epigenetic influences and the modification of 
genetic risk, studies have shown that individuals who move from a low-incidence 
area to a high-incidence area have an increased risk of developing type 1 diabetes. 
This suggests that environmental exposures can interact with genetic predisposition 
to alter disease risk [56, 57]. 

Family history 
For decades, it has been recognised that family history plays a role in the 
development of diabetes. In general, a family history of diabetes increases the risk. 
Traditionally, the focus has been on type 1 diabetes being inherited within families 
with type 1 diabetes, type 2 diabetes within families with type 2 diabetes and MODY 
within families with MODY. More recently, evidence suggests an overlap, showing 
that children with type 1 diabetes are more likely to have parents or grandparents 
with type 2 diabetes compared to children without diabetes [58-62]. Studies of 
family history in patients with type 1 diabetes have found that both type 1 and type 
2 diabetes are more common among relatives of type 1 diabetes patients than in the 
general population [58, 60, 61]. However, it is important to note that most children 
who develop diabetes do not have a family history of the disease at all, which should 
be considered when assessing risk and targeting prevention efforts. One consistent 
finding is that children of mothers with type 1 diabetes have a lower risk than 
children of affected fathers [63]. 
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Hygiene hypothesis 
The hygiene hypothesis, first introduced by Strachan in 1989 in relation to allergic 
diseases, suggests that children in industrialised countries experience significantly 
fewer infections in early childhood than in the past, leading to less immune system 
training and a tendency for stronger immune reactions later [64]. The concept was 
later linked to diabetes by Kolb et al., discussing it as a possible explanation for the 
rise in incidence of type 1 diabetes [65], and viruses have been discussed as a 
contributor to this [56]. This aligns with studies showing that daycare attendance is 
a protective factor that decreases the risk of developing diabetes [66, 67].  

Over time, the hygiene hypothesis has been modified and expanded to incorporate 
factors from multiple biological levels, including the human microbiome [68, 69]. 

Viruses 
There are hypotheses that viral exposure, particularly to enterovirus, may play a role 
both in initiating the immune response leading to the destruction of the pancreatic 
β-cells, and also that they might be a part in the progression to clinical diabetes [70, 
71]. It has also been suggested that intrauterine viral exposure could contribute to 
this process [57, 72-75]. Some studies report that maternal enteroviral infection 
during pregnancy increases the risk of type 1 diabetes in the offspring [72, 76], but 
others have not confirmed this association [74, 75, 77]. Beyond the prenatal setting, 
enterovirus infections are more frequently observed in children who later develop 
type 1 diabetes [78].  

The COVID-19 pandemic brought new insights, as children infected with the virus 
were found to have a higher risk of developing autoimmunity [79, 80], and ongoing 
trials are investigating whether COVID-19 vaccination may help prevent or delay 
the onset of type 1 diabetes [81].  

Interestingly, certain viral exposures may even be protective and reduce the risk of 
islet autoimmunity [82, 83].  

Perinatal period 
The perinatal period has been widely discussed as an influential window for the risk 
of developing type 1 diabetes. Maternal respiratory infections and gastroenteritis 
during pregnancy have been identified as risk factors for type 1 diabetes in the 
offspring [84, 85]. Epigenetic modifications established early in life, including those 
triggered by maternal enteroviral infections, may create lasting vulnerabilities that 
increase later-life disease risk [54]. In addition, perinatal factors such as maternal 
obesity [86] and the child’s birthweight may contribute to the child’s risk of 
developing diabetes. The role of Caesarean delivery has been debated, and some 
studies show an increased risk of type 1 diabetes in the offspring [87, 88] while 
others do not [89].  
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Seasonality 
Studies have been conducted in several countries examining the association with 
birth month and seasonality. These show that in high-incidence areas, such as 
Finland, Sweden and Sardinia, there is a clear difference in the distribution of birth 
months among individuals with type 1 diabetes compared with the background 
population [90-94]. However, in low-incidence countries, such as Japan and China, 
no clear differences have been observed [95, 96].  

The finding that people with type 1 diabetes are more often born during certain times 
of the year compared with the background population supports the hypothesis that 
viral infections play a role as a trigger for the autoimmune process [91, 97]. Similar 
patterns have been reported for other autoimmune diseases, such as inflammatory 
bowel disease, celiac disease, and multiple sclerosis, which also show seasonal 
variation similar to that observed in type 1 diabetes [98-100].  

Seasonal variation has also been observed for disease diagnosis and clinical onset, 
with diagnosis being more common during the colder months. This is thought to be 
related to the higher frequency of infections during this period, with the stress of an 
infection potentially tipping pre-existing dysglycaemia into overt diabetes [101]. 

Overweight & obesity  
The acceleration hypothesis proposes a link between type 1 and type 2 diabetes, 
suggesting that the rising incidence of type 1 diabetes may partly be explained by 
the parallel rise in overweight and obesity among children. According to this model, 
three accelerators drive disease progression: the intrinsic rate of β-cell loss, insulin 
resistance (associated with obesity, rapid growth, and puberty) and, specific to type 
1 diabetes, the autoimmune attack [102, 103]. The TEDDY study has shown that 
faster growth and higher BMI in children are associated with earlier seroconversion 
to autoantibody positivity and a more rapid progression to type 1 diabetes [104, 
105].  

Other environmental factors 
In addition to the environmental factors mentioned above, a range of other potential 
contributors to the development of type 1 diabetes have been discussed, including 
gluten, cow’s milk, vitamin D, and the human microbiome. Apart from 
breastfeeding during infancy, which appears to have a protective effect, the findings 
from these studies have been largely inconsistent and inconclusive [57]. The role of 
the gut microbiota has also received attention, with evidence suggesting that 
dysbiosis may play a role in the development of type 1 diabetes [54, 106, 107].  

Recently, results from the large, long-running TEDDY (The Environmental 
Determinants of Diabetes in the Young) study were published, providing new 
insights into both protective and risk factors for the development of type 1 diabetes. 
They found that persistent viral infections, particularly with enterovirus B, are 
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thought to play a role in triggering islet autoimmunity. Beyond viral exposure, a 
range of nutritional and metabolic factors may influence disease progression in 
genetically susceptible children. Protective factors that have been suggested include 
adequate levels of vitamin D, vitamin C, n-3 fatty acids, probiotics, and regular 
physical activity. In contrast, excessive weight gain and high protein intake have 
been linked to accelerated progression toward clinical diabetes, while psychosocial 
stress may also contribute, although the underlying mechanisms remain unclear 
[108]. See Figure 8. 

 

Figure 8: Risk factors and protective factors for type 1 diabetes from TEDDY (The Environmental 
Determinants of Diabetes in the Young) study. Reproduced with permission from Rewers et al. [108]. © 
2025 John Wiley & Sons. 

Sardinia 
Sardinia represents a unique epidemiological setting and is often described as a 
‘natural laboratory’ for type 1 diabetes. As a relatively isolated island population 
with limited genetic variability and more easily controlled environmental factors, 
Sardinia offers particular insights. The incidence of type 1 diabetes in Sardinia has 
long been among the highest in the world, second only to Finland. Studies suggest 
that Mycobacterium avium paratuberculosis infections, high levels of heavy metals, 
and common viral exposures contribute to the island’s exceptionally high incidence, 
supporting the idea that multiple interacting environmental agents contribute to 
disease risk [109]. 
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Clinical presentation  
The typical symptoms of type 1 diabetes at diagnosis in children are polydipsia, 
polyuria, weight loss, and fatigue, with additional potential symptoms including 
blurry vision, enuresis, mood changes or irritability and abdominal pain. 
Characteristic clinical findings include elevated blood glucose and HbA1c, often 
accompanied by weight loss. Boys are generally diagnosed at a younger age and 
with lower HbA1c levels, and the disease is more common among boys, especially 
after puberty [110]. A serious complication of clinical onset is diabetic ketoacidosis 
(DKA), the risk of which increases with delayed diagnosis.  

Management 
Treatment 
There is currently no curative treatment for type 1 diabetes. While this is true for 
most autoimmune diseases, many have seen the development of disease-modifying 
therapies, such as biologics and immunomodulators, that can alter the disease 
course. In contrast, replacement of the missing insulin with exogenous insulin 
remains the only established therapy for type 1 diabetes. Insulin can be delivered 
through multiple daily injections or via pumps, most often sensor-augmented and 
including hybrid closed-loop systems, so-called ‘smart pumps’ [111]. Over recent 
decades, treatment has been further enhanced by the development of continuous 
glucose monitoring (CGM) systems [112], which measure interstitial glucose levels 
and reduce the need for frequent finger-prick testing. 

Additional treatments include glucagon for the management of acute 
hypoglycaemia. For individuals with signs of insulin resistance or a double 
diagnosis, adjunctive therapies such as metformin or GLP-1 receptor agonists may 
be considered in certain cases [113]. 

Teplizumab, recently approved in the US, can be offered to individuals at risk 
(genetic predisposition and two or more autoantibodies at screening) to delay the 
onset of type 1 diabetes by up to two years [114, 115]. 

Pancreas transplantation is an option for some patients but requires lifelong 
immunosuppressive therapy, which carries significant risks. On the research horizon 
are novel approaches using genetically modified allogeneic donor islet cells 
designed to evade immune detection, thereby eliminating the need for 
immunosuppression. A recent breakthrough demonstrated that such transplanted 
insulin-producing cells can survive and function for at least three months in a person 
with type 1 diabetes without the need for anti-rejection medication [116]. This 
marks the first successful proof of concept for this approach and represents an 
important step forward in cell-based treatment research. 
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Glucose control & complications 
Glycaemic management is central to diabetes management. It influences daily well-
being, guides the evaluation of treatment effectiveness, and is critical for long-term 
outcomes, including the risk of developing diabetes-related complications. The 
standard measure of glycaemic management is glycated haemoglobin (HbA1c), 
which reflects the proportion of haemoglobin molecules bound to glucose and 
provides an estimate of average blood glucose levels over the preceding 2-3 months. 
HbA1c is associated with diabetes-related complications, with higher levels 
increasing the risk of microvascular complications and intensive treatment delaying 
the onset of long-term complications [117]. The greatest morbidity related to type 1 
diabetes is due to chronic microvascular complications, including retinopathy, 
nephropathy, and neuropathy [117, 118]. Importantly, this is already relevant early 
after diagnosis and in adolescence, as it has been shown that early poor metabolic 
management and higher HbA1c is associated with a higher HbA1c later and also 
with earlier development of complications such as microalbuminuria and 
retinopathy [119]. Years of poor glycaemic management in adolescents confer 
elevated risk even if improved later [120]. 

 

Figure 9: Distribution of HbA1c over time among children with type 1 diabetes at paediatric diabetes 
clinics in Sweden, expressed in mmol/mol. Andel = proportion (%). Source: National Diabetes Register 
(NDR), Annual Report 2024 Results [33].  
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Diabetes duration and prolonged hyperglycaemia are the main risk factors for late 
complications in children with type 1 diabetes. Although some studies suggest that 
diabetes duration itself – independent of glycaemic management – acts as a risk 
factor for complications [121, 122], these findings can be difficult to interpret 
because glycaemic management and treatment outcomes have improved 
considerably over the years, making it challenging to fully adjust for historical 
differences in management when assessing risk. 

While persistent hyperglycaemia is the main driver of complications, additional 
contributing factors have been identified. Several studies suggest that genetic 
predisposition may play a role [123-127], with specific HLA alleles conferring 
either increased risk or protection [124]. Overweight and obesity have also been 
linked to increased risk of complications [128]. Socioeconomic factors are also 
significant, with higher levels of maternal education and household income being 
associated with lower HbA1c levels [129]. 

Over time, as treatment and technology have advanced and enabled more precise 
diabetes management, overall glucose and HbA1c levels have shown a decline. In 
Sweden, the target HbA1c has been set at <48 mmol/mol since 2017, whereas in the 
US, the recommended target remains <53 mmol/mol [14].  

In parallel, increasing collaboration among diabetes teams across Sweden, the use 
of quality registers, and lowering of national HbA1c goals have raised awareness of 
risks and contributed to systematic improvements. Together, these developments, 
mirrored by international advances, have led to improved glucose management in 
Sweden and worldwide over recent decades [130]. Sweden stands out for its 
excellent glycaemic management and lower incidence of severe hypoglycaemias 
compared to other high-income countries [131, 132]. The use of CGMs in Sweden 
is widespread, and over 90% of children with type 1 diabetes have some sort of 
sensor [33, 133]. 

A large international study reported a decline in mean HbA1c among children with 
type 1 diabetes between 2013 and 2022, from 66.5 to 59.4 mmol/mol, accompanied 
by reductions in both hypoglycaemia and diabetic ketoacidosis (130). In Sweden, 
mean HbA1c levels in children under 7 years decreased from 58 to 50 mmol/mol 
between 2008 and 2018 (115). Data from the NDR shows that the mean HbA1c 
among Swedish children has decreased from 64.4 in 2008 to 51.9 in 2024 [33, 134]. 
See Figure 10.  
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Figure 10: Mean HbA1c over time (2000–2024) among children with type 1 diabetes in Sweden, 
expressed in mmol/mol. Source: National Diabetes Register (NDR), Adapted from Annual Report 2024 
Results [33] and Annual Report 2012 [134].  

Acute complications 
The main acute adverse events in diabetes are hypoglycaemia and diabetic 
ketoacidosis (DKA). DKA is a life-threatening condition that develops when there 
is an absolute or relative deficiency of insulin, which may occur due to poor 
treatment adherence, technical problems, or other factors. It can present at diagnosis 
but may also arise later in the course of the disease. In Sweden, 27% of children 
with type 1 diabetes present with DKA at diagnosis, but among those under 2 years 
of age the rate is as high as 55% [33]. Globally, the frequency of DKA varies widely, 
reaching up to 70% in some settings [135].  

Hypoglycaemia, on the other hand, results from excess insulin relative to 
physiological needs and is a common day-to-day challenge for people living with 
diabetes. Severe episodes can lead to seizures or loss of consciousness, and recurrent 
hypoglycaemia has been associated with an increased risk of cognitive impairment. 
Beyond the physical risks, fear of hypoglycaemia greatly affects quality of life; 
many patients, particularly adolescents, adopt strategies to avoid it, which may 
contribute to higher HbA1c levels and overall suboptimal glucose control. 

Living with type 1 diabetes 
Living with a chronic disease such as type 1 diabetes is demanding, requiring constant 
attention and daily self-management. These challenges become particularly evident 
during the teenage years, a complex and challenging period already marked by 
continuous physical and psychological change. To face this while also managing 
diabetes, which limits independence and makes a young person stand out among 
peers, adds an extra layer of difficulty that should not be underestimated. 

Beyond age-related challenges, social and economic circumstances also influence 
outcomes. In Sweden, diabetes care, medications, and technical aids are provided 
free of charge. However, even with universal and free healthcare, children from 
families with lower socioeconomic status have poorer glycaemic outcomes [136] 
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and a higher risk of cardiovascular disease [137]. In other parts of the world where 
healthcare is not readily available or affordable, the burden is even greater, 
regardless of the structure of the healthcare system.  

A considerable proportion of children and adolescents with type 1 diabetes also 
experience what has been termed diabetes distress. Hislop et al. report that one-third 
of young adults experience such stress [138], and Gillani et al. describe a higher 
prevalence in women [139]. Distress can be amplified by healthcare encounters, 
where the pressure to achieve perfect glucose values may unintentionally reinforce 
feelings of inadequacy. Although diabetes distress is clearly associated with poorer 
metabolic outcomes, it remains unclear whether it also increases the risk of long-
term complications [140]. 

While new technologies such as insulin pumps and CGMs have improved diabetes 
management and outcomes, they can also bring new forms of stress, with constant 
data and higher expectations for near-perfect management. Much of this is linked to 
self-esteem and the feeling of being ‘good’ or ‘bad’ at clinic visits. Socioeconomic 
disadvantage often adds to these challenges, as limited access to healthy foods and 
higher rates of obesity can contribute to poorer glycaemic management, greater 
distress, and a vicious cycle of worsening outcomes. 

Parental distress is also a concern. It is associated with an increased risk of 
depression in both parents and children and with higher HbA1c levels in the child, 
as well as more family conflicts and reduced quality of life among parents [141]. 

A recent Swedish study showed that the parental income of children with type 1 
diabetes is negatively affected for both parents, with a greater impact on mothers, 
and most pronounced when the child was diagnosed before the age of 6 [142]. 

Heterogeneity in diabetes 
Type 1 diabetes is a multifactorial disease influenced by both genetic and 
environmental factors. Risk appears to be shaped by the contribution of multiple 
genes in combination with a variety of environmental exposures.  

Several frameworks have been proposed to explain the heterogeneity observed 
within and between diabetes types, including the palette model, the threshold 
hypothesis [143] and, more recently, the concept of endotypes. Endotypes refer to 
distinct subtypes defined by underlying disease mechanisms – for example, more 
aggressive immune responses and rapid β-cell loss in children diagnosed at younger 
ages compared with slower progression and different autoantibody profiles in those 
diagnosed later [144-147]. Although promising, this remains a developing field that 
requires further refinement before it can reliably guide clinical care [144, 146]. In 
parallel, a Swedish data-driven cluster analysis proposed a reclassification of adult-
onset diabetes, mainly type 2 diabetes, based on its heterogeneity, with the aim of 
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identifying distinct risk profiles for complications [148]. Together, these approaches 
highlight overlapping mechanisms and may provide a basis for more precise and 
individualised treatment strategies. Together, these approaches highlight 
overlapping mechanisms and may provide a basis for more precise and 
individualised treatment strategies. 

Over time, the population of children with type 1 diabetes has become increasingly 
diverse, as environmental factors play a greater role [149]. One example is the shift 
in HLA genotypes over time, compared with 30-50 years ago. Children diagnosed 
today are less likely to carry the highest-risk genotypes, while low- and moderate-
risk genotypes have become more common, particularly among those diagnosed at 
older ages [150-152]. The rising incidence of type 1 diabetes, together with the 
growing proportion of lower-risk genotypes and differences in risk in people 
migrating from low-risk to high-risk countries, highlights the importance of 
environmental contributions [153].  

