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ABSTRACT (MAX. 200 WORDS):   

The usage of AI in organisations is increasing at a fast pace and is creating a growing demand 

for AI governance and AI-policies. Despite this, the knowledge of how policies are formu-

lated and translated into practise is at large limited. This study aims to qualitatively explore 

how Nordic organisations navigate both the process of formulating and translating their AI-

policies into practise. This study is based on seven qualitative semi-structured interviews with 

people in management in medium to large organisations operating in different industries.  

This study applies Institutional theory as the theoretical and analytical framework and identi-

fies three isomorphic mechanisms in policy formulation: coercive, mimetic and normative 

isomorphism. Two additional views of considering the AI-policy’s function and purpose also 

arose, namely seeing it as an external communication tool for stakeholders or seeing it as an 

internal governance tool.  

The results show that organizations are actively working to achieve AI-policy understanding 

rather than simply policy awareness. This is shown by the inclusion of training efforts, 
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executive engagement as well as short and concise policy documents. This study also identi-

fies risks of policy-practise decoupling, especially as rapid technological development makes 

it difficult to keep policies relevant over time.  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 AI-policy formulation and practise  Astrid Andersson and Fanny Hedin 

 

 

Content 

1 Introduction ......................................................................................................................... 9 

1.1 Background ................................................................................................................ 9 

1.2 Problem .................................................................................................................... 10 

1.3 Purpose and objective ............................................................................................... 11 

1.4 Research Question .................................................................................................... 11 

1.5 Delimitation .............................................................................................................. 11 

2 Theoretical background..................................................................................................... 13 

2.1 AI in organisations ................................................................................................... 13 

2.1.1 AI adoption ......................................................................................................... 13 

2.1.2 Responsible AI ................................................................................................... 14 

2.1.3 Summary ............................................................................................................ 14 

2.2 Policy formulation .................................................................................................... 15 

2.2.1 AI governance .................................................................................................... 15 

2.2.2 Policy drivers and motivations ........................................................................... 16 

2.2.3 Summary ............................................................................................................ 17 

2.3 Policy in practise ...................................................................................................... 18 

2.3.1 Policy-practise decoupling ................................................................................. 18 

2.3.2 Means-ends decoupling ...................................................................................... 19 

2.3.3 Handling of future AI practises .......................................................................... 19 

2.3.4 Summary ............................................................................................................ 20 

2.4 Institutional Theory .................................................................................................. 20 

2.4.1 Strong and weak institutional pressure ............................................................... 21 

2.4.2 Isomorphism ....................................................................................................... 22 

2.4.3 Decoupling ......................................................................................................... 23 

2.5 Literature matrix ....................................................................................................... 24 

3 Methodology ..................................................................................................................... 26 

3.1 Research philosophy ................................................................................................ 26 

3.2 Research approach .................................................................................................... 27 

3.3 Literature collection and review ............................................................................... 27 

3.4 Data collection .......................................................................................................... 30 

3.4.1 Semi-structured interviews ................................................................................. 30 

3.4.2 Interview Guide .................................................................................................. 31 

3.4.3 Participant selection ........................................................................................... 34 

3.5 Data analysis and preparation process ..................................................................... 37 



 AI-policy formulation and practise  Astrid Andersson and Fanny Hedin 

 

– 6 – 

 

3.5.1 Transcription ...................................................................................................... 37 

3.5.2 Data storing ........................................................................................................ 37 

3.5.3 Transcript validation .......................................................................................... 38 

3.5.4 Data analysis ...................................................................................................... 38 

3.6 Research Quality ...................................................................................................... 42 

3.7 Ethics ........................................................................................................................ 43 

4 Findings ............................................................................................................................. 46 

4.1 AI in organisations ................................................................................................... 46 

4.1.1 AI in use ............................................................................................................. 46 

4.2 Policy formulation .................................................................................................... 47 

4.2.1 Purpose of policy ................................................................................................ 47 

4.2.2 Policy formulation process ................................................................................. 50 

4.3 Policy in practise ...................................................................................................... 52 

4.3.1 Communication .................................................................................................. 52 

4.3.2 Compliance ......................................................................................................... 54 

4.3.3 Future handling .................................................................................................. 57 

5 Discussion ......................................................................................................................... 59 

5.1 AI in organisations ................................................................................................... 59 

5.1.1 AI in use ............................................................................................................. 59 

5.2 Policy formulation .................................................................................................... 60 

5.2.1 Purpose of policy ................................................................................................ 60 

5.2.2 Policy formulation process ................................................................................. 61 

5.3 Policy in practise ...................................................................................................... 64 

5.3.1 Communication .................................................................................................. 64 

5.3.2 Compliance ......................................................................................................... 65 

5.3.3 Future handling .................................................................................................. 67 

6 Conclusion ........................................................................................................................ 69 

6.1 Future research ......................................................................................................... 70 

Appendix: AI contribution statement ....................................................................................... 71 

References ................................................................................................................................ 72 

 

  



 AI-policy formulation and practise  Astrid Andersson and Fanny Hedin 

 

Figures: 

Figure 2.1: Strong and weak institutional pressures (Minkkinen & Mäntymäki, 2023) .......... 22 
Figure 2.2:Institutional logics and pressures to comply (Berente et al., 2019) ........................ 23 
Figure 3.1: Example of initial pitch sent by email and via LinkedIn ....................................... 36 
Figure 3.2: Participants rights and consent form ...................................................................... 44 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 AI-policy formulation and practise  Astrid Andersson and Fanny Hedin 

 

– 8 – 

 

Tables: 

Table 2.1: Literature matrix ..................................................................................................... 24 
Table 3.1: Synthesized research model .................................................................................... 28 
Table 3.2: Source Mapping of Interview Guide and Literature review ................................... 32 
Table 3.3: Table of informants ................................................................................................. 35 
Table 3.4: Coding ..................................................................................................................... 39 
Table 3.5: Frequency of themes coded ..................................................................................... 41 
 



 AI-policy formulation and practise  Astrid Andersson and Fanny Hedin 

 

1 Introduction 

In this chapter the research purpose, aim and question will be presented, the chapter will 

commence in an introductory background to AI-policy formulation and practise.   

1.1 Background 

As organisations are increasingly adopting Artificial Intelligence (AI), the challenge of gov-

erning AI has become an increasing concern (Rivera et al., 2025). Despite the growing regula-

tory pressures and widespread adoption, organisations still struggle at formulating AI-policies 

and translating these into practise (Horneber, 2025) and therefore risk negatively affecting 

both established organisational structures and processes (Van Giffen & Ludwig, 2023).  

AI is often described as a system's ability to replicate human cognitive abilities, such as rea-

soning and logical thinking (Janiesch et al., 2021; Lee, 2020). Contemporary AI applications 

span from robotics, autonomous vehicles, facial recognition, natural language processing, and 

virtual agents, that transform operations across numerous business sectors (Van Giffen & 

Ludwig, 2023). Within the Information Systems (IS) discipline, AI is not viewed as a static 

technological artefact but rather as an evolving domain of computational innovations that em-

ulate human intelligence to enhance complex decision-making (Berente et al., 2021). Given 

the field's traditional focus on the relationship between technology and human behavior, the 

rise of AI marks a potential paradigm shift in the collaboration between humans and digital 

technologies (Conboy et al., 2022). Through its diverse abilities, it has become a strategic en-

abler and can be used as a competitive edge for organisations that redefine their competing 

dynamics and business models (Van Giffen & Ludwig, 2023). However, despite the strategic 

opportunities, organisations still struggle with navigating AI governance (Mäntymäki et al., 

2023).  

The Artificial Intelligence Index Report 2025 indicates that AI adoption accelerated rapidly in 

2024, transitioning to becoming a central driver in organisations. Organizational adoption 

jumped from 55% to 78% in a single year (Maslej et al., 2025). AI now represents the fore-

front of computational systems, with forecasts suggesting a global economic impact of $15.7 

trillion by 2030 (Minkkinen & Mäntymäki, 2023). Yet, despite this rapid rise in use, there re-

mains a persistent gap between the potential and realized value of AI. Ransbotham et al. 

(2019) found that although 90% of organizations have invested in AI, only 40% report meas-

urable business benefits even though they make substantial investments in AI. 

This gap illustrates a broader governing challenge. As adoption expands, governance and con-

trol challenges intensify (Berente et al., 2021; Horneber, 2025). Berente et al. (2021) further 

highlight that managing AI differs materially from traditional IT management because of 

three interrelated traits of AI. Firstly, autonomy which means the ability to independently op-

erate without human input. Secondly, learning which refers to the model's ability to self-im-

provement through data exposure. Thirdly, inscrutability which is the nature of advanced 

models to be “black box” and opaque. Consequently, interest in Responsible AI (RAI) has 

surged, emphasizing ethical development, deployment, and governance that aligns with legal, 

moral, and societal standards to maximize benefits and minimize risks (Horneber, 2025). 
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Despite this the mechanisms through which AI-policies are formulated and enacted remains 

poorly understood (Horneber, 2025; Rivera et al., 2025; Williams et al., 2024). 

1.2 Problem 

Researchers in the IS field have extensively examined AI governance frameworks, RAI prin-

ciples, and institutional pressures shaping AI adoption (Berente et al., 2021; Horneber, 2025; 

Rivera et al., 2025; Conboy et al., 2022). Despite this, limited empirical research has explored 

how internal AI-policies are formulated within organizations and how these policies actually 

influence the development and use of AI systems (Horneber, 2025; Rivera et al., 2025; Wil-

liams et al., 2024). In particular, the socio-technical translation between policy formulation 

and practical technological execution still remains underexplored (Holmström, 2024; Horne-

ber, 2025; Rivera et al., 2025; Conboy et al., 2022). While this foundation in the IS field pro-

vides a thorough understanding of what AI should be and the guidelines it should follow, a 

gap still remains in how these abstract ideals are translated into practise by organisations who 

are facing multiple real-world pressures (Rivera et al., 2025).  

Horneber (2025) argues that the pressures impacting AI implementation comes down to the 

tension between external and internal drivers. Some of the external drivers he highlights are 

the legal compliance and reputational concerns. This is also mentioned by Rakova et al. 

(2021) who press on the reputational risk as driver for RAI, while also highlighting the com-

plexities of legal compliance as a significant challenge. As for internal drivers, Horneber 

(2025) lifts the competing demand for functional AI and Rakova et al. (2021) also raise con-

cern of the simultaneous lack of formal accountability mechanisms. Horneber (2025) argues 

that this tension often leads to policy-practise decoupling, which is where an organization 

adopts a policy merely symbolically to gain legitimacy but in reality, fails to implement those 

policies into actual practises. 

The topic of researching decoupling is both timely and highly relevant, as AI continues to re-

shape how individuals and organizations interact with digital technologies (Holmström, 2024; 

Berente et al., 2021). Organizations are currently moving from experimenting with AI adop-

tion to institutionalizing and regulating it instead (Van Giffen & Ludwig, 2023; Grøder et al., 

2025; Minkkinen & Mäntymäki, 2023). Furthermore, with the introduction of regulations 

such as the EU AI Act, expectations concerning accountability and risk control are being 

brought up, and thus incentivizing organizations to create more structured AI governance pre-

ventative measures (Van Giffen & Ludwig, 2023; Minkkinen & Mäntymäki, 2023; Horneber, 

2025). This offers a timely opportunity to explore how AI-policies are developed and acted 

upon before they become too embedded and unquestioned organizational routines (Grøder et 

al., 2025). Further investigation is therefore beneficial, and also called for by Holmström 

(2024), in order to further explore how AI and human practises co-evolve within organiza-

tional contexts.  

This topic is further highly relevant to the IS field since it addresses both the social and tech-

nical aspects of organisations management of AI (Berente et al., 2021). Furthermore Ågerfalk 

(2020), defines the IS field as:  

 

https://www.zotero.org/google-docs/?AgNPYp
https://www.zotero.org/google-docs/?y5z9Ff
https://www.zotero.org/google-docs/?y5z9Ff
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“... the design and use of information and communication technologies in practical 

contexts and critically uncovering the practises that emerge as digital technology is ap-

propriated.” (Ågerfalk, 2020 p.1) 

 

He suggests that with the social aspect on one side and the technological aspect on the other 

side, IS researchers are at the perfect place to explore what practises emerge when the two 

meet in practise. Therefore, by positioning this study in the IS field, the aim of studying how 

internal AI-policies are formulated and how these policies shape the AI use within organisa-

tions is well aligned with the purpose of the IS research field.  

As a response to the gaps presented by Horneber’s (2025) in understanding the motivations 

and strategies AI practitioners use to navigate conflicting organizational pressures that in turn 

shapes the structure of policies. As well as the gap identified by Rivera et al. (2025) as to how 

these policies are translated into the realities of organisations. This study will focus on these 

two perspectives of the AI-policy, both in formulation and in practise, and the interplay be-

tween these two perspectives.    

Concluding, while AI is increasingly relevant and used by organizations of all sizes, the 

mechanisms for how this evolution is controlled and how effective AI-policies are created still 

remain poorly understood (Holmström, 2024). This study is motivated by the critical need to 

bridge the gap between high-level governance ideals and the technical reality of AI systems in 

practise (Grøder et al., 2025; Horneber, 2025). 

1.3 Purpose and objective 

Existing literature highlights AI governance as an increasingly complex challenge for organi-

sations, as the rapid diffusion of AI technologies disrupts established organisational structures 

and processes (Van Giffen & Ludwig, 2023). Despite growing pressure to govern AI respon-

sibly, driven by regulatory developments such as the EU AI Act and shifting stakeholder ex-

pectations, limited empirical research has explored how organisations actually formulate their 

AI-policies and translate them into practise (Horneber, 2025; Rivera et al., 2025; Williams et 

al., 2024). This study aims to qualitatively explore how medium-to-large sized organisations 

operating in the Nordic region navigate the formulation of internal AI-policies and how these 

policies are enacted in practise, in order to deepen the understanding of how organisations 

manage the complexities of governing AI in an era of rapid technological change and uncer-

tainty. 

1.4 Research Question 

How do organisations navigate AI-policy formulation and AI-policy in practise? 

1.5 Delimitation 

The purpose of this research is to evaluate the AI-policy formulation processes and its practi-

cal implementation within organizations. The choice of organizations will be limited to 
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medium-to-large sized organisations active in the Nordic Region utilising AI. The research is 

by design not limited to a specific sector, and while the research aim is to not compare differ-

ent sectors, the objective is instead focused on identifying patterns spanning over multiple dif-

ferent industries, as to not be constrained by industry specific regulations. The scope will not 

extend to comparison or mapping of the content of policies but rather gaining an understand-

ing of the factors impacting policy formulation and policy in practise.  

As this study seeks to understand the processes that affect AI-policy formulation and enact-

ment, rather than the content of policies themselves, triangulation with AI-policy documents 

has not been performed. Similarly, the study is not limited to a specific AI technology, as the 

aim is not to examine how organisations regulate particular tools, but rather to identify pat-

terns in how AI governance processes unfold more broadly.  

The research timeline is constrained to 2-3 months which limits the scope of the amount of 

semi-structured interviews and could potentially reduce data depth. This time restriction, com-

bined with potential challenges in accessing domain experts within target sectors, may also 

impact the sample size and participant diversity, thereby affecting the study's generalizability. 

The data collection is also limited by design to informants on management level and this 

study will therefore not focus on the employee perspective. The choice of the type of inform-

ants for the data collection being on a managerial level was made due to time constraints. The 

exclusion of an employee perspective was made since it was considered to be a complemen-

tary perspective but not the primary focus, the primary focus of this study is to collect data 

from the roles that has insights into the actual process of the AI-policy formulation and com-

pliance work. 
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2 Theoretical background 

In this chapter the relevant literature and previous research surrounding AI and AI-Policies 

will be presented. After reviewing the current literature, the different related aspects have 

been divided across three main themes: 1. AI in organisations, which will describe AI and its 

role in organisations. 2. Policy formulation, which will present the drivers and processes of 

AI-policy formulation. 3. AI-policy in practise, where the practical implementation of AI-pol-

icy will be presented. Further section 2.4 of this chapter will present this study's theoretical 

framework Institutional Theory.   

2.1 AI in organisations 

This chapter introduces the definition of AI and further discusses AI adoption and Responsi-

ble AI.   

Creating an universal definition of AI is a battle that may never be completely solved, as there 

are many different ways of perceiving it (Dignum, 2019). One way of perceiving AI is 

through the idea that AI is a frontier instead of a specific technology or phenomenon (Berente 

et al., 2021). Berente et al. (2021) argue that AI can be perceived as a process, further defin-

ing it as "the frontier of computational advancements that references human intelligence in 

addressing ever more complex decision-making problems”. Berente et al. (2021) pushes the 

idea that, ultimately, AI is a concept representing the ever-moving front of computational ad-

vancements rather than the actual computer programs or algorithms themselves.  

AI as a scientific discipline has its start in the 1950s but has just over recent years become 

widely recognised. In earlier years it was defined as computers’ abilities to imitate and under-

stand natural intelligence, in other words human intelligence. Today, it most commonly refers 

to computational abilities that interpret large volumes of data to derive decisions. (Dignum, 

2019) Further, present AI systems move at an increasing rate from passive and human-con-

trolled tools toward being autonomous digital agents capable of making independent decisions 

with real-world effects (Conboy et al., 2022). As this shift spans a broad range of technologies 

and applications (Van Giffen & Ludwig, 2023), this study therefore does not focus on any 

particular AI technology but rather discusses AI from a broader organisational perspective. 

2.1.1 AI adoption 

Over the last years the increased computational power alongside the enhanced abilities to uti-

lize large data has enabled the rise in AI and particular machine learning abilities (Ayling & 

Chapman 2022). Today, AI is used to enhance quality, decisions, and processes within organi-

sations spanning multiple fields both in the public and private sector (Mäntymäki et al., 2023). 

As a result of rapid AI diffusion, society and organizations face new and complex challenges 

in mitigating harm (Rivera et al., 2025). Ayling and Chapman (2022) describe epistemic con-

cerns surrounding the black-box nature of AI algorithms, which leads to an inherent lack of 

scrutability, but also the risk connected to AI systems being largely probabilistic in nature, as 

well as unreliability in the data used in training and execution of the systems. They also 
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describe risks that are normative in nature, these risks include concerns about maintaining 

fairness, privacy and AIs effect on surveillance and profiling. Furthermore, they highlight that 

when using AI systems, it often becomes unclear who is responsible for system outcomes, 

which leads to difficulties in assigning accountabilities (Ayling & Chapman 2022). To meet 

these challenges, more pressure is put on creation of ethical frameworks both in public policy, 

corporations and in society as a whole (Ayling & Chapman 2022; Rivera et al., 2025). 

2.1.2 Responsible AI 

The continuous advancements in AI, along with its rapid and widespread diffusion across a 

wide range of organisational activities and sectors, have placed increasing pressure on organi-

sations ethical and responsible use and effective governance of AI systems (de Laat, 2021; 

Gianni et al., 2022; Papagiannidis et al., 2025). AI is effectively transforming both every day 

and organisational life and has the ability to promote substantial societal and organisational 

value; however, it can also give rise to severe risks (Vassilakopoulou et al., 2022). AI-related 

incidents have highlighted the potential risk AI poses to both individuals and society as a 

whole. As a result, ethical issues arising from AI use are widely debated in law, research, and 

within corporations (Papagiannidis et al., 2025; Mäntymäki et al., 2023; Horneber, 2025; 

Ayling & Chapman, 2022). Ethical risks stemming from AI use include concerns to human 

rights, such as unemployment, bias and discrimination as well as environmental and sustaina-

bility risks, and concerns regarding privacy and data governance (Fioravante, 2024).   

