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To my beloved family

“Declare the past, diagnose the present, foretell the future.”
(Hippocrates)
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Introduction

“Health is a state of complete physical, mental, and social well-being
and
not merely the absence of disease or infirmity.”
World Health Organization (WHO) in 1946 1

It is estimated that 8 to 16% of the population suffer from Chronic Kidney Disease
(CKD) worldwide.2 Moreover, based on data by the global burden of disease project
(GBDP), disability-adjusted life-years (DALYs) associated with CKD have been
estimated to have increased by 19.6% globally from 2005 to 2015.3,4 In addition,
systematic analysis among 301 acute and chronic diseases in the GBDP showed that
years lived with disabilities (YLD) due to chronic kidney disease increased by almost
50% from 1993 to 2010.5 Declined kidney function associates with increased risk of
cardiovascular events, hospitalization and death,6 and kidney disease related mortality
is on the rise. Indeed, in 2010 CKD was ranked 18th in the list of total numbers of deaths
worldwide, according to the GBDP, while it was listed as number 27 twenty years before
in 1990.2 Thus, it is evident CKD is becoming a growing public health issue.
With every heartbeat approximately 20-25% of the cardiac output is dedicated to the
kidneys, thereby around 1.2 liters per minute7 and around 600 liters of blood daily are
circulating through the kidneys. Thus, due to its central role in circulation, kidney is
target of hemodynamic, vascular, inflammatory and metabolic diseases.8 CKD is a
heterogonous disease with a complex etiology, characterized by altered endocrine,
exocrine, and paracrine functions, and many of the biomedical and metabolic
abnormalities have been acknowledged for a long time.9 Indeed, the interest in urine as
an indicator of disease status was already documented in the late middle ages, when
Ullrich Pinder described possibilities of colors, smells and tests in “the urine wheel”,10
and approaches to measure kidney function from urine reach back more than hundred
years ago.11 Even though the physiological and pathophysiological characteristics have
been studied since at least a century,11 the understanding of the interconnections and
relationships of the metabolic interplay the kidneys are involved in remains to be fully
understood.9
It is known that kidney function has a heritable component.12 So far, more than 110
genes underlying rare monogenic kidney diseases,8 and more than 50 loci associated
with estimated glomerular filtration rate (eGFR) have been described.13,14 However, less
than 4% of the variance in eGFR can be explained by the currently identified loci, 14 and
19

attempts to use genetic risk scores (GRS), including genetic variants associated with
reduced eGFR have not substantially improved prediction of CKD stage 3 beyond the
traditional clinical risk factors.15,16
Onset of multifactorial diseases, such as kidney diseases, may be triggered by both
genetic and environmental factors.17 Current management advices for patients with
CKD recommend lowering the protein intake to ≤ 0.8g/kg/d with appropriate education
in patients with CKD stage 4 or 5, regardless of diabetes status.18 Further, high protein
intake (>1.3 g/kg/d) is suggested to be avoided by adults at risk for progression of
CKD.18 However, today there are no dietary recommendations for prevention of CKD
in individuals free of kidney disease.
Awareness of CKD in the general population is low19 and CKD typically evolves over
a long time. First the disease may be undetected, then the lengthy latent period is
followed by late onset of symptoms, caused by complications of decreased kidney
function.20 Thus, identification of individuals at elevated risk earlier in the disease
process is crucial to facilitate interventions for prevention of the progression to CKD.
Hence, markers of kidney damage and/or eGFR should make it possible to detect CKD
prior to kidney failure.20 However, as both eGFR and proteinuria are relatively
insensitive measures of early kidney injury, more sensitive biomarkers are required.21
Therefore, this PhD-thesis undertakes the attempt to describe the clinical potential of
three circulating biomarkers, ie. pro-ENKephalin (pro-ENK), soluble urokinase-type
plasminogen activator receptor (suPAR), and kidney injury molecule -1 (KIM-1),
previously associated with kidney function.22-27 Furthermore, this thesis examines the
applicability of a GRS, including genetic variants prior identified in genome-wide
association studies (GWAS), to associate with kidney function for prediction of future
CKD stage 3. Lastly, it investigates the relationship between diet and longitudinal
kidney function. All five individual studies are based on investigations within the
Malmö Diet and Cancer Study, a population-based cohort from the South of Sweden.

Anatomy and physiology of the kidneys
Together with the ureters, bladder and the urethra, the kidneys form the urinary system,
also known as the renal system.28
The kidneys are two paired organs, which weigh approximately 150 g each, have a
vertical length of 10-12 cm, a transversal width of 5-7 cm, and an anterior-posterior
diameter of 3 cm. They are located in the abdominal cavity left and right of the spine.
Typically, the left kidney lays slightly superiors in the abdomen and reaches from the
12th thoracic to the 3rd lumbar vertebra. The silhouette of the kidney is bean-shaped, with
a convex shape lateral and a concave side medial. The renal hilus, located in the concave
medial side (Sinus renalis), is the starting point for the renal artery, renal vein, ureter,
renal nerves and lymphatics to enter and exit, respectively, the kidney.28-30
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The kidneys are located in a retroperitoneal position between the parietal peritoneum
and the posterior abdominal wall. On the outside each kidney is surrounded by a layer
of pararenal (or paranephric) fat, followed by the renal fascia, a thin layer of connective
tissue, which encapsulates the kidney together with the adrenal gland (located on top of
the kidney). In-between the renal fascial and the renal capsule there is a layer of
perirenal (or perinephral) fat (Capusla adiposa). The renal capsule (Capsula fibrosa) is
a thin layer of fibrous connective tissue which coats the kidney.28,30
The renal parenchyma consists of the outer renal cortex (Cortex renalis) and the inner
renal medulla (Medulla renalis), which can be divided in approximately 8-10 coneshaped renal lobes. The renal pyramids lay in the medulla, separated by the renal
columns. The renal pyramids taper into renal papillae, which are a cluster of collecting
ducts transporting urine via the calyces into the renal pelvis. From there the urine will
be transported to the urinary bladder by the ueter.28,30,31
The functional unit of the kidney is the nephron. Each kidney contains approximately 1
million nephrons. They are built of a filtering body, i.e. the glomerulus, and a long
tubule segment. The tubules are interconnected in the end and form the collecting ducts
and open into the renal pelvis.8 (Figure 1)
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Figure 1 The structure of the nephron
From Eckardt et al. 20138 with the permission of the publisher.
Detailed information can be found on page 95.

22

The kidneys are provided with around 1.2 l of blood per minute from the heart. Thus,
the renal blood flow is almost similar to those of the brain or liver
(20%-25% versus 15% versus 20%). Considering the much smaller mass of kidneys,
the renal perfusion rate is by far the highest of all organs.7 By this, each day the kidneys
produce around 180 L of ultrafiltrate, which is modified during tubular passages and
only about 1.5 L of urine is excreted daily.8
The kidneys perform several endocrine, exocrine and metabolic functions, and thus are
interconnected with several organs.8 (Figure 2)

Figure 2 Effect of kidney function on essential homoeostatic processes
ANF= atrial natriuretic factor FGF=fibroblast growth factor.
From Eckardt et al. Lancet 20138 with the permission of the publisher.
Detailed information can be found on page 95.
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The conceptual model of CKD
The current conceptual model of CKD incorporates development, progression and
complications of CKD. The course of CKD is presented in Figure 3 including the stages
of CKD, potential anteceded conditions and consequences of CKD, outcomes, risk
factors for adverse outcomes, as well as actions to improve outcomes.32 It was
introduced in 2002 by the National Kidney Foundation’s Kidney Disease Quality
Outcome Initiative (NKF-KDQOI) and further adopted and revised in under the
auspices of Kidney Disease: Improving Global Outcomes (KDIGO) by international
consensus in 2005.20

Figure 3 The conceptual model of CKD
“Complications” refer to all complications of CKD and its treatment, including complications of decreased eGFR
(hypertension, anemia, malnutrition, bone diseases, neuropathy, and decreased quality of life). Remission is less frequent
than progression, indicated by the dashed arrows.
Modified from Levey et al. 200532, Levey et al. 200920, and Levey et al. 201233.

In general, CKD is a heterogeneous condition partly due to the related cause, the
pathophysiological features of a particular kidney disease, severity, rate of progression,
and presence of comorbidities. Thus, variety in the expression of CKD among the
individual patient exists.33,34
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Definition and classification of CKD
For CKD management and prevention planning, estimation of CKD prevalence is
central.35 To guide identification of cases and facilitate management, the US NKFKDQOI established a five-stage classification system, which was adopted
internationally by the KDIGO Initiative32,36-39
Today, CKD is defined by abnormalities of kidney structure or function occurring for ≥
3 months.18 Usually, eGFR and albuminuria are used to diagnose CKD, and determine
the severity stage.2 Moreover, identification of the specific underlying disease, when
possible, is recommended by the most recent KDIGO 2012 CKD guidelines. The
enhanced classification framework for CKD recommends classifying CKD based on
three dimensions: cause, GFR category and albuminuria (CGA).18 Figure 4 illustrates
the risk for progression of CKD in a matrix of the five GFR categories by three
albuminuria categories:

Figure 4 Progression of CKD by GFR and albuminuria categories according to KDIGO2012
The color scheme refer to: low risk (if no other markers of kidney disease, no CKD ) [green],
moderately increased risk [yellow], high risk [orange], and very high risk [red].
Modified from Levin et al. 201418 with the permission of the publisher.
Detailed information can be found on page 95.
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Prevalence of CKD
Kidney diseases have been recognized as a major public health burden, affecting
between 8-16% of the population globally.2 A recent study in different European
countries has shown that there is variation in CKD prevalence across countries and
regions. Among adult populations between 20 and 74 years of age, the prevalence of
CKD stages 1-5 varied between 3.3% in Norway and 17.3% in Northeast Germany.40,41

Quantification of kidney function
GFR is consider to be the best index for renal function,20 and ideally it should be
measured (mGFR).42 Historically, the ideal filter marker to determine GFR has been
inulin. Measuring inulin clearance is yet not practical for day-to-day clinical practice,
as it requires careful timing of blood sampling, multiple repeated blood and urine
collections and continuous intravenous infusion of inulin.43
Therefore, GFR is usually estimated, and numerous equations have been developed
during the last decades.

Creatinine and cystatin C
Today, serum creatinine or cystatin C are the two most used biomarkers to estimate
GFR.42
Creatinine, also known as 2-amino-1-methyl- methylimidazolidin-4-on in the chemical
nomenclature, is a 113 Dalton (Da) amino acid derivative44 that is generated from the
breakdown of creatine phosphate in the muscles28 and excreted by the kidneys primarily
by glomerular filtration.
Cystatin C, encoded by the CST3 gene on chromosome 2045, is a 146 amino acid long
protein (in humans). It belongs to the cystatin superfamily and has a mass of 13.4 kDa.
CST3 is a housekeeping gene, expressed throughout the whole body.45 As such, cystatin
C is produced by all nucleated cells at constant rate.46,47
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Cockcroft-Gault (CG)-equation
In 1976, the Cockcroft-Gault (CG)-equation was the first published formula, which was
used to predict creatinine clearance (Ccr) from serum creatinine (Scr) in 249 men of age
18 to 92 years. The authors concluded that both age and body weight must be included
in the formula for reasonable prediction.48
CCr=[((140-age) x weight )/(72 x SCr)] x (0.85 if female)
with CCr = mL/minute, Age = years, Weight = kg, SCr = mg/dL

Since then, several equations have been developed:

Modification of Diet in Renal Disease (MDRD) Study equation
The Modification of Diet in Renal Disease (MDRD) Study equation, based on four
variables, was developed in 1999 in 1,628 individuals with CKD.49 It was re-expressed
in 2006 for the use of IDMS traceable creatinine assay.50
eGFR (mL/min/1.73 m2) = 175 × (Scr)-1.154 × (Age)-0.203 × (0.742 if female)
× (1.212 if African American)
with Scr(serum creatinine)= mg/dl, Age=years

Chronic Kidney Disease Epidemiology Collaboration (CKD-EPI)
equations
In 2009, the Chronic Kidney Disease Epidemiology Collaboration established the CKDEPI creatinine formula (eGFRcrea), which modeled the relationship between GFR and
serum creatinine, age, sex, and race using a 2-slope "spline" in 12,150 individuals from
diverse populations (of which 8,254 were included in the development and 3,896 in the
validation).51
eGFR is calculated as following:
for males eGFR= 141 x (Scr/0.9)α x 0.993age,
where α is -0.411 if creatinine is ≤0.9 and -1.209 if creatinine is >0.9

for females eGFR= 144 x (Scr/0.7)α x 0.993age,
where α is -0.329 if creatinine is ≤0.7 and -1.209 if creatinine is >0.7
with Scr(serum creatinine)= mg/dl, Age=years

Three years later in 2012, the CKD-EPI creatinine-cystatin C equation was published.
The equation was developed in 5,352 participants from 13 studies and validated in 1,119
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participants from 5 different studies. It included both creatinine and cystatin C and was
shown to perform better than equations based on either of the markers alone.52
(Table 1)
In addition, an equation solely based on cystatin C was developed in the same study
population.
The CKD-EPI cystatin C equation (2012)52 estimates GFR as following:
cystatin C ≤ 0.8 eGFR=133 x (Scr/0.8)-0.499 x 0.996Age [x 0.932 if female]
cystatin C > 0.8 eGFR=133 x (Scr/0.8)-1.328 x 0.996Age [x 0.932 if female]
with Scr=serum cystatin C (mg/L), Age=years
Table 1 Estimation of GFR according to CKD-EPI creatinine cystatin C equation
Gender

Creatinine

Cystatin C

eGFR equation

Female

≤ 0.7

≤ 0.8

130 x (creatinine /0.7)-0.248 x (cystatin C / 0.8) -0.375 x
0.995Agex [1.08 if black]

Female

≤ 0.7

> 0.8

130 x (creatinine /0.7)-0.248 x (cystatin C / 0.8) -0.711 x
0.995Age x [1.08 if black]

Female

> 0.7

≤ 0.8

130 x (creatinine /0.7)-0.601 x (cystatin C / 0.8) -0.375 x
0.995Age x [1.08 if black]

Female

> 0.7

> 0.8

130 x (creatinine /0.7)-0.601 x (cystatin C / 0.8) -0.711 x
0.995Age x [1.08 if black]

Male

≤ 0.8

≤ 0.8

135 x (creatinine /0.9)-0.207 x (cystatin C / 0.8) -0.375 x
0.995Age x [1.08 if black]

Male

≤ 0.8

> 0.8

135 x (creatinine /0.9)-0.207 x (cystatin C / 0.8) -0.711 x
0.995Age x [1.08 if black]

Male

> 0.8

≤ 0.8

135 x (creatinine /0.9)-0.601x (cystatin C / 0.8) -0.375 x
0.995Age x [1.08 if black]

Male

> 0.8

> 0.8

135 x (creatinine /0.9)-0.601x (cystatin C / 0.8) -0.711 x
0.995Age x [1.08 if black]

With creatinine= mg/dl, cystatin C=mg/L, Age=years.
Modified based on Inker et al.52

