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Abstract

Purpose: This thesis explored how consumers respond to GenAl-enabled personalisation in
the context of landing pages. The focus lies on their intention to continue using the service
after the first encounter. Given the paradoxical nature of personalisation, the mediating roles
of perceived usefulness and privacy concerns are examined. Furthermore, this study explores
how the presence or absence of a transparency disclosure moderates these effects.

Research Question: This study followed three aims: How does the strength of GenAl
enabled personalisation on landing pages effect continuance intention, what role does the
personalisation-privacy paradox play in this effect and how does personalisation transparency
affect this relationship?

Methodology: A quantitative, experimental survey design was adopted, in which 206
participants were randomly assigned to one of four conditions, evaluating an online pharmacy
across varying levels of personalisation and the presence or absence of a transparency
disclosure. The moderated mediation model was analysed using regression.

Findings/Conclusion: The study revealed that GenAl-enabled personalisation did not have a
total effect on continuance intention. This is explained by the two opposing mediating
pathways that demonstrate comparable strength: personalisation increases perceived
usefulness while simultaneously heightening privacy concerns. These findings are consistent
with Approach-Avoidance Theory, which describes the paradox. Furthermore, disclosures
exhibit a moderating effect by reducing privacy concerns. Interpreted through Attribution
Theory, this suggests that transparency primarily influences affective dimensions of consumer
evaluation.

Theoretical and Managerial Contributions: Both theories were successfully extended to
the context of GenAl-enabled personalisation. From a managerial perspective, it must be
recognised that stronger personalisation does not necessarily improve outcomes. Proactively
disclosing personalisation practices represents an attractive strategy for firms.

Keywords: Personalisation, Personalisation-Privacy Paradox, Transparency, GenAl,
Dynamic Landing Pages, Approach-Avoidance Theory, Attribution Theory, Mediated
Moderation
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1 Introduction

This chapter aims to set the scene for the study at hand. We explain the background and
highlight the research problem. Next, the research aim and objectives are elaborated and a

brief overview of the study's structure is provided.

1.1 Background

The digitalisation of commerce has disrupted how firms interact with consumers (Strycharz &
Segijn, 2022). With the rapid advancement of recommendation algorithms, consumers
increasingly expect personalised and relevant experiences that reflect their individual
preferences and needs (Arora et al., 2021). Even more drastically, consumers begin to reject
generic, static recommendations from firms online (Hardcastle et al., 2025). Empirical evidence
underlines this shift: 71% of consumers expect firms to deliver personalised interactions, while

76% report frustration when this is not provided (Arora et al., 2021).

The emergence of Generative Artificial Intelligence (GenAl) has transformed the way firms are
able to respond to the demand for tailored experiences (Sun et al., 2025). While previous Al
technologies were only able to analyse vast datasets and identify complex behavioural patterns,
GenALl is additionally capable of generating highly personalised content at scale and in real
time, in a cost-effective way (Sun et al., 2025). As superior customer experience is a highly
effective asset in e-commerce for firms, the leverage of GenAl is widely praised in research

and practice (Scarpi et al., 2022).

But the transformative power of GenAl regarding personalisation practices does not come
without friction (Hardcastle et al., 2025). On the one hand, personalisation practices have the
potential to significantly improve consumer experience and serve as a competitive differentiator
(Gao & Liu, 2022). Despite that, consumers tend to react ambivalently towards these practices
(Hardcastle et al., 2025). This is majorly driven by concerns surrounding privacy (Saura, 2024).
For example, the TRUSTe Privacy Index (2016) reported that 92% of U.S. internet users have

concerns about how their data is collected and used, and Cisco’s consumer survey found that



75% of consumers do not buy from organisations they do not trust with their data (Cisco, 2024).
The evolution of digital technologies has impacted the scope and complexity of consumer
privacy concerns, as the possibilities for collecting and processing customer data are increasing
rapidly (Scarpi et al., 2022; Strycharz & Segijn, 2022). Personalisation practices might
therefore be appealing as a concept, but their implementation as a business tool proves difficult

(Salonen & Karjaluoto, 2016).

This phenomenon has been conceptualised as the “personalisation-privacy paradox”, as
consumers desire personalised content yet feel uneasy when it intrudes too much on their
privacy (Gupta et al., 2025). As Kim et al. (2018, p. 35) note, “personalisation can be both an
effective but also ineffective marketing strategy [...].” A critical context in which these effects
can be witnessed is dynamic landing pages, which play an essential role in converting visitors
into recurring customers by enabling traffic to be channelled toward specific actions (Meslem
& Abbaci, 2022). Dynamic landing pages leverage GenAl to create consumer-specific,
personalised website content in real-time, taking into account their previous behaviour,
attributes and shared data, and also inferring more tailored psychological aspects (Loureiro et
al., 2023). This can be perceived as more relevant and useful, thus increasing continuance
intention and customer satisfaction (Gao & Liu, 2022). On the other hand, excessive or
insensitive personalisation can undermine consumer trust and reduce the overall effectiveness

of dynamic landing pages (Ayhan et al., 2018).

One of the key effectiveness metrics in e-commerce, especially for dynamic landing pages, is
continuance intention (Gosh et al., 2024; Bhattacherjee, 2001). Continuance intention describes
an individual's decision to continue using a specific information technology after their initial
adoption (Nabavi et al., 2016). This serves as a foundation for consumer satisfaction and loyalty
and paves the way for future revenue opportunities (Gosh et al., 2024; Bhattacherjee, 2001).
Acquiring new customers can cost up to five times as much as retaining existing customers,
highlighting the importance of continuance intention to firms (Bhattacherjee, 2001; Kumar,
2022). With the continuance intention as a primary objective, the personalisation-privacy
paradox in GenAl-enabled contexts, such as dynamic landing pages, solidifies as a pressing

issue for firms.

In the light of these challenges, transparency disclosures about GenAl-enabled personalisation
practices have emerged as a potential strategy to counteract negative consumer reactions (Segijn

et al., 2021). Such disclosures inform consumers about how and why personalised content is



shown, for example, through banners and pop-ups such as “Why am I seeing this ad?”
(Strycharz & Segijn, 2022). While some firms are concerned that drawing attention to their data
collection practices may put off customers, research on personalised advertising indicates the
opposite (Kim et al., 2019). Kertai (2025) demonstrated that when Al systems operate fairly
and transparently, consumers are more likely to trust and engage with them. Trust, in turn, 1s a
critical determinant of consumer acceptance of personalisation practices and can reduce privacy
concerns (Larsson, 2023). These overall developments also align with recent regulatory
developments, such as the General Data Protection Regulation (GDPR) in the European Union

and the California Consumer Privacy Act in the U.S. (Gupta et al., 2025).

1.2 Research Problem

Given the relative novelty of GenAl-enabled personalisation, research has only partially
explored its impact on consumer behaviour, focusing mainly on insights from personalisation
prior to the advent of GenAl technologies. These studies reveal important insights, such as the
paradoxical effects of personalisation and privacy, as well as the impact of trust-building
activities on consumer behaviour. However, these findings are only partially applicable to
GenAl-enabled personalisation practices, which offer unprecedented ways to tailor and infer
customer preferences. Before that, personalised content was mainly based on segments and
templates (Vinerean & Opreana, 2024). As a result, personalisation was limited to clustering
users based on rules rather than true personalisation at an individual level (Vinerean & Opreana,
2024). With GenAl, dynamic generation of content in infinite, personalised variations became
possible (Tang et al., 2025; Grewal et al., 2025), thereby altering the way e-commerce can be

conducted from the ground up.

This includes a new relationship between consumer data disclosure and how companies can use
it. Data processing without disclosure by GenAl algorithms is a highly covert practice that
allows limited control over how exactly consumers' data is processed and, more importantly,
which inferences the algorithm draws (Loureiro et al., 2023). This change in data disclosure
challenges existing theories that aimed to explain the paradoxical perceptions of personalisation
and privacy. The acknowledged “privacy calculus” as an example describes a cost-benefit
trade-off in consumer evaluation and assumes a possibility for consumers to decide if and how

they want to self-disclose their data (Dinev & Hart, 2006; Bol et al., 2018; Gupta et al., 2025).



If data collection and processing are covert, as in the case of GenAl algorithms, this cannot be
applied. Attempts to explain the personalisation-paradox in a GenAl-enabled context remain
sparse to date. This calls for a reinvestigation of previous findings and validation of suitable
theories to explain the paradoxical nature in a GenAl context. First attempts have been made
by Sun et al. (2025) by drawing upon Approach-Avoidance Theory, but further empirical

validation is needed.

On top of that, a strong focus has been placed on the effects of personalised advertisements,
neglecting the importance of other touchpoints such as dynamic landing pages, which are key
levers in converting leads into recurring sales for firms (Meslem & Abbaci, 2022). Insights on
personalised advertisements are only partially applicable to dynamic landing pages and their
objective to maximise continuance intention, as much focus is placed on willingness to click,
click through rates and ad effectiveness in prior studies (Bleier & Eisenbeiss, 2015; Tucker,
2014; Kim et al., 2019). However, understanding the reasons for contingency is important for

the long-term success of technologies and firms (Nabavi et al., 2016).

To date, the moderating role of personalisation transparency has not been fully examined in the
context of the personalisation-privacy paradox in dynamic landing pages, necessitating a closer
study of the phenomenon. As dynamic landing page content is usually presented with little
information about its creation or underlying processes (Kim et al., 2019), these developments

make a clear and urgent call for research.

All in all, the upcoming and inherently ambivalent nature of GenAl-enabled personalisation
practices demands more detailed investigations into how consumers respond to them in the
context of dynamic landing pages. Additional insights are needed on how personalisation
transparency moderates consumers’ perceptions, as this could be a crucial asset in balancing
the paradoxical nature of personalisation and privacy, which is essential for effective, respectful

customer journeys (Hardcastle et al., 2025).
To guide our research, we investigate the following research questions:

Research Question 1 (RQ1): To what extent does the strength of personalisation on dynamic

landing pages impact continuance intention?

Research Question 2 (RQ2): What role does the personalisation-privacy paradox play in the

impact of dynamic landing pages on continuance intention?



Research Question 3 (RQ3): How does personalisation transparency affect the relationship

between dynamic landing pages and continuance intention?

1.3 Research Aim and Objectives

We aim to contribute to research on personalisation and privacy concerns by quantifying the
effect of personalisation transparency and by expanding the Approach-Avoidance Theory to
the context of dynamic landing pages. Our proposed moderated mediation model expands the
theoretical understanding about the effect of dynamic landing pages on continuance intention
mediated through perceived usefulness and privacy concerns and how the transparency

regarding the data collection and usage affects this relationship.

We aim to contribute to the literature by addressing the gap identified by Sun et al. (2025)
regarding “whether explicitly displaying information about the methods and technical
principles used in Al-generated [content] can reduce the perceived threat associated with
[them]” (p. 253) through an Attribution Theory perspective. Furthermore, we aim to deepen
understanding of consumers' internal affective and cognitive states when responding to GenAl-
enabled personalisation by evaluating the dynamics with competing moderators, building on

the Approach-Avoidance Theory.

By addressing this gap, we provide practical relevance to firms designing their customer
experience effectively and responsibly, in addition to our theoretical contributions. For
marketing practitioners, we aim to deepen their understanding of how to navigate consumers’
privacy concerns when developing and operating dynamic landing pages. While GenAl is
enabling more and more personalised experiences across all touchpoints of the customer
journey, a more multifaceted understanding of how to be transparent about personalisation may
lead to a competitive edge and more effective digital strategies. Finally, our thesis aims to
provide policymakers with insights into effective data transparency and GenAl use legislation,
thereby following the call for greater policy implications in business research by Eby and

Facteau (2023).



1.4 Outline of the Thesis

This thesis is divided into six chapters. We began by introducing the topic, the empirical setting,
and the background of dynamic landing pages and personalisation transparency. Based on this,
we present the research purpose and question and the aimed contributions for theory, marketing
practitioners, and policymakers. In the second chapter, we review literature streams, which are
relevant to our study. In the third section, we present the theoretical frame of this thesis, based
on which we formulate five hypotheses. After that, we lay out our research methodology in
chapter four, including the research philosophy, research design, data collection, and the
approach to analysis. In chapter five, the results of our analysis are presented and the hypotheses
discussed. We conclude this thesis in chapter six with contributions to theory and practice,

limitations, and lastly, future research directions.



2 Literature Review

This chapter outlines the key concepts of this study. First, we will provide an overview of digital
customer journeys and continuance intention, followed by a review of personalisation
literature. Then, conflicting consumer reactions towards personalisation practices are
discussed, and the personalisation-privacy paradox is introduced. Building on this, we examine
transparency disclosures. Lastly, the different streams of literature are placed in the context of
recent technological developments, specifically the emergence of GenAl as a personalisation

lever.

2.1 Digital Customer Experience and Continuance
Intention

To understand how digital marketing activities shape consumer behaviour, an understanding of
the digital customer journey is necessary. The customer journey describes the process of how a
consumer moves through different stages and touchpoints that together shape their experience
with a firm (Lemon & Verhoef, 2016). The concept of customer journey is closely related to
customer experience, which is defined as the cognitive, emotional, sensory and social consumer
responses to a firm’s offerings (Lemon & Verhoef, 2016). Becker and Jaakkola (2020) expand
this definition by postulating that customer experience is a spontaneous response to the firm’s

activities encountered during the journey across different touchpoints.

Digital technologies and their adoption have significantly impacted how consumers engage and
interact online (Glingdr & Cadirci, 2022; Pereira et al., 2025). The proliferation of digital
touchpoints has shifted consumer decision-making from linear to interlinked, interactive and
journeys (Pereira et al., 2025). The concept of a journey stems from research on buyer decision-
making (Howard & Sheth, 1969), with the core idea that there are distinct stages. Lemon and
Verhoef (2016) defined the stages of the customer journey as the pre-purchase, purchase and
post-purchase. While Lemon and Verhoef (2016) view the customer journey as a more linear

process, Court et al. (2009) characterise it as cyclical, introducing the loyalty loop, in which a



positive post-purchase experience leads the customer to a repurchase stage. This perspective
underscores the importance of a positive initial experience and the long-term value generated
by repeated purchases. As digitalisation is making customer journeys more complex, firms that
can positively shape the customer experience through these new touchpoints can gain a

competitive edge (Homburg et al., 2017).

Customer journey research has identified the importance of how positive experiences across
digital touchpoints are important in building a loyalty-loop and leading to repeat purchases
(Homburg et al., 2017; Court et al., 2009; Lemon & Verhoef, 2016). With the intensification of
competitiveness in e-commerce, companies invest in innovative strategies to differentiate
themselves and retain customers (Pereira et al., 2025). As customer experience plays a crucial
role in purchasing decisions in e-commerce, the integration of digital technologies has a direct

impact (Pereira et al., 2025).

The integration of digital technologies to touchpoints is a central factor to customer retention
(Pereira et al., 2025). The initial adoption of new technologies is not enough to keep consumers
in the market (Franque et al., 2020). Instead, continuous use is necessary (Franque et al., 2020).
As e-commerce is characterised by low switching costs for consumers, retaining consumers and
building long-term relationships have never been more important (Chen et al., 2012; Zhou,
2013; Pereira et al., 2025). In the literature, researchers argue that continuous use is more
important than initial use because attracting new customers is far more costly than retaining
existing ones (Rahi & Ghani, 2019; Nabavi et al., 2016). As firms are required to continuously
invest in the digital transformation of their touchpoints, consumer retention becomes an even
greater concern (Zhou, 2013). Technology investments need frequent usage to pay off, not only
initial acceptance (Nabavi et al., 2016). User retention is therefore a critical issue in technology-
driven businesses such as e-commerce, as every touchpoint can be a potential moment of
retention or churn (Nabavi et al., 2016). Continuance intention serves as a key indicator of this

ambition (Bhattacherjee, 2001).

Continuance intention can be understood as a prolonged or sustained use of information
technology over time (Bergmann et al., 2022). Continuance intention has been defined by
Bhattacherjee (2001) as “[...] consumer’s intention to continue using e-commerce services” (p.
202). The behaviour occurs after the consumer has their first experience with information
technology (Franque et al., 2020; Rahi & Ghani, 2019). For this study, we adopt the definition

of Nabavi et al. (2016) that continuance intention can be defined as a consumer’s decision “[...]



to carry on using a specific [technology] that an individual has already been using.” (p. 58).
Chen et al. (2012) argue that continuance intention can be seen as a manifestation of customer

satisfaction and loyalty, indicating long-term usage (Franque et al., 2013).

Studies on continuance intention have used a wide range of theories to explain the phenomenon,
including the Expectation-Confirmation Model (Bhattacherjee, 2001), the Technology-
Acceptance Model (Davis, 1989), and the Unified Theory of Acceptance and Use of
Technology (Venkatesh et al., 2003). Therefore, a wide variety of factors from different theories
and contexts have been identified to influence continuance intention in e-commerce (Franque
et al., 2020). These factors include attitudes, trust and perceived behavioural control (Franque
et al., 2020; Bergmann et al., 2022; Zhou, 2013). Van der Heijden (2004) also demonstrated
that affective constructs such as perceived enjoyment positively influence continuance
intention. Rahi and Ghani (2019) underlined the original proposal by Bhattacherjee (2001) that
perceived usefulness and service satisfaction positively influence consumers’ continuance
intention. Perceived usefulness in this context can be defined as the consumer’s subjective
probability that the information technology will increase their performance. At the same time,
satisfaction describes the consumer’s affective response (i.e., feelings) towards the service
(Bhattacherjee, 2001). While different factors persist, common ground in antecedents of
continuance intention can be found in the fact that the technology in question needs to provide

benefits to the consumer in order to be successful (Bergmann et al., 2022).

2.2 Personalisation

One frequently claimed strategy to increase continuance and improve customer experience is
Personalisation (Lamberton & Stephen, 2016; Pereira et al., 2025; Bol et al,
2018). Personalisation is a method of acknowledging each customer's uniqueness by
suggesting content that resonates with their preferences (Chandra et al., 2022). The overall
objective of personalisation is to enhance the consumer experience and influence consumers'
perceptions and decisions (Bol et al., 2018; Chandra et al., 2022). Personalisation is based on
active procedures for learning about customer preferences and synthesising insights (Tang &
Zhang, 2020). By using customer data, firms can create tailored, personalised experiences
across touchpoints, manage relationships, and achieve a competitive advantage (Hardcastle et

al., 2025; Chandra et al., 2022).



Personalisation is labelled a customer-oriented marketing strategy that strives to “[...] deliver
the right content to the right person at the right time, to maximise immediate and future business
opportunities” (Kim et al., 2019, p. 35). Bol et al. (2018) define personalisation as “the strategic
creation, modification, and adaptation of content and distribution to optimise the fit with

personal characteristics, interest, preferences, communication styles, and behaviours™ (p. 373).

The roots of personalisation in marketing predate digital technologies (Salonen & Karjaluoto,
2016). The emergence of one-to-one marketing by Peppers and Rogers (1993) paved the way
for personalisation to be acknowledged as a competitive strategy in marketing. Yet, a critical
distinction needs to be applied between personalisation, customisation, segmentation and
targeting (Chandra et al., 2022; Salonen & Karjaluoto, 2016). While personalisation is a
strategic marketing choice by firms, customisation occurs when consumers proactively specify
elements of their preferred marketing mix (Chandra et al., 2022). Segmentation precedes
personalisation and underpins it technically (Chandra et al., 2022). Segmentation aims to
identify groups with similar traits and interests to customise elements of the marketing mix
accordingly (Chandra et al., 2022). Targeting builds on the segmentation logic by referring to
the selection of an audience to whom these elements will be delivered (Chandra et al., 2022).
Personalisation, as defined by Chandra et al. (2022), aims to go further by creating a unique

experience for individual customers.

Personalisation has proven to be a desirable marketing strategy for both consumers and firms
(Salonen & Karjaluoto, 2016). From a consumer perspective, personalisation reduces cognitive
overload and the time spent making choices (Kim et al.,, 2019; Chandra et al., 2022).
Additionally, consumers can enjoy content more relevant to them and filter through the
abundance of information online (Bol et al., 2018). Firms benefit from personalisation, as it can
positively impact attitudes, loyalty, and engagement (Walrave et al., 2017; Sun et al., 2025).

Personalisation also grants opportunities to charge higher prices (Vesanen, 2007).

Generally, personalisation increases customer satisfaction by offering products and services
that fit their needs (Teepapal, 2025). The success of personalisation depends on accurately
detecting and responding to consumer preferences, which are complex and highly context-
dependent (Salonen & Karjaluoto, 2016). It is therefore essential for firms to learn about their
customers to make meaningful inferences about their preferences (Aguirre et al., 2015). The
strategies employed by firms to collect data can be classified into overt (informing consumers)

and covert (not informing consumers) strategies (Murthi & Sarkar, 2003).
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In the literature, perceived usefulness plays a central role in determining the effectiveness of
personalised marketing activities (Nysveen & Pedersen, 2004). It is defined as “the degree to
which a person believes that using a particular system would enhance his or her job
performance” (Davis, 1989, p. 320). Information overload is a common burden for consumers
when shopping online, due to the increase in the volume and complexity of product
recommendations (Lai et al., 2019). Personalisation helps to decrease this struggle and meet
users in a way that resonates with their needs, thus increasing perceived usefulness (Wang et

al., 2024; Bleier & Eisenbeiss, 2015).

2.2.1 Personalisation-Privacy Paradox

Nevertheless, the implementation of personalisation practices in marketing does not guarantee
success. On the contrary, personalisation provides conflicting evidence on its effectiveness
(McKee et al., 2023). Canhoto et al. (2023) describe the phenomenon as the “personalisation-
privacy paradox”, stating that personalisation not only creates benefits, but can also cause

feelings of discomfort.