As a result, organisations face increasing public and regulatory pressures to mitigate ethical 

risks when deploying and utilising AI (Horneber, 2025). In response, the term Responsible AI 

(RAI) is increasingly being discussed as an approach to ensuring alignment with ethical, legal 

and societal norms (Horneber, 2025; Rivera et al., 2025; Dignum 2019). RAI is defined as:  

“Rather, it is the development of intelligent systems according to fundamental human 

principles and values. Responsibility is about ensuring that results are beneficial for 

many instead of a source of revenue for a few.” (Dignum, 2019 p.6)  

RAI is thus concerned with the ethical consequences and impacts of AI and seeks to provide 

direction for a behavioural code both for AI systems and humans (Dignum 2019). However, it 

is important to note that defining what constitutes RAI remains a challenging task, as govern-

mental bodies, practitioners and scholars are simultaneously developing frameworks and poli-

cies to ensure responsible and ethical use (Papagiannidis et al., 2025; Rivera et al., 2025). Fur-

thermore, Ayling and Chapman (2022) criticises the current AI ethics debate as too focused 

on defining what is ethical, rather than how these ethics are applied in practise, resulting in 

organisations struggling to balance profitability with ethical considerations. 

2.1.3 Summary 

As AI is increasingly being adopted across organisations in both the private and public sector 

(Mäntymäki et al., 2023), debate has emerged regarding how organisations and society should 

approach this adoption, particularly with respect to the potential risks involved (Ayling & 

Chapman, 2022). In response, greater pressure is placed on ethical and responsible AI use (de 

Laat, 2021; Gianni et al., 2022; Papagiannidis et al., 2025). As a result, Responsible AI (RAI) 

https://www.zotero.org/google-docs/?AWvuek
https://www.zotero.org/google-docs/?cJEzYs
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is increasingly being discussed as a means of addressing these challenges (Horneber, 2025; 

Rivera et al., 2025; Dignum, 2019).  

Although research on RAI has advanced considerably, significant work remains in balancing 

the collective maximisation of societal value with the prioritisation of harm mitigation (Rivera 

et al., 2025). A critical insight gained from the literature is that although RAI and the ethics of 

AI is being discussed, there still a lack of perspective on how to apply these values in practise, 

leading to organisations struggling to balance values with profitability (Ayling and Chapman, 

2022). 

2.2 Policy formulation 

This chapter introduces policy, AI-policy and AI governance, before delving into the key 

drivers and motivations behind them. 

According to Aphale et al. (2013) policies are created to steer and control the actions of par-

ticipants within a system. They further define policies as the representations of ideal behav-

iour. Schneider et al. (2023), on the other hand, extends this definition beyond rules and 

guidelines to also encompass the main objectives, responsibilities, roles and accountability.   

A policy is not a fixed object that emerges spontaneously, but rather the result of considerable 

efforts invested in its creation (Flowerday & Tuyikeze, 2016). Policy creation is, moreover, 

only one stage of the policy lifecycle, according to Flowerday and Tuyikeze (2016). They ar-

gue that the full cycle also includes, among others, “Policy Construction, Policy Implementa-

tion, Policy Compliance and Policy Monitoring” (Flowerday & Tuyikeze, 2016, p. 173). 

Since policy creation is where the key drivers and motivations are most evident, this study 

will primarily focus on the creation and maintenance stages. While policies govern overall de-

sired behaviour, AI-policies delves more specifically into the behaviors and ethical considera-

tions that must be addressed when managing the use of AI (Mäntymäki et al., 2023). 

The inclusion of policy in IS research is important, since information technology plays a sig-

nificant role in many organisations and simultaneously a large proportion of those systems are 

shaped by policies (King & Kraemer, 2019). This chapter therefore examines AI-policy and 

AI governance along with their key drivers. 

2.2.1 AI governance 

The adoption of AI has the potential to become a transformative force in organisations and is 

reshaping the organisational landscape across many industries. However, it demands consid-

erable efforts and capital investments, often under conditions of uncertainty, while also gener-

ating compliance and reputational risks (Van Giffen & Ludwig, 2023). 

In light of these challenges, AI governance is becoming increasingly important. AI govern-

ance refers to sociotechnical phenomena encompassing the rules, processes and tools an or-

ganisation employs to ensure that its AI use is in line with its organisation's broader strategic 

goals and values. AI governance should thus ensure that AI use aligns with the ethical, legal 

and strategic frameworks the organisation operates within. In other words, it should mitigate 
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the risks while maximising the value derived from AI initiatives (Mäntymäki et al., 2022; 

Schneider et al., 2023) 

The current state of AI governance faces challenges that potentially hinder the translation of 

ethical principles and objectives into actionable praxis. This is described as a translation prob-

lem, where principles remain as representations of abstract ethical considerations rather than 

being translated into actual implementation (Minkkinen & Mäntymäki, 2023). Butcher and 

Beridze (2019) further argue that the global AI governance is a disorganised field; Mäntymäki 

et al. (2022) build upon this and contend that such disorganisation also extends to the govern-

ance of AI within individual organisations. In earlier literature, AI governance was viewed as 

an isolated phenomenon, however, Mäntymäki et al. (2022) argue that it exists within a 

broader and more complex landscape of organisational governance, encompassing areas such 

as “IT governance”, “corporate governance” and “data governance”. By treating AI govern-

ance as an isolated phenomenon, research overlooks the broader organisational factors that 

shape it (Mäntymäki et al., 2022). Consistent with this, in 2019, 75% of managers acknowl-

edged the importance of implementing AI effectively to avoid becoming obsolete, yet by 

2023, a majority of executives were still struggling to effectively govern AI and clarifying 

their own role in ensuring responsible and efficient use (Van Giffen & Ludwig, 2023).    

A further issue in AI governance is the regulatory vacuum that arises when national and inter-

national policies fail to keep the pace with technological evolution. This results in an ex-

panded grey area in which the organisations themselves are responsible for defining and de-

veloping ethical AI. This creates situations in which organisations, both those who develop AI 

and those that utilize it, are confronted with the value-alignment problem and must balance 

profitability with ethical considerations in their AI solutions. Further exacerbating this are 

competitive pressures that may lead to the prioritisation of speed and resource efficiency, 

overriding ethical concerns. (Fioravante, 2024) 

2.2.2 Policy drivers and motivations 

As previously discussed, AI-policies are shaped by a variety of factors. To unpack the differ-

ent logics behind this, the pressures on organisation can be categorised into three layers: the 

environmental, organisational and systems layer (Mäntymäki et al., 2023). 

Environmental: 

According to Mäntymäki et al. (2023) the environmental layer contains the contextual envi-

ronment surrounding the organisation, including regulations or pressures from actors beyond 

the organisation's control. Mäntymäki et al. (2023) names the three aspects of the environ-

mental layer as normative regulation, for example hard law such as GDPR, self-regulation, for 

example principles and guidelines, and lastly stakeholder pressure. By adopting responsible 

AI governance, organisations can enhance their legitimacy amongst society while also im-

proving productivity, and employee loyalty (Papagiannidis et al., 2025). Papagiannidis et al. 

(2025) also argue that developing and using responsible AI practices can improve an organi-

sation's reputation.  

Organisational: 
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The organisational layer is defined by Mäntymäki et al. (2023) as the alignment of AI govern-

ance with both the strategic and the ethical values of the organisations. This layer is therefore 

divided into two components: Strategic Alignment and Value Alignment. Strategic alignment 

refers to AI implementations that align with the broader strategic goals of the organisation. To 

this end, it is often necessary to establish clear expectations regarding AI use. This includes 

defining the direction of AI use, that is defining the what, the why and the how, while also en-

suring the necessary resource allocation, internal capabilities, and processes are in place 

(Mäntymäki et al., 2023). In this regard, Daugherty and Wilson (2018) highlight the need for 

training and retraining staff to ensure that the necessary skills are present within organisa-

tions. Furthermore, Shneiderman (2020) emphasises the importance of leadership commit-

ment, both in ensuring that such training initiatives are in place and in managing AI-related 

incidents. Value alignment refers to ensuring that AI use aligns with the organisation's ethical 

values and principles. It requires the organisation to establish a clear understanding of which 

risks, including regulatory and reputational risk, are deemed acceptable. Mäntymäki et al. 

(2023) state that it is especially important to ensure clarity regarding which risks are accepta-

ble, as ethical considerations are rarely clear-cut and often require organisations to navigate 

complex trade-off between strategic and ethical values (Mäntymäki et al., 2023). 

Flowerday and Tuyikeze (2016) also argue that, in order to achieve a functional balance be-

tween value alignment and strategic alignment, all the stages of the policy lifecycle have to be 

taken into account. A particularly important stage is policy creation, during which the focus of 

the policy, that is what the policy should aim to address, is established. Flowerday and 

Tuyikeze (2016) emphasise that this process should involve a broad range of stakeholders in-

cluding both employees and senior management, in order to balance strategic and value align-

ment while also fostering a sense of inclusion and ownership. Such inclusion not only pro-

vides a more comprehensive overview of the objectives but also ensures the subsequent devel-

opment and implementation phases are supported and accepted. (Flowerday & Tuyikeze, 

2016) In particular, employee involvement is essential as the employees interact with the sys-

tem and IT landscape on a daily basis and are often the group most directly affected by the 

policy (Flowerday & Tuyikeze, 2016).   

Systems:  

According to Mäntymäki et al. (2023) the Systems layer is defined as the layer that combines 

the internal plans from the organisational layer and the external demands from the environ-

mental layer, translating them into practise. Mäntymäki et al. (2023) highlight that, since gov-

ernance follows the guidelines set by the environmental layer, it must remain adaptable in or-

der to stay relevant to the organisation’s needs. 

2.2.3 Summary 

AI-policies are created in order to steer and guide behavior within an organisation, this is sup-

ported by Aphale et al. (2013) who suggests that policies are made to serve this very function, 

and should also serve as guidelines for understanding the goals, roles and responsibilities in-

volved in directing the organisation (Schneider et al. 2023). AI-Policies are, in turn, a compo-

nent of AI governance, which ensures that organisations use AI in a manner that aligns with 

the ethical, legal and strategic frameworks (Mäntymäki et al., 2022; Schneider et al., 2023). In 

light of this, Mäntymäki et al. (2023) identified three layers, environmental, organisational 

and systems layers, that impact the AI-governance within the organisations. However, a key 
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challenge remains in translating and aligning these values into actionable practise (Minkkinen 

& Mäntymäki, 2023). 

2.3 Policy in practise 

This chapter examines policy in practise, exploring how policy impacts the organisations and 

why it may differ from the intended outcome.  

How policy is translated into practise is shaped by a range of organisational and environmen-

tal aspects and can give cause to a phenomenon called decoupling (Bromley & Powell, 2012; 

Jabbouri et al., 2019; Horneber, 2025). Thus Flowerday & Tuyikeze (2016) highlights the 

need for policy creation to take into account these different aspects to ensure the policy is not 

redundant, irrelevant nor constructed in a manner that inhibits it from supporting and being 

supported by the users. 

As previously mentioned, Flowerday and Tuyikeze (2016) highlight the need for stakeholder 

engagement. Employee and management support are therefore critical for successful policy 

implementation. This includes involving employees in the policy creation and enabling them 

to take ownership throughout the full policy lifecycle rather than solely during the policy 

commitment stage. This fosters a sense of inclusion among employees and, in turn, makes the 

transition easier to implement, as a sense of ownership is established (Flowerday & Tuyikeze, 

2016). Flowerday and Tuyikeze (2016) also identify management support as crucial for ensur-

ing policy awareness and policy education.  

“The committed participation of management will motivate employees to comply with 

the new policy requirements and will also help to increase employees’ acceptance and 

commitment to the organisation’s security policy.” (Flowerday & Tuyikeze, 2016 p. 

176)   

Understanding the context of a policy is increasingly important as more organizations face di-

lemmas in which they must navigate trade-off between ethics and profitability. In light of this, 

ethics washing is increasingly being discussed both in society and in academia, referring to 

situations where organisations use ethics as a marketing tool, projecting an image of responsi-

bility without grounding it in reality (de Laat, 2021; Fioravante, 2024). Within the AI field, 

this is particularly challenging as its principles remain relatively new and lack general consen-

sus on norms and best practise (de Laat, 2021). Furthermore, there is limited formal responsi-

bility and accountability, as well as lack of adequate tools to enable ethical AI (de Laat, 

2021). These factors ultimately lead to unclarity, making it difficult to translate ethical AI 

principles into meaningful impact (de Laat, 2021). 

2.3.1 Policy-practise decoupling 

When examining decoupling as a phenomenon, it is valuable to distinguish between it from 

two distinct levels: Policy-practise Decoupling and Means-Ends Decoupling (Bromley & 

Powell, 2012). Bromley and Powell (2012) argue that policy-practise decoupling seeks to ex-

plain why organisations’ implementations of formal policy and rules fail. Policy-practise de-

coupling occurs when formal rules are violated or remain unimplemented, and when mecha-

nisms for control and evaluation of governance remain largely symbolic (Bromley & Powell, 

https://www.zotero.org/google-docs/?3AS7fK
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2012; Horneber, 2025; Jabbouri et al., 2019). This type of decoupling may occur when poli-

cies are adopted solely to comply with public expectations and governmental pressures, yet 

never translate into actual organisational processes, rendering the policy merely symbolic 

(Acquisti & Steed, 2025; Jabbouri et al., 2019).  

The use of policy as a symbol may result from organisations adopting ethical or responsible 

AI-policies as a means of gaining competitive advantage or enhancing their public image, 

without any genuine intention or mechanism for actual implementation (de Laat, 2021; 

Horneber, 2025). One risk factor is limited capacity to implement the policy, as well as a lack 

of policy reinforcement (Horneber, 2025; Bromley & Powell, 2012; Jabbouri et al., 2019). 

Regarding formal accountability measures, organisations are subject to hard laws such as the 

GDPR. However, Horneber (2025) argues that a lack of regulatory accountability principles 

persists. A potential reason for this is persistent gap between law and practise, where high-

level legal principles are difficult to implement, and disagreements between researchers and 

policymakers remain on fundamental questions such as what constitutes AI (Rakova et al., 

2021). Bromley and Powell (2012) also argue that weak legal reinforcement creates a risk of 

policy-practise decoupling.    

2.3.2 Means-ends decoupling 

Means-ends decoupling occurs when a policy is implemented successfully but fails to fulfil its 

intended purpose (Bromley & Powell, 2012; Horneber, 2025; Jabbouri et al., 2019). This 

stems from a weak relationship between the policies implemented and the organisation's core 

processes. Consequently, the rules are enacted, but their outcomes remain uncertain (Bromley 

& Powell, 2012). Jabbouri et al. (2019) argue that, despite significant efforts to ensure policy 

implementation and avoid policy-practise decoupling, organisations still struggle to achieve 

their intended goals through policy, highlighting the need to examine this challenge through 

the lens of means-ends decoupling. They further argue that, as control and monitoring have 

increased within audit culture, the environment that surrounds and shapes organisations is 

fundamentally changing, therefore affecting the way policy and practise is coupled. 

Horneber (2025) highlights that means-ends decoupling occurs when organisations face mul-

tiple conflicting institutional pressures, and to comply with the pressures, policies are imple-

mented symbolically but without their intended effect. He further states that this is especially 

prevalent in complex fields such as in AI, where regulatory pressures are highly intricate and 

uncertain, and where it is difficult to measure and compare actual outcomes against desired 

ones. 

2.3.3 Handling of future AI practises 

Looking ahead, given that AI has already transformed the way organisations operate, as well 

as the individuals within them, it is unsurprising that Holmström (2024) anticipates further 

change and considers organisations capacity to adapt to it increasingly crucial.  

Managing this change will therefore play an important role in shaping future organisational 

practises. Van Giffen and Ludwig (2023) emphasise that high-level AI governance should not 

be viewed as a one-time project, but rather as an ongoing commitment. Van Giffen and Lud-

wig (2023) further emphasise that AI governance requires continuous learning and adaptation.  
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Furthermore, deeper insights are needed into how AI technologies should be monitored and 

controlled. Encompassing both how AI usage should be structured and who should be held ac-

countable when AI is used in a way that is regarded as inappropriate (Rivera et al., 2025). 

Given the inherent complexity and opacity of AI models, balancing and measuring all of these 

aspects will remain a significant challenge (Rivera et al., 2025). 

2.3.4 Summary 

As a result of the complex organisational and external environment, policies face the risk of 

decoupling, meaning that the actual outcomes of policy implementation diverge from the in-

tended outcome. Decoupling can occur on two levels: policy-practise decoupling and means-

ends decoupling. Policy-practise decoupling occurs when policies are implemented symboli-

cally and fail to affect daily processes, whereas means-ends decoupling occurs when a policy 

is successfully implemented and adopted but fails to achieve its intended goal. (Bromley & 

Powell, 2012; Jabbouri et al., 2019; Horneber, 2025) This highlights the persistent problem 

caused by the gap between abstract ideals and actual implementation in the face of complex 

internal and external pressures (Rivera et al., 2025). 

In light of the pressures organisations face when developing and enacting AI-policy, under-

standing the forces that drive these processes becomes increasingly important. One way of ap-

proaching this issue is through an institutional perspective. Through the lens of institutional 

theory, policies are a means by which organisations navigate external pressures, including 

cultural norms, cognitive expectations and broader societal pressures (Powell & DiMaggio, 

1991). Given that AI governance, and thus AI-policy, is shaped by a mix of regulatory de-

mands, norms and organisational pressures (Mäntymäki et al. 2023), institutional theory pro-

vides a fitting lens to examine these. Specifically, this study, draws on the concepts of isomor-

phism, institutional pressure, and decoupling which will be further explained in Chapter 2.4 

Institutional theory. The study will therefore explore how institutional pressures shape AI-pol-

icy formulation and practise. This framework will serve as an analytical and an interpretive 

lens to guide the discussion rather than as a theoretical framework to be empirically tested. 

2.4 Institutional Theory 

Classical institutionalization concerns changes in practises that are influenced by values be-

yond the specifications of the current tasks (Powell & Bromley, 2015). Neo-Institutional the-

ory, on the other hand, has evolved and built upon the concepts from the classical institutional 

theory (Powell & Bromley, 2015). Defined by Powell and DiMaggio (1991, p. 8) as: 

“The new institutionalism in organization theory and sociology comprises a rejection 

of rational-actor models, an interest in institutions as independent variables, a turn 

toward cognitive and cultural explanations, and an interest in properties of supraindi-

vidual units of analysis that cannot be reduced to aggregations or direct consequences 

of individuals’ attributes or motives” 

As reflected in the Powell and DiMaggio (1991) definition, Neo-institutional theory shifts fo-

cus toward cognitive and cultural societal expectations and pressures, rather than concentrat-

ing solely on historically grounded, organizational-specific power dynamics. This is further 

https://www.zotero.org/google-docs/?IKGO9g
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supported by Powell and Bromley (2015) who argue that Neo-institutional theory examines 

how external social pressures affect an organisation's structure and policies, and how this in 

turn impacts the organisation's perceived legitimacy. They further argue that Neo-institutional 

theory emphasises two key concepts: isomorphism, which concerns the process of organisa-

tions becoming homogenous since they are responding to similar pressures (DiMaggio & 

Powell, 1983); and decoupling, which refers to the misalignment between an organisations 

technical and institutional level (Orton & Weick, 1990). These two concepts will be elabo-

rated in sections 2.4.2 Isomorphism and 2.4.3 Decoupling below.  

Horneber (2025) further highlights that, according to Neo-institutional theory, regulative, nor-

mative or cultural aspects of society can have an effect on organisations according to the Neo-

institutional theory. He suggests that, through the lens of Neo-institutional theory, organisa-

tions must take these pressures into consideration in order to thrive and ultimately survive. 

Although complying with these pressures can earn an organisation legitimacy, he notes doing 

so risks conflicting with the organisation's efficiency goals. At the same time, he notes that 

the institutional pressures can themself even be inconsistent and misaligned.  

The regulatory aspect, according to Horneber (2025), typically concerns policies and govern-

ment legislation, while the normative aspect concerns societal values and norms, each carry-

ing formal and informal consequences if breached. The cultural aspect, according to Horneber 

(2025), concerns the shared beliefs and societal reality that shapes institutional pressures and 

allows organisations to gain legitimacy without altering their actual work processes, for exam-

ple, by formulating formal policies as a response to the institutional pressures.  