Limitations of estimating GFR
Directly measuring kidney function has limitation,43 as described above. In the clinical
setting, GFR is generally estimated on the basis of serum creatinine and including
demographic characteristics such as age, sex, and ethnic origin into the equation. 36
Indeed, eGFR values, derived from equations based on serum creatinine or cystatin C,
can be affected by GFR-independent factors as their production, and concentrations can
be influenced by extra-renal determinants. Thus, the accuracy of these biomarkers in
estimating GFR and/or predicting outcomes may be affected by diverse extra-renal
factors such as muscle mass, i.e. the effect of muscle wasting or increased muscle mass,
which may affect creatinine levels, or the possible influence of inflammation and/or
obesity on cystatin C levels.42 (Figure 5)
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Figure 5 Non-GFR determinants that affect estimated GFR
Reprinted by permission from Macmillan Publishers Ltd: [Nature Reviews Nephrology] (Glassock RJ, Warnock DG, Delanaye
P. The global burden of chronic kidney disease: estimates, variability and pitfalls. Nat Rev Nephrol 2017;13:104-14.),
copyright (2016)

Etiology of CKD
Ageing associates with physiological decline of kidney function. At birth the function
of kidneys is relatively low and reaches adults levels at around two years of age. Until
the fourth decade it is maintained at approximately 140 mL/min/1.73m2.53 Thereafter, it
declines around 8 mL/min/1.73m2 per decade according to inulin clearance studies by
Davies and Shock.53,54
In the majority of cases, CKD evolves over decades and during many years of followup some patients do not progress. However, rapid progression can lead to kidney failure
within months. A decline of 4 mL/min/1.73m2 per year is considered fast, and would
lead to kidney failure in 12 years or less, from the onset of CKD stage 3. 33
The etiology of CKD is complex and many potential factors can contribute.
Hypertension, metabolic syndrome, and diabetes may affect the function of kidneys, as
well as other less common diseases. In high risk populations, more than 50% of the
population may suffer from CKD.8 Broadly, CKD may thus be classified into Diabetic
CKD and Non-diabetic CKD. 36
Based on the location of the pathological-anatomical findings within the kidney, and
presence or absence of systemic disease, non-diabetic CKD can be classified into cystic,
glomerular, tubulointerstitial or vascular.36 (Figure 6)
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Figure 6 Classification and selected examples of causes of chronic kidney disease
From James et al. 36 with the permission of the publisher.
Detailed information can be found on page 95.
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Risk factors for CKD
”A risk factor is any attribute, characteristic or exposure of an individual that increases
the likelihood of developing a disease or injury.”
According to the WHO55

Risk factors for CKD can affect the 1) development, 2) progression, and/or 3)
complications of the disease. As such they may 1) increase the susceptibility to kidney
damage and/or directly initiate kidney damage, 2) worsen kidney damage or accelerate
GFR decrease, and/or 3) increase risk of complications of decreased GFR, accelerate
onset or recurrence of CVD and/or increase morbidity and mortality in kidney failure.20
The risk factors of CKD may be both acquired and inherited, and some of them are well
known, such as hypertension and diabetes, while others remain still less understood or
unknown.41 Indeed, the cumulative lifetime risk of CKD at the age of 50 has been found
to be modified by the presence of known CKD risk factors, i.e. diabetes, hypertension,
or obesity.56
Diabetic nephropathy is the leading cause of end stage renal disease (ESRD). 57,58
Between 1990 and 2013, the number of cases of CKD due to diabetes mellitus has
increased by more than 50% according to the recent results of the global burden of
diseases study.5 Given that obesity is closely linked to diabetes and hypertension, it may
as well predispose individuals to CKD.41

Comorbidities and Mortality of CKD
Kidney function is complex and might affect several essential homeostatic processes.
As such, kidneys can be both a cause and a target organ of diseases. 8 Hypertension,
anemia, malnutrition, bone diseases, neuropathy, and decreased quality of life are
complications of decreased GFR.20,32 Furthermore, major outcomes of CKD are:
complications of decreased GFR, kidney failure, and increased risk of cardio-vascular
diseases (CVD).20 Indeed, cardiovascular events occur more often in patients with CKD,
than kidney failure.20 Likewise, CVD seems to be an independent risk factor for CKD.32
Thus, CVD can be considered both a risk factor for and a comorbidity of CKD. Both
diseases share a number of common bidirectional pathways, including cardio-vasculardisease associated mechanisms, haemodynamic mechanisms, and (neuro) hormonal
mechanisms.59
CKD is associated with an increased risk for mortality.6 From 1990 to 2010, the ranking
of CKD in the list of total numbers of death worldwide rose from 27 th to 18th, indicating
the increased importance of CKD as a risk factor for mortality.2
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Prevention and management of CKD
The aim of primary prevention is preventing CKD development, which is particularly
important in individuals at increased risk (i.e. patients with diabetes or hypertension),
and therefore preventing the development of CKD risk factors is important. Secondary
prevention aims to slowing the progression, and to prevent and treat complications in
patients with decreased GFR (stage 3 and 4) and with kidney damage (stage 1 and 2).
Early identification of individuals at increased risk, i.e. patients with hypertension,
diabetes or CVD, and individuals with a family history of CKD, are key to secondary
prevention. The primary aim in tertiary prevention includes treating kidney failure and
improving the care of patients with kidney failure.34
The management of kidney disease includes prevention of disease development,
slowing down its progression, reducing complications of decreased GFR, reducing the
risk of CVD, and improving the quality of life and survival.33 Management is oriented
towards a) clinical diagnosis, which allows for specific therapies directed towards the
pathophysiologic processes and causes, and b) the stage (according to albuminuria and
GFR), which can be used for non-specific therapy guidance to slow down disease
progression and reduce the risk for complications.33 There are several treatment
possibilities available for patients with CKD. Potential treatment options include a)
specific treatment of the underlying renal disease (e.g. diabetic nephropathy,
glomerulonephritis,
nephrosclerosis,
hereditary
renal
disease),
b) lifestyle interventions, and/or c) pharmacological interventions.60
The most recent clinical practice guideline for diagnosis and management was published
by the KDIGO in 2012.18,61

Awareness of CKD
Early identification of CKD is crucial for preventing the progression of the disease and
reducing the risk of cardiovascular morbidity and mortality. In spite of the wide spread
of CKD, its awareness is low among health-care providers and patients.2 Although
awareness increases with progressing disease stage, the results from the 2000-2004
National Health and Nutritional Examination Survey show that CKD awareness has
remained considerably low in the public i.e. less than half of the persons with CKD
stage 4 and less than 10% with CKD stage 3 were aware of their condition.19 Hence,
CKD can be considered a ‘silent’ epidemic.60 Due to the initially asymptomatic nature
of CKD in the early stages, the detection of CKD can often be delayed until its later
stages when symptoms begin to emerge. By then, opportunities for preventive
approaches may already have diminished.60
Therefore, awareness campaigns are needed, both aimed at parties and health care
providers. In order to raise awareness of the global pandemic of kidney disease and
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associated CVD, the International Society of Nephrology and the International
Federation of Kidney Foundation jointly launched the World Kidney Day in 2006.62

Genetic susceptibility and kidney function
Human Genome
The human genome consists of 23 chromosome pairs, 22 pairs of autosomal
chromosomes and one pair of sex-chromosomes. Each chromosome consists of a double
strand of deoxyribonucleic acids (DNA) build of four nucleotides: cytosine, guanine,
adenine, and thymine.63 The molecular structure of the DNA was first discovered by
James Watson and Francis Crick in Cambridge, UK, in 1953.64
In 2001, the human genome project published the first draft of the sequenced human
genome.65,66 Shortly after in 2004, the complete sequence, covering 99% of the genome,
was published. It consists of 2.85 billion nucleotides and has been estimated to include
20000-25000 protein-coding genes.67 Variation in one nucleotide in the DNA sequence,
a so called single nucleotide polymorphism (SNP), occurs every 1 in 500 to 1 in 2000
base pairs,63 and is thus the most common variation in the human genome.

Heritability of kidney function
More than two decades ago kidney function measures were suggested to have an
underlying genetic component.12 In the community-based Framingham Heart Study, the
heritability estimates for serum creatinine, GFR, and creatinine clearance reached from
29 to 46%, after consideration of traditional risk factors for kidney function. Heritability
of eGFR has been estimated to be above 30% (h2 0.33; 95% CI 0.19-0.47).12 Very
recently, an even higher heritability estimate for eGFR has been reported from a
multicenter family-based cohort in Switzerland (h2=0.46 for CKD-EPI creatinine
equation).68 Heritability (h2), is referred to as the proportion of the phenotypic variance
that is explained by a genetic component.

Monogenic kidney disease
Diseases caused by mutations in one gene, i.e. monogenic diseases, have been identified
since 1980 by linkage analysis, positional cloning, homozygosity mapping or
sequencing. Today, more than 110 genes underlying rare monogenic kidney diseases
have been described, of which the autosomal-dominant polycystic kidney disease may
be the most prominent example.8
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Multifactorial kidney diseases
In contrast, complex diseases or traits (also referred to as multifactorial diseases) have
both genetic and environmental risk factors,17,69 and variations in several genes and
other parts of the genome as well as in the epigenome may contribute to the genetic
component.70 To identify genetic variants associated with the susceptibility of kidney
diseases genome-wide association studies (GWAS) have been conducted. The aim of
GWAS is to identify genetic variations, most commonly SNPs that associate with
clinical measures or disease status.71 The first GWAS, based on a high-throughput SNP
genotyping array, was published in 2005.71,72 As of July 31st 2017, the GWAS Catalog
contained 3,057 publications and 39,366 unique SNP-trait associations.73 (Figure 7)
So far, GWAS in nephrology have been focused on studying specific CKD etiologies,
such as diabetic kidney disease, IgA nephropathy or membranous nephropathy, and
CKD-defining traits, like eGFR and urinary albumin-to-creatinine ratio (UACR).74
In 2007, the first GWAS for a wide range of kidney function traits, i.e. eGFR, urinary
albumin excretion, cystatin C, was performed including 70,987 autosomal SNPs in the
Framingham Heart Study.75 Thereafter, the first two-stage GWAS was conducted
among two community based prospective studies.76 These efforts have been followed
by numerous GWAS studies for renal traits, including associations with cross-sectional
eGFRcrea,13,77-80 eGFRcystatin,13,78,80, CKD,13,78,80 kidney function decline,81 and for
eGFRcrea and CKD stratified by key CKD risk factors (age, sex, diabetes or
hypertension status).80 So far, more than 50 genetic variants associated with eGFRcrea
have been identified.13,79,81 However, less than 4 % of the variance in eGFRcrea is
explained by the genetic markers identified to date.13,81

Figure 7 SNPs associated with different diseases and traits with a P-value ≤ 5.0 × 10-8 in the GWAS Catalog82
The colors represent different traits: Biological process (iris), Body weight measures light blue), Cancer (violet),
Cardiovascular disease (red), Cardiovascular measurement (cornflower), Digestive system disease (brown), Hematological
measurement (jade), Immune system disease (yellow), Inflammatory marker measurement (mint), Lipid or lipoprotein
measurement (light green), Liver enzyme measurement (green), Metabolic disease (orange), Nervous system disease (light
yellow), Other diseases (magenta), Other measurement (navy), Other trait (apricot), Response to drugs (light pink)
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Prediction of CKD utilizing genetic markers
The question of whether the information on genetic predisposition for kidney function
may be useful in predicting development of renal impairment, such as incidence of CKD
or ESRD, remains open. It seems likely that complex disease may be affected by many
genes and variations, of which most have a small effect on the disease risk.69,83
Therefore, individual SNPs are usually combined to a GRS to study the combined effect
in relation to a disease.
It has been attempted to study the association between the identified genetic markers in
relation to incidence of CKD. So far such GRSs for eGFRcrea, containing 1615 or 5316
SNPs associated with the trait, have not shown to be useful in prediction of new cases
of CKD stage 3 beyond commonly used risk factors.15,16

Diet and kidney disease
The current knowledge on how diet may affect kidney function in the long term is
narrow and today there are, to my knowledge, no recommendations for prevention of
CKD in individuals free of kidney disease.
It has been suggested that healthy dietary patterns, such as the Dietary Approaches to
Stop Hypertension (DASH) style diet,84 could be beneficial in prevention of kidney
disease. In addition, higher diet quality has been shown to associate with decreased risk
of incident CKD stage 3A,85 and adherence to dietary recommendations, particularly
regarding meat, legumes and dairy products, have been suggested to be of importance
for normal kidney function.86
High protein intake has been discussed to influence progression of moderate renal
diseases.87 Current management advices for patients with CKD recommend lowering
the protein intake to ≤ 0.8g/kg/d including an appropriate education of patients with
CKD stages 4 or 5, regardless of diabetes status. Further, high protein intake (>1.3
g/kg/d) is suggested to be avoided by adults at increased risk for progression of CKD.18
In addition, patients with CKD should receive expert dietary advice and information
tailored to the severity of CKD, and if necessary, intervention on salt, phosphate,
potassium and protein intake, according to the current management guidelines.18
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Biomarkers
Definition and applications
A biomarker i.e. a biological marker is defined as ‘A characteristic that is objectively
measured and evaluated as an indicator of normal biological processes, pathogenic
processes, or pharmacologic responses to a therapeutic intervention.‘ according to the
Biomarkers Definitions Working Group.88
Already in 1506, Ullrich Pinder made use of colors, smells, and taste of urine to
diagnose disease.10 Biomarkers have been used for disease diagnostics for over a
century, probably starting with the discovery of the ABO blood group system, which is
used to detect ABO hemolytic diseases of newborn (HDN) and transfusion reaction.89
The entire spectrum of diseases from the earliest manifestation to terminal stages can
be reflected by biomarkers,90 and biomarkers can thus serve as tools in prediction,
diagnosis, progression or regression of a disease, to understand the causes of diseases,
and the outcome of treatment of a disease.90
Broadly, biomarkers can be classified into two major types:
biomarker of exposure and biomarker of disease.
The latter can be used in screening, diagnosis and monitoring of disease progression. 90
As such, biomarkers may aid in detecting and monitoring of health status, serve as
diagnostic markers (to identify individuals with a pathophysiological condition or
disease), and/or as a tool for classification of the disease stage, and/or staging of the
disease process, as well as an indicator of disease prognosis.88 In addition, to predict
future disease course, a prognostic biomarker may also be applicable in predicting
recurrence, therapy response, and/or monitoring of the efficiency of a therapy.89
Biomarkers of exposure primarily serve in risk prediction including exposure to
environmental factors, genetic susceptibility and genetic response to environmental
exposures.89 In addition, they may also serve as markers of subclinical or clinical
disease, or as indicators of response to therapy, 89 similar to biomarkers of disease.
Furthermore, a biomarker may also function as a surrogate marker for a clinical endpoint
in intervention studies.88
Biomarker characteristics
Regardless if a biomarker is supposed to be a measure of risk exposure, disease
progression or serves as a surrogate marker, the crucial characteristics of a clinically
useful biomarker are high accuracy, high reproducibility, and being easy to measure.
Additionally, it must be acceptable to the patient and physician.89,91

36

Biomarker sources
The source of a biomarker is dependent on the characteristics of the disease, disease
stage and/or the biomarker itself. Theoretically, it can be measured in a wide range of
biological specimens (e.g. blood, urine, saliva, other body fluids, faeces, cells, or body
tissues), but it may also result from other techniques such as imaging.
Costs and acceptability
Whether in a research or a clinical setting, costs and acceptability of a biomarker play
important roles. The choice of a biomarker should consider financial aspects, such as
costs per sample. Likewise, it may need to be taken into account that urine and blood
sample are commonly well tolerated, whereas samples originating from biopsies are
more difficult to obtain.90

Biomarkers for kidney disease
Since creatinine was recognized to be correlated with renal function, biomarkers have
been used as screening tools for kidney disease.92 Nonetheless, creatinine has limitations
based on its physiology and the fact that it primarily reflects the capacity of renal
filtering, and therefore creatinine is not a particularly sensitive biomarker of CKD.
During the last decades it has therefore been recognized, that ‘by relying only on serum
creatinine to screen for kidney disease, we may only be seeing the tip of the iceberg of
kidney diseases’.92 Likewise does cystatin C have limitations as a biomarker for CKD.42
Currently, proteinuria, especially when combined with eGFR, are considered the most
sensitive biomarkers for CKD progression in clinical practice. Yet, there are limitations
also to this approach.21
Hence, novel biomarkers for CKD or for elevated risk of future CKD are needed.21
In this thesis we have examined three potential circulating biomarkers for kidney
function: pro-enkphalin (pro-ENK), soluble urokinase-type plasminogen activator
receptor (suPAR), and kidney injury molecule -1 (KIM-1), which all have previously
been reported to be associated with kidney function. Certainly, there are several other
potential biomarkers for CKD,21 yet this is beyond the scope of this doctoral thesis.