The process of data collection and usage often leads customers to experience privacy concerns,
expressed as discomfort due to feelings of vulnerability (Baek & Morimoto, 2012; Aguirre et
al., 2015). Many studies highlight privacy concerns as a pertinent issue that prevents consumers
from enjoying personalised applications (Sutanto et al., 2013). Building on Westin’s concept
of privacy (1967), Baek and Morimoto (2012) define privacy concerns as “the degree to which
a consumer is worried about the potential invasion of the right to prevent the disclosure of
personal information to others” (Baek & Morimoto, 2012, p. 63). Other authors have defined
privacy concerns as “the desire to keep personal information out of the hands of others”
(Buchanan et al., 2007, p. 158) or “the ability of the individual to control the terms under which
personal information is acquired and used” (Westin, 1967, p. 7). Privacy concerns are a
construct originally researched in an age before the internet by Westin (1967) and Smith et al.
(1996), among others. This led to a differentiation by Malhotra et al. (2004), who argued that a
new construct is required due to the nature of the online environment. Today, almost all
personalisation research concentrates on online personalisation. While we acknowledge the
term online privacy concerns used by some scholars (e.g., Bol et al., 2018), we call the construct

privacy concerns due to this being the common term in recent marketing literature.
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Since consumers are usually unaware of data collection, analysis, and use, privacy concerns
remain untriggered until they are targeted by marketing materials that leverage this data
(Aguirre et al., 2015; Bleier & Eisenbeiss, 2015). Personalised communication is one of the
primary causes of privacy concerns identified in existing marketing literature (Malhotra et al.,
2004; Sheehan & Hoy, 2000). While privacy concerns have both affective and cognitive aspects
(Bol et al., 2018), we build in this study on the dominant paradigm in the literature and treat
privacy concerns as a more affective construct (Bol et al., 2018; Bleier & Eisenbeiss, 2015),
according to which privacy concerns reflect the negative emotional attitude felt when personal

rights, information or behaviour get regressed by others (Dienlin & Trepte, 2015).

This effect has been well researched in the context of personalised online interactions
(Chellappa & Sin, 2005; Kobsa, 2007; Taylor et al., 2009) and personalised advertisements
(Bleier & Eisenbeiss, 2015; Aguirre et al., 2015; Sun et al., 2025). Bleier & Eisenbeiss (2015)
found in their research that higher personalisation depth, meaning how closely ads match
interests, increases privacy concerns even further, because it signals the firm knows more about
the consumer. Similar results were found by Sun et al. (2025), who distinguished three levels
of personalisation (low/mid/high) and found that more personalised advertisements lead to
stronger privacy concerns. Higher privacy concerns lead to unwanted consequences for firms,
such as lower click-through intentions (Bleier & Eisenbeiss, 2015), negative personalisation

attitudes (Sun et al., 2025), and lower consumer engagement (Teepapal, 2025).

Privacy concerns are central to many attempts to describe the paradoxical effects of
personalisation. Saura (2024) presents the “privacy-personalisation paradox”, stating that
consumers value the relevance of content but also fear the misuse of their personal data.
Likewise, Barnes (2006) describes a “privacy paradox” as there is a visible inconsistency
between privacy attitudes and privacy behaviours. Scarpi et al. (2022) pick up on that term and
define it as “[...] the discrepancy between consumers expressed privacy concerns and their
digital behaviour” (p. 1687). Other variations of the phenomenon exist in the form of labels
such as the “privacy-benefit paradox” or the “personalisation-privacy paradox” (McKee et al.,

2023; Soni, 2024; Chandra et al., 2022).

A common denominator behind these labels is that whenever personalisation comes into play,
positive and negative attitudes towards the practice coexist (Sun et al., 2025). The Privacy-
Calculus Theory, originally introduced by Dinev and Hart (2006), is a prominently used theory
to capture the contradicting effects of personalisation (Bol et al., 2018; Gupta et al., 2025; Wang
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et al., 2024). Essentially, the theory describes the conception that consumers disclose personal
information on the basis of a cost-benefit trade-off (Dinev & Hart, 2006; Krasnova et al., 2010).
The theory is based on Laufer and Wolfe's (1977) proposal that an individual’s willingness to
disclose personal information is based on a purely cognitive calculus of behaviour. Consumers
appear as rational decision-makers (Dinev & Hart, 2006). The trade-off describes the perceived
benefits consumers expect from disclosing personal data relative to the perceived risks they
associate with such disclosure (Cloarec, 2024). The Privacy-Calculus Theory is applied to
explain attitudes and behaviours to personalised marketing in different contexts and situations
(McKee et al., 2023; Chandra et al., 2022; Hayes, 2021). Yet, the theory primarily focuses on
the willingness to self-disclose data (Laufer & Wolfe, 1977).

2.2.2 Personalisation Transparency

Simultaneously decreasing privacy concerns and increasing personalisation benefits present a
significant challenge to firms (Wang et al., 2024). Due to online privacy becoming a major
concern for consumers and rising regulatory pressure (e.g., GDPR in Europe, CCPA in the US,
DPDP in India), transparency regarding data collection and processing has been gaining the
attention of practitioners and scholars. Segijn et al. (2021) identify in their literature review that
this transparency has a sender-side (the firm) and a receiver-side (the consumers), and thus they
differentiate between personalisation transparency and personalisation awareness. Building on
the conceptualisation of Kim et al. (2019), the authors define personalisation transparency as
“the degree of disclosure of how firms collect, process, or share personal data to generate
personalised communication” (Segijn et al., 2021, p. 123). Personalisation awareness, on the
other hand, focuses on the degree to which individuals are aware of the data collection,
processing, and sharing (Segijn et al., 2021). While personalisation transparency has been
gaining relevance as a construct, research on the topic is heavily fragmented. Many strongly
related constructs are covered by scholars, for example, ad transparency (Kim et al., 2019),
overt data collection (Aguirre et al., 2015), and privacy control as implicit transparency

(Tucker, 2014).

The source of the personalisation transparency disclosure matters when informing consumers
about data collection and processing. When the disclosing party is not trustworthy, or the
motives are perceived as insincere, personalisation transparency can lead to lower behavioural

intentions toward personalised advertising (van Ooijen, 2022). Related to this, Gupta et al.
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(2025) found in their qualitative study on GenAl-enabled personalisation in India that

transparency is a key antecedent of trust.

When comparing overt and covert data collection, Aguirre et al. (2015) found that highly
personalised advertisements lead to high perceived vulnerability and lower click-through
intentions when firms are not transparent about how they gain user data. By communicating the
collection and processing of data via cookies, this effect can be mitigated (Aguirre et al., 2015).
In another study, Kim et al. (2019) found that the acceptability of information flows strongly
influences the performance of personalised advertising, with acceptability depending on
whether data are collected explicitly or implicitly. Disclosing unacceptable data-collection
practices heightens privacy concerns and reduces behavioural intentions, underscoring the

importance of personalisation transparency for consumers (Kim et al., 2019).

Additionally, individual characteristics moderate the effect of personalisation transparency in
the context of personalised websites and advertisements. One study found that the consumers'
need for cognition influences how cookies, as a form of personalisation transparency, moderate
the relationship between personalisation and perceived control (Lambillotte et al., 2022). The
authors argue that while personalisation transparency signals data collection and use, no
difference was found between implicit and explicit data collection methods, and future research
should examine personalisation transparency further in the context of personalised websites

(Lambillotte et al., 2022).

While the existing literature has conceptualised personalisation transparency well, and initial
studies have found that it affects consumer responses and perceptions of personalisation, the
construct remains severely understudied across multiple contexts. While the disclosure of data
collection and processing is gaining more and more importance, studies on transparency have
been focusing mainly on compliance-side conceptualisations of personalisation transparency,
such as cookies (e.g., Aguirre et al., 2015, Lambillotte et al., 2022) and the “why am I seeing
this ad” button (e.g., Kim et al., 2019). Results from published papers suggest that these
disclosures have positive effects on consumer behaviour, but no studies have analysed the
potential benefits of disclosures going beyond compliance. With personalisation becoming
common practice in the digital environment due to the accessibility of GenAl technologies,
further research is required to determine whether these benefits also apply to personalisation

transparency disclosures in light of current technological developments.
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2.2.3 Personalisation Practices in the context of GenAl

Generally, personalisation closely intersects with the domains of computer science and
information systems and therefore must be examined in relation to technological advancements
(Chandra et al., 2022; Salonen & Karjaluoto, 2016). The breakthrough of GenAl changed
personalisation practices profoundly (Peltier et al., 2023). GenAl can personalise consumer-
firm interactions in unprecedented ways, enabling real-time, context-aware individualisation
that goes beyond static profiles (Hardcastle et al., 2025; Hollebeek et al., 2021). GenAl is
capable of understanding and anticipating consumers’ needs, wants and preferences (Hollebeek

etal., 2021).

This is enabled through sophisticated algorithms that process vast datasets to deliver highly
relevant, customised content to consumers (Raji et al., 2024). Before the introduction of GenAl,
personalised content, specifically ads, was based on segmentation and templates (Vinerean &
Opreana, 2024). Segment-based personalisation relies on demographical information, browsing
history or returning vs new users (Vinerean & Opreana, 2024). Personalisation was limited to
user clustering rather than true individualisation (Vinerean & Opreana, 2024). In addition,
content was mainly template-driven and validated through manual A/B tests or rule-based
triggers (Grewal et al., 2025). Most notably, personalisation was based on predicted preferences
using machine learning algorithms, but did not involve the dynamic generation of new content
(Grewal et al., 2025). With the rise of GenAl, personalisation at an individual level is now
feasible and scalable, including unique text, visuals, and layouts presented to the user (Grewal
et al., 2025). GenAl takes personality traits, motivations, and values into account, enabling
persuasion tailored to individuals' characters and incorporating more than simply their online
behaviour (Grewal et al., 2025). The reliance on post-hoc A/B testing is no longer relevant, as

infinite variations are deployed (Tang et al., 2025).

With GenAls potential to enrich personalisation experience, previous insights into consumers
attitudes and behaviour towards personalisation are only partially applicable as GenAl-enabled
personalisation offers unprecedented opportunities to tailor content on an individual level in
real time, with the capability to generate and display deeper and more targeted inferences of
consumers (McKee et al., 2023). This is especially distinctive in GenAl's tendency to collect
data covertly, as recommendation algorithms are designed not to disrupt the customer
experience (Loureiro et al., 2023; Aguirre et al., 2015). Covert data collection practices

exacerbate the feeling of vulnerability and discomfort towards personalised content (Tucker,
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2012). The scepticism around privacy is likely to be more present in GenAl-enabled contexts
(Hollebeek et al., 2021). This also calls for validating previous insights on the effect of
personalisation transparency, as Kim et al. (2019) demonstrated that information flows that
misalign with consumer values heighten privacy concerns and reduce personalisation

effectiveness.

A noticeable gap can be observed in the current state of literature about the characteristics of
the personalisation-privacy paradox in a GenAl-enabled context. The Privacy-Calculus Theory
assumes an unhindered ability of consumers to control and influence the self-disclosure of their
data. However, GenAl excels at creating personalised output through more covert data
collection practices and can add inferences, interpretations, and meanings to data beyond the
original information consumers may have disclosed (Loureiro et al., 2023). These technological
characteristics of GenAl-enabled personalisation limit consumers' ability to self-disclose their
data under the Privacy-Calculus Theory. Additionally, Privacy-Calculus Theory assumes fully
rational consumer behaviour, without accounting for emotional or subconscious reactions. This
contradicts perspectives on privacy concerns being not only a cognitive state, but also an
affective construct that is formed instinctively and without in-depth thinking (Bol et al., 2018;
Bleier & Eisenbeiss, 2015; Aguirre et al., 2015). All in all, new approaches are required to

conceptualise the personalisation-privacy paradox in a GenAl-enabled context.

Sun et al. (2025) were among the first to propose a different conceptualisation of the paradox
by introducing the “PUTD” (Perceived Utility - Perceived Threat) concept, which mediates the
impact of Personalisation on consumer attitudes. It is based on the Approach-Avoidance Theory
by Elliot (2006). Approach-Avoidance Theory integrates approach motivation, driven by the
prospect of positive stimuli, and avoidance motivation, driven by mitigation of negative stimuli
(Elliot, 2006). PUTD describes the paradox as a dynamic psychological mechanism (Sun et al.,
2025). Unlike Privacy Calculus Theory, PUTD predicts a non-linear relationship between
personalisation and attitudes (Sun et al., 2025). A sharper increase in threat perceptions is
visible for higher levels of personalisation (Sun et al., 2025). This results in a distinctive attitude
pattern of an inverted U-shape (Sun et al., 2025). PUTD successfully captures nonlinear effects
and explains the backlash against overpersonalisation (Sun et al., 2025). This makes it
especially suitable for Al-driven marketing contexts. Furthermore, PUTD treats perceived
utility and threat not as separate mediators but captures them to represent the underlying trade-

off mechanism applied by consumers (Sun et al., 2025).
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While the focus on Al-driven personalisation and its impact on consumers is better explained
with PUTD, the concept depicts some distinctive shortcomings. Approach-avoidance
motivation theory was designed to explain the behaviour of organisms (Elliot, 2006). The
possibility of also applying it to consumer attitudes is novel and not further validated except for
the research done by Sun et al. (2025). To summarise, the usage of the Approach-Avoidance

Theory needs further corroboration in the field.

So far, little theory exists to explain the paradox in consumers’ behaviours successfully in the
context of GenAl-enabled personalisation. Additionally, research on the personalisation-
privacy paradox has mainly focused on advertisements (Vesanen, 2007; Bleier & Eisenbeiss,
2015; van Ooijen, 2022; Sun et al., 2025; Aguirre et al., 2015; Tang et al., 2014). Personalisation
effects of advertisement have been investigated in many different contexts, and much insight is

available on different moderating and mediating factors, as seen in 7able 2 and Table 3,

While advertisements are of great significance to the customer journey, they are only one
possible touchpoint to deploy effective personalisation. Recognition in personalisation research
is missing, as GenAl has transformed almost every touchpoint of the customer journey
(Hardcastle et al., 2025; Meslem & Abbaci, 2022). Landing pages pose a promising field for
GenAl-enabled personalisation as they offer many different possibilities to successfully
incorporate personalised content, products, prices, promotions and nudges tailored towards
individual customers (Meslem & Abbaci, 2022; Gao & Liu, 2022). These landing pages are
also referred to as “dynamic landing pages”, as they utilise GenAl to instantly adapt pages based
on user intent and context information such as location, time and behaviour (Grewal et al.,
2025). Dynamic landing pages can be utilised to maximise e-commerce KPIs such as purchase

or continuance intention (Gao & Liu, 2022; Campbell et al., 2020).

Tables 1 to Table 6 summarise the key extant studies and how they relate to our research. It
becomes clear that prior research in this area is not fully applicable to the context of GenAl-

enabled personalisation.
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Table 1 Key Literature Digital Customer Journey and Continuance Intention
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Table 2 Key Literature Personalisation in Marketing
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Table 3 Key Literature Personalisation-Privacy Paradox
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Table 4 Key Literature Personalisation Transparency
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Table 5 Key Literature GenAl-enabled Personalisation
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2.3 Summary of Literature Gaps

To summarise, digitalisation has significantly reshaped customer journeys. The adoption of new
information technologies has changed consumer behaviour, and the importance of retaining
customers is a primary objective among firms in e-commerce. Continuance intention thereby
serves as a key metric to ensure long-term success. Personalisation can act as a key lever to this

ambition, as it demonstrates promising potential to enhance customer experiences.

Nevertheless, there are ambiguous empirical findings regarding successful implementations,
mainly due to the paradoxical effect of personalisation, where customers appreciate increased
usefulness but are simultaneously concerned about their privacy. This phenomenon is labelled
the "personalisation-privacy paradox” and has been investigated from a theoretical perspective
most prominently under the lens of the “Privacy-Calculus Theory”. Personalisation
transparency has emerged as a potential lever to mitigate privacy concerns within the paradox,
as available insights into a firm's data processing may foster consumer trust and acceptance of

personalised content.

The impact of GenAl-enabled personalisation on consumer behaviour remains underexplored,
given the novelty of the phenomenon. On top of that, existing research is only partly applicable
to GenAl-enabled personalisation, as significant differences in the underlying technologies
exist. As demonstrated, GenAl-enabled personalisation offers one-to-one personalisation at
scale, is able to infer deeper levels of meaning behind customer data and indulges more heavily
in covert data collection. This contrasts with segment- and rule-based practices of

personalisation before the advent of GenAl.

The theoretical interpretation of consumers’ responses to GenAl-enabled personalisation is
unclear so far. So far, literature streams have revealed a scarcity of applied theories to
understand the paradoxical effect of personalisation in a GenAl-enabled field. The established
Privacy-Calculus Theory has limited applicability to the technology, as it assumes a high degree
of control over consumers' data disclosure. As the data processing of GenAl is predominantly
covert and results are rather inferred than reproduced, a limited amount of control is accessible
to consumers over their data. As the Privacy-Calculus Theory falls short in acknowledging this,
further investigation and validation of suitable alternatives to explain the paradoxical effects

are necessary.

23



Additionally, insights into personalisation research have primarily focused on personalisation
practices in advertising, neglecting crucial conversion touchpoints such as landing pages.
Dynamic landing pages that incorporate GenAl to deliver highly personalised content in real-
time demonstrate promising results in converting consumers into recurring visitors. Insights on
personalised advertising are only partly applicable to this touchpoint, as different performance
measurement models are typically used for it. Especially, the impact of personalisation

transparency on dynamic landing pages remains vastly understudied.

To conclude, the ambivalent nature of personalisation has not been investigated in detail in the
context of GenAl-enabled personalisation. Previous findings from personalisation research are
only partly applicable due to the underlying technological differences and require an in-depth
study.
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3  Theoretical Background and Hypotheses
Development

In this chapter, we outline the theoretical basis of the present study. We begin by introducing
the Approach-Avoidance Theory and Attribution Theory, from which hypotheses are deduced

related to our research questions.

3.1 Approach-Avoidance Theory

The paradoxical consumer reactions regarding personalisation stimuli can be explored through
the Approach-Avoidance Theory (Sun et al., 2025). The Approach-Avoidance Theory by Elliot
(2006) describes that individuals are motivated by two primary drivers: approach motivation
and avoidance motivation. While approach motivation directs behaviour towards desired
outcomes or positive stimuli, avoidance motivation aims to steer behaviour away from negative
stimuli and experiences (Elliot, 2006). Behavioural responses can be defined as "[...] manifested
actions that occur in response to changes in emotional states elicited by environmental stimuli”

(Tang et al., 2014, p. 514).

In more detail, approach motivation can be defined as the energisation and direction of
behaviour towards positive stimuli (Elliot, 2006). “Energisation” describes a spring to action
that gives orientation to an organism in a general way (Elliot & Sheldon, 1997). “Direction”
refers to the guidance of behaviour towards a specific way (Elliot, 2006). Approach motivation
not only aims to bring positive stimuli closer, but also encompasses keeping the present positive

stimuli close (Elliot, 2006).

Similarly, avoidance motivation can be defined as both the energisation of behaviour and the
direction of behaviour away from negative stimuli, such as objects, events, and possibilities
(Elliot, 2006). This includes the avoidance of threats and risks (Sun et al., 2025). Avoidance
motivation aims to keep stimuli away and to rectify existing negative situations (Elliot, 2006).

This motivation can be experienced as stressful and negatively impacts enjoyment (Elliot &
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Sheldon, 1997). From an Approach-Avoidance Theory perspective, consumers evaluate and
weigh desired outcomes while simultaneously aiming to prevent negative experiences.
Individuals constantly evaluate their circumstances based on these two parameters, intending
to maximise overall benefit (Carver, 2006). The relative strengths of both parameters ultimately

shape the behavioural response (Sun et al., 2025).

The definitions of positive and negative stimuli can vary depending on the context (Elliot,
2006). Stimuli can encompass concrete and observable objects, events and possibilities, but can
also represent abstract, internally-generated representations of such objects, events and
possibilities (Elliot, 2006). As the concept of approach and avoidance has been used in the
literature across varying contexts to describe differences between human motivation and actual
behavioural responses, its applicability to the personalisation-privacy paradox becomes evident
(Tang et al., 2014; Sun et al., 2025). When applied to the context of dynamic landing pages, the
phenomenon becomes clear: both approach and avoidance motivations influence consumer

responses to GenAl-enabled personalisation practices.

For GenAl-enabled personalisation, benefits are often framed in terms of relevance,
convenience and satisfaction (Canhoto et al., 2023). Personalisation reduces cognitive overload
and simplifies decision-making, thereby increasing perceived usefulness (Bleier & Eisenbeiss,
2015). Consumers’ perceived usefulness of dynamic landing pages, therefore, drives approach
motivation as they expect positive outcomes such as efficient product searches and valuable

information (Sun et al., 2025).

At the same time, privacy concerns are frequently attributed as a key threat drawn up by
consumers to personalisation practices (George, 2004; Canhoto et al., 2023). This includes
feelings of loss of control and vulnerability, which can result in resistance or disengagement
(Awad & Krishnan, 2006; Kim & Huh, 2017; Teepapal, 2025). From an avoidance motivation
perspective, privacy concerns therefore drive consumers' avoidance motivation when

encountering dynamic landing pages.

To summarise, the personalisation-privacy paradox in the context of Approach-Avoidance
Theory is a cumulative outcome of subconscious processes and conscious evaluations of
perceived usefulness and privacy concerns. The balance between the two motivations reflects
consumers’ trade-off between benefits and threats, ultimately determining their behaviour

towards personalisation practices.
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3.2 Attribution Theory

While the Approach-Avoidance Theory conceptualises consumers’ motivational forces towards
or away from a stimulus, it does not specify how these motivations are shaped by the
individual's interpretations of the underlying motives behind the stimulus. To interpret this and
explore the boundary conditions of the consumer responses, we draw on Attribution Theory

(Heider, 1958).

Heider (1958) theorised that individuals continuously aim to understand the causes of events
and behaviours to make sense of their environment, attributing them to internal and external
drivers. Internal attributions link the stimulus to the traits, motivations, or intentions of the
actors, while external attributions link the stimulus to situational factors that the actor cannot
control (Heider, 1958; Kelley, 1973). Building on Heider's seminal work, Weiner (1985)
extended the theory by introducing the causal dimensions locus, stability and controllability,
which influence how individuals respond to different attributional causes. According to
Attribution Theory, individuals do not respond to a stimulus as such, but rather to the underlying
meaning they attribute to it, making the attributional process critical for understanding

behavioural responses when the actor's motives are unclear.

While the Attribution Theory stems from social psychology, it has been widely applied in
consumer behaviour research to understand how consumers interpret and respond behaviourally
to actions by firms (e.g., Forehand & Grier, 2003; Folkes, 1988; Sohaib & Han, 2023).
Confronted with a marketing stimulus, such as a dynamic landing page, consumers do not
simply accept it, but instead, they attribute it to a motive behind the firm's behaviour. The
attributed motives are typically internal, as the drivers of marketing activities typically lie

within the firm.