As demonstrated in earlier studies, policy-practise decoupling is likely to occur when a policy 

conflicts with the organisation's internal goals and values, or when the organisation does not 

invest sufficient time or resources for the actual implementation (Bromley & Powell, 2012). 

According to Powell and Bromley (2015), organisations may also adopt a policy to protect the 

organisation's technical core, while still maintaining their decoupled practises, thereby satisfy-

ing external pressures without altering internal processes. 

2.4.1 Strong and weak institutional pressure 

When applying an institutional perspective to organisations, two overarching categories of 

pressure that can be identified: strong institutional pressures and weak institutional pressures 

(Berente et al., 2019; Minkkinen & Mäntymäki, 2023). According to Minkkinen and 

Mäntymäki (2023), strong institutional pressure can be defined as involuntary compliance 

pressures that influence an organisation through, for example, regulations that carry substan-

tial consequences if not followed. Weak institutional pressures, on the other hand, are accord-

ing to Minkkinen and Mäntymäki (2023) defined as voluntary adoption pressures, where fail-

ing to comply does not produce consequences that create a tangible impact. Berente et al. 

(2019) extends this definition by further noting that weak institutional pressure affords stake-

holders the freedom to adopt if they choose to do so, without incurring significant negative 

consequences should they choose not to. 
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Figure 2.1: Strong and weak institutional pressures (Minkkinen & Mäntymäki, 2023) 

2.4.2 Isomorphism 

The Neo-institutional theory places a considerable emphasis on Isomorphism (Powell & 

Bromley, 2015). Isomorphism is the process in which organisations become increasingly ho-

mogenous as they respond to pressures from the same environmental context (DiMaggio & 

Powell, 1983). Isomorphism can, in turn, be divided into three subcategories: coercive, mi-

metic and normative isomorphism (DiMaggio & Powell, 1983). Each subcategory concerns a 

distinct type of influence and produces different effects (DiMaggio & Powell, 1983).  

The first category is coercive isomorphism, which is defined as: “both formal and informal 

pressures exerted on organizations by other organizations upon which they are dependent 

and by cultural expectations in the society within which organizations function.” (DiMaggio 

& Powell, 1983, p. 150) According to DiMaggio and Powell (1983), these forces can take the 

form in various external pressures, such as invitations to organisational agreements or as a 

consequence of government regulations. Even though new regulations pressures organisations 

to change and those changes are initially ceremonial, DiMaggio and Powell (1983) point out 

that they can make a meaningful difference in the long term. 

The second category, mimetic isomorphism, is defined by DiMaggio and Powell (1983) as the 

actions taken by organisation when faced with uncertainty. They further define mimetic ac-

tions of organisations as a process of modelling. In which, when organisations are faced with 

uncertainty and are seeking greater legitimacy, they look to other similar organisations that 

they consider superior or more legitimate in order to emulate their practises and advance 

themselves. One notable advantage they highlight is that modelling another organisation is 

relatively cost-effective, given the comparatively sound solutions it yields. Although model-

ling does not always occur intentionally, DiMaggio and Powell (1983) argue that it can take 

place through consultancy firms or employees who bring their ways of working from a previ-

ous organisation into a new one.  

The third category, normative isomorphism, is defined by the notion that change stems from 

professionalization (DiMaggio & Powell, 1983). Professionalization is defined by DiMaggio 

and Powell (1983) as: 

“the collective struggle of members of an occupation to define the conditions and 

methods of their work … and to establish a cognitive base and legitimation for their 

occupational autonomy” DiMaggio and Powell (1983 p. 152). 

https://www.zotero.org/google-docs/?IcS80k
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They further argue that professionalization can be divided into two subcategories: education 

and legitimation, and professional network. The first subcategory emphasises the impact of 

formal education, while the second focuses on the professional networks that span across or-

ganizations through which modelling can be transferred (DiMaggio & Powell, 1983).  

2.4.3 Decoupling 

Loose coupling is a component of decoupling and refers to the degree of connectedness be-

tween elements within an organization (Orton & Weick, 1990). According to Orton and 

Weick (1990), it reflects the degree of alignment between the technical level, where external 

pressures are least prominent, and on the institutional level, where they are most prominent. 

They argue that tight coupling at the technical level can enable stability, while loose coupling 

on an institutional level can enable flexibility. One example of loose coupling can be found in 

a study conducted by Berente et al. (2019). He found that nurses experienced loose coupling 

during their daily work with the health record system, prioritising the care they deemed neces-

sary for patients and only afterwards fulfilling the requirement of the information system. He 

emphasised that, since the nurses prioritised the patient care quality, they worked around the 

system and only used it retrospectively, not because they found it helpful but merely to satisfy 

its formal requirements. 

As discussed in chapter 2.4.1 Strong and weak institutional pressure, strong institutional pres-

sure arises from external factors such as regulations, while weak institutional pressures take 

the form of industry standards or guidelines (Minkkinen & Mäntymäki, 2023). 

 

Figure 2.2:Institutional logics and pressures to comply (Berente et al., 2019) 

Other than this, as seen in Figure 2.2 Institutional logics and pressures to comply, Institutional 

logics also play a role within Neo-institutional theory (Berente et al., 2019). According to 

Berente et al. (2019), institutional logics can be divided into two main categories of institu-

tional logics: congruent and incongruent institutional logics. Congruent institutional logics are 

according to Berente et al. (2019), characterised by the logics of change, for example the in-

troduction of a new system, being aligned with the values and logics of the organisation and 

the employees involved. He argues that the presence of congruent institutional logics in-

creases the likelihood that new systems or operations will be used as intended. With incongru-

ent institutional logistics, on the other hand, he argues that, the misalignment between the new 

system and the organisations inherent logics will risk causing loose coupling, where the new 

system will not be used as intended or force a fundamental change in the nature of the organi-

sations operations. Loose coupling is therefore a consequence of incongruent institutional 

logics and strong institutional pressure, as illustrated in Figure 2.2 Institutional logics and 

pressures to comply (Berente et al., 2019). 
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2.5  Literature matrix 

The aim of this literature matrix is to provide a clear overview of the most important insights 

relevant to this study. Table 2.1 Literature Matrix provides an overview of the key themes this 

study follows, a summary of their respective main insights and the literature chapters and 

sources connected to those insights. This matrix is particularly relevant to this study as it re-

flects the intent and structure of the thesis established by the authors. These themes collec-

tively form the frame of reference drawn upon in the empirical analysis. 

Table 2.1: Literature matrix 

Theme Summary Chapter Sources 

AI in Organisa-

tions 

AI use is rapidly dif-

fusing in organisa-

tions across sectors 

and is actively rede-

fining the organisa-

tional landscape. 

This diffusion has 

sparked discussion 

within organisa-

tions, the legal field, 

and research regard-

ing the risks associ-

ated with AI and 

Responsible AI.    

2.1 AI in or-

ganisations 

(Berente et al., 2021) 

(Rivera et al., 2025) 

(Dignum, 2019) 

(Horneber, 2025) 

(Conboy et al., 2022) 

(Ayling & Chapman 

2022) 

(Mäntymäki et al., 

2023) 

(de Laat, 2021) 

(Gianni et al., 2022) 

(Papagiannidis et al., 

2025) 

(Vassilakopoulou et 

al., 2022) 

(Fioravante, 2024) 

(Van Giffen & Lud-

wig, 2023) 

Policy Formula-

tion  

Policies are tools to 

steer behavior 

within organisations 

and act as guidelines 

for employees. 

There are several 

external and internal 

factors that deter-

mine how organisa-

tions formulate their 

policies. The pres-

sures organisations 

experience can be 

split into three lay-

ers: environmental, 

organisational and 

systems layer.  

2.2 Policy For-

mulation  

(Van Giffen & Lud-

wig, 2023) 

(Berente et al., 2019) 

(Minkkinen & 

Mäntymäki, 2023) 

(Mäntymäki et al., 

2022)  

(Mäntymäki et al., 

2023)  

(Papagiannidis et al., 

2025) 

Horneber, (2025) 

(V. Flowerday & 

Tuyikeze, 2016)  
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(Aphale et al., 2013) 

(Schneider et al., 

2023) 

(King & Kraemer, 

2019)        (Butcher & 

Beridze, 2019)             

(Daugherty & Wilson, 

2018)       (Shneider-

man, 2020)     (Fio-

ravante, 2024) 

Policy in practise The practical imple-

mentation of policy 

is dependent on sev-

eral environmental 

and organisational 

aspects. These as-

pects could impact 

the policy and create 

situations of policy-

practise or means-

ends decoupling,  

where the policy 

does not serve its in-

tended purpose.   

2.3 Policy in 

practise 

(Bromley & Powell, 

2012)  

(Jabbouri et al., 2019)  

(Horneber, 2025) 

(Flowerday & 

Tuyikeze, 2016) 

(de Laat, 2021) 

(Fioravante, 2024) 

(Acquisti & Steed, 

2025)  

(Horneber, 2025) 

(Rakova et al., 2021) 

(Holmström, 2024)  

(Van Giffen & Lud-

wig, 2023)                    

(Rivera et al., 2025) 

Institutional the-

ory 

The chosen frame-

work, The Institu-

tional Theory, con-

sists of three types 

of isomorphisms: 

coercive, mimetic 

and normative iso-

morphism. Institu-

tional theory further 

highlights how insti-

tutional logics and 

pressure affects the 

coupling of policies.   

2.4 Institu-

tional Theory 

(Powell & Bromley, 

2015) 

(Powell & DiMaggio, 

1991)  

(Bromley & Powell, 

2012) 

(DiMaggio & Powell, 

1983) 

(Horneber, 2025) 

(Orton & Weick, 

1990) 

(Minkkinen & 

Mäntymäki, 2023) 

(Berente et al., 2019) 
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3 Methodology 

In this chapter the research methodology will be presented, this chapter will present the re-

search philosophy and approach as well as an explanation and motivation of the methodolog-

ical selections. This documentation is included to enhance traceability and trustworthiness 

(Bryman, 2018) and allow for scrutiny of potential biases unconsciously included by the au-

thors. 

3.1 Research philosophy 

The research philosophy was selected to fit the research purpose, Saunders et al. (2009) state 

that the philosophy selection shapes how knowledge is created for the study. This study 

adopted an interpretivist research philosophy, since this study's research question explores 

subjective stakeholder perspectives, motivations, and socio-technical dynamics surrounding 

AI-policy formulation and impact. Interpretivism emerged as a critique of positivism, reject-

ing the notion of a single, objective social reality (Bhattacherjee, 2019). Instead, it views real-

ity as subjective and being actively shaped by individuals' experiences and their social con-

texts (Bhattacherjee, 2019). Saunders et al. (2009) explain that interpretivism is essential be-

cause humans cannot be studied like physical phenomena can. They further argue that social 

reality is shaped by cultural contexts and the unique meanings individuals create, making ob-

jective, natural-science approaches inadequate for understanding these complexities.  

This perspective resonates strongly with this study's objectives. This research aims to interpret 

a specific socio-technical phenomenon, AI-policy, that hinges on each organization's unique 

social realities and cultural contexts. Rather than seeking universal laws about “how an AI-

policy should be”, this study prioritizes the understanding of how policies emerge and play 

out in practise. This study seeks to understand the dynamics of AI-policy formulation and its 

real-world implementation. According to Saunders et al. (2009), the interpretivist paradigm is 

particularly valuable here, as it examines not only rational strategies but also irrationalities 

and unintended consequences, such as policy-practise decoupling or organizational dynamics 

that diverge from the stated goals. Goldkuhl (2012) further mentions that in the IS field, inter-

pretivism is particularly valuable as it often deals with complex socio-technical phenomena 

that might be difficult to quantify.  

As Kaplan & Maxwell (2005) further emphasizes, it is important to understand that technol-

ogy does not exist in a vacuum and is embedded in the social and organizational context in 

which they exist. This means that they view the context as an inherent part of the technologi-

cal phenomenon and technology can therefore not be studied without understanding the con-

text. For this study, this means that AI and AI-policy cannot be studied without understanding 

the organisational context. This makes interpretivism philosophy valuable for understanding 

the social, cultural, and technological phenomena. This will be particularly valuable as this 

study strives to understand the greater context in which AI fits within an organisation, and 

more specifically how AI-policy is formulated and shapes the use of the AI technologies. The 

process for AI-policy is often subjective and highly dependent on the subjective and contex-

tual processes. This interview-based study aims to capture these nuances through the lens of 

interpretivism, in order to avoid reducing the complexity through quantified generalizations.  

https://www.zotero.org/google-docs/?khVjia
https://www.zotero.org/google-docs/?f9mvGD
https://www.zotero.org/google-docs/?V4vwsF
https://www.zotero.org/google-docs/?Wro0No
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This study has adopted a qualitative research methodology, which aligns with interpretivist 

knowledge creation by enabling the analysis of complex, rich data. This approach is com-

monly used in interpretivist studies (Goldkuhl, 2012; Saunders et al., 2009). Its specific im-

plementation and further motivation are elaborated in Section 3.4 Data Collection. 

3.2  Research approach 

To address the research question and examine how internal AI-policies are formulated and 

how they translate into practise, this study has adopted a qualitative research approach. The 

goal of the qualitative approach is described as understanding complex situations or issues 

through the investigation of people's behaviours and perspectives within the specific context 

(Kaplan & Maxwell, 2005). This makes the approach suitable for gaining an understanding of 

how organisations understand their realities and unique motivators when creating and main-

taining their AI-policy. The qualitative approach is also valuable in gaining an understanding 

of the different perceptions and experiences of stakeholders (Kaplan & Maxwell, 2005). A 

major strength of these methods lies in the ability to understand the broader social, cultural, 

organizational, and political context surrounding information technology (Kaplan & Maxwell, 

2005). This approach is particularly suitable since the research focus is on understanding how 

different organisations perceive, interpret, and enact AI-policy in their everyday work prac-

tises. Rather than measuring predefined variables, the objective is to capture complex mean-

ings, tensions, and experiences related to the AI governance in their respective contexts. 

Patton (2015) emphasizes that a core strength of qualitative inquiry lies in examining the con-

sequences of systems within their contexts, particularly how intended goals often diverge 

from its actual implementation. This insight is highly relevant for understanding AI-policy, 

where formal policies may articulate an ambition around AI, yet the everyday realities can 

lead to very different outcomes. A qualitative approach was therefore well suited to exploring 

AI-policy enactment across organizational stakeholders and to understanding how such poli-

cies are reflected, negotiated, and realized within organizations. 

3.3  Literature collection and review 

When searching for literature, library sources such as Finn, Springer, AIS eLibrary, Re-

searchGate and sources included in “Basket of 11” were prioritized. Furthermore, when possi-

ble, sources written after the year 2020 were prioritized in order to access the most current 

and relevant information possible. Despite this ambition, there are exceptions, especially con-

cerning the sources used for the theoretical framework, where the original sources were pre-

ferred in order to access the original definitions, regardless of how old they were. Examples of 

keywords or phrases used during the literature synthesizing are: 

• “Policy” 

• “AI” 

• “AI-policy” 

• “Decoupling” 

• “Policy practise decoupling” 

• “Loose coupling” 



 AI-policy formulation and practise  Astrid Andersson and Fanny Hedin 

 

– 28 – 

 

• “AI in organisations” 

• “Policy impact factors” 

• “AI governance” 

• “Institutional theory” 

• “Responsible AI” 

• “Policy regulations” 

• “Policy Analysis” 

During the literature search a technique called backwards snowballing was used. Backwards 

snowballing is the act of using an article for its information while also “digging deeper” into 

the sources the article has used and using those as well (Alvehus et al., 2025).  

Below is the synthesized research model, compiling the themes and its relevant literature. The 

function of this matrix is to show the synthesis preparation for the literature collection and 

connection to the subsequent subthemes used in the rest of the study. Furthermore, this was 

used as a base for the interview guide, in order to anchor it in the literature. A more detailed 

connection between the interview guide and literature review can be found in Table 3.1 Syn-

thesized research model.  

Table 3.1: Synthesized research model 

Main theme Sub themes  Literature 

AI in organisation Overview of AI in organi-

sations  

Dignum (2019) 

Berente et al. (2021) 

Conboy et al., 2022) 

AI adoption  Ayling & Chapman (2022) 

Mäntymäki et al. (2023) 

Responsible AI de Laat (2021)             Gi-

anni et al. (2022) Papagi-

annidis et al. (2025) Vas-

silakopoulou et al. (2022)                    

Mäntymäki et al. (2023) 

Horneber, (2025)          

Ayling & Chapman (2022) 

Fioravante (2024)        Ri-

vera et al. (2025) 

Policy Formulation Overview of Policy for-

mulation  

Aphale et al. (2013)  

Schneider et al. (2023) 

Flowerday & Tuyikeze 

(2016)                  

Mäntymäki et al. (2023) 

King & Kraemer (2019). 

AI governance  Van Giffen & Ludwig 

(2023)                   

Mäntymäki et al. (2022) 

https://www.zotero.org/google-docs/?J7NPY7
https://www.zotero.org/google-docs/?J7NPY7
https://www.zotero.org/google-docs/?J7NPY7
https://www.zotero.org/google-docs/?Cvmb6X
https://www.zotero.org/google-docs/?Cvmb6X
https://www.zotero.org/google-docs/?ZOkuZO
https://www.zotero.org/google-docs/?ZOkuZO
https://www.zotero.org/google-docs/?VcDqyk
https://www.zotero.org/google-docs/?NXfiIL
https://www.zotero.org/google-docs/?6BpHE8
https://www.zotero.org/google-docs/?6BpHE8
https://www.zotero.org/google-docs/?uYIPE7
https://www.zotero.org/google-docs/?3iFCgs
https://www.zotero.org/google-docs/?3iFCgs
https://www.zotero.org/google-docs/?6AhWkY
https://www.zotero.org/google-docs/?UTGcJc
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Schneider et al. (2023) 

Minkkinen & Mäntymäki 

(2023)                         But-

cher & Beridze (2019) 

Mäntymäki et al. (2022) 

Fioravante (2024) 

Policy Drivers and moti-

vations 

Mäntymäki et al. (2023) 

Papagiannidis et al. (2025) 

Daugherty & Wilson 

(2018) Shneiderman 

(2020) Flowerday & 

Tuyikeze (2016) 

Policy in Practise Overview of Policy in 

Practise  

Bromley & Powell (2012) 

Jabbouri et al. (2019) 

Horneber (2025)  

Flowerday & Tuyikeze 

(2016) 

de Laat (2021) 

Fioravante (2024) 

Policy-practise decoupling Bromley & Powell (2012) 

Horneber (2025) 

Acquisti & Steed (2025) 

Jabbouri et al. (2019) 

de Laat (2021) 

Rakova et al. (2021) 

Means-ends decoupling Bromley & Powell (2012) 

Horneber (2025) 

Jabbouri et al. (2019) 

Handling of Future Prac-

tises 

Holmström (2024) 

Van Giffen & Ludwig 

(2023) 

Rivera et al. (2025) 

Institutional Theory Overview of Institutional 

Theory 

Powell & Bromley (2015) 

Powell & DiMaggio 

(1991) 

Orton & Weick (1990) 

Horneber (2025) 

Bromley & Powell (2012) 

Strong and weak Institu-

tional pressure 

Berente et al. (2019) 

Minkkinen & Mäntymäki 

(2023) 

https://www.zotero.org/google-docs/?UTGcJc
https://www.zotero.org/google-docs/?L5RSO3
https://www.zotero.org/google-docs/?L5RSO3
https://www.zotero.org/google-docs/?ZEY6q3
https://www.zotero.org/google-docs/?ZEY6q3
https://www.zotero.org/google-docs/?v96VLi
https://www.zotero.org/google-docs/?NefiIu
https://www.zotero.org/google-docs/?NefiIu
https://www.zotero.org/google-docs/?aIgtOq
https://www.zotero.org/google-docs/?aIgtOq
https://www.zotero.org/google-docs/?83Xydr
https://www.zotero.org/google-docs/?pA6p6t
https://www.zotero.org/google-docs/?pA6p6t
https://www.zotero.org/google-docs/?tvQAIp
https://www.zotero.org/google-docs/?0BAolb
https://www.zotero.org/google-docs/?2go4QP
https://www.zotero.org/google-docs/?SN2jPw
https://www.zotero.org/google-docs/?MvzhGa
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Isomorphism Powell & Bromley (2015) 

DiMaggio & Powell 

(1983) 

Decoupling Orton & Weick (1990) 

Berente et al. (2019) 

Minkkinen & Mäntymäki 

(2023) 

 

3.4  Data collection 

In this chapter the data collection methods will be presented and motivated. 