Several studies have described factors that explain the heterogeneity in the 
paediatric type 1 diabetes population, including age at onset, HLA genotype, 
residual β-cell function, and autoantibody patterns [61, 145, 154-159]. The diversity 
of the disease is further reflected in differences in autoantibody patterns, which vary 
by sex [154, 156] and by age at onset [145, 160]. 

Other contributors to heterogeneity have also been described. Seasonality is one 
such example: some HLA types show pronounced seasonal patterns, others display 
age-dependent variation [161], and regional differences have been reported [101]. 
Interestingly, the distribution of diagnoses shifted during the COVID-19 pandemic, 
with more cases in summer and autumn instead of the usual winter peak [162].  

Another example is that overweight and obesity might play a role, as children with 
a low-risk HLA genotype are more likely to present with higher BMI at diagnosis 
[163], and increasing BMI has been associated with a higher risk of islet immunity 
and type 1 diabetes [164]. 

Longitudinal studies of children at increased genetic risk have added further nuance. 
The TEDDY study has shown that the identity of the first appearing autoantibody –  
IAA or GADA – is associated with the underlying HLA genotype, and that 
predictors and rates of progression vary according to the first-appearing 
autoantibody [157]. Young age at seroconversion predicted progression both to 
multiple autoantibodies and from autoantibodies to diabetes, except in children 
whose first autoantibody was GADA. A family history of type 1 diabetes and 
carrying the HLA-DR4 allele were associated with progression to multiple 
autoantibodies but not to diabetes. While sex did not influence the development of 
multiple autoantibodies, females progressed faster from multiple autoantibodies to 
clinical diabetes [165]. Viral exposure early in life may also trigger β-cell 
destruction [57, 72-75], and maternal respiratory or gastrointestinal infections 
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during pregnancy have been identified as risk factors for type 1 diabetes in the 
offspring [84, 85].  

Finally, heterogeneity extends to complications. Genetic differences appear to 
influence complication risk, and younger children have been shown to have a lower 
likelihood of developing microalbuminuria [166].  

Taken together, these findings suggest that the paediatric type 1 diabetes population 
has become increasingly diverse, with environmental factors playing a greater role. 
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Aims 

The overall aim of the thesis is to gain a better understanding of the heterogeneity 
among Swedish children with type 1 diabetes and to identify potential subgroups, 
using data from the Swedish BDD Cohort, which comprises children born between 
2005 and 2010. 

Specific aims:  

- Does the month of birth influence the risk of type 1 diabetes? (Paper I) 

- Can patterns be found between the month of birth, age at diagnosis, sex, 
HLA-type and type of autoantibody at diagnosis? (Paper I) 

- What is the prevalence of parental diabetes among children with and 
without type 1 diabetes? (Paper II) 

- Are there any clinical differences at diagnosis of type 1 diabetes dependent 
on family history? (Paper II) 

- Do clinical characteristics differ at type 1 diabetes diagnosis between 
children with or without autoantibodies? (Paper III) 

- Is a family history of diabetes associated with differences in HbA1c and 
BMI levels at follow-up? (Paper IV) 
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Materials and methods 

In Sweden, all children diagnosed with any type of diabetes are referred to paediatric 
diabetes teams and clinically classified at diagnosis according to the American 
Diabetes Association (ADA) criteria [167], with a re-evaluation of diagnosis at 
follow-up. They are subsequently registered and followed in the National Diabetes 
Register (NDR) [168].  

Healthcare in Sweden is subsidised by the government, and all care related to 
diabetes, such as hospital visits, insulin and even insulin pumps and continuous 
glucose monitors (CGMs), is free of charge to the paediatric patients. This provides 
a unique opportunity to study the entire population without exclusions, unlike 
studies limited to specific regions, hospitals, racial or age groups, or different 
socioeconomic groups. However, despite equal access to healthcare, families still 
differ in their approach and capabilities to support their children in managing this 
chronic disease, indicating that these differences cannot be attributed to lack of care.  

Population 
All the papers in this thesis are based on cohorts consisting of children from the 
Better Diabetes Diagnosis (BDD) study.  

From May 2005 until December 2010, 4,088 patients were diagnosed with diabetes 
and included in the BDD study. After exclusions (see statistical analysis section), 
the cohort comprised 3,647 children who were clinically classified as having type 1 
diabetes.  

This cohort has been extensively tested for the common MODY variants (GCK, 
HNF1A, and HNF4A) according to Carlsson et al. [169]. This was one of the 
reasons we have limited our analysis to this earlier period, when more 
comprehensive clinical follow-up and genetic testing were available.  

Overall, the same cohort was used across the papers in the thesis (except for parts 
of Paper 1 that used a larger cohort), but variations in data handling – such as 
exclusions, missing data, and differences in the variables used and analysed – led to 
some differences in the final study populations. For details on this, see the Statistical 
Analysis Section and Figure 11.  
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Paper I: We analysed 8,641 children diagnosed between 2005 and 2016 to examine 
month of birth, sex, and age, and a subset of 3,647 children diagnosed between 2005 
and 2010 to compare antibody and HLA profiles. 

Paper II: We compared the BDD cohort with children without type 1 diabetes from 
the ETICS study, restricting the analysis to BDD children aged 11-13 years and to 
first-generation family history of diabetes, to ensure comparability for age and 
period of birth. We then stratified the children by family history (first and second 
generation) and compared the clinical characteristics at diagnosis. 

Paper III: We analysed 2,753 children diagnosed between 2005 and 2010, stratified 
by autoantibody positivity versus negativity, and compared clinical characteristics 
at diagnosis. 

Paper IV: We analysed 3,329 children diagnosed between 2005 and 2010, stratified 
by family history, and compared HbA1c and BMI at diagnosis and follow-up after 
1, 2, 5, and 10 years of diabetes duration. Data from NDR were linked with data 
from the BDD study. 

Data sources 
BDD 
Background 
The Better Diabetes Diagnosis (BDD) study is a nationwide, population-based study 
of paediatric diabetes in children aged 0 to 18 years at diagnosis. It was started in 
May 2005 and is ongoing, and currently holds information on more than 16,000 
children and adolescents. The main aim of the study is to facilitate a more precise 
classification of diabetes and to increase the understanding of factors contributing 
to the development and increased incidence of diabetes in children and adolescents, 
primarily by focusing on genetic risks and clinical phenotypes [170].  

The BDD study is divided into two phases, BDD1 and BDD2. BDD1, conducted 
between 2005 and 2010, corresponds to the cohort included in Papers II-IV, during 
which 40 of the 42 paediatric diabetes clinics in Sweden participated.  

As a result of the BDD study, analyses performed in the BDD1 study, such as HLA 
genotyping, autoantibody measurement, and C-peptide assessment, demonstrated 
significant value in improving the accuracy of diabetes classification in children and 
adolescents. Based on these results, in December 2010, the National Diabetes 
Society in Sweden recommended incorporating several of these analyses into 
routine clinical practice for newly diagnosed patients.  
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Accordingly, BDD2 was launched in 2011 with full nationwide participation (all 
clinics, with >99% of patients agreeing to take part [170]) and slightly modified 
protocols; only GADA and IA-2A are analysed initially (further autoantibodies 
tested if negative), and HLA typing is simplified to the the detection of the DQ2 
and DQ8 alleles. 

The BDD setting 
At the time of diagnosis of diabetes, blood samples are collected along with 
information on clinical characteristics, family history of diabetes and other 
autoimmune diseases. Blood samples are also collected in a research setting and are 
kept in a biobank for potential later analysis, but no further tests are required from 
the patient.  

All children are initially classified by experienced diabetes care teams using a 
combination of clinical features (e.g., age at onset, HbA1c, BMI, presence of DKA), 
autoantibodies, C-peptide, and HLA typing. Those children who are autoantibody-
negative undergo further clinical and/or genetic evaluation to rule out MODY and 
type 2 diabetes. Diagnoses should be re-evaluated after one year as part of standard 
clinical follow-up. 

Other data sources 
ETICS 
The ETICS study (Exploring the Iceberg of Celiacs in Sweden) is a cross-sectional 
study of healthy Swedish 12-year-olds in two cohorts, born in 1993 and 1997 (total 
n=11,050). The children were asked about parental (first-degree) family history for 
type 1 and type 2 diabetes when screened for celiac disease [171].  

In Paper II, this cohort was used as a reference group for comparison of the family 
history of diabetes to individuals from the general population.  

National Diabetes Register  
The National Diabetes Register (Nationella Diabetes Registret, NDR) is the 
Swedish national diabetes register (formerly Swediabkids), which holds data from 
all the Swedish paediatric diabetes clinics that have been registered since 2000. 
NDR also holds data on more than 90% of adult patients with type 1 diabetes in 
Sweden since 1996. It was introduced to gather data on clinical characteristics and 
risk factors for late complications in patients with diabetes. The register has the 
status of a national quality registry, and the patients are informed about the register 
before agreeing to inclusion [130].  

According to the Swedish guidelines, children with diabetes visit a diabetes centre 
at least four times per year. At these visits, HbA1c and other clinical parameters 
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such as type of treatment, insulin dose, physical activity, weight and height are 
measured and reported online to the register by trained nurses or physicians. 

Statistics Sweden 
Statistics Sweden (Statistiska Centralbyrån) is a government agency responsible for 
official population-based statistics and for coordinating the system for official 
statistics in Sweden. 

Data on the distribution of birth months for the general population were retrieved 
from Statistics Sweden. Comparisons between individuals in the BDD cohort and 
individuals from the general population were made, covering all births between 
1987 and 2015. The average number of births was 105,214 yearly, with a range from 
88,173 to 123,985.  

Variables 
Age  
Age was calculated on the basis of date of diagnosis and birth date.  

In Paper I, participants were grouped into two categories: under 5 years and 5 years 
and older. This approach was chosen to isolate the youngest children as a distinct 
subgroup and to evaluate the influence of birth month on the risk of developing type 
1 diabetes.  

For Papers II and III, the cohort was stratified into three age groups: 0-6 years, 6-12 
years, and 12-18 years. This approach allowed for a clearer separation between 
younger children and adolescents while also avoiding the creation of too many 
subgroups with limited sample sizes. The most diverse group was the 6-12 years, 
encompassing both children still in early childhood and those entering prepuberty 
and puberty. Studying different age groups is particularly relevant given the recent 
increase in type 1 diabetes among younger children, indicating that there are distinct 
or specific risk factors for this subgroup.  

Sex 
In all papers, I examined sex differences and subgroups. Although such differences 
have been shown previously, I was surprised by how often they are overlooked in 
studies exploring the heterogeneity in type 1 diabetes. In this cohort, sex differences 
have also been reported [35]. While not the primary focus of my analyses, exploring 
sex-specific patterns remains relevant for identifying meaningful subgroups. In this 
thesis, I have aimed to balance this interest with the need to maintain analytical 
clarity, avoiding an excessive number of subgroup analyses that could complicate 
interpretation and increase the risk of type I errors due to multiple comparisons.  
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Family history 
In the BDD study, information on family history was collected and recorded at 
diagnosis by a diabetes nurse or physician. Inquiries about first-degree (parents) and 
second-degree (maternal and paternal grandparents) relatives regarding diabetes of 
different types, cardiovascular diseases, and other autoimmune diseases were made.  

For Papers II and IV, family history among both parents and grandparents was 
considered, and the cohort was categorised into four groups: only type 1 diabetes, 
only type 2 diabetes, both type 1 and type 2 diabetes, or no family history of 
diabetes.  

This broader approach was chosen to increase the number of children classified with 
a family history of type 2, since family history was a key variable in these papers. 
As information was recorded at the time of the child’s diagnosis, when the child is 
still young, the parents are also young, typically in their 30s or 40s, and therefore 
less likely to have developed type 2 diabetes, even if prone to do so.  

For Paper III, only parental family history was assessed: children were classified as 
having a parental history of type 1 diabetes if at least one parent was affected; 
otherwise, they were considered to have no parental history, with the same 
classification applied for type 2 diabetes. In this study, however, family history was 
not a central variable.  

Month of birth 
From the BDD study, we collected data on the date of birth, from which we 
extracted the month of birth and later season of birth.  

There are limitations in comparing month of birth as a risk factor for type 1 diabetes 
because it is a narrow measurement that does not consider whether a child is born 
prematurely and because being born on the last day of one month or the first of the 
next can affect the outcome, so we also compared seasons of birth by categorising 
birth months into seasons as December–February, March–May, June–August, and 
September–November and into warm or cold periods as April–September and 
October–March to capture larger periods. 

Autoantibodies 
Blood samples for autoantibody analysis were collected on the first or second day 
after diagnosis, in most cases before the first dose of insulin was given. Analyses 
were performed at the Clinical Research Centre, Skåne University Hospital, Malmö. 
For the 4,088 children diagnosed with type 1 diabetes during the years 2005-2010, 
the GADA, IAA, IA2A, and ZnT8RA, ZnT8WA, and ZnT8WQA autoantibodies 
were analysed. The cut-off points for positive values (not including the threshold 
values) were IAA ≥1.0 U/ml, GADA ≥50 U/ml, IA2A >10 U/ml, ZnT8WA >75 
U/ml, ZnT8RA >75 U/ml, and ZnT8WQA >100 U/ml. A detailed description of the 
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antibody analyses has been described previously [170]. The autoantibodies were all 
analysed by in-house radioimmunoassays [172, 173]. 

For Papers I and II, the autoantibodies were considered individually and were 
treated as separate variables. A child was considered positive for a given 
autoantibody if the level was above the positive cutoff, and negative if below 
(including the threshold value).  

For Paper III, the children were classified as autoantibody positive if they were 
positive for at least one of the six autoantibodies and negative otherwise. A sub-
analysis comprised 3 comparisons: (1) autoantibody-negative vs single 
autoantibody (single as reference), (2) autoantibody-negative vs multiple 
autoantibodies (multiple as reference), and (3) single autoantibody vs. multiple 
autoantibodies (multiple as reference). 

BMI 
Data on weight and height, measured at a mean duration of three months post-
diagnosis, were collected from NDR, and body mass index (BMI) was calculated 
and measured in kg/m2.  

In Paper II, we examined the outcome using relative risk, applying ISO-BMI to 
categorise children as normal weight, overweight, or obese, based on age-adjusted 
values for those over two years of age [174]. The results were presented as relative 
risks for overweight or obesity. 

In Paper III, in order to account for age- and sex-related variations in BMI, we used 
the BMI standard deviation scores (BMI-SDS), computed using Swedish reference 
values [175]. Overweight and obesity were defined as >+1 SDS and >+2 SDS, 
respectively, following established paediatric criteria [174].  

In Paper IV, BMI was assessed both as a continuous measure (raw BMI) and as a 
categorical variable (normal weight vs. overweight/obese) at diagnosis (baseline) 
and after 1, 2, 5, and 10 years of follow-up. For the categorical variable, age- and 
sex-standardised BMI-SDS values were calculated for children (<18 years) using 
Swedish reference data [175], as above. For participants aged ≥18 years during 
follow-up, adult BMI cut-offs (25 and 30 kg/m²) were applied. These measures were 
combined to classify participants as normal-weight or overweight/obese. Using both 
continuous and categorical BMI approaches ensured that differences were captured 
across the full cohort while also allowing evaluation against clinically relevant cut-
offs. 

HLA 
The determination of HLA-DQA1 and HLA-DQB1 has been previously described 
[173, 176]. The HLA genotypes were classified into risk groups according to the 
specific aim of each paper. See Table 1. 
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In Paper I, the HLA genotypes were classified into three risk groups: high risk 
(DQ2–DQ8, DQ8–DQ8, and DQ2–DQ2), medium risk (DQ8–DQX), and low risk 
(DQ2–DQX), where X indicates all alleles other than DQ2 or DQ8. For some 
analyses, genotypes were further dichotomised into high risk and not high risk, with 
the latter including both medium- and low-risk groups. 

In Papers II–IV, HLA genotypes were first grouped as follows: (1) HLA-DQ2/DQ8, 
(2) HLA-DQ8/X (where X ≠ 2), (3) HLA-DQ2/X (where X ≠ 8), and (4) HLA-
DQX/X (where X ≠ 2 or 8) [172]. For analyses, these were further classified into 
two categories: high risk, defined by the presence of HLA-DQ2/DQ8, and lower 
risk, comprising all other genotypes [62]. 

Table 1: HLA classification used in the papers. 
Papers Original 

Grouping 
Risk Group Definition Dichotomised 

Group 
I Three groups High risk HLA-DQ2/DQ8, DQ8/DQ8, 

DQ2/DQ2 
High risk 

  Medium risk HLA-DQ8/DQX (X ≠ 2 or 8) Not high risk 

  Lower risk DQ2/DQX (X ≠ 8) Not high risk 

II-IV Four groups 1 HLA-DQ2/DQ8 High risk 

  2 HLA-DQ8/X (X ≠ 2) Not high risk 

  3 HLA-DQ2/X (X ≠ 8) Not high risk 

  4 HLA-DQX/X (X ≠ 2 or 8) Not high risk 

HbA1c  
HbA1c was analysed at different hospitals according to different laboratory methods. 
These are quality assured through Equalis (External Quality Assurance in Laboratory 
Medicine in Sweden), which makes it possible to compare HbA1c values across 
different clinics [177]. HbA1c is presented as International Federation of Clinical 
Chemistry and Laboratory Medicine (IFCC) units (mmol/mol), and as a percentage 
according to the National Glycohaemoglobin Standardisation Program (NGSP). 

C-peptide 
Serum c-peptide levels were determined at clinical diagnosis before insulin 
treatment was started, using a non-fasting blood sample. Analyses of c-peptide were 
performed for all included patients at Linköping University in Sweden, as described 
previously [170]. 