Thus, the central question is not whether an action was internally or externally motivated, but
rather what the underlying internal motives are. As an illustration, a firm’s activity can be
attributed as more positive by consumers if they are under the impression, it addresses a concern
of theirs (Forehand & Grier, 2003; Yoon et al., 2006). If an activity is rather attributed to a
typical firm’s interest, e.g. profit maximising or reputation management, this is not the case

(Forehand & Grier, 2003; Yoon et al., 2006).
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The implications of Attribution Theory are particularly relevant in settings where a firm’s
motives are not directly observable and the same marketing activity can elicit divergent
consumer responses. Dynamic landing pages are such a setting, paved by the personalisation-
privacy paradox, where consumers benefit from the experience, but at the same time, they are
confronted with the data collection and processing. Recent research has shown that stronger
personalisation may lead to unwanted behavioural outcomes, since consumers attribute it to the
firm’s self-serving motives, such as commercial exploitation (Sun et al., 2025; Aguirre et al.,
2015). To combat this, firms can choose to disclose their data collection and processing
practices. This personalisation transparency steers the attributions by the consumers towards
more positively evaluated intrinsic motives, such as service improvement and consumer benefit
(Kim et al., 2019; Segijn et al., 2021). Furthermore, Forehand and Grier (2003) found that
consumers react with less skepticism towards negatively perceived intrinsic motives when they

are clearly stated, indicating the potential benefit of disclosure for ambiguous activities.

3.3 Hypotheses Development and Research Model

Building on the findings of previous research as well as the Approach-Avoidance Theory and
the Attribution Theory, we formulate the following five hypotheses. To support each
hypothesis, we present a synopsis of relevant theory and literature. Our research model is

depicted in Figure I to offer an overview of the relationships between the constructs.

Different theories and constructs can be integrated into the context of continuance intention
(Franque et al., 2020). The impact of personalisation on continuance intention can be attributed
to several factors and cannot be exclusively assigned to cognitive dimensions such as perceived
usefulness. Instead, perceptions, emotions and hedonic value triggered by personalisation have
shown to exert positive influence on continuance intention (Zhang et al., 2025). Positive internal
consumer responses triggered by GenAl-enabled personalised landing pages have been shown
to mediate behavioural intentions, including continued website use (Zhang et al., 2025). This
aligns with the overall concept of Approach-Avoidance-Theory as they can be viewed as a
positive affects. Affective reactions encompass emotional responses of individuals to external
stimuli (Benlian, 2015). Proven positive affects on continuance intention include algorithm
appreciation, perceived value, consumer satisfaction and perceived enjoyment (Zhang et al.,

2025; Li & Liu, 2014; Irmawan et al., 2025; Benlian, 2015). As the consideration of the
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multitude of factors proven to influence continuance intention would exceed this study’s frame,

we thus postulate:
H1: More strongly personalised landing pages will increase continuance intention.

H2 is grounded in the approach dimension of the Approach-Avoidance Theory (Elliot, 2006).
This theory states that positively perceived stimuli lead to desirable behavioural outcomes. In
this framework, continuance intention can be seen as a direct behavioural expression of the
approach-avoidance evaluation consumers make when encountering dynamic landing pages.
GenAl-enabled personalised landing pages reduce cognitive overload and simplify decision-
making for consumers through adapting content to individual preferences (Kim et al., 2019;
Chandra et al., 2022). Prior research has shown that personalised advertisements increase
perceived usefulness by presenting content more relevant to consumer needs (Aguirre et al.,
2015; Sun et al., 2025). In the context of dynamic landing pages, perceived usefulness is
reflected by the extent to which the personalisation supports consumers in accomplishing their
goals more efficiently than non-personalised versions (Nysveen & Pedersen, 2004). This aligns
with Prendergast et al. (2010) and Tang and Zhang (2020), who state that, in the context of
online shopping, the effects of dominant approach motivation can be seen in consumers staying
in the shopping environment, for example, by browsing, choosing, or purchasing. Perceived
usefulness represents a cognitive aspect of the internal processing of external stimuli. Thus, we
hypothesise that stronger personalised landing pages will increase perceived usefulness, which

then increases continuance intention:

H2: More strongly personalised landing pages will increase continuance intention, mediated

through perceived usefulness.

H3 draws on the avoidance dimension of the Approach-Avoidance Theory (Elliot, 2006).
Avoidance motivation directs behaviour away from negatively perceived stimuli, such as
threats and risks. While personalisation benefits the consumers, it also signals that a firm
collects and uses personal data (Aguirre et al., 2015; Strycharz & Segijn, 2022). By becoming
aware of this process, privacy concerns may be triggered. Empirical evidence indicates that
higher levels of personalisation are associated with stronger privacy concerns in the context of
product banners (Bleier & Eisenbeiss, 2015) and advertisements (Sun et al., 2025). The result
of dominant avoidance motivation can be seen in consumers moving away from the shopping

environment, for example, by delaying, deferring or leaving without a purchase (Prendergast et

29



al., 2010; Tang & Zhang, 2020). Privacy concerns represent an affective internal state that
captures the avoidance motivation triggered by strong personalisation, leading to unwanted
behavioural outcomes. Thus, we hypothesise that stronger personalisation on landing pages

increases privacy concerns, which in turn decreases continuance intention:

H3: More strongly personalised landing pages will decrease continuance intention, mediated

through privacy concerns.

H4 is based on Attribution Theory (Heider, 1958), and its application to personalisation in
marketing. Consumers who engage with personalised landing pages attribute this to certain
motivations of the firm (Forehand & Grier, 2003). Through personalisation transparency, a firm
can choose to interfere with this attribution by disclosing its data collection and use practices.
This indicates to consumers more transparent and acceptable practices rather than exploitative
ones, leading to more positive attributions (Kim et al., 2019). Such favourable attributions may
enhance the approach motivation by increasing the perceived usefulness of the personalised
landing page. When consumers understand the process behind the personalisation, it can
increase the perceived person-product fit (Summers et al., 2016). Aguirre et al. (2015) found
that overt data collection increased click-through intentions. Personalisation transparency
affects the effect of the stimulus on the internal response by altering how the dynamic landing
page is perceived. We hypothesise that personalisation transparency will strengthen the positive

effect of more highly personalised landing pages on perceived usefulness:

H4: Personalisation transparency will strengthen the positive effect of more strongly

personalised landing pages on perceived usefulness.

H5 draws also on Attribution Theory (Heider, 1958) while focusing on the avoidance
motivation path. When consumers view dynamic landing pages, they are implicitly confronted
with data collection and processing, which triggers privacy concerns (Aguirre et al., 2015). A
more strongly personalised landing page leads to a more negative evaluation of the underlying
motives (Sun et al., 2025). By disclosing data collection and processing through personalisation
transparency, firms can inform consumers about the rationale behind the personalisation (Segijn
et al.,, 2021). Through this transparency, consumers attribute the personalisation to more
legitimate and acceptable motives rather than surveillance or manipulation (Forehand & Grier,
2003), which may lead to lower privacy concerns. Gupta et al. (2025) support this reasoning,

proposing that transparency is a key driver of trust and the reduction of negative perceptions
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towards personalisation. We hypothesise that personalisation transparency will weaken the

negative effect of more strongly personalised landing pages on privacy concerns:

HS: Personalisation transparency will weaken the negative effect of more strongly personalised

landing pages on privacy concerns.

Perceived
Usefulness
(PU)

Landing Page
Personalization
Low vs. High
(P)

Continuance
Intention
(€D

Privacy Concerns
(PC)

Personalization
Transparency
Absent vs. Present
(PT)

Figure I Research Model

The five hypotheses, taken together, operationalise the three research questions (RQ) of our
study, with each layer of our model addressing one question. H1 addressed RQ1, which asked
to what extent the strength of personalisation influences consumers' continuance intention,
focusing on the direct effects of personalisation on continuance intention. H2 and H3 are related
to RQ2 by specifying the role of the personalisation-privacy Paradox in the relationship
between dynamic landing pages and continuance intention. In H4 and HS, we address RQ3 by
postulating that personalisation transparency moderates the indirect effect of more strongly
personalised landing pages on continuance intention. 7able 7 summarises these relationships

between the research questions and the hypotheses.
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Table 6 Relationship between Research questions and Hypotheses

Research
Question

Description

Hypothesis

Description

RQI

RQ2

RQ3

To what extent does
the strength of
personalisation on
dynamic landing
pages impact
continuance intention?

What role does the
personalisation -
privacy paradox play
in the impact of
dynamic landing
pages on continuance
intention?

How does
personalisation
transparency affect the
relationship between
dynamic landing
pages and continuance
intention?

HI

H2

H3

H4

HS5

More strongly
personalised landing
pages will increase
continuance intention.

More strongly
personalised landing
pages will increase
continuance intention,
mediated through
perceived usefulness.

More strongly
personalised landing
pages will decrease

continuance intention,
mediated through
privacy concerns.

Personalisation
transparency will
strengthen the positive
effect of more
strongly personalised
landing pages on
perceived usefulness.

Personalisation
transparency will
weaken the negative
effect of more
strongly personalised
landing pages on
privacy concerns.
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4  Methodology

In this chapter, we outline the research methodology deployed to answer the research
questions. Based on the critical realist ontology, soft positivist epistemology, and the
hypothetico-deductive approach, we introduce the research design, empirical setting,
quantitative measurement scales of the latent variables, and data collection methods.

Additionally, we discuss the criteria for validity and reliability of the results.

4.1 Research Philosophy

For this study, we adopt a critical realist ontological position, which provides a structured
approach to understand underlying psychological mechanisms based on empirical self-reported
measurements (Bhaskar, 1978; Ackroyd & Fleetwood, 2000), setting the frame for the analysis

and discussion presented in Chapter 5.

Critical realism divides reality into three domains: the empirical domain, representing
experiences and perceptions, the actual domain, composed of events and processes occurring
whether observed or not, and the real domain, describing the underlying causal mechanisms
that lead to events (Easterby-Smith et al., 2021; Bhaskar, 1978). This study aligns with this
conceptualisation of reality by treating the self-reported survey measures as the empirical
domain and the event of the survey participant viewing the landing page as the actual domain.
The underlying psychological mechanisms theorised in Chapter 3 form the real domain. While
the approach-avoidance motivations and the Attribution Theory are not directly observable,

they are discussed based on the findings from the empirical domain.

Epistemologically, critical realism lies between positivism, which assumes that reality exists
independently of observers, and constructionism, which recognises that human access to reality
depends on interpretation and context (Easterby-Smith et al., 2021). Aligned with the critical
realist position, we assume that the underlying mechanisms possess causal powers but express
themselves as tendencies rather than constant conjunctions, depending on the experimental

conditions under which they operate (Bhaskar, 1978; Sayer, 2000). The moderated mediation
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analysis tests for observable patterns in the empirical domain and whether the theorised effects
emerge under different conditions. Thus, the analysis follows a hypothetico-deductive
approach, aligned with traditional positivist research models (Easterby-Smith et al., 2021). This
logic serves as guidance throughout hypothesis formation, primary data collection, and
statistical analysis. Statistical results are reported as evidence that the hypothesised mechanisms
are expressing themselves under the experimental conditions, but not as confirmations of

universal laws.

Methodologically, we employ a quantitative research approach, in line with the ontological and
epistemological positioning. This was selected due to its suitability for hypothesis testing and
its potential for statistical generalizability to uncover relationships between variables (Saunders
et al., 2023). Moreover, previously established measurement scales for perceived usefulness,
privacy concerns, personalisation transparency, and continuance intention are well-suited to
quantitative research. Quantitative research enables solid predictive power, systematic
evaluation and replicable findings (Easterby-Smith et al., 2021). The study follows a deductive
logic, drawing on established theories such as Attribution Theory and Approach-Avoidance

Theory, which are then tested through empirical data.

4.2 Research Design

This paper adopts a quantitative research survey design. A reactive online survey was deployed
to test the hypothesis in a between-subjects, cross-sectional, vignette-based experimental

design.

While we acknowledge the shortcomings of survey methods, such as the validity of questions,
non-coverage and potentially low response rates (Hair et al., 2021; Easterby-Smith et al., 2021),
several advantages persist. First of all, surveys are suitable to gather answers in a structured
way from large samples (Saunders et al., 2023). This ensures consistency and enables advanced
statistical analysis to identify patterns and, therefore, the investigation of underlying
relationships that cannot be directly observed (Easterby-Smith et al., 2021). This is of special
relevance to abstract concepts such as privacy concerns, perceived usefulness and our objective
to measure subtle behavioural shifts in continuance intention (Hair et al., 2021). Surveys are
often used in academic management research, including marketing, to understand the behaviour

and characteristics of individuals (Easterby-Smith et al., 2021). Surveys can enable the
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generalisation of findings from a sample to a broader population (Easterby-Smith et al., 2021),
resonating with our aim to generate broader assumptions about consumer behaviour towards

GenAl-enabled personalisation and personalisation transparency.

The usage of online surveys allows the collection of standardised data from a large and diverse
sample in a cost- and time-effective manner (Saunders et al., 2023). The online format of the
survey enables participants to complete the survey at their own convenience and via their own
devices, thereby increasing accessibility. Additionally, the self-administrative nature of online
surveys reduces researcher effects and social desirability biases (Lavrakas et al., 2019). Lastly,
online surveys allow an effective manipulation of the independent variable to create different

conditions for testing, while controlling for exogenous influences (Lavrakas et al., 2019).

The use of a between-subjects, cross-sectional experimental design is a common approach in
the domain of personalisation research in an e-commerce context (Bleier & Eisenbeiss, 2015;
Sun et al., 2025; Salonen & Karjaluoto, 2016). Creating different, controlled experimental
conditions allows an effective comparison of effects and their attribution to a setting (Lavrakas
et al., 2019). The standardised format of the online survey enables a comparison of the
conditions and consistency in measurement, thus enabling the statistical analysis of the

hypothesis (Lavrakas et al., 2019).

The design encompasses four conditions: the investigation of the mediating effects of perceived
usefulness and privacy concerns on continuance intention for 1) a low personalised dynamic
landing page, 2) a more strongly personalised dynamic landing page as well as 3) a low
personalised dynamic landing page with personalisation transparency and 4) a more strongly
personalised landing page with personalisation transparency. This results in a 2x2 factorial

matrix (see Table 8).
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Table 7 Distribution of Experimental Groups

Moderator
Absent Personalisation Present Personalisation
Low Condition: Condition:
Personalised low-personalisation/no- .
) landi low-personalisation/
§ anding transparency transparency
= pages
=
>
=
o More .
= Condition: e
) strongly hioh-nersonalisation/n Condition:
_? Personalised gh-personatisation/no- high-personalisation/
= . transparency ¢
= landing ransparency
pages

4.3  Survey Design

The between-subjects, cross-sectional experimental, vignette-based survey consists of four

sections and incorporates aspects of prior studies in the field. The complete survey can be found

in Appendix A.
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First, participants were presented with a short introduction that informed them of the
study's aim, their voluntary participation and that there are no right or wrong answers.
They were informed about the applied data privacy regulations and by continuing the

survey, they confirmed that they are at least 18 years old.

The second section presented the experimental stimulus through a vignette by providing
participants with a short descriptive scenario. The vignette methodology ensures that all
participants experienced a consistent stimulus (Lavrakas et al., 2019). Next to that, a
vignette enables the measurement of complex concepts through the usage of examples
and enables the revelation of characteristics that may not be admitted or recognised by
participants themselves (Vargas, 2008). In this study, the vignette asked participants to
imagine themselves experiencing a specific health issue, researching online about it and
concluding with the desire to visit the website of an online pharmacy. The vignette

concluded with the information that participants would see the website in the next step,



and their task would be to explore it carefully before answering some questions about

their impressions.

After reading the vignette, participants were randomly assigned to one of the four
conditions. As seen in Figure 2 and Figure 3, every condition entails a specifically
designed dynamic landing page of an online pharmacy. For condition 1), participants
would see a low personalised landing page, only depicting the most popular health
products in the minerals segment, as well as a generic article on vitamins. For condition
2), participants would be presented with a more strongly personalised landing page. This
includes recommendations of minerals for the specific condition the vignette described,
as well as an informative article about the experienced symptoms of fatigue, an
overview of recently viewed products and an advertisement of free delivery to Malmo,
the participants' fictional residency. In Condition 3), participants would encounter the
same, low personalised content as in Condition 1), but with a banner explaining how
their experience was Personalised, disclosing that the website uses data from the
participants' location, previous visits and browsing behaviour. In condition 4), the same
more strongly personalised content as in Condition 2) would be presented, but with the

addition of the mentioned banner from condition 3).
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The content of the website was held constant across conditions 1) and 3) as well as 2)
and 4) to ensure that any observed differences could be attributed to differences in
personalisation degree and/or the presence of a transparency disclosure and not the
website content itself. By doing so, an effective evaluation of the influences on

continuance intention can be realised.

After the presentation of the random condition, participants were tasked to answer

questions about the dynamic landing page. The displayed questions entailed the



operationalised mediating, moderating and dependent variables. The survey consisted
primarily of rating questions to collect participants' opinions (Saunders et al., 2023).
This offers advantages regarding comparability, speed, and participants' effort in
completing the questions (Saunders et al., 2023). As advised in the literature, existing
scales have been used and minimally adapted for this research context (Saunders et al.,
2023). Additionally, a manipulation check for personalisation level and personalisation
transparency was included, as well as an attention check. The manipulation check was
designed to verify that the experimental manipulation of different degrees of
personalisation worked as intended. The attention check helped determine whether

participants answered the questions with sufficient thoroughness (Huang et al., 2012).

In the last part of the online survey, demographic information was collected to
understand the sample composition and ensure transparent reporting. This included
information on age and gender, with any respondents under 18 years of age excluded
from the sample. By doing so, a descriptive overview of the participants as well as an
assessment of the generalizability of the findings became possible (Lavrakas et al.,

2019).
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4.4  Empirical Setting: Online Pharmacies

For the survey, the empirical setting of online pharmacies was chosen. This environment was
selected because it offers great potential for dynamic landing pages while defusing the
ambiguity around personalisation practices and privacy concerns. By choosing this context, we
aim to establish a relatable yet sensitive context to the research questions that would support

authentic reactions from respondents.

Pharmacies play a critical role in healthcare systems and can serve as buffers to shortages in
trained professionals (Fernandez del Rio et al., 2024). The advancement of online pharmacies
has introduced a new era for consumers and the industry (Spanakis et al., 2019). Information
technologies have gained significant traction in modern pharmaceutical care and have been
proclaimed repeatedly as a way to improve health services (Liu et al., 2023; Lapao et al., 2017).
This includes more effective, patient-centred and accessible healthcare (Spanakis et al., 2019).
Additionally, purchasing medications online offers a more convenient shopping experience
than traditional methods (Nistal-Nufio, 2022). Online pharmacies can overcome the typical time
and space constraints of pharmaceutical care, especially when there is a disparity between

licensed pharmacies and the population (Liu et al., 2023).

Yet, the adoption of Al technologies by online pharmacies remains limited, and long-term
success remains characterised by uncertainty (Nistal-Nufio, 2022; Lapao et al., 2017). Al has
been proposed as a key technology to provide more personalised, more efficient and user-
friendly services for online pharmacies (Nistal-Nufio, 2022). Personalisation practices are of
great relevance in pharmaceutical commerce as medications are highly individual, based on a
person’s specific characteristics, and suggestions from other consumers’ profiles may be
unsuitable (Nistal-Nufio, 2022). On top of that, personalisation practices can help counteract
the information overload online regarding medications (Nistal-Nufio, 2022). First steps towards
implementing dynamic landing pages have proven successful, as GenAl algorithms
demonstrate strength in delivering a personalised experience with limited consumer data
available (Nistal-Nufio, 2022). Common applications of Al in online pharmacies include
recommending products and helping consumers find information (Nistal-Nufo, 2022). Nistal-
Nufio (2022) demonstrated that GenAl-enabled pharmacies can quickly and consistently
achieve high accuracy in predicting medication categories needed by patients, enabling them to

reduce time and mental effort. Simultaneously, they unlock benefits for firms. Fernandez del
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Rio et al. (2024) proposed an Al-enabled platform to enhance user journeys in online
pharmacies and were able to demonstrate significant increases in basket size. The elevated
levels of convenience and efficiency were found to be a critical factor in influencing consumers’

adoption of online pharmacies (Ma, 2021).

Yet, privacy concerns are among the most crucial factors contributing to resistance to online
pharmacy adoption, especially in the context of GenAl adoption in the field (Ashrafi et al.,
2024; Hasan et al., 2024). Health records contain sensitive personal data, and their protection
is therefore crucial (Hasan et al., 2024). Customers are therefore especially sensitive to potential

risks, such as the privacy of their information when shopping at online pharmacies (Ma, 2021).

The high sensitivity to privacy concerns provides a clear case for avoidance motivation, while
the perceived usefulness of the sites represents significant approach motivation. This creates a
potentially strongly receptive experimental context for the effects of personalisation

transparency.

4.5 Operationalisation of Constructs

4.5.1 Dynamic Landing Pages

The independent variable in our model is the GenAl-enabled, personalised landing page
(dynamic landing page). We operationalise the independent variable as a binary manipulation
(low vs high) to clearly highlight the exacerbating effects of higher levels of personalisation on

perceived usefulness, privacy concerns, and continuance intention.

To stimulate personalisation, participants are exposed to a condition vignette. In the condition,
participants were looking to buy nutritional supplements fitting their specific lifestyle.
Depending on a random selection, participants were shown either a low- or a more strongly

personalised landing page.
Vignette:

Imagine the following situation. You are currently living in Malmo, Sweden and pursue an
active, sporty lifestyle. Lately, you have been suffering from dizziness and fatigue after your

workouts.
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You researched online about your symptoms and possible causes. You read some articles online
and consulted with an AI Chatbot. You come to the conclusion that some additional nutritional
minerals next to your usual intake of supplements might help you best in your situation.
Therefore, you open an online pharmacy website that you have visited before to browse for a

product that fits your needs.

In the next step, you will be shown a website of an online pharmacy. Take your time to carefully

examine the website as if you were making a real purchase evaluation.