Pro-enkephalin A (pro-ENK)
Enkephalins were the first endogenous opioids discovered almost 40 years ago.93 The
10,061 basepair long gene that encodes pro-enkephalin A (PENK) is located within the
first band of the long arm of chromosome 8 (8p12.1).94
Similar to other neuropeptides, the biosynthesis of the active enkephalins involves
several steps including proteolytic cleavage, through which four copies of methionineenkephalin (Met-enkephalin) and one copy of leucin-enkephalin, enkelytin, one hexa37

and one octa-peptide are processed. All these share the first 4 amino acids TyrosinGlycin-Glycin-Phenylalanin, but vary in their carboxy-terminal sequence.95 Prior to the
proteolytic cleavage, posttranscriptional biosynthesis continues by translation of the
PENK mRNA into a precursor preproneuropeptide. When the amino-terminal signal
peptide is enzymatically removed at the rough endoplasmic reticulum (ER), the
resulting pre-enkephalin is guided to the golgi apparatus and together with processing
proteases packed into secretory vesicles.96 Subsequently, the mono- and dibasic
residuals flanking the eight active neuropeptides are removed by proteolytic processing
inside the secretory vesicle.96,97 First endoproteolytic cleaving is performed by cysteine
protease cathepsin L98 and prohormone convertases (PC) 1 and 299,100. Then cleaving by
the exopepidases follows and amino terminal residues are removed by cathepsin H
and/or aminopeptidase B and the carboxy-terminal residuals by carboxypeptidase E.97
PENK is expressed within both neuronal as well as non-neuronal tissues. Although not
many studies in humans have been conducted yet, the precursor preprotein pro-ENK
was found expressed in human heart, subcutaneous and epicardial adipose tissues,
airway epithelial cells, hepatocytes95 and in epidermal keratinocytes and melanocytes.101
Furthermore, animal studies have shown expression in additional tissues like brain,
kidney, adrenal gland, testes, liver, myoblast and intestine.95
Earlier, high plasma levels of pro-ENK have been associated with decline in eGFR and
kidney function in two observational studies,22,23 and with a worse prognosis after acute
myocardial infarction.22 Among patients with sepsis or a septic shock, elevated levels
of pro-ENK associated with acute kidney injury.23 However, this evidence resulted from
studies including rather ill patients, and we were not aware of any study that had
investigated the association between pro-ENK and kidney function in a general
population.

Soluble urokinase-type plasminogen activator receptor (suPAR)
The soluble urokinase-type plasminogen activator receptor (suPAR), is the soluble form
of the membrane bound cellular receptor uPAR, also known as urokinase plasminogen
activator receptor. This serine protease is an important regulator of proteolysis in the
extra cellular matrix and it regulates the activity of the plasminogen activator system.102
Highly elevated suPAR levels have been implicated as potentially causal in the
pathogenesis of focal segmental glomerulosclerosis (FSGS).103-106 In patients with CVD
undergoing cardiac catheterization, elevated plasma levels of suPAR were shown to
strongly associate with increased decline in kidney function and incidence of CKD.24
Further, elevated suPAR levels have been reported in earlier studies to associate with
increased risk for several adverse health conditions, such as CVD outcomes,107-109
inflammation,110 and cancer111 in addition to kidney function. Hence, elevated serum
suPAR levels seem to play a role in FSGS and associate with CKD in severely ill
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patients, yet little is known about if circulating suPAR plays a role in kidney function
of healthy individuals.

Kidney injury molecule -1 (KIM-1)
The kidney injury molecule 1 (KIM-1), also known as T-cell immunoglobulin and
mucin-containing molecule (TIM-1), is one of the three members of the TIM protein
family in humans. All these transmembrane glycoproteins share a similar structure, with
an extracellular region consisting of an immunoglobulin V-like region which is
followed by a mucin-like region. These proteins are encoded by three genes on the long
arm of chromosome 5 (5q33.2). The hepatitis A virus cellular receptor 1 gene
(HAVCR1) encodes KIM-1,112 and is primarily expressed in the kidney cortex.113
However, under physiological conditions KIM-1 is undetectable, but ischemic and toxic
insults of the kidney have been found to strongly induce KIM-1 expression in rodents,
first detected in 1998.114 A few years later in 2007, KIM-1 was found to be upregulated
in humans with renal diseases and to co-localize with inflammation and renal fibrosis.26
Hence, KIM-1 has been suggested to be a urinary biomarker for kidney injury.27 Very
recently it has been reported that chronic expression of KIM-1 lead to kidney fibrosis
in mice. At 12 weeks of age these transgenic mice, generated to chronically express
KIM-1 in epithelial cells of the renal cortex and outer medulla, showed extensive
interstitial inflammation with tubular dedifferentiation, fibrosis, microcystic tubular
dilation and hyaline casts.115
In addition, studies in patients with T1D116 and T2D117 have reported that an increased
decline of eGFR associated with higher urinary KIM-1 (u-KIM-1) levels, whereas lower
levels were associated with regression of microalbuminuria in patients with T1D. 118
However, in a prediction model with known risk factors, u-KIM-1 did not add
significant additional independent prognostic information in the studies of patients with
T1D and T2D116,117, neither did u-KIM-1 associate with CKD progression in a recent
study of the Chronic Renal Insufficiency Cohort when the analyses were adjusted for
urinary albumin to creatinine ratio and eGFR.119 Similar results were reported in patients
with T1D from the FinnDiane study, where compared to current biomarkers, u-KIM-1
did not add prognostic benefit for progression of diabetic nephropathy.120 Fewer studies
have investigated plasma KIM-1 (p-KIM-1).121-123 In the Joslin Kidney Study, higher pKIM-1 associated with deterioration of kidney function in T1D patients.121 Higher pKIM-1 levels were likewise associated with greater eGFR decline independently of
known clinical risk factors in two controlled trails (ACCORD and VA NEPHRON-D)
for early and advanced diabetic kidney disease (DKD).122
However, most of the evidence deducts either from animal studies,114,115 studies in
patients with diabetes (T1D116,120,121,123 or T2D117), or studies that have investigated uKIM-1,116-120 and little is known about if p-KIM-1 serves as a biomarker for long term
decline in kidney function or occurrence of CKD in a general healthy population.
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Aims

The overall aim of these PhD studies was to investigate how novel circulating
biomarkers (pro-ENK, suPAR and KIM-1), genetic markers and dietary intake associate
with longitudinal deterioration of kidney function in a generally healthy middle-age
Swedish population. Moreover, we challenged the question of whether the investigated
plasma biomarkers and genetic markets aid to improve clinical prediction models.
Specific aims:
Study 1: To test if fasting plasma pro-ENK associates with changes in eGFR, creatinine
and cystatin C levels per year, or with incidence of CKD in the prospective population
based MDCS-CC. Further, to gain insight as to whether any such relationship may be
causal, we performed a GWAS for pro-ENK levels and used the associated effect of the
strongest GWAS-significant SNP as instrumental variable in Mendelian Randomization
(MR) analysis.
Study 2: To test if plasma levels of suPAR associate with longitudinal decline in kidney
function, incidence of CKD or hospitalization due to impairment in renal function.
Study 3: To study the association between fasting plasma levels of KIM-1 and
longitudinal kidney function, incidence of CKD or hospitalization due to impairment in
renal function. Furthermore, to test if KIM-1 improves clinical prediction models for
incidence of CKD.
Study 4: To investigate if 53 genetic variants, previously discovered to associate with
kidney function in GWAS and combined into a GRS, predict longitudinal deterioration
of kidney function and incidence of CKD.
Study 5: With a primary focus on protein intake, we investigate if reported dietary
intake levels of macronutrients, three beverages and 15 food groups associate with
longitudinal deterioration of kidney function in participants without CKD stage 3A at
baseline.
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Methods

The results presented in this PhD-thesis are based on investigations within the MDCScohort. This chapter describes the population, measurements taken (anthropometrics,
assays, biological specimens and dietary assessment), outcomes investigated and
statistics applied. An overview of the study design characteristics for studies I-V is given
in Table 2 in the end of this chapter.

The Malmö Diet and Cancer Study (MDCS) cohort
The MDCS is a population-based cohort from the South of Sweden. Between 1991 and
1996 all inhabitant living in the city of Malmö (approximately 230,000 inhabitants at
the of the study) were the background population to this cohort. All women and men
(n=74,138) born 1923-1950, and 1923-1945, respectively, were invited to participate in
the baseline examination between 1991 and 1996. Mental incapacity and inadequate
Swedish language skills were the only exclusion criteria. The participation rate was
40.8% and in total 28,098 men and women were included in the cohort.124 All
participants have given written informed consent. The study was approved by the local
ethics committee at Lund University (LU 51-90). More information about the MDCScohort has been described previously.124,125

The MDCS-Cardiovascular cohort
For the current study we included participants that were part of the 6,103 randomly
selected individuals who underwent additional phenotyping during 1991-1994 as part
of the MDCS- Cardiovascular Cohort (MDCS-CC), designed to study the epidemiology
of carotid artery. Between 2007 and 2012, all participants of this random sample who
were alive and had not emigrated from Sweden were invited to a follow-up reexamination, as previously described.126 In total, 4,924 MDCS-CC participants were
invited of which 3,734 attended the follow-up re-examination. (Figure 8)
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Exclusion criteria in studies I-V
For the respective studies included in this thesis, the main exclusion criteria were lack
of data on a) the measured biomarkers (study I-III), b) genetic markers (study IV), or c)
information on diet intakes (study V). In addition, participants were excluded if data for
estimating eGFR or any covariate data was missing at either baseline or follow-up reexamination. Details are further given in the appended manuscripts.

Figure 8 Flowchart of the recruitment process and participants included in the Malmö Diet and Cancer Study and
the random subsample MDCS-CC at baseline and follow-up re-examination
Modified from Manjer et al. 2001124
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Clinical examination and assays
Measurements
At the baseline, the participants underwent a physical examination and trained nurses
measured height (cm), weight (kg) and waist and hip circumference (cm). BMI was
calculated as weight divided by height squared (kg/m2) Blood pressure (diastolic and
systolic) was measured (mmHg) in supine position with a mercury column
sphygmomanometer after 10 minutes of rests. Questions concerning socio-economic
status, lifestyle factors and medical history were answered by the participants via a selfadministrated questionnaire.125 Use of anti-hypertensive treatment (AHT) at baseline
was categorized as “yes” or “no”. Smoking status was defined as a categorical variable:
current smokers including irregular smokers, former-smokers, and never smokers.
At baseline, fasting blood samples were drawn and immediately frozen to
-80°C and stored in a biobank.127 Creatinine (μmol/L) and cystatin C (mg/L) were
quantified from fasting blood samples. Creatinine was analyzed using the Jaffé method,
and traceable to the International Standardization with isotope dilution mass
spectrometry (IDMS). Cystatin C was measured using a particle-enhanced
immunonephelometric assay (N Latex Cystatin; Dade Behring, Deerfield, Illinois). The
values of cystatin C were not standardized because they were analyzed before the
introduction of the world calibrator in 2010. The reference values for the method were
0.53–0.95 mg/L.
During the follow-up re-examination (2007-2012), following similar approaches as at
baseline, anthropometric characteristics (height, weight, waist and hip circumference,
SBP and DBP) were measured and plasma concentrations of glucose (mmol/L),
creatinine (μmol/L) and cystatin C (mg/L) were quantified in fasting blood samples
using similar analytical methods as at baseline.

Genotyping
Genotyping was performed using the Illumina HumanOmniExpress BeadChip v1, at the
Broad Institute, Cambridge, MA USA. During the quality control individuals were
filtered out if the call rate was less than 0.95, an inbreeding coefficient of > 3 SD away
from the mean was observed, discordance between inferred and reported gender
occurred, duplicate samples were identified, unexpected high proportion of IBD sharing
was observed, first and second degree relatives or deviating from the common
population structure in the MDCS-CC (exceeding 8 sigma on first two principal
components) was observed. In addition, SNPs were filtered out if they were
monomorphic or had a call rate of <0.95, an extreme deviation from HWE (P <1x10-07),
were missing in either cases or controls (P <1x10-07 and MAF > 0.01) or an error in the
plate assignment occurred (P <1x10-08 and MAF > 0.01).
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In addition, the dataset was imputed up to 38,028,468 genetic variants with the 1000
Genomes (1000G) Phase 1 version 3 reference panel128 using SHAPEIT2129 for prephasing and IMPUTE130 at the Division of Translational Medicine and Human Genetics,
Perelman School of Medicine, University of Pennsylvania, USA. After QC, 21,575,257
imputed variants were left for the analysis.

Dietary assessment
At the baseline diet was assessed using a modified diet history methodology,131
specifically designed for the MDCS and consisting of 1) a 7 day menu book for
recording of intakes from meals that varied from day to day (usually lunches and dinner
meals), cold beverages, and nutrient supplements, 2) a 168-item questionnaire for the
assessment of consumption frequencies and portion sizes of regularly eaten foods from
meals which were not covered by the menu book, and 3) a 45-60 minute interview. In
1984-1985, the Malmö Food study evaluated the relative validity of the MDCS diet
methods, comparing them with an 18 day weighted-food record.132,133 Energy adjusted
Pearson correlation coefficients between the reference methods and the MDCS methods
were 0.54 and 0.53 for protein, 0.64 and 0.69 for total fat, 0.66 and 0.70 for
carbohydrates, and 0.74 and 0.69 for fiber, for men and women, respectively.132
The questionnaire and menu book were used to calculate the mean daily intake of foods
based on the frequencies and portion-size estimates. The reported food intakes were
converted to energy and nutrient intakes using the MDCS Food and Nutrient Database,
with the nutrient information mainly originating from PC-Kost2-93 from the National
Food Agency in Uppsala, Sweden.