Diabetic ketoacidosis  
The pH value at diagnosis was used to identify diabetic ketoacidosis (DKA), defined 
as venous pH<7.30 combined with hyperglycaemia, according to ISPAD guidelines 
[135]. 
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Statistical analysis 
Calculations and statistical analyses were performed using SPSS Version 25.0-29.0 
(IBM Inc., Armonk, NY, USA) and Microsoft Excel. A p-value of less than 0.05 
was generally considered statistically significant.  

Paper I 
Month of birth was analysed by comparing children in the BDD cohort with the 
general population, both overall and stratified by sex and by age at diagnosis (<5 
years or >5 years). This was performed by comparing observed values, the BDD 
data, to expected values calculated from the birth distribution in the general 
population, using chi-square tests. Each month was compared with all other months, 
followed by comparisons across seasons and between the warm and cold periods of 
the year.  

For the autoantibody and HLA analyses, comparison with the general population 
was not possible due to the lack of available data on these variables. Instead, for 
autoantibodies, we compared the presence at diagnosis in each birth month with all 
other months within the same group, using a chi-square test. For HLA, we compared 
the frequency of high-risk genotypes with other genotype groups across different 
birth months, stratifying the analysis by age at diagnosis and sex. 

We considered multiple comparisons according to Bonferroni by adjusting the alpha 
level to 0.004 to compensate for the 12 months of comparison. 

Paper II 
For Paper II, we used relative risk, with a 95% confidence interval (RR, 95% CI), 
to compare family history for children with and without type 1 diabetes using the 
reference group from the ETICS study.  

Relative risk was also used for analyses of autoantibodies, DKA and overweight or 
obesity at diagnosis of type 1 diabetes, comparing children with a family history of 
diabetes to those without. Three different age groups were used to minimise age-
related effects: 0-5.99 years, 6-11.99 years, and 12-17.99 years. 

We used analysis of variance (ANOVA) to compare mean age at diagnosis, and the 
Kruskal-Wallis test for comparisons of HbA1c between different family history 
groups and age groups. Bonferroni correction for multiple testing was used for both 
tests.  

We used chi-square tests to compare HLA genotypes in the different family history 
groups and the prevalence of diabetes among parents and grandparents.  
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Paper III 
To explore the differences between the children with and without autoantibodies, 
we used t-tests for the continuous variables (age at diagnosis, c-peptide, BMI, 
HbA1c), and chi-square tests for the binary variables (sex, DKA, HLA-risk group, 
parental history of type 1 and type 2 diabetes).  

We used logistic regression to examine the association between autoantibody status 
and the variables of interest, with sex as the main predictor. In Model 1, we adjusted 
for age at diagnosis, BMI, HbA1c, c-peptide, HLA, and DKA, while in Model 2, 
we additionally adjusted for parental history of type 1 and type 2 diabetes.  

Paper IV 
We compared HbA1c and BMI at 1, 2, 5, and 10 years after type 1 diabetes diagnosis 
across four family‐history groups. We used repeated‐measures ANOVA to evaluate 
(1) overall temporal trends, (2) mean values across all visits, and (3) point‐specific 
differences at each time point. 

Analyses were conducted crude (unadjusted), adjusted for each covariate 
individually, and fully adjusted using all covariates.  

BMI was analysed both as a continuous variable (raw BMI, repeated-measures 
ANOVA) and as a categorical variable (normal weight vs. overweight/obese). We 
used chi-square tests and odds ratios (ORs) with 95% confidence intervals (CIs) to 
compare family history groups at each time point, and Cochran’s Q test to assess 
within-group changes over time. 

A Bonferroni correction was used to adjust for multiple comparisons. 
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Missing data & exclusions 
In the period 2005-2010, 4,088 children were diagnosed with diabetes and included 
in the BDD study. Patients with other types of diabetes than type 1 were excluded 
in these papers, as well as those who no longer participated and patients with 
incomplete data. For details on this, see Figure 11.  

Paper I: Complete data on month of birth, age at diagnosis, sex, and autoantibodies 
were available for 3,647 children. 

Paper II: Exclusion of 44 children with more than two missing variables resulted 
in a final sample of 3,603 children. Sensitivity analyses in those with partial missing 
data yielded results similar to the main cohort. 

Paper III: Exclusion of 894 patients with incomplete data resulted in a final sample 
of 2,753 children. 

Paper IV: Exclusions due to missing data were 321 for the HbA1c analyses and 
703 for the BMI analyses, leaving final analytic samples of 2,626 and 3,008 
children, respectively. 

Figure 11: Flowchart illustrating participant selection before study initiation and during data preparation 
for Papers I-IV. 
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Ethical considerations 

This thesis is based on data from the BDD study, including background variables 
such as family history of diabetes and weight and height of children and parents, as 
well as parameters characterising the diabetes onset, such as presenting symptoms, 
laboratory results, and stored blood samples that allow for future analyses.  

All participants – or, in the case of minors, their legal guardians – have provided 
informed consent to participate in the study. Initially, the blood samples were 
obtained solely for research purposes; however, most of these laboratory tests are 
now incorporated into routine clinical practice. Consequently, the existing ethics 
approval governs only the use of these samples and associated data for research, 
rather than the act of obtaining the samples themselves. The BDD study exclusively 
captures data related to the time of diagnosis and baseline characteristics; no follow‐
up data are added to this registry. Instead, longitudinal information is collected in a 
separate system known as the National Diabetes Register (NDR).  

In most cases, informed consent was obtained in the paediatric emergency 
department at the time of initial blood sampling. This practice may raise ethical 
questions regarding (1) ensuring that families are fully informed and (2) verifying 
that consent is genuinely voluntary. When a child arrives and is identified as eligible 
for the study, it is often immediately apparent to clinical staff that the child has 
diabetes. However, it cannot be assumed that the family is already fully aware of, 
or has fully comprehended, the diagnosis and its implications. This raises concerns 
about whether consent can genuinely be considered informed. To mitigate this risk, 
families receive verbal information from a physician or nurse and are subsequently 
provided with written information and a consent form, which they are not required 
to sign on the spot. This procedure allows families to review materials at their own 
pace and to sign the consent form later, thereby helping to ensure comprehension 
and minimising pressure to decide in the immediate presence of healthcare 
personnel. 

The study information explicitly states that participation is voluntary and that 
families may withdraw at any time. Nonetheless, it must be acknowledged that 
families might feel compelled to consent because the request comes from a member 
of the healthcare team; they may want to be perceived as good parents or patients, 
want to secure optimal care, or they may fear possible reprimands. To address this, 
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the patient information leaflet clearly states that the child will receive the same 
quality of care regardless of participation.  

Whether obtaining consent in the paediatric emergency department is optimal can 
be debated, given the considerations outlined above. However, an important 
counterpoint, at least from a data‐quality perspective, is that the well‐established 
routine of asking all newly diagnosed children to participate virtually guarantees a 
high inclusion rate. This, in turn, strengthens the registry and arguably serves the 
participants’ interests, assuming they would have agreed under less stressful 
circumstances. 

Because the BDD study captures only baseline data at diagnosis and collects no 
subsequent information, many families may not recall their agreement to participate. 
The emergency setting, combined with the emotional impact of receiving a diabetes 
diagnosis, means that consent to join the study is often not a central memory of their 
hospital visit. Younger children lack the cognitive capacity to remember or 
understand the process, and parents may not see the need to explain to a toddler that 
a sample has been stored for research. Given that no further reminders occur after 
the acute phase, the likelihood that participants fully grasp their ongoing right to 
withdraw is low. Of course, families can request withdrawal at any time. 

The study in its entirety has received approval from the appropriate regional ethics 
review board. Any substantial future project arising from this work will be subject 
to a separate application for ethical clearance. 

Ethical approvals 
The studies included in the thesis were approved by the Central Ethical Review 
Board at Karolinska Institute; no 04-826/1 with amendments 2006/108-32/1 and 
2007/1383-32/1, 2009/1684/32 and 2011/1069-32, and no 2019-03600 with 
amendment 2023-00365-02. 
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Results 

Paper I 
Does the month of birth influence the risk of type 1 diabetes? 
We did not find any difference in terms of month of birth in the cohort in its entirety 
between the BDD cohort and the general population. Since our hypothesis was that 
birth month might primarily influence the risk of developing diabetes at an early 
age, we divided individuals with type 1 diabetes into different age categories at 
diagnosis. We observed that for boys diagnosed before the age of 5, being born in 
May was more common (p=0.004).  

 

Figure 12: Distribution of month of birth in the general population, the entire Better Diabetes Diagnosis 
(BDD) cohort, and boys in the BDD study diagnosed before the age of 5 years, expressed as 
percentages (%). 

The children were also stratified according to season of birth to reduce the risk of 
overlooking seasonal trends that might not be apparent when analysed by month. 
Among girls diagnosed with type 1 diabetes after the age of 5, birth during the 
autumn was more common compared with the general population (p=0.01), 
although this did not reach statistical significance after adjustment for multiple 
comparisons (Bonferroni-corrected threshold, p>0.004). No seasonal pattern was 
observed in younger girls (under 5 years) or in boys. Birth during the warmer half 
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of the year (April–September) did not influence the risk of type 1 diabetes compared 
with the colder half (October–March). 

Exploring patterns between month of birth, age at diagnosis, sex, HLA-
type and type of autoantibody at diagnosis  
We examined boys diagnosed before the age of 5 who were born in May, and found 
that they differed in their autoantibody profile compared with boys of the same age 
group born in other months. Specifically, they were more likely to present with 
ZnT8A (p=0.006) or IAA (p=0.023), although this association did not remain 
significant after Bonferroni correction.  

When analysing the distribution of birth months across different HLA risk groups 
in comparison with the general population, we observed a modest 
overrepresentation of children with high-risk HLA genotypes born in August. This 
finding, however, also lost statistical significance after adjustment for multiple 
comparisons using the Bonferroni correction (p=0.02).  

Table 2: Autoantibody profiles in boys before the age of 5 years diagnosed with type 1 diabetes: 
comparison between those born in May and those born in other months. 

 Month of birth 
 May Other months 

 n % % p-value 

GADA 11 38% 39% 0.880 

IAA 12 41% 63% 0.023 

IA-2A 18 62% 76% 0.102 

ZnT8RA 20 69% 42% 0.006 

ZnT8WA 13 45% 37% 0.394 

ZnT8QA 10 35% 22% 0.123 

Paper II 
In Paper II, we explored the differences and commonalities between children in the 
BDD cohort with different family histories of diabetes, and we also compared these 
children in the BDD with a reference cohort consisting of children without type 1 
diabetes, but with available information on family history of diabetes.  

In the BDD cohort, 40% of children had a first- or second-degree family history of 
diabetes. Specifically, 12% had a family history of type 1 diabetes and 33% had a 
family history of type 2 diabetes, with some children reporting both. Among first-
degree relatives, 8.3% had type 1 diabetes and 2.5% had type 2 diabetes. 
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Analysis of familial relationships revealed that children with type 1 diabetes were 
significantly more likely to have an affected father than mother (p<0.0001). This 
pattern was also observed for type 2 diabetes, with paternal transmission being more 
common (p<0.0001). Similarly, diabetes was more commonly reported in 
grandfathers than in grandmothers, for both type 1 (p=0.003) and type 2 diabetes 
(p<0.001). 

 
Figure 13: Family history of diabetes among children with type 1 diabetes (T1D), grouped by first- and 
second-generation relatives and stratified by parental sex. Data are presented as n (%). 

What is the prevalence of parental diabetes among children with and 
without type 1 diabetes? 
In the BDD cohort, having a parent with type 1 diabetes was more common than in 
the reference groups (8.4% vs. 2.1%). Similarly, parental type 2 diabetes was also 
more frequent among children with type 1 diabetes compared with the reference 
group (3.5% vs. 1.9%). 

Children with type 1 diabetes were nearly four times more likely to have a parent 
with type 1 diabetes (crude RR 3.93; 95% CI 3.03-5.11), and nearly twice as likely 
to have a parent with type 2 diabetes (crude RR 1.88; 95% CI 1.27-2.76). These 
differences were seen independent of sex. Among girls, the crude RR for parental 
type 1 diabetes was 3.51 (95% CI 2.29-5.39), and for type 2 diabetes, 2.03 (95% CI 
1.18-3.50). Among boys, the crude RR was 4.16 (95% CI 2.98-5.80) for type 1 
diabetes and 1.77 (95% CI 1.02-3.08) for type 2 diabetes. 

T1D
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Grandmother
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T2D: 66 (1.8%)

Grandmother
T1D: 45 (1.2%)

T2D: 320 (8.8%)

Grandfather
T1D: 72 (2%)

T2D: 355 (9.7%)
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Figure 14: Comparison of type 1 diabetes (T1D) risk by family history of T1D or type 2 diabetes (T2D), 
stratified by sex. Risk estimates are presented as relative risks (RR) with 95% confidence intervals. 

Are there clinical differences at diagnosis of type 1 diabetes dependent 
on family history? 

Family history and HbA1c 
When comparing HbA1c values at diagnosis across family history groups, the 
lowest HbA1c was found in children with a family history of type 1 diabetes, 
particularly those before the age of 6, while the highest levels were seen in children 
with a family history of type 2 diabetes, especially those diagnosed after the age of 
12. Overall, boys had a lower HbA1c than girls (p<0.0001).  

Children with a family history of type 1 diabetes had significantly lower HbA1c 
compared with those with a family history of type 2 diabetes (p<0.0001) and those 
without a family history (p<0.0001). In contrast, HbA1c did not differ 
significantly between children with a family history of type 2 diabetes and those 
without (p=0.408). These patterns were consistent across all age groups. 

Family history and age 
Children with a family history of type 1 diabetes were, on average, one year younger 
at type 1 diabetes diagnosis than those with a family history of type 2 diabetes 
(p<0.0001). Children with a family history of type 1 diabetes were also younger 
than those with no family history of diabetes (p<0.0001). 

Family history and BMI 
In the BDD cohort, 8.4% of children were overweight and 2.0% were obese at the 
time of type 1 diabetes diagnosis. Among those with a family history of type 1 
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diabetes, 9.9% were overweight and 2.8% were obese. The corresponding 
proportions for children with a family history of type 2 diabetes were 8.8% and 
3.1%, respectively. 

Children with a family history of type 2 diabetes had a significantly increased risk 
of being overweight or obese at diagnosis compared with those without a family 
history (RR 1.42; 95% CI 1.14–1.78; p=0.002). In contrast, no significant difference 
was observed for children with a family history of type 1 diabetes compared with 
those without (RR 1.35; 95% CI 0.94–1.94).  

When stratified by sex, the association for type 2 diabetes family history remained 
significant in boys (RR 1.50; 95% CI 1.15–1.97) but not in girls. 

 

Figure 15: Comparison of risk for overweight and obesity by family history. Risk estimates are 
presented as relative risks (RR) with 95% confidence intervals. 

Family history and DKA, antibodies, and HLA 
The prevalence of diabetes ketoacidosis (DKA) at clinical onset was 16% (n=527) 
in the entire cohort and was most common among children under 6 years of age 
(18%).  

We found no significant difference in the relative risk of DKA between children 
with a family history of type 1 or type 2 diabetes and those without a family history. 
However, children with a combined family history of both type 1 and type 2 diabetes 
had a lower risk of DKA (RR 0.58; 95% CI 0.35–0.96) compared with those 
without. 

No significant differences in the distribution of autoantibodies were found between 
the groups with a family history of diabetes and those with no family history.  

Children with a family history of type 2 diabetes were less likely to carry the high-
risk DQ2/DQ8 genotype than those without a family history (p=0.02), but this 
association was not statistically significant after adjustment for multiple 
comparisons (adjusted p=0.32). 
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Table 3: Presentation of clinical characteristics at diagnosis of type 1 diabetes (T1D) in children 
from the Better Diabetes Diagnosis (BDD) cohort.  

Family History 

None T1D T2D T1D+T2D 
n=1,949 

 
Mean Age: 9.6 

Mean BMI: 16.9 
Mean HbA1c: 95 

 
Boys: 55 % 

 
High-risk HLA: 31 % 

 
DKA: 16 % 

 
GAD-ab: 56 % 
IAA-ab: 34 % 

 
Overweight/obesity: 

8.9 % 

n=283 
 

Mean Age: 9.4 
Mean BMI: 17.5 
Mean HbA1c: 82 

 
Boys: 58% 

 
High-risk HLA: 29% 

 
DKA: 17 % 

 
GAD-ab: 57% 
IAA-ab: 35% 

 
Overweight/obesity: 

12% 

n=1,017 
 

Mean Age: 10.5 
Mean BMI: 17.7 
Mean HbA1c: 97 

 
Boys: 57% 

 
High-risk HLA: 27% 

 
DKA: 16 % 

 
GAD-ab: 58% 
IAA-ab: 31% 

 
Overweight/obesity: 

13% 

n=160 
 

Mean Age: 10.5 
Mean BMI: 17.9 
Mean HbA1c: 86 

 
Boys: 63% 

 
High-risk HLA: 27% 

 
DKA: 10 % 

 
GAD-ab: 60% 
IAA-ab: 32% 

 
Overweight/obesity: 

13% 
Girls 

(n=874) 
 

Age: 9.4 
BMI: 17 

HbA1c: 97 
 

DKA: 17 % 

(n=125) 
 

Age: 8.6 
BMI: 17 

HbA1c: 81 
 

DKA: 20 % 

(n=443) 
 

Age: 10 
BMI: 17 

HbA1c: 100 
 

DKA: 17 % 

(n=60) 
 

Age: 9.3 
BMI: 18 

HbA1c: 82 
 

DKA: 9 % 
Boys 

(n=1,075) 
 

Age: 9.9 
BMI: 17 

HbA1c: 93 
 

DKA: 17 % 

(n=158) 
 

Age: 9.9 
BMI: 18 

HbA1c: 83 
 

DKA: 14 % 

(n=574) 
 

Age: 11 
BMI: 18 

HbA1c: 94 
 

DKA: 18% 

(n=100) 
 

Age: 10.6 
BMI: 18 

HbA1c: 87 
 

DKA: 10 % 
Grouped by family history (first- and second-generation) of T1D, type 2 diabetes (T2D), both T1D and 
T2D, or no family history of diabetes, and stratified by sex. GADA=glutamic acid decarboxylase 
autoantibody; IAA=insulin autoantibody. 
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Paper III 
Among the children in our cohort, 169 children (6.2%) lacked autoantibodies at the 
time of type 1 diabetes diagnosis. When grouped by number of autoantibodies, 428 
children (15%) had one autoantibody and 2,156 (78%) had multiple autoantibodies 
(two or more).  