To differentiate between high and low personalisation, the differentiation approach by Sun et
al. (2025) was adopted and adjusted. While the low personalised landing page would display
two personalised items, the high personalised landing pages would display five personalised
items. The personalised items displayed on the dynamic landing pages are derived from
literature and encompass frequently mentioned personalised design elements (Desai, 2019;
Vinaykarthik & Mohana, 2022; Martin et al., 2021). In general, research distinguishes between
the design aspects of personalised landing pages: information personalisation, presentation
personalisation, and navigation personalisation (Tam & Ho, 2006). Table 9 displays the
implementation in our study. For a post-experimental manipulation check, three items were
adapted from Baek and Morimoto (2012) to measure perceived personalisation on a seven-point

Likert scale.

Table 8 Characteristics of Dynamic Landing Pages

Low personalisation of High personalisation of

Items dynamic landing page dynamic landing page

. e . Generic bestseller in the
Information Personalisation:

Product recommendations product category of Explicitly need-based
supplements
Information Personalisation:  Generic articles about the Individually tailored
Editorial content product articles
Information Personalisation:
Self-referential content Absent Present
(Location)
P tation P lisation: : .. .
resen}[i‘)nll(;agirij;iia ron Uniform Individually tailored
Navigation P lisation: .
avigation rersonafisation Absent “Recently viewed” Module

Continuity features
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4.5.2 Personalisation Transparency

We operationalised the moderating variable, personalisation transparency, as a binary
manipulation (absent vs present). Participants in the transparency condition were exposed to a
transparency disclosure. Building on the conceptualisation by Segijn et al. (2021), the
disclosure included information about the data collection and processing, embedded in the
dynamic landing page. This approach was deemed appropriate due to the realistic nature,
improving the managerial implications of our findings. To verify successful manipulation of
the moderator, a single-item manipulation check was included in the survey following the
stimulus. Participants were asked on a binary scale whether they were informed about data

collection and processing for personalisation.

4.5.3 Perceived Usefulness and Privacy Concerns

To measure the mediating effects of perceived usefulness and privacy concerns, we modified
the operationalisation of Bleier and Eisenbeiss's (2015) model to the context of dynamic landing
pages. Both mediating factors have been applied to similar research models (Bleier &
Eisenbeiss, 2015), enabling a suitable transferability to the research design of this study.

Perceived usefulness and privacy concerns are measured through a seven-point Likert scale.

4.5.4 Continuance Intention

As a dependent variable, we aim to investigate the effect of personalisation and transparency
disclosures on continuance intention. Continuance Intention can be described as a consumer's
decision to carry on using a specific information technology he has already been using (Rahi &
Ghani, 2019). It is relatively difficult to measure actual continuance usage, which is why
continuance intention is a suitable substitute (Zhou, 2013). While concerns regarding the
discrepancy between behavioural intentions and actual behaviours need to be acknowledged
(Tang & Zhang, 2020), it is well documented that intentions are a major predictor of actual

behaviour (Bagozzi, 1981).

Adapted from Bhattacherjee (2001) and Gosh et al. (2024) we operationalised continuance
intention using three items and measuring them on a seven-point Likert scale, with one reverse-

coded item.
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4.5.5 Summary of Items

Table 10 presents the operationalisations of the latent construct through the items. All scales
are measured on a seven-point Likert scale, ranging from strongly disagree to strongly agree,

and are validated through prior quantitative peer-reviewed research.

Table 9 Operationalisations of Latent Constructs

Ref Item Source
PP Perceived Personalisation
This landing page makes purchase recommendations that Baek & Morimoto
PP1
match my needs. (2012)
PP2 Overall, this landing page is tailored to my situation. Back ‘(g; (1)\;[ glmoto
I believe that this personalised landing page is customized to  Baek & Morimoto
PP3
my needs. (2012)
PU Perceived Usefulness
PUL The landing page enables me to accomplish shopping tasks  Bleier & Eisenbeiss

more quickly. (2015)

Bleier & Eisenbeiss

PU2 The landing page improves my shopping task performance. (2015)

The landing page enhances my effectiveness in my shopping Bleier & Eisenbeiss

PU3 task. (2015)

Bleier & Eisenbeiss

PU4 The landing page makes it easier to do my shopping task. (2015)
PC Privacy Concerns

PC1 It bothers me that the firm is able to track information about Bleier & Eisenbeiss

me. (2015)
I am concerned that the firm has too much information about Bleier & Eisenbeiss
PC2
me. (2015)
It bothers me that the firm is able to access information about Bleier & Eisenbeiss
PC3
me. (2015)
I am concerned that my information could be used in ways I ~ Bleier & Eisenbeiss
PC4
could not foresee. (2015)
Cl Continuance Intention
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Bhattacherjee

c1n I intend to continue using the website in the future. (2001)

I want to continue using this website rather than use any

CI2 )
alternative.

Gosh et al. (2024)

CI3 IfIcould, I would like to discontinue the use of this website. ~ Gosh et al. (2024)

4.6 Data Collection and Sampling

As Easterby-Smith et al. (2021) lay out, quantitative research usually draws upon two main
types of data: primary data gathered for the purpose of the research or secondary data, drawn
from pre-existing sources. For this study, primary data were used solely, as the literature review
identified shortcomings in existing datasets on the impact of GenAl-enabled personalisation
and personalisation transparency. In contrast to secondary data, primary data also enables causal

inference and control over the data (Easterby-Smith et al., 2021).

There are various methods of primary data collection in marketing, such as observation and
experimentation. An online survey method was chosen for the data as it was able to cater to the
several latent variables and intangible constructs of the research model. The online survey was

created using www.soscisurvey.de, as this platform ensured alignment with the European

General Data Protection Regulation and allowed all necessary manipulations and

randomisations of the survey.

The development of the sampling frame is a crucial process in the survey design (Easterby-
Smith et al., 2021). We followed a non-probabilistic sampling strategy, which refers to
sampling in which the likelihood of each population entity is unknown (Easterby-Smith et al.,
2021). The non-probabilistic sampling strategy used convenience and snowball sampling.
Convenience sampling describes samples in which entities are included based on their ease of
access (Easterby-Smith et al., 2021). Snowball sampling includes participants identifying
further members of the sample (Saunders et al., 2023).

Although non-probabilistic samples limit the generalisability of findings and snowball
sampling likely leads to more homogeneous samples (Saunders et al., 2023), it was deemed
appropriate, as this study serves an exploratory purpose to investigate behavioural patterns

within a limited timeframe and with constrained access to participants (Easterby-Smith et al.,
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2021). As the investigation of moderation and mediating effects requires sufficient sample sizes
(Lavrakas et al., 2019), the quantity of participants was prioritised over a probabilistic sampling
strategy. For this reason, the online survey did not entail any demographic exclusion criteria
with regard to age (except below 18), gender or place of residence to increase the likelihood of
attracting participants from a range of social groups. In addition, several studies have shown
that effect sizes in online convenience samples are similar to those observed in probability-
based studies (Berinsky et al., 2017; Mullinix et al., 2015). While sampling has to be
acknowledged as a crucial part of research, it can be noted that “[...] the key factor for good
experimental designs is not the random selection of respondents, but rather a well-established
experimental design, combining an adequate set-up of vignettes which contain the experimental

stimuli and are randomly allocated to respondents (Lavrakas et al., 2019, p. 374).

To accommodate the convenience and snowball sampling approaches, personal networks were
approached and encouraged to share the survey further. Additionally, participants were
recruited online (through digital platforms) and in person using QR codes. No incentives for
participation were provided except the opportunity to contribute to academic research. The
study was conducted in alignment with established ethical research standards. Voluntary
participation was ensured, as well as transparency on the research purpose and data use. The
online survey was designed to be completed anonymously and the possibility to withdraw from

the survey was given at any time.

Before the data collection, we conducted an a-priori power analysis using GPower (Faul et al.,
2007) to calculate the minimum sample size required for the mediated moderation analysis.
Since GPower does not have a separate setting for moderated mediation, we calculated the
sample size for the mediator equation containing three predictors, which is the basis of our
hypothesis testing. To do this, we used the linear multiple regression (F-test for R* deviation
from zero) module with the parameters o = 0.05 and power = 0.80. We anticipated an effect
size of £2=0.06, which lies between Cohen’s (1988) small and medium effect size conventions.
This was deemed appropriate, since interaction effects of moderated mediation are typically
smaller than main effects, for which 2 = 0.15 would have been sufficient. GPower calculated a
minimum sample size of N = 186. Data collection took place from the 24th of April to the 5th
of May and included 270 participants. After exclusions, the final sample included N = 206,

meeting the required minimum sample size.
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4.7 Data Analysis

After data collection, the survey responses were restructured in Microsoft Excel for analysis,
with each row representing a unit of analysis (survey participants) and each column
representing a survey question. To analyse different experimental conditions, binary-coded
dummy variables were added to the columns for the degree of dynamic landing page

personalisation and the transparency disclosure.

Statistical tests in our analysis were conducted using jamovi (jamovi, 2024; Rosseel, 2012),
including descriptive statistics, the Welch’s t-test as a manipulation check for the
personalisation conditions, confirmatory factor analysis, model validity analysis, and
correlation calculations. The analysis of the moderated mediation to test our hypotheses was

done in jamovi using the Advanced Mediation Models module (Gallucci, 2020).

Throughout our data analysis, we evaluated the statistical significance of regression coefficients
and Welch’s t-test results using the conventional alpha level of a = 0.05. For hypothesis testing
in the jamovi Advanced Mediation Models module, effects were considered significant if the
95% confidence interval, computed via bootstrapping with 5,000 resamples, did not include
zero. This corresponds to established criteria for significance for moderated mediation models
(Preacher & Hayes, 2008; Hayes, 2022). For the Index of Moderated Mediation (Hayes, 2015)
and its confidence interval, we used Python to conduct a Monte Carlo simulation with 100,000
repetitions (Preacher & Selig, 2012; MacKinnon et al., 2004). To ensure stability and
reproducibility of our results for the Index, we used a fixed random seed in Python 3.14.5

(np.random.seed(123)).

4.8 Research Quality Criteria

This study was designed with reliability and validity as central considerations, as they lay the
foundation for the credibility, replicability and practical relevance of empirical research

(Saunders et al., 2023).

Reliability concerns itself with the robustness of the survey and the consistency of measurement
procedures to produce consistent findings at different times and under different conditions

(Saunders et al., 2023; Easterby-Smith et al., 2021). On the one hand, internal reliability was
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strengthened through a well-documented and systematic research approach, carried out
collaboratively by two authors. This enhances transparency and accountability in instrument
development and data handling. On the other hand, external reliability (replicability) was
ensured by providing full access to all stimuli, scales and measurement items. Internal
consistency of the measurement scales was ensured through Cronbach’s a and McDonald’s o,
which were compared against accepted thresholds to confirm that the individual items measure
the same underlying concept. Furthermore, external reliability was ensured through a pilot test
with non-Swedish participants to verify that the Swedish-based vignette and dynamic landing

page are applicable to an international audience.

Validity builds upon reliability, as unreliable measurements evoke errors that can distort the
interpretation and replicability of results (Lavrakas et al., 2019). Validity can be defined as the
aim to ensure a study measures the intended objectives (Easterby-Smith et al., 2021). Several
sub-dimensions of validity exist and need to be recognised when conducting a quantitative
study. Internal validity in a survey refers to the ability of the method to measure the intended
objective (Saunders et al., 2023). Internal validity was established through several measures.
For one, the condition-based online survey enabled a controlled comparison of the manipulated
independent variable and the moderator's influence. Furthermore, random assignment of
conditions allows the elimination of alternative explanations because all other factors were
equivalent except for the desired manipulations (Lavrakas et al., 2019). This strengthens
internal validity, as certainty can be established that the relationship between the measured
variables is causal and not due to randomness (Lavrakas et al., 2019). A Welch’s t-test further

confirmed the successful manipulation.

Potential threats to internal validity, such as misunderstandings of the survey, were addressed
through a pilot study (N = 7) prior to the data collection. This serves as a way to check the
survey’s design for coherence, understandability and potential misleadings. Additionally, it
enables the initial assessment of the validity and reliability of the questions and the data
(Saunders et al., 2023). Several points of feedback were implemented, including shortening the
introduction and vignette, as well as addressing the user experience of the survey tool and the
overall structure. All participants of the pilot study were excluded from the actual data
collection. Lastly, internal validity was additionally ensured through an attention check in the
study. That way, the collected data reflect only participants who were actually exposed to the

manipulation as intended, reducing sampling error.
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Construct validity can be defined as the extent to which the measurement questions measure
the presence of the intended constructs (Saunders et al., 2023). To ensure alignment with the
theoretical construct of interest, only well-established measurement scales from prior research
were used for all variables. The use of a reverse-coded item for the dependent variable
(continuance intention) also contributes to construct validity, as it counteracts the tendency for
participants to agree with statements regardless of their content and to give uniform responses.
In addition, construct validity was quantified via Confirmatory Factor Analysis (CFA).
Convergent and discriminant validity were assessed using Average Variance Extracted (AVE)

and the Heterotrait-Monotrait Ratio of Correlations, both of which met established thresholds.

Due to the measurement of all constructs being conducted through self-reported Likert seven-
point scales, common method bias was considered as a potential threat to the validity of our
results (Podsakoff et al., 2003). The common method bias describes how shared measurement
methods, such as repeated scale formats, can artificially inflate or deflate observed relationships
among the variables measured (Podsakoff et al., 2003). Following the procedural
recommendations of Podsakoff et al. (2003) for survey design, we only used established scales,
ensured anonymous participation, informed the participants that there were no correct or
incorrect answers and included a reverse-coded item. Furthermore, the common method bias

was statistically addressed using Harman’s single-factor test.

External validity is met with some limitations in this study. The non-probabilistic sampling
strategy restricts generalizability and demonstrates a higher risk of sampling errors. However,
accessibility to participants was among the key objectives of the research design, which is why
the approach can nevertheless be deemed as appropriate. The reactive nature of the study can
also impact social desirability bias in participants' responses as described in the Hawthorne
effect (Adair, 1984). By emphasising that there are no right or wrong answers in the

introduction and anonymising the participation, steps were implemented to navigate this effect.
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5  Analysis and Discussion

In the following, we analyse the sample and discuss the results of the analysis. We begin by
exploring the characteristics of the sample, then conduct a manipulation check for the two
levels of personalisation (low vs high). After this, the measurement model is presented,
including internal reliability and confirmatory factor analysis. Additionally, we address the
common method bias. Followed by the descriptive statistics and correlations, we test our

hypotheses and discuss the results.

5.1 Sample Characteristics

5.1.1 Final Sample and Experimental Conditions

The collected sample for our study consisted of 270 responses, of which three did not finish the
survey and were thus excluded by default. Out of the remaining responses, 10 failed the Q13
attention check. To ensure that the final sample successfully analyses personalisation
transparency, respondents were asked to identify whether personalisation transparency was
disclosed on the landing page. In total, 56 respondents failed to do so correctly, falling into two
categories. 21 out of 129 (16.3%) respondents who were shown the personalisation
transparency did not register it, while 35 out of 138 (25.4%) who were shown no disclosure
reported the landing page included personalisation transparency. Since both failure types
indicate failed manipulation, all 56 out of 267 (21%) were excluded to ensure the validity of
the reported results. Five respondents failed both the attention check and the personalisation
transparency identification, resulting in a total of 61 unique respondents being excluded,

leaving the final sample at N = 206.

The conditions of the final sample were balanced, with low-personalisation/no-transparency (n
=52), low-personalisation/transparency (n = 57), high-personalisation/no-transparency (n = 48)
and high-personalisation/transparency (n = 49). Missing data was only an issue for the gender

of 3 participants, which we set as “Prefer not to say”, and the age of two participants, who were
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left out of the demographic analysis. The balanced experimental conditions and exclusion

strategy ensure the internal validity of the following analysis.

5.1.2  Demographics

The demographic profile of the final sample (N = 206) reflects the sampling methods of this
study, with the mean exceeding the median due to convenience and snowball sampling of
university students and older family members. (mean =29.3, SD = 11.5, range = 19-73, median
= 25). The gender distribution was 52.4% female, 42.7% male and 4.9% other/prefer not to
say. While convenience sampling methods limit the representativeness of the sample to the
specific population, the sample's demographic profile was deemed appropriate for an
exploratory study of consumer responses to GenAl-enabled personalised landing pages. Table

11 presents the demographic profile of the final sample.

Table 50 Demographic Profile of the Final Sample

Characteristic Counts % of Total
Gender Female 108 52.40%
Male 88 42.70%
Non-Binary 4 1.90%
Prefer not to say 6 2.90%
Age 18-24 97 47.10%
25-34 75 36.40%
35-44 5 2.40%
45-54 11 5.30%
55-64 12 5.80%
65+ 4 1.90%
Missing 2 1.00%
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5.2 Manipulation Check

The manipulation check aimed to verify that participants in the treatment conditions perceived
the dynamic landing page with the intended level of personalisation (low/high). To ensure this,
we measured perceived personalisation with a three-item scale and conducted a Welch’s t-test.
Due to Welch’s t-test robustness to unequal variances and because it does not rely on the
homogeneity assumption (Derrick & White, 2016), we used this test rather than a Student’s t-
test. This approach was consistent with the results of Levene’s test, which indicated that the

assumption of equal variances was violated (Levene’s F(1, 204) = 16.5, p < 0.001).

Results confirmed a statistically significant difference in perceived personalisation between the
groups (t(202) = 8.57, p < 0.001, d = 1.19). Participants exposed to the low personalisation
conditions (n = 109, M = 3.89, SD = 1.65) reported substantially lower perceived
Personalisation than those exposed to the high personalisation dynamic landing page (n = 97,
M = 5.67, SD = 1.33). Thus, the manipulation was deemed successful. Figure 4 graphically

presents the means of perceived personalisation with 95% confidence intervals.
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Figure 4 Welch’s t-test for Perceived Personalisation (Source: jamovi)
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5.3 Measurement Model

5.3.1 Internal Reliability

To assess the scale reliability of our constructs, we use Cronbach’s o and McDonald’s ®, with
the established thresholds a > 0.7 and ® > 0.7 (Hair et al., 2021). Both Cronbach’s o and
McDonald’s ® report to what extent the items from the questionnaire measure the same

underlying latent variable, with values closer to 1 indicating stronger internal reliability.

All constructs were well above these thresholds, indicating strong internal consistency for
perceived usefulness (o = 0.962, ® = 0.963), privacy concerns (a = 0.962, ® = 0.963) and
continuance intention (o= 0.849, ® = 0.858). Additionally, we measured the scale reliability of
the manipulation check for personalisation (a0 = 0.951, ® = 0.951), to ensure that the prior
Welch’s t-test is supported by consistent scales, with the values again exceeding relevant
thresholds. Thus, our questionnaire consistently measured the same constructs using its items.

Table 12 summarises the scale reliability of the latent variables.

Table 61 Scale Reliability

Construct Mean SD o o
Perzz‘::l‘izz‘:ion 4.72 1.75 0.951 0.951
Perceived Usefulness 4.71 1.64 0.962 0.963
Privacy Concerns 4.28 1.97 0.962 0.963
Continuance Intention 4.06 1.42 0.849 0.858

5.3.2 Confirmatory Factor Analysis

To assess the factor structure of our measurement model, we conducted a confirmatory factor
analysis (CFA) with maximum likelihood estimation. The CFA aims to evaluate the model fit,
meaning how well our model reproduces the patterns actually observed in the sample data.
Mardia’s test indicated deviation from multivariate normality (skewness ¥*(286) = 751, p <
0.001; kurtosis z = 11.5, p < 0.001), which is why we applied Huber-White robust standard
errors, which enable a CFA for a sample that is not normally distributed and ensure the validity

of test statistics.
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Our research model fit the data well, with ¥*(41) = 56.9, p = 0.050, CFI = 0.994, TLI = 0.991,
RMSEA = 0.043, 90% CI [0.000, 0.069], RMSEA p = 0.636, SRMR = 0.028. All indices met
the established thresholds of CFI > 0.95, TLI > 0.95, RMSEA < 0.08 and SRMR < 0.08 (Hu &
Bentler, 1999). These results support a successful operationalisation. The items from the survey
map onto perceived usefulness, privacy concerns and continuance intention as three distinct
latent constructs. The good model fit statistics indicate that our model is highly consistent with

the sample data. Table 13 summarises the model fit indices for the measurement scales.

Table 72 Model Fit Indices for Measurement Scales

Index Saturated Model Threshold Interpretation

Ve 56.90 (p =0.05) >0 (p=>0.050) Acceptable fit
CFI1 0.994 >0.95 Good fit
TLI 0.991 >0.95 Good fit
SRMR 0.028 <0.08 Good fit
RMSEA 0.043 <0.08 Good fit

5.3.3 Convergent Validity

The convergent validity of our model was assessed using the average variance extracted (AVE)
for each construct. AVE represents the proportion of variance of the latent construct captured
by the individual survey items, relative to the amount caused by measurement error. Values
above AVE > 0.50 indicate that the construct accounts for more variance in the survey items
than measurement error does (Fornell & Larcker, 1981), suggesting that the survey questions
reliably measure the theoretical constructs rather than random statistical error. For our study,
the AVEs for each construct support convergent validity, with perceived usefulness (AVE =
0.866), privacy concerns (AVE = 0.869), and continuance intention (AVE = 0.671) all
exceeding the threshold.

5.3.4 Discriminant Validity

To ensure that the latent variables in our research model are empirically distinct, we examined
the Heterotrait-Monotrait ratio of correlations (HTMT), which compares the between-construct

item correlations to within-construct item correlations (Henseler et al., 2015). Al HTMT values
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in our model fell below the conservative threshold of < 0.85 (Henseler et al., 2015), with
perceived usefulness/privacy concerns = 0.117, perceived usefulness/continuance intention =
0.583, and privacy concerns/continuance intention = 0.519, supporting discriminant validity.
The low HTMT-value between perceived usefulness and privacy concerns suggests that the two
mediators in our model are conceptually very distinct internal responses of the consumer to the

personalisation. Table 14 summarises the HTMT ratio of correlations.

Table 83 Heterotrait-Monotrait Ratio of Correlations

Conti
Perceived Usefulness Privacy Concern on 1nu.ance
Intention
Perceived
Usefulness
Privacy Concerns 0.117
Contlnu.ance 0.583 0.519
Intention

5.3.5 Common Method Bias

Since all measures in this study were collected through a self-reported online survey, the
common method bias was considered. Following the recommendation of Podsakoff et al.
(2003), a Harman’s single-factor test was conducted, forcing all measured factors into a single,

unrotated exploratory factor (Harman, 1976; Podsakoft et al., 2003).