3.4.1 Semi-structured interviews 

As this study is relying on conducting qualitative research, conducting semi-structured inter-

views was assessed as the most appropriate approach. The goal of the interviews in qualitative 

research is to create rich data, which is characterized as detailed and comprehensive data that 

have the ability to explain a complex phenomenon or situation (Kaplan & Maxwell, 2005; 

Schultze & Avital, 2011). Furthermore, semi-structured interviews were used for this study, 

this entails, according to Bryman (2018), that interviews are based on a general interview 

guide with a few questions and themes. For this study, semi-structured interviews were cho-

sen since it gives the interviewer more flexibility in adjusting the flow of the questions as well 

as offering the opportunity for follow-up questions (Bryman, 2018; Schultze & Avital, 2011). 

According to Kaplan & Maxwell (2005) this interview method combines the consistency of a 

structured approach with the flexibility to expand on details when needed. It is targeted and 

insightful, while also allowing researchers to clarify confusion in real-time. Furthermore, ac-

cording to Kaplan and Maxwell (2005) it ensures coverage of core themes across interviews 

while still allowing for exploration of context-specific depth and nuance. Therefore, this ap-

proach was deemed well adapted for exploring AI-policy formulation and enactment. 

Interviews have been conducted with key stakeholders who are involved with the organiza-

tion's AI and AI-policy initiatives. The interviews were conducted through video calls, both 

through Microsoft Teams and Google Meet. To ensure comfort, the informants were allowed 

to choose which video-call service they preferred. Video interviews were conducted instead of 

in-person interviews as the time and resources were limited, and the informants were located 

in a wide range of locations within the Nordic Region. Bryman (2018) notes that remote inter-

views are less time-consuming than in-person meetings though they may limit the researcher's 

ability to capture non-verbal cues and facial expressions that according to Bhattacherjee 

(2019) enriches the data collection. However, Bryman (2018) further emphasizes that video 

interviews largely preserve this non-verbal contact. Additionally, conducting interviews 

through a video format allows participants to select their own comfortable environment, 

which according to Bryman (2018) enhances their sense of comfort during the conversation.  

Conducting interviews presents several methodological challenges that must be carefully 

managed (Recker, 2021). One such risk is reflexivity, where the informants experience 

https://www.zotero.org/google-docs/?i7X7fV
https://www.zotero.org/google-docs/?i7X7fV
https://www.zotero.org/google-docs/?4ul7rE
https://www.zotero.org/google-docs/?LewtpY
https://www.zotero.org/google-docs/?LewtpY
https://www.zotero.org/google-docs/?8O4vCS
https://www.zotero.org/google-docs/?8O4vCS
https://www.zotero.org/google-docs/?gFWgT9
https://www.zotero.org/google-docs/?JvABDy


 AI-policy formulation and practise  Astrid Andersson and Fanny Hedin 

 

pressure to respond in a manner that the informant feels the interviewer wants, this is particu-

larly common in cases where subjectivity and bias is shown through poorly constructed inter-

view questions (Recker, 2021), in the following section 3.4.2 Interview Guide the mitigation 

of this risk is discussed. Further ethical considerations surrounding the interview, including 

informed consent, anonymity, and data protection are elaborated further in section 3.7 Ethics. 

Despite the challenges surrounding conducting interviews, the method choice still seems ap-

propriate because of the aforementioned potential for gaining rich and comprehensive insights 

(Kaplan & Maxwell, 2005; Schultze & Avital, 2011). 

The interviews took about 30-50 minutes, and each interview ended with an open question 

where the informant had the opportunity to supplement and add information if there was 

something they had reflected on during the interview. In one interview the contacted inform-

ant, I6a, wanted to have their Head of AI, I6b, along in the interview to be able to give rele-

vant information.  

3.4.2 Interview Guide 

The interview guide was divided into three main sections modelled after this study's literature 

review: 1. AI in organisations, 2. Policy Formulation and 3. Policy in practise, along with 

space for contextual opening and closing questions. Alvehus et al. (2025) states that by divid-

ing the interview guide around themes, with questions on each, it enables flexibility in the in-

terview as well as allowing the informants to discuss things not directly related to the question 

but the theme as a whole. Both Alvehus et al. (2025) and Jacobsen (2017) further stress the 

importance of having opening questions related to the interviewee as a chance for both under-

standing context but also for the informants to get comfortable with the interview. Therefore, 

each interview began with small talk, introducing both the researchers as students and the 

study as a whole before starting to record the interview.  

The interview guide contained a total of 28 questions and could be described as a highly 

structured model with fully structured questions, this was to ensure that all informants had ac-

cess to the questions before the interview. This highly structured interview guide could sug-

gest it diverges from the openness ideals of qualitative research, however, Jacobsen (2017) 

states not structuring the data could result in complexities leading to the data analysis being 

difficult, resource intensive, and sometimes impossible to conduct. Furthermore, Jacobsen 

(2017) also states that there will always be some amount of bias and subconscious structuring 

and by stating this clearly these biases will be highlighted both to the authors and the readers. 

The interviews were still semi-structured meaning they left room for follow-up questions, ask-

ing for examples and clarifications when needed (Bryman, 2018; Schultze & Avital, 2011).  

A primary concern when creating the interview guide was wording bias, where leading ques-

tions may pressure participants to respond in specific directions (Bryman, 2018; Recker, 

2021). To mitigate this, interview questions were designed to avoid imposing researcher as-

sumptions. While the literature review generated the general thematic areas, the questions re-

mained open-ended and neutral to allow participants to steer the conversation themselves to 

reveal unanticipated perspectives. To further ensure this, the thesis supervisor reviewed the 

interview guide beforehand to help identify hidden wording bias.  

The interview guide was chosen to be modelled on the theoretical background, as according to 

Bryman (2018) the goal of the interview is to seek the knowledge lacking in the current 

https://www.zotero.org/google-docs/?gx2iVJ
https://www.zotero.org/google-docs/?5EF03w
https://www.zotero.org/google-docs/?R2HuBo
https://www.zotero.org/google-docs/?R2HuBo
https://www.zotero.org/google-docs/?sEqK0e
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literature. By having a theoretical background when creating the interview guide, it ensured 

that the questions were relevant and sought to fill the identified research gap. Jacobsen (2017) 

further emphasised that the interview guide should ensure that all relevant themes are high-

lighted but still leaving room for dialog. To ensure all themes were discussed a source map-

ping between each question and the relevant chapter in the literature was created. 

Table 3.2: Source Mapping of Interview Guide and Literature review 

Theme Question Literature Review Sec-

tion 

Opening Questions Can you describe your pro-

fessional role?  
Contextual Question 

Which areas of responsibility 

do you have, connected to AI 

and policy 

 

AI in the organisation What types of AI do you pri-

marily use in your organisa-

tion?  

Sec. 2.1 AI in organisa-

tions 

What is the purpose of this 

AI use? 
Sec. 2.1.1: AI adoption 

Are there any specific tools 

you prefer or avoid in your 

organisation?  

Sec. 2.2.2: Responsible AI  

Why do you choose to use 

the tools you are using? 
Sec. 2.2.2 Responsible AI  

Sec. 2.2.1: AI governance 

Policy Formulation What is the primary goal of 

your AI-policy? 
Sec. 2.2.2: Policy Drivers 

and motivations 

What principles guide your 

AI-policy? 
Sec. 2.2.2: Policy Drivers 

and motivations 

What initiated the creation of 

your AI-policy? 
Sec. 2.2.2: Policy Drivers 

and motivations 

When, in relation to the or-

ganisation's actual AI use, 

was the policy developed? 

Sec. 2.2.2: Policy Drivers 

and motivations 

Sec. 2.3.1 Policy-Practise 

Decoupling 

Sec. 2.3.2 means-ends de-

coupling 

How did the AI-policy 

emerge and evolve? 
Sec. 2.2.2: Policy Drivers 

and motivations 

Who was involved in the for-

mulation of the AI-policy? 
Sec. 2.2.2: Policy Drivers 

and motivations 
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Sec. 2.3.1 Policy-Practise 

Decoupling 

How do you identify what 

should be included in the AI-

policy?  

Sec. 2.2.2: Policy Drivers 

and motivations 

Sec. 2.1.2 Responsible AI 

How do regulations and in-

dustry requirements shape 

your AI-policy develop-

ment? 

Sec. 2.2.2 Policy Drivers 

and Motivation 

Policy in practise How was the policy commu-

nicated when it was first im-

plemented? 

Sec. 2.3 Policy in Practise 

Is there a continuous com-

munication of policy in the 

organisation?   

Sec. 2.3 Policy in Practise 

Where is the policy? Is it 

easy to find and understand? 
Sec. 2.3.1 Policy-Practise 

Decoupling 

Is there a separate policy for 

different departments, with 

specialized language and 

specifications? 

Sec. 2.3.1 Policy-Practise 

Decoupling 

Are there any support tools 

to help employees how to 

comply with the policy? 

Sec. 2.3.1 Policy-Practise 

Decoupling 

Who is responsible for pol-

icy compliance? 
Sec. 2.3.1 Policy-Practise 

Decoupling 

What are the consequences 

of non-compliance with AI-

policy?  
What does the follow-up 

process look like? 

Sec. 2.3.1 Policy-Practise 

Decoupling 

In what ways does the AI-

policy impact your daily 

work?  

Sec. 2.3.1 Policy-Practise 

Decoupling 

 

Could you discuss challenges 

regarding the AI-policy? 
Sec. 2.3.1 Policy-Practise 

Decoupling 

Sec. 2.3.2 Means-Ends de-

coupling 

Do you experience that the 

AI-policy achieves or does 
Sec. 2.3.1 Policy-Practise 

Decoupling 
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not achieve its purpose? And 

why? 
Sec. 2.3.2 Means-Ends de-

coupling 

Closing Questions  How does your organisation 

work with updating and 

maintaining relevance in the 

policy?  

2.3.3 Handling of future 

AI practises  

When you look at your AI-

policy in 1-2 years, do you 

expect it to change, and in 

that case how?  

2.3.3 Handling of future 

AI practises  

Is there something you 

would like to add that we 

haven't touched on yet re-

garding this subject? 

Contextual Question  

  

3.4.3 Participant selection 

For this study a purposive data collection method has been chosen. It was chosen since it al-

lows the data collection to be done through gathering interviewees through the perceived in-

formation they might give, rather than through their specific title or department (Jacobsen, 

2017). The purposive collection method was also applied to the choices made of the compa-

nies to contact. By purposely selecting companies to contact for interviews, the companies 

were not selected with the goal to find representative organizations for their industry, but to 

find companies that would have interesting and relevant information on this study's subject to 

offer (Jacobsen, 2017; Bryman, 2018). This ties into one goal of this study to capture a broad 

view spanning over multiple industries in order to not be limited by sector specific regula-

tions.  

The ideal interview participant for this study would be a person who is actively involved with 

the formulation of the AI-policy. Ideally the interviewee would be someone with the title 

“CAIO”. Since AI is a relatively new area, companies may not have had the time to adopt that 

role, it was chosen to include AI-management and CIOs, CTOs and CSOs. Since there is also 

a restricted amount of time and resources available for this study, the scope of the working ti-

tles was broadened to more easily include people who were also deemed relevant to the study.  

In order to find and contact the people to be interviewed, LinkedIn was used. Since this study 

uses a purposive sampling method it meant that people who had matching AI and policy man-

agement responsibilities present in their LinkedIn profile were contacted and checked that 

they were a fit for the participant goal profile. Search terms used on LinkedIn included: 

• “CIO CTO AI-policy Norden” 

• “AI-policy Nordics” 

Some of the potential informants that were contacted turned out not to be the right fit for the 

subject and they were therefore asked if they would refer us to someone in their company that 
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would be willing to participate and would be a good fit, knowing the information that was 

sought after. Some informants were found on LinkedIn by searching for their title and were 

thereafter searched for online, or on their company website so that an email could be sent to 

them instead of a LinkedIn message. Emails were also sent directly to companies' career-

email addresses and were thereafter directed internally by them to a person who would be 

knowledgeable in the subject of this study. After the participants agreed to be interviewed the 

interview guide along with the participants rights and consent form was sent out a few days 

ahead of the interview.  

The number of interviews were established by the perceived amount of information gained, in 

order to achieve an appropriate amount of saturation. This is supported by Recker (2021) who 

states that saturation is gained by the amount of valuable information that can be obtained and 

not by the quantity of interviews being made. The amount of saturation was balanced against 

the time and resource limitations of the study as Jacobsen (2017) states that these perspectives 

must be taken into account when conducting interviews.  

The informants were all made anonymous in order to preserve their privacy. The informants 

were also from seven different companies and sectors within the Nordic Region. Choosing in-

terviewees from different industries was a conscious choice made in order to capture infor-

mation across different sectors and not be constrained by branch specific regulations. Further-

more, the study was partly focused on how rules and regulations impact organisations and 

therefore it was crucial to not only investigate one industry, but rather many different indus-

tries, since they can have different regulatory constraints.  

Table 3.3: Table of informants 

Informant Role Interview 

length 

Interview 

Date 

Appendix  

I1 Project Man-

ager 

36 minutes 10/4-2026 A 

I2 Senior IT 

Manager  

55 minutes  16/4-2026 B 

I3 Operating 

Chief 

31 minutes  16/4-2026 C 

I4 CIO/CSO 47 minutes 17/4-2026 D 

I5 Compliance 

Manager 

51 minutes  17/4-2026 E 

I6 a&b CIO & Head 

of AI 

44 minutes 21/4-2026 F 

I7 CTO 32 minutes  22/4-2026 G 

 

• Informant 1, is a Project Manager responsible for the organisation's national AI imple-

mentation. They work with the legal team, the DPO and the IT Manager concerning 
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the coordination of the AI and AI-policy. They were involved in the creation of the 

AI-policy and are currently also responsible for anchoring the AI-policy within the or-

ganisation.  

• Informant 2, is a Senior IT Manager, and their role includes responsibility over the fol-

lowing departments: security, automation, IT infrastructure, IT support and IT compli-

ance.  

• Informant 3, is an Operating Chief, and their role includes a multitude of activities and 

responsibilities including organising the internal AI efforts. Alongside the IT-team 

they have created the organisation's AI-policy.     

• Informant 4, is an CIO/CISO and is responsible for the information security within 

their organisation, in this security work the creation of an AI-policy is included.  

• Informant 5, is a Compliance manager, and their role includes a share of the responsi-

bility for their organisations policy, policy for responsible use of AI, and associated 

procedures and guidelines. They, together with other management, share the responsi-

bility of the AI-policy.   

• Informant 6 a&b, I6a is CIO and responsible of the IT-department and I6b is Head of 

AI which entails responsibility for the organisation AI strategy including the coordina-

tion and management of AI initiatives. They together share the responsibility for the 

AI-policy.   

• Informant 7, is a CTO and is responsible for the technical leadership and the technol-

ogy strategy. I7 was responsible for formulating the first draft of the AI-policy.  

When making the initial contact with the potential participants, both the private email and the 

school provided email addresses were used. The following email content was used, as seen in 

Figure 3.1. Example of initial pitch sent by email and via LinkedIn. 

 

Figure 3.1: Example of initial pitch sent by email and via LinkedIn 



 AI-policy formulation and practise  Astrid Andersson and Fanny Hedin 

 

3.5  Data analysis and preparation process 

In this chapter the method for the data analysis and preparation process will be described 

and motivated.   

3.5.1 Transcription 

All interviews were, with explicit consent, recorded using smartphones. Following Jacobsen’s 

(2017) recommendations, interviews will be recorded rather than taking notes during the in-

terviews, as he states that this improves conversational flow and allows for better eye contact. 

He describes that by using a tape recorder or a smartphone, the conversation can be thor-

oughly transcribed after, as this will help in the following data analysis. Alvehus (2023) fur-

ther describes the transcription as the first step of the data analysis. Alvehus (2023) also men-

tions that recording the interview can make the participants feel that they are being accurately 

represented, as it will avoid the risk of misunderstanding and misrepresentation. 

It was chosen to transcribe the recordings for the interview because transcription enables for 

easier analysis than only using audio-files and it is also a way to ensure transparency in the 

study, where others can review and evaluate the interpretations of the raw data (Jacobsen, 

2017). The transcription was done with the tool Whisper. All the transcription through the 

tool was done locally and not in the cloud. After the transcription was done, the audio files 

were deleted. The interview recordings were recorded using an iphone voice-memo app.  

Whisper is a tool that analyses audio files, detects speech and produces a transcript based on 

the detected speech in the file. Whispers produced transcriptions aren't always accurate, so the 

transcripts were manually read and corrected afterwards, by listening to the actual audio files 

again. By transcribing this way it could be ensured that the transcriptions correctly captured 

the words and meaning of the interviewees' answers.  

For the transcription Intelligent Verbatim was performed meaning the transcriptions are made 

to capture the essence of the spoken words but without including small utterances and filler 

words such as “um” or “mm” (McMullin, 2023). The intelligent verbatim method is used 

when such verbal cues are of lesser importance, and it creates opportunities for the written 

transcription to be more easily understood (McMullin, 2023). In the same manner for inter-

views carried out in Swedish and where quotes needed to be translated for section 4. Findings 

these quotes were translated to keep the intended meaning of the quotes rather than translating 

word for word.  

3.5.2 Data storing 

The data stored in the process of this study is audio-files, transcripts and emails collected be-

fore and after the interviews. These files and information were stored locally and subse-

quently deleted after they were not in use, in compliance with the “Guidelines for the pro-

cessing of personal data in student projects at Lund University School of Economics and 

Management” (LUSEM, 2023). 

https://www.zotero.org/google-docs/?piph3H
https://www.zotero.org/google-docs/?GWtBaq
https://www.zotero.org/google-docs/?GWtBaq
https://www.zotero.org/google-docs/?sfPXrw
https://www.zotero.org/google-docs/?HZiwVG
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3.5.3 Transcript validation 

After the transcripts were completed, all of the interviewees received their transcripts through 

email and were therefore given the opportunity to correct or extract any possible information 

they did not feel represented their opinions or wanted to be used in the study. This was espe-

cially prioritised since the transcripts had been modified, in an Intelligent Verbatim manner, 

so that the participants could feel confident they had been correctly represented.  

3.5.4 Data analysis 

According to Kaplan & Maxwell (2005) coding can be done through deducing themes from 

the existing theory or deduced from the data itself. They highlight that the data is the most im-

portant aspect to be taken into account when deciding on what codes to utilize. Jacobsen 

(2017) highlights coding as a highly efficient method for working with large datasets, as it fa-

cilitates subsequent analysis by allowing the researcher to organize the material around 

themes rather than relying on extensive blocks of text. Using thematic coding is therefore well 

suited for this study because of the nature of semi-structured interviews producing large 

amounts of data (Patton, 2015). Since semi-structured interviews contain open ended ques-

tions, they present an opportunity for discovering new and unexpected patterns in the data 

(Kaplan & Maxwell, 2005). The goal of coding the data in themes was to simplify and make 

the analysis more efficient, while also improving the data by bringing it to a higher analytic 

level (Olsson, 2008). 

Deductive coding, concerns testing existing theory by deriving logical consequences from 

general premises or known theories to evaluate hypotheses against new empirical data (Saun-

ders et al., 2009). This study’s coding has been done from a deductive standpoint, meaning it 

has been based on the theoretical themes based on the literature review (Guest et al., 2012). 