 

Figure 16: Number of autoantibodies, ranging from all negative to all 6 positive.  

For the whole cohort, the mean age at diagnosis was 10 years, mean HbA1c was 
94.6 mmol/mol, mean C-peptide was 0.27 nmol/L, and mean BMI-SDS was –0.44. 

 

Figure 17: Violin plots showing the distribution of HbA1c, C-peptide, BMI-SDS, and age at diagnosis for 
the whole cohort. 
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Do clinical characteristics differ at type 1 diabetes diagnosis between 
children with or without autoantibodies? 

Autoantibody negativity was more common in boys. Additional differences at 
diagnosis included a higher frequency of DKA among children with autoantibodies, 
higher HbA1c levels in those without autoantibodies, and a greater prevalence of 
type 2 diabetes family history among those without autoantibodies. No significant 
differences were observed between children with and without autoantibodies 
regarding age, BMI, HLA or family history of type 1 diabetes.  

 

Figure 18: Forest plot summarising odds ratios (ORs) with 95% confidence intervals (CIs) for the 
association between autoantibody positivity and five covariates: sex (male vs. female), age at 
diagnosis, HbA1c, C‐peptide, BMI, diabetic ketoacidosis (DKA), and high‐risk HLA genotype. Units for 
each continuous covariate are indicated in the figure. The adjacent table shows each OR (95% CI). 

When stratified by number of autoantibodies, children with a single autoantibody 
resembled those without autoantibodies. No statistically significant differences 
were observed between these two groups, apart from a higher prevalence of family 
history of type 2 diabetes. Comparisons between children without autoantibodies 
and those with multiple autoantibodies (excluding the single-autoantibody group) 
yielded results consistent with the main analysis. This suggests that their overall 
clinical profiles are similar. 
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Table 4: Comparisons by autoantibody status at type 1 diabetes (T1D) diagnosis.  

 aAb- aAb+  1+ aAb Multiple 
aAbs 

aAb- vs 
1+ aAb 

aAb- vs 
Multiple 

aAbs 
n (%) or mean 
(SD) 

169 
(6%) 

2,598 
(94%) p-value 428 

(15%) 
2170 
(78%) p-value p-value 

Sex, male 112 
(66%) 

1451 
(56%) 0.008 247 

(58%) 
1204 
(56%) 0.054 0.006 

Age (years) 10.4 
(4.1) 

10.0 
(4.4) 0.168 9.8 

(4.3) 
10.0 
(4.4) 0.123 0.194 

 HbA1c 
(mmol/mol) 

100 
(27.8) 

94.1 
(24.7) 0.002 96.5 

(27) 
93.6 
(24) 0.141 <0.001 

C-peptide 
(nmol/L) 

0.26 
(0.18) 

0.27 
(0.22) 0.529 0.27 

(0.22) 
0.28 

(0.22) 0.756 0.496 

BMI (kg/m2) 17.2 
(3.4) 

17.2 
(3.2) 0.889 16.8 

(3.0) 
17.2 
(3.2) 0.189 0.901 

Presence of 
DKA at 
diagnosis 

15 
(9%) 

382 
(15%) 0.036 57 

(13%) 
325 

(15%) 0.133 0.030 

Presence of 
High-risk HLA 
(DQ2/DQ8) 

50 
(30%) 

784 
(30%) 0.871 136 

(32%) 
648 

(30%) 0.603 0.940 

Parental 
heredity        

For T1D 14 
(8%) 

226 
(9%) 0.853 41 

(10%) 
185 
(9%) 0.622 0.914 

For T2D 13 
(8%) 

58 
(2%) <0.001 12   

(3%) 
46   

(2%) 0.007 <0.001 

Comparisons between autoantibody-negative (aAb−) and autoantibody-positive (aAb+) participants, 
and between subgroups with a single autoantibody (1+ aAb) versus multiple autoantibodies. p-values 
indicate differences across groups. 

Paper IV 

Is a family history of diabetes associated with differences in HbA1c and 
BMI levels at follow-up?  
Overall, the results of this paper showed that differences in HbA1c and BMI by 
family history persisted over time and were particularly pronounced in children with 
a family history of type 2 diabetes or a combined family history of type 1 and type 
2 diabetes.  

HbA1c 
Across the four follow-up visits, HbA1c increased from baseline through years 1, 2, 
and 5, followed by a slight decline at year 10 (p<0.001).  
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At specific time points in the fully adjusted models, HbA1c was higher in the group 
with a family history of type 1 diabetes at 1 year (p=0.024). At 2 years, both the 
type 2 diabetes (p=0.022) and combined (p=0.033) groups differed significantly 
from those with no family history. At 5 years, all three family-history categories 
showed significantly higher HbA1c compared with the group with no family 
history: type 1 diabetes (p=0.033), type 2 diabetes (p=0.003), and both (p=0.016). 
At 10 years, only the combined group continued to differ significantly (p=0.007). 

 

Figure 19: HbA1c over follow-up time by family history of diabetes, in children with type 1 diabetes 
from the BDD cohort.  

In unadjusted analyses, mean HbA1c across visits was higher in children with a 
family history of type 2 diabetes (p=0.015) and in those with a family history of 
both type 1 and type 2 diabetes (p=0.010) compared with those without a family 
history. After adjustment, only the group with a family history of both types 
remained significantly different (p=0.028). 

Although HbA1c levels changed over time, the trajectories were similar across 
family history groups. Therefore, no significant differences in change over time 
were observed between family history groups, neither unadjusted (p=0.313) nor 
adjusted (p=0.657).  

BMI 
Across both measurement approaches, BMI increased over time in all groups 
(p<0.001). Similarly to HbA1c, family history did not influence the change over 
time (unadjusted, p=0.519, adjusted p=0.177).  
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Mean BMI across visits differed significantly between family history groups, both 
unadjusted and after adjusting for individual covariates (p<0.001), but not when all 
covariates were considered (p=0.405). 

 

Figure 20: Comparison of BMI categories (normal weight, overweight, and obese) across family history 
groups at five timepoints over 10 years of follow-up. Data are presented as percentages (%). 

Time point–specific analyses showed that, when BMI was analysed categorically, 
children with a family history of type 2 diabetes had higher BMI at 1, 2, and 10 
years (p<0.001, p=0.001, p=0.049). When BMI was analysed as a continuous 
variable, unadjusted analyses showed higher BMI in the type 2 diabetes group at all 
time points and in the combined group at years 1 and 10 (p=0.041 and p=0.003). In 
the fully adjusted model, significant differences remained only at 10 years, with 
higher BMI among children with a family history of both type 1 and type 2 diabetes 
(p=0.022). See Figure 2 and Table 5. 
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Table 5: Comparison of BMI category across family history groups over time. 
Timepoint Comparison OR (95% CI) p-value Overall p-value 

Baseline 

No FH vs T1D 1.49 (1.06–2.09) 0.023 

<0.001 No FH vs T2D 1.40 (1.13–1.74) 0.002 

No FH vs Both 2.37 (1.58–3.55) <0.001 

1 year 

No FH vs T1D 1.08 (0.83–1.42) 0.561 

0.005 No FH vs T2D 1.32 (1.12–1.55) <0.001 

No FH vs Both 1.36 (0.95–1.96) 0.091 

2 years 

No FH vs T1D 0.97 (0.75–1.26) 0.818 

0.003 No FH vs T2D 1.30 (1.11–1.52) 0.001 

No FH vs Both 1.40 (0.99–1.99) 0.058 

5 years 

No FH vs T1D 1.06 (0.82–1.38) 0.641 

0.870 No FH vs T2D 1.06 (0.91-1.25) 0.441 

No FH vs Both 1.00 (0.70–1.42) 0.990 

10 years 

No FH vs T1D 1.06 (0.80–1.42) 0.673 

0.210 No FH vs T2D 1.19 (1.00–1.42) 0.049 

No FH vs Both 1.25 (0.83–1.86) 0.284 

BMI categories: normal vs overweight/obese. Showing prevalence of overweight/obesity in the different 
family history groups, the X2 and the corresponding p-values and odds ratio (OR) with 95% confidence 
interval (95% CI). 
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Discussion 

In the papers of this thesis, I set out to describe heterogeneity among children with 
type 1 diabetes in a large, well-characterised Swedish cohort of children diagnosed 
between 2005 and 2010.  

We found that boys under the age of 5 were more often born in May, that parental 
diabetes (both type 1 diabetes and type 2 diabetes) was more common among 
children with type 1 diabetes than among those without, and that children with 
different family histories showed differences in clinical characteristics both at onset 
and during follow-up. We also observed that children with no or only one 
autoantibody appeared to have a more slowly progressing form of diabetes.  

Type 1 diabetes is the most common chronic disease in children, and the incidence 
of both type 1 and type 2 diabetes has increased worldwide in recent decades [23, 
178]. Both conditions often cluster in families, suggesting shared genetic and 
environmental risk factors.  

It has become increasingly clear that type 1 diabetes is not a single uniform disease 
but a heterogeneous condition with multiple possible biological pathways. Children 
with type 1 diabetes differ in important ways – including age at onset, HLA 
genotype, residual β-cell function, autoantibody profiles, and family history – and 
these differences help explain variation in clinical presentation, aetiology, disease 
progression, and treatment response. This heterogeneity suggests that type 1 
diabetes may be triggered by multiple distinct factors, resulting in different 
endotypes. Recognising and accounting for this is crucial, particularly in light of the 
rising global incidence and the interplay of genetic and environmental risk factors.  

Many different factors contribute to diabetes risk, ranging from genetics to 
environmental exposures, and are further layered by disease heterogeneity and 
possible endotypes. Some exposures might be triggers of the disease, while others 
are drivers. These influences also interact with each other, indicating that certain 
risk factors may only confer susceptibility in the presence of specific genetic or 
environmental contexts. This complexity may explain why no single piece alone 
can complete the diabetes puzzle, and why conclusive findings have often been 
elusive. Recognising and accounting for this heterogeneity is therefore essential, as 
it may represent the key to understanding the diverse pathways that lead to disease 
onset. Future progress in both research and clinical care will depend on embracing 
this complexity rather than searching for a single explanatory factor. 
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Seasonality, age and sex 

Our finding that boys diagnosed before the age of 5 stood out in the cohort, being 
more often born in May, is consistent with other observations. Examples are the 
increased incidence of type 1 diabetes in boys during the COVID-19 lockdown 
[179] and the decreased risk among children attending day-care centres compared 
with those cared for at home [67]. Together, these findings suggest that distinct 
immunological features in young boys may influence disease risk. 

The prevalence of diabetes is higher among boys than girls, especially after the 
teenage years [110, 180], which is noteworthy given that this contrasts with the 
general pattern of autoimmune diseases, where girls usually predominate. Other 
examples of gender differences include variations in autoantibody profiles and a 
higher prevalence of autoantibody negativity in boys. A Finnish study has shown 
that girls tend to have a more aggressive disease progression [154].  

Such findings indicate significant immunological heterogeneity within the group of 
children with type 1 diabetes and suggest sex differences in immune response, also 
reflected in antibody patterns. This raises hypotheses that different risk factors may 
be sex-specific. The findings could also play a role in future screening programmes, 
both national and international, and highlight the need to design ethically and 
economically sustainable strategies to identify children at increased risk of 
developing type 1 diabetes, where sex must also be considered. 

The discussion of heterogeneity is particularly important given that children are now 
being diagnosed with type 1 diabetes at younger ages, resulting in a longer lifetime 
burden of disease. Younger children represent a distinct subgroup, with 
characteristics that may differ from those diagnosed later. These include genetic 
background, autoantibody profiles, and sex distribution, as well as clinical features 
such as a higher risk of DKA at diagnosis. Given that type 1 diabetes is becoming 
more common in very young children, recognising and understanding these 
differences is essential for both clinical care and research. 

Regarding seasonality, it is important to note that although we did not observe any 
differences in the overall cohort, that does not exclude the possibility that foetal risk 
factors may play a role. It therefore remains important to consider such influences 
when examining disease heterogeneity [181]. 

Family history 

Our results showing that family history of diabetes is more common among children 
with type 1 diabetes confirm the findings of earlier studies [58, 60, 61]. The older 
Swedish study by Dahlquist et al. showed that family history of either type 1 or type 
2 diabetes was more common in children with type 1 diabetes than in the healthy 
reference group [60]. In comparison, we found a similar prevalence of parental type 
1 diabetes, but a higher prevalence of parental type 2 diabetes than 25 years earlier 
(2.5% vs 1.7%). This may reflect the increasing prevalence of type 2 diabetes in the 
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general population, but it also raises the possibility that a family history of type 2 
diabetes could itself act as a risk factor for developing type 1 diabetes, and may 
contribute to the rising incidence observed over recent decades.  

The finding that parental type 2 diabetes is more common among children with type 
1 diabetes suggests that both type 1 and type 2 family histories are relevant when 
considering genetic and environmental contributions to disease risk. Future research 
should therefore not only assess the family history of type 1 diabetes but also that 
of type 2 diabetes, as well as their combination, particularly when designing 
screening programmes and evaluating risk.  

In line with previous studies [59, 62, 182-185], we found that family history was 
associated with differences in clinical presentation. Children with a family history 
of type 1 diabetes tended to be younger at diagnosis and had lower HbA1c at onset, 
whereas children with a family history of type 2 diabetes showed clinical features 
that more closely resembled type 2 diabetes: they were older, more likely to be 
overweight or obese, and less often had the high-risk DQ2/DQ8 HLA genotype.  

At follow-up, children with a family history of type 2 diabetes, or of combined type 
1 and type 2 diabetes, had persistently higher HbA1c and BMI levels. One possible 
explanation is that these children may have reduced insulin sensitivity, and when 
combined with excess weight already at diagnosis, this could contribute to their 
elevated risk.  

A further aspect, not addressed in my papers but relevant to highlight, concerns the 
social and metabolic consequences of having multiple family members with type 1 
diabetes. It is well established that parents with type 1 diabetes who have higher 
HbA1c levels tend to have children with poorer glycaemic management. Several 
mechanisms might underlie this association. While speculative, they may include 
social disparities as well as psychological factors, such as the extent to which a 
parent has accepted and adapted to their own disease, and the potential influence 
this acceptance (or lack thereof) may have on the child’s metabolic management.  

These findings highlight the clinical value of assessing family history at the time of 
diagnosis. Children with a family history of diabetes, especially those with both type 
1 and type 2 diabetes in their family, may represent a higher-risk subgroup that 
would benefit from closer monitoring, early intervention and tailored support, 
including guided education, nutritional counselling, and psychosocial support. 
Recognising these risk profiles early could not only improve type 1 diabetes 
outcomes but also reduce the future risk of developing type 2 diabetes, sometimes 
referred to as double diabetes. 

It is noteworthy, however, that most children with type 1 diabetes have no family 
history of the disease. More than 90% lack a family history of type 1 diabetes, and 
even when type 2 diabetes is included, a substantial proportion still report none. 
When second-degree relatives are also included, around 60% of children remain 
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without any family history. Yet, in the context of precision medicine, family history 
represents a simple but powerful stratification tool.  

Autoantibodies 
The role of autoantibodies in the pathogenesis of type 1 diabetes is not fully 
understood. Notably, approximately 10 % of patients present without autoantibodies 
at diagnosis [36], a subgroup that warrants special attention. The prevalence of 
autoantibody negativity in our study was 6.2% whereas previous reports have 
ranged from 2.3 % to 19% [37, 169, 186-191], likely reflecting differences in study 
design and the range of autoantibodies assessed.  

We found that children lacking autoantibodies at type 1 diabetes diagnosis were 
more often boys, had higher HbA1c levels, a lower frequency of DKA, and were 
more likely to have a parental history of type 2 diabetes. This pattern suggests 
heterogeneity in disease pathogenesis and potentially slower disease progression in 
this subgroup, particularly among those with a parental history of type 2 diabetes. 
Discrepancies with earlier studies may reflect differences in cohort size, age range, 
and exclusion criteria.  

A particularly noteworthy finding was the relatively high proportion of children 
with newly diagnosed type 1 diabetes who either lacked autoantibodies or presented 
with a single one at diagnosis. When stratified into groups, we found that children 
with a single autoantibody closely resembled those without autoantibodies across 
most clinical measures. Taken together, these subgroups account for more than one-
fifth of all new diagnoses. This is important, as such children are often excluded 
from studies and interventions, yet their inclusion is crucial when designing future 
screening programmes aimed at identifying those at risk of developing type 1 
diabetes. 

Overall, these findings highlight substantial immunological heterogeneity among 
children with type 1 diabetes and suggest possible sex-specific differences in 
immune responses, as reflected in antibody patterns. 

BMI 
For BMI and clinical presentation, we found that children with a family history of 
type 2 diabetes were more often overweight or obese, were older at diagnosis and 
tended to carry the high-risk-HLA genotype DQ2/DQ8 less frequently. The 
association between family history and overweight/obesity was observed only 
among boys. Previous studies have reported that boys are more likely than girls to 
develop type 1 diabetes, with the risk increasing with age [35], and that men develop 
type 2 diabetes at a lower BMI than women [192]. While increased BMI has been 
identified as a risk factor for type 1 diabetes in several studies [59, 102, 164, 193], 
sex-specific differences have rarely been addressed. Taken together, our findings 
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suggest that boys may be particularly susceptible to developing type 1 diabetes in 
the context of overweight or obesity.  

It has previously been reported that an increased BMI in combination with low-risk 
HLA DQ2.5/DQ2.5 is associated with a higher risk of type 1 diabetes, supporting 
the view that obesity together with genetic susceptibility may act as a risk factor for 
type 1 diabetes [170]. These findings align with the accelerator hypothesis, which 
proposes that elevated BMI induces insulin resistance and increases β-cell stress, 
and thereby increasing the risk of type 1 diabetes [193, 194].  