Renal endpoints
Primary Endpoint
Kidney function, described by eGFR at the follow-up re-examination was our primary
outcome for all studies. Calculation of eGFR was done according to the CKDEpidemiology Collaboration 2012 creatinine-cystatin C equation52 (studies I, III and V)
or the CKD-Epidemiology Collaboration 2009 creatinine equation51 (studies II and IV).
We investigated decline in eGFR calculated both as
a) absolute [(eGFR at follow-up) – (eGFR at baseline)]
b) and annual decline [(absolute decline) / years of follow-up], and
risk of incident CKD stage 3A (eGFR at follow-up ≤ 60 mL/min/1.73m2) after excluding
prevalent cases of CKD (i.e. eGFR< 60 mL/min/1.73m2) at baseline.
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Secondary Endpoint
Hospitalization due to impaired renal function was used as the secondary outcome in
studies II and III. Data on hospitalization due to impaired renal function were obtained
from Swedish registries by linking the individual personal number to the Swedish
patient registries, which cover all hospitalization in Sweden since 1987 and hospital
outpatient visits from 2001 onwards. The register has been previously described and
validated for outcome classification.134 All participants where followed until occurrence
of a hospital diagnosis of impaired renal function, death, emigration from Sweden, or
until December 31st 2013. Admission to the hospital due to impaired renal function was
defined according to ICD 9 as 585-586, and according to ICD10 as N18 and N19. We
differentiated between impaired kidney function as the main diagnosis, registered as the
first diagnosis in the patient record, and impaired kidney function as the main or
contributing diagnosis (i.e. patients with the above mentioned ICD codes at any
position). All participants with prevalent impaired kidney function were excluded from
the analysis of incident hospitalization due to impaired renal function.

Predictors
The three biomarkers pro-ENK, suPAR, and KIM-1 were measured in fasting plasma
of the MDCS-CC participants from the baseline examination.

Pro-enkephalin (study I)
Chemiluminometric sandwich immunoassay was used to measure PENK A 119-159, a
surrogate marker for endogenous pro-ENK A, which utilizes a stable solid phase and
tracer antibody detecting the endogenous pro-ENK A precursor fragments.135
Before the analysis we transformed the positively skewed concentration of fasting
plasma pro-ENK with the natural logarithm to achieve normal distribution. In addition,
individuals were stratified to tertiles based on their pro-ENK concentration, defining the
first tertile (T1=lowest pro-ENK concentration) as the reference. Sex-specific tertiles
were used, because women had a significantly higher mean pro-ENK concentration at
baseline compared to men (one-way ANOVA P-value < 0.000001).

suPAR (study II)
The plasma concertation of suPAR (ng/ml) was analyzed in 2012 using a commercial
ELISA suPARnostic®-kit. The intra-assay coefficient of variation was 3% and the interassay coefficient variation was 5%.136
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To reach normal distribution we log-transformed the suPAR levels before the analysis
and the study sample was categorized according suPAR levels into equal quartiles
(Q1=lowest suPAR concentration).

KIM-1 (study III)
The Olink Proseek Multiplex 96 proximity extension assay was used to quantify
concentrations of KIM-1 as normalized to protein expression (NPX).137 The lower limit
of detection (LOD) was 0.48 pg/mL, and inter-coefficient and between-coefficient of
variations were 11% and 9%, respectively.138
Baseline levels of KIM-1 per 1 standard deviation (SD) increment of the log value were
analyzed and the study sample was categorized according to KIM-1 levels into sexspecific equal quartiles (Q1=lowest KIM-1 concentration).

GWAS and Mendelian Randomization (MR)-analysis
(study I and study III)
In studies I and III, the GWAS approach was used to identify genetic markers that
significantly associate with pro-ENK and KIM-1 levels, respectively. Thereafter, MRanalysis was conducted in study I. MR is an approach that uses genetic markers aiming
to assess causal relationship between a risk factor (often a biomarker) and disease
outcome.139 The genetic marker with the strongest association with pro-ENK was used
as a proxy for levels of pro-ENK. Given the random allocation of genes at conception,
the genetic marker divides the study population into random groups similar to a
randomized clinical trail. Thus, by random the participants who inherit the biomarkerraising allele are assigned to a group with higher levels, whereas those who do not
inherit this allele are assigned to the group with lower levels.139 Conditional analysis
was performed, prior to the identification of the most suitable pro-ENK associated SNP
for the instrumental variable analyses.

Genetic risk score (study IV)
In total 53 SNPs, which have been previously identified to be associated with kidney
function13 were used to construct an unweighted genetic risk score (GRSCKD) by
summing up the number of risk alleles (0,1 or 2 per SNP) per participant. The allele
frequencies of the 53 SNPs in the MDC-CC and further details are presented in the
supplementary material of the appended manuscript. In addition, the participants were
categorized according to the GRSCKD into quartiles.
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Dietary intakes (study V)
In the final study, macronutrients, 15 food groups (with a focus on protein intake), and
three beverages were examined. These were as following: carbohydrates (E%), fat
(E%), protein (E%), sucrose (E%), fiber (g/1000 kcal), fruits and vegetables (g/day),
refined cereals (including pasta, rice, refined breakfast cereals and low fiber bread;
portions/day), fiber-rich cereals (including fiber-rich bread and breakfast cereals;
portions/day), egg (g/day), poultry (g/day), total fish (g/day), total red meat (g/day),
unprocessed red meat (g/d), processed meat and meat products (g/d), total dairy
(including unfermented milk, yoghurt, sour milk, cream and cheese; portions/day),
yoghurt (g/day), cheese (g/day), cream (g/day), milk (g/day), legumes (g/day), and
sugar-sweetened beverages (SSB) (g/day), coffee (g/day), tea (g/day). Before the
analysis, all food variables were log-transformed to normalize the distribution. A very
small amount was added to handle log transformation of zero-consumers. All food
variables were adjusted for total energy intake using the residual method by regressing
the dietary intake on total non-alcohol energy intake. Subsequently, the participants
were ranked in equal intake groups (quartiles). If more than 25% of the consumers were
zero-consumers (in the case of SSB, tea, yoghurt, poultry, and legumes) these were
classified as zero-consumers, and the consumers, were classified into tertiles.
Participants ranked in the lowest quartile of consumption or as zero-consumers, where
applicable, were the reference in all analyses.
The season of the dietary data collection (spring, summer, autumn and winter) was
defined as “season”. A 4-class categorical variable was used to categorize the
participants according to their alcohol consumption. Zero-consumers were participants
who had reported zero consumption in the menu book and indicated no consumption of
any type of alcohol during the previous year. Consumers were categorized as “low” if
their alcohol consumption was <15 g/d for women or < 20 g/d for men, as “medium” if
15-30 g/d for women or 20-40 g/d for men, and “high” if >30 g/d for women and >40
g/d for men. The education level of the participants was recorded by dividing the
participants into 4 categories according to their highest level of education (≤ 8, 9-10, or
11-13 years, or university degree).
Previous studies in the MDCS cohort have shown that changes in food habits related to
obesity and other lifestyle and socio-economic factors and might confound observed
relationships between diet and disease.140 Therefore, sensitivity analyses were
performed excluding participants who reported a dietary change in the past (“yes” or
“no”), assessed based on the question “Have you substantially changed your eating
habits because of illness or some other reason?”.
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Statistics
We used the chi2-test to test differences in the distribution of the categorical variables
(i.e. sex, smoking status, or use of AHT) across equal groups of participants (either
tertiles or quartiles) of the respective biomarkers, or the GRSCKD(studies I-IV).
General linear regression was used to test association between the respective predictor
variable and kidney function markers at baseline and follow-up re-examination (studies
I-V).
We applied logistic regression to estimate the Odds Ratios (OR) and 95 % confidence
intervals (CI) for risk for incident CKD (studies I-V). Model fitting was tested using the
Hosmer-Lemeshow test for logistic regression and an adequate model fit was assumed
by a P-value > 0.05 .
In addition, we used Cox proportional hazard regression (study II and III) to estimate
the Hazard Ratios (HR) and 95 % CI for incident hospitalization due to impaired renal
function. Age was used as the underlying time-variable. The proportional hazard (PH)
assumption was tested using Schoenfeld residuals (estat STATA command), and the
graphical (stphplot STATA command) and hazard functions were graphically examined
by plotting the Kaplan Meier failure function (sts graph STATA command).
To test the clinical applicability of the circulating biomarkers in studies I-III and the
GRSCKD in study IV, Net Reclassification Improvement (NRI) was calculated using the
nri STATA command for the package idi from http://personalpages.
manchester.ac.uk/staff/mark.lunt.141 Model discrimination was tested by calculating the
C-statistics using the roccomp command in STATA for models using risk factors with
and without the circulating biomarker or GRSCKD, respectively.
P-values of ≤ 0.05 were considered statistically significant.

Covariates
To take into account factors that may affect kidney function and could therefore
confound the relationship between kidney function and the prediction variables in our
studies (i.e. circuiting biomarkers, GRSCKD or dietary intakes), the analyses were
adjusted for several established kidney risk factors (age, sex and baseline eGFR, BMI,
fasting glucose, SBP, use of AHT and smoking status). Furthermore, the linear and
logistic regression models were adjusted for the follow-up time.
Moreover, the dietary analyses were adjusted for additional covariates including season,
total energy intake, alcohol intake and physical activity.
Details on the adjustments for covariates are stated in the results section.
SPSS (version 21, IBM Corporation, Armonk, NY), STATA version 13 (Stata Corp LP,
College Station, TX) and PLINK version 1.07142 were used for the performed analysis.
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Annual change in
eGFR
Incident CKD

CKD-EPI creacystatin C52

Linear and Logistic
regression
ROC
NRI
GWAS
MR

Fasting plasma
levels of pro-ENK

Equation to estimate
GFR

Statistical analyses

Exposures

Basic + fasting
glucose, BMI, SBP
and use of AHT

Full
Basic + fasting glucose,
BMI, SBP, use of AHT and
smoking status

Age, sex, baseline eGFR
and follow-up time*

Fasting plasma levels of
suPAR

Linear and Logistic
regression
Cox-regression*
ROC
NRI

Annual change in eGFR
Incident CKD
Hospitalization due to
impaired renal function
(ICD 9 585-586 and ICD
10 N19 N20)
CKD-EPI crea51

* in study II and III age was used as the underlying time scale in the Cox regression models.

Age, sex, baseline
eGFR and follow-up
time

Basic

Adjustments

Study II

Study III

Study IV

Study V

Basic + fasting glucose,
BMI, SBP, use of AHT and
smoking status

Age, sex, baseline eGFR
and follow-up time*

Fasting plasma levels of
KIM-1

Linear and Logistic
regression
Cox-regression*
ROC
NRI
GWAS

Annual change in eGFR
Incident CKD
Hospitalization due to
impaired renal function
(ICD 9 585-586 and ICD
10 N19 N20)
CKD-EPI creacystatin C52

Basic + fasting
glucose, BMI, SBP,
use of AHT and
smoking status

Age, sex, baseline
eGFR and follow-up
time

GRS, including 53
SNPs previously
associated with
eGFRcrea13

Basic + daily fiber intake,
education, physical activity,
alcohol intake, fasting
glucose, BMI, SBP, use of
AHT and smoking status

Age, sex, baseline eGFR,
follow-up time, total energy
intake ,and season
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Dietary intakes including
five macronutrients, 15 food
groups, and three
beverages

Linear and Logistic
regression

CKD-EPI creacystatin C52

CKD-EPI crea51
Linear and Logistic
regression
ROC
NRI

Annual change in eGFR
Incident CKD

Change in eGFR
Incident CKD

Lack of information on biomarker levels (study I-III), genetic markers (study IV), diet intake (study V), measurements of creatinine and/or cystatin C
at baseline and/or follow-up, and/or covariates