The results, presented in Table 15, show that this single factor accounted for 39.4% of the total
variance, lying below the 50% threshold. This indicates that the common method bias is
unlikely to distort the relationships analysed. In addition to this test, we followed further
recommendations by Podsakoff et al. (2003), for example, stating that there are no correct

answers, making participation anonymous and including a reverse-coded item (CI3).

Table 94 Harman's Single-Factor Test

Factor SS Loadings % of Variance

1 4.34 39.4
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5.4 Descriptive Statistics and Correlations

5.4.1 Construct-Level Descriptives

Regarding univariate descriptive statistics for the latent variables, skewness is reported to
evaluate the symmetry of the distribution, with 0 indicating perfect symmetry, and kurtosis to
evaluate the tailedness relative to a normal distribution, with 0 indicating a normal distribution
(Sarstedt et al., 2017). Skewness ranged from -0.449 to 0.0907 and kurtosis from -1.41 to -
0.541. All values lay well within the recommended thresholds of |2| for skewness and |7| for
kurtosis (Sarstedt et al., 2017). Table 16 presents the distributional properties of the sample.
While bootstrap-based inferences used in hypothesis testing remain robust under non-normal
distributions (Preacher & Hayes, 2008), these results support the validity of the parametric tests

reported throughout our analysis, as no construct strongly indicates a non-normal distribution.

Table 105 Skewness and Kurtosis

Skewness SE Skewness Kurtosis SE Kurtosis
Perceived Usefulness -0.449 0.169 -0.957 0.337
Privacy Concerns -0.125 0.169 -1.41 0.337
Continuance Intention 0.091 0.169 -0.541 0.337

5.4.2 Inter-Construct Pearson Correlations

Before we tested the hypotheses, we evaluated the Pearson correlations to measure strength and
direction of correlation between the constructs in our research model, with r = |0.3| indicating

weak correlation, r = |0.5| moderate and r = |0.7]| strong (Evans, 1996).

Perceived usefulness was positively correlated with continuance intention (r=0.531, p <0.001)
and privacy concerns were negatively correlated with continuance intention (r = -0.469, p <
0.001). Perceived usefulness and privacy concerns were only very weakly and insignificantly
correlated (r = 0.115, p = 0.099). The significant positive correlation between perceived
usefulness and continuance intention and the significant negative correlation between privacy
concerns and continuance intention support the hypothesised directions of our model. These

results also align with the Approach-Avoidance Theory, with perceived usefulness as an
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approach path and privacy concerns as an avoidance path. Figure 5 presents the results from

the Pearson correlation matrix.

These results also indicate a non-normal distribution of privacy concerns across all conditions,
suggesting that different levels of personalisation have polarising effects on consumers and that

moderators may affect the emerging privacy concerns.
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PU = Perceived Usefulness, PC = Privacy Concerns, CI = Continuance Intention

Figure 5 Pearson Correlation Matrix (Source: jamovi)

5.4.3 Cell-level Descriptives

Cell-level descriptives report the mean (M) and standard deviation (SD) of each variable for
the four experimental conditions, formed by personalisation (low vs high) and personalisation
transparency (absent vs present). The descriptives aim to allow for direct comparison of the

variables before hypotheses are tested.
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Participants in the high-personalisation/transparency condition reported the highest perceived
usefulness (M = 5.59, SD = 1.49) and continuance intention (M =4.69, SD = 1.86). At the same
time, their privacy concerns (M = 4.14, SD = 2.08) were higher than those in both low-
personalised conditions. The high-personalisation/no-transparency condition reported the
highest privacy concerns (M = 5.44, SD = 1.71), with slightly lower perceived usefulness (M =
4.91, SD = 1.31) and continuance intention (M = 3.68, SD = 1.14). The low-personalisation/no-
transparency condition reported the lowest perceived usefulness (M = 3.80, SD = 1.73) and
continuance intention (M = 3.58, SD =0.979), and low privacy concerns (M =3.85, SD =1.53).
Finally, the low-personalisation/transparency condition reported the lowest privacy concerns
(M = 3.82, SD = 2.08), which were still close to the low-personalisation/no-transparency
condition, indicating that personalisation transparency did not strongly lower privacy concerns
when personalisation was low. The perceived usefulness (M =4.61, SD = 1.52) and continuance
intention (M = 4.26, SD = 1.32) in the low-personalisation/transparency condition were in the

mid-range of the sample. Values are summarised in 7able 17 below.

Figure 6 visualises the cell means for each latent variable, with a separate line for each
transparency condition. The plots for the constructs followed different patterns, indicating
possible moderating effects. While perceived usefulness ran approximately parallel across both
transparency conditions, rising with higher personalisation, privacy concerns diverged between
the transparency conditions under high personalisation. These results suggest an asymmetric
effect of personalisation transparency on the mediated pathways. Perceived usefulness rises
under high personalisation across both personalisation transparency conditions, indicating no
moderating effect. On the other hand, privacy concerns strongly increase under high
personalisation with no transparency. But with transparency disclosure present, the increase is
only moderate. This supports a possible moderating effect and the Attribution-Theory
perspective, that personalisation transparency weakens the formation of avoidance-motivations,
such as privacy concerns. For continuance intention, the mean rises with higher personalisation
in the condition with personalisation transparency, but remains relatively flat with no
personalisation transparency. This suggests that potentially the total effect of personalisation

on continuance intention only rises when a transparency disclosure is present.
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Table 116 Descriptive Statistics per Condition

. . Personalisation Perceived Privacy Continuance
Metric  Personalisation

Transparency Usefulness Concerns Intention
N Low absent 52 52 52
present 57 57 57
High absent 48 48 48
present 49 49 49
Mean Low absent 3.80 3.85 3.58
present 4.61 3.82 4.26
High absent 4.91 5.44 3.68
present 5.59 4.14 4.69
Median Low absent 3.50 3.88 3.33
present 4.75 4.25 4.67
High absent 5.25 6.25 3.33
present 6.00 4.25 5.00
33'1‘;21‘;3 Low absent 1.73 1.53 0.979
present 1.52 2.08 1.32
High absent 1.31 1.71 1.14
present 1.49 2.08 1.86

5.5 Hypothesis Testing

5.5.1 Total, Direct and Indirect Effects

While the regression analysis does not test the hypotheses, the coefficients for the indirect
effects reported with the hypothesis tests are based on the regression equations. To ensure
replicability, the regression equations are included in Appendix B. For the moderated mediation
analysis, we estimated three regression equations simultaneously, with two equations predicting
the effects of personalisation (low vs high) and personalisation transparency (absent vs present)

and their interaction, on the mediators perceived usefulness and privacy concerns. The third
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equation predicted the effect of perceived usefulness, privacy concerns and the direct effect of

personalisation on continuance intention.

The equations of the regression analysis explained 15% of the variance of perceived usefulness
(R?=0.150), 11% of the variance of privacy concerns (R? =0.110) and 56.9% of the variance
of continuance intention (R* = 0.569). Furthermore, the personalisation X transparency
interaction was significant for privacy concerns (b = -1.265, p = 0.016), but nonsignificant for

perceived usefulness (b =-0.122, p = 0.775), suggesting an asymmetric moderating effect.

To test hypotheses 1, 2 and 3, the total, direct and indirect effects of personalisation on
continuance intention were analysed. The total effect of personalisation on continuance
intention was small and not significant (b = 0.257, 95% CI [-0.140, 0.651]). The direct effect
was also small and non-significant (b = 0.115, 95% CI [-0.188, 0.416]). Hypothesis 1,
predicting a positive direct effect of personalisation on continuance intention, is therefore not

supported.

The non-significant total explained can be explained by the mediation by two effects of similar
strength in opposite directions, suppressing each other (MacKinnon et al., 2007). The indirect
effect of personalisation on continuance intention mediated through perceived usefulness was
positive and significant (b = 0.526, 95% CI [0.310, 0.764]), supporting H2 and the approach-
pathway. At the same time, the indirect effect of personalisation on continuance intention,
mediated through privacy concerns, was negative and significant (b = -0.379, 95% CI [-0.608,
-0.174]), supporting H3 and the avoidance pathway. Taken together, hypotheses 2 and 3 support
the personalisation-privacy paradox and the assumptions of the Approach-Avoidance Theory,
according to which the two paths can be activated at the same time, independently of one
another. Table 18 presents the total, direct and indirect effects of personalisation on continuance

intention.

Table 127 Total, Direct and Indirect Effects of Personalisation of Continuance Intention

Effect Pathway b Boot SE 95% CI
Total effect P—CI 0.257 0.198 [—0.140, 0.651]
Direct Effect (H1) P—CI|PU,PC 0.115 0.142 [—0.188, 0.416]
Indirect Effect (H2) P— PU — CI 0.526 0.115 [0.310, 0.764]
Indirect Effect (H3) P— PC — CI —0.379 0.107 [—0.608, —0.174]
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P = Personalisation, PU = Perceived Usefulness, PC = Privacy Concerns, CI = Continuance
Intention

5.5.2 Conditional Indirect Effects

In hypothesis 4, we postulated that personalisation transparency strengthens the indirect effects
of personalisation on continuance intention, mediated through perceived usefulness and in
hypothesis 5, we predicted that personalisation transparency would weaken the indirect effect,
mediated through privacy concerns. To test these hypotheses, we analysed the conditional
indirect effects and the Index of Moderated Mediation for both pathways. The conditional
indirect effects test the strength of the indirect effects in each personalisation transparency
condition (absent vs present), and the Index of Moderated Mediation represents the differences
in the moderated indirect effect across the personalisation transparency conditions as a single
number with a 95% bootstrap confidence interval (Hayes, 2015). Moderating effects are

considered significant if the confidence interval excludes zero (Hayes, 2015).

The indirect effect of personalisation on continuance intention, mediated through perceived
usefulness, was positive with and without personalisation transparency (personalisation
transparency absent: b = 0.556, 95% CI [0.240, 0.876]; personalisation transparency present: b
=0.495, 95% CI [0.189, 0.795]). The Index of Moderated Mediation for this path was small
and non-significant (Index = -0.062, 95% CI [—0.485, 0.363]). Thus, hypothesis 4, which
predicted that personalisation transparency would strengthen the indirect effect through

perceived usefulness, is not supported.

For privacy concerns, the indirect effect without personalisation transparency was negative and
significant (personalisation transparency absent: b =-0.629, 95% CI [-0.925, -0.362]), but with
personalisation transparency, this indirect effect was less strong and non-significant
(personalisation transparency present, b = -0.129, 95% CI [-0.443, 0.188]). The Index of
Moderated Mediation for the privacy concerns path was positive and significant (Index = 0.499,
95% CI [0.096, 0.922]), indicating that personalisation transparency suppresses emerging
privacy concerns. Thus, hypothesis 5 is supported, which predicted that personalisation
transparency would weaken the negative indirect effect of personalisation on continuance
intention, mediated through privacy concerns. These results suggest that personalisation

transparency only moderates the effect of personalisation on continuance on the avoidance
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pathway. Table 19 summarises the conditional indirect effects and the Index of Moderated

Mediation.

Table 138 Conditional Indirect Effects of Index of Moderated Mediation

Personalisation Conditional Index of
Pathway Transparcnc indirect  95% CI Moderated 95% CI1
PATENCY  effect (b) Mediation
P— PU— [0.240, B B
CI Absent 0.556 0.876] 0.062 [-0.485, 0.363]
[0.189,
Present 0.495 0.795]
P—-PC— B [-0.925,
CI Absent 0.629 £0.362] 0.499 [0.096, 0.922]
3 [-0.443,
Present 0.129 0.188]

P = Personalisation, PU = Perceived Usefulness, PC = Privacy Concerns, CI = Continuance
Intention

5.5.3 Summary of Hypotheses

Out of the five hypotheses deduced from the Approach-Avoidance Theory and Attribution
Theory, three were supported and two hypotheses were rejected, as presented in Table 20. The
hypothesised positive direct effect of personalisation of continuance intention (H1) was not
supported. The hypothesised indirect effects of personalisation on continuance intention,
mediated through perceived usefulness (H2) and privacy concerns (H3), were both significant,
supporting the approach- and avoidance pathways. Since the direct effect was nonsignificant
and the indirect effects were significant, the results implied indirect-only mediation through

perceived usefulness and privacy concerns (Zhao et al., 2010).

The moderating effect of personalisation transparency on the indirect effect mediated through
perceived usefulness (H4) was rejected, but the moderating effect of personalisation
transparency on the indirect effect mediated through privacy concerns (HS) was supported,
indicating that the attribution of the firm’s motives behind the personalisation landing page only

affected the avoidance pathway.
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Table 19 Summary of Hypothesis Tests

Hypothesis Predicted relationship Result Supported
oo b=0.115,
H1 P — CI (positive direct effect) 95% CI [~0.165, 0.395] No
2 P — PU — CI (positive indirect b=0.525, Yes
effect) 95% CI10.302, 0.762]
3 P — PC — CI (negative indirect b=-0.372, Yes
effect) 95% CI [-0.596, —0.159]
H4 PT strengthens the indirect effect . Index_; 12.0602’363 0
through PU 95% C1[~0.485, 0.363]
PT weakens the indirect effect Index = 0.495, Yes
HS 95% CI1[0.096, 0.922]

through PC

P = Personalisation, PU = Perceived Usefulness, PC = Privacy Concerns, CI = Continuance
Intention, PT = Personalisation Transparency

5.6 Discussion

Our study aimed to explore how GenAl-enabled personalisation of landing pages affect the
continuance intention of consumers, what mediating role the personalisation-privacy paradox

has in this relationship and how personalisation transparency moderates this effect.

While personalisation itself had no significant total effect on continuance intention, the two
indirect effects, mediated through perceived usefulness and privacy concerns, were significant.
These two indirect effects operate independently in parallel, instead of two opposing sides of
one dimension, as supported by the very low correlation and HTMT ratio between the two
constructs. Our empirical findings also rejected the hypothesis of the positive direct effect of

personalisation on continuance intention, indicating indirect-only mediation.

Furthermore, the moderating effect of personalisation transparency on the indirect effects was
analysed and we found that it was significant only for the avoidance pathway, strongly and
significantly mitigating privacy concerns, while not significantly affecting the effect mediated

through perceived usefulness via the approach-pathway.
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These findings provide an empirical validation of the personalisation-privacy paradox in the
context of dynamic landing pages, which has not been tested in the existing literature. This
study also offers findings on the moderating effect of personalisation transparency, which has
not been tested in the context of dynamic landing pages, with empirical data supporting a
suppressive effect on emerging privacy concerns on the affective side of the consumer's internal

response.

Among other results, the findings on the indirect effects show that the approach- and the
avoidance-motivations, reflected in the mediation through perceived usefulness and privacy
concerns, are significant and activate simultaneously in opposite directions and with
comparable strength, leading to a nonsignificant total effect of high personalisation on

continuance intention by suppressing each other.

While similar effects of personalisation have been studied in the setting of banners (Bleier &
Eisenbeiss, 2015), advertisements (Sun et al., 2025) and media environments (Bol et al., 2018),
the dual-pathway of personalisation on behavioural outcomes has not been studied for dynamic
landing pages, a context that Lambillotte et al. (2022) specifically identified as understudied.
The findings of the present study are consistent with the bidirectional and independent
approach- and avoidance-motivations conceptualized in the Approach-Avoidance Theory
(Elliot, 2006). When consumers respond to personalisation as a stimulus, both internal
pathways are activated. Thus, our study expands the empirical scope of the personalisation-
privacy paradox and supports a parallel mediation approach chosen to study this phenomenon
through the lens of Approach-Avoidance Theory. Approaches that summarise the paradox in a
single construct (e.g., Sun et al., 2025; Xu et al., 2011) fail to capture consumers' bidirectional

motivations.

Another central finding of this study stems from the asymmetric moderating effect of
personalisation transparency. Strong and significant transparency in personalisation strongly
and significantly reduced the indirect effect of personalisation on continuance intention,
mediated by privacy concerns. This means that the conditional indirect effect strongly
decreased with personalisation transparency present on the dynamic landing page. Additionally,
with personalisation transparency, the entire avoidance pathway was no longer statistically
significant. The indirect effect mediated through perceived usefulness was significant and
similarly strong in both personalisation transparency conditions, and the moderating effect of

personalisation transparency was non-significant. This asymmetry of personalisation
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transparency as the moderator is by itself already an important finding, contributing to the
empirical understanding of the Attribution Theory and to the underlying domain of how

consumers react to personalisation .

While hypothesising, we deduced from the Attribution Theory that personalisation transparency
would moderate both indirect effects. The theory suggested that disclosing the collection and
processing of data for personalisation would prevent consumers from attributing the
personalisation to a firm’s self-serving motives (Forehand & Grier, 2003; Kim et al., 2019).
Following this logic, we postulated that this shift in attribution toward more consumer-serving
motives would strengthen perceived usefulness (approach pathway) and reduce privacy
concerns (avoidance pathway) by framing personalisation as helping consumers have a better
experience, while legitimising data collection through more acceptable practices. Our data only
supports the moderating effect on the avoidance pathway, suggesting that the two parallel

pathways are not affected by shifts in attribution in the same way.

While perceived usefulness is a cognitive, function-oriented aspect of the consumer's internal
response, privacy concerns are an affective, more motive-dependent factor. Our interpretation
of this data is that when consumers consider how functionally relevant the personalisation is to
them, the underlying motives of the firm are not as important to them as when they are
considering their online privacy and if the firm is exploiting them through unacceptable data
collection and processing practices. These findings are aligned with similar results from the
literature. For example, Aguirre et al. (2015) discovered that covert data collection practices
strengthened the negative indirect effect of personalisation on click-through rates, mediated
through perceived vulnerability, indicating that personalisation transparency affects more
affective internal states of the consumer. Our findings contribute to the personalisation literature
by showing that personalisation transparency does not operate through usefulness and by

deepening the understanding of the mechanism in the context of dynamic landing pages.
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6 Conclusion

This chapter presents the theoretical contributions and practical implications of this study.

Additionally, limitations and future research possibilities are discussed.

6.1 Reflection on Research Aim and Objectives

We aimed to contribute to research on personalisation and privacy by exploring the
personalisation-privacy paradox through the Approach-Avoidance Theory in the context of
dynamic landing pages, and to gain a deeper understanding of the effects of personalisation
transparency. With the introduction of GenAl technologies to marketing practices,
personalisation research has not been able to fully keep up with the rapid technological
advancements. In addition, dynamic landing pages as a key touchpoint in the customer journey
have been severely understudied. Related to the aim of this study, the objectives were to
quantify the effects of personalisation transparency, which set the boundary conditions for
consumer responses to personalisation, and to validate the Approach-Avoidance Theory’s dual-
pathway conceptualisation of internal responses to GenAl-enabled landing pages. Additionally,
this study had the objective to offer advice for marketing practitioners designing and operating
dynamic landing pages. These objectives were conceptualised through three research

questions.

In RQ1, we asked to what extent the strength of personalisation on dynamic landing pages
affects the continuance intention of consumers. In our study, we found that stronger
personalisation did not lead to a higher continuance intention of using the landing page. At first
glance, it could indicate indifference on the consumer side towards personalisation, but the real
mechanism uncovered goes deeper than that. This leads to RQ2, which asks what role the
personalisation-privacy paradox plays in the relationship between personalisation and
continuance intention. Our study shows that higher personalisation leads to higher perceived
usefulness, which increases continuance intention, but also to higher privacy concerns, which

decrease continuance intention. These two independent pathways, operating in opposite
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directions with comparable strength, were able to suppress the effects of each other, causing
the nonsignificant total effect. These findings are consistent with the Approach-Avoidance
Theory and empirically support the personalisation-privacy paradox in the context of dynamic
landing pages. RQ3 examined personalisation transparency and its effects on the relationship
between personalisation and continuance intention. Our study found that transparency
disclosures had an asymmetric effect on the paradox, only affecting the avoidance pathway. We
interpreted this result through the Attribution Theory, theorising that the attribution of the
personalisation and the firm’s underlying motives was only significant for the more affective
internal response, privacy concerns, and not for the cognitive internal response, perceived
usefulness. Based on these answers, the study fulfilled its aim and objectives, with the

limitations of these findings being presented at the end of this chapter.

6.2 Theoretical Contributions

From a theoretical perspective, our findings advance the understanding of consumer responses
to GenAl-enabled personalisation in multiple ways. We extend the application of Approach-
Avoidance Theory to explain the underlying mechanisms of the personalisation-privacy
paradox in a GenAl-enabled context. To date, Approach-Avoidance Theory has been primarily
applied to evaluate personalised advertisements (Tang et al., 2014; Tang & Zhang, 2020;
Loureiro et al., 2023). The application of dynamic landing pages provides a novum and extends
the range of touchpoints that can be investigated through this theory. This poses a novel
utilisation of the construct, and our statistical results support the proposal by Sun et al. (2025)

to apply the theory to GenAl-enabled contexts.

Approach and avoidance are typical behavioural reactions of consumers when they are exposed
to a new environment (Tang & Zhang, 2020). Within the literature, multi-faceted meanings of
the concepts of approach and avoidance exist (Tang et al., 2014). Our study showed that
perceived usefulness can be considered an approach motivation, while privacy concerns operate
as an avoidance motivation. Our statistical results reinforce the overall notion among
personalisation literature that privacy concerns play a crucial role in the effectiveness of
targeted content (Loureiro et al., 2023). We provide evidence that privacy is a salient issue that

can prevent consumers from responding positively to personalised applications (Sutanto et al.,
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2013). At the same time, we add evidence for the paradox by showing that approach and

avoidance motivations are activated in parallel and can balance each other out.

Our research further challenges the relevance of the Privacy-Calculus Theory by demonstrating
that the Approach-Avoidance Theory can act as a suitable alternative to capture the paradoxical
effects of personalisation. This is particularly important, as our study investigated solely covert
data collection practices. Privacy-Calculus claims that user disclosing behaviour depends on
their evaluation of perceived risks and benefits (Wang et al., 2024). While Privacy-Calculus
Theory assumes an option for consumers to decide on their information disclosure, we
demonstrate that paradoxical tendencies also exist in covert data collection practices.
Furthermore, the Privacy-Calculus assumes cognitive reasoning in consumers' trade-off
decisions (Aguirre et al., 2015). Privacy-Calculus Theory, therefore, falls short in capturing
affective consumer behaviours associated with covert data collection practices. This
underscores the applicability and strength of Approach-Avoidance Theory to provide insights

into the paradox.