Overweight and obesity are also known to increase the risk of complications, and 
our study shows that BMI differences by family history – most evident in children 
with a family history of type 2 diabetes, alone or in combination with type 1 diabetes 
– persist over time. This indicates that these children are at a higher risk for 
developing complications and may benefit from more intensive interventions at an 
early stage. 

HbA1c 

HbA1c is a well‐established predictor of diabetes complications in both children 
and adults [195-197], acting alongside other risk factors such as smoking, BMI, and 
lack of physical activity [198, 199]. Even in early life and adolescence, elevated 
HbA1c has been linked to increased risk of complications [119, 120, 200, 201]. Girls 
consistently exhibit higher HbA1c than boys at diagnosis and throughout 
adolescence [168, 196], placing them at greater long‐term risk. Although the role of 
family history in these outcomes remains underexplored, these findings underscore 
the importance of early glycaemic management.  

The lower HbA1c observed in children with type 1 diabetes and a parental history 
of the disease likely reflects greater awareness of clinical symptoms and, therefore, 
earlier detection. However, it may also indicate that a younger age at onset 
corresponds to a more aggressive course, similar to that reported in children with 
multiple autoantibodies [202]. Indeed, some studies have shown that girls are more 
often multi-autoantibody positive [35, 154], which aligns with the observation that 
boys are more frequently autoantibody-negative. Taken together, these findings 
highlight both the potential benefits of earlier detection in families familiar with 
type 1 diabetes and the possibility of a more aggressive disease phenotype in these 
children. In such cases, early identification is particularly important to prevent 
progression to more severe disease.  

Over the 10‐year follow‐up, children with a family history of diabetes of any type 
had higher mean HbA1c compared to those without. The differences present at 
diagnosis persisted over time, becoming particularly pronounced at the 5-year 
follow-up, especially among those with a combined family history of both type 1 
and type 2 diabetes. 
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Our findings suggest that, on average, individuals with a positive family history 
experience higher HbA1c levels over time, placing them at elevated risk for 
microvascular and macrovascular complications. Given the association between 
family history of type 2 diabetes and both increased BMI and potential insulin 
resistance, patients in this subgroup may benefit from targeted weight-management 
strategies and insulin-sensitising therapies.  

Because this study spanned a period of evolving diabetes care in Sweden, including 
national reductions in HbA1c targets and the widespread adoption of continuous 
glucose monitoring and advanced insulin pumps, overall improvements in treatment 
undoubtedly influenced observed trends. However, these improvements likely 
affected children with and without a family history of diabetes in a similar way. 

At the same time, psychosocial and social factors—such as socioeconomic status, 
education, family structure, social support, life stressors, comorbidities, and parental 
health behaviours—also play an important role in shaping metabolic outcomes [138, 
203, 204]. As children mature and assume greater self‐management responsibility, 
glycaemic outcomes may diverge further. Although Sweden’s universal healthcare 
system and standardised national guidelines aim to ensure equitable care, 
differences in resources and expertise across paediatric diabetes centres remain, 
contributing to variability in metabolic management [205]. 

Clinical implications 
We intend to describe heterogeneity among Swedish children with type 1 diabetes 
to improve risk stratification so that follow‐up and interventions can be targeted to 
high‐risk individuals rather than applied uniformly to all patients. Such precision in 
patient care is expected to benefit both families and the healthcare system, 
improving clinical efficiency and reducing costs. 

Children with a family history of diabetes, particularly when type 2 or both type 1 
and type 2 diabetes are present, represent a distinct risk profile at the time of 
diagnosis. These differences support the idea that subgroups can be identified 
already at disease onset, opening the possibility of precision medicine from the start. 
For example, children who are overweight, have a family history of type 2 diabetes, 
and retain preserved C-peptide function may benefit from additional or tailored 
treatment strategies beyond standard insulin therapy. Increasing evidence suggests 
that such insulin resistance can be addressed with adjunctive treatments, including 
metformin and GLP-1 receptor agonists. Assessing family history is therefore a 
simple yet valuable tool, offering important insights into clinical heterogeneity and 
helping to guide more differentiated care approaches. 
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Incorporating lifestyle modification programmes (nutritional counselling, 
structured physical activity) alongside adjunctive pharmacotherapy, such as 
metformin or GLP-1 receptor agonists, could mitigate weight gain, improve 
glycaemic management, and ultimately reduce complication risk. By routinely 
collecting family-history data and applying precision-based interventions from the 
outset, clinicians can more effectively allocate resources and optimise long-term 
outcomes for high-risk children and adolescents. 

The finding that a high proportion of children with newly diagnosed type 1 diabetes 
either lacked autoantibodies or presented with a single one at diagnosis has 
important implications for the design of future screening programmes, as screening 
strategies relying solely on autoantibody status could miss a subset of at-risk 
children. In this context, genetic risk scores may need to play a larger role in 
identifying individuals at elevated risk. 

Another clinical implication of these findings is that differentiation between type 1 
diabetes, type 2 diabetes, and other forms of diabetes is often less straightforward 
than traditionally assumed. This diagnostic ambiguity highlights the importance of 
maintaining awareness of heterogeneity at onset and recognising that atypical 
presentations may occur. Even within a clearly stratified cohort restricted to children 
with type 1 diabetes, marked heterogeneity in phenotypes was observed. These 
insights emphasise the need for clinicians to remain open to alternative diagnostic 
considerations and to carefully evaluate individual patient characteristics when 
determining diagnosis and management strategies. 

Strengths and limitations 
The primary strength of this thesis is its exceptionally large, nationwide cohort, 
capturing the vast majority of paediatric diabetes cases diagnosed consecutively in 
Sweden over 5 years. The cohort’s size and population-wide coverage enhance the 
generalizability of the findings and allow for robust subgroup analyses.  

Linkage with the Swedish National Diabetes Register (NDR) enabled extended 
follow-up and more precise differentiation between type 1 and type 2 diabetes. The 
risk of misclassifying family members’ diabetes status was further minimised by 
providing professional support during questionnaire completion, thereby increasing 
the reliability of family history data. This is particularly important given that 
subtype classification is often uncertain at initial diagnosis. In addition, the cohort 
has previously been screened for MODY [14], further strengthening diagnostic 
accuracy. 

Finally, although data were collected from a cohort established nearly two decades 
ago, this could reflect both a strength and a limitation. On the one hand, its long-



74 

term nature provides a stable foundation with possibilities to integrate with national 
registries and related studies, increasing its scientific value and credibility. On the 
other hand, some findings may be less reflective of modern diagnostic standards, 
treatment options, or environmental conditions. 

As always, there are also some limitations to be considered when interpreting the 
studies.  

In Paper II, the reference group provided a comparison for the family history of 
children without type 1 diabetes, but it was not a fully matched control group. Data 
for the reference group were based on self-reported questionnaires on family history 
and may not be as complete as those in the BDD cohort, where the families received 
professional support to complete them. However, since the data were limited to first-
degree family history and the questionnaires were completed by the parents, we 
believe that the information is accurate.  

Information on family history of diabetes was recorded at the time of the child’s 
type 1 diabetes diagnosis, which may underestimate parental type 2 diabetes, as it 
is often diagnosed later in life. 

While sibling history is an intriguing aspect of familial diabetes risk, it was not 
included in the present analyses. Given the complexity of the current study design, 
with multiple outcomes and variable exposures, focusing exclusively on sibling risk 
would be more appropriate in a dedicated analysis, as has been done within the 
broader BDD framework. We did not analyse parental BMI, which could be relevant 
for interpreting familial risk factors, particularly in children with a family history of 
type 2 diabetes. 

Finally, data on socioeconomic status were not collected in the BDD, which could 
be relevant for interpreting the data. Similarly, while advanced glycaemic metrics 
such as Time in Range would have added valuable insight to the analysis, 
continuous glucose monitoring was not yet in widespread clinical use during the 
study period. However, this could provide further context in future studies. 
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Thesis conclusion 

This thesis set out to describe the heterogeneity of type 1 diabetes among children 
in Sweden, with the aim of improving risk stratification so that follow-up and 
interventions can be targeted to high‐risk individuals rather than applied uniformly 
to all patients. Through this work, key differences in clinical characteristics and 
familial patterns have been identified, representing an important step toward more 
personalised paediatric diabetes care. 

The main findings can be summarised as follows: 

1. The month of birth showed only a weak association with type 1 diabetes 
diagnosis overall. However, a notable exception was observed among boys 
diagnosed before the age of 5, who were more likely to have been born in 
May.  

2. A family history of either type 1 or type 2 diabetes was more common in 
children with type 1 diabetes. Differences in family history of diabetes were 
associated with differences in clinical presentation of the disease, 
particularly overweight and obesity. 

3. Differences were also observed based on family history of diabetes in 
follow-up data on BMI and HbA1c over 10 years.  

4. Differences at clinical onset were found between the groups with and 
without autoantibodies at diagnosis, suggesting that the autoantibody-
negative group may represent a subgroup with slower progression to 
diabetes. This subgroup could be particularly important to consider in 
overweight children, where distinguishing type 1 diabetes from type 2 can 
be challenging.  

Taken together, these findings reflect the underlying heterogeneity of type 1 
diabetes, as demonstrated across the different aspects investigated in this thesis – 
from temporal patterns of birth and diagnosis (point 1), to the influence of family 
history on disease occurrence, presentation, and follow-up outcomes (points 2 and 
3), and the identification of clinically distinct subgroups based on autoantibody 
status (point 4). They highlight that distinct environmental and genetic factors may 
influence disease onset and progression in specific subgroups and emphasise the 
clinical value of assessing family history at the time of diagnosis.  
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Children with a family history of diabetes may represent a higher-risk subgroup who 
may benefit from intensified monitoring and early intervention. Early recognition 
of such risk profiles can support more personalised care strategies. 

These findings make a meaningful contribution to ongoing efforts to refine 
classification and improve earlier, more tailored interventions, with the ultimate 
goal of achieving better outcomes for children with type 1 diabetes. 
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Future perspectives 

An important future direction would be to expand this work to include siblings, 
particularly those with different family histories, to assess whether similar patterns 
are observed and to potentially identify additional meaningful subgroups. A national 
study is being planned to investigate the risk of type 1 diabetes among siblings of 
children diagnosed with the disease (the BDD-Family study). Within this 
framework, it would also be of interest to explore whether the same heterogeneity 
can be observed within families. 

Building on this and on the results of this thesis in mapping overweight and obesity 
in children with different family histories, a valuable next step would be to connect 
these findings to data on overweight and obesity in their parents. This could deepen 
our understanding of inherited risks and the mechanisms through which they are 
transmitted. Further refinement could also be achieved by focusing analyses 
specifically on parental family history and by exploring potential sex differences. 

From a precision medicine perspective, a future project could investigate how 
children with type 1 diabetes who also have a family history of type 2 diabetes, or 
of both types, and who present with overweight or obesity, respond to adjunctive 
treatments such as metformin or GLP-1 receptor agonists. 

Complementing these family-based perspectives, another project is currently 
underway mapping the genetic risk score in BDD children, with a particular focus 
on those who are autoantibody-negative. Insights from this genetic work could 
provide a foundation for linking specific risk profiles to both early and late 
outcomes. 

One such outcome of interest is the development of complications. While Paper IV 
was initially planned to focus on this area, the project became too large in scope, 
and reliable data proved difficult to obtain. Nonetheless, it would be valuable to 
design a study exploring whether autoantibody patterns or family history patterns 
influence the risk of future late complications in children with type 1 diabetes. 
Identifying higher-risk groups could enable earlier, targeted interventions, 
benefiting not only the children and their families but also the broader societal health 
and economic outcomes of society. Equally important, recognising groups at lower 
risk could help reduce unnecessary worry and stress, which are known to contribute 
to diabetes distress and diminished quality of life in both children and parents. 





79 

Acknowledgements 

Thanks to all of you who have helped me get through this time and who have helped 
me be who I am today. I appreciate you! 

First and foremost, I want to extend my deepest gratitude to all the children with 
diabetes and their families for taking part in the BDD study and for making it 
possible for me and others to conduct research in this field. I would also like to thank 
“my” diabetes patients in northeastern Skåne for placing their trust in me as their 
doctor, for inspiring me to find out more and to figure out how it is all connected, 
and for being the very reason it is worth continuing this journey.  

The biggest thanks go to my main supervisor, mentor, and friend Annelie Carlsson, 
who has stood by me through this entire process. She has helped me and guided me 
through it all and has inspired me to keep going. She has allowed me to be as 
independent as I needed yet has always been there when I needed her advice – 
whether she was at work, home, a conference, in a cottage somewhere, on weekdays, 
weekends or even on Easter Sunday. 

To my co-supervisors, Markus, Karin and Martina.  

To Markus Lundgren, who helps me with big and small things, from clinical 
guidance to research-related problems, from chit chat on the train to general 
mentorship in how to be a paediatrician, an endocrinologist, a researcher and a 
commuter. I am grateful to have you as a colleague and a friend. 

To Karin Åkesson, my co-supervisor, who has supported me with manuscripts and 
shared her wealth of knowledge about NDR, and with whom I have had valuable 
discussions. We have met in the most unexpected places, from airports to 
Christmas markets, and I carry pleasant memories from dinners at several 
conferences.  

To Martina Persson, my co-supervisor, who has taught me the importance of 
presenting results clearly, differentiating, specifying, stratifying, and being 
concise. Her critical eye on the manuscripts has been invaluable, and her 
feedback has always made them stronger. 

To Qefsere, who keeps track of the BDD data and always responds quickly and 
kindly to my more or less reasonable questions and requests, and who knows the 
BDD inside and out.  



80 

To those who helped me with the statistics throughout the papers: Fredrik Norström, 
for his endless patience with me and my probably stupid questions and for his help 
with Paper 2; to Marie Bladh, who did the same for Paper 4, always with such a 
kind and pleasant touch; and definitely to Marlena Maziarz, who has fundamentally 
changed my previously very complicated relationship with statistics and has had an 
incredibly encouraging attitude towards this journey of mine.  

Thanks to the BDD-steering group, who have contributed to the foundation of BDD 
and supported the work along the way. A special thanks to Johnny Ludvigsson, who 
provided invaluable input and comments during the manuscript process and 
improved both the abstracts and the manuscripts considerably. 

Till Elsa, min trogna kongressmedföljare och doktorandkollega, tack för att du gör 
konferenserna så mycket roligare, men också för att du är en så cool person och 
inspirerar mig till att vara lite tuffare. 

Tack till det fantastiska diabetesteamet på barnkliniken i Kristianstad – Markus, 
Malin, Mija, Sofie, Anneli och Emma – och tidigare stjärnor som Susanne, Karin 
Larsson, Ingela och Heléne, för att ni gör det roligt att komma till jobbet. 

Till Malin och Mija; tack för gott samarbete och för att ni tar hand om mig. Ert 
stöd och omtanke, både när jag är på jobbet och inte, är ovärderliga. 

Till Anneli, som jag inte hade klarat mig utan många dagar. 

Till Sofie, som alltid är en frisk fläkt som piggar upp och gör mig lite gladare.  

Till tidigare och nuvarande chefer (Hedvig, Bo, Karin och Christine), som under 
sina chefskap stöttat och uppmuntrat mig och låtit mig avsätta tid till forskning. Ett 
särskilt tack till Karin, för din omtanke och ditt engagemang i min framgång.  

Till alla mina kollegor på barnkliniken i Kristianstad, gamla som nya som, även om 
det innebär att jag måste åka över halva Skåne för att komma till jobbet, ändå gör 
det värt det. 

Till Beata, som jag ända sedan min tid som ST-läkare har betraktat som mentor.  

Till Hedvig och Jan, som under hela min karriär har varit förebilder för hur en bra 
barnläkare är. 

Till kvinnor som Beata och Karin Larsson, som tillsammans med andra har banat 
väg för mig och dagens generation av kvinnliga läkare. 

Till alla mina fina vänner som gör att jag står ut med allt, särskilt Jenny, Mia, Linda, 
Louise och Ylva, som under otaliga luncher och promenader de senaste åren har 
gjort mig till en bättre och tryggare person; till Sofia och Astrid som gjort detsamma 
på distans från Stockholm; och till mina ovärderliga grannar Sara och Ulrika, som 
under promenader på väster har följt min resa och stöttat mig i att ta hand om mig 
själv.  



81 

Ett enormt tack till min fina och goda vän Malin, som inte bara har delat otaliga 
Londonresor med mig, utan också hela den professionella resan, från första dagen 
på läkarutbildningen, via studietiden och kliniskt arbete, till doktorandprocessen. 
Du har under hela vägen varit ett ovärderligt stöd, i livet och i professionen. 

Tack till mamma och pappa, som gjort mig till den jag är (på gott och ont) och alltid 
ställt upp – vare sig det gällt barn- eller kattpassning, en Sicilienresa eller 
korrekturläsning. 

Till farfar, som var mitt största fan och min hejarklack. 

Till mormor, som genom sitt slit gav mig förutsättningar att växa upp i en 
akademikerfamilj. 

Most of all to Josh who have (more or less patiently) been there for me through 
statistics anxiety and endless deadlines. You are my safe base, where I belong and 
where I feel most at home. 

Och till sist, till det finaste av allt, Julia och Clara – mina solstrålar och mina starkast 
lysande stjärnor. Oavsett professionella eller akademiska framgångar är det alltid er 
jag är, och kommer att vara, mest stolt över. Tack för att ni gör varje dag lite ljusare. 

Funding 
I have received funding from FoU Nordost (Research & Development Fund at 
Kristianstad Hospital) and have also been awarded grants from Stiftelsen Samariten 
(The Samariten Foundation), Stiftelsen Drottning Silvias Jubileumsfond (Queen 
Silvia’s Jubilee Fund), Kronprinsessan Lovisas Förening för Barnasjukvård (Crown 
Princess Lovisa Memorial Fund), Kungliga Fysiografiska Sällskapet i Lund (The 
Royal Physiographic Society in Lund), Svenska Diabetesstiftelsen (The Swedish 
Diabetes Foundation), and Advokatfirman Lindhes Stiftelse (Lindhe’s Law Firm 
Foundation). 