Outcomes

Exclusion criteria

Table 2 Overview of the study design characteristics
Study I

52

Results

Study I
High Level of Fasting Plasma Proenkephalin-A Predicts Deterioration of Kidney
Function and Incidence of CKD
In study I, we investigated the relationship between fasting plasma levels of pro-ENK
and kidney function.
Cross-sectional association between pro-ENK and kidney function
We observed that among 1,970 men and 2,664 women included in the study, participants
with high baseline levels of pro-ENK had a significantly lower eGFR (P-trend<0.001).
In addition, pro-ENK associated positively with creatinine and cystatin C levels (Ptrend<0.001 for both) at baseline.
Longitudinal association between pro-ENK and kidney function
In addition, we found that a greater decline in eGFR (P-trend<0.001) as well as
incidence of CKD occurred more frequently in participants classified within the highest
tertiles of baseline pro-ENK during a mean follow-up time of 16 years (OR:1.51; 95%
CI 1.18-1.94).143 The associations across the tertiles of pro-ENK for all participants, and
separately for men and women, are shown in Figure 9. Adding pro-ENK to a risk model
including age, sex, baseline levels of eGFR, fasting glucose, BMI, SBP, AHT ,and
follow-up time did only marginally improve the C-statistics (AUC without vs. with proENK 0.789 vs. 0.791, P=0.079), but did lead to a significant NRI of 14.1% of the
individuals (P=0.001). The results remained similar when participants with diabetes or
CVD at baseline were excluded in the sensitivity analysis (OR: 1.54; 95% CI 1.19-1.97).
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Figure 9 Association between baseline levels of pro-ENK and longitudinal kidney function, and risk of incident
CKD in MDCS-CC and stratified by gender
High levels of baseline pro-ENK associate with a greater decline in eGFR and increased risk of incident CKD at follow-up
re-examination compared to low levels of baseline pro-ENK.
Figure 1a) shows the change in eGFR according to levels of pro-ENK in linear regression model adjusted for age, sex
(when applicable), and baseline levels of eGFR.
Figure 1b) shows the risk of incident CKD (eGFR at follow-up re-examination <60 mL/min1.73m2) in tertiles of pro-ENK
among 2,568 participants with a baseline eGFR of > 60 mL/min/1.73m 2. Altogether 813 individuals were classified as
having CKD at the follow-up examination (293 males and 520 females). The logistic regression model was adjusted for age,
sex (when applicable), baseline levels of eGFR, fasting glucose, BMI, SBP, use of AHT (yes/no), and follow-up time.
eGFR according CKD-EPI creatinine-cystatin C equation. 52
Abbreviations: AHT=anti-hypertensive treatment, BMI= body mass index, eGFR=estimated glomerular filtration rate,
MDCS-CC=Malmö Diet and Cancer Study-Cardiovascular Cohort, pro-ENK=pro-enkephalin, SBP=systolic blood pressure.
Modified from Schulz et al. 2016143 Reprinted with the permission of the publisher.
Detailed information can be found on page 96.
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Genome-wide association analysis for plasma pro-ENK levels and associations
between the identified SNPs and kidney function
Next we performed GWAS for pro-ENK levels in 4,150 participants of MDCS-CC. We
observed that 24 of the 850,658 directly genotyped SNPs tested, all in the vicinity of the
PENK locus, associated with pro-ENK levels at P<5x10-8. The strongest association
was found with the SNP rs1012178, which associated with a 0.057 μmol/L higher
baseline pro-ENK per minor T-allele (MAF 0.22 P=4.7x10-21). (Figure 10) In
conditional analysis, the SNP rs1012178 was observed to provide the strongest
association with pro-ENK in the region.
We next tested association between rs1012178 and risk of incident CKD and found that
the T-allele associated with increased risk of incident CKD (OR:1.19, 95% CI 1.021.38) after adjustment for age, sex, baseline levels of eGFR, fasting glucose, BMI, SBP,
use of AHT, and follow-up time. In addition, the decline in eGFR was greater in the
T-allele carriers compared to major allele carriers (-0.083 mL/min/1.73m2 per copy of
the minor allele and year of follow-up; P<0.001). In line with these results, the increases
of the creatinine and cystatin C levels from baseline to follow-up were higher among
the minor allele carriers (+0.123 μmol/L; P=0.002 and +0.001 mg/L; P=0.03,
respectively, per minor allele and year of follow-up). Moreover, in MR-analysis
rs1012178 associated with a non-significant trend for increased risk of incident CKD
(OR:1.95; 95% CI 0.97-3.92) after adjustment for age, sex, baseline levels of eGFR,
fasting glucose, BMI, SBP, and AHT and follow-up time. (Figure 11) Yet, the
instrumental variable associated with significant decline of eGFR (P=0.008) and
increase in creatinine (P=0.019) from baseline to follow-up.143
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Figure 10 Genome-wide association analysis for fasting plasma concentration of pro-ENK in the 4,150 participants
of MDCS-CC
Figure 2a) presents the Manhattan-plot for association between fasting plasma levels of pro-ENK and 850,658 directly
genotyped SNPs after QC. The red line indicates P< 5x 10-8 and the blue line indicates P< 5x 10-5.
Figure 2b) illustrates the regional locus zoom plot of the chromosome 8q12.1 locus. The purple diamond indicates the lead
SNP rs1012178 and the circles indicate SNPs with different degrees of LD [r2 ≥0.80% (red), 0.8-0.6 (orange), 0.6-0.4
(green), 0.4-0.2 (light blue) and ≤0.2]. Genes encoded in the region are shown in the box above the X-axis, which indicates
the nucleotide position on chromosome 8.
Abbreviations: chr8= chromosome 8, GWA= Genome-wide Association, LD=Linkage-disequilibrium, MDCS-CC= Malmö
Diet and Cancer Study-Cardiovascular Cohort, Mb=megabase, pro-ENK=pro-enkephalin, SNP=single nucleotide
polymorphism, QC=Quality Control.
Modified from Schulz et al. 2016143 Reprinted with the permission of the publisher.
Detailed information can be found on page 96.
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Figure 11 Association of rs1012178 genotypes with longitudinal kidney function and risk of incident CKD in the
MDCS-CC
At the follow-up re-examination, a greater decline in eGFR and increased risk of incident CKD was more likely in rs1012178
minor allele carriers compared to major allele carriers. The instrumental variable associated with a decline in eGFR and a
trend for increased risk of incident CKD.
Figure 3a) shows change in eGFR through genotypes of rs1012178 in a linear model adjusted for age, sex (when
applicable), and baseline levels of eGFR.
Figure 3b) shows the risk of incident CKD (eGFR at follow-up re-examination < 60 mL/min1.73m2) according to genotypes
of rs1012178 in 2,766 participants from the MDCS-CC. The logistic regression model was adjusted for age, sex (when
applicable), baseline levels of eGFR, SBP, BMI, fasting glucose, use of AHT (yes/no) and follow-up time.
Figure 3c) shows the IV analysis for rs1012178 genotypes and change in eGFR in a linear model adjusted for age, sex
(when applicable), and baseline levels of eGFR.
Figure 3d) shows the IV analysis for rs1012178 genotypes and risk of incident CKD (eGFR at follow-up re-examination < 60
mL/min1.73m2) in 2,308 participants from the MDCS-CC. The logistic regression model was adjusted for age, sex (when
applicable), baseline levels of eGFR, fasting glucose, BMI, SBP, use of AHT (yes/no) at baseline, and follow-up time.
eGFR according CKD-EPI creatinine-cystatin C equation. 52
Abbreviations: AHT=anti-hypertensive treatment, BMI= body mass index, eGFR=estimated glomerular filtration rate,
MDCS-CC=Malmö Diet and Cancer Study-Cardiovascular Cohort, pro-ENK=pro-enkephalin, SBP=systolic blood pressure.
Modified from Schulz et al. 2016143 Reprinted with the permission of the publisher
Detailed information can be found on page 96.
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Study II
Soluble urokinase-type plasminogen activator receptor (suPAR) and impaired kidney
function in the population- based Malmö Diet and Cancer Study
Hayek et al. reported recently that in patients with cardiovascular disease, undergoing
cardiac catheterization, elevated plasma levels of suPAR strongly associated with
increased decline in kidney function and incidence of CKD.24 Thus, in study II we
attempted to investigate if fasting plasma levels of suPAR associate with longitudinal
kidney function in generally healthy middle-aged participants from the MDCS-CC.
Longitudinal association between baseline concentration of suPAR and kidney
function
We observed that the study participants classified in the highest quartile of baseline
suPAR had a significantly lower eGFR at the follow-up re-examination
(P-trend= 4.3 x 10-7). The annual decline in eGFR was higher amomg participants
classified within the top quartile of baseline suPAR compared to participants within the
lowest quartile (P-trend=2.9 x 10-8). At the follow-up visit, after an average follow-up
time of 16.6 years, 561 participants had eGFR of < 60 mL/min 1.73m2 and were
classified as having CKD. After adjusting for potential confounders, we observed that
participants classified within the highest quartile of suPAR had a 69% higher risk of
incident CKD compared to participants classified in the lowest quartile (OR:1.69; 95%
CI 1.25-2.30).
Clinical applicability of suPAR
To investigate whether suPAR may improve the ROC-curve, we added the variable to
a risk model including age, sex, baseline levels of eGFR, fasting glucose, BMI, SBP,
smoking, AHT and follow-up time and observed that it did not statistically improve the
C-statistics (AUC without suPAR vs. with suPAR 0.729 vs. 0.733, P=0.17).
Nonetheless, adding suPAR to the model significantly improved the NRI-Index
(NRI=15.5%, P=0.0010). Model calibration was acceptable for both models (HosmerLemeshow’s P>0.05).
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Hospitalization due to impaired renal function
In addition, in the Cox-regression analysis we observed that higher baseline
concentrations of suPAR associated with a higher hazard of hospitalization (HR per
1SD increase in baseline suPAR 1.59; 95% CI 1.41-1.74 in the basic model and 1.49;
95% CI 1.27-1.74 in the multivariate adjusted model).144 Of the 110 participants,
hospitalized due to impaired renal function during the mean follow-up time of 19.0
years, 47 were classified within the highest quartile of suPAR, whereas only seven were
categorized in the lowest quartile (Q1 vs. Q4 HR: 3.73; 95% CI 1.65-8.44). Similar
results were observed when we included cases hospitalized with impaired renal function
as a secondary diagnosis (n=97, in total 207 cases). (Table 3 and Figure 12)

Figure 12 Cumulative incidence of hospitalization due to impaired renal function as the main diagnosis during a
mean follow-up time of 19 years according to quartiles of baseline suPAR in 5,129 participants of MDCS-CC
Cumulative incidence of hospitalization due to impaired renal function as the main diagnosis during a mean follow-up time
of 19 years according to quartiles of baseline suPAR in 5,129 participants of MDCS-CC
In the final model, male sex (HR:2.53; 95% CI 1.69-3.79), BMI (HR:1.10; 95% CI 1.05-1.15), baseline glucose (HR:1.21;
95% CI 1.14-1.30), AHT (HR:1.59; 95% CI 1.05-2.41), eGFR (HR:0.96; 95% CI 0.95-0.98) and current smoking (HR:2.23;
95% CI 1.34-3.73) were significantly associated with hospitalization due to impaired renal function, in addition to suPAR.
The Kaplan-Meier plot shows cumulative percentages of patients that were hospitalized due to impaired renal function as
the main diagnosis during the follow-up in quartiles of baseline suPAR level [first (lowest values) to fourth (highest values)].
Median (range) concentrations of the quartiles 1 to 4 are shown in Table 3.
Cox regression adjusted for sex, baseline levels of eGFR, fasting glucose, BMI, SBP, smoking status (current, former or
never smokers), and use of AHT (yes/no) at baseline. Age was used as underlying time-variable.
eGFR according CKD-EPI creatinine equation. 51
Abbreviations: AHT=anti-hypertensive treatment, BMI= body mass index, eGFR=estimated glomerular filtration rate,
MDCS-CC=Malmö Diet and Cancer Study-Cardiovascular Cohort, SBP=systolic blood pressure, suPAR= soluble urokinase
plasminogen activating receptor.
Modified from Schulz et al. 2017144
Detailed information can be found on page 96.
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1.49
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5129/207
1.46
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1.24
(1.08-1.43)

1.46
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Sex adjusted HR (95 %CI)

Risk factor3- adjusted HR (95
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1.0

1.0
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Q1
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3.17
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(2.43-2.83)
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(1.35-3.59)

1283/57

3.11
(1.36-7.10)

4.18
(1.84-9.50)

1283/32

3.10
(2.83-3.41)

Q3

2.13
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1282/80

3.73
(1.65-8.44)

6.89
(3.11-15.28)

1282/47

4.36
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Modified from Schulz et al. 2017 144 Detailed information can be found on page 96.

Admission to the hospital due to impaired kidney function as main diagnosis. 2Admission to the hospital due to impaired kidney function as main diagnosis (n=110) and secondary
diagnosis (n=97, in total n=207).
3
adjusted for sex, fasting glucose levels, eGFR, BMI, SBP, smoking status (current, former or never smokers) and use of AHT (yes/no) at baseline. Age was used as underlying timevariable. Abbreviations: BMI= Body Mass Index, SBP=systolic blood pressure, DBP=diastolic blood pressure, AHT=anti-hypertensive treatment, eGFR= estimated glomerular filtration rate
according CKD-EPI creatinine equation.51

1

Per 1SD log suPAR

Impaired kidney function as main diagnosis

Mean (range) suPAR (ng/mL)

Table 3 Incidence of impaired kidney function during a mean follow- up time of 19 years, in relation to baseline concentration of suPAR in the MDCS-CC

Study III
High levels of plasma kidney injury molecule-1 (KIM-1) predict deterioration of
kidney function and incidence of chronic kidney disease
In paper III we investigated the relationship between plasma levels of KIM-1 and kidney
function.
Cross-sectional association between KIM-1 and kidney function
The 4,412 participants (39.3% men) included in the study were 57.4 (SD 5.9) years old,
had a mean BMI of 25.6 (SD 3.9) kg/m2 and an eGFR of 89.1 mL/min/1.73m2 (range
13.6 -153.6). Further, we observed that participants within the higher quartile of KIM1 had a significantly lower eGFR compared to participants within the lowest quartile of
KIM-1 (Q4: 85.3 vs. Q1: 91.6 mL/min/1.73m2; P-trend=0.0007).
Longitudinal association between baseline concentrations of KIM-1 and kidney
function
At the follow-up re-examination the annual decline in eGFR was greater among
participants with higher baseline levels of KIM-1 (P-trend<0.0001). Likewise, in
comparison to participants within the lowest quartile of baseline KIM-1, participants
within the highest quartile had higher levels of creatinine and cystatin C as compared to
participants within the lowest quartile (P-trend for both < 0.0001).
When 34 participants with a baseline eGFR of < 60 mL/min/1.73m2 were excluded,
incidence of CKD at follow-up re-examination was observed in 882 of 2,765
participants. As illustrated in Figure 13 the incidence of CKD was higher among
participants in the highest quartile of baseline KIM-1 in the multivariate model (Q1 vs.
Q4 OR: 1.45; 95% CI 1.10-1.92).
When KIM-1 was added to a risk model, including age, sex, baseline levels of eGFR,
fasting glucose, BMI, SBP, smoking, and AHT, the AUC improved marginally yet
significantly (P=0.043) and the NRI-Index improved significantly (P=0.023). Both
models had an adequate model calibration (Lemenshow’s P-value> 0.05 for both
models).
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Figure 13 Risk of incident CKD at follow-up re-examination according to quartiles of KIM-1 among 2,765
participants of the MDCS-CC after a mean follow-up time of 16.6 (±1.5) years
High levels of baseline KIM-1 associate with increased risk of incident CKD at follow-up re-examination compared to low
levels of baseline KIM-1 (P-trend=0.012).
The logistic regression model was adjusted for age, sex, baseline levels of eGFR, fasting glucose, BMI, SBP, smoking
status (current, former or never smokers), use of AHT (yes/no) and follow-up time.
eGFR according CKD-EPI creatinine-cystatin C equation.52
Abbreviations: AHT=anti-hypertensive treatment, BMI= body mass index, eGFR=estimated glomerular filtration
SBP=systolic blood pressure. Q1=lowest quartile; Q4=highest quartile.

Hospitalization due to impaired renal function
In total 90 participants were admitted to the hospital due to impaired renal function
during the follow-up time of 19 (range 0-22) years. Participants classified into the
highest quartile of baseline KIM-1 were more likely to be admitted to the hospital. When
adjusted for the known risk factors the hazard for hospitalization due to impaired renal
function was increased for participants classified within the highest quartile of baseline
KIM-1 compared to the lowest quartile (Q1 vs. Q4 HR: 1.84; 95% CI 0.93-3.63).
(Figure 14) Likewise, when 82 additional cases with hospitalization due to impaired
renal function as a secondary diagnosis were induced into the analysis, the risk was
significantly increased (Q1 vs. Q4 HR: 1.78; 95% CI 1.08-2.94). PH-assumption was
fulfilled for both analyses (global P-value >0.42 for both primary and all cases of
hospitalization due to impaired renal function).
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Q4

Q3
Q1

Q2

Figure 14 Cumulative incidence of hospitalization due to impaired renal function (main diagnosis, n=90) during
follow-up according to quartiles of KIM-1 in 4,406 participants of the MDCS-CC
In the final model, in addition to KIM-1, male sex (HR: 2.62; 95% CI 1.69-4.07), fasting glucose (HR:1.21; 95% CI 1.121.31), BMI (HR:1.10; 95% CI 1.05-1.15), and eGFR (HR:0.95; 95% CI 0.94-0.96) were significantly associated with
hospitalization due to impaired renal function,
The Kaplan-Meier plot shows cumulative percentages of main cases of patients (n=90) that were hospitalized due to
impaired renal function during the follow-up (19.2± 4.0 years) in quartiles of baseline fasting plasma KIM-1 [first (lowest
values) to fourth (highest values)].
The Cox regression was adjusted for sex, baseline levels of eGFR, fasting glucose, BMI, SBP, smoking status (current,
former or never smokers), and use of AHT (yes/no) at baseline. Age was used as the underlying time-variable.
eGFR according CKD-EPI creatinine-cystatin C equation.52
Abbreviations: AHT=anti-hypertensive treatment, BMI= body mass index, eGFR=estimated glomerular filtration rate,
MDCS-CC=Malmö Diet and Cancer Study-Cardiovascular Cohort, SBP=systolic blood pressure.