Deductive basis for coding is in this case the most appropriate analysis methodology since it 

allows for a comparable and solid theoretical backbone for the analysis (Bhattacherjee, 2019). 

During the process of choosing the codes for the analysis, the three headings used for the liter-

ature chapter were considered. Later on, after considering the answers given by the interview-

ees a higher coding theme granularity was agreed upon. These original three themes emerged 

from the initial synthesized research model, which was the base for the literature synthesis. As 

the interview guide was based on the three main themes presented in the literature review, the 

precise connections between the literature chapter and interview question can be found above 

in Table 3.2: Source Mapping of Interview Guide and Literature review. Thereafter, it was 

deemed that also including the sub-themes for each of the three previously considered main 

themes, would ease the categorization and analyzation of information while still remaining 

sufficiently saturated. After conducting the coding, Table 3.5: Frequency of themes coded, 

was constructed to ensure the themes were adequately represented, in order to ensure that the 

level of saturation is sufficient in the findings.  

These sub-themes were developed by both authors initially doing an individual mapping of 

potential sub-themes based on the literature. Afterwards, the potential sub-themes were dis-

cussed among the authors and the themes where both authors reached consensus were se-

lected. Therefore, the codes used for this study's analysis are the following six: 

• AI in use 

https://www.zotero.org/google-docs/?u7TXqr
https://www.zotero.org/google-docs/?utWixq
https://www.zotero.org/google-docs/?pXwQMJ
https://www.zotero.org/google-docs/?pXwQMJ
https://www.zotero.org/google-docs/?vVjifu
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• Purpose of Policy 

• Policy Formulation Process 

• Communication  

• Compliance 

• Future Handling 

Below in Table 3.4 Coding, is an account of all the coding categories with their respective 

content and what chapter in the literature chapter they are connected to. 

Table 3.4: Coding 

Code Name Abbrevia-

tion 

Definition Example from 

Data 

Main 

Theme 

from lit-

erature  

Litera-

ture Re-

view Sec-

tion 

AI in use AiU How and 

what AI is 

used in the 

organisation 

“And for the 

rest of the or-

ganization, we 

try to support 

them with AI for 

things like in-

creased collab-

oration and 

higher produc-

tivity.” (Appen-

dix F #6) 

AI in or-

ganisation 

2.1 AI in 

organisa-

tion 

Purpose of 

Policy 

PoP Aim and 

purpose of 

the AI-pol-

icy 

“Yes, we see it 

both as a way to 

protect the com-

pany when it 

comes to own-

ership around 

the data and the 

source code. At 

the same time it 

is actually 

somewhat of a 

communication 

tool to encour-

age AI use as 

well.”(Appen-

dix G #34) 

Policy 

Formula-

tion 

 

2.2 Policy 

Formula-

tion 

Policy For-

mulation Pro-

cess 

PFP Who, when 

and what 

impacted 

AI-policy 

“So that was 

the starting 

point. To do a 

sort of, what is 

Policy 

Formula-

tion 

 

2.2 Policy 

Formula-

tion 
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sometimes 

called a materi-

ality analysis. A 

stakeholder 

analysis. And 

think about 

those who care 

about us. What 

questions do 

they have 

around AI? And 

how would we 

answer those 

questions?” 

(Appendix C 

#23) 

Communica-

tion 

COM How is the 

policy com-

municated 

and imple-

mented 

throughout 

the org. 

“We presented 

it at an infor-

mation meeting 

and then sent it 

out by email.” 

(Appendix C 

#29) 

Policy in 

practise  

2.3 Policy 

in practise  

Compliance CMP Responsi-

bility of 

compliance 

and daily 

AI-policy 

impact 

“It's only one 

and a half A4 

pages long. Be-

cause we were 

like, nobody 

reads these 

damn policy 

documents. So it 

has to be 

short.” (Appen-

dix A #12) 

Policy in 

practise  

2.3 Policy 

in practise  

Future Han-

dling 

FHa Future view 

of AI and 

AI-policy 

and keeping 

it relevant 

“But the chal-

lenge remains 

to ensure that 

we have an AI-

policy that re-

flects the tech-

nological devel-

opment and 

how we want to 

Policy in 

practise  

2.3 Policy 

in practise 
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work with the 

AI-policy” (Ap-

pendix C #47) 

 

As seen below in Table 3.5: Frequency of themes codedthe frequencies of the themes that 

were used as codes were calculated, where some of the themes were more frequently used 

than others. This can be explained by some codes being related to more questions than others.  

Table 3.5: Frequency of themes coded 

Theme Count  Relative Frequency (%) 

AI in use  30 ~11 

Purpose of Policy 60 ~23 

Policy Formulation Pro-

cess 

49 ~19 

Communication 41 ~16 

Compliance 57 ~22 

Future Handling 27 ~10 

 

The analytical method chosen for this study was thematic analysis, as this is a method of iden-

tifying and analysing different patterns within data (Braun & Clarke, 2006) this was deemed 

well suited to the nature of qualitative semi-structured interview data as it according to Patton 

(2015) tend to entail large data set and according to Kaplan & Maxwell, (2005) give oppor-

tunity for patterns to emerge. Within this method, thematic coding was used as a technique to 

systematically organise and categorise the data, serving as the foundation upon which the sub-

sequent analysis and interpretation were later built (Braun & Clarke, 2006). 

The first step of the research process, when the interviews were completed, was to transcribe 

and analyse the collected data (Kaplan & Maxwell, 2005). By conducting interviews, there 

had been a vast amount of generated data to have to be analysed (Patton, 2015). To be able to 

make sense of the collected data it was important to have scrutinized and coded it. Coding is a 

very useful technique of analyzing data in order to gain insights in the form of key ideas or 

concepts (Recker, 2021; Bhattacherjee, 2019).  

The analysis culminated in interpreting the findings from the empirical data collection. This 

was done by systematically comparing the coded data across informants within each theme, 

identifying patterns and divergences (Braun & Clarke, 2006). These themes were then related 

back to the theoretical framework and literature review in order to draw analytical conclu-

sions.  
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The data is presented in a thematic manner in section 4. Findings based on the three themes of 

the thesis 1. AI in organisations 2. Policy formulation 3. Policy in practise. The decision was 

made to present the data in themes rather than in individual interviewee sections as a way to 

synthesise and compare the data in the findings section. The quotes presented in 4. Findings 

were carefully translated in a manner that would preserve the meaning of the statement rather 

than simply directly translating the words. Each theme has one or multiple codes associated 

with it and these codes have served as the sub-headings for the findings section. The connec-

tion to the literary review section can be found in Table 3.4: Coding. 

3.6 Research Quality 

In qualitative research, reliability and validity concern the trustworthiness and credibility of 

the researcher’s interpretation and methodological procedures, rather than statistical measures 

(Kirk & Miller, 2011). They further describe reliability as the degree of consistency in the re-

search process, or as the extent of which similar findings can be generated under similar con-

ditions. They describe validity, contrastingly, as the measurement of whether the study gives 

an accurate and credible representation of the topic under investigation.   

Reliability is enforced by thoroughly documenting the analytical procedures and therefore en-

hancing transparency and traceability throughout the research process (Bryman, 2018). There 

are two perspectives of reliability often discussed, internal reliability concerns the replicabil-

ity of the interviewee data, while external reliability concerns the replicability of the inter-

views themselves (Bryman, 2018). External reliability concerns the extent to which a study 

can be replicated, and in qualitative research, this is naturally challenging since social con-

texts and interactions are dynamic and cannot be reproduced under identical conditions (Bry-

man, 2018). Contrastingly, internal reliability means, for example, having replicability when 

it comes to whether members of the research team agree in how they interpret and code the 

data (Bryman, 2018). The coding of the content was done by both authors where each code 

was actively discussed to ensure agreement concerning the coding.  

As for replicability, it is weakened by the fact that the number of interviews conducted is rela-

tively low compared to quantitative interview studies (Kaplan & Maxwell, 2005). As a result 

of this, the study’s internal reliability will be the primarily enforced of the two. 

This study reinforced reliability through the use of a semi-structured interview guide, in order 

to ensure that all the interviews systematically address the same comparable themes. This en-

sures that the analysis of the interview data remains consistent and facilitates comparison be-

tween informants, while also enabling the informants the flexibility to expand on their an-

swers if the situation arose.  

In addition to reliability, validity must also be considered when assessing research quality. 

According to Bhattacherjee (2019), validity concerns how sound the conclusions drawn from 

a study are and whether the research truly measures or captures what it intends to explore. 

Bhattacherjee (2019) further differentiates between internal and external validity. Internal va-

lidity refers to the credibility of the causal relationships or interpretations developed within 

the study (Bhattacherjee, 2019). External validity, on the other hand, relates to the extent to 

which the findings of a study can be generalized beyond the specific research context 

(Bhattacherjee, 2019). 

https://www.zotero.org/google-docs/?x5SP4v
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In this study, internal validity is strengthened through the systematic alignment between the 

research questions, data collection, and analytical procedures (Recker, 2021). The use of a 

semi-structured interview guide, along with a transparent coding process, ensures that the in-

terpretations are grounded in the empirical material (Recker, 2021; Kaplan & Maxwell, 2005; 

Bhattacherjee, 2019). As this study does not have a focus on a specific organization, sector, or 

single country, the external validity is strengthened, however, it is still limited due to the fact 

that the focus have been put on the Nordic Region and this research only included an analysis 

of a few select organisations and sectors (Recker, 2021; Bhattacherjee, 2019). This means that 

while the findings may offer analytical insights applicable to similar settings, they are not in-

tended to be statistically generalizable (Bhattacherjee, 2019). 

3.7  Ethics 

This study's data collection will ensure respondents' rights. Jacobsen (2002) describes three 

basic requirements for an ethical study as the right to informed consent, the right to privacy, 

and the right to be accurately represented.  

Informed consent means participants should not be pressured into participating, and must be 

aware of the study's purpose, as well as any potential positive or negative effects from their 

participation (Jacobsen, 2002; Patton, 2015; Recker, 2021). Participants should also be able to 

revoke their consent at any time during the research process (Recker, 2021; Oates et al., 2022; 

Jacobsen, 2002). To ensure informed consent, the participants have approved a consent form 

(Recker, 2021). This consent form, as presented in figure 3.2 Participants rights and consent 

form below, was sent about a week before each interview where the participants via email 

could provide written consent and where the opportunity for questions was opened up. The 

aim of the consent form was to ensure participants are aware of their rights, and how their 

data will be used. The consent form was supplemented by an email disclosing the study's pur-

pose once again. Following Patton's (2015) recommendation, this information was also dis-

closed in short when starting the interviews to further ensure informed consent form the par-

ticipants and give them a chance to raise questions or concerns and give a final verbal consent 

to the consent from. 

 

https://www.zotero.org/google-docs/?mAoZkV
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Figure 3.2: Participants rights and consent form 

In regard to the right to privacy, all participants have had the right to be represented anony-

mously (Bhattacherjee, 2019; Oates et al., 2022). Since the interviews were conducted 

through a video call the study strives for the confidentiality of all participants. Confidentiality 

refers to the researchers having identifiable information about participants but not disclosing 

it in the research results (Bhattacherjee, 2019). Oates et al. (2022) further press on the im-

portance of pseudonymisation in cases where the participant might be easily identifiable in or-

der to avoid negative consequences for the participants if identified. Since the participants 

were interviewed in their professional role, participants may feel pressure to present socially 

desirable responses to protect their professional reputation when discussing AI-policy experi-

ences. To address this, all responses in the transcripts and reporting were anonymized, includ-

ing names, organizations, and other identifiers. Participants were informed of this anonymity 

before the interviews and in the consent form to encourage candid disclosure. 

The interviews were recorded and transcribed if the participant had consented to it, which pre-

sents a certain risk that needs to be taken into account. For the transcription, a digital tool will 

be leveraged, however, all transcriptions will be controlled by the researchers to ensure cor-

rectness. Furthermore, participants were able to read the interview transcripts afterwards. This 

ensures that they are being accurately represented. It also gives them the right to explain or 

correct any perceived misrepresentations from the interviews. More on the transcription pro-

cess, is found in sections 3.5.1 Transcription and 3.5.3 Transcript validation. After the tran-

scription process is done, the recorded interviews were deleted to ensure data privacy for the 

participants. 
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The projects data storing was done in accordance with the “Guidelines for the processing of 

personal data in student projects at Lund University School of Economics and Management”, 

this was done to ensure that each informant's personal and sensitive data was stored and used 

ethically and to minimize the risk of harm to the informant, as this study is dealing with voice 

recordings that according to the guidelines are classified as sensitive personal data (LUSEM, 

2023). The guidelines are in alignment with GDPR, and state in short that the data should be 

accurate, stored securely, obtained lawfully and purposefully (LUSEM, 2023). This was 

achieved through the consent form, ensuring that the interview guide only asked what was 

necessary for the interview and also stated the purpose of the interview to each informant both 

on email and in-person. To ensure accuracy, transcript validation was performed and the rec-

orded material was stored locally and deleted properly. 
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4 Findings 

In this chapter the informant's answers will be compiled based on the three themes guiding 

the interview guide and the literature review: AI in organisations, Policy Formulation, Policy 

in practise and the six sub-themes identified during the interviews. 

4.1 AI in organisations 

In this section the responses coded as AI in Use will be presented.  

4.1.1 AI in use 

The AI tools used, according to the interviewees, were most commonly generative AI, with 

Microsoft Copilot being the most frequently mentioned tool. 

I1 accounts for the use of Copilot because their organisation has Microsoft Office subscrip-

tion. Beyond this, ChatGPT is also used, chosen based on perceived efficiency and with the 

goal to improve overall organisational efficiency.   

I2 describes a broad AI usage within their organization, primarily Microsoft CoPilot for en-

hancing email communication. I2 also notes that their organisation has a GPT connected to 

OpenAI’s ChatGPT, as well as other LLMs such as Gemini, CoPilot, and Claude. The use of 

AI is motivated by its ability to increase efficiency, and I2 experiences pressure to adopt AI in 

order to maintain their competitive edge.   

I3 described generative AI and AI agents as the main tools in use, primarily from Photoshop, 

ChatGPT, Gemini and CoPilot, although CoPilot was considered very poorly. Since Copilot 

and Gemini were included in their Microsoft package they were used by default, while 

ChatGPT was chosen based on perceived best performance. I3 highlighted that the organisa-

tion's purpose of the AI use was to gain efficiency.  

I4 explained that Copilot and Codex were chosen because they were perceived as the most ef-

ficient and cost-effective options. I4 stated that the purpose of AI was to improve efficiency.  

I5 described the use of coding-specific tools such as GitHub Copilot, Claude Code, and Cur-

sor. For the broader organisation, all employees have access to Microsoft CoPilot. Addition-

ally, specific AI tools are sometimes integrated into other platforms in use, such as those used 

for HR. I5 noted that AI use cases within the organization are overall very broad. I5 also men-

tioned that tools such as DeepSeek, which is non-western based, are not used. Overall, I5s or-

ganisations strive to balance security and efficiency when selecting AI-tools and actively 

seeks employee input in the decision-making process.  

“Then we also receive these requests from the business for new tools. And there you 

have to be humble and admit that we don’t have the ability to keep track of all types of 

tools that come out with AI functionality. Instead, we’re dependent on employees feed-

ing that information to us. And then we’ll often receive some requests, like: I want to 
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try this because it's popped up, or we have a customer who’s talking about it.” (Ap-

pendix E #65) 

I6 a&b described the use of generative AI such as Copilot, included through a deal with Mi-

crosoft as part of their package agreement. They also have an AI prompt interface with the op-

tion to select several different models. The goals of their AI use is centered on improved effi-

ciency and alignment with organization's strategic objectives.  

I7 describes the use of mainly LLMs for software-development, including tools such as 

GitHub Copilot and Cursor AI. Beyond software development I7 states that ChatGPT is used 

in marketing, finance, and other organisational functions. I7’s organisation also develops its 

own AI solutions primarily used in their products for detection and sensors. The informant 

cited multiple reasons for the AI adoption, including performance, efficiency, and competence 

development. I7 also noted that AI use helps the organisation attract and retain skilled em-

ployees and remain a competitive employer. 

“But also from an employer perspective it's relevant, if we want to have skilled soft-

ware developers here, they expect to be able to use these tools as well. So if we don't 

offer that, I think quite a few would want to work somewhere else where they're al-

lowed to.” (Appendix G #8) 

Short analysis 

Across all informants, generative AI dominates, with Microsoft Copilot being the single most 

commonly mentioned tool, largely due to its bundling with the Microsoft 365 enterprise 

agreements. Although all organisations used this tool, there was disagreement regarding its 

quality and usability. Increased efficiency was cited as a motivator for the AI use by nearly all 

informants; however, security, compliance and economic aspects were considered when 

choosing tools.  

4.2 Policy formulation 

In this section the responses related to Policy formulation process will be presented, these are 

coded as Purpose of Policy and Policy formulation.  

4.2.1 Purpose of policy 

I1 described their AI-policy as designed to ensure safe, ethical, and efficient AI use. I1 further 

stated that frameworks, security and responsibility are at the core of their AI-policy, while 

also expressing the difficulties of balancing these principles with a desire for innovation and 

experimentation. The policy was also built around core values rather than stating explicit tools 

and rules, as I1 felt that a more prescriptive policy would become obsolete too quickly. I1 also 

expressed concern about the loss of accountability in the absence of an AI-policy. 

 

“But what is still very clear is that it is human in the loop. Because I was a little wor-

ried about that when we started. If we don't get the [AI-policy] in place. There is a risk 

that we develop a kind of 'blame the bot culture.'” (Appendix A #26) 
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The goal for I1 was to produce a concise, value-based policy rather than a rigid document of 

rules.  

“There are definitely more comprehensive AI-policies out there. But the goal was re-

ally, what is actually the absolute minimum amount of information we need to have” 

(Appendix A #26) 

When discussing which regulations most influence their AI-policy, I1 identified GDPR as the 

primary regulatory driver and noted that the organisation has begun examining other frame-

works such as the EU AI Act, though regulatory compliance currently remains on a basic 

level.  

I2 was not directly involved in formulating the AI-policy but described it as a bridge that ena-

bles AI use while ensuring security. A central concern for the organisation was balancing the 

benefits of AI adoption, particularly in terms of efficiency, with the protection of confidential 

business information.  

I3 took a different approach to the purpose of the AI-policy, viewing primary as a tool for 

communication with customers and external stakeholders. For I3, the main concerns were 

honesty and transparency in AI use.   

“Which is also more of a, perhaps not a policy but more of a promise, and we thought 

that was clear… communicative as well. Policy sounds boring but promise is more 

communicative” (Appendix C #13)  

“...we didn't change how we worked after the policy, it was more that we clarified how 

we worked.” (Appendix C #19) 

I3’s AI-policy was developed in response to questions and concerns from stakeholders regard-

ing the organisation's use of AI, and served as a statement, intended to address fears of job 

displacement, a sentiment I3 described as highly prevalent in their sector. The informant fur-

ther noted a general mistrust of AI within the sector, stemming from previous privacy 

breaches by AI companies. I3 identified the core values of the AI-policy as ensuring con-

sistency and clarity, summarizing them as:“But it is clarity, reservation and feedback in dia-

logue”.(Appendix C #15). 

I4 stated that the policy exists primarily to comply with regulatory requirements concerning 

customer data, and that its overarching goal is to limit AI use. In an earlier iteration of the pol-

icy, AI was banned altogether within the organisation. However, the respondent acknowl-

edged that this approach was not sustainable in the long-term. The informant also noted the 

difficulty of balancing the potential opportunities of AI with the associated risks and regula-

tory demands. Nevertheless, I4 suggested that the policy itself could serve as a competitive 

advantage.  