The BDD study is supported by Barndiabetesfonden (The Swedish Child Diabetes 
Foundation), and the authors further acknowledge valuable support from the Lund 
University Diabetes Centre (LUDC). This study was made possible through funding 
and infrastructure provided by the Strategic Research Area EXODIAB (Excellence 
of Diabetes Research in Sweden, grant 2009-1039) and the LUDC-IRC (Lund 
University Diabetes Centre – Industrial Research Centre, funded by the Swedish 
Foundation for Strategic Research, grant 15-0067).  

AI-based language tools (ChatGPT, OpenAI) were used for assistance with text 
editing and formatting. No content or scientific interpretation was generated by AI. 
All content, interpretations, and conclusions are the responsibility of the author. 

  





83 

References 

1. Egmont. Bamse och Lillmickel – en specialtidning om diabetes. Egmont Story 
House; 2022. 

2. Loriaux DL. Diabetes and The Ebers Papyrus: 1552 B.C. The Endocrinologist. 
2006;16(2):55-6. 

3. Laios K, Karamanou M, Saridaki Z, Androutsos G. Aretaeus of Cappadocia and the 
first description of diabetes. Hormones (Athens). 2012;11(1):109-13. 

4. Ahmed AM. History of diabetes mellitus. Saudi Med J. 2002;23(4):373-8. 
5. Karamanou M, Protogerou A, Tsoucalas G, Androutsos G, Poulakou-Rebelakou E. 

Milestones in the history of diabetes mellitus: The main contributors. World J 
Diabetes. 2016;7(1):1-7. 

6. Dobson M. Nature of the urine in diabetes. . Medical Observations and Enquiries. 
1776;5:218-30. 

7. Bernard C. Du suc pancréatique et de son rôle dans les phénomènes de la digestion. 
C R Soc Acad Sci (Paris). 1850;1:99-119. 

8. Minkowski O, von Mering J. Diabetes mellitus nach Pankreasexstirpation. Arch Exp 
Pathol Pharmakol. 1890;26:371. 

9. Banting FG, Best CH, Collip JB, Campbell WR, Fletcher AA, Macleod JJR, et al. 
The effect produced on diabetes by extracts of pancreas: University Library: Pub. by 
the Librarian; 1923. 

10. Gale EA. Is there really an epidemic of type 2 diabetes? Lancet. 
2003;362(9383):503-4. 

11. March CA, Libman IM, Becker DJ, Levitsky LL. From Antiquity to Modern Times: 
A History of Diabetes Mellitus and Its Treatments. Horm Res Paediatr. 
2022;95(6):593-607. 

12. Polonsky KS. The past 200 years in diabetes. N Engl J Med. 2012;367(14):1332-40. 
13. Classification and diagnosis of diabetes mellitus and other categories of glucose 

intolerance. National Diabetes Data Group. Diabetes. 1979;28(12):1039-57. 
14. American Diabetes Association Professional Practice C. 2. Diagnosis and 

Classification of Diabetes: Standards of Care in Diabetes-2025. Diabetes Care. 
2025;48(1 Suppl 1):S27-S49. 

15. Libman I, Haynes A, Lyons S, Pradeep P, Rwagasor E, Tung JY, et al. ISPAD 
Clinical Practice Consensus Guidelines 2022: Definition, epidemiology, and 
classification of diabetes in children and adolescents. Pediatr Diabetes. 
2022;23(8):1160-74. 



84 

16. Organization WH. Definition and diagnosis of diabetes mellitus and intermediate 
hyperglycaemia: report of a WHO/IDF consultation. 2006. 

17. American Diabetes A. Diagnosis and classification of diabetes mellitus. Diabetes 
Care. 2010;33 Suppl 1(Suppl 1):S62-9. 

18. Vanderniet JA, Jenkins AJ, Donaghue KC. Epidemiology of Type 1 Diabetes. 
Current Cardiology Reports. 2022;24(10):1455-65. 

19. Salam M, Bao Y, Herrick C, Mcgill J, Hughes J. Hidden Epidemic—Half of T1DM 
Is Diagnosed in Adulthood. Diabetes. 2018;67(Supplement_1). 

20. Evans-Molina C, Oram RA. Type 1 diabetes presenting in adults: Trends, diagnostic 
challenges and unique features. Diabetes Obes Metab. 2025. 

21. Shah AS, Barrientos-Perez M, Chang N, Fu JF, Hannon TS, Kelsey M, et al. ISPAD 
Clinical Practice Consensus Guidelines 2024: Type 2 Diabetes in Children and 
Adolescents. Horm Res Paediatr. 2024;97(6):555-83. 

22. Greeley SAW, Polak M, Njolstad PR, Barbetti F, Williams R, Castano L, et al. 
ISPAD Clinical Practice Consensus Guidelines 2022: The diagnosis and 
management of monogenic diabetes in children and adolescents. Pediatr Diabetes. 
2022;23(8):1188-211. 

23. Gale EAM. The Rise of Childhood Type 1 Diabetes in the 20th Century. Diabetes. 
2002;51(12):3353-61. 

24. Collaborators GBDD. Global, regional, and national burden of diabetes from 1990 to 
2021, with projections of prevalence to 2050: a systematic analysis for the Global 
Burden of Disease Study 2021. Lancet. 2023;402(10397):203-34. 

25. Al Abed Y, Rawshani A, Rawshani A, Eliasson B, Al Masri M, Lernfelt G, et al. The 
Incidence of Type 1 Diabetes in Sweden During 2008-2021. Acta Paediatr. 2025. 

26. Pundziute-Lycka A, Dahlquist G, Urbonaite B, Zalinkevicius R, Swedish Childhood 
Diabetes Study G, Lithuanian Childhood Diabetes Study G. Time trend of childhood 
type 1 diabetes incidence in Lithuania and Sweden, 1983-2000. Acta Paediatr. 
2004;93(11):1519-24. 

27. Ogle GD, Wang F, Haynes A, Gregory GA, King TW, Deng K, et al. Global type 1 
diabetes prevalence, incidence, and mortality estimates 2025: Results from the 
International diabetes Federation Atlas, 11th Edition, and the T1D Index Version 3.0. 
Diabetes Res Clin Pract. 2025;225:112277. 

28. Waernbaum I, Lind T, Mollsten A, Dahlquist G. The incidence of childhood-onset 
type 1 diabetes, time trends and association with the population composition in 
Sweden: a 40 year follow-up. Diabetologia. 2023;66(2):346-53. 

29. Weng J, Zhou Z, Guo L, Zhu D, Ji L, Luo X, et al. Incidence of type 1 diabetes in 
China, 2010-13: population based study. BMJ. 2018;360:j5295. 

30. Patterson CC, Karuranga S, Salpea P, Saeedi P, Dahlquist G, Soltesz G, et al. 
Worldwide estimates of incidence, prevalence and mortality of type 1 diabetes in 
children and adolescents: Results from the International Diabetes Federation 
Diabetes Atlas, 9th edition. Diabetes Res Clin Pract. 2019;157:107842. 



85 

31. Wu H, Patterson CC, Zhang X, Ghani RBA, Magliano DJ, Boyko EJ, et al. 
Worldwide estimates of incidence of type 2 diabetes in children and adolescents in 
2021. Diabetes Res Clin Pract. 2022;185:109785. 

32. Lynch JL, Barrientos-Perez M, Hafez M, Jalaludin MY, Kovarenko M, Rao PV, et 
al. Country-Specific Prevalence and Incidence of Youth-Onset Type 2 Diabetes: A 
Narrative Literature Review. Ann Nutr Metab. 2020;76(5):289-96. 

33. (NDR) NDR. Årsrapport 2024. Nationella Diabetesregistret. 2025. 
34. Ziegler AG, Rewers M, Simell O, Simell T, Lempainen J, Steck A, et al. 

Seroconversion to multiple islet autoantibodies and risk of progression to diabetes in 
children. JAMA. 2013;309(23):2473-9. 

35. Tojjar J, Cervin M, Hedlund E, Brahimi Q, Forsander G, Elding Larsson H, et al. Sex 
Differences in Age of Diagnosis, HLA Genotype, and Autoantibody Profile in 
Children With Type 1 Diabetes. Diabetes Care. 2023. 

36. DiMeglio LA, Evans-Molina C, Oram RA. Type 1 diabetes. Lancet. 
2018;391(10138):2449-62. 

37. Patel SK, Ma CS, Fourlanos S, Greenfield JR. Autoantibody-Negative Type 1 
Diabetes: A Neglected Subtype. Trends Endocrinol Metab. 2021;32(5):295-305. 

38. Vehik K, Lynch KF, Schatz DA, Akolkar B, Hagopian W, Rewers M, et al. 
Reversion of beta-Cell Autoimmunity Changes Risk of Type 1 Diabetes: TEDDY 
Study. Diabetes Care. 2016;39(9):1535-42. 

39. Felton JL, Redondo MJ, Oram RA, Speake C, Long SA, Onengut-Gumuscu S, et al. 
Islet autoantibodies as precision diagnostic tools to characterize heterogeneity in type 
1 diabetes: a systematic review. Commun Med (Lond). 2024;4(1):66. 

40. Krischer JP, Lynch KF, Schatz DA, Ilonen J, Lernmark Å, Hagopian WA, et al. The 
6 year incidence of diabetes-associated autoantibodies in genetically at-risk children: 
the TEDDY study. Diabetologia. 2015;58(5):980-7. 

41. Insel RA, Dunne JL, Atkinson MA, Chiang JL, Dabelea D, Gottlieb PA, et al. 
Staging presymptomatic type 1 diabetes: a scientific statement of JDRF, the 
Endocrine Society, and the American Diabetes Association. Diabetes Care. 
2015;38(10):1964-74. 

42. Haller MJ, Bell KJ, Besser REJ, Casteels K, Couper JJ, Craig ME, et al. ISPAD 
Clinical Practice Consensus Guidelines 2024: Screening, Staging, and Strategies to 
Preserve Beta-Cell Function in Children and Adolescents with Type 1 Diabetes. 
Horm Res Paediatr. 2024;97(6):529-45. 

43. Greenbaum C, Lord S, VanBuecken D. Emerging Concepts on Disease-Modifying 
Therapies in Type 1 Diabetes. Curr Diab Rep. 2017;17(11):119. 

44. Knip M, Kukko M, Kulmala P, Veijola R, Simell O, Akerblom HK, et al. Humoral 
beta-cell autoimmunity in relation to HLA-defined disease susceptibility in 
preclinical and clinical type 1 diabetes. Am J Med Genet. 2002;115(1):48-54. 

45. Graham J, Hagopian WA, Kockum I, Li LS, Sanjeevi CB, Lowe RM, et al. Genetic 
Effects on Age-Dependent Onset and Islet Cell Autoantibody Markers in Type 1 
Diabetes. Diabetes. 2002;51(5):1346-55. 



86 

46. Redondo M, Fain P, Eisenbarth G. Genetics of T1a diabetes. Recent Prog Horm Res. 
2001(56):69-89. 

47. Traherne JA. Human MHC architecture and evolution: implications for disease 
association studies. Int J Immunogenet. 2008;35(3):179-92. 

48. Barrett JC, Clayton DG, Concannon P, Akolkar B, Cooper JD, Erlich HA, et al. 
Genome-wide association study and meta-analysis find that over 40 loci affect risk of 
type 1 diabetes. Nat Genet. 2009;41(6):703-7. 

49. Oram RA, Patel K, Hill A, Shields B, McDonald TJ, Jones A, et al. A Type 1 
Diabetes Genetic Risk Score Can Aid Discrimination Between Type 1 and Type 2 
Diabetes in Young Adults. Diabetes Care. 2016;39(3):337-44. 

50. Bonifacio E, Beyerlein A, Hippich M, Winkler C, Vehik K, Weedon MN, et al. 
Genetic scores to stratify risk of developing multiple islet autoantibodies and type 1 
diabetes: A prospective study in children. PLoS Med. 2018;15(4):e1002548. 

51. Redondo MJ, Geyer S, Steck AK, Sharp S, Wentworth JM, Weedon MN, et al. A 
Type 1 Diabetes Genetic Risk Score Predicts Progression of Islet Autoimmunity and 
Development of Type 1 Diabetes in Individuals at Risk. Diabetes Care. 
2018;41(9):1887-94. 

52. Redondo MJ, Oram RA, Steck AK. Genetic Risk Scores for Type 1 Diabetes 
Prediction and Diagnosis. Curr Diab Rep. 2017;17(12):129. 

53. Todd JA. Etiology of type 1 diabetes. Immunity. 2010;32(4):457-67. 
54. Zajec A, Trebusak Podkrajsek K, Tesovnik T, Sket R, Cugalj Kern B, Jenko Bizjan 

B, et al. Pathogenesis of Type 1 Diabetes: Established Facts and New Insights. Genes 
(Basel). 2022;13(4). 

55. Diedisheim M, Carcarino E, Vandiedonck C, Roussel R, Gautier JF, Venteclef N. 
Regulation of inflammation in diabetes: From genetics to epigenomics evidence. Mol 
Metab. 2020;41:101041. 

56. Ghazarian L, Diana J, Simoni Y, Beaudoin L, Lehuen A. Prevention or acceleration 
of type 1 diabetes by viruses. Cell Mol Life Sci. 2013;70(2):239-55. 

57. Rewers M, Ludvigsson J. Environmental risk factors for type 1 diabetes. The Lancet. 
2016;387(10035):2340-8. 

58. Barone B, Rodacki M, Zajdenverg L, Almeida MH, Cabizuca CA, Barreto D, et al. 
Family history of type 2 diabetes is increased in patients with type 1 diabetes. 
Diabetes Res Clin Pract. 2008;82(1):e1-4. 

59. Parkkola A, Turtinen M, Härkönen T, Ilonen J, Knip M. Family history of type 2 
diabetes and characteristics of children with newly diagnosed type 1 diabetes. 
Diabetologia. 2021;64(3):581-90. 

60. Dahlquist G. The Swedish Childhood Diabetes Study - results from a nine year case 
register and a one year case-referent study indicating that type 1 (insulin-dependent) 
diabetes mellitus is associated with both type 2 (non-insulin-dependent) diabetes 
mellitus and autoimmune disorders. Diabetologia. 1989;32((1)):2-6. 

61. Hekkala A, Ilonen J, Knip M, Veijola R. Family history of diabetes and distribution 
of class II HLA genotypes in children with newly diagnosed type 1 diabetes: effect 
on diabetic ketoacidosis. Eur J Endocrinol. 2011;165(5):813-7. 



87 

62. Hedlund E, Tojjar J, Lilja L, Elding Larsson H, Forsander G, Ludvigsson J, et al. 
Family History of Diabetes and Clinical Characteristics in Children at Diagnosis of 
Type 1 Diabetes-A Swedish Population-Based Study. Diabetes Care. 
2024;47(11):2012-6. 

63. Warram JH, Krolewski AS, Gottlieb MS, Kahn CR. Differences in Risk of Insulin-
Dependent Diabetes in Offspring of Diabetic Mothers and Diabetic Fathers. New 
England Journal of Medicine. 1984;311(3):149-52. 

64. Strachan DP. Hay Fever, Hygiene, And Household Size. BMJ: British Medical 
Journal. 1989;299(6710):1259-60. 

65. Kolb H, Elliott RB. Increasing incidence of IDDM a consequence of improved 
hygiene? Diabetologia. 1994;37(7):729. 

66. Hall K, Frederiksen B, Rewers M, Norris JM. Daycare Attendance, Breastfeeding, 
and the Development of Type 1 Diabetes: The Diabetes Autoimmunity Study in the 
Young. BioMed Research International. 2015;2015:1-5. 

67. Tall S, Virtanen SM, Knip M. Day Care Attendance and Risk of Type 1 Diabetes: A 
Meta-Analysis and Systematic Review. JAMA Pediatr. 2024;178(12):1290-7. 

68. Stiemsma LT, Reynolds LA, Turvey SE, Finlay BB. The hygiene hypothesis: current 
perspectives and future therapies. Immunotargets Ther. 2015;4:143-57. 

69. Haahtela T. A biodiversity hypothesis. Allergy. 2019;74(8):1445-56. 
70. Heinonen MT, Moulder R, Lahesmaa R. New Insights and Biomarkers for Type 1 

Diabetes: Review for Scandinavian Journal of Immunology. Scand J Immunol. 
2015;82(3):244-53. 

71. van der Werf N, Kroese FG, Rozing J, Hillebrands JL. Viral infections as potential 
triggers of type 1 diabetes. Diabetes Metab Res Rev. 2007;23(3):169-83. 

72. Lind A, Lynch KF, Lundgren M, Lernmark A, Almgren P, Ramelius A, et al. First 
trimester enterovirus IgM and beta cell autoantibodies in mothers to children affected 
by type 1 diabetes autoimmunity before 7 years of age. J Reprod Immunol. 
2018;127:1-6. 

73. Moya-Suri V. Enterovirus RNA sequences in sera of schoolchildren in the general 
population and their association with type 1-diabetes-associated autoantibodies. 
Journal of Medical Microbiology. 2005;54(9):879-83. 

74. Viskari H, Knip M, Tauriainen S, Huhtala H, Veijola R, Ilonen J, et al. Maternal 
Enterovirus Infection as a Risk Factor for Type 1 Diabetes in the Exposed Offspring. 
Diabetes Care. 2012;35(6):1328-32. 

75. Resic Lindehammer S, Honkanen H, Nix WA, Oikarinen M, Lynch KF, Jonsson I, et 
al. Seroconversion to islet autoantibodies after enterovirus infection in early 
pregnancy. Viral Immunol. 2012;25(4):254-61. 

76. Moya-Suri V, Schlosser M, Zimmermann K, Rjasanowski I, Gürtler L, Mentel R. 
Enterovirus RNA sequences in sera of schoolchildren in the general population and 
their association with type 1-diabetes-associated autoantibodies. J Med Microbiol. 
2005;54(Pt 9):879-83. 