Study IV
Genetic predisposition for renal dysfunction and incidence of chronic kidney disease
in the Malmö Diet and Cancer study
Early identification of persons at increased risk of CKD is of great importance34 and
several genetic markers associated with kidney function have been discovered in the
recent years.13,77-81 In study IV, we therefore investigated the clinical potential of a GRS,
consisting of 53 SNPs associated with eGFRcrea,13 to predict risk of incident CKD at
follow-up re-examination.
The average number of risk alleles carried by the 2,301 participants included in this
study was 56 (range 42-71). (Figure 15) We observed that higher GRSCKD associated
strongly with lower baseline eGFR (-0.26 mL/min/1.73m2 per risk allele;
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P=3.34 x 10-8), as well as with higher levels of creatinine and cystatin C (P<0.0001 and
P<0.001, respectively). (Table 4)
Risk of incident CKD
After a mean follow-up time of 16.6 years incidence of CKD occurred in 453 (19.7%)
participants. We observed that participants classified within the highest quartile of the
GRSCKD had a lower eGFR at the follow-up re-examination compared to participants
within the lowest quartile, independent of age, sex, baseline eGFR, and follow-up time
(P-trend=0.0009). Likewise, there was a 43% increased risk of incident CKD
(OR=1.43; 95% CI 1.12-1.81) per 10 risk alleles after adjusting for age, sex, baseline,
eGFR and follow-up time. When adjusting for further baseline risk factors BMI, fasting
glucose, SBP, AHT and smoking status, GRSCKD remained significantly associated with
the risk of incident CKD (OR: 1.48; 95% CI 1.16-1.88 per 10 risk alleles). Higher
GRSCKD associated with increased risk of incident CKD at follow-up examination in
multivariate adjusted analysis (Q1 vs. Q4 OR: 1.78; 95% CI 1.29-2.46). (Figure 16)
Yet, the GRSCKD did not significantly improve the C-statistics when compared to a risk
model including solely the conventional risk factors (P=0.22). Nonetheless, adding the
GRSCKD did improve the NRI-Index (NRI=17.7%; P=0.0007).
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82.3 (11.9)
78.9 (11.4)
71.71 (14.6)
319 (13.9)
533 (23.2)
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Glucose (mmol/L)
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eGFR at baseline
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(mL/min/1.73m2)
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Current smoking, n
(%)

56.0 (5.6)
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74.2 (14.0)

80.4 (11.6)

80.8 (11.9)

0.74 (0.12)

5.1 (1.1)

86.6 (9.3)

138.9 (18.5)

25.5 (3.8)

72.7 (13.2)

168.9 (8.5)

56.2 (5.7)

237 (41.3)

51 (43-53)

144 (25.0)

78 (13.5)

71.8 (14.8)

79.4 (11.5)

81.9 (12.0)

0.75 (0.12)

5.0 (1.0)

86.1 (8.6)

138.4 (17.9)

25.3 (3.6)

72.8 (12.5)

169.6 (8.9)

55.9 (5.5)

241 (41.8)

55 (53-57)

Q3 (n=574)

136 (23.7)

89 (15.5)

70.7 (14.5)

78.4 (11.4)

82.7 (11.5)

0.76 (0.1)

5.03 (1.3)

85.8 (9.0)

138.2 (17.3)

25.5 (3.49)

73.7 (12.7)

169.8 (8.9)

55.9 (5.6)

236 (41.1)

58 (57-59)

Data shown as mean (SD) for continuous variables or n (%) for categorical variables.
1
P-value from sex and age adjusted linear regression model, or chi2-test.
eGFR calculated according to CKD-EPI 2009 creatinine equation.51
Abbreviations: AHT=anti-hypertensive treatment; BMI= body mass index; DBP= diastolic blood pressure; eGFR= estimated glomerular filtration rate;
MDCS-CC=Malmö Diet and Cancer Study-Cardiovascular Cohort, SBP=systolic blood pressure.
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Table 4 Baseline characteristics of the 2,301 participants from the MDCS-CC according to quartiles of GRSCKD
n
Mean (SD)
Q1 (n=574)
Q2 (n=576)
Q4 (n=577)

116 (20.1)

68 (11.8)

70.2 (14.7)

77.4 (10.9)

83.9 (11.8)

0.76 (0.1)

5.0 (0.8)

85.5 (9.3)

138.2 (17.7)

25.2 (3.6)

73.1 (13.6)

169.9 (8.9)

55.9 (5.6)

249 (43.2)

62 (59-71)

P-trend1

0.224

0.294

0.00009

2.9 10-8

5.5 x 10-8

0.0003

0.278

0.041

0.628

0.488

0.516

0.021

0.380

0.895

/
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Figure 15 Association between the GRSCKD of 53 SNPs and baseline eGFR in the Malmö Diet and Cancer Study
The blue histogram represents the frequency of the number of risk alleles carried by the 2,301 participants, and the
predicted values of the baseline eGFR (the red line) resulting from a linear regression plotted across the GRS CKD.
eGFR calculated according to CKD-EPI 2009 creatinine equation.51
Abbreviations: eGFR= estimated glomerular filtration rate; MDCS-CC=Malmö Diet and Cancer Study-Cardiovascular
Cohort.

Figure 16 Risk of incident CKD according to quartiles of GRSCKD in 2,301 participants of the MDCS-CC after an
average follow-up-time of 16 years
A higher GRSCKD was associated with increased risk of incident CKD at follow-up examination (Q1 vs. Q4 OR: 1.78; 95%
CI 1.29-2.46).
OR and 95%CI were obtained from logistic regression adjusted for age, sex, baseline levels of eGFR, fasting glucose, BMI,
SBP, smoking status (current, former or never smokers), use of AHT (yes/no), and follow-up time. Number of risk alleles
per quartile are shown in Table 4.
eGFR calculated according to CKD-EPI 2009 creatinine equation.51
Q1=lower quartile as reference was set to 1.
Abbreviation: AHT=anti-hypertensive treatment; BMI= body mass index; DBP= diastolic blood pressure; eGFR= estimated
glomerular filtration rate; MDCS-CC=Malmö Diet and Cancer Study-Cardiovascular Cohort, SBP=systolic blood pressure.

66

Study V
Dietary intake and longitudinal kidney function: results from the Malmö Diet and
Cancer Study
Lifestyle factors, such as diet, play a role in kidney function. However, the knowledge
on how dietary intake may influence kidney function of individuals with a preserved
kidney function is limited. Thus, in study V we investigate the relationship between
dietary intake and longitudinal kidney function.
The 2,918 study participants were on average 56.3 (SD 5.7) years old and had a mean
BMI of 25.3 (SD 3.6) kg/m2 and their median dietary intakes are shown in Table 5.
All participants were free of CKD at baseline and had a mean eGFR of 90.4 (range 60.1153.6) mL/min/1.73m2. There were no associations between any of the dietary variables
and baseline eGFR, except for poultry intake which associated with higher eGFR
(details are presented in the appended manuscript). The average decline in eGFR was
1.44 ml/min/1.73m2 (SD 0.82) per year during the mean follow-up time of 16.6 (13.320.2) years.
Longitudinal association between dietary intake and kidney function
When adjusted for all covariates (model 3), we observed that higher intake of sucrose
was associated with a greater decline in eGFR. When participants were categorized to
quartiles of sucrose intake, participants in the highest quartile had a significantly greater
decline of eGFR compared to participants in the first quartile. In contrast, participants
categorized within the highest quartiles of fiber, coffee, or total protein intake had a
significantly lower decline in eGFR from baseline to follow-up re-examination. In
addition, higher intake of egg, total red meat and cream associated with a lower mean
decline of eGFR. Higher total dairy as well as non-fermented milk intake showed a
tendency for association with lower eGFR decline. (Figure 17)
Incident CKD occurred in 930 (31.4%) study participants, and higher intake of fiber,
coffee, and milk associated with a lower risk of incident CKD. Likewise, there was a
tendency for a decreased risk of incident CKD among participants with higher intake of
cream and fiber-rich cereals. In contrast, higher intake of sucrose associated with a
tendency for higher risk of incident CKD. (Figure 18)
In the mutual adjustment analysis the positive association between total protein intake
or red meat intake and change in eGFR disappeared when adjusted for sucrose intake.
In contrast, higher intake of sucrose remained significantly associated with a lower
decline in eGFR when adjusted for total protein intake. However, sucrose intake was no
longer associated with risk of incident CKD when adjusted for total protein intake.
Neither remained milk nor total dairy intake significantly associated with decline in
eGFR after adjusting for protein intake (data not shown).
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In sensitivity analysis we excluded participants who reported having changed their diet
prior to baseline (n=703; 24%), but this did not majorly change the results. Further
details can be found in the appended manuscript.
Table 5 Dietary intakes1 among 2,918 participants from the MDCS-CC
Daily dietary intake

Mean ± SD

Daily dietary intake

Mean ± SD

Total energy (kcal/d)

2339.65±658.54

Egg (g/day)

23.14±18.21

Protein (EN %)

15.48±2.40

Poultry (g/day)

12.90±17.65

Fat (EN %)

37.92±6.32

Fish, total (g/day)

42.79±31.64

Carbohydrates (EN %)

44.48±5.68

Red meat – processed and nonprocessed
(g/day)

99.12±52.24

Sucrose (E%)

8.52 (3.2)

Red meat, nonprocessed (g/day)

60.20±35.56

Fiber (g/1000 kcal)

9.74±2.85

Meat and meat products - processsed
(g/day)

38.91±30.66

Fruits & vegetables
(g/day)

399.79±182.69

Dairy products, total (portions/day)

4.83±2.22

Alcohol (g/day)2

10.69±11.6

Yoghurt (g/day)

92.32±109.51

102 (3.5%)

Cheese (g/day)

47.69±33.05

2217 (75.9%)

Cream (g/day)

15.80±17.43

501 (17.2%)

Milk, non-fermented (g/day)

270.20±231.43

98 (3.4%)

Cereals - refined (portions/day)

2.36±1.55

SSB (g/day)

69.75±131.70

Cereals - fiber rich (portions/day)

1.13±1.09

Coffee (g/day)

532.47±385.56

Legumes (g/day)

8.97±18.07

Tea (g/day)

146.83±244.52

not during the last year
low
medium
high

Data shown as mean±SD.
1
assessed by self-reported assessed modified dietary history method.131
2
low=<15 g alcohol/d for women or < 20 g/d for men; medium= 15-30g/d for women or 20-40 g/d for men; high=>30 g/d for
women and >40 g/d for men
Abbreviation: EN %=Energy percentage; MDCS-CC=Malmö Diet and Cancer Study-Cardiovascular Cohort; SSB=Sugar
sweetened beverages.
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Mean Δ eGFR ±SE was obtained from linear regression and P=P-trend through quartile 1(lowest=reference) to 4 (highest) adjusted for age, sex, baseline levels of eGFR, fasting
glucose, BMI, SBP, total energy intake, season, daily fiber intake, education, physical activity, alcohol intake, smoking status (current, former or never smokers), use of AHT (yes/no),
and follow-up time.
eGFR according CKD-EPI creatinine-cystatin C equation.52
Abbreviation: AHT=anti-hypertensive treatment; BMI= body mass index; DBP= diastolic blood pressure; eGFR= estimated glomerular filtration rate; MDCS-CC=Malmö Diet and Cancer
Study-Cardiovascular Cohort, SBP=systolic blood pressure.

Figure 17 Annual change in eGFR (Δ eGFR) according to dietary intakes in 2,918 participants from the Malmö Diet and Cancer Study
with an eGFR >60 mL/min/1.73m2 at baseline
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OR and 95CI were obtained from logistic regression and P=P-trend through quartile 1(lowest=reference) to 4 (highest) adjusted for age, sex, baseline levels of eGFR, fasting glucose,
BMI, SBP, total energy intake, season, daily fiber intake, education, physical activity, alcohol intake, smoking status (current, former or never smokers), use of AHT (yes/no), and followup time.
eGFR according CKD-EPI creatinine-cystatin C equation.52
Abbreviation: AHT=anti-hypertensive treatment; BMI= body mass index; DBP= diastolic blood pressure; eGFR= estimated glomerular filtration rate; MDCS-CC=Malmö Diet and Cancer
Study-Cardiovascular Cohort, SBP=systolic blood pressure.

Figure 18 Risk of incident CKD (eGFR<60 mL/min/1.73m2) at follow-up re-examination according to dietary intakes in 2,918 participants from the Malmö Diet and Cancer
Study with an eGFR >60 mL/min/1.73m2 at baseline