“And unfortunately there are perhaps competitors who don't think about this perspec-

tive. Now we are trying to rather go with the approach of selling ourselves to larger 

organisations so they know that we don't do this.” (Appendix D #52)  

I4’s primary concern when developing the AI-policy was the loss of control of organisational 

data: 
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“Well it was a few years ago now and back then the fear on my part was that our in-

formation would go astray without us having control over it. That is it, that we lose 

control over our information, we are no longer the owner of it, because it is someone 

else who indirectly becomes the owner and can train their AI on our information and 

we have no control over where, when that happens” (Appendix D #18) 

I5 articulated the primary goal of their AI-policy as follows:  

“The primary goal is to ensure that we can have a high implementation of AI but that 

we do it in a responsible way that lives up to our expectations and our customers' ex-

pectations of us.” (Appendix E #16) 

I5’s focus is on ensuring that AI does not negatively impact the organisation's core objectives. 

This is, according to I5, achieved by establishing employee understanding of acceptable AI 

use through the policy. I5 further stated that they did not wish to prohibit AI entirely but ra-

ther viewed it as a powerful tool if used appropriately. Customer expectations and pressures 

were also cited as a key driver of the AI-policy, given that the organisation operates across a 

broad range of sectors and countries, each with distinct risk appetites and regulatory require-

ments.   

“Yes but the expectations from customers affect us to a high degree. It is like for all 

businesses, it is the needs of the market that govern to a greater extent.”  (Appendix E 

#30) 

I6 a&b stated that their policy is designed to support the organisation's core objectives, while 

upholding transparency and credibility. I6b acknowledges the risks associated with AI use as 

a central driver of the AI-policy“It can easily go wrong if we use AI tools in an incorrect, 

clumsy and immoral way” (Appendix F #20). They further stated that the policy seeks to bal-

ance the adoption of emerging technologies with the need to maintain trust among stakehold-

ers and customers.  

I7 identified a dual purpose for the policy: 

“Yes, we see it both as a way to protect the company when it comes to ownership 

around the data and the source code. At the same time it is actually somewhat of a 

communication tool to encourage AI use as well.” (Appendix G #34) 

Regarding communication, I7 noted that this currently takes the form of internal communica-

tion aimed at encouraging AI adoption among employees. However, I7 also acknowledged 

that, in the future, having a well-defined AI-policy could build trust with buyers and investors, 

potentially functioning as a marketing tool.     

Short analysis 

With respect to the purpose of AI-policy, I1, I2, I4, and I5 were primarily concerned at man-

aging the internal risks and ensuring that the AI adoption aligns with the organisational expec-

tations regarding, quality, security and ethics. By contrast, both I3 and I7 viewed AI-policy as 

a tool of communication. While I3's AI-policy is viewed as a “promise” to external stakehold-

ers, I7 saw it as a means of building trust with customers and a potential marketing asset. I5 

additionally identified customer demands as a primary driver of AI-policy development.  
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What unites the motivations across all informants is an underlying tension between the control 

and adoption of AI, as organisations seek to harness its potential while simultaneously manag-

ing ethical, reputational and regulatory risks  

4.2.2 Policy formulation process 

I1 described their policy as emerging from internal demand for frameworks governing AI.  

“In August 2025 I had developed a larger survey that went out to all employees where 

we asked exactly this, how much do you use AI today and what do you need in order to 

feel secure? And then it was precisely this: frameworks, training, what are we allowed 

to do, so that [the AI-policy] was a direct reaction to this” (Appendix A #20) 

The policy was developed by I1 in response to this demand, together with the organisation 

CTO, management team, and legal department. During its creation they examined best prac-

tises and, in keeping with their goal of maintaining a short and simple policy, considered what 

the minimum necessary content would be for the AI-policy to remain valuable. When discuss-

ing the inclusion of legal and regulatory aspects, I1 stated that this did not feel relevant, as 

compliance is something the organization must adhere to regardless. 

I2 had limited insight into the policy formulation process but describes the policy as having 

been developed at the global organisational level by a dedicated team, which sets boundaries 

and negotiates contracts. I2 was not aware of which specific departments drove decisions re-

garding AI-policy. From a user perspective, I2 noted that the policy and tools preceded the ac-

tual AI use with AI tools rolled out in a staged, gate-by-gate manner, first accessible to IT and 

digitalization teams and then gradually extended to the rest of the organisation.  

I3 described that there was initially little interest in an AI-policy, however, being the commu-

nication chief, I3 began receiving questions from external stakeholders regarding the organi-

sation's AI use. I3 stated that “The [stakeholders] probably thought that we were doing things 

that were bad for them.” (Appendix C #19) which formulated the basis of the AI-policy.  

“So that was the starting point. To do a sort of, what is sometimes called a materiality 

analysis. A stakeholder analysis. And think about those who care about us. What ques-

tions do they have around AI? And how would we answer those questions?” (Appen-

dix C #23) 

When creating the policy, they also reviewed other organisations' AI-policies within their sec-

tor. I3 further stated that the policy is not designed to communicate specific rules, as this 

would cause it to lose relevance too quickly.   

I4 stated that the policy was created as a response to concerns about information and data 

leakage. I4 argued that, prior to the rise of AI, there had been little incentive to share data ex-

ternally, but this changed rapidly. The initial policy banned all AI use within the organisation 

but I4 realized that this was not sustainable in the long run, as it proved impossible to regulate 

their employees and coworkers in that manner. The informant concluded that it was thus more 

effective to provide guidance on how to use AI responsibly. Having reached this conclusion, 

I4 looked to other organizations’ AI-policies for inspiration and adapted them to fit their or-

ganizational context. I4 also highlighted the issue of low employee engagement in the AI-
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policy, and specifically created a shorter, more condensed version aimed for employees that 

do not read the official policy document.     

I5 described their policy as a response to the release of ChatGPT and the broader impact of 

generative AI. This promoted a need to create employee guidelines on identifying prohibited 

and unprohibited AI use. The first draft of the AI-policy was produced in 2023 and was driven 

primarily from a compliance and information security perspective. The AI-policy was formu-

lated by the national and scandinavian compliance-manager, the CISO (Chief Information Se-

curity Officer), alongside representatives from multiple departments.   

I5 noted that the organisation initially had developed general guidelines regarding AI use but 

soon realized that employees needed explicit references to the specific tools they were using 

and requesting. However, the pace of technological development made it difficult to ensure 

such a policy was current and representative. As a result, the organisation transitioned to 

maintaining separate routines for each tool. 

“So today we have replaced guidance around tools with separate routines. So you can 

read a routine for each respective tool that we say something about, and then the pol-

icy is more general. The pace of the policy is a bit lower and instead we can update 

these guidelines” (Appendix E #28) 

I6 a&b both stated that their policy was developed in response to AIs global impact and a rec-

ognized need for an organisation-wide policy to maintain trust among consumers and stake-

holders. In response, the organisation established an AI-committee responsible for overseeing 

decisions regarding AI-use, and an AI-council comprising employees from multiple depart-

ments produced the first draft of the AI-policy. The policy was created to ensure all members 

of the organisation use AI responsibly and in accordance with the organisation's core mission. 

I6a stated that “So in that way I think it was so easy, in quotation marks, to make a policy. 

You just need to start from what our mission is as a [sector organisation].” (Appendix F #31) 

I6b further noted that during the policy formulation process, the organisation coordinated with 

other organisations within their sector to discuss approaches to AI use, which in turn informed 

their policy. "It is not a set of rules, it is a good conversation between everyone. How do we 

maintain credibility and still use this new technology." (Appendix F #33) 

I7 stated that the AI-policy was created after the informant introduced AI in the organisation 

and recognized the need for guidelines to ensure data privacy. There were concerns that em-

ployees were using AI tools outside of the organisational environment, and the associated 

risks promoted the development of an AI-policy. The policy was partially inspired by AI-

Sweden and other organisations' AI-policies, which were adopted to suit I7’s specific organi-

sational context. I7 also conducted interviews both with management and employees to fur-

ther develop the policy, particularly regarding risk identification and organisational needs. 

This was considered particularly important, as the informant emphasised that the policy 

should not only restrict use but actively encourage it. Regarding regulation and governance, I7 

noted that these aspects were not explicitly included in the policy, in order to avoid unneces-

sary complexity.  

“And there it also becomes regulatory in the end, you have to comply with it [the reg-

ulations] if you want to sell on the European market. We haven't made the AI-policy 
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more complex based on that. Because it's something that applies to us regardless and 

that we have to follow in parallel anyway.” (Appendix G #32) 

Short analysis 

One tension that emerged in relation to policy formulation is the trade-off between specificity 

and longevity. I1, I3, I7, and I5 all converge on the view that hard rules and tool-specific ref-

erences cause policies to become outdated quickly given the pace of AI development. I7 and 

I1 both also excluded regulatory content for this same reason, not because regulation is irrele-

vant but because compliance is treated as a parallel obligation that exists regardless of 

whether it is codified in the policy. I5 encountered this issue directly when an initially tool-

specific policy proved unworkable as tools evolved. Their solution was a two-tiered approach, 

supplementing a general AI-policy with separate routine documents for each tool, a poten-

tially more scalable alternative to purely principles-based policies. 

Furthermore, informants I3, I4, I6 a&b and I7 describe drawing inspiration from other organi-

sations AI-policies when formulating their own, while I1 consulted best practise during policy 

development. Whereas I3, I4 and I7 adapted external policies to fit their specific organisa-

tional context, I6b described a more collaborative form of inspiration though sector-level dia-

logue with peer organisations.  

4.3 Policy in practise 

In this section the responses related to the Policy in practise will be presented, these are 

coded as Communication, Compliance, and Future Handling. 

4.3.1 Communication 

I1’s AI-policy document is located in the organisation's intranet and has one AI-policy for all 

the departments. In I1’s organisation, to ensure employees understand and make sure they are 

aware of the policy, the employees go through mandatory training. This is further underscored 

by management reminding the employees who have not yet completed the training. Other 

than this, if employees had questions, they could direct their questions to I1 directly. I1 ac-

counts for having monthly digital meetings with all the employees where they have also pre-

viously announced the AI-policy when it was released. Following the introduction of new pol-

icies, additional announcements are made. I1 also describes plans to restructure the learning 

courses from one 20-minute course to many smaller separate courses, in order to make the 

learning process more digestible. I1 also states that there are plans in place to give manage-

ment training in the AI-policy so that they are also confident in what it means to follow the 

guidelines. I1 highlights the importance of continuous learning and reminding of the AI-pol-

icy.  

I2’s AI-policy document is located on their internal platform. I2 accounts for having received 

information through emails, training courses and webinars when AI-policy documents have 

been released. I2 also notes that there is continuous communication of the AI-policy. I2’s 

company has one and the same AI-policy spanning over the whole organisation.  
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I3’s AI-policy document is located on their website. In I3’s organisation, a meeting was con-

ducted to inform about the AI-policy and the meeting opened up for feedback and contribu-

tions. I3 described this as a starting point for more discussions on the subject of AI use. After 

later versions of the policy were launched additional emails were sent out. In order to assist 

the employees to understand the AI-policy, a short training exercise on the AI-policy was sent 

out and done by the employees. I3’s organisation has one and the same AI-policy for all de-

partments as well as one AI-policy that spans over the entire corporate group.  

I4’s AI-policy document is located in their organisation's intranet. I4’s organisation has lunch 

and learns where employees receive information. In addition to this, employees could also di-

rect questions to I4 directly. When the AI-policy was launched it was introduced through the 

monthly newsletter, yearly calibration-meetings and through lunch and learns. I4 has one AI-

policy for every department, but they have one section in the policy that is specific for their IT 

department. The primary support tools include lunch and learn, yearly calibration meetings, 

and direct access to I4 for questions. I4 also added a summary passage highlighting the AI-

policy’s key points, allowing the employees to grasp the essentials without reading the full 

document. 

I5’s AI-policy document is located in their organisational communication platform where all 

of the policy and governance documents are accessible to employees. When there are updates 

in policies the staff will be notified about the changes through this system. Regarding educa-

tion, I5 states that they have educational initiatives in place regarding AI, focused on efficient 

use and value creation in line with the organisation's values. I5 states that dedicated compli-

ance employees are available for policy-related questions and actively encourages staff to 

reach out to them. I5 also accounts for their organisation having an AI-council that decides on 

the AI guidelines and determines the tools available to support employees. When discussing 

compliance support I5 noted:  

“Yes, you can always contact us who work with compliance issues. We try to be as vis-

ible and accessible as possible.” (Appendix E #44) 

I6 a&b’s AI-policy document is located in their organisation’s intranet which is accessible 

from outside of the organisation as well. When the AI-policy was launched it was introduced 

through the intranet and management emails and informational meetings for management. I6 

a&b’s AI-policy is reviewed, renewed, and communicated to the organisation and published 

on a yearly basis. Their AI-policy consists of one overarching policy, supplemented by de-

partment-specific policies with more detailed specifications. To help their employees under-

stand how their AI-policy applies to practise, their organisation has adopted an AI model 

trained on their policy documents, in which employees can direct questions they would have 

otherwise brought to their manager. Beyond this, I6b identifies the employee’s own manager 

as the most valuable resource for AI-policy guidance.  

I7’s AI-policy document is located on their internal HR site. When the AI-policy was 

launched it was announced through email and performance appraisals as well as in onboard-

ings of new employees. When there are big changes made in the AI-policy, it is announced in 

the company’s channels and emails to employees. Regarding the tools available to support 

policy understanding, during onboarding, employees are required to demonstrate their under-

standing of the policies. In addition to this, any further questions can be directed to their man-

ager.  
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Short analysis 

Across all organisations the AI-policy is stored in a centralized digital location such as their 

intranet as I1, I4, and I6 a&b or an organisation wide communication platform as I2 and I5 or 

HR platform as I7, one notable exception is I3, which has their policy published on their offi-

cial website making it accessible outside the organisation as well. A majority of the organisa-

tions felt the need for support beyond policy awareness and adopted different approaches to 

ensuring policy understanding. These efforts span from training initiatives accounted for by 

I1, I3, and I5, to support from managers and responsible compliance personnel as mentioned 

by I5 where employees can direct questions regarding the policy. Notably I6 a&b stated that 

they have a dedicated AI model that can help in situations where employees are unsure how to 

act in accordance with the AI-policy.    

4.3.2 Compliance 

I1 describes keeping the AI-policy brief in order to encourage employees to read it. 

“It's only one and a half A4 pages long. Because we were like, nobody reads these 

damn policy documents. So it has to be short.” (Appendix A #12) 

I1 states that the digitalisation unit is partly responsible for ensuring compliance, along with 

the employees who should comply with the AI-policy and report any incidents, as well as the 

national steering group. According to I1 the digitalisation unit is responsible for managing 

website settings and controlling what information can be shared on external websites, ensur-

ing that mishandling of information is prevented through technical constraints. Other than 

this, I1’s equivalent of an AI office are the ones responsible for the follow-up in cases of any 

AI-policy breaches. In addition to this the nearest manager would also be involved in the fol-

low-up process, as well as the relevant government authorities such as breaches involving per-

sonal data. I1 states that a lot of their follow-up process comes from and concerns laws and 

regulations in place such as GDPR among others. I1 states that the AI-policy concerns their 

daily work by regulating AI use. It also generates ongoing discussions and questions about 

how the policy should be interpreted and whether it should be revised in the future. I1 states 

that challenges concerning the AI-policy are, for example, that very few people read the pol-

icy documents unless properly motivated.  

Concerning I1’s perceived fulfilment of the policy's purpose, I1 perceives the AI-policy as 

fulfilling its purpose by addressing the organization's AI ethics and guidelines about safety 

and trust in a concise and accessible manner. I1 gives the example that accountability always 

rests with the human using the AI, rather than with the AI itself. 

I2 states that everyone is responsible for upholding compliance with their policies. I2 also 

states that whenever a new policy is introduced, employees are required to complete a training 

exercise before accessing software functions related to that policy document. For example, in 

I2’s organisation, AI can be used as a tool but not for validation purposes. The responsibility 

for validation always rests with the human overseeing the process. I2 sees the AI-policy as a 

good thing, as it allows the company to safely provide AI services to employees, which I2 

agrees is the desired approach. I2 acknowledges that the company’s AI services are limited 

but considers them sufficient for daily work. I2 also feels that the reduction of risk to the com-

pany justifies these limitations. I2 perceives that the AI-policy fulfils its purpose by protecting 
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them and the company from harm stemming from the AI usage. I2 states that they have not 

read the policy document themselves, but that they trust those responsible for formulating it. 

I2 also adds that since the policy regulations are built into the tools they use, and given the 

training received, they do not feel the need to read the full AI-policy document. 

“Again it's a little bit sad to say that I have never looked for it. I trust the people who 

have written the policy …” (Appendix B #40) 

I3 states that their company doesn't have a dedicated AI-compliance role, as legal responsibil-

ity lies with the stakeholders rather than within the organisation itself. Also, I3 states that 

Sweden currently has no dedicated AI legislation, unlike some other countries, and therefore 

the organisation does not employ a dedicated AI lawyer. In the event of an AI-policy breach, 

I3 states that a meeting would be arranged with the nearest manager and the issue would be 

resolved internally. Regarding the day-to-day impact of the AI-policy, I3 says that the largest 

impact is that they are approached with questions concerning the policy document. I3 identi-

fies the biggest challenge as keeping the policy relevant given the rapidly evolving AI land-

scape. I3 perceives the policy as fulfilling its purpose. I3 describes external pressures to aban-

don the use of AI but does not advocate for this approach and therefore feels that the policy 

fulfils its purpose by meeting those expectations halfway while still maintaining an increase in 

productivity by using AI. I3 also perceives that the broader corporate group-level AI-policy 

document is not widely read.  

“Then we also have this corporate group policy. But it's in English and just, I don't 

know, I don't think anyone reads it.” (Appendix C #35) 

I4 states that an initial AI-policy that forbade proved unenforceable, as it was impossible to 

govern colleagues and parts of the organisation in this way. I4 states that one main goal with 

the AI-policy is to preserve the privacy and security of the information their company handles 

and by constructing guidelines for safe AI use rather than forbidding it outright, it better sup-

ports employee compliance. Regarding compliance responsibility, I4 personally holds respon-

sibility for maintaining it. In addition to this both internal and external auditors are responsi-

ble for ensuring compliance with the AI-policy. I4 states that in the event of a policy breach, 

the mistake is first corrected, followed by a disciplinary action and some form of educational 

measure. I4 states that the AI-policy affects their daily work in the form of productivity loss. 

I4 states that broader AI use would significantly increase productivity, but since it is not al-

lowed in certain areas, it limits the productivity gains that could otherwise be achieved 

through AI use. I4 states that they have made a summarizing passage in order to incentivize 

people to actually read and take in the most important parts of the AI-policy.  

“…how many will actually read all of this [the AI-policy]? No, it's not many and it's 

limited, and then I thought, no we need to have something for those who don't read an-

ything.” (Appendix D #56) 

I5 states that compliance with the policy is everyone’s responsibility, but the main responsi-

bility to ensure compliance is within a department solely dedicated to internal rules and com-

pliance. In addition to the dedicated department, I5 states that they also conduct additional in-

ternal revisions. Other than this, each manager is also partly responsible for having their em-

ployees complying with the AI-policy guidelines. If the AI-policy was to be breached, I5 

stated that there is a standard process where HR follows up on the proceedings. I5 states that 
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the AI-policy affects their daily work by restricting both the choice of tools and what infor-

mation I5 are able to use and share within those tools.  

“That means we need to be quite on our toes to keep track of what actually applies to 

each respective tool.” (Appendix E #56) 

I5 states that keeping track of the AI models' licences as the models' change is considered a 

challenge with the AI-policy. I5 points out that their software must be closely monitored, as 

vendors may silently introduce AI functionalities, or on the contrary, label features as AI 

when they turn out not to be. I5 describes the core challenge they face as tracking and keeping 

pace with these changes. I5 identifies one challenge as ensuring the AI-policy is actually read 

by employees.  

“Then you have to be a bit humble and admit that it's [policy documents] not what 

people are passionate about when they wake up in the morning and check if a policy 

has been updated. So it's a constant challenge to push out this type of information.” 