88 

77. Stene LC, Rewers M. Immunology in the clinic review series; focus on type 1 
diabetes and viruses: the enterovirus link to type 1 diabetes: critical review of human 
studies. Clinical & Experimental Immunology. 2012;168(1):12-23. 

78. Krogvold L, Edwin B, Buanes T, Frisk G, Skog O, Anagandula M, et al. Detection of 
a low-grade enteroviral infection in the islets of langerhans of living patients newly 
diagnosed with type 1 diabetes. Diabetes. 2015;64(5):1682-7. 

79. Lugar M, Eugster A, Achenbach P, von dem Berge T, Berner R, Besser REJ, et al. 
SARS-CoV-2 Infection and Development of Islet Autoimmunity in Early Childhood. 
JAMA. 2023;330(12):1151-60. 

80. Hummel S, Rosenberger S, von dem Berge T, Besser REJ, Casteels K, Hommel A, et 
al. Early-childhood body mass index and its association with the COVID-19 
pandemic, containment measures and islet autoimmunity in children with increased 
risk for type 1 diabetes. Diabetologia. 2024;67(4):670-8. 

81. Zeller I, Weiss A, Arnolds S, Schutte-Borkovec K, Arabi S, von dem Berge T, et al. 
Infection episodes and islet autoantibodies in children at increased risk for type 1 
diabetes before and during the COVID-19 pandemic. Infection. 2024;52(6):2465-73. 

82. Filippi CM, von Herrath MG. Viral trigger for type 1 diabetes: pros and cons. 
Diabetes. 2008;57(11):2863-71. 

83. Vehik K, Lynch KF, Wong MC, Tian X, Ross MC, Gibbs RA, et al. Prospective 
virome analyses in young children at increased genetic risk for type 1 diabetes. 
Nature Medicine. 2019;25(12):1865-72. 

84. Bélteky M, Wahlberg J, Ludvigsson J. Maternal respiratory infections in early 
pregnancy increases the risk of type 1 diabetes. Pediatr Diabetes. 2020. 

85. Lönnrot M, Lynch KF, Elding Larsson H, Lernmark Å, Rewers MJ, Törn C, et al. 
Respiratory infections are temporally associated with initiation of type 1 diabetes 
autoimmunity: the TEDDY study. Diabetologia. 2017;60(10):1931-40. 

86. Lindell N, Carlsson A, Josefsson A, Samuelsson U. Maternal obesity as a risk factor 
for early childhood type 1 diabetes: a nationwide, prospective, population-based 
case-control study. Diabetologia. 2018;61(1):130-7. 

87. Singh T, Weiss A, Vehik K, Krischer J, Rewers M, Toppari J, et al. Caesarean 
section and risk of type 1 diabetes. Diabetologia. 2024;67(8):1582-7. 

88. Cardwell CR, Stene LC, Joner G, Cinek O, Svensson J, Goldacre MJ, et al. 
Caesarean section is associated with an increased risk of childhood-onset type 1 
diabetes mellitus: a meta-analysis of observational studies. Diabetologia. 
2008;51(5):726-35. 

89. Samuelsson U, Lindell N, Bladh M, Akesson K, Carlsson A, Josefsson A. Caesarean 
section per se does not increase the risk of offspring developing type 1 diabetes: a 
Swedish population-based study. Diabetologia. 2015;58(11):2517-24. 

90. Samuelsson U, Johansson C, Ludvigsson J. Month of birth and risk of developing 
insulin dependent diabetes in south east Sweden. Arch Dis Child. 1999;81(2):143-6. 

91. Laron Z, Lewy H, Wilderman I, Casu A, Willis J, Redondo MJ, et al. Seasonality of 
month of birth of children and adolescents with type 1 diabetes mellitus in 
homogenous and heterogeneous populations. Isr Med Assoc J. 2005;7(6):381-4. 



89 

92. Songini M, Casu A, The Sardinian Collaborative Group F, Ashkenazi I, Laron Z. 
Seasonality of Birth in Children (0-14 years) and Young Adults (0-29 years) with 
Type 1 Diabetes Mellitus in Sardinia Differs from that in the General Population. 
Journal of Pediatric Endocrinology and Metabolism. 2001;14(6). 

93. Karvonen M, Tuomilehto J, Virtala E, Pitkäniemi J, Reunanen A, Tuomilehto-Wolf 
E, et al. Seasonality in the clinical onset of insulin-dependent diabetes mellitus in 
Finnish children. Childhood Diabetes in Finland (DiMe) Study Group. Am J 
Epidemiol. 1996;143(2):167-76. 

94. Laron Z. Interplay between heredity and environment in the recent explosion of type 
1 childhood diabetes mellitus. Am J Med Genet. 2002;115(1):4-7. 

95. Ye J, Chen RG, Ashkenazi I, Laron Z. Lack of seasonality in the month of onset of 
childhood IDDM (0.7-15 years) in Shanghai, China. J Pediatr Endocrinol Metab. 
1998;11(3):461-4. 

96. Kida K, Mimura G, Ito T, Murakami K, Ashkenazi I, Laron Z. Incidence of Type 1 
diabetes mellitus in children aged 0-14 in Japan, 1986-1990, including an analysis for 
seasonality of onset and month of birth: JDS study. The Data Committee for 
Childhood Diabetes of the Japan Diabetes Society (JDS). Diabet Med. 
2000;17(1):59-63. 

97. Lewy H, Hampe CS, Kordonouri O, Haberland H, Landin-Olsson M, Torn C, et al. 
Seasonality of month of birth differs between type 1 diabetes patients with 
pronounced beta-cell autoimmunity and individuals with lesser or no beta-cell 
autoimmunity. Pediatr Diabetes. 2008;9(1):46-52. 

98. Mikulecky M, Cierna I. Seasonality of births and childhood inflammatory bowel 
disease. Wien Klin Wochenschr. 2005;117(15-16):554-7. 

99. Lewy H, Meirson H, Laron Z. Seasonality of birth month of children with celiac 
disease differs from that in the general population and between sexes and is linked to 
family history and environmental factors. J Pediatr Gastroenterol Nutr. 
2009;48(2):181-5. 

100. Lewy H, Rotstein A, Kahana E, Marrosu MG, Cocco E, Laron Z. Juvenile multiple 
sclerosis similar to type I diabetes mellitus has a seasonality of month of birth which 
differs from that in the general population. J Pediatr Endocrinol Metab. 
2008;21(5):473-7. 

101. Gerasimidi Vazeou A, Kordonouri O, Witsch M, Hermann JM, Forsander G, de 
Beaufort C, et al. Seasonality at the clinical onset of type 1 diabetes-Lessons from the 
SWEET database. Pediatric Diabetes. 2016;17:32-7. 

102. Betts P, Mulligan J, Ward P, Smith B, Wilkin T. Increasing body weight predicts the 
earlier onset of insulin-dependant diabetes in childhood: testing the 'accelerator 
hypothesis' (2). Diabet Med. 2005;22(2):144-51. 

103. Knerr I, Wolf J, Reinehr T, Stachow R, Grabert M, Schober E, et al. The 'accelerator 
hypothesis': relationship between weight, height, body mass index and age at 
diagnosis in a large cohort of 9,248 German and Austrian children with type 1 
diabetes mellitus. Diabetologia. 2005;48(12):2501-4. 



90 

104. Elding Larsson H, Vehik K, Haller MJ, Liu X, Akolkar B, Hagopian W, et al. 
Growth and Risk for Islet Autoimmunity and Progression to Type 1 Diabetes in 
Early Childhood: The Environmental Determinants of Diabetes in the Young Study. 
Diabetes. 2016;65(7):1988-95. 

105. Liu X, Vehik K, Huang Y, Elding Larsson H, Toppari J, Ziegler AG, et al. Distinct 
Growth Phases in Early Life Associated With the Risk of Type 1 Diabetes: The 
TEDDY Study. Diabetes Care. 2020;43(3):556-62. 

106. Vatanen T, Franzosa EA, Schwager R, Tripathi S, Arthur TD, Vehik K, et al. The 
human gut microbiome in early-onset type 1 diabetes from the TEDDY study. 
Nature. 2018;562(7728):589-94. 

107. Nielsen DS, Krych L, Buschard K, Hansen CH, Hansen AK. Beyond genetics. 
Influence of dietary factors and gut microbiota on type 1 diabetes. FEBS Lett. 
2014;588(22):4234-43. 

108. Rewers M, Agardh D, Bennett Johnson S, Bonifacio E, Elding Larsson H, Gesualdo 
P, et al. Unfolding the Mystery of Autoimmunity: The Environmental Determinants 
of Diabetes in the Young (TEDDY) Study. Diabetes Care. 2025;48(7):1125-35. 

109. Songini M, Mannu C, Targhetta C, Bruno G. Type 1 diabetes in Sardinia: facts and 
hypotheses in the context of worldwide epidemiological data. Acta Diabetol. 
2017;54(1):9-17. 

110. Ostman J, Lonnberg G, Arnqvist HJ, Blohme G, Bolinder J, Ekbom Schnell A, et al. 
Gender differences and temporal variation in the incidence of type 1 diabetes: results 
of 8012 cases in the nationwide Diabetes Incidence Study in Sweden 1983-2002. J 
Intern Med. 2008;263(4):386-94. 

111. Mudaliar S. The Evolution of Diabetes Treatment Through the Ages: From 
Starvation Diets to Insulin, Incretins, SGLT2-Inhibitors and Beyond. J Indian Inst 
Sci. 2023:1-11. 

112. Kovatchev B. A Century of Diabetes Technology: Signals, Models, and Artificial 
Pancreas Control. Trends Endocrinol Metab. 2019;30(7):432-44. 

113. Apostolopoulou M, Lambadiari V, Roden M, Dimitriadis GD. Insulin Resistance in 
Type 1 Diabetes: Pathophysiological, Clinical, and Therapeutic Relevance. Endocr 
Rev. 2025;46(3):317-48. 

114. Herold KC, Bundy BN, Long SA, Bluestone JA, DiMeglio LA, Dufort MJ, et al. An 
Anti-CD3 Antibody, Teplizumab, in Relatives at Risk for Type 1 Diabetes. N Engl J 
Med. 2019;381(7):603-13. 

115. Herold KC, Gitelman SE, Gottlieb PA, Knecht LA, Raymond R, Ramos EL. 
Teplizumab: A Disease-Modifying Therapy for Type 1 Diabetes That Preserves beta-
Cell Function. Diabetes Care. 2023;46(10):1848-56. 

116. Carlsson PO, Hu X, Scholz H, Ingvast S, Lundgren T, Scholz T, et al. Survival of 
Transplanted Allogeneic Beta Cells with No Immunosuppression. N Engl J Med. 
2025. 

117. Nathan DM, Genuth S, Lachin J, Cleary P, Crofford O, Davis M, et al. The effect of 
intensive treatment of diabetes on the development and progression of long-term 
complications in insulin-dependent diabetes mellitus. N Engl J Med. 
1993;329(14):977-86. 



91 

118. Stratton IM, Adler AI, Neil HA, Matthews DR, Manley SE, Cull CA, et al. 
Association of glycaemia with macrovascular and microvascular complications of 
type 2 diabetes (UKPDS 35): prospective observational study. Bmj. 
2000;321(7258):405-12. 

119. Samuelsson U, Steineck I, Gubbjornsdottir S. A high mean-HbA1c value 3-15 
months after diagnosis of type 1 diabetes in childhood is related to metabolic control, 
macroalbuminuria, and retinopathy in early adulthood--a pilot study using two 
nation-wide population based quality registries. Pediatr Diabetes. 2014;15(3):229-35. 

120. Anderzen J, Samuelsson U, Gudbjornsdottir S, Hanberger L, Akesson K. Teenagers 
with poor metabolic control already have a higher risk of microvascular 
complications as young adults. J Diabetes Complications. 2016;30(3):533-6. 

121. Bjerg L, Gudbjornsdottir S, Franzen S, Carstensen B, Witte DR, Jorgensen ME, et al. 
Duration of diabetes-related complications and mortality in type 1 diabetes: a 
national cohort study. Int J Epidemiol. 2021;50(4):1250-9. 

122. Miller RG, Costacou T, Orchard TJ. Risk Factor Modeling for Cardiovascular 
Disease in Type 1 Diabetes in the Pittsburgh Epidemiology of Diabetes 
Complications (EDC) Study: A Comparison With the Diabetes Control and 
Complications Trial/Epidemiology of Diabetes Interventions and Complications 
Study (DCCT/EDIC). Diabetes. 2019;68(2):409-19. 

123. Lipner EM, Tomer Y, Noble JA, Monti MC, Lonsdale JT, Corso B, et al. HLA class 
I and II alleles are associated with microvascular complications of type 1 diabetes. 
Hum Immunol. 2013;74(5):538-44. 

124. Kastelan ST, M.; Salopek-Rabatic, J.; Pavan, J.; Lukenda, A.; Gotovac, M.; Zunec, 
R. The association between the HLA system and retinopathy development in patients 
with type 1 diabetes mellitus. Collegium Antropologicum. 2013;37(1):65-7. 

125. Jensen RA, Agardh E, Lernmark A, Gudbjornsdottir S, Smith NL, Siscovick DS, et 
al. HLA genes, islet autoantibodies and residual C-peptide at the clinical onset of 
type 1 diabetes mellitus and the risk of retinopathy 15 years later. PLoS One. 
2011;6(3):e17569. 

126. Cole JB, Florez JC. Genetics of diabetes mellitus and diabetes complications. Nat 
Rev Nephrol. 2020;16(7):377-90. 

127. Prasad RB, Ahlqvist E, Groop L. Genetics of Diabetes and Diabetic Complications.  
Diabetes Epidemiology, Genetics, Pathogenesis, Diagnosis, Prevention, and 
Treatment. Endocrinology2018. p. 1-60. 

128. Ciezki S, Kurpiewska E, Bossowski A, Glowinska-Olszewska B. Multi-Faceted 
Influence of Obesity on Type 1 Diabetes in Children - From Disease Pathogenesis to 
Complications. Front Endocrinol (Lausanne). 2022;13:890833. 

129. Alassaf A, Gharaibeh L, Odeh R, Ibrahim S, Ajlouni K. Predictors of glycemic 
control in children and adolescents with type 1 diabetes at 12 months after diagnosis. 
Pediatr Diabetes. 2022;23(6):729-35. 

130. Eliasson B, Gudbjornsdottir S. Diabetes care--improvement through measurement. 
Diabetes Res Clin Pract. 2014;106 Suppl 2:S291-4. 



92 

131. Charalampopoulos D, Hermann JM, Svensson J, Skrivarhaug T, Maahs DM, 
Akesson K, et al. Exploring Variation in Glycemic Control Across and Within Eight 
High-Income Countries: A Cross-sectional Analysis of 64,666 Children and 
Adolescents With Type 1 Diabetes. Diabetes Care. 2018;41(6):1180-7. 

132. Birkebaek NH, Drivvoll AK, Aakeson K, Bjarnason R, Johansen A, Samuelsson U, 
et al. Incidence of severe hypoglycemia in children with type 1 diabetes in the Nordic 
countries in the period 2008-2012: association with hemoglobin A (1c) and treatment 
modality. BMJ Open Diabetes Res Care. 2017;5(1):e000377. 

133. Petersson J, Akesson K, Sundberg F, Sarnblad S. Translating glycated hemoglobin 
A1c into time spent in glucose target range: A multicenter study. Pediatr Diabetes. 
2019;20(3):339-44. 

134. (NDR) NDR. Årsrapport 2012. 2013. 
135. Glaser N, Fritsch M, Priyambada L, Rewers A, Cherubini V, Estrada S, et al. ISPAD 

clinical practice consensus guidelines 2022: Diabetic ketoacidosis and hyperglycemic 
hyperosmolar state. Pediatr Diabetes. 2022;23(7):835-56. 

136. Nielsen NF, Gaulke A, Eriksen TM, Svensson J, Skipper N. Socioeconomic 
Inequality in Metabolic Control Among Children With Type 1 Diabetes: A 
Nationwide Longitudinal Study of 4,079 Danish Children. Diabetes Care. 
2019;42(8):1398-405. 

137. Rawshani A, Svensson AM, Rosengren A, Eliasson B, Gudbjornsdottir S. Impact of 
Socioeconomic Status on Cardiovascular Disease and Mortality in 24,947 Individuals 
With Type 1 Diabetes. Diabetes Care. 2015;38(8):1518-27. 

138. Hislop AL, Fegan PG, Schlaeppi MJ, Duck M, Yeap BB. Prevalence and 
associations of psychological distress in young adults with Type 1 diabetes. Diabet 
Med. 2008;25(1):91-6. 

139. Gillani SW, Ansari IA, Zaghloul HA, Abdul MIM, Sulaiman SAS, Baig MR, et al. 
Women with Type 1 Diabetes Mellitus: Effect of Disease and Psychosocial-Related 
Correlates on Health-Related Quality of Life. J Diabetes Res. 2018;2018:4079087. 

140. Skinner TC, Joensen L, Parkin T. Twenty-five years of diabetes distress research. 
Diabet Med. 2020;37(3):393-400. 

141. Whittemore R, Jaser S, Chao A, Jang M, Grey M. Psychological experience of 
parents of children with type 1 diabetes: a systematic mixed-studies review. Diabetes 
Educ. 2012;38(4):562-79. 

142. Kennedy B, Wernroth ML, Langenskiold S, Bonander C, Byberg L, Gronqvist E, et 
al. The impact of child type 1 diabetes on parental incomes in a welfare state context: 
quasi-experimental evidence from Swedish national registers. Diabetologia. 
2025;68(10):2168-78. 

143. Redondo MJ, Hagopian WA, Oram R, Steck AK, Vehik K, Weedon M, et al. The 
clinical consequences of heterogeneity within and between different diabetes types. 
Diabetologia. 2020;63(10):2040-8. 