Beyond identifying suitable theories to explain the personalisation-privacy paradox, we provide
a pathway to mitigate the phenomenon. This answers calls from Sutanto et al. (2013) and Wang
et al. (2024), who state that emphasis should not only be placed on investigating the
phenomenon but also on looking into solutions and methods that mitigate the contradictory
outcomes. Wang et al. (2024) propose that the dilemma can be addressed by recommending
related products to consumers on e-commerce websites. Sutanto et al. (2013) present an IT
solution that processes consumer information locally on their devices. We enrich the theoretical
pathways to mitigate the personalisation-privacy paradox by demonstrating that personalisation

transparency can lower privacy concerns in high-personalisation contexts.

This is achieved by expanding Attribution Theory into the realm of GenAl-enabled
personalisation. While the theory stems from interpersonal psychology and was later applied to
commercial settings, we contribute to the understanding of the theory by applying it to a setting
in which consumers respond to the attribution of the motives behind complex and opaque
GenAl systems and algorithms. The theory transfers to this setting, where disclosures provide
the necessary attributional information for consumers viewing personalised content.
Furthermore, our results let us speculate about the boundary conditions the Attribution Theory
sets. While personalisation transparency affected the affective avoidance path, the cognitive

approach path remained relatively constant across both transparency conditions. We interpreted
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this asymmetry as an indication of how consumers attribute a firm's motives. While the
cognitive and functional perceived usefulness is not significantly affected by personalisation
transparency, the affective privacy concerns can be mitigated through personalisation
transparency. Therefore, we propose the general contribution to Attribution Theory, that
attribution interventions, such as transparency disclosures, influence affective, motive-

dependent consumer responses more strongly.

Our study contributes to the literature and theory additionally by connecting the Approach-
Avoidance Theory with the Attribution Theory. Our results support that the attribution of the
firm’s motives affects the motivational paths theorised by the Approach-Avoidance Theory.
Avoidance motivations triggered by personalisation can be suppressed through personalisation
transparency. This effect was deducted from the Attribution Theory. The insights from our
study reveal a dynamic connection between the two theories. Avoidance motivation should not
be seen as a static disposition within consumers but rather as an amendable inner state that can
be influenced and altered. This adds to the general understanding of consumer behaviour theory
by exploring how attributions of the firm's motives influence the formation of approach- and

avoidance-motivations.

Furthermore, this study extends the current understanding of personalisation practices by
investigating dynamic landing pages as focal touchpoints. This adds to the literature beyond the
dominant context of personalised advertisements. We demonstrated how different levels of
personalisation can be successfully manipulated in the context of dynamic landing pages. This
provides important methodological guidance, as the manipulation can serve as a foundation for

exploring other differences in moderating and mediating effects related to personalisation.

Lastly, we acknowledge the argument of Acquisti et al. (2015) that privacy behaviours are
context-dependent. Our findings offer direct theoretical insights into the field of online
pharmacies, as we show that the paradoxical attitude towards personalisation practices must be
acknowledged. We also demonstrate that Approach-Avoidance Theory is a suitable theoretical
construct for capturing these attitudes, while the mechanisms of Attribution Theory can be

applied in the field of online pharmacies to mitigate privacy concerns.
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6.3 Implications for Practice

Our study highlights several practical implications. When designing dynamic landing pages,
firms need to be aware that stronger personalisation increases privacy concerns. This trade-off
must be weighed when making decisions about GenAl recommendation algorithms. Our
findings support Sun et al. (2025) in their observation that “the more personalised, the better”
is, in fact,t not necessarily welcomed by the consumers. This is especially evident in the
sensitive context of online pharmacies, a fact practitioners should be aware of in the field. In
order to increase continuance intention, strongly personalised landing pages should incorporate

transparency about the data processing.

Our insights on the effectiveness of personalisation transparency resonate with European legal
requirements. Transparency over personal data is a well-acknowledged right, reflected in data
protection legislation of the GDPR (Murmann & Fischer-Hiibner, 2017). GDPR Articles 15 and
22 provide the framework for automated data processing, which includes the obligation of firms
to inform consumers about how their data is being used (Wulf & Seizov, 2022). The GDPR has
placed privacy policies as a legal obligation for firms rather than an optional practice (Fox et
al., 2022). In this study, transparency in personalisation was implemented as an ex-post
disclosure, providing insights into how data were collected and processed. Our
recommendations also align with the IEEE (Institute of Electrical and Electronics Engineers),
which states that the base of every algorithmic decision should be clearly identifiable (Shahriari
& Shahriari, 2017). Our findings therefore positively reinforce the regulative environment firms

operate in in European markets.

In our study, we also demonstrated that firms could potentially gain commercial benefits from
disclosing their personalisation practices to consumers. The main cause of the negative
perceptions of GenAl-enabled personalisation is the vulnerability consumers feel (Fox et al.,
2022). The disclosure enables firms to reduce privacy concerns about their dynamic landing
page content, thereby increasing continuance intention. As mentioned, continuance intention is
a strong lever to ensure future revenues (Bhattacherjee, 2001). Personalisation transparency
may therefore have the potential to unlock competitive advantage and serve as a long-term lever
for success in eCommerce, as consumers appreciate being informed about how automated data

processes affect them (Wulf & Seizov, 2022). This challenges the common notion that
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regulations primarily function as a hindrance to economic pursuits, showing that disclosures

can also create competitive opportunities.

This is especially relevant, as the GDPR provides only limited guidance on how transparency
should be established (Wulf & Seizov, 2022). The GDPR specifications remain vague and do
not fully reflect the reality of data processed by Al (Wulf & Seizov, 2022). Data processed by
GenAl is drastically more complex and opaquer due to the vast computing power and volumes
of data (Wulf & Seizov, 2022). With regulations yet to catch up to these developments,
transparency disclosures offer firms the opportunity to distinguish themselves as pioneers in

the field and secure consumer trust from early on.

Our results indicated that personalisation transparency is a key driver, enabling commercial
benefits through continued usage of highly personalised dynamic landing pages. This benefit
depends on consumers noticing the disclosure, which cannot be assumed by the firms operating
these dynamic landing pages. If consumers overlook or ignore the transparency disclosure, the
observed effect might in reality be weaker than what our data showed, which is why a clear
design and placement of the disclosure is crucial for firms. Existing research suggests that
disclosures can be made salient to consumers through plain language and clear visual
prominence (Fox et al., 2022; Wulf & Seizov, 2022; Murmann & Fischer-Hiibner, 2017). Our
results lay out the potential benefits of applying strategies from existing research and of

informing consumers about data collection and processing.

6.4 Limitations

Several limitations need to be considered when interpreting the findings of our study. The first
limiting factor of our study stems from the non-probabilistic convenience and snowball
sampling methods, which do not guarantee the representativeness of the population (Saunders

et al., 2023; Lavrakas et al., 2019).

In addition to the sampling methods used, the single-industry stimulus of online pharmacies
limits generalizability, as the conclusions may not extend to other products or industries. As
privacy behaviour is context-dependent, the same personalisation might be considered
appropriate in one context but inappropriate in another (Acquisti et al., 2015). High-sensitivity

contexts, such as online pharmacies, may amplify both the benefits of transparency as well as
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the negative consequences of over-personalisation. Our findings are therefore context-bound

rather than universal.

A scenario-based approach limits ecological validity (Bol et al., 2018). While a vignette-based
methodology is able to control for extraneous variables, the scenario is fundamentally different
from real-life purchase behaviour under real privacy stakes, underscoring the intentions-
behaviour gap. This is especially critical in the context of personalisation practices, as the
paradoxical effects themselves are a prime example of actual behaviour diverging from
proclaimed attitudes. Also, the explicit questions regarding personalisation, privacy, and
transparency in the study might lead to hypersensitization of participants towards these
constructs, thereby distorting actual perceptions and attitudes and threatening internal validity.
No longitudinal effects are taken into account in the study’s results. Continuance intention was

measured at a single point in time rather than the actual return behaviour over time.

Lastly, the rate of the transparency manipulation check needs to be addressed, as 21% of the
survey’s respondents failed to notice the transparency disclosure in the conditions it was
displayed and were therefore excluded from the analysis. While this was a deliberate
methodological choice to analyse the moderating effect of personalisation transparency, if
every fifth consumer misses the disclosure in actual deployment, the actual effects may differ

from those in the research model.

6.5 Future Research

In this section, we identify directions for future research based on our findings. To begin, future
research should address the methodological gaps of our study design. While online survey-
based designs are common in the behavioural research literature, we propose repeating the study
as an experimental design, incorporating actual operational dynamic landing pages. This could
enable additional insights into consumers' perceptions, eye-tracking of the transparency
disclosures and into the willingness to explore the dynamic landing page further. As Salonen
and Karjaluoto (2016) suggest, longitudinal studies could also be considered, as they enable the
tracking of actual return visits rather than relying on stated continuance intention, thereby

closing the gap between intentions and actual behaviour.
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Next, future research should apply qualitative approaches to uncover how the attribution of the
firm’s motives influences the motivations of the consumers. For our study, we deduced from
the Attribution Theory how personalisation transparency shapes consumer responses, but we
did not collect data on how this attribution functions internally. Our results support our
theoretical contribution that attribution shapes only the affective and motive-dependent internal
response, but further research is required to uncover the underlying consumer perceptions.
Through think-aloud protocols or in-depth interviews, researchers could address the limitations

of our study due to quantitative methods when it comes to researching motivations.

Another direction for future research concerns the transparency disclosure itself. As Salonen
and Karjaluoto (2016) point out, an understanding of design factors is crucial to understanding
the personalisation of landing pages. In our study design, we used a disclosure format integrated
into the personalised website. Researchers could incorporate differences in the level of detail
of the disclosure, as well as effects related to the explicit statement of “GenAl usage”. Thereby,
insight could reveal which designs are most effective at reducing concerns, thus also decreasing
failed manipulation checks regarding transparency awareness. Additionally, the timing of the
personalisation transparency should be investigated further, since ex-ante and ex-post
disclosures have been found to influence consumer responses differently (Murmann & Fischer-
Hiibner, 2017). This means that investigating ex-ante transparency on non-personalised landing
pages could be beneficial, with disclosures informing the consumer that the website collects

data and will present more personalised content in future visits.

A closer investigation of the sample's demographics could be insightful as well, potentially
introducing age as a control variable in the model. From our data, a high variance within privacy
concerns became apparent, leading to a non-normal distribution of the variable. This could
indicate a polarising effect of personalisation, potentially explained by participants'
demographic factors, such as age or gender. Overall, further validation of these individual-level
moderators is needed. Related to this, it should be noted that, due to our sampling method, the
survey participants are likely to be mainly European. Future research should consider
replicating the study in regions where online privacy is less regulated than in the EU, such as

the US, China, or India.

Furthermore, the model should be applied to other industries and products to identify context-
dependent and independent factors. Our stimulus was a dynamic landing page for a fictional

online pharmacy. Acquisti et al. (2015) argue that privacy concerns are a context-dependent
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phenomenon and we deliberately chose a setting where privacy concerns play a major role.
Replicating our study in other empirical settings, such as entertainment, fashion, e-commerce,
or hospitality, would enable testing of the asymmetric moderating effect of personalisation
transparency and our proposed dual-pathway, potentially improving the generalisability of the

results.

To conclude, it can be noted that GenAl continues to redefine the boundaries of personalization
and transforms marketing. Therefore the question is no longer how firms can know their

consumers better, but if they are willing to let their consumer know them back.

76



References

Acquisti, A., Brandimarte, L., & Loewenstein, G. (2015). Privacy and human behavior in the
age of information, Science, vol. 347, no. 6221, pp.509-514,
https://doi.org/10.1126/science.aaal465

Ackroyd, S., & Fleetwood, S. (Eds). (2000). Realist Perspectives on Management and

Organisations. Psychology Press.

Adair, J. G. (1984). The Hawthorne effect: A reconsideration of the methodological artifact,
Journal of Applied Psychology, vol. 69, no. 2, pp.334-345, https://doi.org/10.1037/0021-
9010.69.2.334

Aguirre, E., Mahr, D., Grewal, D., Ruyter, K., & Wetzels, M. (2015). Unraveling the
personalisation paradox: The effect of information collection and trust-building strategies
on online advertisement effectiveness, Journal of Retailing, vol. 91, no. 1, pp.34—49,

https://doi.org/10.1016/j.jretai.2014.09.005

Arora, N., Ensslen, D., Fiedler, L., Liu, W. W., Robinson, K., Stein, E., & Schiiler, G. (2021).
The value of getting personalisation right—or wrong—is multiplying, McKinsey &

Company,_https://www.mckinsey.com/capabilities/growth-marketing-and-sales/our-

insights/the-value-of-getting-personalization-right-or-wrong-is-multiplying [Accessed 30

May 2026]

Ashrafi, D., Ahmed, S., & Shahid, T. (2024). Privacy or trust: Understanding the privacy
paradox in users intentions towards e-pharmacy adoption through the lens of privacy-

calculus model, Journal of Science and Technology Policy Management, vol. 16, no. 7,

pp.1223-1247, https://doi.org/10.1108/JSTPM-09-2023-0

Awad, N. F., & Krishnan, M. S. (2006). The personalisation privacy paradox: An empirical
evaluation of information transparency and the willingness to be profiled online for
personalisation, MIS Quarterly, vol. 30, no. 1, pp.13-28,
https://doi.org/10.2307/25148715

Ayhan, G., Senel, E., Cagla, U., Zeynep, E., & Toreyin, B. U. (2018). Landing page

component classification with convolutional neural networks for online advertising, in

77


https://doi.org/10.1126/science.aaa1465
https://doi.org/10.1126/science.aaa1465
https://doi.org/10.1037/0021-9010.69.2.334
https://doi.org/10.1037/0021-9010.69.2.334
https://doi.org/10.1016/j.jretai.2014.09.005
https://doi.org/10.1016/j.jretai.2014.09.005
https://www.mckinsey.com/capabilities/growth-marketing-and-sales/our-insights/the-value-of-getting-Personalisation-right-or-wrong-is-multiplying
https://www.mckinsey.com/capabilities/growth-marketing-and-sales/our-insights/the-value-of-getting-personalization-right-or-wrong-is-multiplying
https://www.mckinsey.com/capabilities/growth-marketing-and-sales/our-insights/the-value-of-getting-personalization-right-or-wrong-is-multiplying
https://doi.org/10.1108/JSTPM-09-2023-0
https://doi.org/10.2307/25148715
https://doi.org/10.2307/25148715

2018 26th Signal Processing and Communications Applications Conference (SIU), Izmir:
IEEE, pp.1-4, https://doi.org/10.1109/S1U.2018.8404789

Baek, T. H., & Morimoto, M. (2012). Stay away from me: Examining the determinants of
consumer avoidance of personalised advertising, Journal of Advertising, vol. 41, no. 1,

pp.59-76, http://dx.doi.org/10.2753/JOA0091-3367410105

Bagozzi, R. P. (1981). Attitudes, intentions, and behavior: A test of some key hypotheses,
Journal of Personality and Social Psychology, vol. 41, no. 4, pp.607—627,
http://doi:10.1037/0022-3514.41.4.607

Barnes, S. B. (2006). A privacy paradox: Social networking in the United States. First
Monday, vol. 11, no. 9, https://doi.org/10.5210/fm.v1119.1394

Becker, L., & Jaakkola, E. (2020). Customer experience: Fundamental premises and
implications for research. Journal of the Academy of Marketing Science, vol. 48, no. 4, pp.

630-648. https://doi.org/10.1007/s11747-019-00718-x

Bergmann, M., Macada, A., Santini, F., & Rasul, T. (2023). Continuance intention in
financial technology: A framework and meta-analysis, International Journal of Bank

Marketing, vol. 41, no. 4, pp.749—796, https://doi.org/10.1108/IJBM-04-2022-0168

Berinsky, A. J., Huber, G. A., & Lenz, G. S. (2017). Evaluating online labor markets for
experimental research: Amazon.com's Mechanical Turk, Political Analysis, vol. 20, no. 3,

pp-351-368, https://doi.org/10.1093/pan/mpr057

Bhaskar, R. (1978). A Realist Theory of Science. Harvester Press.

Bhattacherjee, A. (2001). Understanding information systems continuance: An expectation-
confirmation model, MIS Quarterly, vol. 25, no. 3, pp.351-370,
https://doi.org/10.2307/3250921

Bleier, A., & Eisenbeiss, M. (2015). The importance of trust for personalised online
advertising, Journal of Retailing, vol. 91, no. 3, pp.390—409,
https://doi.org/10.1016/].jretai.2015.04.001

Bol, N., Dienlin, T., Kruikemeier, S., Sax, M., Boerman, S. C., Strycharz, J., Helberger, N., &
De Vreese, C. H. (2018). Understanding the effects of personalisation as a privacy

78


https://doi.org/10.1109/SIU.2018.8404789
http://dx.doi.org/10.2753/JOA0091-3367410105
about:blank
https://doi.org/10.5210/fm.v11i9.1394
https://doi.org/10.1007/s11747-019-00718-x
https://doi.org/10.1108/IJBM-04-2022-0168
https://doi.org/10.1093/pan/mpr057
https://doi.org/10.2307/3250921
https://doi.org/10.2307/3250921
https://doi.org/10.1016/j.jretai.2015.04.001
https://doi.org/10.1016/j.jretai.2015.04.001

calculus: Analyzing self-disclosure across health, news, and commerce contexts, Journal
of Computer-Mediated Communication, vol. 23, no. 6, pp.370-388,
https://doi.org/10.1093/jcmc/zmy020

Buchanan, T., Paine, C., Joinson, A. N., & Reips, U.-D. (2007). Development of measures of
online privacy concern and protection for use on the Internet, Journal of the American
Society for Information Science and Technology, vol. 58, no. 2, pp.157-165,
https://doi.org/10.1002/asi.20459

Campbell, C., Sands, S., Ferraro, C., Tsao, H.-Y., & Mavrommatis, A. (2020). From data to
action: How marketers can leverage Al, Business Horizons, vol. 63, no. 2, pp.227-243,

https://doi.org/10.1016/j.bushor.2019.12.002

Canhoto, A. I., Keegan, B. J., & Ryzhikh, M. (2023). Snakes and ladders: Unpacking the
personalisation-privacy paradox in the context of Al-enabled personalisation in the
physical retail environment, Information Systems Frontiers, vol. 26.pp. 1005-1024,

https://doi.org/10.1007/s10796-023-10369-7

Canhoto, A., Osburg, V. S., & Patel, R. (2023). Customer resistance to Al-enabled
personalisation in retail: Balancing relevance and intrusiveness, Journal of Retailing and

Consumer Services, vol. 73, https://doi.org/10.1016/j.jretconser.2023.103325

Carver, C. S. (2006). Approach, avoidance, and the self-regulation of affect and action,
Motivation and Emotion, vol. 30, no. 2, pp.105—110,_https://doi.org/10.1007/s11031-006-
9044-7

Chandra, S., Verma, S., Lim, W. M., Kumar, S., & Donthu, N. (2022). Personalisation in
personalised marketing: Trends and ways forward, Psychology & Marketing, vol. 39, no.

8, pp.1529-1562, https://doi.org/10.1002/mar.21670

Chellappa, R. K., & Sin, R. G. (2005). Personalization versus privacy: An empirical
examination of the online consumer's dilemma, Information Technology and

Management, vol. 6, no. 2, pp.181-202, https://doi.org/10.1007/s10799-005-5879-y

Chen, S., Yen, D., & Hwang, M. (2012). Factors influencing the continuance intention to the
usage of Web 2.0: An empirical study, Computers in Human Behavior, vol. 28, pp.941—
993, https://doi.org/10.1016/j.chb.2011.12.014

79


https://doi.org/10.1093/jcmc/zmy020
https://doi.org/10.1093/jcmc/zmy020
https://doi.org/10.1002/asi.20459
https://doi.org/10.1002/asi.20459
https://doi.org/10.1016/j.bushor.2019.12.002
https://doi.org/10.1007/s10796-023-10369-7
https://doi.org/10.1007/s10796-023-10369-7
https://doi.org/10.1016/j.jretconser.2023.103325
https://doi.org/10.1007/s11031-006-9044-7
https://doi.org/10.1007/s11031-006-9044-7
https://doi.org/10.1002/mar.21670
https://doi.org/10.1007/s10799-005-5879-y
https://doi.org/%5BMISSING
https://doi.org/10.1016/j.chb.2011.12.014

Chen, X., Sun, J., & Liu, H. (2022). Balancing web personalisation and consumer privacy
concerns: Mechanisms of consumer trust and reactance, Journal of Consumer Behaviour,

vol. 21, no. 3, pp.572-582, https://doi.org/10.1002/cb.1947

Cisco. (n.d.). Cisco consumer privacy survey, Cisco,
https://www.cisco.com/c/en/us/about/trust-center/consumer-privacy-survey.html

[Accessed 30 May 2026]

Cloarec, J. (2024). The double-edged sword of personalisation: Consumer comfort and
discomfort in Al targeting, Journal of Consumer Behaviour, vol. 23, no. 1, pp.88—101,
https://doi.org/10.1002/cb.2157

Cohen, J. (1988). Statistical Power Analysis for the Behavioral Sciences, 2nd edn, Hillsdale,

NJ: Lawrence Erlbaum Associates

Court, D., Elzinga, D., Mulder, S., & Vetvik, O. (2009). The consumer decision journey,

McKinsey Quarterly, https://www.mckinsey.com/capabilities/growth-marketing-and-

sales/our-insights/the-consumer-decision-journey

Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance of
information technology, MIS Quarterly, vol. 13, no. 3, pp.319-340,
https://doi.org/10.2307/249008

Derrick, B., & White, P. (2016). Why Welch's test is Type I error robust, The Quantitative
Methods for Psychology, vol. 12, no. 1, pp.30-38,
https://doi.org/10.20982/tqmp.12.1.p030

Desai, D. (2019). An empirical study of website personalisation effect on users intention to
revisit E-commerce website through cognitive and hedonic experience, in V. E. Balas et
al. (eds), Data Management, Analytics and Innovation, Advances in Intelligent Systems

and Computing, vol. 839, pp. 3-19, https://doi.org/10.1007/978-981-13-1274-8 1

Dienlin, T., & Trepte, S. (2015). Is the privacy paradox a relic of the past? An in-depth
analysis of privacy attitudes and privacy behaviors, European Journal of Social

Psychology, vol. 45, no. 3, pp.285-297, https://doi.org/10.1002/ejsp.2049

80


https://doi.org/10.1002/cb.1947
https://www.cisco.com/c/en/us/about/trust-center/consumer-privacy-survey.html
https://www.cisco.com/c/en/us/about/trust-center/consumer-privacy-survey.html
https://doi.org/10.1002/cb.2157
https://doi.org/10.1002/cb.2157
https://www.mckinsey.com/capabilities/growth-marketing-and-sales/our-insights/the-consumer-decision-journey
https://www.mckinsey.com/capabilities/growth-marketing-and-sales/our-insights/the-consumer-decision-journey
https://doi.org/10.2307/249008
https://doi.org/10.20982/tqmp.12.1.p030
https://doi.org/10.20982/tqmp.12.1.p030
https://doi.org/10.1007/978-981-13-1274-8_1
https://doi.org/10.1002/ejsp.2049

Dinev, T., & Hart, P. (2006). An extended privacy calculus model for e-commerce
transactions, Information Systems Research, vol. 17, no. 1, pp.61-80,

https://doi.org/10.1287/isre.1060.0080

Eby, L., & Facteau, D. (2023). Much Ado about the Lack of Policy Implication in Scholarly
Journals? Academy of Management Perspectives, vol. 37, no. 4,

https://doi.org/10.5465/amp.2022.0035

Elliot, A. J. (2006). The Hierarchical Model of Approach-Avoidance Motivation. Motivation
and Emotion, vol. 30, no. 2, pp. 111-116. https://doi.org/10.1007/s11031-006-9028-7

Elliot, A. J., & Sheldon, K. M. (1997). Avoidance achievement motivation: A personal goals
analysis, Journal of Personality and Social Psychology, vol. 73, p.171-185,
https://doi.org/10.1037/0022-3514.73.1.171

Evans, J. D. (1996). Straightforward Statistics for the Behavioral Sciences, Thomson
Brooks/Cole Publishing Co.