(Appendix E #64) 

I5 says that they believe the AI-policy has fulfilled its purpose by having been widespread and 

absorbed by employees at I5’s company. I5 perceives that the policy has fulfilled its purpose 

by having a wide reach and incentivising reflections surrounding use of AI and how the AI-

policy should be revised. I5 also notes that the AI-policy has generated a large quantity of 

questions and suggestions, such as requests for specific AI tools to be approved for future use.  

I6b stated that compliance is the shared responsibility of both managers and all employees. If 

the AI-policy was breached, I6b stated that it would be in the hands of the closest manager to 

handle it. I6a stated that the AI-policy affects their daily work by shaping the short-term and 

long-term goals set for the organisation. I6a described that, by allowing the organisation to 

utilize AI, they can set bigger goals concerning productivity. I6b stated that their daily work is 

affected by the AI-policy by having to continue keeping it relevant and useful for everyone 

complying with it and communicating within the organisation to gain feedback and reiterating 

the AI-policy. I6a stated that one challenge with the AI-policy is keeping it relevant to the 

needs of the various different departments within the organisation. I6b states that they find the 

AI-policy to fulfil its purpose by having it communicate the organisation's values, rules and 

ethical and responsible AI use. I6a also states that they find that the AI-policy fulfils its pur-

pose by engaging and encouraging the organisation to reflect on AI use and its future direc-

tion.  

I7 states that all managers are responsible for ensuring employee compliance with the AI-pol-

icy. In the event of an AI breach, I7 states that focus would be on correcting the error made. 

On a daily basis I7 perceives that the AI-policy affects them in a positive way, since it pro-

vides them with guidelines and tools to enhance productivity while actively encouraging AI 

use. I7 states that a key challenge they face is maintaining the AI-policy’s relevance given 

how rapidly the AI landscape and the AI tools themselves evolve. I7 perceives the policy as 

fulfilling its purpose by meeting organisational needs at a justified cost, with AI tools deliver-

ing on their promise, especially regarding data privacy. I7 also perceive that the policy is ful-

filling its purpose by being short and concrete, highlighting the guidelines most relevant to 

their specific industry and organisation.  
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“So rather, in this situation at least, the philosophy has been to keep the AI-policy 

simple for what we do in the company with those parts.” (Appendix E #32) 

Short analysis 

I1, I2, I3, I4, I5 and I7 all share the perception that employees lack motivation to read policy 

documents. I1, I4 and I7 also address this by deliberately keeping their policy documents con-

cise, aiming to provide a clear overview that employees will actually read and absorb. The AI-

policy is seen as both a hindrance of productivity by I4, as well as a motivator and guide for 

achieving productivity gains by I3, I6a and I7. A shared challenge among interviewees I3, I5, 

I6 a&b’s, and I7 is keeping the AI-policy relevant, both in keeping pace with the AI models 

and their capabilities and tracking how those capabilities can be applied to benefit the com-

pany and its operations. 

 

4.3.3 Future handling 

I1 stated that they have a set schedule for updating the policy, currently in two-year incre-

ments, however, I1 recognize that significant shifts in AI technology or regulation may neces-

sitate earlier revisions. I1 further noted that improving employee AI literacy will also be cru-

cial going forward. “The AI-policy is good, but it's the patience to continuously communicate 

it that will be what matters now.” (Appendix A #62)  

I2 stated that updating and maintaining a policy is highly challenging, comparing it to 

smartphone software updates that people tend to postpone until the last possible moment. I2 

also noted the need to be able to make rapid changes to the policy, particularly in anticipation 

of further development within the regulatory landscape. I2 describes the situation as follows: 

“They are just like sucking data and information out of us, and we don't have an over-

view of what's going on, but soon we will see the impact of that and soon we will get 

some slap from left and right from this technology, of course as much as they are nice 

and helpful, they could be harmful.” (Appendix B #6)   

I3 identified one of the core challenges regarding the AI-policy as ensuring its continued rele-

vance and keeping pace with technological advancements. I3 emphasised the importance of 

ensuring that the policy accurately reflects the realities of AI use:   

“But the challenge remains to ensure that we have an AI-policy that reflects the tech-

nological development and how we want to work with the AI-policy” (Appendix C 

#47) 

At present, the policy requires updating, as I3s organisation now has considerably more 

knowledge about AI and how it is used internally than when the AI-policy was first formu-

lated.  

I4 stated that, in terms of future handling, they strive to listen to their employees and monitor 

how other organizations are updating their policies. The informant noted that there is ongoing 

work to reformulate the policy, both to foster broader acceptance and to enable the introduc-

tion of new tools where appropriate. Looking ahead, I4 reflected on the prospect of  more 
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trustworthy and valuable tools becoming available:“That is my hope, that I have either found 

a service in Sweden that we dare to trust and that can also create value…” (Appendix D 

#58). I4 also expressed the need for organisation-wide understanding of AI-technology, and 

more specifically how LLMs function, and considered how this understanding might be re-

flected in the AI-policy.   

I5 discussed the rapid pace of AI development and its implication for AI use within the organ-

isation. I5 noted that the tools currently in use differ from those used six months ago and will 

likely differ again in the six months ahead. In the same manner, I5 considered it unlikely that 

the AI-policy could remain relevant without revision over a one-to-two-year horizon. The 

pace of AI development also creates challenges in formulating an AI-policy that is both prac-

tical and concrete. Furthermore, I5 noted that a core aspect of their policy development is 

shaped by internal demands, where employees' adoption of, and need for new AI tools 

prompts the organisation to iteratively revise the AI-policy in order to establish regulated per-

missions for their uses.  

I6b expressed that the organisation works continuously with feedback through ongoing inter-

actions. Further I6b anticipated that the nature of the human-AI collaboration will change sig-

nificantly in the future, with AI becoming more deeply integrated into everyday work and us-

ers coming to view it as a natural extension of themselves. I6b drew a comparison to the 

smartphone revolution, noting that this shift will have implications for how the AI-policy 

should be formulated. When discussing policy updates, I6b also stated that the organisation 

will need to remain reactive, as changes to the policy are contingent on development made by 

the major AI companies.  

I7 identfied that the fast-paced environment of AI is one of the core challenges when develop-

ing AI-policy, given the risk of it quickly losing relevance. I7 aims to keep the AI-policy 

aligned with the technical realities of the organisation and to ensure it remains open for new 

tools and use cases.  

“Given that technology is moving so fast out there, we notice that a new way of doing 

things emerges that we don't actually cover with the policy. What we've said so far 

might not be enough.” (Appendix G #56) 

I7 also reflected on the global political climate and how it may need to be considered in future 

AI-policy, particularly with regards to tools originating from certain countries and organisa-

tions.  

Short analysis 

A shared challenge emerges across all informants: as a result of the rapid pace of technologi-

cal development, AI-policies risk becoming obsolete almost as soon as they are written. All 

informants acknowledged that their current policies already require updating or will do so in 

the next one to two years. I2, I3, I5, and I7 explicitly framed this core challenge as ensuring 

that policy actually represents both the technological and organisational realities, rather than 

lagging behind them.  
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5 Discussion 

In this chapter the empirical results will be presented in relation to the previous research and 

to the Institutional theory. This chapter is divided into the three main themes presented in the 

literature and their respective sub-themes identified during the empirical data collection. This 

chapter aims to create a discussion that reflects both the empirical insights as well as the the-

oretical perspective.  

5.1 AI in organisations 

In this section the responses coded as AI in Use will be analysed and compared to the litera-

ture review.  

5.1.1 AI in use 

I2 accounts for external pressure stemming from a fear of becoming obsolete or losing com-

petitive edge if the organisation falls behind in AI adoption. This reflects what DiMaggio & 

Powell (1983) describe as mimetic isomorphism, where adoption is driven by imitation of 

peers rather than deliberate evaluation. This is because the environment creates a pressure to 

conform. Van Giffen and Ludwig (2023) identify precisely this dynamic among managers 

fearing obsolescence. This suggests that mimetic pressure is a structural driver independent of 

organisational readiness and fit. When adoption is motivated mimetically, the tools risk being 

chosen out of imitation rather than design, thus creating conditions where strategic and value 

alignment (Mäntymäki et al., 2023) are difficult to achieve. This could be seen as all organisa-

tions use Co-Pilot but the perceived strategic alignment of the usage remains uneven across 

informants.   

In the case of I7, they motivated their broad inclusion of AI models in their AI-policy as a 

way to stay competitive as an employer. This indicates that they view their AI-policy as a 

marketing tool to leverage a competitive edge and a way to gain legitimacy among the work-

ing force, both within their organisation and outside of it. This is supported by Papagiannidis 

et al. (2025) who claims that organisations can leverage their AI governance in order to gain 

legitimacy and reputation as a company as well as improving employee loyalty. 

Since the AI-policy is written to appeal to the employees the connection could be made that 

the policy should be held in high regard by the employees and in continuation could indicate a 

coupling mechanism between policy and practise. This type of close coupling as a conse-

quence of policy creation with the end users' desires and needs in mind is further supported by 

Flowerday & Tuyikeze (2016) who states that in order for a policy document to succeed, it 

should be supported by its users.  

I5's account of tool selection being shaped by employee and customer demands illustrates a 

form of normative pressure within the organisation, where professional expectation and pref-

erences of internal users drive the adoption in the organisation. This, however, differs from 

the normative isomorphism which is driven by professional networks and legitimation (Di-

Maggio & Powell, 1983). The finding of I5 shows a bottom-up stakeholder pressure as a 
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driver for change. This has direct implications for policy formulation, if a governing frame-

work fails to account for these bottom-up pressures it risks being created around assumptions 

that no longer reflect the organisation's reality.     

5.2 Policy formulation 

In this section the responses related to the Policy formulation, coded as Purpose of Policy 

and Policy formulation, will be analysed and compared to the literature review.  

5.2.1 Purpose of policy 

The informants’ accounts revealed two conceptualisations of the purpose of an AI-policy. The 

first and most prevalent, treats policy as a governing document and a formal mechanism for 

directing employee behaviour, managing risk and ensuring responsible AI use. This view is in 

alignment with Aphale et al. (2013) who defines policies as first and foremost a guideline for 

steering behavior. The second treats the policy as a communicative tool, aimed not at regulat-

ing internal practises but rather at conveying organisational values and building legitimacy 

with internal and external stakeholders. The two orientations are not mutually exclusive, and 

several informants reflect on both views of the AI-policy.  

When viewing AI-policy through the lens of a governing standpoint, further distinction can be 

made regarding strategic alignment and value alignment. Strategic alignment refers to gov-

erning AI towards organisational goals (Mäntymäki et al., 2023), both I1 and I5, frame their 

AI-policies as an enabler for high adoption that is designed to give employees the framework 

and governance needed to use AI in way that aligns with the organisations overall strategic 

goals. 

Value alignment refers to governing AI in accordance with ethical principles (Mäntymäki et 

al., 2023). This balance between ensuring organisational gain while simultaneously upholding 

ethical values was raised by informants I1, I2, I4, I5, and I6 a&b .  

Both informants I1 and I4 highlighted the difficulties in ensuring value alignment and balanc-

ing ethical considerations and risks alongside the opportunities of AI. I1 expressed specifi-

cally a wish to innovate and experiment with the technology but expressed difficulties with 

aligning this with safe and ethical use. This corresponds with the findings from Mäntymäki et 

al. (2023), who argue that such decisions are often difficult because they frequently require 

organisations to trade off strategic alignment against value alignment. Moreover, de Laat 

(2021) and Fioravante (2024) similarly highlighted the difficulties in aligning ethics with 

profitability. At the same time there is a considerable pressure to adopt AI, I2 mentioned, in 

alignment with the findings from Van Giffen and Ludwig (2023), a fear of losing competitive 

edge by failing to capitalize on AI, which according to Fioravante (2024) often further exacer-

bate the value alignment problem.  

It's worth noting, however, that value alignment and strategic alignment are not necessarily in 

opposition. For some informants, ethical and responsible AI use becomes a source of strategic 

value and a market differentiator that builds trust with clients and investors. This is particu-

larly visible in I4’s statement where the informant views their restrictive policy as a competi-

tive advantage when targeting larger organisations. I7 also anticipates that a credible AI-
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policy could function as a signal of trust towards future customers. Furthermore, I5 states that 

it's the expectations from customers in regard to responsible AI use that affects them and their 

AI-policy formulation.  

This leads to a blurring of ethical and strategic rationale, and connects to the second conceptu-

alization of policy purpose, namely policy as a communicative tool. As previously presented 

informants I4, I5, and I7 all mention their policy as a marketing tool, which aligns with the 

findings of Papagiannidis et al. (2025) who argued that developing responsible AI practises 

can lead to improvement of reputation and legitimacy. This is a part of the environmental 

pressures outlined by Mäntymäki et al. (2023) and illustrates how outside pressures affects in-

ternal AI-policy, such as I5’s organisation who had a strong focus on meeting customers' own 

risk appetites with respect to AI use.  

I3 took a different approach to policy as a communication tool, viewing it solely as a means 

of communicating with outside stakeholders. I3 stated that their AI-policy was more of a 

promise, another example of a response to Mäntymäki et al. (2023) environmental pressures, 

and to their stakeholder's general mistrust in AI. The policy was thus created as a way to re-

spond to external questions regarding how the organisation used AI.  

When discussing policy as a driver of legitimacy, it is important to consider the risk of policy-

practise decoupling, as policies adopted for marketing or competitive edge face a larger risk 

of policy-practise decoupling (de Laat, 2021; Horneber, 2025). Furthermore, when ethics is 

used from a marketing standpoint it creates a risk for ethics washing where the organization 

uses ethics to market themself as responsible without anchoring these claims in practise (de 

Laat, 2021; Fioravante, 2024). In the cases of I4, I5, and I7 it is difficult to identify if such de-

coupling is present. In the case of I3, however, the risk of policy-practise decoupling is argua-

bly reduced as I3 stated that policy did not change the organisation's processes but rather 

served to articulate them. This suggests that the policy rules were already embedded in the or-

ganization's practises and, as such, do not remain unimplemented or merely symbolic, avoid-

ing the form of policy-practise decoupling outlined by Bromley and Powell (2012). 

5.2.2 Policy formulation process 

Butcher & Beridze (2019) argue that the field of AI governance is in disarray, a view that is 

further supported by Mäntymäki et al. (2022) who suggests that this disorder is present in or-

ganisations' own governance of AI. This disorder is reflected in varied ways in which organi-

sations have approached the formulation of their AI-policies. During the creation of their re-

spective AI-policies, two broad directions emerged: producing a detailed, comprehensive pol-

icy document with all specifics explicitly stated, or deliberately creating a short, high-level 

document. This lack of uniformity in policy formulation may indicate the very point raised by 

Mäntymäki et al. (2022) and Butcher & Beridze (2019) regarding organisational disorganisa-

tion in AI governance. This is further supported by de Laat (2021) who highlights that defin-

ing AI governance is further impeded by the lack of consensus on norms and best practises. 

I1, I3, I5, and I7 deliberately kept their AI-policies short in order to ensure longevity. Antici-

pating future developments, they recognized that excessive specificity would require frequent 

revisions given the rapid pace of AI development. I1, I3, I5, and I7 further noted that employ-

ees are not naturally incentivized to read policy documents unprompted, which served as an 

additional motivation to keep the policy concise. I5, while opting for a short core policy chose 
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a middle ground through a two-tiered approach, separating the policy into two parts, a general 

AI-policy and a supplementary routine document. By doing so, I5 chose to specify the routine 

document in considerable detail with a shorter iteration cycle, while allowing the AI-policy 

itself to remain concise and relevant over a longer period. This allows I5's organisation to 

adopt a more scalable approach instead of relying on a solely principle-based AI-policy. I5 

perceives that the level of detail in the routine document is necessary given the nature of their 

employee's professional roles. I4, by contrast, chose the opposite route, opting for a longer 

and more detailed policy document, though including a short summary at the beginning to 

provide an overview.  

These approaches to optimizing the length and format of the AI-policy are related to the point 

raised by Flowerday & Tuyikeze (2016) who argue that a policy, in order to avoid redun-

dancy, should be constructed in a manner that is supported by its uses. In this regard, I1, I3, 

I5, and I7 have identified, and acted on the assumption, that their users would not be sup-

ported by a long and demanding policy document, and therefore adapted it for maximal reada-

bility.  

I4 expressed that their initial AI-policy banned all AI use entirely, but quickly realized that 

this approach was unworkable, a clear instance of decoupling. This could be understood as 

a consequence of what Berente et al. (2019) describes as weak institutional pressures to com-

ply, combined with incongruent logics, which often result in resistance. Since the policy con-

sisted of guidelines rather than enforceable rules, and its underlying logic was incongruent 

with the values and practises of the organisation, it was met with resistance from employees. 

I4 was therefore forced to reconsider the AI-policy formulation, in line with the principle sug-

gested by Flowerday & Tuyikeze (2016), that a policy should be constructed in a manner sup-

ported by its users.  

During the formulation process, both I1 and I7 chose to exclude existing regulations from 

their policy. They both chose this approach since they perceived that it would be unnecessary 

to include regulations that would apply regardless. This reflects a perception of external regu-

lations as a reliable and effective institutional pressure. Rather than exemplifying the risk of a 

gap between law and practise identified by Horneber (2025), this approach suggests that I1 

and I7 consider the gap to be insignificant enough that it does not need to be addressed within 

their own policies. Since I1 and I7 perceive the EU regulation to be sufficiently effective to 

achieve its intended purpose, they “outsource” that accountability to the relevant legislation 

and therefore perceive that the gap between law and practise is insignificant enough to have to 

complement in their own AI-policy. Treating regulatory compliance as a parallel obligation 

rather than something that needs to be codified in the policy. According to Berente et al. 

(2019), a strong pressure to comply, as is the case with laws and regulation, combined with 

congruent institutional logics, results in a faithful appropriation of the policy at hand. Since I1 

and I7 both handle personal data, and are therefore subject to GDPR, their organisations insti-

tutional logics are congruent with those underlying the GDPR. As a result, I1’s and I7’s or-

ganisations' AI-policy and related regulations are closely coupled, functioning as complemen-

tary rather than competing frameworks.  

Since EU laws have been taken into account during the AI-policy creation, this suggests that 

AI-policy formulation in these organisations is not a fully-internally driven process but is ra-

ther shaped by the movements within the same field.  
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With regard to the content of the AI-policy, the approaches taken by the different organiza-

tions can be understood through the lens of isomorphism, specifically the three forms identi-

fied by DiMaggio and Powell (1983): mimetic, coercive and normative (DiMaggio & Powell, 

1983). 

I1, I3, I4, and I7 have, by creating their AI-policy partly based on other organisations' AI-pol-

icies, followed a distinct mimetic isomorphic pattern. Mimetic isomorphism occurs when an 

organisation has taken inspiration from other organisations, either authoritative or similar in 

profession (DiMaggio & Powell, 1983). This is a form of modelling, which often occurs when 

organisations are faced with uncertainty and choose to mimic other organisations that are per-

ceived as more legitimate in order to gain legitimacy themselves (DiMaggio & Powell, 1983). 

This is precisely the case with I1, I3, I4 and I7 who have looked to best practises, AI-Sweden 

and other similar organisations for inspiration and thereafter adapting it for their own specific 

context. The fact that the majority of the participating companies in this study are undergoing 

mimetic isomorphism combined with DiMaggio and Powell (1983) observation that mimetic 

isomorphism is common when organisations are faced with uncertainty further supports de 

Laat (2021), Mäntymäki et al. (2022) and Butcher & Beridze (2019) arguments that the AI 

governance field is a relatively new and emerging field that is still in its early stages.  