144. Battaglia M, Ahmed S, Anderson MS, Atkinson MA, Becker D, Bingley PJ, et al. 
Introducing the Endotype Concept to Address the Challenge of Disease 
Heterogeneity in Type 1 Diabetes. Diabetes Care. 2020;43(1):5-12. 



93 

145. Parviainen A, Harkonen T, Ilonen J, But A, Knip M, Finnish Pediatric Diabetes R. 
Heterogeneity of Type 1 Diabetes at Diagnosis Supports Existence of Age-Related 
Endotypes. Diabetes Care. 2022;45(4):871-9. 

146. Redondo MJ, Morgan NG. Heterogeneity and endotypes in type 1 diabetes mellitus. 
Nat Rev Endocrinol. 2023;19(9):542-54. 

147. Weston CS, Boehm BO, Pozzilli P. Type 1 diabetes: A new vision of the disease 
based on endotypes. Diabetes Metab Res Rev. 2024;40(2):e3770. 

148. Ahlqvist E, Storm P, Karajamaki A, Martinell M, Dorkhan M, Carlsson A, et al. 
Novel subgroups of adult-onset diabetes and their association with outcomes: a data-
driven cluster analysis of six variables. Lancet Diabetes Endocrinol. 2018;6(5):361-9. 

149. Gilliam LK, Liese AD, Bloch CA, Davis C, Snively BM, Curb D, et al. Family 
history of diabetes, autoimmunity, and risk factors for cardiovascular disease among 
children with diabetes in the SEARCH for Diabetes in Youth Study. Pediatric 
Diabetes. 2007;8(6):354-61. 

150. Resic-Lindehammer S, Larsson K, Ortqvist E, Carlsson A, Cederwall E, Cilio CM, et 
al. Temporal trends of HLA genotype frequencies of type 1 diabetes patients in 
Sweden from 1986 to 2005 suggest altered risk. Acta Diabetol. 2008;45(4):231-5. 

151. Gillespie KM, Bain SC, Barnett AH, Bingley PJ, Christie MR, Gill GV, et al. The 
rising incidence of childhood type 1 diabetes and reduced contribution of high-risk 
HLA haplotypes. The Lancet. 2004;364(9446):1699-700. 

152. Vehik K, Hamman RF, Lezotte D, Norris JM, Klingensmith GJ, Rewers M, et al. 
Trends in high-risk HLA susceptibility genes among Colorado youth with type 1 
diabetes. Diabetes Care. 2008;31(7):1392-6. 

153. Hermann R, Knip M, Veijola R, Simell O, Laine AP, Akerblom HK, et al. Temporal 
changes in the frequencies of HLA genotypes in patients with Type 1 diabetes--
indication of an increased environmental pressure? Diabetologia. 2003;46(3):420-5. 

154. Turtinen M, Harkonen T, Parkkola A, Ilonen J, Knip M, Finnish Pediatric Diabetes 
R. Sex as a determinant of type 1 diabetes at diagnosis. Pediatr Diabetes. 
2018;19(7):1221-8. 

155. Ilonen J, Lempainen J, Hammais A, Laine AP, Harkonen T, Toppari J, et al. Primary 
islet autoantibody at initial seroconversion and autoantibodies at diagnosis of type 1 
diabetes as markers of disease heterogeneity. Pediatr Diabetes. 2018;19(2):284-92. 

156. Krischer JP, Liu X, Lernmark A, Hagopian WA, Rewers MJ, She JX, et al. The 
Influence of Type 1 Diabetes Genetic Susceptibility Regions, Age, Sex, and Family 
History on the Progression From Multiple Autoantibodies to Type 1 Diabetes: A 
TEDDY Study Report. Diabetes. 2017;66(12):3122-9. 

157. Lernmark A, Akolkar B, Hagopian W, Krischer J, McIndoe R, Rewers M, et al. 
Possible heterogeneity of initial pancreatic islet beta-cell autoimmunity heralding 
type 1 diabetes. J Intern Med. 2023;294(2):145-58. 

158. Awa WL, Boehm BO, Kapellen T, Rami B, Rupprath P, Marg W, et al. HLA-DR 
genotypes influence age at disease onset in children and juveniles with type 1 
diabetes mellitus. Eur J Endocrinol. 2010;163(1):97-104. 



94 

159. Ludvigsson J, Carlsson A, Forsander G, Ivarsson S, Kockum I, Lernmark A, et al. C-
peptide in the classification of diabetes in children and adolescents. Pediatr Diabetes. 
2012;13(1):45-50. 

160. Ilonen J, Hammais A, Laine AP, Lempainen J, Vaarala O, Veijola R, et al. Patterns 
of beta-cell autoantibody appearance and genetic associations during the first years 
of life. Diabetes. 2013;62(10):3636-40. 

161. Weinberg CR, Dornan TL, Hansen JA, Raghu PK, Palmer JP. HLA-related 
heterogeneity in seasonal patterns of diagnosis in Type 1 (insulin-dependent) 
diabetes. Diabetologia. 1984;26(3):199-202. 

162. Reschke F, Lanzinger S, Herczeg V, Prahalad P, Schiaffini R, Mul D, et al. The 
COVID-19 Pandemic Affects Seasonality, With Increasing Cases of New-Onset 
Type 1 Diabetes in Children, From the Worldwide SWEET Registry. Diabetes Care. 
2022;45(11):2594-601. 

163. Carlsson A, Kockum I, Lindblad B, Engleson L, Nilsson A, Forsander G, et al. Low 
risk HLA-DQ and increased body mass index in newly diagnosed type 1 diabetes 
children in the Better Diabetes Diagnosis study in Sweden. Int J Obes (Lond). 
2012;36(5):718-24. 

164. Aronsson CA, Tamura R, Vehik K, Uusitalo U, Yang J, Haller MJ, et al. Dietary 
Intake and Body Mass Index Influence the Risk of Islet Autoimmunity in Genetically 
At-Risk Children: A Mediation Analysis Using the TEDDY Cohort. Pediatr 
Diabetes. 2023;2023. 

165. Krischer JP, Liu X, Lernmark A, Hagopian WA, Rewers MJ, She JX, et al. 
Predictors of the Initiation of Islet Autoimmunity and Progression to Multiple 
Autoantibodies and Clinical Diabetes: The TEDDY Study. Diabetes Care. 
2022;45(10):2271-81. 

166. Costacou T, Orchard TJ. Cumulative Kidney Complication Risk by 50 Years of Type 
1 Diabetes: The Effects of Sex, Age, and Calendar Year at Onset. Diabetes Care. 
2018;41(3):426-33. 

167. American Diabetes Association Professional Practice C. 2. Diagnosis and 
Classification of Diabetes: Standards of Care in Diabetes-2024. Diabetes Care. 
2024;47(Suppl 1):S20-S42. 

168. Hanberger L, Samuelsson U, Lindblad B, Ludvigsson J, Swedish Childhood Diabetes 
Registry S. A1C in children and adolescents with diabetes in relation to certain 
clinical parameters: the Swedish Childhood Diabetes Registry SWEDIABKIDS. 
Diabetes Care. 2008;31(5):927-9. 

169. Carlsson A, Shepherd M, Ellard S, Weedon M, Lernmark A, Forsander G, et al. 
Absence of Islet Autoantibodies and Modestly Raised Glucose Values at Diabetes 
Diagnosis Should Lead to Testing for MODY: Lessons From a 5-Year Pediatric 
Swedish National Cohort Study. Diabetes Care. 2020;43(1):82-9. 

170. Persson M, Becker C, Elding Larsson H, Lernmark A, Forsander G, Ivarsson SA, et 
al. The Better Diabetes Diagnosis (BDD) study - A review of a nationwide 
prospective cohort study in Sweden. Diabetes Res Clin Pract. 2018;140:236-44. 

171. Tojjar J, Norstrom F, Myleus A, Carlsson A. The Impact of Parental Diabetes on the 
Prevalence of Childhood Obesity. Child Obes. 2020;16(4):258-64. 



95 

172. Delli AJ, Vaziri-Sani F, Lindblad B, Elding-Larsson H, Carlsson A, Forsander G, et 
al. Zinc Transporter 8 Autoantibodies and Their Association With SLC30A8 and 
HLA-DQ Genes Differ Between Immigrant and Swedish Patients With Newly 
Diagnosed Type 1 Diabetes in the Better Diabetes Diagnosis Study. Diabetes. 
2012;61(10):2556-64. 

173. Andersson C, Kolmodin M, Ivarsson S-A, Carlsson A, Forsander G, Lindblad B, et 
al. Islet cell antibodies (ICA) identify autoimmunity in children with new onset 
diabetes mellitus negative for other islet cell antibodies. Pediatric Diabetes. 
2014;15(5):336-44. 

174. Cole T, Bellizzi M, Flegal K, Dietz W. Establishing a standard definition for child 
overweight and obesity worldwide: international survey. BMJ. 2000;320:1240-3. 

175. Karlberg J, Luo ZC, Albertsson‐Wikland K. Body mass index reference values 
(mean and SD) for Swedish children. Acta Paediatrica. 2001;90(12):1427-34. 

176. Andersson C, Vaziri-Sani F, Delli A, Lindblad B, Carlsson A, Forsander G, et al. 
Triple specificity of ZnT8 autoantibodies in relation to HLA and other islet 
autoantibodies in childhood and adolescent type 1 diabetes. Pediatr Diabetes. 
2012;14(2):97-105. 

177. Lindblad B, Nordin G. External quality assessment of HbA1c and its effect on 
comparison between Swedish pediatric diabetes clinics. Experiences from the 
Swedish pediatric diabetes quality register (Swediabkids) and Equalis. Clin Chem 
Lab Med. 2013;51(10):2045-52. 

178. Groop L, Pociot F. Genetics of diabetes--are we missing the genes or the disease? 
Mol Cell Endocrinol. 2013;382(1):726-39. 

179. Tall S, Prahalad P, Adiels M, Rosengren A, Virtanen SM, Maahs DM, et al. 
Increased Risk of Type 1 Diabetes in Boys Under the Age of 5 Years During 
COVID-19 Lockdowns in Finland, Sweden and Stanford, CA, USA-An 
Observational Multicenter Study. Diabetes Metab Res Rev. 2025;41(6):e70084. 

180. Niechcial E, Michalak M, Skowronska B, Fichna P. Increasing trend of childhood 
type 1 diabetes incidence: 20-year observation from Greater Poland Province, 
Poland. Acta Diabetol. 2024;61(12):1609-17. 

181. Knip M. Month of birth and risk of type 1 diabetes: What does it tell us? Acta 
Paediatr. 2022;111(12):2254-5. 

182. Tuomi T. Type 1 and type 2 diabetes: what do they have in common? Diabetes. 
2005;54 Suppl 2:S40-5. 

183. Parkkola A, Härkönen T, Ryhänen SJ, Ilonen J, Knip M. Extended family history of 
type 1 diabetes and phenotype and genotype of newly diagnosed children. Diabetes 
Care. 2013;36(2):348-54. 

184. Turtinen M, Härkönen T, Parkkola A, Ilonen J, Knip M. Characteristics of familial 
type 1 diabetes: effects of the relationship to the affected family member on 
phenotype and genotype at diagnosis. Diabetologia. 2019;62(11):2025-39. 

185. Wang Q, Chen Y, Xie Y, Xia Y, Xie Z, Huang G, et al. Type 2 Diabetes Family 
History as a Significant Index on the Clinical Heterogeneity Differentiation in Type 1 
Diabetes. J Clin Endocrinol Metab. 2023;108(12):e1633-e41. 



96 

186. Wang J, Miao D, Babu S, Yu J, Barker J, Klingensmith G, et al. Prevalence of 
autoantibody-negative diabetes is not rare at all ages and increases with older age and 
obesity. J Clin Endocrinol Metab. 2007;92(1):88-92. 

187. Bravis V, Kaur A, Walkey HC, Godsland IF, Misra S, Bingley PJ, et al. Relationship 
between islet autoantibody status and the clinical characteristics of children and 
adults with incident type 1 diabetes in a UK cohort. BMJ Open. 2018;8(4):e020904. 

188. Hameed S, Ellard S, Woodhead HJ, Neville KA, Walker JL, Craig ME, et al. 
Persistently autoantibody negative (PAN) type 1 diabetes mellitus in children. 
Pediatr Diabetes. 2011;12(3 Pt 1):142-9. 

189. Long AE, Gillespie KM, Rokni S, Bingley PJ, Williams AJ. Rising incidence of type 
1 diabetes is associated with altered immunophenotype at diagnosis. Diabetes. 
2012;61(3):683-6. 

190. Tiberti C, Buzzetti R, Anastasi E, Dotta F, Vasta M, Petrone A, et al. Autoantibody 
negative new onset Type 1 diabetic patients lacking high risk HLA alleles in a 
Caucasian population: are these Type 1b diabetes cases? Diabetes/Metabolism 
Research and Reviews. 2000;16(1):8-14. 

191. Sabbah E, Savola, K., Kulmala, P., Veijola, R., Vähäsalo, P., Karjalainen, J., 
Akerblom, H.K., Knip, M. Diabetes-associated autoantibodies in relation to clinical 
characteristics and natural course in children with newly diagnosed type 1 diabetes. 
The Childhood Diabetes In Finland Study Group. J Clin Endocrinol Metab. 
1999;84(5):6. 

192. Logue J, Walker JJ, Colhoun HM, Leese GP, Lindsay RS, McKnight JA, et al. Do 
men develop type 2 diabetes at lower body mass indices than women? Diabetologia. 
2011;54(12):3003-6. 

193. Wilkin T. The accelerator hypothesis- weight gain as the missing link between Type 
I and Type II diabetes. Eur J Endocrinol. 2001(163):97-104. 

194. Liston A, Todd JA, Lagou V. Beta-Cell Fragility As a Common Underlying Risk 
Factor in Type 1 and Type 2 Diabetes. Trends Mol Med. 2017;23(2):181-94. 

195. Virk SA, Donaghue KC, Cho YH, Benitez-Aguirre P, Hing S, Pryke A, et al. 
Association Between HbA1cVariability and Risk of Microvascular Complications in 
Adolescents With Type 1 Diabetes. The Journal of Clinical Endocrinology & 
Metabolism. 2016;101(9):3257-63. 

196. Gerstl EM, Rabl W, Rosenbauer J, Grobe H, Hofer SE, Krause U, et al. Metabolic 
control as reflected by HbA1c in children, adolescents and young adults with type-1 
diabetes mellitus: combined longitudinal analysis including 27,035 patients from 207 
centers in Germany and Austria during the last decade. Eur J Pediatr. 
2008;167(4):447-53. 

197. Svensson M, Eriksson, JW, Dahlquist, G. Early Glycemic Control, Age at Onset, and 
Development of Microvascular Complications in Childhood-Onset Type 1 Diabetes. 
Diabetes Care. 2004;27:955-63. 

198. Chimen M, Kennedy A, Nirantharakumar K, Pang TT, Andrews R, Narendran P. 
What are the health benefits of physical activity in type 1 diabetes mellitus? A 
literature review. Diabetologia. 2012;55(3):542-51. 



97 

199. Hofer SE, Rosenbauer J, Grulich-Henn J, Naeke A, Frohlich-Reiterer E, Holl RW, et 
al. Smoking and metabolic control in adolescents with type 1 diabetes. J Pediatr. 
2009;154(1):20-3 e1. 

200. Viswanathan V, Sneeringer MR, Miller A, Eugster EA, DiMeglio LA. The utility of 
hemoglobin A1c at diagnosis for prediction of future glycemic control in children 
with type 1 diabetes. Diabetes Res Clin Pract. 2011;92(1):65-8. 

201. Shalitin S, Phillip M. Which factors predict glycemic control in children diagnosed 
with type 1 diabetes before 6.5 years of age? Acta Diabetol. 2012;49(5):355-62. 

202. Regnell SE, Lernmark A. Early prediction of autoimmune (type 1) diabetes. 
Diabetologia. 2017;60(8):1370-81. 

203. Andrade C, Alves CAD. Influence of socioeconomic and psychological factors in 
glycemic control in young children with type 1 diabetes mellitus. J Pediatr (Rio J). 
2019;95(1):48-53. 

204. Galler A, Lindau M, Ernert A, Thalemann R, Raile K. Associations between media 
consumption habits, physical activity, socioeconomic status, and glycemic control in 
children, adolescents, and young adults with type 1 diabetes. Diabetes Care. 
2011;34(11):2356-9. 

205. Hanberger L, Samuelsson, U., Berterö, C.,  Ludvigsson, J. The influence of structure, 
process, and policy on HbA1c levels in treatment of children and adolescents with 
type 1 diabetes. Diabetes Research and Clinical Practice. 2012;96(3):8. 

 







Paediatrics
Department of Clinical Sciences, Lund

Lund University, Faculty of Medicine 
Doctoral Dissertation Series 2025:121

ISBN 978-91-8021-774-3 
ISSN 1652-8220

Exploring Heterogeneity in 
Paediatric Type 1 Diabetes
Type 1 diabetes in children is a complex disease, influenced by both genetic and 
environmental factors. Its presentation varies: some children are very young at 
diagnosis; some have certain autoantibodies, others do not; and some carry a 
family history of diabetes that may shape their clinical picture. 

This thesis explores that variation – the heterogeneity of type 1 diabetes in 
childhood. Using data from the Better Diabetes Diagnosis (BDD) study it brings 
together clinical information, family history, and laboratory findings from more 
than 3,600 children. By examining children with type 1 diabetes from several 
perspectives, such as month of birth, family background, autoantibodies, 
and patterns over time, the work aims to deepen our understanding of why 
the disease is not the same for every child. The 
ultimate goal is to support more personalised 
care for children with type 1 diabetes, where 
follow-up and interventions can be tailored to 
individual risk and need.

EMMA HEDLUND is a paediatric diabetologist 
at Kristianstad Central Hospital. Her main resear-
ch focus has been exploring data from the Better 
Diabetes Diagnosis study, searching for pieces of 
the puzzle to understand why children with the 
same disease can differ so widely.

9
7
8
9
1
8
0

2
1
7
7
4
3