Discussion

Overall, this thesis provides evidence for that the three investigated circulating
biomarkers (pro-ENK, suPAR and KIM-1) may be clinically useful in estimating longterm kidney function, based on that they associated with longitudinal eGFR decline and
have shown benefits in predicting risk of incident CKD. Furthermore, we observed that
participants who were carrying a higher number of risk alleles had an increased risk of
incident CKD at follow-up re-examination, independent of conventional risk factors.
Thus, the results suggest that incorporating information on genetic predisposition in risk
prediction models may be helpful in prediction of future kidney function. Lastly, we
observed that of the investigated macronutrients, three beverages and 15 food groups,
higher intake of sucrose associated with a greater long term kidney function decline,
whereas higher intake of fiber associated with a lower decline in kidney function
throughout follow-up. In addition, higher coffee intake associated with a lower decline
of eGFR.
The three investigated circulating biomarkers – in relation to current literature and
potential mechanisms
pro-ENK (study I)
In line with our study, previous observational studies reported an association between
pro-ENK and kidney function, and were in fact the motivation for us to initiate and
design study I.22,23 However, the previous findings were observed in patients with acute
myocardial infarction22 , or sepsis.23 Very recently, plasma levels of pro-ENK were
strongly correlated with eGFR in renal transplant recipients and with mGFR in healthy
donors.145 To our knowledge, we were the first to report that high levels of pro-ENK
associate with longitudinal decline in kidney function and risk of incident CKD in a
population-based cohort of middle-aged generally healthy participants.143
PENK is widely expressed throughout the body within both neuronal as well as nonneuronal tissues, including the kidney epithelium.95 Hitherto, the physiological role of
enkephalins still remains to be fully understood, even though they were first discovered
almost 40 years ago.93 Already in 1987, a four times higher plasma concentration of
met-enkephalin was reported in uraemic patients compared to healthy individuals.146
Met-enkpehalin was observed to directly correlate with plasma levels of creatinine and
urea in the uremic patients, and the study suggested that the retention of met-enkephalin
in blood could be involved in the pathogenesis of uraemic syndrome. 146 In 1981, metenkephalin was observed to be elevated in plasma of patients with renal failure, and it
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was proposed that this could potentially be a consequence of either impaired clearance
of met-enkephalin or of its precursor, or because of increased production.147 Metenkephalin, also known as the opioid growth factor (OGF), is involved in cell
proliferation.148,149 Met-enkephalin has been reported to modulate the cyclin-dependent
kinase inhibitory pathway by interacting with the OGF-receptor (OGFR) on the outer
nuclear envelope.148 Further, it has been suggested that the OGF-OGFR axis might play
a major role in the regulation of cell proliferation of human cancer cells.150 It is yet
unknown if the nuclear pro-ENK reflects or affects the plasma levels of pro-ENK. To
investigate if and how nuclear pro-ENK and/or an unbalanced OGF-OGF-receptor axis
may affect cell proliferation and apoptosis in the cells of renal tissues, and which longterm consequences such actions would entail, needs to be investigated further.
suPAR (study II)
Emerging evidence from observational studies suggest a pathogenic role for suPAR in
kidney disease.14-17,24 However, we were the first to report that high plasma levels of
suPAR associate with deterioration of kidney function and risk of incident CKD in a
general population of middle-aged Swedish participants.144 Indeed, patients undergoing
cardiac catheterization were observed to have a greater decline of eGFR and increased
incident CKD at follow-up if they presented increased levels of suPAR at baseline.24
Moreover, suPAR has been implicated in the pathogenesis of focal segmental
glomerulosclerosis (FSGS).24,103-106 FSGS can be referred to as a
morphological/histological pattern of injury rather than a specific glomerular disease.151
FSGS is recognized via kidney biopsy and is characterized by sclerotic (fibrotic) lesions
in the glomeruli that are focal (less than 50% of all glomeruli affected on light
microscopy) and segmental (less than 50% of the glomerular tuft affected).151
Interestingly, increased levels of suPAR occurred in two-thirds of the patients with
FSGS, but not in patients with other glomerular diseases with podocyte involvement
(including minimal change disease and membranous nephropathy) or preeclampsia.105
Likewise, elevated levels of suPAR were observed in patients with biopsy proven
primary FSGS from two cohorts.106 It has been postulated that suPAR may act via
interference with podocyte migration and apoptosis.24,103-106 Indeed, both suPAR and
uPAR have been suggested to be directly involved in podocyte migration through
binding of integrins and regulation of cell adherence.24,152 Experimental studies have
shown that uPAR is required for activating the αvβ3 integrin in the podocytes and a
pathophysiology similar to primary FSGS was observed when uPAR was overexpressed
in mice, whilst neither proteinuria nor podocyte pathology was observed in knock-out
mice without the gene encoding uPAR (Plaur-/-).103
KIM-1 (study III)
Several studies have previously suggested an association between KIM-1 and adverse
kidney function outcomes. However, adding u-KIM-1 to prediction models has not
shown additional prognostic benefits beyond the common clinical risk factors,116,117,120
and only a few studies have investigated p-KIM-1.121-123 Interestingly, one study in
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patients with T1D reported that the association of u-KIM-1 with deterioration of kidney
function diminished and was not significant when adjusted for p-KIM-1, whilst the
association remained significant for p-KIM-1 when adjusted for u-KIM-1.121 These
findings lead to the discussion that u-KIM-1 may reflect the acute production, which
may vary over time, whereas p-KIM-1 might represent the synthesis over time, and may
be less affected by variation over time and thus time of collection.121 HAVCR1 (the gene
encoding for KIM-1) is primarily expressed in the kidney cortex,113 and a recent paper
reported that the levels of urinary and plasma KIM-1 are correlated (r=0.43).123 The
movement of KIM-1 into the circulation may be facilitated by loss of tubular cell
polarity with injury, when KIM-1 may be released directly to the interstitium, but also
by increased transepithelial permeability and disruption of the actin cytoskeletal
architecture153 in renal microvascular endothelial cells.123,153-155
There are a few aspects, which deserve some further clarification when interpreting the
results from studies I-III. The biomarkers investigated were only measured once at the
baseline examination and therefore all our longitudinal analyses were either adjusted for
the follow-up time, or the reported change in kidney function was expressed per year of
follow-up. Further, it could be argued that this may not be much of an issue at least for
study III. As mentioned above, p-KIM-1 measured in plasma has been discussed to
probably reflect long-term synthesis, which may be less affected by variation over time.
Of note, we have investigated circulating KIM-1 measured in plasma, whereas the
majorities of the studies have been investigating u-KIM-1.116-120 Given that there was
no urine available from the baseline examination it was not possible to investigate uKIM-1 in the MDCS-CC.
In addition, in study I, we performed MR-analysis to investigate the causal link between
pro-ENK and kidney function. Instead of plasma levels of pro-ENK we used an
instrumental variable for the strongest genetic marker associated with pro-ENK that we
identified in GWAS. Considering that alleles are randomly allocated during conception,
and that the analysis using the instrumental variable showed similar results (i.e. which
suggested that pro-ENK may be causally linked to kidney function), it can be argued
that using a one-time measurement at baseline in study I might not be of major concern.
Lastly, the biomarkers pro-ENK, suPAR and KIM-1135,136,138 have been evaluated prior
in regards to their stability, and intra-as well as inter-assay variation.
We observed that the circulating biomarkers associated with age at baseline, i.e. older
individuals had higher levels, thus all analyses were age adjusted. Given the particular
relationship between age and kidney function (i.e. the decline in eGFR starting
approximately in the fourth decade),53,54 we used age as the underlying time variable in
the Cox-regression models in studies II and III, and the PH-assumption was fulfilled
and the Schoenfeld residuals were acceptable (global P-value of > 0.05).144
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Genetic predisposition and potential pathophysiological consequences (study IV)
The variants included in the GRSCKD in study IV were initially discovered in the to date
largest meta-analysis of GWAS for eGFRcrea, which identified 24 novel loci and
replicated 29 earlier identified loci in the combined data set of more than 175,000
individuals.13 In addition, a variety of extensive locus characterization and
bioinformatics approaches were performed by Pattaro et al. to gain further insight into
the potential mechanisms behind the associations of the 53 loci with kidney function.
The key findings of that study were that: 1) Many of the genetic variants associated with
eGFRcrea seemed to affect processes within the kidney. The genes identified at the loci
associated with eGFRcrea were enriched for expression in kidney tissues and could be
assigned to gene regulatory functions in the epithelial cells, but not in the general
vasculature or the glomerular endothelial cells; 2) Of the identified SNPs, in total 19
were shown to associate with eGFRcrea in individuals with diabetes. Moreover, in
pathway analysis the identified gene sets associated with abnormal glucose homeostasis
and glucose transport activity 3) Developmental processes related to the kidneys and
urogenital tract such as placenta morphology, embryo size and kidney weight were
observed in pathway analyses.13
A crucial factor in manifestation of many diseases is genetic predisposition.69 In contrast
to monogenic forms of kidney disease where mutation of a single gene cause the disease,
most individuals with kidney disease may suffer from a multifactorial disease with
several genetic and environmental factors affecting the risk and disease manifestation.
For multifactorial kidney diseases the development and progression of the disease may
result from where, when and how the genetic risk and environmental factors act
together. However, the main challenge has been and still remains for the future, to
reveal the functional mechanisms between the identified genetic risk factors and the
disease phenotype.69 Today, GWAS is the widely used tool to identify genetic variants
that associate with multifactorial diseases,69 and these studies have immensely
contributed to understanding of these diseases, including kidney diseases.74 GWAS is a
powerful tool to systematically characterize the genetic predisposition of a disease and
to set light on the complex biology of fundamental disease processes.156
However, the GWAS approach has some limitations. Commonly there are around one
million SNPs tested (instead of the close to 20 million genetic variations), because these
one million SNPs resemble the genetic variation of larger region the so called haplotypeor LD blocks. However, this makes it challenging to identify the functionally relevant
SNP or SNPs driving the associations.157 Moreover, little is known about how the
associated SNPs translate to pathophysiological mechanisms, considering that more
than 80% of the identified variants are located in the noncoding regions of the
genome.157,158
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Considerations about the predictive ability of biomarkers
Overall, all the biomarkers investigated in studies I-IV showed to be beneficial in risk
prediction models. However, to be exact, for both pro-ENK and suPAR, the C-statistics
did not shown statistical significance, and purely based on the P-values when adding
the pro-ENK or suPAR to the risk model with conventional risk markers did not majorly
seem to improve the discrimination. Of note, for pro-ENK the P-value was marginally
significant (P=0.08). Nevertheless, in all studies (I-IV) the continuous NRI analyses
indicated that adding the respective biomarker helped to correctly reclassify participants
into the correct risk direction.
Therefore, it needs to be pointed out that there are methodological particularities in
ROC-curve analysis and NRI-Index, which need to be kept in mind when interpreting
the results. ROC-curve is commonly used to evaluate how well a test or a model can
distinguish between a diseased and a non-diseased status (CKD in our study). This may
bear some limitations. The effect on the change in AUC depends on both the predictive
ability of the “traditional risk model”, the strengths of the new marker and the
correlations between these two. Thus, assessing the additional impact of adding a new
predictor in comparison to an existing model is often insensitive.159,160 The purpose of
reclassification is different. The NRI-Index has the ability to determine how many
individuals would be classified into the clinically relevant risk strata, which therefore
directly compares the clinical impact of two models.160
Similar to study I-III. we have tested if adding a GRS, including 53 SNP previously
associated with eGFRcrea in GWAS,13 improved the prediction model for incidence of
CKD in study IV. However, adding the GRSCKD to a logistic regression model including
commonly used risk factors did not lead to a significantly improved C-statistics.
The heritability of eGFR has been estimated to range between 36–75%,161,162 yet today
the phenotypic variance explained by the 53 identified SNPs only is around 3.2%.13
Considering that all these SNPs are common, with minor allele frequencies above 5%,
the discovery of less frequent variants with higher effect sizes could potentially explain
a greater variance in eGFR,16 and improve prediction of future kidney function. A very
recent study including over 110,000 adult individuals identified 10 novel genome-wide
significant loci in a meta-analysis of GWAS using the 1000Genome imputed genotypes,
which enhanced the coverage of the genomic variation.14 Nonetheless, of the identified
10 novel variants all but one were common and the variance of eGFR explained when
added together with the earlier 53 variants was only slightly increased yet remained
under 4%.14
It is interesting that investigation in the Framing Heart Study have shown that a GRS
similar to the ones we used, including 53 SNPs, did significantly associate with
indecence of CKD stage 3.16 However, previous investigations using a GRS consisting
of 16 SNPs showed a borderline significant association with indecence of CKD stage 3
in the same cohort.15
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However, if adding these newly identified variants14 may improve prediction remains
to be investigated.
Dietary intake and kidney function in relation to the current literature (study V)
Increased protein intake has been shown to associate with adverse kidney outcomes in
rats.163 Yet, the results from the so far largest clinical trial The Modification of Diet in
Renal Disease (MDRD) Study have been less conclusive.164 Therefore, our observations
that higher protein intake was associated with a less decline in eGFR and a tendency for
a lower risk of incident CKD, were rather surprising. Our observations deserve some
further clarification as this relationship seems complex. Cautious interpretation is
requested, given that the association between higher intake of red meat and less decline
of eGFR was only significant in the final fully adjusted model but not in the less adjusted
models. In addition, for intakes of both total protein and red meat, the association
vanished when we adjusted for the intake of sucrose, and no associations were observed
with non-processed red meat nor processed meat or meat products. Our results differ
from some earlier reports. Earlier studies in the ARIC cohort of 14,882 individuals
reported an association between higher risk for kidney diseases and higher intake of redand processed meat.84 Additionally, an increased risk for end stage renal disease (ESRD,
951 cases) associated with increased consumption of total protein and red meat in a
recent study including 63,257 participants from the Singapore Chinese Health Study.165
More studies on how protein intake may impact kidney function in individuals with
normal kidney function are warranted.
Last but not least, it needs to be highlighted that the KDIGO 2012 CKD Guideline
recommends expert dietary advice tailored to the severity of CKD for individuals with
CKD and if indicated, to intervene on salt, phosphate, potassium, and protein intakes.18
In addition, for adults with CKD stages 4 and 5, regardless of diabetes status, lowering
the protein intake to ≤ 0.8g/kg/d including an appropriate education is suggested.18
Further, high protein intake (>1.3 g/kg/d) is suggested to be avoided by adults at risk
for progression of CKD.18
Today, no direct recommendations in terms of carbohydrate intake per se are included
in the current KDIGO 2012 CKD Guideline.18 No association between total
carbohydrate intake and kidney function was observed in our study. In line with this,
the Australian Blue Mountain Eye Study did not observe any association between
carbohydrate intake and prevalence of CKD, nor did the dietary glycemic index at
baseline influence the occurrence of CKD after 5 years.166 Yet, there was a trend for
higher incidence of CKD with increasing intake of sugar.166 Likewise, we observed that
higher sucrose intake associated with a greater decline in eGFR and a tendency for
increased risk of incident CKD in the MDCS-CC.
Our prospective study provides novel evidence for that higher fiber intake associates
with a better longitudinal kidney function, which is in line with the recently reported
findings that high fiber intake associates with a better kidney function and decreased
prevalence of CKD in cross-sectional analyses.167,168 In line with this, the DASH dietary
76

pattern, which is rich in fiber, has been shown to associate with a lower risk for kidney
disease84.
Moreover, we observed a lesser decline of eGFR over time and decreased risk of
incident CKD with increasing coffee intake. Similar to our results, a couple of studies
have reported cross-sectional associations between higher coffee intake and higher
eGFR.169-172 However, our study is the first to report a longitudinal relationship between
coffee consumption and kidney function.
The results from MDCS-CC with detailed information on dietary intake underlines the
importance of dietary factors for longitudinal kidney function. The current knowledge
on of the relationship between diet intakes and long-term kidney function is limited and
more studies in individuals with a preserved kidney function are needed.
Strengths and Limitations
Some aspects regarding the endpoints investigated in this PhD thesis deserve further
discussion. The primary outcomes of the studies in this thesis were decline in eGFR and
occurrence of CKD stage 3A at follow-up re-examination. We used two different
equations to estimate eGFR in our studies. In studies I, II and V we used the CKD-EPI
2012 equation based on both creatinine and cystatin C,52 while in studies II and IV we
used the CKD-EPI equation based on creatinine alone.51 The rational of using the
creatinine-based equation instead of the most recent equation for estimating GFR52 was
that we intended to used the same equation as Hayek et al.24 (study II) and because the
SNPs included in the GRSCKD in study IV were originally identified to be associated
with eGFRcrea.13
It can be argued that measuring GFR would have been ideal, yet given the sample size
of the MDCS cohort this had not been feasible. Moreover, GFR is not trivial to measure,
as discussed in chapter one.43 Therefore, creatinine as well as cystatin C have been
utilized as proxies to describe kidney function and are included in equations to estimate
GFR. So far, they are the most commonly used biomarkers, yet, both carry some
limitations as already discussed in the introduction.43 Thus, new biomarkers to predict
kidney function particularly in the long-term, would be desired.21 Therefore, this thesis
was focused on investigating novel circulating biomarkers and their clinical potential.
However, there are some limitations which warrant some further clarification when
studying the association between potential biomarkers with kidney function. As
discussed in the first chapter, CKD is classified by at least two factors: GFR and
albuminuria.2 Yet, in all five studies included in this thesis solely eGFR was used for
the definition of CKD. Lack of assessing albuminuria certainly is a key limitation in the
assessment of CKD stages 1 and 2, yet the primary outcome of the studies was CKD
stage 3A (eGFR< 60 mL/min/1.73m2). Unfortunately, no urinary samples from the
MDCS baseline examination were available. In addition, the current KDIGO 2012
guidelines require an eGFR <60 mL/min/1.73m2 for > 3 months to confirm CKD.18 In
the MDCS-CC, creatinine and cystatin C were measured at two time points, and more
measurements would have been desired, but due to only one follow-up visit, this was
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not possible to obtain. However, this study has a relatively long follow-up time of on
average 16 years, which thus may increase the confidence in assessing CKD
progression.18
In addition, in studies II and III our secondary outcome was incidence of hospitalization
due to impaired kidney function. This outcome was obtained from the Swedish registry
data and was independent of the CKD definition at the follow-up re-examination, but
nonetheless supported the results in studies II144 and III. The Swedish patient register
covers all hospitalizations in Sweden since 1987 in addition to hospital outpatient visits
from 2001 onwards and has been described and validated for outcome classification
previously.134
It might be arguable that classifying CKD as an eGFR <60mL/min/1.73m2 to define
incident CKD may explain the fairly high incidence rate of around 30% in the
MDCS-CC. It has been questioned earlier if defining incidence of CKD as an
eGFR <60mL/min/1.73m2 may be clinically significant in the elderly.173 Yet, as
mentioned, we used outcomes from several sources and it needs to be underlined that
the associations between the biomarkers and hospitalization due to impaired kidney
function were comparably strong in studies II144 and III. So, even if an overestimation
of the incidence rate may have occurred this does not seem to have affected the
conclusions of our studies.
We adjusted our analyses for commonly known risk factors for kidney function, such
as sex, BMI, systolic blood pressure, AHT, SBP and smoking. Although we have
presented rather convincing evidence for that the three biomarkers pro-ENK, suPAR
and KIM-1, associate with kidney function, residual confounding cannot be entirely
excluded. However, we thoughtfully investigated the relationships between the
corresponding biomarkers and kidney function. We acknowledge that several
associations between the investigated biomarkers and baseline characteristics were
observed, others than those with eGFR. Therefore, we approached with mutual
adjustment of these analyses, yet this did not appear to majorly influence the results of
the cross-sectional analyses in studies I-III (data shown in the supplementary of the
appended manuscripts).
In study V, dietary intake is assessed via a modified diet history, which besides an
interview of 1h, included a self-administrated 7-day menu book and an 168-item
questionnaire.131 It deserves to be pointed out that the diet-history, which has been
especially developed for the MDCS, showed adequate relative validity in the Malmö
Food study, which was prior to MDCS baseline compared with a 18-d weighted-food
record.132,133 However, no data on salt intake is available in MDCS, which made it
impossible to account for this key variable.
Many factors may need to be considered when studying diet as an exposure for a disease.
Therefore, we have adjusted our analysis for known factors that could influence the
results: such as total energy intake, season, physical activity, education and alcohol
intake, in addition to known kidney function risk markers. Furthermore, in MDCS it has
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previously been observed that changes in food habits relate to obesity and other lifestyle
and socio-economic factors and thus might influence the relationship between diet and
diseases outcome.140 Therefore, we conducted a sensitivity analyses excluding the
participants (24%) that had reported to have changed their diet prior to MDCS-baseline
examination. However, this did not majorly influence the results.
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Summary and conclusions