I5, can be seen as having undergone normative isomorphism, where knowledge from both 

professional experience and education influence the decisions being made (DiMaggio & Pow-

ell, 1983). Since I5 described having developed their AI-policy independently, this suggests 

that decisions were grounded in their own knowledge from their professional experiences or 

prior education, which is the basis of normative isomorphism (DiMaggio & Powell, 1983). A 

potential cause of I5 having undergone normative isomorphism instead of mimetic isomor-

phism, which is the most common response to uncertainty, could be attributed to the profes-

sionalization of the field of the company’s employees, and their need for specific details on 

the AI tools in use (DiMaggio & Powell, 1983). This could further be explained as the envi-

ronmental layer having the highest impact on the policy formulation process where the profes-

sional community is what defined the norm of AI governance (Mäntymäki et al., 2023). At 

the organisational level, individuals' expertise was informally translated into practises through 

the policy formulation process.  

I6 a&b’s policy formulation process, by contrast, reflects coercive isomorphism, as their or-

ganisation collaborated on shared guidelines in response to growing institutional pressures, 

both formal and informal, and sector wide expectations surrounding responsible AI govern-

ance, therefore maintaining legitimacy within their organisational field (DiMaggio & Powell, 

1983). In the case of I2, where a significant body of laws and regulations governs their indus-

try, navigating and integrating regulatory requirements has been a central focus of the policy 

formulation process. Policy formulation in response to these pressures, this could indicate on 

coercive isomorphism as the driving force.  Therefore, the deduction can be drawn that the en-

vironmental layer of the organisation's logics, where the external pressures from competitors 

and external regulations lie, has played a significant role in I2’s policymaking (Mäntymäki et 

al., 2023). By also responding to weaker institutional pressures, the organisation can further 

gain legitimacy, which may be especially important given their high-risk operating environ-

ment.  

With regard to the broader regulatory environment, I1, I3, I4, I5, and I7 express that EU laws 

such as the GDPR and the AI Act fulfil their purpose but do not affect them in a close man-

ner. Fioravante (2024) describes that when national and international policies fail to keep pace 

https://www.zotero.org/google-docs/?Cx1eSv
https://www.zotero.org/google-docs/?OzYoFQ
https://www.zotero.org/google-docs/?OzYoFQ
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with technological advancements, they risk putting the onus of AI governance and creating 

guidelines for ethical AI use onto organisations instead. They further state that by doing this, 

it risks creating a regulatory vacuum, in which organisations themselves have to balance prof-

itability and ethics when governing AI. While I1, I3, I4, I5, and I7 describe a sense of vacuum 

of specifically AI-related regulations on both an EU and a national level, they perceive that 

other “neighbouring” regulations fill in the compliance gaps to a sufficient level. Interviewees 

I1, I3, I4, I5, and I7 therefore acknowledge the regulatory vacuum Fioravante (2024) de-

scribes but perceives that the surrounding regulations are enough to satisfy current needs. 

Since the EU has a relative AI regulatory vacuum, it makes it more difficult for organisations 

to gain reinforcement for their AI-policies from EU AI regulations, as pointed out by Horne-

ber (2025) and Bromley and Powell (2012). In addition to this, Bromley and Powell (2012) 

also state that weak legal reinforcement may increase the likelihood of policy-practise decou-

pling.   

5.3 Policy in practise 

In this section the responses related to the Policy in practise, coded as Communication, Com-

pliance, and Future Handling, will be analysed and compared to the literature review.  

5.3.1 Communication 

All organisations' AI-policy documents are stored on a centralized digital platform and are ac-

cessible to all members of the organisation. In the cases of I6 a&b and I3 the AI-policies are 

also accessible from outside the organisation. However, there was a general consensus among 

all informants that additional initiatives are needed to anchor the policy within the organisa-

tion, though the nature of these initiatives aries across organisations.  

Mäntymäki et al. (2023) underscore the importance of developing internal capabilities to en-

sure strategic alignment when implementing AI, specifically, ensuring that employees under-

stand the expectations and directions governing AI use. This also includes answering the 

what, why and how of AI use. This means fostering policy understanding, beyond policy 

awareness. Berente et al. (2019) argues that when incongruent institutional logics are present, 

where logic is embedded in a policy but not aligned with the logic that guides an employee's 

daily work, loose coupling or resistance is a likely outcome, as employees will not enact the 

policy as intended.  

Communication of what the policy requires, why it exists and how it applies to an employee 

could potentially bridge this logic gap. Policy understanding may therefore be understood as a 

coupling mechanism. When employees are equipped with all three dimensions, the logic of 

the policy may become more legible and more congruent with their own working context. 

This tightens the connection between institutional intent and technical practise, thus according 

to Berente et al. (2019) reducing the conditions during which decoupling occurs. Furthermore 

Bromley & Powell (2012) note that policy-practise decoupling is likely to happen when or-

ganisations do not invest the time and resources needed for actual implementation, and lack of 

communication could be understood as a result of such a failure of insufficient investment.  
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Informants I1, I3, and I5 all stated that they implemented training initiatives to help users nav-

igate the AI-policy. I1 noted that during the launch of the policy, all employees were required 

to complete mandatory training. This, currently, remains a one-time initiative though plans for 

more continuous reinforcement of the AI-policy exists, such as management training. I1 fur-

ther stressed the importance of continuous training. I3 gave a similar account, describing how 

all employees underwent a short training session following the AI-policy launch. I5 also re-

ported having training initiatives related to AI, however, these were more focused on training 

employees in the practical use of AI and value generation rather than the policy itself. Daugh-

erty & Wilson (2018) stress the need for continuous staff training and retraining to ensure all 

employees in the organisation possess the necessary skills.  

I1, I4, I5, I6 a&b, and I7 all accounted for the role of leadership in the communication of the 

AI-policy and how policy understanding is formed in practise. I7 noted that employees with 

questions about the policy could pose them to their manager, and I6 a&b similarly positioned 

the closest manager as the main support resource for policy related uncertainty. This positions 

leadership not only as an administrative function but as a communicator. Flowerday & 

Tuyikeze (2016) pointed out the importance of management support both to ensure policy 

awareness but also to actively ensure education. They further argue that committed leadership 

would motivate employees’ acceptance and compliance with policy. Thus, actively affecting 

the risks of decoupling. Shneiderman (2020) also stresses the importance of leadership com-

mitment and especially their role in handling responsibility and training.  

Beyond relying on managers or static documents I6 a&b’s organisation also developed a dedi-

cated AI model trained on their own policy document, creating a tool designed specifically to 

help employees navigate policy-related uncertainty in real time. This reflects a level of re-

source commitments that signals strong management support. As previously mentioned, 

Bromley & Powell (2012), who argues that policy-practise decoupling occurs when organisa-

tions fail to make such resource allocations, investment in this model, alongside the manage-

ment commitment, therefore functions as coupling mechanisms. Furthermore, this also indi-

cates a dual alignment: not only is there value alignment, where policy represents the ethical 

and operational priorities, but also strategic alignment where resource allocation actively sup-

ports the realization of those in practise. This shows close connection between strategic priori-

ties, and the stated values is particularly important given the organisation’s ethical commit-

ment to transparency and credibility are central to its core objectives.        

5.3.2 Compliance 

Horneber (2025) and Bromley and Powell (2012) argue that limited policy reinforcement 

weakens the structures needed to prevent policy-practise decoupling, identifying accountabil-

ity fragmentation as a key compliance risk. Schneider et al. (2023) further state that policy 

without definition of responsibilities and accountabilities is structurally incomplete while 

Ayling and Chapman (2022) specifically argue that AI makes it inherently difficult to assign 

accountability in practise.   

 

The finding reflects this fragmentation. I2, I3, and I5 all state that the responsibility of policy 

compliance rests entirely with the individual employees. When managers do not enforce com-

pliance the conditions Horneber (2025) identifies as decoupling factors are more likely to 

emerge. I3 presents a notable case in which the responsibility does not reside within the or-

ganisation but is attributed to external stakeholders, potentially creating an accountability gap 
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beyond the organisational borders, where enforcement becomes difficult to sustain in practise. 

I6 a&b stated that the responsibility is shared among the managers and employees, while I7 

identifies compliance as a managerial responsibility. This variation is consistent with Ayling 

& Chapman’s (2022) observation that AI use obscures responsibility in systems outcome, 

making accountability assignment inherently difficult.  

 

In contrast, I5 noted that, alongside the individual responsibility of employees, their organisa-

tion maintains a dedicated compliance department and internal revisions ensure compliance. 

Similarly, I1 has a team dedicated to compliance, who also ensured technical support and 

guardrails to ensure compliance. I4 described a more structured approach, including both in-

ternal and external audits. These mechanisms function as reinforcement structures that opera-

tionalize accountability concretely, directly reducing decoupling risk, which rises when re-

sponsibility is fragmented or unclear (Horneber, 2025).   

 

A central finding regarding AI-policy was the consensus among I1, I3, I5, and I7 that employ-

ees are unlikely to read the policy documents, I2 also acknowledged not having read the AI-

policy. This may be an indicator of what Bromley and Powell (2012) describe as policy-prac-

tise decoupling, where the policy exists only as a symbol without meaningfully affecting the 

organisation. I5 specifically highlighted the challenge of diffusing the policy content within 

the organisation given that employees rarely engage with policy documents voluntarily. It is 

important to note, however, that policy can be communicated through other means than docu-

ment reading, such as training and support, as mentioned in the previous section 5.3.1 Com-

munication. When employees are aware that policy exists but lack comprehension of its re-

quirements, the policy cannot fulfil its intended purpose of steering behaviour as outlined by 

Aphale et al. (2013). This gap between awareness and understanding is a direct risk factor for 

decoupling. 

Flowerday & Tuyikeze (2016) argue that policies risk becoming redundant or poorly con-

structed when they fail to be supported by its users, and further contended that both manage-

ment and employee support is critical to successful policy implementation. This is illustrated 

by I1, whose policy formulation began with an organisation-wide survey designed to incorpo-

rate the employees needs in the policy. I7 in a similar manner included both management and 

employees during the crafting process. This may establish a foundation of co-ownership dis-

cussed by Flowerday & Tuyikeze (2016), making the policy more likely to be internalised. 

Flowerday & Tuyikeze (2016) argue that this ownership improves policy implementation suc-

cess and policy understanding, through the creation of a more digestible policy. This could 

further be understood as a coupling mechanism, as co-ownership may impact the degree to 

which the policy aligns with the employees institutional logic, and Berente et al. (2019) ar-

gues that incongruent institutional logic leads to loose coupling or resistance of policy. Mean-

ing that by establishing co-ownership and grounding the policy in employees own working 

logic the AI-policy has greater opportunity for real impact. 

One illustration of this dynamic can be found in I4 experience, their initial AI-policy imposed 

a total ban on AI use, which I4 quickly recognized as unworkable, as it proved impossible to 

enforce. This outcome can be understood as the consequences of the policy being incongruent 

with the organisation and employees own working logic. As I4's employees were already pre-

paring to integrate AI into their daily work, a total ban on AI use was fundamentally at odds 

with their existing practises. This is precisely the type of logical incongruence Berente et al. 

(2019) identifies as the cause of resistance. I4 subsequently revised the policy to support both 

organisation's objective and employees, reframing it as a set of guidelines on responsible use.  
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Several informants described a tension between AI-policy as an enabler or a constraint on 

productivity. This is an example of the strategic alignment discussed by Mäntymäki et al. 

(2023), where policy should be aligned to not only manage risk, but support the broader or-

ganisational objectives. When a policy is formulated in a way that fails to do this, it may indi-

cate a misalignment between strategy and value alignment, undermining employees abilities 

and, as Flowerday & Tuyikeze (2016) warn, risk redundancy. I4 specifically noted that their 

current AI-policy restricts operational capacity and reduces productivity, suggesting precisely 

this form of misalignment. This echoes the findings of Ayling & Chapman (2022) who state 

that the current AI landscape has made it increasingly difficult for organisations to balance 

profitability with risk management. By contrast, I3 described a more balanced  relationship 

between value and strategic alignment, stating that their AI-policy effectively addresses the 

environmental pressures regarding ethics while simultaneously enabling increased productiv-

ity.  

A further compliance challenge identified across informants is maintaining a policy that re-

mains relevant as the underlying technology advances at an accelerating pace. This mirrors 

the findings of de Laat (2021), Gianni et al. (2022) and Papagiannidis et al. (2025) all of 

whom argue that the pace of AI advancements and diffusion has intensified the tensions in-

herent in effective AI governance. This puts pressure on policy making as Van Giffen and 

Ludwig (2023) as well as Holmström (2024) similarly highlight the importance of ensuring 

that AI governance frameworks are capable of accommodating the technological change ra-

ther than functioning as static artefacts.  

The findings reflect these structural pressures directly. I5 highlighted that licensing terms shift 

continuously, making it difficult for the organisation to maintain an AI-policy that accurately 

reflects the organisation's AI environment. When a policy is unable to keep pace with the 

technology it is designed to govern, it risks what Bromley & Powell (2012) and Horneber 

(2025) described as means-ends decoupling. This occurs when the policy remains formally in 

place while the environment it is set to govern has moved beyond its scope and the policy no-

longer fulfils its intended purpose. 

I5 also struggled to define what constitutes AI in their organisational context. This is not sur-

prising given, as Dignum (2019) notes, defining AI itself remains an unresolved conceptual 

problem. When organisations struggle to define the boundaries of AI, governing it becomes 

inherently challenging as this ambiguity makes it difficult to determine whether the AI-policy 

is achieving its intended purpose. The ambiguity of definitions ties in to the argument Horne-

ber (2025) makes about the risk of means-ends decoupling in complex and uncertain fields, 

where it becomes difficult to compare intended and actual outcomes. As a result, organisa-

tions face challenges in evaluating whether an AI-policy has been successfully implemented 

and whether it has had its intended impacts.  

5.3.3 Future handling 

As discussed in 5.3.2 Compliance, ensuring policy relevance within a rapidly evolving tech-

nological landscape remains a complex challenge for organisations. All informants 

acknowledge that their current AI-policies either already need updating or will do so within 

the next one to two years. This indicates that maintaining applicability over time is a central 

challenge for the future of AI-policies, as a policy document that fails to accurately reflect an 

organisation’s technical realities risks means-ends decoupling presented by Bromley & 
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Powell (2012) and Horneber (2025), where a document remains in place but fails to achieve 

its intended governance purpose. This is consistent with Holmström's (2024) argument re-

garding the importance of ensuring adaptability in order to handle the rapid change in the AI 

field. I1 stated that, going forward, a goal of the AI-policy is to maintain continuous commu-

nication and deliver learning initiatives throughout the organisation, in order to spread both 

AI literacy and awareness of the AI-policy. This is further supported by Van Giffen & Lud-

wig (2023), who state that AI governance cannot be seen as a one-time static event but rather 

a process of continuous learning and adaptation. For organisations this means the question not 

only concerns how to create an AI-policy but rather how to sustain relevance over time, par-

ticularly given the accelerating pace of AI development.  
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6 Conclusion 

The purpose of this study was to explore how internal AI-policies are formulated and how 

these policies are translated into practise within organisations. Through a qualitative interview 

study, the aim is to answer the following research question: How do organisations navigate 

AI-policy formulation and AI-policy in practise? 

Two distinct perspectives on the purpose of AI-policy emerged from the empirical findings: 

AI-policy acting as a governance document and AI-policy acting as a communication tool. 

This distinction shapes the starting point of the policy formulation process and signals objec-

tives of the AI-policy. Regarding purpose, this study identified organisations experiencing dif-

ficulty in ensuring both strategic alignment and value alignment when implementing AI-pol-

icy. However, the study also found that ethical and value alignment can function as a strategic 

asset, where an AI-policy is positioned primarily as a marketing tool and a source of competi-

tive advantage rather than as an internal governance document.  

With respect to AI-policy formulation, this study identifies three isomorphic mechanisms that 

influence how organisations approach the process, namely: normative, coercive and mimetic. 

These three mechanisms emerged from the empirical data as the primary ways in which an or-

ganisation navigates AI-policy formulation. All of the organisations have been exposed to, 

and acted upon similar external pressures, yet they have responded to these pressures in dis-

tinctly different ways. External forces such as regulations, societal norms, or even guidelines 

agreed upon by organisations in the same industry are some of the forces affecting how as 

well as why an organisation takes on an AI-policy.  

Regarding the translation of AI-policy into practise, the findings indicate that doing so effec-

tively demands specific compliance efforts in order to avoid decoupling. The empirical find-

ings show that organisations need to strive for AI-policy understanding rather than focusing 

solely on AI-policy awareness. Ensuring that employees are not only aware of the policy's ex-

istence but have the tools and comprehension necessary to ensure compliance. Among the re-

spondents there was a consensus that the policy documents are rarely read, and several organi-

sations thus strived for shorter and simpler AI-policies, supplementing them with other mech-

anisms to steer behaviour, such as through routine documents, training initiatives, tools, and 

direct management and compliance personnel support.   

In answer to the research question, organizations navigate AI-policy formulation and practise 

through acting on isomorphic pressures and furthermore using the AI-policy to align with 

their strategic aims and organisational value. This study further suggests that organisations ac-

tively balance isomorphic pressures against their own strategic and value-driven objectives. 

This study highlights that AI-policy has become as much a social and communicative tool as a 

governance one, making the external pressures and norms more impactful for policy formula-

tion. Organisations further navigate the AI-policy practise through efforts that ensure, not 

only, AI-policy awareness but AI-policy understanding to ensure the AI-policy achieves its 

intended objectives.   

This study furthermore illuminates the gap between abstract ideals and their translation into 

practise where organisations face multiple institutional pressures, and further identifies AI-
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policy formulation intent and AI-policy practise as two distinct processes that organisations 

often conflate, making it difficult to identify potential issues and their causes.  

As more regulations regarding AI governance are imposed, such as the EU AI Act, the pres-

sures on organisations and their operational AI-policies are further escalated. It is therefore 

increasingly important that these internal AI-governance processes are functioning effectively 

within organisations.  

6.1 Future research 

This study has been limited by time and resource constraints and further efforts should strive 

to broaden the scope of the data collection to enhance generalizability.  

Further this study identifies the mechanisms that affect AI-policy creation and practise from 

the perspective of management personnel involved in the compliance or formulation of AI-

policy. This limits the perspective gained especially in regard to AI-policy in practise where 

the insights of employees directly affected by the policy could gain a more nuanced view of 

how the AI-policy is understood by employees.  

For future studies, another interesting continuation of this study would be to extend the scope 

of the research to also include the industries the organisations operate in as a factor. This 

would contribute to a deeper exploration of how the nature of different industries, for example 

industry specific regulations and norms, impacts both the formulation and implementation of 

the AI-policy. Furthermore, including the size of an organisation as a factor could further 

deepen the insights gained, since it could be an important factor both in AI- and policy-ma-

turity, and societal pressures. For example, a larger organisation might be affected more by 

external societal pressures than a smaller company that doesn't face the same public scrutiny.   

Furthermore, in the future another aspect might be taken into account, namely new regulations 

arising, for example for when the EU AI Act has taken force, it might bring more implications 

for AI governance than the existing regulations.  

Another interesting aspect to further investigate is to broaden the scope of the geographical 

area that is covered in the study. Since this study only covers the Nordic countries, a Nordic 

perspective and way of operating companies may impact the way this study has found organi-

sations navigate formulating their AI-policy and translating it into practise.  
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Appendix: AI contribution statement 

The AI tools that have been utilized in this thesis are ChatGPT, Perplexity AI, Claude, Note-

bookLM and Whisper. These tools, with the exception of Whisper, have been used to obtain a 

quick overview of potential sources, helping us assess whether they are relevant before read-

ing them in full. All sources used in this thesis were subsequently read and evaluated person-

ally and in their entirety by us, AI was not used to read or interpret any sources on our behalf.  

Furthermore, these AI tools were assisting us with proofreading, specifically regarding gram-

mar and flow. The actual written content of the thesis was independently produced by us. AI 

did not generate any content included in the thesis. Claude and Perplexity AI were also used 

in the translation of quotes from informants, however, all quotes were checked by us to ensure 

accurate representation.  

We have used prompts to sharpen our analysis and challenge us in our arguments, pushing us 

to think further in our analysis.  
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