Faul, F., Erdfelder, E., Lang, A. G., & Buchner, A. (2007). G*Power 3: A flexible statistical
power analysis program for the social, behavioral, and biomedical sciences, Behavior

Research Methods, vol. 39, pp.175-191, http://dx.doi.org/10.3758/BF03193146

Fernandez del Rio, A., Leong, M., Saraiva, P., Nazarov, 1., Rastogi, A., Hassan, M., Tang, D.,
& Periafiez, A. (2024). Adaptive user journeys in pharma E-commerce with reinforcement
learning: Insights from SwipeRx, ArXiv, abs/2408.08024,
https://doi.org/10.48550/arxiv.2408.08024

Folkes, V. S. (1988). The availability heuristic and perceived risk, Journal of Consumer
Research, vol. 15, no. 1, pp.13-23, https://doi.org/10.1086/209141

Forehand, M. R., & Grier, S. (2003). When is honesty the best policy? The effect of stated
company intent on consumer skepticism, Journal of Consumer Psychology, vol. 13, no. 3,

pp-349-356, https://doi.org/10.1207/S15327663JCP1303_15

Fox, G., Lynn, T., & Rosati, P. (2022). Enhancing consumer perceptions of privacy and trust:
A GDPR label perspective, Information Technology & People, vol. 35, pp.181-204,
https://doi.org/10.1108/itp-09-2021-0706

81


https://doi.org/10.1287/isre.1060.0080
https://doi.org/10.1287/isre.1060.0080
https://doi.org/10.5465/amp.2022.0035
https://doi.org/10.1007/s11031-006-9028-7
https://psycnet.apa.org/doi/10.1037/0022-3514.73.1.171
http://dx.doi.org/10.3758/BF03193146
https://doi.org/10.48550/arxiv.2408.08024
https://doi.org/10.48550/arxiv.2408.08024
https://doi.org/10.1086/209141
https://doi.org/10.1207/S15327663JCP1303_15
https://doi.org/10.1108/itp-09-2021-0706
https://doi.org/10.1108/itp-09-2021-0706

Franque, F., Oliveira, T., Tam, C., & Santini, F. (2020). A meta-analysis of the quantitative
studies in continuance intention to use an information system, Internet Research, vol. 31,

pp-123—-158, https://doi.org/10.1108/intr-03-2019-0103

Gallucci, M. (2020). JAMM: Jamovi Advanced Mediation Models [jamovi module],

https://jamovi-amm.github.io/

Gao, Y., & Liu, H. (2022). Artificial intelligence-enabled personalisation in interactive
marketing: A customer journey perspective, Journal of Research in Interactive Marketing,

vol. 17. no. 5, pp. 663—680. https://doi.org/10.1108/JRIM-01-2022-0023

George, J. F. (2004). The theory of planned behavior and internet purchasing, Internet
Research, vol. 14, no. 3, pp.198-212, https://doi.org/10.1108/10662240410542634

Gosh, A., Mishra, R., & Mishra, A. (2024). Role of network externalities and trust facilitators
in shaping mobile payment application continuance intentions: Variations across stages of
adoption, Marketing Intelligence & Planning, vol. 43, no. 8, pp. 1553—

1575. https://doi.org/10.1108/MIP-06-2024-0417

Grewal, D., Satornino, C. B., Davenport, T., et al. (2025). How generative Al is shaping the
future of marketing, Journal of the Academy of Marketing Science, vol. 53, pp.702—722,
https://doi.org/10.1007/s11747-024-01064-3

Gupta, S., Sharma, L., & Mathew, R. (2025). Balancing personalisation and privacy in Al-
enabled marketing consumer trust, regulatory impact, and strategic implications — a

qualitative study using NVivo, Advances in Consumer Research, vol. 2, no. 5, pp.46-57

Glingor, A., & Cadircy, T. (2022). Understanding digital consumer: A review, synthesis, and
future research agenda. International Journal of Consumer Studies, vol. 46, no. 5,

pp-1829-1858, https://doi.org/10.1111/ij¢cs.12809

Hair, J., Hult, G. T. M., Ringle, C., Sarstedt, M., Danks, N., & Ray, S. (2021). Partial Least
Squares Structural Equation Modeling (PLS-SEM) Using R: A workbook

Hardcastle, K., Vorster, L., & Brown, D. M. (2025). Understanding customer responses to Al-
driven personalised journeys: Impacts on the customer experience, Journal of Advertising,

vol. 54, no. 2, pp.176—195, https://doi.org/10.1080/00913367.2025.2460985

82


https://doi.org/10.1108/intr-03-2019-0103
https://jamovi-amm.github.io/
https://jamovi-amm.github.io/
https://doi.org/10.1108/JRIM-01-2022-0023
https://doi.org/10.1108/JRIM-01-2022-0023
https://doi.org/10.1108/10662240410542634
https://doi.org/10.1108/MIP-06-2024-0417
https://doi.org/10.1007/s11747-024-01064-3
https://doi.org/10.1007/s11747-024-01064-3
https://doi.org/10.1111/ijcs.12809
https://doi.org/10.1080/00913367.2025.2460985

Harman, H. H. (1976). Modern Factor Analysis, 3rd edn, Chicago: University of Chicago

Press

Hasan, H., Jaber, D., Khabour, O., & Alzoubi, K. (2024). Ethical considerations and concerns
in the implementation of Al in pharmacy practice: A cross-sectional study, BMC Medical

Ethics, vol. 25, no. 55, https://doi.org/10.1186/s12910-024-01062-8

Hayes, A. F. (2015). An index and test of linear moderated mediation, Multivariate
Behavioral Research, vol. 50, no. 1, pp.1-22,
https://doi.org/10.1080/00273171.2014.962683

Hayes, A. F. (2022). Introduction to Mediation, Moderation, and Conditional Process

Analysis: A regression-based approach, 3rd edn, The Guilford Press

Hayes, J., Brinson, N., Bott, G., & Moeller, C. (2021). The influence of consumer—brand
relationship on the personalised advertising privacy calculus in social media, Journal of

Interactive Marketing, vol. 55, pp.16-30,_https://doi.org/10.1016/j.intmar.2021.01.001

Heider, F. (1958). The Psychology of Interpersonal Relations, John Wiley & Sons, Inc.,
https://doi.org/10.1037/10628-000

Hollebeek, L., Das, K., & Shukla, Y. (2021). Game on! How gamified loyalty programs boost
customer engagement value, International Journal of Information Management, vol. 61,

https://doi.org/10.1016/;.ijinfomgt.2021.102308

Homburg, C., Jozi¢, D., & Kuehnl, C. (2017). Customer experience management: Toward
implementing an evolving marketing concept, Journal of the Academy of Marketing

Science, vol. 45, no. 3, pp.377-401, https://doi.org/10.1007/s11747-015-0460-7

Howard, J., & Sheth, J. (1969). The Theory of Buyer Behavior,
https://doi.org/10.2307/2284311

Hu, L., & Bentler, P. M. (1999). Cutoff criteria for fit indexes in covariance structure
analysis: Conventional criteria versus new alternatives, Structural Equation Modeling: A
Multidisciplinary Journal, vol. 6, no. 1, pp.1-55,
https://doi.org/10.1080/10705519909540118

83


https://doi.org/10.1186/s12910-024-01062-8
https://doi.org/10.1080/00273171.2014.962683
https://doi.org/10.1080/00273171.2014.962683
https://doi.org/10.1016/j.intmar.2021.01.001
https://doi.org/10.1037/10628-000
https://doi.org/10.1037/10628-000
https://doi.org/10.1016/j.ijinfomgt.2021.102308
https://doi.org/10.1016/j.ijinfomgt.2021.102308
https://doi.org/10.1007/s11747-015-0460-7
https://doi.org/10.2307/2284311
https://doi.org/10.1080/10705519909540118
https://doi.org/10.1080/10705519909540118

Huang, J. L., Curran, P. G., Keeney, J., Poposki, E. M., & DeShon, R. P. (2012). Detecting
and deterring insufficient effort responding to surveys, Journal of Business and

Psychology, vol. 27, no. 1, pp.99-114, https://doi.org/10.1007/s10869-011-9231-8

Irmawan, J., Aslamah, A., Parlyna, R. (2025). The Effect of Perceived Usability and
Algorithmic Personalization on Continuance Intention through Perceived Value on the

Netflix Digital Subscription Platform, Journal of Digital Business and Global Economy,
vol. 1, no. 5, doi.org/10.64243/JODIGBI.01.5.06

Kelley, H. (1973). The processes of causal attribution, American Psychologist, vol. 28,
pp.107-128, https://doi.org/10.1037/h0034225

Kertai, D. (2025). Trust and transparency in Al-enabled personalisation: A qualitative

perspective, Advances in Consumer Research, vol. 47, no. 1, pp.55-72

Kim, H., & Huh, J. (2017). Perceived relevance and privacy concern regarding online
behavioral advertising (OBA) and their role in consumer responses, Journal of Current
Issues & Research in Advertising, vol. 38, no. 1, pp.92—-105,
https://doi.org/10.1080/10641734.2016.1233157

Kim, T., Barasz, K., & John, L. K. (2019). Why am I seeing this ad? The effect of ad
transparency on ad effectiveness, Journal of Consumer Research, vol. 45, no. 5, pp.906—

932, https://doi.org/10.1093/jcr/ucy039

Kobsa, A. (2007). Privacy-enhanced personalization, Communications of the ACM, vol. 50,
no. 8, pp.24-33, https://doi.org/10.1145/1278201.1278202

Krasnova, H., Spiekermann, S., Koroleva, K., & Hildebrand, T. (2010). Online social
networks: Why we disclose, Journal of Information Technology, vol. 25, no. 2, pp.109—
125, https://doi.org/10.1057/1it.2010.6

Kumar, S. (n.d.). Customer retention versus customer acquisition, Forbes,

https://www.forbes.com/councils/forbesbusinesscouncil/2022/12/12/customer-retention-

versus-customer-acquisition/ [Accessed 12 May 2026]

84


https://doi.org/10.1007/s10869-011-9231-8
http://doi.org/10.64243/JODIGBI.01.5.06
https://doi.org/10.1037/h0034225
https://doi.org/10.1080/10641734.2016.1233157
https://doi.org/10.1080/10641734.2016.1233157
https://doi.org/10.1093/jcr/ucy039
https://doi.org/10.1145/1278201.1278202
https://doi.org/10.1057/jit.2010.6
https://www.forbes.com/councils/forbesbusinesscouncil/2022/12/12/customer-retention-versus-customer-acquisition/
https://www.forbes.com/councils/forbesbusinesscouncil/2022/12/12/customer-retention-versus-customer-acquisition/
https://www.forbes.com/councils/forbesbusinesscouncil/2022/12/12/customer-retention-versus-customer-acquisition/

Lai, C. H., Lee, S. J., & Huang, H. L. (2019). A social recommendation method based on the
integration of social relationship and product popularity, International Journal of Human-

Computer Studies, vol. 121,pp.42—57, https://doi.org/10.1016/j.ijhcs.2018.04.002

Lamberton, C., & Stephen, A. (2016). A Thematic Exploration of Digital, Social Media, and
Mobile Marketing: Research Evolution from 2000 to 2025 and an Agenda for Future
Inquiry, Journal of Marketing, vol. 80, no. 6, pp146-172,
https://doi.org/10.1509/jm.15.0415

Lambillotte, L., Bart, Y., & Poncin, I. (2022). When does information transparency reduce
downside of personalisation? Role of need for cognition and perceived control, Journal of
Interactive Marketing, vol. 57, no. 3, pp.393-420,
https://doi.org/10.1177/10949968221095557

Lapao, L., Silva, M., & Gregorio, J. (2017). Implementing an online pharmaceutical service
using design science research, BMC Medical Informatics and Decision Making, vol. 17,

https://doi.org/10.1186/s12911-017-0428-2

Larsson, A. (2023). Building consumer trust in Al personalisation: Insights from retail
services, The Future of Consumption, p.77-94, https://doi.org/10.1007/978-3-031-33246-
35

Laufer, R. S., & Wolfe, M. (1977). Privacy as a concept and a social issue: A
multidimensional developmental theory, Journal of Social Issues, vol. 33, no. 3, pp.22—

42, https://doi.org/10.1111/5.1540-4560.1977.tb01880.x

Lavrakas, P. J., Traugott, M., Kennedy, C., Holbrook, A., de Leeuw, E. D., & West, B. T.
(Eds). (2019). Experimental Methods in Survey Research: Techniques that Combine
Random Sampling with Random Assignment. Wiley.

Li, H., & Liu, Y. (2014). Understanding post-adoption behaviors of e-service users in the
context of online travel services, Information & Management, vol. 51, no. 8, pp.1043—

1052, doi.org/10.1016/5.im.2014.07.004

Liu, J., Wu, Y., Wang, Y., Fang, P., Zhang, B., & Zhang, M. (2023). Intelligent medication
manager: Developing and implementing a mobile application based on WeChat, Frontiers

in Pharmacology, vol. 14, https://doi.org/10.3389/fphar.2023.1253770

85


https://doi.org/10.1016/j.ijhcs.2018.04.002
https://doi.org/10.1509/jm.15.0415
https://doi.org/10.1509/jm.15.0415
https://doi.org/10.1177/10949968221095557
https://doi.org/10.1177/10949968221095557
https://doi.org/10.1186/s12911-017-0428-2
https://doi.org/10.1186/s12911-017-0428-2
https://doi.org/10.1111/j.1540-4560.1977.tb01880.x
https://doi.org/10.1016/j.im.2014.07.004
https://doi.org/10.3389/fphar.2023.1253770

Loureiro, S., Hollebeek, L., Rather, R., Ruivo, L., Kaljund, K., & Guerreiro, J. (2023).
Engaging with (vs. avoiding) personalised advertising on social media, Journal of

Marketing Communications, vol. 31, pp.764-785,
https://doi.org/10.1080/13527266.2023.2289044

Ma, L. (2021). Understanding non-adopters' intention to use internet pharmacy: Revisiting the
roles of trustworthiness, perceived risk and consumer traits, Journal of Engineering and
Technology Management, vol. 59, no. 6,
https://doi.org/10.1016/j.jengtecman.2021.101613

MacKinnon, D. P., Fairchild, A. J., & Fritz, M. S. (2007). Mediation analysis, Annual Review
of Psychology, vol. 58, pp.593-614,
https://doi.org/10.1146/annurev.psych.58.110405.085542

MacKinnon, D. P., Lockwood, C. M., & Williams, J. (2004). Confidence limits for the
indirect effect: Distribution of the product and resampling methods, Multivariate
Behavioral Research, vol. 39, no. 1, pp.99—-128,
https://doi.org/10.1207/s15327906mbr3901 4

Malhotra, N., Kim, S., & Agarwal, J. (2004). Internet users' information privacy concerns
(IUTPC): The construct, the scale, and a causal model, Information Systems Research, vol.

15, pp.336-355, https://doi.org/10.1287/isre.1040.0032

Mirtin, C., Bissinger, B., & Asta, P. (2021). Optimizing the digital customer journey —
improving user experience by exploiting emotions, personas and situations for
individualized user interface adaptations, Journal of Consumer Behaviour, vol. 22, no. 5,

pp. 1050-1061, https://doi.org/10.1002/cb.1964

McKee, K., Dahl, A., & Peltier, J. (2023). Gen Z's personalisation paradoxes: A privacy
calculus examination of digital personalisation and brand behaviors, Journal of Consumer

Behaviour, vol. 23, no. 2, pp. 405-422, https://doi.org/10.1002/cb.2199

Mengjiao, Y., Ma, B., & Pan, X. (2024). Consumer attitudes towards GenAl advertisements,

Journal of Cases on Information Technology, vol. 26, no. 1,

https://doi.org/10.4018/JCIT.356502

86


https://doi.org/10.1080/13527266.2023.2289044
https://doi.org/10.1080/13527266.2023.2289044
https://doi.org/10.1016/j.jengtecman.2021.10161
https://doi.org/10.1016/j.jengtecman.2021.10161
https://doi.org/10.1016/j.jengtecman.2021.101613
https://doi.org/10.1146/annurev.psych.58.110405.085542
https://doi.org/10.1146/annurev.psych.58.110405.085542
https://doi.org/10.1207/s15327906mbr3901_4
https://doi.org/10.1207/s15327906mbr3901_4
https://doi.org/10.1287/isre.1040.0032
https://doi.org/10.1002/cb.1964
https://doi.org/10.1002/cb.2199
https://doi.org/10.4018/JCIT.356502
https://doi.org/10.4018/JCIT.356502

Meslem, H., & Abbaci, A. (2022). A practical approach for optimizing the conversion rate of
a landing page's visitors, Marketing Science & Inspirations, vol. 17, no. 4, pp. 40—

53https://doi.org/10.46286/msi.2022.17.4.4

Mullinix, K. J., Leeper, T. J., Druckman, J. N., & Freese, J. (2015). The generalizability of
survey experiments, Journal of Experimental Political Science, vol. 2, no. 2, pp.109—-138,

https://doi.org/10.1017/XPS.2015.19

Murmann, P., & Fischer-Hiibner, S. (2017). Tools for achieving usable ex post transparency:
A survey, IEEE Access, vol. 5, pp.22965-22991,
https://doi.org/10.1109/access.2017.2765539

Murthi, B. P. S., & Sarkar, S. (2003). The role of the management sciences in research on
personalisation, Management Science, vol. 49, no. 10, pp.1344-1362,
https://www.jstor.org/stable/4134010

Nabavi, A., Taghavi-Fard, M., Hanafizadeh, P., & Taghva, M. (2016). Information
technology continuance intention: A systematic literature review, International Journal of

E-Business Research, vol. 12, no. 1, pp.58-95,
https://doi.org/10.4018/IJEBR.2016010104

Nistal-Nuiio, B. (2022). Medication recommendation system for online pharmacy using an
adaptive user interface, Computer Methods and Programs in Biomedicine Update, vol. 2,

https://doi.org/10.1016/j.cmpbup.2022.100077

Nysveen, H., & Pedersen, P. (2004). An exploratory study of customers' perception of
company web sites offering various interactive applications: Moderating effects of
customers' Internet experience, Decision Support Systems, vol. 37, no. 1, pp.137-150,

https://doi.org/10.2501/IJMR-2014-01

Peltier, J. W., Dahl, A. J., & Schibrowsky, J. (2023). Artificial intelligence in interactive
marketing: A conceptual framework and research agenda, Journal of Research in

Interactive Marketing, vol. 18, no. 12, doi.org/10.1108/JRIM-01-2023-0030 #

Peppers, D. and Rogers, M. (1993) The One to One Future: Building Relationships One

Customer at a Time. New York: Currency Doubleday.

87


https://doi.org/10.46286/msi.2022.17.4.4
https://doi.org/10.1017/XPS.2015.19
https://doi.org/10.1017/XPS.2015.19
https://doi.org/10.1109/access.2017.2765539
https://doi.org/10.1109/access.2017.2765539
https://www.jstor.org/stable/4134010
https://doi.org/10.4018/IJEBR.2016010104
https://doi.org/10.4018/IJEBR.2016010104
https://doi.org/10.1016/j.cmpbup.2022.100077
https://doi.org/10.2501/IJMR-2014-016
https://doi.org/10.1108/JRIM-01-2023-0030

Pereira, M., Castro, B., Cordeiro, B., De Castro, B., Peixoto, M., Da Silva, E. and Gongalves,
M. (2025). Factors of Customer Loyalty and Retention in the Digital Environment.