Today, CKD has become a major public health issue,2 with a high burden of
comorbidities and increased risk for mortality.6 Given that early identification of
individuals at increased risk could allow to intervene earlier in the disease process, 34
and that the commonly used biomarkers (i.e. creatinine, eGFR and albuminuria) are
rather insensitive,21 three papers of this thesis focused primarily on investigating
potential novel biomarkers for kidney function.
The results of papers I to III can be summarized as follows:
To the best of our knowledge, we were the first to provide evidence for that the
investigated biomarkers associate with decline in kidney function and risk of incident
CKD in a general population of apparently healthy middle-aged participants.
In paper I we have shown that high plasma levels of pro-ENK may be an early marker
for longitudinal deterioration of kidney function, and provided evidence for that it may
be causally linked to kidney function using a MR-approach.
In paper II we have shown that high plasma suPAR levels predict longitudinal decline
in kidney function and associate with hospitalization due to impaired renal function.
Moreover, we were able to show that suPAR may be useful in clinical prediction in
addition to conventional risk factors.
In paper III we observed that higher plasma KIM-1 levels may serve as a biomarker
for longitudinal kidney function. Moreover, NRI-Index analysis suggested that it may
add useful information to a prediction model in addition to commonly used risk factors.
In paper IV we aimed to investigate if genetic predisposition for decreased kidney
function, captured by a GRS consisting of 53 SNPs previously associated with
eGFRcrea in GWAS,13 may be useful in prediction of risk of incident CKD. We
observed that an increased number of risk-alleles associated with a higher risk of
incident CKD, and that adding the GRSCKD to a risk model aided in re-classification of
study participants into the correct risk direction.
In paper V we investigated association between dietary intakes and long-term kidney
function, with a focus on protein intake. We observed that reported higher intake of
sucrose associated with decreased kidney function while reported higher intakes of fiber
and coffee associated with favorable kidney function. No evidence could be found for
that protein intake or intake of meat would associate with deterioration of kidney
function by time.
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The results of this thesis point out the need to investigate further the studied biomarkers,
in particularly concerning the underlying mechanisms by which they may affect kidney
function. Moreover, the current knowledge on the genetic underpinning of CKD is still
limited, as upon today less than 4% of the phenotypic variance in eGFRcrea can be
explained by the 53 genetic variants that were investigated. Last but not least, the current
KDIGO 2012 CKD guideline includes dietary recommendations for patients with CKD.
Yet, not much is known about how dietary intakes may effect long-term kidney function
in individuals with a preserved kidney function, calling for more studies in this topic in
the future.
Thus, given the background of this PhD-thesis as well as the data presented, it can be
finally concluded that the circulating biomarkers (pro-ENK, suPAR, and KIM-1) as well
as genetic predisposition may be useful in identification of individuals with an increased
risk for decline of kidney function in the future. In addition, the importance of dietary
intakes in kidney function of healthy individuals has been highlighted.
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Popular Science summary

Today, more than one out of ten persons worldwide is suffering from chronic kidney
disease (CKD). It is a serious health issue, which may in the end lead to renal failure
and death. However, awareness for CKD is relatively low. It is considered a ‘silent’
epidemic, which often develops over many years as a decreased kidney function may
be unrecognized for a long time. Typically, symptoms arise after a lengthy latent period,
when complications of decreased kidney function occur. In the long run an impaired
kidney function increases the risk for cardiovascular diseases, hospitalization and death.
Thus, it is a serious public health issue.
The kidneys are interconnected with many organs including the heart, lung, and brain,
and are involved in several important physiological processes such as the water and
electrolyte balance, hormone production, the acid-base balance and the Vitamin D
metabolism. Each kidney contains around 1 million nephrons. These are the important
functional components of the kidney, responsible for filtering and urine production.
Every day they are filtering around 180 liters of plasma. Through this fine-tuned
process, needed substances are returned to the blood, whereas waste products (primarily
urea, uric acid and creatinine) are excreted in the urine. If kidney function is impaired,
these waste products accumulate in the body. Creatinine is a commonly used marker for
kidney function. In addition, measuring the amount of the protein albumin in urine is
used to assess kidney function, as it should not be present in urine under normal
physiological conditions. However, both markers are rather insensitive when it comes
to assess the long-term kidney function. Thus, new biomarkers are needed for prediction
of future kidney function.
Therefore, this PhD-thesis has studied three novel biomarkers (pro-ENK, suPAR and
KIM-1) in relation to long-term kidney function. In the three conducted studies we
found that higher levels of theses biomarkers in plasma associated with greater decline
in kidney function and increased risk of incident CKD in a general population of
apparently healthy middle-aged participants. Thus, we concluded that these novel
biomarkers may be clinically useful in estimating future kidney function in addition to
traditional risk factors.
Complex diseases, such as diabetes and cardiovascular disease, are multifactorial which
means that several different factors contribute to the disease. Such complex diseases
have both a heritable component and environmental risk factors. In the last decades
mutations have been identified in more than 110 genes that cause different monogenetic
kidney diseases. These diseases are very rare and one mutation in one gene causes a
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disease. In addition, more than 50 genetic variants have been identified that increase
the risk for the much more common multifactorial kidney diseases. These genetic
variants do not cause the disease, but they together with environmental risk factors play
a role in the disease etiology. However, little is known about if information on genetic
predisposition for impaired kidney function may be useful in predicting future CKD in
addition to traditional risk factors.
Therefore, we have studied if adding a genetic risk score consisting of 53 genetic
variants, previously identified to associate with kidney function, affect the risk of
incident CKD. We found that individuals with high number of genetic risk variants were
more likely to have CKD. Thus, we concluded that adding information on genetic
predisposition to a risk model with traditional risk factors may be useful in identification
of individuals with an increased risk for CKD in the future.
Not only genetic but also environmental factors may influence the risk of incident CKD.
The current guidelines for evaluation, classification, and management of CKD include
recommendations in regards to dietary intake for patients with CKD. It is suggested that
protein intake shall be limited to ≤ 0.8g/kg/d with appropriate education in patients with
severe CKD. Moreover, for adults at risk for progression of CKD it is suggested that
high protein intake (>1.3 g/kg/d) is avoided. However, little is known about how diet
may influence future kidney function of individuals with a “normal” kidney function.
Therefore, we investigated the role of diet and studied how reported intake of
macronutrients, three beverages and 15 food groups related to long-term kidney
function. We observed that higher intake of sucrose associated with decreased kidney
function, whereas higher intakes of fiber and coffee associated a beneficial long term
kidney function.
The results of this thesis can be summarized as follows: the novel circulating biomarkers
(pro-ENK, suPAR, and KIM-1) as well as the genetic biomarkers may be clinically
useful in estimating future kidney function. In addition, our results highlight the
importance of dietary intakes in longitudinal kidney function.
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Populärvetenskaplig sammanfattning

I dag lider mer än en av tio personer i världen av kronisk njursjukdom. Det är ett
allvarligt hälsoproblem som även kan leda till njursvikt och död. Medvetenheten om
kronisk njursjukdom är däremot relativt låg. Den betraktas som en "tyst" epidemi, som
ofta utvecklas under många år, eftersom nedsatt njurfunktion kan förbli oupptäckt under
lång tid. Vanligtvis uppstår symtom efter en längre latent period när komplikationerna
av nedsatt njurfunktion uppträder. På sikt ökar en nedsatt njurfunktion risken för hjärtkärlsjukdomar, hospitalisering, och död. Det är därför ett allvarligt folkhälsoproblem.
Njurarna är sammanlänkade med många organ, som hjärta, lunga och hjärna. De är
involverade i flera viktiga fysiologiska processer som vatten- och elektrolytbalansen,
hormonproduktionen, syra-basbalansen och vitamin D-metabolismen. Varje njure
innehåller ungefär 1 miljon nefroner, som genom att ansvara för filtrering och
urinproduktion utgör viktiga funktionella komponenter i njuren. Varje dag filtrerar de
omkring 180 liter plasma. Genom denna fint trimmade process återupptas nödvändiga
ämnen till blodet, medan avfallsprodukter (främst urea, urinsyra och kreatinin)
utsöndras i urinen. Om njurfunktionen är nedsatt ackumuleras dessa avfallsprodukter
istället i kroppen. Kreatinin är en vanligt förekommande markör för njurfunktion. Man
mäter även mängden proteinalbumin i urinen för att bedöma njurfunktionen, eftersom
proteinet albumin inte bör finnas i urin under normala fysiologiska förhållanden. Båda
markörerna är dock relativt okänsliga när det gäller att bedöma njurfunktionen på längre
sikt och det finns därför ett behov av nya biomarkörer för bättre prognos av framtida
njurfunktion.
I avhandlingen studeras därför tre nya biomarkörer (pro-ENK, suPAR och KIM-1) i
relation till långvarig njurfunktion. I de tre genomförda studierna fann vi att högre nivåer
av dessa biomarkörer i plasma visade på samband med försämrad njurfunktion och ökad
risk för förekomst av kronisk njursjukdom hos en genomsnittlig population av friska
medelålders deltagare. Vi drog således slutsatsen att dessa nya biomarkörer kan vara
kliniskt användbara för att uppskatta framtida njurfunktion, utöver användandet av
traditionella riskfaktorer.
Komplexa sjukdomar, som diabetes och hjärt-kärlsjukdomar, är multifaktoriella vilket
innebär att flera olika faktorer bidrar till sjukdomen. Sådana komplexa sjukdomar har
både en ärftlig komponent och miljöbetingade riskfaktorer. Under de senaste
decennierna har mutationer identifierats i mer än 110 gener som kan orsaka olika
monogena njursjukdomar. Dessa sjukdomar är mycket sällsynta och en mutation i en
enda gen kan orsaka sjukdomen. Därutöver har mer än 50 genetiska varianter
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identifierats som ökar risken för de mycket vanligare multifaktoriella njursjukdomarna.
Dessa genetiska varianter orsakar inte sjukdomen, men tillsammans med
miljöbetingade riskfaktorerna spelar de en roll i sjukdomens etiologi. Lite är emellertid
känt om ifall information om genetisk predisposition för nedsatt njurfunktion kan
användas som tillägg till traditionella riskfaktorer för att förutsäga framtida kronisk
njursjukdom. En s.k. genetisk risk score konstruerades genom att kombinera 53 risk
varianter som tidigare kopplats till njurfunktion och studera om dessa påverkar risken
för förekomst av kronisk njursjukdom. Resultatet visade att individer med ett fler
genetiska riskvarianter hade större sannolikhet för att drabbas av kronisk njursjukdom.
Vi drog därför slutsatsen att genom att inkludera information om genetisk predisposition
till en riskmodell med traditionella riskfaktorer, kan vi bättre identifiera individer med
ökad risk för framtida kronisk njursjukdom.
Inte bara genetiska faktorer utan även miljöfaktorer kan påverka risken för förekomst
av kronisk njursjukdom. De rådande riktlinjerna för utvärdering, klassificering och
hantering av kronisk njursjukdom inbegriper rekommendationer om kostintag för
patienter med kronisk njursjukdom. Rekommendationerna är att proteinintaget ska
begränsas till ≤ 0,8 g/kg/d tillsammans med lämplig utbildning för patienter med svår
kronisk njursjukdom. Vidare rekommenderas att vuxna som riskerar att utveckla
kronisk njursjukdom undviker högproteinintag (>1,3g/kg/d). Lite är dock känt om hur
kost kan påverka framtida njurfunktion hos individer med en "normal" njurfunktion. Vi
undersökte därför kostens betydelse och studerade hur rapporterat intag av
makronäringsämnen, tre olika drycker och 15 olika livsmedelsgrupper relaterade till
njurfunktion på längre sikt. Vi observerade att ett högre intag av sackaros visade på
samband med nedsatt njurfunktion, medan högre intag av fibrer och kaffe visade en
gynnsam effekt på njurfunktionen på längre sikt.
Resultaten av avhandlingen kan sammanfattas enligt följande: de nya cirkulerande
biomarkörerna (pro-ENK, suPAR och KIM-1) kan, liksom de genetiska biomarkörerna,
vara kliniskt användbara för att förutsäga framtida njurfunktion. Dessutom framhäver
våra resultat kostens betydelse för njurfunktionen över längre tid.

100

CHRISTINA-ALEXANDRA SCHULZ  

The role of circulating biomarkers, genetics, and diet in kidney function

Christina-Alexandra obtained a Diploma
degree in nutrition and household Science
(2010) from Bonn University and graduated
with a Master in Public Health from Ludwig-Maximillian-University in Munich (2012).
During her time as a PhD-student at Lund University (2013-2017) she has been involved in
clinical research focused on kidney function.
This thesis briefly describes the concept of chronic kidney disease, a
public health issue estimated to occur in more than 10% of the population globally. In a longitudinal cohort setting it explores the clinical
potential of three novel circulating biomarkers, and the applicability
of a genetic risk score for prediction of future chronic kidney disease.
In addition, it investigates the role of dietary intake on long-term
kidney function.

Department of Clinical Sciences in Malmö

2017:179

Lund University, Faculty of Medicine
Doctoral Dissertation Series 2017:179
ISBN 978-91-7619-561-1
ISSN 1652-8220

9 789176 195611

In her free time Christina-Alexandra is a passionate runner, enjoys to
cook, and cherishes to read.

The role of circulating
biomarkers, genetics, and
diet in kidney function
CHRISTINA-ALEXANDRA SCHULZ
DEPARTMENT OF CLINICAL SCIENCES IN MALMÖ | LUND UNIVERSITY