Journal of Theory and Applied Electronic Commerce Research, vol 20, no. 71,
https://doi.org/10.3390/jtaer20020071

Podsakoff, P. M., MacKenzie, S. B., Lee, J.-Y., & Podsakoff, N. P. (2003). Common method
biases in behavioral research: A critical review of the literature and recommended
remedies, The Journal of Applied Psychology, vol. 88, no. 5, pp.879-903,
https://doi.org/10.1037/0021-9010.88.5.879

Preacher, K. J., & Hayes, A. F. (2008). Asymptotic and resampling strategies for assessing
and comparing indirect effects in multiple mediator models, Behavior Research Methods,

vol. 40, no. 3, pp.879-891, https://doi.org/10.3758/BRM.40.3.879

Preacher, K., & Selig, J. (2012). Advantages of Monte Carlo confidence intervals for indirect
effects, Communication Methods and Measures, vol. 6, pp.77-98,
https://doi.org/10.1080/19312458.2012.679848

Rahi, S.,; & Ghani, M. (2019). Integration of expectation confirmation theory and self-
determination theory in internet banking continuance intention, Journal of Science and
Technology Policy Management, vol. 10, no. 3, pp. 533-550. ,
https://doi.org/10.1108/jstpm-06-2018-0057

Raji, M., Olodo, H., Oke, T., Addy, W., Ofodile, O., & Oyewole, A. (2024). E-commerce and
consumer behavior: A review of Al-powered personalisation and market trends, GSC

Advanced Research and Reviews, vol. 18, no. 03, pp. 66—
077. https://doi.org/10.30574/gscarr.2024.18.3.0090

Rosseel, Y. (2019). lavaan: An R package for structural equation modeling, Journal of

Statistical Software, vol. 48, no. 2, pp.1-36, doi.org/10.18637/jss.v048.102

Salonen, V., & Karjaluoto, H. (2016). Web personalisation: The state of the art and future
avenues for research and practice, Telematics and Informatics, vol. 33, , pp.1088—1104,

http://dx.doi.org/10.1016/j.tele.2016.03.004

88


https://doi.org/10.3390/jtaer20020071
https://doi.org/10.1037/0021-9010.88.5.879
https://doi.org/10.1037/0021-9010.88.5.879
https://doi.org/10.3758/BRM.40.3.879
https://doi.org/10.1080/19312458.2012.679848
https://doi.org/10.1080/19312458.2012.679848
https://doi.org/10.1108/jstpm-06-2018-0057
https://doi.org/10.1108/jstpm-06-2018-0057
https://doi.org/10.30574/gscarr.2024.18.3.0090
http://dx.doi.org/10.1016/j.tele.2016.03.004
http://dx.doi.org/10.1016/j.tele.2016.03.004

Sarstedt, M., Ringle, C., & Hair, J. (2017). Partial least squares structural equation modeling,
partial Least Squares Structural Equation Modeling. In: Homburg, C., Klarmann, M.,
Vomberg, A. (eds) Handbook of Market Research. Springer, Cham.
https://doi.org/10.1007/978-3-319-05542-8 15-1

Saunders, M. N. K., Lewis, P., & Thornhill, A. (2023). Research Methods for Business
Students, 9th edn, Pearson.

Saunders, M., Lewis, P., & Thornhill, A. (2019). Research Methods for Business Students.
(8th ed.). Pearson International.

https://elibrary.pearson.de/book/99.150005/9781292208794

Saura, J. (2024). Artificial intelligence and the personalization—privacy paradox in digital
marketing: A systematic review. Journal of Business Research, vol. 169, pp. 114-129,

https://doi.org/10.1177/23197145241276898

Sayer, A. (2000). Realism and Social Science, SAGE Publications Ltd.,
https://doi.org/10.4135/9781446218730

Scarpi, D., Pizzi, G., & Matta, S. (2022). Digital technologies and privacy: State of the art and
research directions, Psychology & Marketing, vol. 39, no. 9, pp. 1687-1697,
https://doi.org/10.1002/mar.21692

Segijn, C. M., Strycharz, J., Riegelman, A., & Hennesy, C. (2021). A literature review of
personalisation transparency and control: Introducing the transparency—awareness—control
framework, Media and Communication, vol. 9, no. 4, pp.120—-133,

https://doi.org/10.17645/mac.v914.4054

Shang, D., & Wu, W. (2017). Understanding mobile shopping consumers' continuance
intention, Industrial Management & Data Systems, vol. 117, no. 1, pp.213-227,
https://doi.org/10.1108/IMDS-02-2016-0052

Shahriari K, Shahriari M (2017) IEEE standard review—Ethically aligned design: a vision for
prioritizing human wellbeing with artificial intelligence and autonomous systems. In:
2017 IEEE Canada International Humanitarian Technology Conference (IHTC), 2017.
IEEE, pp 197-201, https://doi.org/10.1109/IHTC.2017.8058187

89


https://doi.org/10.1007/978-3-319-05542-8_15-1
https://doi.org/10.1007/978-3-319-05542-8_15-1
https://elibrary.pearson.de/book/99.150005/9781292208794
https://doi.org/10.1177/23197145241276898
https://doi.org/10.4135/9781446218730
https://doi.org/10.4135/9781446218730
https://doi.org/10.1002/mar.21692
https://doi.org/10.1002/mar.21692
https://doi.org/10.17645/mac.v9i4.4054
https://doi.org/10.1108/IMDS-02-2016-0052
https://doi.org/10.1108/IMDS-02-2016-0052
https://doi.org/10.1109/IHTC.2017.8058187

Sheehan, K. B., & Hoy, M. G. (2000). Dimensions of Privacy Concern among Online
Consumers. Journal of Public Policy & Marketing, vol. 19, no. 1, pp. 62-73.
https://doi.org/10.1509/ippm.19.1.62.16949

Smith, H. J., Milberg, S. J., & Burke, S. J. (1996). Information privacy: Measuring
individuals' concerns about organizational practices, MIS Quarterly, vol. 20, no. 2,

pp.167—196, https://doi.org/10.2307/249477

Sohaib, M., & Han, H. (2023). Building value co-creation with social media marketing, brand
trust, and brand loyalty, Journal of Retailing and Consumer Services, vol. 74,

https://doi.org/10.1016/j.jretconser.2023.103442

Soni, V. (2024). Al and the personalisation-privacy paradox: Balancing customized marketing
with consumer data protection, International Journal of Computer Trends and

Technology, vol. 72, no. 9, pp. 24-31, https://doi.org/10.14445/22312803/ijctt-v72i9p105

Spanakis, M., Sfakianakis, S., Kallergis, G., Spanakis, E., & Sakkalis, V. (2019). PharmActa:
Personalised pharmaceutical care eHealth platform for patients and pharmacists, Journal

of Biomedical Informatics, vol 100, https://doi.org/10.1016/1.1b1.2019.103336

Strycharz, J., & Segijn, C. M. (2022). The future of dataveillance in advertising theory and
practice, Journal of Advertising, vol. 51, no. 5, pp.574-591,
https://doi.org/10.1080/00913367.2022.2109781

Summers, C. A., Smith, R. W., & Reczek, R. W. (2016). An audience of one: Behaviorally
targeted ads as implied social labels, Journal of Consumer Research, vol. 43, no. 1,

pp.156-178, https://doi.org/10.1093/jcr/ucw012

Sun, H., Xie, P., & Sun, Y. (2025). The inverted U-shaped effect of personalisation on
consumer attitudes in Al-generated ads: Striking the right balance between utility and
threat, Journal of Advertising Research, vol. 65, no. 2, pp.237-258,
https://doi.org/10.1080/00218499.2025.2462405

Sutanto, J., Palme, E., Tan, C. H., & Phang, C. W. (2013). Addressing the personalization-
privacy paradox: An empirical assessment from a field experiment on smartphone users,
MIS Quarterly, vol. 37, no. 4, pp.1141-1164,
https://doi.org/10.25300/M1SQ/2013/37.4.07

90


https://doi.org/10.1509/jppm.19.1.62.16949
https://doi.org/10.1509/jppm.19.1.62.16949
https://doi.org/10.2307/249477
https://doi.org/10.1016/j.jretconser.2023.103442
https://doi.org/10.14445/22312803/ijctt-v72i9p105
https://doi.org/10.1016/j.jbi.2019.103336
https://doi.org/10.1080/00913367.2022.2109781
https://doi.org/10.1080/00913367.2022.2109781
https://doi.org/10.1093/jcr/ucw012
https://doi.org/10.1080/00218499.2025.2462405
https://doi.org/10.1080/00218499.2025.2462405
https://doi.org/10.25300/MISQ/2013/37.4.07
https://doi.org/10.25300/MISQ/2013/37.4.07

Tang, J., & Zhang, P. (2020). The impact of atmospheric cues on consumers' approach and
avoidance behavioral intentions in social commerce websites, Computers in Human

Behavior, vol. 108, p.105729, https://doi.org/10.1016/].chb.2018.09.038

Tang, J., Zhang, P., & Wu, P. (2014). Categorizing consumer behavioral responses and
artifact design features: The case of online advertising, Information Systems Frontiers,

vol. 17, pp.513-532, https://doi.org/10.1007/s10796-014-9508-3

Tang, B. J., Sun, K., Curran, N. T., Schaub, F., & Shin, K. G. (2025). Ads that talk back:
Implications and perceptions of injecting personalised advertising into LLM chatbots,
Proceedings of the ACM on Interactive, Mobile, Wearable and Ubiquitous Technologies,
https://doi.org/10.48550/arXiv.2409.15436

Tam, K. Y., & Ho, S. Y. (2006). Understanding the impact of web personalisation on user
information processing and decision outcomes, MIS Quarterly, vol. 30, no. 4, pp.865-890,

https://doi.org/10.2307/25148760

Taylor, D. G., Davis, D. F., & Jillapalli, R. (2009). Privacy concern and online
personalization: The moderating effects of information control and compensation,

Electronic Commerce Research, vol. 9, no. 3, pp.203-223,
https://doi.org/10.1007/s10660-009-9036-2

Teepapal, T. (2025). Al-driven personalisation: Unraveling consumer perceptions in social

media engagement, Computers in Human Behavior, vol. 165,

https://doi.org/10.1016/j.chb.2024.108549

TRUSTe. (n.d.). The state of online privacy 2016, TRUSTe,
https://trustarc.com/resource/state-online-privacy-2016/ [Accessed 30 May 2026]

Tucker, C. (2012). The economics of advertising and privacy, International Journal of
Industrial Organization, vol. 30, no. 3, pp.326-329,
doi.org/10.1016/j.ijindorg.2011.11.004

Tucker, C. (2014). Social networks, personalised advertising, and privacy controls, Journal of

Marketing Research, vol. 51, no. 5, pp.546-562, https://doi.org/10.1509/jmr.10.0355

91


https://doi.org/10.1016/j.chb.2018.09.038
https://doi.org/10.1007/s10796-014-9508-3
https://doi.org/10.48550/arXiv.2409.15436
https://doi.org/10.2307/25148760
https://doi.org/10.2307/25148760
https://doi.org/10.1007/s10660-009-9036-2
https://doi.org/10.1007/s10660-009-9036-2
https://doi.org/10.1016/j.chb.2024.108549
https://trustarc.com/resource/state-online-privacy-2016/
https://trustarc.com/resource/state-online-privacy-2016/
https://econpapers.repec.org/scripts/redir.pf?u=https%3A%2F%2Fdoi.org%2F10.1016%252Fj.ijindorg.2011.11.004;h=repec:eee:indorg:v:30:y:2012:i:3:p:326-329
https://doi.org/10.1509/jmr.10.0355

van Ooijen, I. (2022). When disclosures backfire: Aversive source effects for personalisation
disclosures on less trusted platforms, Journal of Interactive Marketing, vol. 57, no. 2,

pp-178-197, https://doi.org/10.1177/10949968221080499

van der Heijden, H. (2004). User Acceptance of Hedonic Information Systems, MIS
Quarterly, vol. 28, no. 4, pp.695-704, https://doi.org/10.2307/25148660

Vargas, P. (2008). Vignette question, in G. R. Goethals, G. J. Sorenson & J. M. Burns (eds),
Encyclopedia of Survey Research Methods, Thousand Oaks, CA: Sage Publications, Inc.,
pp-948-949, https://doi.org/10.4135/9781412963947

Venkatesh, V., Morris, M., Davis, G., & Davis, F. (2003). User acceptance of information
technology: Toward a unified view, MIS Quarterly, vol. 27, no. 3, pp.425-478,
https://ssrn.com/abstract=3375136

Verhoef, P. C., Kannan, P. K., & Inman, J. J. (2015). From multi-channel retailing to omni-
channel retailing: Introduction to the special issue on multi-channel retailing, Journal of

Retailing, vol. 91, no. 2, pp.174—181, https://doi.org/10.1016/].jretai.2015.02.005

Verhoef, P. C., Neslin, S. A., & Vroomen, B. (2007). Multichannel customer management:
Understanding the research-shopper phenomenon, International Journal of Research in

Marketing, vol. 24, no. 2, pp.129—148, https://doi.org/10.1016/j.ijresmar.2006.11.002

Vesanen, J. (2007). What is personalisation? A conceptual framework, European Journal of

Marketing, vol. 41, no. 5/6, pp.409—418, https://doi.org/10.1108/03090560710737534

Vinaykarthik, B., & Mohana, M. (2022). Design of artificial intelligence (AI) based user
experience websites for e-commerce application and future of digital marketing, in 2022
3rd International Conference on Smart Electronics and Communication (ICOSEC),

pp-1023-1029, https://doi.org/10.1109/icosec54921.2022.9952005

Vinerean, S., & Opreana, A. (2024). Artificial Intelligence and its Role in Personalized
Marketing for Effective Customer Engagement. Expert Journal of Marketing, 12(2), pp.
70-79.

Walrave, M., Poels, K., Antheunis, M. L., van den Broeck, E., & van Noort, G. (2017). Like

or dislike? Adolescents' responses to personalised social network site advertising, Journal

92


https://doi.org/10.1177/10949968221080499
https://doi.org/10.2307/25148660
https://doi.org/10.4135/9781412963947
https://ssrn.com/abstract=3375136
https://doi.org/10.1016/j.jretai.2015.02.005
https://doi.org/10.1016/j.ijresmar.2006.11.002
https://doi.org/10.1108/03090560710737534
https://doi.org/10.1109/icosec54921.2022.9952005

of Marketing Communications, vol. 5, no. 1, pp.1-18,
https://doi.org/10.1080/13527266.2016.1182938

Wang, Y., Zhu, J., Liu, R., & Jiang, Y. (2024). Enhancing recommendation acceptance:
Resolving the personalisation-privacy paradox in recommender systems: A privacy
calculus perspective, International Journal of Information Management, vol. 76,

https://doi.org/10.1016/j.ijjinfomgt.2024.102755

Weiner, B. (1985). An attributional theory of achievement motivation and emotion,
Psychological Review, vol. 92, no. 4, pp.548—573, https://doi.org/10.1037/0033-
295X.92.4.548

Westin, A. (1968). Privacy and freedom, Washington and Lee Law Review, vol. 25, no. 1,

p.166, https://scholarlycommons.law.wlu.edu/wlulr/vol25/iss1/20

Wulf, A., & Seizov, O. (2022). "Please understand we cannot provide further information":
Evaluating content and transparency of GDPR-mandated Al disclosures, A1 & Society,
vol. 39, pp.235-256, https://doi.org/10.1007/s00146-022-01424-z

Xu, H., Luo, X. (Robert), Carroll, J. M., & Rosson, M. B. (2011). The personalisation privacy
paradox: An exploratory study of decision making process for location-aware marketing,
Decision Support Systems, vol. 51, no. 1, pp.42-52,
https://doi.org/10.1016/.dss.2010.11.017

Yoon, Y., Glirhan-Canli, Z., & Schwarz, H. (2006). The effect of corporate social
responsibility (CSR) activities on companies with bad reputations, Journal of Consumer

Psychology, vol. 16, no. 4, pp.377-390, https://doi.org/10.1207/s15327663jcp1604_9

Zhan, X., Xu, Y., & Liu, Y. (2024). Personalised Ul layout generation using deep learning:
An adaptive interface design approach for enhanced user experience, Journal of Artificial
Intelligence General Science, vol. 6, no. 1, pp. 463—478,
https://doi.org/10.60087/jaigs.v6i1.270

Zhang, Y., Ma, Y. & Liang, C. (2025). Understanding older adults’ continuance intention
toward wearable health technologies: an empowerment perspective, Behaviour &
Information Technology, vol. 44, no. 6, pp. 1277-1294,
https://doi.org/10.1080/0144929X.2024.2350674

93


https://doi.org/10.1080/13527266.2016.1182938
https://doi.org/10.1080/13527266.2016.1182938
https://doi.org/10.1016/j.ijinfomgt.2024.102755
https://doi.org/10.1016/j.ijinfomgt.2024.102755
https://doi.org/10.1037/0033-295X.92.4.548
https://doi.org/10.1037/0033-295X.92.4.548
https://doi.org/10.1007/s00146-022-01424-z
https://doi.org/10.1016/j.dss.2010.11.017
https://doi.org/10.1016/j.dss.2010.11.017
https://doi.org/10.1207/s15327663jcp1604_9
https://doi.org/10.60087/jaigs.v6i1.270
https://doi.org/10.60087/jaigs.v6i1.270
https://doi.org/10.1080/0144929X.2024.2350674

Zhao, X., Lynch, J. G., Jr., & Chen, Q. (2010). Reconsidering Baron and Kenny: Myths and
truths about mediation analysis, Journal of Consumer Research, vol. 37, no. 2, pp.197—

206, https://doi.org/10.1086/651257

Zhou, T. (2013). An empirical examination of continuance intention of mobile payment
services, Decision Support Systems, vol. 43, no. 2, pp.1085-1091,
http://dx.doi.org/10.1016/5.dss.2012.10.034

94


https://doi.org/10.1086/651257
http://dx.doi.org/10.1016/j.dss.2012.10.034
http://dx.doi.org/10.1016/j.dss.2012.10.034

Use of Al

For this thesis, Artificial Intelligence has been used to a limited extent to assist with the research
and writing process. We used Anthropics’ Claude model Opus 4.7, Grammarly and Consensus

Al to assist with:
o Initial topic brainstorming and summarization of reviewed articles.
e Generating draft text proposals for the survey introduction and vignette.
e Generating mock dynamic landing pages for the survey.
e Improving the authors understanding of statistical methods.
e Assisting with Python code for the Index of Moderated Mediation.
o Refining spelling and clarity.

All Al-generated outputs were carefully reviewed, validated and revised by us to ensure

accuracy, relevance, and academic integrity.

In accordance with ethical guidelines, no Al tool was used to generate original research ideas,
core arguments, analytical interpretations or critical discussions. We take full responsibility for

the content of this study.
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Appendix A — Survey
Introduction

Dear Participant,

Thank you very much for taking part in this survey.

This study is conducted as part of a research project in the Master of International Marketing
and Brand Management. Your participation is completely voluntary and anonymous. All
responses will be treated confidentially and used solely for academic research purposes. The
survey will take approximately 5 minutes to complete. There are no right or wrong answers —

we are interested in your honest opinions and impressions.

This study is conducted in accordance with the General Data Protection Regulation (GDPR)
Regulation (EU) 2016/679). By continuing, you confirm that you are at least 18 years old and
agree to participate in this study.

Thank you for your valuable contribution to this research!
Vignette

Imagine the following situation. You are currently living in Malmo, Sweden and pursue an
active, sporty lifestyle. Lately, you have been suffering from dizziness and fatigue after your

workouts.

You researched online about your symptoms and possible causes. You read some articles online
and consulted with an AI Chatbot. You come to the conclusion that some additional nutritional
minerals next to your usual intake of supplements might help you best in your situation.
Therefore, you open an online pharmacy website that you have visited before to browse for a

product that fits your needs.

In the next step, you will be shown a website of an online pharmacy. Take your time to carefully

examine the website as if you were making a real purchase evaluation.
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Questionnaire

Table 140 Questions Overview

No. Question Measurement
01 This landing page makes purchase Likert-seven scale
recommendations that match my needs. [Strongly Disagree - Strongly Agree]
Q2 Overall, this landing page is tailored to my  Likert-seven scale
situation. [Strongly Disagree - Strongly Agree]
03 I believe that this personalised landing page Likert-seven scale
is customized to my needs. [Strongly Disagree - Strongly Agree]
04 The landing page enables me to accomplish Likert-seven scale
shopping tasks more quickly. [Strongly Disagree - Strongly Agree]
05 The landing page improves my shopping Likert-seven scale
task performance. [Strongly Disagree - Strongly Agree]
06 The landing page enhances my Likert-seven scale
effectiveness in my shopping task. [Strongly Disagree - Strongly Agree]
07 The la'nding page makes it easier to do my Likert-seven scale
shopping task. [Strongly Disagree - Strongly Agree]
08 It bothers me that the firm is able to track ~ Likert-seven scale
information about me. [Strongly Disagree - Strongly Agree]
Q9 I am concerned that the firm has too much  Likert-seven scale
information about me. [Strongly Disagree - Strongly Agree]
010 It bothers me that the firm is able to access  Likert-seven scale
information about me. [Strongly Disagree - Strongly Agree]
Q11 I am concerned that my information could  Likert-seven scale
be used in ways I could not foresee. [Strongly Disagree - Strongly Agree]
Q12 [Iintend to continue using the website in the Likert-seven scale
future. [Strongly Disagree - Strongly Agree]
A . Likert-seven scale
Q13 Please select "2" to confirm attention. [Strongly Disagree - Strongly Agree]
014 I want to continue using this website rather Likert-seven scale
than use any alternative. [Strongly Disagree - Strongly Agree]
015 If I could, I would like to discontinue the Reverse-coded Likert-seven scale

use of this website.

[Strongly Disagree - Strongly Agree]
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I was informed on the website of data
Q16 collection and processing for
Personalisation.

Q17 Please enter your age

Q18 Gender

[Yes / No]

[Text]

Multiple Choice
[Male/Female/Nonbinary/Other/Prefer
not to say]

End of the survey

=== Thank you for completing this questionnaire!

We would like to thank you very much for helping us.

If you have any question, feel free to contact us via email be5863ro-s@student.lu.se

Your answers were submitted, you may close the browser window or tab now.
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Appendix B- Regression Coefficients

Table 151 Regression Coefficients

Predictor b SE t p 95%CI B

Outcome: Perceived Usefulness (R* = 0.150)

Personalisation 1.103 0.305 3.62 <0.001 [0.502, 0.317
1.690]

Personalisation 0.802 0.292 2.74 0.007  [0.226, 0.227

Transparency 1.379]

Personalisation x -0.122  0.426 -0.29 0.775 [-0.962, -0.019

Personalisation 0.718]

Transparency

Outcome: Privacy Concerns (R*=(0.110)

Personalisation 1.592 0.374 4.25 <0.001 [0.854, 0.404
2.330]

Personalisation -0.035 0.359 -0.10 0922 [-0.742, —0.009

Transparency 0.672]

Personalisation x -1.265 0.522 242 0.016 [-2.295, —0.274

Personalisation —0.235]

Transparency

Outcome: Continuance Intention (R? = 0.569)

Perceived Usefulness 0.504 0.042 11.94 <0.001 [0.421, 0.581
0.587]

Privacy Concerns -0.395 0.034 —11.45 <0.001 [—0.463, —0.546
—0.327]

Personalisation 0.115 0.142 0.81 0.418 [-0.165, 0.041

(controlling for 0.395]

Perceived Usefulness
and Privacy
Concerns)
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